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Abstract: E-Lifestyles are individual forms of behavior in the digital environment that reflect the
values, activities, interests, and opinions of consumers. Likewise, fitness Apps are considered
technological tools for promoting physical activity online. Although there are studies related to sports
lifestyles, it has not been analyzed yet how e-lifestyles are related to the use of fitness Apps. Based on
this, this study represents a step to clarify how e-lifestyles influence different relationships with
perceived ease of use, perceived usefulness, attitude, and intentions to use Fitness Apps. Therefore,
the objective of the study was to analyze the relationship between the e-lifestyles of consumers
of Boutique fitness centers and their relationship with the perceived ease of use, the perceived
usefulness, the attitude, and the intention to use Fitness Apps. The sample was 591 customers
(378 women and 213 men) of 25 Boutique fitness centers. An online questionnaire was used for
data collection. Data was analyzed with confirmatory factor analysis and structural equation model.
Findings provide an insight into the importance of e-lifestyles in the intention of using fitness Apps
and therefore in promoting physical activity through online fitness services. The results showed
positive relationships between e-lifestyles, perceived ease of use, perceived usefulness and attitude
toward fitness Apps. Finally, the attitude toward fitness Apps offered a very high predictive value
on use intention. This study provides a better understanding of consumer’s intention to use fitness
Apps. The conclusions and recommendations for sports managers of fitness centers highlight the
importance of e-lifestyles as a predecessor for the use of fitness Apps.
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1. Introduction

The sports sector has become a highly competitive and sometimes saturated market in some of its
areas, like physical education teachers or public administration [1]. This influences the development
of strategies that allow organizations to generate a differential advantage over their competitors,
positioning them in a specific offer within the market [2]. Specifically, the fitness sector, framed in
the sports sector, is constantly being updated, and new models of specialized gyms are emerging.
These new fitness facilities are adapting to new business proposals that tend toward professionalism,
cost control, and the ability to increase income from various sources, called Boutique fitness centers [3,4].
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Boutique fitness centers are characterized by being small facilities (between 100 and 500 m2) with
lower economic investments than other models of fitness centers and whose objective is to offer very
specific services and activities aimed at a specific public and population sector [5,6]. The main activity
of Boutique fitness centers is the fitness activity taught by a personal trainer, aimed at a small group—no
more than ten people—using cardiovascular equipment, strength, and accessories, with an average
of between 200 to 400 customers and with a monthly fee of between 50–120 euros [6]. These fitness
facilities are currently one of the main fitness trends in Spain, having increased from four centers in
2010 to 305 in 2017 [6,7], and one of the top ten references worldwide [8].

Looking for new opportunities and business models in the fitness sector in general and
Boutique fitness centers in particular, technology-based service delivery is growing exponentially [6,7].
The reasons behind this increase are the consumer’s desire for self-service, the reduction of costs due to
automation, and greater organizational efficiency [9,10]. In this sense, the determination of the factors
that may influence the adoption of the use of new technologies such as the fitness Apps associated
with Boutique fitness centers is essential for their design, development and implementation. Likewise,
its importance lies in the fact that the fitness Apps favor a greater participation in physical activities
and, therefore, a more active and healthy population [11].

One of the factors that has been determining for the use intention of mobile apps has been
e-lifestyles [12]. However, this relationship between e-lifestyles and intention to use Apps in fitness
contexts has not yet been sufficiently investigated. For this reason, the objective of this work is to analyze
the relationship between e-lifestyles, the perceived ease of use of fitness Apps, the perceived usefulness
of fitness Apps, the attitude, and the intentions of use of fitness Apps in Boutique fitness centers.

2. Literature Review

2.1. Consumer Lifestyles and E-Lifestyles

Lifestyles are distinctive patterns of behavior; understanding these patterns in a broad and global
sense [13] involves people’s physical and psychological environments [14]. Thus, they are based on a
large number of individual demographic, domestic, leisure, and professional variables [15].

These behavior patterns are specified in the way in which people invest their time and money,
in their interests, and in their vital priorities, among other aspects [16,17] having an impact on consumer
health [18]. Specifically, regarding consumer behavior, the decisions made are determined by cultural
patterns [19], purchasing power, personality, motivation, or family history [20]. The segmentation of
lifestyles is considered an extension of psychographic segmentation based on the study of consumer
interests, opinions, and daily activities [21].

According to the literature, some authors used sociodemographic variables such as age, gender,
education, or income level to classify mobile device users [22,23]. However, González and Bello [24]
and Yang [10] state that the sociodemographic variables are limited for the study of users’ consumption
patterns. Thus, the segmentation of consumers according to their lifestyles helps to know and predict
their consumption behaviors [25,26]. Zaheer and Kline [14] highlight the importance of lifestyle
segmentation due to its limited literature [14,20,21,27,28]. For this reason, it is possible to find works
that have used the segmentation of the population according to their lifestyles in sectors as diverse
as tourism, organic products, shopping centers, cinema, the financial sector [29], world fashion [30],
the pharmaceutical industry [31], and even the sports sector [32]. Specifically, Suresh et al. [32] claim
to be able to determine the loyalty of external clients of wellness centers through marketing strategies
based on segmentation according to lifestyles.

In the context of technology consumption, Hoon et al. [33] postulated that electronic lifestyles could
differ from traditional lifestyles and therefore should be studied specifically and independently of the
former. Technological innovations and the evolution of smartphones have generated a new dimension
of electronic lifestyle associated with products and services based on information and communication
technologies [34]. For Hoon et al. [33] and Yu [2], e-lifestyles are individual forms of behavior in the
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digital environment that reflect the values, activities, interests, and opinions of consumers. In line with
this recommendation, Lee et al. [27] identified four e-lifestyle factors: fashion consciousness, leisure
orientation, Internet involvement, and e-shopping preferences. Fashion consciousness is defined as the
level of involvement of a person with fashion and prevailing trends [35]. This implication has been
shown to affect decision making regarding the consumption of technological products [36,37]. Leisure
orientation reflects patterns of the active pursuit of intrinsically motivating activities to spend free time
on. For its part, Internet involvement reflects behavior patterns focused on what is digital, so that the
person makes extensive use of the internet both for their work (for example, searching for information
or sending a large number of emails) and for the rest of personal facets (for example, using online
entertainment systems) [27,34]. Finally, e-shopping preference is related to the tendency of certain
consumers to purchase products and services digitally rather than through traditional systems [38].

Although these e-lifestyles are changing consumption patterns, it is necessary to understand what
theories are related to understanding the associated variables. In fact, these relationships between
e-lifestyles and digital consumption have been strongly linked to different technological theories,
helping to understand people’s behavior toward information and communication technologies and
their use.

2.2. Technology Acceptance Model

The Theory of Reasoned Action (TRA) [39] explains the relationship between people’s attitudes,
their behavioral intention, and their actual behavior, the latter influenced by the subjective social norm.
Based on this theory, Davis [40] developed the Technology Acceptance Model (TAM) with the aim of
explaining how consumers use and accept new information technologies. The TAM relates two concrete
base factors, the perceived ease of use (PEU), and the perceived usefulness (PU), with the consequent
intention of behavior and the subsequent real behavior of the individual. PEU can be defined as the
cognitive and deliberative level that is required of the individual to learn to use technology [41]. That is,
the effort that the user must make—or not—to use the technology [42]. PU is defined as the degree to
which people believe that a certain system will help perform a certain task [43], usually the degree to
which it will simplify their work [42]. The importance of this model is the positive relationship between
its variables and its influence on attitudes toward technology and the intention to use it [44,45].

For this reason, the TAM has been one of the most traditionally used models in professional
settings thanks to its great robustness and applicability [9,46], paying special attention to the utilitarian
aspect of the technology [47] and with the intention of understanding the consumer’s intention to use
it [48]. The model has shown its utility by explaining the use of mobile technology in different contexts
such as finance, instant messaging, healthcare, gambling, and tourism [9].

In the sports sector, there are some studies that have analyzed these variables, finding relationships
between PEU and PU [49,50], PEU and PU on the intention of use [25,49,51], or the intention of use and
the actual use of the App [12]. Likewise, they have been analyzed in different sport contexts, such as
sports websites [52], fitness Apps [49], sports products [53], sport teams Apps [51], or smartphone use
for sports consumption [50].

Finally, the model has been influenced by other external variables, such as social norms [49],
health awareness [54], commitment to or participation in sport [50], and entertainment [55],
and sociodemographic variables, such as gender, age, or frequency of use [53]. In this way, research
with TAM has determined that PEU and PU are influenced by different external variables. However, it is
not known whether lifestyles or e-lifestyles could also affect these relationships in the fitness context.
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2.3. Lifestyles, E-lifestyles, and TAM Relationships

Coursaris and Van Osch [15] state that the relationship between e-lifestyles and the intention to
use technologies has not been widely studied. Still, there are some works that have linked e-lifestyles
with the use and acceptance of new technologies, using TAM as a theoretical basis (i.e., [27,42,56]).
Thus, it has been suggested that e-lifestyles determine attitudes that can affect the intention to use
information and communication technologies [15,27,37,57].

Kim and Lee [42] relate e-lifestyles with motivation and the intention to use in Apps advertising,
finding four different profiles of consumers according to their e-lifestyle, where motivation significantly
influenced PEU and PU as well as the future intention of use. For their part, Pan et al. [56] indicated
that lifestyles can also influence consumer adoption intention and behavior through factors such as
aesthetics, compatibility, or work.

Specifically, e-lifestyle characterized as fashion consciousness has been shown to have a positive
impact on the PEU and PU of consumers of technological products [27,56]. Furthermore, it has been
shown to have a positive impact on the intention to purchase high-end technology products [27]
as well as digital services [37]. Regarding the leisure orientation lifestyle, consumers with this
e-lifestyle perceived technological products as more useful for creating intrinsically motivating
moments than consumers with low leisure orientation, correlating with the intention of adopting
high-end technological products [27].

Thus, an e-lifestyle highly involved with the use of the Internet positively correlates with the PEU
and the PU of online banking consumers [58]. Along these lines, consumers with a high technological
knowledge better understand the product and are more likely to be involved in the purchase of
these devices [59]. Finally, e-lifestyles and the trend toward online shopping have changed consumer
behaviors [60]. Hence, Lee et al. [27] point out that an e-lifestyle tending to online shopping positively
correlates with the PU of technological devices.

Based on the literature review, we developed the following five hypotheses (Figure 1):

Hypothesis 1. There is a direct and positive relationship between e-lifestyle and PEU in Boutique fitness
centers customers.

Hypothesis 2. There is a direct and positive relationship between e-lifestyle and PU in Boutique fitness
centers customers.

Hypothesis 3. There is a direct and positive relationship between PEU and PU in Boutique fitness
centers customers.

Hypothesis 4. There is a direct and positive relationship between PEU and attitude toward fitness Apps in
Boutique fitness centers customers.

Hypothesis 5. There is a direct and positive relationship between PU and attitude toward fitness Apps in
Boutique fitness centers customers.

Hypothesis 6. There is a direct and positive relationship between attitude toward fitness Apps and intention to
use in Boutique fitness centers customers.
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Figure 1. Proposed model.

3. Materials and Methods

3.1. Study Context

According to different studies and international organizations, the fitness sector is a growing
market [8]. Among the different fitness business models that exist in the industry, in recent years
low-cost fitness centers have been those that have had the greatest increase in the volume of fitness
facilities and consumers. However, Europe Active [61] has reported that there has been a notable
increase in Boutique fitness center chains that have created a new situation in the fitness sector.
These chains of Boutique fitness centers are characterized by the personalization of the service, they are
social, they are trendy, and they help members achieve fast results [3].

Spain is one of the countries with the highest market penetration in the fitness sector [8], having
created chains of Boutique fitness centers. Among them, Sano Center was created in 2014 and currently
has more than 50 centers located in Spain and Mexico. Its positioning is due to the high personalization
of its services, a highly individualized study of the client’s objectives, and a team of professionals
specialized in physical activity, who design programs based on the physical characteristics of the
client and help users find their objectives in a personalized way. To track and prescribe training in a
digital format, the chain of Boutique fitness centers uses an App from a university spin-off called Fitbe.
This App allows the visualization of the exercises, the realization of directed classes in streaming and
the interaction with clients through video calls.

3.2. Participants

The sample is made up of 591 customers (378 women and 213 men) from the Boutique fitness
center chain, Sano Center. The inclusion criteria to participate in the study was that the customers
had downloaded the specific fitness App from Sano Center. Of the sample, 4.6% (n = 27) were under
20 years old, 25.7% (n = 152) between 21 and 30 years old, 34.2% (n = 202) between 31 and 40 years old,
28.0% (n = 168) between 41 and 50 years old, and 7.1% (n = 42) were over 50 years old. With respect to
length of membership, 26.4% (n = 156) had been less than three months as a customer, 18.8% (n = 111)
between three and six months, 27.9% (n = 165) between six and twelve months, and 26.9% (n = 159)
over one year. In turn, it is worth noting that 56% (n = 331) attend twice a week and 36.7% (n = 217)
three times a week.
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3.3. Measures

A questionnaire instrument was developed using prior research [9,38,51,62]. The questionnaire
included demographic questions and a total of 34 items grouped into two sections. The first section
consisted of scales to measure customer e-lifestyles [27]. Three items measured fashion consciousness
(e.g., “design is the most important factor in choosing electronic products”), four measured leisure
orientation (e.g., “I thoroughly enjoy my leisure time”), Internet involvement was measured by four
items (e.g., “I spend less time watching TV because of the Internet”), and seven items measured
e-shopping preference (e.g., “I enjoy buying things on the Internet”). The customers had to evaluate
the perception of the specific fitness App from Sano Center. Thus, the second section consisted of
12 items proposed by Kim and Chiu [63] to evaluate perceived ease of use (4 items; e.g., “fitness
Apps are easy to use”), perceived usefulness (4 items; e.g., “using fitness Apps improves my exercise
experience”), and intention to use (4 items; e.g., “I will use fitness Apps on a regular basis in the
future”). To evaluate attitude toward Fitness App, we used the scale proposed by Rivera et al. [9]
with 4 items (e.g., “using fitness Apps is a good idea”). A five-point Likert scale with a range from
“completely disagree” (1) to “completely agree” (5) was used for possible responses.

3.4. Procedure

The Boutique fitness center chain, Sano Center, was contacted to inform them of the study and the
intended objectives. After two meetings with the general management and the sports and marketing
managers, it was decided to ask the managers of each fitness facility if they wanted to participate in
the study. After the approval of 25 centers belonging to the Boutique fitness centers chain, the online
questionnaire was sent to each of the facilities. Finally, each director sent the questionnaire to his/her
customers. Google Forms was used to collect information. All the participants were guaranteed
personal confidentiality and informed of the importance of their honesty in answering the questions
and the voluntary nature of participating in the research. Once all the information was collected, it was
combined into a single database to be able to use it for data analysis. The information collection period
lasted three months.

3.5. Data Analysis

We calculated descriptive statistics (means and standard deviation). The normality of the data
(univariate skewness and kurtosis), with values smaller than the criterion 3 and 7, respectively [64],
supported the normality for structural equation model (SEM) analysis. We performed a maximum
likelihood method of estimation for structural equation modeling using the AMOS 21.0 (21.0, IBM SPSS,
Chicago, IL, USA), procedure recommended by Joreskog and Sorbom [65] for conducting path
analysis. First, we conducted confirmatory factor analysis (CFA) to test the psychometric properties
for the measurement model. Second, we conducted a SEM that analyzed the predicted hypothesized
relationships between the variables for the present study. In the above SEM (Figure 1), four reflective
variables and corresponding observing variables constitute the intention of using the evaluation
model in the context of the present study. For both analyses, we used the following goodness-of-fit
indexes: the ratio of the chi-square to its degrees of freedom (χ2/df), the Root Mean Square Error
of Approximation (RMSEA) and the respective confidence interval (90% CI), the Comparative Fit
Index (CFI), the Tucker–Lewis Index (TLI), and the Parsimony Comparative Fit Index (PCFI). For these
indexes, the following cut-off values were adopted: χ2/df ≤ 3 [66], RMSEA ≤ 0.08 [67,68], CFI and
TLI ≥ 0.90 [69,70], and PCFI ≥ 0.80 [71].

Internal consistency was calculated via composite reliability, adopting 0.70 as the cut-off

value [69,72]. Convergent validity was examined through an average variance extracted calculation
(AVE ≥ 0.50; [72,73]), while discriminant validity was established when the AVE for each construct
exceeded the squared correlations between that construct and any other [72,74].
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4. Results

4.1. Descriptive Analysis

There were no missing values in the data and an item-level descriptive statistics showed no
deviations from univariate normality in any of the items (all the skewness and kurtosis values were
lower than 3 and 7, respectively). The participants’ assessments exceeded the midpoint of the scale
with the exception of items Leisure Orientation 4 (M = 1.64), Internet Involvement 10 (M = 1.69),
E-Shopping Preference 17 (M = 2.03), all belonging to the e-lifestyle scale.

4.2. Measurement Model Assessment

Confirmatory factor analysis was performed on the measurement model and found to have
excellent goodness-of-fit statistics: χ2(499) = 1083.90 (p = 0.000); χ2/df = 2.17; RMSEA = 0.060 (CI = 0.055,
0.065); CFI = 0.93; TLI = 0.92; PCFI = 0.82. The χ2/df value was situated below the minimum acceptable
value of 3.0. The RMSEA index offered a good adjustment obtaining an index of 0.08. The CFI and TLI
values were greater than the minimum recommended threshold of 0.90, and the PCFI index was above
the good adjustment threshold 0.80. This is satisfactory evidence of proportional adjustment.

The size of the factor loading is a criterion used to evaluate the reliability of the indicator with
the constructs it intends to measure [75]. For this reason, the items were maintained with a factorial
loading (λ) greater than the conservative threshold of 0.50 [76], and items not loading properly were
eliminated. All the values, except three items (Leisure Orientation 4: λ = 0.12; Internet Involvement
10: λ = 0.24; E-Shopping Preference 17: λ = 0.34), were greater than 0.50, so when eliminating them,
the overall fit indices indicated the robustness of the resulting measurement model: χ2(406) = 878.79
(p = 0.000); χ2/df = 2.16; RMSEA = 0.059 (CI = 0.054, 0.065); CFI = 0.94; TLI = 0.93; PCFI = 0.83. All the
factor loadings were statistically significant (p < 0.01), and also the z-values ranged from 10.80 to 34.47,
indicating that the items accurately captured their respective factors [77]. In this sense, evidence of
the measures’ validity is provided by the fact that all factor loadings are significant and above 0.5,
suggesting high levels of internal consistency and adequate item reliability [76] as seen in Table 1.

Table 1. Normality (univariate skewness and kurtosis), factor loadings in confirmatory factor analysis
(CFA), composite reliability (CR), and average variance extracted (AVE).

Normality
US/K

CFA
Loadings CR AVE

Factors/Items
Fashion Consciousness 0.81 0.59
FA1. Design is the most important factor in choosing
electronic products −0.18/−0.93 0.68

FA2. When I must choose between the two I usually
buy an electronic device −0.31/−0.82 0.93

FA3. I often buy the latest model in electronic
products −0.05/−1.13 0.66

Leisure Orientation 0.75 0.50
LO5. I would rather enjoy leisure time than
work hard −0.35/−0.99 0.61

LO6. Leisure is worth the extra money spent for it −1.19/0.89 0.75
LO7. I thoroughly enjoy my leisure time −1.43/1.94 0.75
Internet Involvement 0.75 0.51
II8. I spend less time watching TV because of
the Internet −0.48/−0.84 0.68

II9. I am doing more shopping on the Internet
than before −0.79/−0.61 0.76

II11. I trust information on Web sites that I have
heard about −0.04/−0.56 0.69
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Table 1. Cont.

Normality
US/K

CFA
Loadings CR AVE

E-Shopping Preference 0.80 0.50
ESP12. I think online buying is a novel, fun way
to shop −0.45/−0.45 0.78

ESP13. E-shopping is easier than local shopping −0.06/−0.96 0.69
ESP14. I like browsing on the Internet −1.02/0.53 0.71
ESP15. I think e-shopping offers lower prices than
local stores −0.49/−0.42 0.63

ESP16. I enjoy buying things on the Internet −0.23/−0.79 0.77
ESP18. I think e-shopping offers a better selection
than local stores −0.11/−0.89 0.60

Perceived Ease of Use 0.97 0.89
PEU1. Fitness Apps are easy to use −0.84/0.58 0.89
PEU2. Learning to use fitness Apps is easy −1.03/1.20 0.92
PEU3. Interaction with fitness Apps is clear and
understandable −0.85/0.63 0.96

PEU4. It is easy to interact with fitness Apps −0.84/0.71 0.97
Perceived Usefulness 0.93 0.77
PU1. Using fitness Apps improves my exercise
experience −0.32/−0.33 0.83

PU2. Using fitness Apps enhances my effectiveness
in doing exercises −0.08/−0.37 0.86

PU3. Using fitness Apps increases my productivity
in doing exercises −0.09/−0.45 0.93

PU4. Using fitness Apps is useful for doing exercises −0.32/−0.46 0.87
Attitude Toward Fitness Apps 0.91 0.71
AT1. Using fitness Apps is a good idea −0.80/0.71 0.78
AT2. I intend to use fitness Apps in my fitness center −0.51/−0.39 0.82
AT3. Fitness Apps make the physical activity more
interesting −0.25/−0.61 0.87

AT4. I like doing physical activity with fitness Apps −0.13/−0.72 0.87
Intention to Use 0.96 0.86
IU1. I will use fitness Apps on a regular basis in
the future −0.19/−0.58 0.94

IU2. I will frequently use fitness Apps in the future −0.09/−0.49 0.94
IU3. Assuming I have access to fitness Apps, I intend
to use them −0.55/−0.23 0.92

IU4. Given that I have access to fitness Apps, I
predict that I would use them −0.48/−0.24 0.91

Note. FA = Fashion Consciousness; LO = Leisure Orientation; II = Internet Involvement; ESP = E-Shopping
Preference; PEU = Perceived Ease of Use; PU = Perceived Usefulness; AT = Attitude Toward Fitness Apps.

The composite reliability (CR) for all the constructs ranged from 0.75 to 0.97 (values above the
recommended 0.70), and average variance extracted (AVE) ranged from 0.50 to 0.89 (greater than the
prescribed 0.50). As shown in Table 2, fashion consciousness has lower mean scores, while leisure
orientation presents the highest average of the four e-lifestyle factors. The discriminant validity of the
measures was accepted given that the square correlations between each construct and any others were
lower than de AVE values for each construct [72].
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Table 2. Mean, standard deviation, convergent and discriminant validity.

Factors M SD AVE FA LO II ESP PEU PU AT IU

FA 3.02 0.97 0.59 1.0
LO 3.79 0.87 0.50 0.09 1.0
II 3.30 0.90 0.51 0.09 0.49 1.0

ESP 3.33 0.86 0.50 0.15 0.29 0.47 1.0
PEU 3.75 0.92 0.89 0.06 0.11 0.08 0.12 1.0
PU 3.16 0.95 0.77 0.08 0.07 0.06 0.10 0.26 1.0
AT 3.36 0.95 0.71 0.09 0.10 0.07 0.14 0.21 0.68 1.0
IU 3.29 1.02 0.86 0.06 0.11 0.11 0.13 0.18 0.44 0.64 1.0

Note. M = mean; SD = standard deviation; AVE = average variance extracted; FA = fashion consciousness;
LO = leisure orientation; II = internet involvement; ESP = E-shopping preference; PEU = perceived ease of use;
PU = perceived usefulness; AT = attitude toward fitness apps; IU = intention to use.

4.3. Structural Model Assessment

We estimated the hypothesized model and the standardized regression weights for the causal
paths as presented in Table 3. The results indicate support for all the causal relationships except
H2 and H4, along with excellent goodness-of-fit for the causal model: χ2(424) = 942.59 (p = 0.000);
χ2/df = 2.23; RMSEA = 0.061 (CI = 0.056, 0.066); CFI = 0.93; TLI = 0.93; PCFI = 0.85. The hypothetical
model established that e-lifestyles were positive and significant predictors of the perceived ease of
use but were not significant concerning the perceived usefulness. However, the perceived usefulness
was shown to be a strong predictor on the attitude toward mobile apps, which does not occur with
perceived ease of use. Finally, the attitude toward mobile apps offered a very high predictive value on
intention to use.

Table 3. Standardized regression weights for the causal paths.

Predictor Variables Criterion Variables Hypothesized
Relationship

Standardized
Coefficient (β) Results

e-Lifestyles Perceived ease of use H1 0.373 *** Supported
e-Lifestyles Perceived usefulness H2 0.178 Not supported

Perceived ease of use Perceived usefulness H3 0.452 *** Supported
Perceived ease of use Attitude toward mobile apps H4 0.061 Not supported
Perceived usefulness Attitude toward mobile apps H5 0.783 *** Supported

Attitude toward mobile apps Intention to use H6 0.872 *** Supported

Note. *** p-value < 0.001.

4.4. Measurement Invariance

Regarding the invariance of the measurement model across genders, the results showed that it
is invariant. Furthermore, as demonstrated in Table 4, ∆CFI, ∆RMSEA, and ∆NNFI were acceptable
according to [78] recommendations for measurement invariance. Despite measurement invariance in
our results, it is possible to observe that the residual invariance score calculated by ∆CFI in all the
models was >0.01 [78,79].

Table 4. Goodness-of-fit indexes of measurement invariance across genders.

Models χ2 (df) ∆χ2 (df) p CFI ∆CFI SRMR ∆SRMR RMSEA ∆RMSEA

Measurement invariance across genders
CI 1612.95 (848) 0.910 0.077 0.052
MI 1653.38 (871) 40.43 (23) <0.001 0.908 0.002 0.072 0.005 0.052 0.000
SI 1662.50 (880) 49.55 (32) <0.001 0.908 0.002 0.071 0.006 0.052 0.000
RI 1676.35 (889) 63.40 (41) <0.001 0.907 0.003 0.068 0.009 0.052 0.000

Note. χ2 = chi-squared: df = degrees of freedom; ∆χ2 = differences in the value of chi-squared; CFI = Comparative
Fit Index; SRMR = Standardized Root Mean Square Residual; RMSEA = Root Mean Square Error of Approximation;
CI = configural invariance; MI = measurement invariance; SI = structural invariance; RI = residual invariance.



Int. J. Environ. Res. Public Health 2020, 17, 6839 10 of 15

5. Discussion

The sports industry, and in particular the fitness sector, has always been linked to the promotion
of healthy habits and the promotion of physical activity. Specifically, the fitness sector aims to provide
fitness services that foster people’s quality of life. These fitness services have been offered from business
models that back low-cost [80] to highly personalized business models that are conceptualized as
Boutique fitness centers [3,4]. Likewise, until now, fitness services have been eminently face-to-face,
but the new situation caused by the Covid-19 pandemic has meant that fitness services can also be
online, and therefore, technology can become a great ally for the promotion of physical activity. In fact,
people’s consumption has been transformed by a more technological lifestyle that could therefore
change the perspectives and the promotion of physical activity [81]. That is why e-lifestyles and the
promotion of physical activity could be closely linked. Thus, the promotion of physical activity is
being offered from online fitness services through mobile Apps [82]. With this premise, the objective of
this work was to analyze the relationship between the e-lifestyles of consumers of Boutique fitness
centers and the perceived ease of use, the perceived usefulness, the attitude, and the intention to use
fitness Apps.

Some authors have indicated that lifestyles can be summarized in behavioral patterns linked
to the investment of time, money, or interests, which could in turn have an impact on consumer
health [17,18]. Specifically, e-lifestyles refer to people’s behaviors in which interests, activities and
opinions are observed in the digital environment [28,33]. Thus, the findings of this study have helped
to understand how e-lifestyles are linked to technological behaviors in relation to fitness Apps and
could therefore favor the prediction of fitness consumption behaviors [26]. Similarly, these results
have highlighted the importance of the analysis of e-lifestyles, which are currently changing fast and
are therefore necessary to analyze [83]. Thus, among the theories with the greatest recognition in
relation to the understanding of the intention to use technologies, this study opted for the TAM [40].
The importance of the model lies in the acceptance by the literature of the positive relationship between
ease of use and the perceived usefulness regarding attitudes toward technology and the intention to
use them. In fact, it is a model that presents great robustness and applicability in numerous sectors [9].

In particular, the findings found in this study have shown a positive relationship between
e-lifestyles and the perceived ease of use fitness Apps. Hence, these results have coincided with works
carried out in other sectors [27,56,58], which makes this study the first to corroborate such findings in
the sports sector and, more specifically, in the fitness sector. In fact, Lee et al. [27] stated that there was
a positive relationship between e-lifestyles and the intention to use Apps in high-technology products,
as Pan et al. [56] and Boateng et al. [58] showed for online banking. For this reason, this study reduces
the research gap in the sports management literature, as it stated that e-lifestyles have a positive
effect on the intentions to use fitness Apps. That is why this research, firstly, gives an important role
to e-lifestyles as predecessors of the mobile applications´ use, and secondly, it provides knowledge
of this relationship in the fitness sector, in particular in relation to the use intention of fitness Apps.
Thus, so far, there are no studies that have shown these relationships in the fitness sector, even though
it is considered as a sector in global growth [8].

However, the results did not coincide with previous studies in relation to their influence on the
perceived usefulness [27,58], which suggests that the usefulness of fitness Apps is not conditioned by
e-lifestyles. In fact, these findings show that e-lifestyles linked to online shopping preferences, the use
of technology as an extensive aspect of daily life or work, or the level of involvement by a technological
trend, would directly influence the perceived ease of use Fitness Apps but not the final perceived
usefulness offered by these virtual tools.

Likewise, this study has shown that if e-lifestyles are directly related to the perceived ease of use
fitness Apps, they would later also be related to the perceived usefulness of the Apps. These relationships
therefore confirm previous studies in the sports sector in which perceived ease of use has a positive
and direct relationship with the perceived usefulness of fitness Apps [49]. That is why the perceived
ease of use would mediate between e-lifestyles and the perceived usefulness of fitness Apps. In fact,
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the findings found after the analyses are interesting, since no positive relationships were found between
perceived ease of use and attitudes toward fitness Apps. For this reason, the results do not corroborate
what was previously studied [49,51], so it is suggested that e-lifestyles could have an indirect impact
on these relationships. Thus, previous studies that affirmed positive relationships between perceived
usefulness and attitudes toward fitness Apps were corroborated by this work, also resulting in a
positive relationship with the intentions of use [49,51].

These results have contributed to a gap that existed in the academic literature on the history of the
use of fitness Apps. In fact, authors such as Ha et al. [50] showed that there were no research works
that had investigated the factors or behaviors that conducted sports consumers to use sports Apps.
Thus, as with previous authors [27,37,57], this study’s findings have shown that the use intentions
of fitness Apps could be conditioned initially by e-lifestyles and that perceived ease of use and the
perceived usefulness would mediate the attitudes and intentions of using Fitness Apps.

5.1. Practical Implications

As practical applications, this study confirms the prominent role of e-lifestyles as predictors of
fitness app adoption. Therefore, it is the first related study that highlights the importance of values
and behaviors in the digital environment for people to use fitness Apps. Understanding the effects
of e-lifestyles on the adoption of fitness Apps could allow fitness centers to emphasize the benefits’
characteristics of practicing online fitness services. In fact, this aspect is very important due to the long
periods of confinement that have occurred due to the Covid-19 pandemic. The results of the study have
provided knowledge that the use of fitness Apps, and therefore the consequences of practicing physical
activity through these technological tools, is influenced by technological preferences and consumers’
knowledge of them. For this reason, if the fitness centers’ managers use Fitness Apps in order to
prescribe and control the fitness services, they should train and adapt consumers to technological
habits. For example, advertising campaigns for fitness centers could highlight the importance and
benefits of using technology in fitness centers. This fact would provoke changes in e-lifestyles, favoring
their involvement in the ease of use of fitness Apps. Thus, it is logical to think that consumers with
more developed e-lifestyles also have a greater perception of ease of use and therefore lead to a greater
intention to use fitness Apps. Therefore, the promotion of online fitness services ought to be associated
with strategies that increase perceived ease of use and perceived usefulness, since this would lead to a
greater use of these sports technologies and therefore a greater promotion of online fitness services.

5.2. Limitations and Future Lines of Research

Like all research work, this study has a number of limitations. Firstly, the sample used belongs to
a business model in the fitness sector where the ages included were under 50 years old. This situation
could result in different behaviors and e-lifestyles to other older population groups, and therefore,
the relationships between the variables could also be different. The results have also been tested
from a participants´ sample from a specific country and business model (Boutique). This fact could
interfere with the generalization of the findings due not only to the digital culture of the participants
themselves but also to the use of the fitness app in the fitness chain where the study hypotheses have
been studied. Similarly, the model tested has used e-lifestyles as a second order variable, which could
reduce the resulting information. That is why although it is one of the first investigations to study
these relationships in fitness Apps, the results could be basic in terms of the relationships between
the variables analyzed. Likewise, the relationships between e-lifestyles and the variables proposed in
the TAM model have been tested. Although the TAM model has been the most referenced and used
in the fitness sector [84], it could be improved by the inclusion of other variables. These limitations
help to understand what the future lines of research could be. In particular, the model tested could
be applied to other business models in the fitness sector and therefore characterized by different
population groups. Possibly, the e-lifestyles of the youngest would be different from those of the oldest,
and therefore, the relationships obtained could differ. Likewise, it would be interesting to investigate
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separately the relationships of the different e-lifestyles (fashion consciousness, leisure orientation,
internet involvement, and e-shopping preference) and perceived ease of use and perceived usefulness,
since it has been seen that such relationships could be modified separately. Furthermore, the separate
analysis of e-lifestyles could help to understand consumer segmentations and their intention to use
Fitness Apps. Finally, an analysis with other models that predict the use of technologies in the fitness
industry could help to comprehend the relationship of e-lifestyles with other variables that predict the
intention of using fitness Apps and would therefore promote physical activity.

6. Conclusions

This study analyzed the relationships between e-lifestyles and the final intention to use fitness
Apps. To do so, the model tested included mediating variables such as perceived ease of use, perceived
usefulness, and attitudes toward fitness Apps. Having carried out analyses, and in light of the findings,
it can be concluded that e-lifestyles influence perceived ease of use, and this in turn influences perceived
usefulness, which likewise influences attitudes toward and intention to use. These conclusions provide
knowledge about the importance of e-lifestyles in the intentions of using fitness Apps and therefore in
promoting physical activity through online fitness services.

Author Contributions: J.G.-F. and S.A. designed the study; J.G.-F., J.F.-G., and P.G.-R. administered and oversaw
the study; S.A. and J.G.-F. interpreted the data; M.R.B., P.G.-R. and M.G.-P. drafted the manuscript; M.R.B., S.A.,
M.G.-P., and J.F.-G. reviewed and edited the manuscript. All authors have read and agreed to the published
version of the manuscript.

Funding: This research received no external funding.

Conflicts of Interest: The authors declare no conflict of interest.

References

1. Pérez, M.; Vilanova, A.; Grimaldi-Puyana, M. Mercado actual de trabajo de los graduados en ciencias de la
actividad física y el deporte: Mirada hacia el autoempleo. J. Sports Econ. Manag. 2016, 6, 149–162.

2. Porter, M.E. Competitive Strategy: Techniques for Analyzing Industries and Competitors, 3rd ed.; Free Press
MacMillan Publish: New York, NY, USA, 1980; ISBN 0743260880.

3. IHRSA’s Guide to the Boutique Studio Phenomenon. Available online: http://hub.ihrsa.org/boutique-studio-
phenomenon (accessed on 18 April 2020).

4. García-Fernández, J.; Gálvez-Ruiz, P.; Sánchez-Oliver, A.J.; Fernández-Gavira, J.; Pitts, B.G.;
Grimaldi-Puyana, M. An analysis of new social fitness activities: Loyalty in female and male CrossFit users.
Sport Soc. 2020, 23, 204–221. [CrossRef]

5. Henderson, G. Boutique Gyms Like CrossFit and Pure Barre Are Raking in Billions by Making Fancy Fitness
a Status Symbol—Quartz. Available online: https://qz.com/816740/boutique-gyms-like-crossfit-and-pure-
barre-are-raking-in-billions-by-making-fancy-fitness-a-status-symbol/ (accessed on 18 April 2020).

6. Valcarce, M.; Cordeiro, C.; García-Fernández, J. Informe Centros Boutique España; Valgo Sport: Madrid, Spain,
2017; ISBN 978-84-697-2492-7.

7. Veiga Núñez, O.; Valcarce-Torrente, M.; King-Cavero, A.; De la Cámara, M. Encuesta Nacional de Tendencias
de Fitness en España para 2019. Apunt. Educ. Fís. y Deportes 2017, 128, 108–125. [CrossRef]

8. The 2019 IHRSA Global Report|IHRSA. Available online: https://www.ihrsa.org/publications/the-2019-ihrsa-
global-report/ (accessed on 18 April 2020).

9. Rivera, M.; Gregory, A.; Cobos, L. Mobile application for the timeshare industry: The influence of technology
experience, usefulness, and attitude on behavioral intentions. J. Hosp. Tour. Technol. 2015, 6, 242–257.
[CrossRef]

10. Yang, K.C.C. A comparison of attitudes towards Internet advertising among lifestyle segments in Taiwan.
J. Mark. Commun. 2004, 10, 195–212. [CrossRef]

11. Tu, R.; Hsieh, P.; Feng, W. Walking for fun or for “likes”? The impacts of different gamification orientations
of fitness apps on consumers’ physical activities. Sport Manag. Rev. 2019, 22, 682–693. [CrossRef]

12. Goodyear, V.A.; Kerner, C.; Quennerstedt, M. Young people’s uses of wearable healthy lifestyle technologies;
surveillance, self-surveillance and resistance. Sport. Educ. Soc. 2019, 24, 212–225. [CrossRef]

http://hub.ihrsa.org/boutique-studio-phenomenon
http://hub.ihrsa.org/boutique-studio-phenomenon
http://dx.doi.org/10.1080/17430437.2019.1625332
https://qz.com/816740/boutique-gyms-like-crossfit-and-pure-barre-are-raking-in-billions-by-making-fancy-fitness-a-status-symbol/
https://qz.com/816740/boutique-gyms-like-crossfit-and-pure-barre-are-raking-in-billions-by-making-fancy-fitness-a-status-symbol/
http://dx.doi.org/10.5672/apunts.2014-0983.es.(2017/2).128.07
https://www.ihrsa.org/publications/the-2019-ihrsa-global-report/
https://www.ihrsa.org/publications/the-2019-ihrsa-global-report/
http://dx.doi.org/10.1108/JHTT-01-2015-0002
http://dx.doi.org/10.1080/1352726042000181657
http://dx.doi.org/10.1016/j.smr.2018.10.005
http://dx.doi.org/10.1080/13573322.2017.1375907


Int. J. Environ. Res. Public Health 2020, 17, 6839 13 of 15

13. Lazer, W. Symbolism and Life Style. In Toward Scientific Marketing; Greyser, S.A., Ed.; American Marketing
Association: Chicago, IL, USA, 1963; pp. 140–149.

14. Zaheer, N.; Kline, M. Use of Lifestyle Segmentation for Assessing Consumers’ Attitudes and Behavioral
Outcomes towards Mobile Advertising. Market-Tržište 2018, 30, 213–229. [CrossRef]

15. Coursaris, C.K.; Van Osch, W. Lifestyle-technology fit: Theorizing the role of self-identity in is research.
Comput. Hum. Behav. 2015, 49, 460–476. [CrossRef]

16. Anderson, W.T., Jr.; Golden, L.L. Lifestyle and Psychographics: A Critical Review and Recommendation.
ACR N. Am. Adv. 1984, 11, 405–411.

17. Harrell, G.D.; Frazier, G.L. Marketing: Connecting with Customers; Prentice Hall: Englewood Clffs, NJ, USA,
1999; ISBN 978-0023502514.

18. May, A.M.; Struijk, E.A.; Fransen, H.P.; Onland-Moret, N.C.; de Wit, G.A.; Boer, J.M.A.; van der Schouw, Y.T.;
Hoekstra, J.; Bueno-de-Mesquita, H.B.; Peeters, P.H.M.; et al. The impact of a healthy lifestyle on
Disability-Adjusted Life Years: A prospective cohort study. BMC Med. 2015, 13, 39. [CrossRef] [PubMed]

19. Pavlou, P.A.; Chai, L. What drives electronic commerce across cultures? a cross-cultural empirical investigation
of the theory of planned behavior. J. Electron. Commer. Res. 2002, 3, 240–253.

20. Ye, Q.; Li, G.; Gu, B. Electronic Commerce Research and Applications A cross-cultural validation of the web
usage-related lifestyle scale: An empirical investigation in china. Electron. Commer. Res. Appl. 2011, 10,
304–312. [CrossRef]

21. Vyncke, P. Lifestyle Segmentation. Eur. J. Commun. 2002, 17, 445–463. [CrossRef]
22. Barutçu, S. Attitudes towards mobile marketing tools: A study of Turkish consumers. J. Target. Meas.

Anal. Mark. 2007, 16, 26–38. [CrossRef]
23. Saadeghvaziri, F.; Hosseini, H.K. Mobile advertising: An investigation of factors creating positive attitude in

Iranian customers. Afr. J. Bus. Manag. 2011, 5, 394–404.
24. González, A.M.; Bello, L. The construct “lifestyle” in market segmentation. Eur. J. Mark. 2002, 36, 51–85.

[CrossRef]
25. Blackwell, R.D.; Miniard, P.W.; Engel, J.F. Consumer Behavior, 9th ed.; Harcourt College Publishers: Ft. Worth,

TX, USA, 2001; ISBN 9780030211089.
26. Jih, W.J.K.; Lee, S.F. An exploratory analysis of relationships between cellular phone users’ shopping

motivators and lifestyle indicators. J. Comput. Inf. Syst. 2004, 44, 65–73.
27. Lee, H.J.; Lim, H.; Jolly, L.D.; Lee, J. Consumer lifestyles and adoption of high-technology products: A case

of South Korea. J. Int. Consum. Mark. 2009, 21, 153–167. [CrossRef]
28. Yu, C.S. Construction and validation of an e-lifestyle instrument. Internet Res. 2011, 21, 214–235. [CrossRef]
29. Warren, W.E.; Stevens, R.E.; McConkey, C.W. Using Demographic and Lifestyle Analysis to Segment

Individual Investors. Financ. Anal. J. 1990, 46, 74–77. [CrossRef]
30. Huddleston, P.; Ford, I.; Bickle, M.C. Demographic and Lifestyle Characteristics as Predictors of Fashion

Opinion Leadership Among Mature Consumers. Cloth. Text. Res. J. 1993, 11, 26–31. [CrossRef]
31. Shufeldt, L.; Oates, B.; Vaught, B. Is lifestyle an important factor in the purchase of OTC drugs by the elderly?

J. Consum. Mark. 1998, 15, 111–124. [CrossRef]
32. Suresh, S.; Ravichandran, S.; Ganesan, P. Understanding wellness center loyalty through lifestyle analysis.

Health Mark. Q. 2011, 28, 16–37. [CrossRef]
33. Hoon, K.; Park, J.; Kim, D.; Moon, H.; Chun, H. E-lifestyle and motives to use online games. Ir. Mark. Rev.

2002, 15, 71.
34. Chanaron, J.J. Innovative lifestyle: Towards the life of future: An exploratory essay. Megatrend Rev. 2013,

10, 63–82.
35. Nam, J.; Hamlin, R.; Gam, H.J.; Kang, J.H.; Kim, J.; Kumphai, P.; Starr, C.; Richards, L. The fashion-conscious

behaviours of mature female consumers. Int. J. Consum. Stud. 2007, 31, 102–108. [CrossRef]
36. Wan, F.; Youn, S.; Fang, T. Passionate Surfers in Image-Driven Consumer Culture: Fashion-Conscious,

Appearance-Savvy People and Their Way of Life. ACR N. Am. Adv. 2001, 28, 266–274.
37. Leung, L. Lifestyles and the use of new media technology in urban China. Telecomm. Policy 1998, 22, 781–790.

[CrossRef]
38. Wang, E.T.G.; Yeh, H.Y.; Jiang, J.J. The relative weights of Internet shopping fundamental objectives: Effect of

lifestyle differences. Psychol. Mark. 2006, 23, 353–367. [CrossRef]

http://dx.doi.org/10.22598/mt/2018.30.2.213
http://dx.doi.org/10.1016/j.chb.2015.02.049
http://dx.doi.org/10.1186/s12916-015-0287-6
http://www.ncbi.nlm.nih.gov/pubmed/25858161
http://dx.doi.org/10.1016/j.elerap.2010.11.001
http://dx.doi.org/10.1177/02673231020170040301
http://dx.doi.org/10.1057/palgrave.jt.5750061
http://dx.doi.org/10.1108/03090560210412700
http://dx.doi.org/10.1080/08961530802153854
http://dx.doi.org/10.1108/10662241111139282
http://dx.doi.org/10.2469/faj.v46.n2.74
http://dx.doi.org/10.1177/0887302X9301100404
http://dx.doi.org/10.1108/07363769810210304
http://dx.doi.org/10.1080/07359683.2011.545307
http://dx.doi.org/10.1111/j.1470-6431.2006.00497.x
http://dx.doi.org/10.1016/S0308-5961(98)00055-X
http://dx.doi.org/10.1002/mar.20116


Int. J. Environ. Res. Public Health 2020, 17, 6839 14 of 15

39. Fishbein, M.; Ajzen, I. Belief, attitude, intention and behavior: An introduction to theory and research.
Contemp. Sociol. 1975, 6, 521–562.

40. Davis, F.D. Perceived usefulness, perceived ease of use, and user acceptance of information technology.
MIS Q. Manag. Inf. Syst. 1989, 13, 319–339. [CrossRef]

41. Kwak, D.H.; McDaniel, S.R. Using an extended technology acceptance model in exploring antecedents to
adopting fantasy sports league websites. Int. J. Sport. Mark. Spons. 2011, 12, 240–253. [CrossRef]

42. Kim, J.; Lee, K.H. Influences of motivations and lifestyles on intentions to use smartphone applications. Int. J.
Advert. 2018, 37, 385–401. [CrossRef]

43. Tebar, W.R.; Ritti Dias, R.M.; Scarabottolo, C.C.; Gil, F.C.S.; Saraiva, B.T.C.; Delfino, L.D.; Zanuto, E.F.;
Vanderlei, L.C.M.; Christofaro, D.G.D. Sedentary behavior is more related with cardiovascular parameters in
normal weight than overweight adolescents. J. Public Health (Oxf.) 2019, 42, e215–e222. [CrossRef]

44. Schepers, J.; Wetzels, M. A meta-analysis of the technology acceptance model: Investigating subjective norm
and moderation effects. Inf. Manag. 2007, 44, 90–103. [CrossRef]

45. Zhang, J.; Mao, E. Understanding the acceptance of mobile SMS advertising among young Chinese consumers.
Psychol. Mark. 2008, 25, 787–805. [CrossRef]

46. Klopping, I.M.; Mckinney, E. Extending the technology acceptance model and the task-technology fit model
to consumer e-consumer. Inf. Technol. Learn. Perform. J. 2004, 22, 35–48.

47. Ha, J.P.; Kang, S.J.; Ha, J. A conceptual framework for the adoption of smartphones in a sports context. Int. J.
Sport. Mark. Spons. 2015, 16, 2–19. [CrossRef]

48. Gao, T.; Rohm, A.J.; Sultan, F.; Huang, S. Antecedents of consumer attitudes toward mobile marketing:
A comparative study of youth markets in the United States and China. Thunderbird Int. Bus. Rev. 2012, 54,
211–224. [CrossRef]

49. Beldad, A.D.; Hegner, S.M. Expanding the Technology Acceptance Model with the Inclusion of Trust, Social
Influence, and Health Valuation to Determine the Predictors of German Users’ Willingness to Continue using
a Fitness App: A Structural Equation Modeling Approach. Int. J. Hum. Comput. Interact. 2018, 34, 882–893.
[CrossRef]

50. Ha, J.P.; Kang, S.J.; Kim, Y. Sport fans in a “smart sport” (SS) age: Drivers of smartphone use for sport
consumption. Int. J. Sport. Mark. Spons. 2017, 18, 281–297. [CrossRef]

51. Kim, Y.; Kim, S.; Rogol, E. The effects of consumer innovativeness on sport team applications acceptance and
usage. J. Sport Manag. 2017, 31, 241–255. [CrossRef]

52. Hur, Y.; Ko, Y.J.; Claussen, C.L. Determinants of using sports web portals: An empirical examination of the
Sport Website Acceptance Model. Int. J. Sport. Mark. Spons. 2012, 13, 169–188. [CrossRef]

53. Song, J.; Kim, J.; Cho, K. Understanding users’ continuance intentions to use smart-connected sports products.
Sport Manag. Rev. 2018, 21, 477–490. [CrossRef]

54. Byun, H.; Chiu, W.; Bae, J.S. Exploring the adoption of sports brand apps: An application of the modified
technology acceptance model. Int. J. Asian Bus. Inf. Manag. 2018, 9, 52–65. [CrossRef]

55. Cho, J.; Lee, H.E.; Quinlan, M. Cross-national comparisons of college students’ attitudes toward diet/fitness
apps on smartphones. J. Am. Coll. Health 2017, 65, 437–449. [CrossRef]

56. Pan, Y.; Wang, F.; Liu, D.; Gao, L.; Yuan, Y. How Different Lifestyles Affect Value Appraisals and Purchase of
Ict Products: A Comparative Empirical Study|JECR. J. Electron. Commer. Res. 2018, 31, 280–300.

57. Bouwman, H.; López-Nicolás, C.; Molina-Castillo, F.J.; Van Hattum, P. Consumer lifestyles: Alternative
adoption patterns for advanced mobile services. Int. J. Mob. Commun. 2012, 10, 169–189. [CrossRef]

58. Boateng, H.; Adam, D.R.; Okoe, A.F.; Anning-Dorson, T. Assessing the determinants of internet banking
adoption intentions: A social cognitive theory perspective. Comput. Hum. Behav. 2016, 65, 468–478.
[CrossRef]

59. Lavieri, P.S.; Garikapati, V.M.; Bhat, C.R.; Pendyala, R.M.; Astroza, S.; Dias, F.F. Modeling Individual
Preferences for Ownership and Sharing of Autonomous Vehicle Technologies. Transp. Res. Rec. J. Transp.
Res. Board 2017, 2665, 1–10. [CrossRef]

60. Pandey, S.; Chawla, D. E-lifestyles of Indian online shoppers: A scale validation. J. Retail. Consum. Serv.
2014, 21, 1068–1074. [CrossRef]

61. Rutgers, H.; Hollasch, K.; Struckmeier, J.; Lehmkühler, B. European Health & Fitness Market Report;
EuropeActive: Brussels, Belgium, 2020.

62. Wells, W.D.; Tigert, D.J. Activities, interests and opinions.-PsycNET. J. Advert. Res. 1971, 11, 27–35.

http://dx.doi.org/10.2307/249008
http://dx.doi.org/10.1108/IJSMS-12-03-2011-B005
http://dx.doi.org/10.1080/02650487.2016.1246510
http://dx.doi.org/10.1093/pubmed/fdz082
http://dx.doi.org/10.1016/j.im.2006.10.007
http://dx.doi.org/10.1002/mar.20239
http://dx.doi.org/10.1108/IJSMS-16-03-2015-B002
http://dx.doi.org/10.1002/tie.21452
http://dx.doi.org/10.1080/10447318.2017.1403220
http://dx.doi.org/10.1108/IJSMS-08-2017-093
http://dx.doi.org/10.1123/jsm.2015-0338
http://dx.doi.org/10.1108/IJSMS-13-03-2012-B003
http://dx.doi.org/10.1016/j.smr.2017.10.004
http://dx.doi.org/10.4018/IJABIM.2018010105
http://dx.doi.org/10.1080/07448481.2016.1270949
http://dx.doi.org/10.1504/IJMC.2012.045672
http://dx.doi.org/10.1016/j.chb.2016.09.017
http://dx.doi.org/10.3141/2665-01
http://dx.doi.org/10.1016/j.jretconser.2014.06.012


Int. J. Environ. Res. Public Health 2020, 17, 6839 15 of 15

63. Kim, T.; Chiu, W. Consumer acceptance of sports wearable technology: The role of technology readiness.
Int. J. Sport. Mark. Spons. 2019, 20, 109–126. [CrossRef]

64. Finney, S.J.; DiStefano, C. Non-normal and categorical data in structural equation modeling. In Structural
Equation Modeling: A Second Course; Information Age Publishing: Greenwich, CO, USA, 2006; pp. 269–314.

65. Joreskog, K.G.; Sorbom, D. Recent Developments in Structural Equation Modeling. J. Mark. Res. 1982, 19, 404.
[CrossRef]

66. Kline, R. Principles and Practice of Structural Equation Modeling, 2nd ed.; The Guilford Press: New York, NY,
USA, 2005; ISBN 9781462523351.

67. Arbuckle, J.L. AMOS 17 User’s Guide, SPSS; SPSS Inc.: Chicago, IL, USA, 2008; ISBN 978-1-56827-386-0.
68. Hu, L.; Bentler, P.M. Cutoff criteria for fit indexes in covariance structure analysis: Conventional criteria

versus new alternatives. Struct. Equ. Model. A Multidiscip. J. 1999, 6, 1–55. [CrossRef]
69. Schuenemeyer, J.H.; Murtagh, F.; Heck, A. Multivariate Data Analysis. Technometrics 1989, 31, 393. [CrossRef]
70. Worthington, R.L.; Whittaker, T.A. Scale Development Research: A Content Analysis and Recommendations

for Best Practices. Couns. Psychol. 2006, 34, 806–838. [CrossRef]
71. Blunch, N.J. Introduction to Structural Equation Modeling Using SPSS and AMOS, 2nd ed.; SAGE Publications

Ltd.: Thousand Oaks, CA, USA, 2008; ISBN 9781446248997.
72. Fornell, C.; Larcker, D.F. Evaluating Structural Equation Models with Unobservable Variables and

Measurement Error. J. Mark. Res. 1981, 18, 39–50. [CrossRef]
73. Bagozzi, R.P.; Yi, T. On the evaluation of structural equation models. J. Acad. Mark. Sci. 1988, 16, 74–94.
74. Lichtenstein, D.R.; Netemeyer, R.G.; Burton, S. Distinguishing Coupon Proneness from Value Consciousness:

An Acquisition-Transaction Utility Theory Perspective. J. Mark. 1990, 54, 54. [CrossRef]
75. Seidel, G.; Back, A. Success factor validation for global ERP programmes. In Proceedings of the 17th European

Conference on Information Systems, ECIS 2009, Verona, Italy, 8–10 June 2009; pp. 1–13.
76. Hair, J.F.; Black, W.C.; Babin, B.J.; Anderson, R.E. Multivariate Data Analyses, 7th ed.; Prentice Hall: New York,

NY, USA, 2009; ISBN 978-3-642-04898-2.
77. Anderson, J.C. and Gerbing, D.W. Structural Equation Modeling in Practice: A Review and Recommended

Two-Step Approach. Psychol. Bull. 1998, 103, 411–423. [CrossRef]
78. Chen, F.F. Sensitivity of goodness of fit indexes to lack of measurement invariance. Struct. Equ. Model. 2007,

14, 464–504. [CrossRef]
79. Cheung, G.W.; Rensvold, R.B. Evaluating goodness-of-fit indexes for testing measurement invariance. Struct.

Equ. Model. 2002, 9, 233–255. [CrossRef]
80. García-Fernández, J.; Gálvez-Ruiz, P.; Vélez-Colon, L.; Ortega-Gutiérrez, J.; Fernández-Gavira, J. Exploring

fitness centre consumer loyalty: Differences of non-profit and low-cost business models in Spain. Econ. Res.
Istraživanja 2018, 31, 1042–1058. [CrossRef]

81. Barnes, S.J. Information management research and practice in the post-COVID-19 world. Int. J. Inf. Manag.
2020, in press. [CrossRef]

82. EuropeActive Releases Its New Information Paper on Innovation and Digitalisation in Europe. Available
online: http://www.europeactive.eu/news/europeactive-releases-its-new-information-paper-innovation-
and-digitalisation-europe (accessed on 6 September 2020).

83. Antunes, R.; Frontini, R.; Amaro, N.; Salvador, R.; Matos, R.; Morouço, P.; Rebelo-Gonçalves, R. Exploring
Lifestyle Habits, Physical Activity, Anxiety and Basic Psychological Needs in a Sample of Portuguese Adults
during COVID-19. Int. J. Environ. Res. Public Health 2020, 17, 4360. [CrossRef]

84. Angosto, S.; García-Fernández, J.; Valantine, I.; Grimaldi-Puyana, M. The Intention to Use Fitness and
Physical Activity Apps: A Systematic Review. Sustainability 2020, 12, 6641. [CrossRef]

© 2020 by the authors. Licensee MDPI, Basel, Switzerland. This article is an open access
article distributed under the terms and conditions of the Creative Commons Attribution
(CC BY) license (http://creativecommons.org/licenses/by/4.0/).

http://dx.doi.org/10.1108/IJSMS-06-2017-0050
http://dx.doi.org/10.1177/002224378201900402
http://dx.doi.org/10.1080/10705519909540118
http://dx.doi.org/10.1080/00401706.1989.10488578
http://dx.doi.org/10.1177/0011000006288127
http://dx.doi.org/10.1177/002224378101800104
http://dx.doi.org/10.1177/002224299005400305
http://dx.doi.org/10.1037/0033-2909.103.3.411
http://dx.doi.org/10.1080/10705510701301834
http://dx.doi.org/10.1207/S15328007SEM0902_5
http://dx.doi.org/10.1080/1331677X.2018.1436455
http://dx.doi.org/10.1016/j.ijinfomgt.2020.102175
http://www.europeactive.eu/news/europeactive-releases-its-new-information-paper-innovation-and-digitalisation-europe
http://www.europeactive.eu/news/europeactive-releases-its-new-information-paper-innovation-and-digitalisation-europe
http://dx.doi.org/10.3390/ijerph17124360
http://dx.doi.org/10.3390/su12166641
http://creativecommons.org/
http://creativecommons.org/licenses/by/4.0/.

	Introduction 
	Literature Review 
	Consumer Lifestyles and E-Lifestyles 
	Technology Acceptance Model 
	Lifestyles, E-lifestyles, and TAM Relationships 

	Materials and Methods 
	Study Context 
	Participants 
	Measures 
	Procedure 
	Data Analysis 

	Results 
	Descriptive Analysis 
	Measurement Model Assessment 
	Structural Model Assessment 
	Measurement Invariance 

	Discussion 
	Practical Implications 
	Limitations and Future Lines of Research 

	Conclusions 
	References

