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An Acousic Modd Based on HMM/ ANN

LIN Kurrhui' ,XI Xiao-jing' ,ZHOU Chang-l€?
( 1. Software School ,Xiamen Univ. ,2. Information Science and Technique School ,Xiamen Univ. ,Xiamen 361005 ,China)

Abstract : The Artificial Neural Network (ANN) can depend on weight values to store memory and knowledge for a long time.

However it possesses a weak memory ,not being suitable to store the instantaneous response to various input modes. The Hidden

Markov Model (HMM) is better in instantaneous memory ,but the presupposition precondition is not according with the real situa

tion. SO we design a hybrid HMM/ ANN model to overcome the flaws of using ether of them. And basing on this model ,we make a

global optimizationfor ANN in structure design ,training and structure adjustment in the later period of training. We propose an algo-

rithm to prune hidden nodes in a trained neura network ,and utilize the generalized Hebbian algorithm to reconfigure the parameters

of the network. Some experiments show that the hybrid modd has a good performance in speech recognition.
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