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Resaarch of indexing algorithm on the content-based multimedia database

XU Huan', LIN Kurrhui?
(1. Cdlege d Sdware, Xiamen Univ. , Xiamen 361005, China;
2. Dept. & Comp. Sdi., Xiamen Univ. , Xiamen 361005, China)

Abdract :With gudy on the indexing agorithm of multimedia database irformetion retrieva and the method of
setting the initid number and the centers of the k-means cludering ,an inproved indexing method is dedgned
for large database. BExperiments on nore than ten thousand scenery image database show thisindexing method is
dfective for content-based retrieva in large image database.
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