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Automatic Chinese sentences group method based on multiple discriminant analysis

WANG Rongbo', LI Jie' ,HUANG Xiaoxi' ,ZHOU Changle'*, CHEN Zhiqun', WANG Xiaohua'

(1. Institute of Cognitive and Intelligent Computing , Hangzhou Dianzi University, Hangzhou Zhejiang 310018 , China;
2. Department of Intelligent Science and Technology, Xiamen University , Xiamen Fujian 361005, China)

Abstract: In order to solve the problems in Chinese sentence grouping domain, including the lack of computational
linguistics data and the joint makers in a discourse, this paper proposed an automatic Chinese sentence grouping method based
on Multiple Discriminant Analysis (MDA). Moreover, sentences group was rarely considered as a grammar unit. An annotated
evaluation corpus for Chinese sentence group was constructed based on Chinese sentence group theory. And then, a group of
evaluation functions J was designed based on the MDA method to realize automatic Chinese sentence grouping. The
experimental results show that the length of a segmented unit and one discourse’ s joint makers contribute to the performance of
Chinese sentence group. And the Skip-Gram model has a better effect than the traditional Vector Space Model ( VSM). The
evaluation parameter P, reaches to 85.37% and WindowDiff reduces to 24.08% respectively. The proposed method has better
grouping performance than that of the original MDA method.
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