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ESR-Tree: a dynam ic index for multi-d mensional objects

XU Huan,L N Kun-hui
(College of Softvare Xiamen U niversity, Fujian Xiamen 361005, China)

Abstract: W ith study on the structure and perfomance of SR-tree( Qhere/Rectangle - tree) and X -tree(eX tended node
tree) , the olit algoritm was improved © make up for the shortage of the SR-tree algoritm. A new multi-dimensional
indexing structure ESR-tree ( Extended SR-tree) was designed by combining the advantages of the both W ith the increase of
data anount and dimensions, experiments shov that the perfomance of ESR-tree ismuch better than that of R-tree and X-
tree
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