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Abstract: A new algorithm called MESHJOIN* is proposed to support streaming updates under real-time data
warehouse environment. It has the following distinct features: (1) Relation R is organized in blocks and hashes so as
to avoid the reading of unusable tuples for the current join operation as much as possible, through which the amount
of tuples involved in a join is much reduced, thus enhancing the efficiency of the join operation; (2) Multi-thread
parallel execution technology is adopted here, and the order of read operation and join operation is optimized
according to engineering theory so as to maximize the efficiency of join algorithm; (3) Reasonable scheduling of
real-time tuples and near-real-time tuples is achieved according to the relationship between the current system ser-
vice rate and the tuples arriving rate, so that the requirement for the processing of real-time tuples is satisfied. Ex-
perimental results show that MESHJOIN* can achieve much better performance than MESHJOIN.
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