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Abstract
Road-based citizen science surveys are increasingly used for long-term monitoring of wild-
life, including amphibians, over large spatial scales. However, how representative such data 
are when compared to the actual species distribution remains unclear. Spatial biases in site 
selection or road network coverage by volunteers could skew results towards more urban-
ised areas and consequently produce incorrect or partial trend estimations at regional or 
national scales. Our objective was to compare and verify potential spatial biases of road-
based data using distribution datasets of different origins. We used as a case study the com-
mon toad (Bufo bufo), a fast-declining species and the main amphibian targeted by conser-
vation action on roads in Europe. We used Maxent models to compare road survey data 
obtained from the 35 year-long “Toads on Roads” project in Great Britain with models 
using national-scale toad distribution records as well as with models using randomly gen-
erated points on roads. Distribution models that used data collected by volunteers on roads 
produced similar results to those obtained from overall species distribution, indicating the 
lack of selection bias and high spatial coverage of volunteer-collected data on roads. Toads 
were generally absent from mountainous areas and, despite the high availability of poten-
tial recorders, showed nearly complete absence of road-based records in large urban areas. 
This is probably the first study that comparatively evaluates species distribution models 
created using datasets of different origin in order to verify the influence of potential spatial 
bias of data collected by volunteers on roads. Large-scale declines of widespread amphib-
ians have been demonstrated using data collected on roads and our results indicate that 
such data are representative and certainly comparable to other existing datasets. We show 
that for countries with high road network coverage, such as Great Britain, road-based data 
collected by volunteers represent a robust dataset and a critical citizen science contribution 
to conservation.
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Introduction

Worldwide, roads are constructed at a rapid pace, accelerating the global transition towards 
increasingly fragmented landscapes and causing complex and long-lasting effects on eco-
systems and wildlife (Coffin 2007; Ibisch et al. 2016). In addition to direct mortality from 
vehicle collisions, roads also have other, less obvious impacts on wildlife, including bar-
rier effects, soil, water, light and noise pollution, habitat loss, and increased anthropogenic 
disturbance (Gibbs 1998; Foreman 2003; Fahrig and Rytwinski 2009). Road impacts are 
exceptionally high on amphibians due to their particular physiological traits, namely their 
permeable skin and the need to access diverse terrestrial and aquatic habitats in order to 
complete their life-cycles (Glista et al. 2008; Beebee 2013; Consetino et al. 2014). The vul-
nerability of amphibian species to road impacts is exacerbated by the long-distance mass 
migrations of both adults and juveniles to and from the breeding areas, as well as by their 
slow movement overland (Hels and Buchwald 2001; Mazerolle et al. 2005; Petrovan and 
Schmidt 2019). In Europe, the common toad (Bufo bufo) is one of the most wide-ranging 
and abundant amphibians (Agasyan et  al. 2009), but similar to other formerly common 
taxa, it currently appears to be undergoing dramatic declines over large areas, with road 
impacts as an important potential factor (Carrier and Beebee 2003; Bonardi et  al. 2011; 
Petrovan and Schmidt 2016). Toads generally select large ponds or lakes for breeding and 
often prefer deciduous woodland or rough pasture as terrestrial habitat (Denton and Beebee 
1994; Hartel et  al. 2008). However, they can also inhabit a large variety of other habi-
tats including arable farmland, urban gardens and parks, alpine areas and coastal dunes, 
migrating up to 1 km or more between terrestrial and aquatic sites (Heusser 1960; Sinsch 
1988). In densely populated regions, such extensive migration patterns can involve multi-
ple road crossings at each migration stage, greatly increasing the possibility of traffic colli-
sions (Hels and Buchwald 2001; Bonardi et al. 2011). Consequently, amphibians, and toads 
in particular, represent the highest percentage of vertebrate roadkill across much of Europe 
(Schmidt and Zumbach 2008; Sillero 2008; Matos et al. 2012), and this has led in turn to 
the formation of large scale, volunteer-led projects attempting to rescue toads from road 
traffic.

Millions of amphibians, mostly toads, but increasingly also other amphibian species, 
are annually collected and moved by people away from roads and towards the wetlands 
where they breed (Langton 2015). Often known as “Toads on Roads”, these projects have 
taken place for decades across Central and Western Europe and currently represent the 
most comprehensive spatial and temporal datasets for inferring long-term trends at regional 
and national scales for these species in Europe (Bonardi et al. 2011; Petrovan and Schmidt 
2016; Kyek et al. 2017). In the UK, the “Toads on Roads” project has a centralised data-
base, and the volunteers that collect and move amphibians on roads during spring migra-
tions record the data using standardised survey sheets (Wormald et al. 2015). Numerous 
other volunteer-driven initiatives that rescue and record amphibians on roads exist across 
the globe for other amphibian species, especially in the USA (Sterrett et al. 2019; Petrovan 
and Schmidt 2019).

However, similar to other wildlife road-based monitoring projects, both for amphib-
ians and other taxa (Wembridge et al. 2016), volunteers do not select in a stratified or 
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survey-focused manner the sites where amphibians are moved across roads (Helldin and 
Petrovan 2019). Sites can be a single point or multiple points over a short stretch of road 
and vary in the number of people taking part each year but, typically, a single person is 
responsible for data collation and submission at each site. Given that volunteers repeat-
edly survey roads at night and on foot, often for an average of 20 nights per season, year 
after year (Wormald et al. 2015; Kyek et al. 2017), road sites are potentially selected to 
facilitate such patrolling actions. Therefore, logistical factors could influence site selec-
tion and introduce substantial spatial bias. Equally, detecting significant road mortality 
or live amphibians on roads might favour road segments with high early evening traffic 
and therefore close to or even integrated into urbanised areas. By contrast, more remote 
sites might be under-represented as traffic volume, numbers of potential observers and 
amphibian road mortality are all likely to be lower (Hels and Buchwald 2001). In addi-
tion, amphibian carcass persistence on roads can be very low, particularly in wet con-
ditions (Santos et  al. 2011) and thus, remote sites might evade detection. Overall, the 
potential sources of spatial bias can be categorised as:

1. All volunteer amphibian rescue projects tend to be performed on roads but these records 
might not be representative of wider amphibian populations.

2. Some roads and road sectors are more likely to be selected by volunteers than others 
(near where people live, easy to access, not too dangerous, high enough toad count).

3. Roads have potentially different detectability, partly due to different toad-killing pro-
pensity—traffic volume and time of traffic, but also dead toads might have different 
detectability to live toads.

These sources of bias can lead to significant uncertainty about the representativeness 
of road-based datasets collected by volunteers as primary sources of data for large-scale 
monitoring, compared to species’ ranges from standard distribution atlases, which use 
both volunteer and professional surveys (e.g. Sillero et al. 2014). Exploring such poten-
tial biases is important for two reasons: to allow a better understanding of the general 
validity of road-based projects for long-term species monitoring (Bonardi et  al. 2011; 
Petrovan and Schmidt 2016; Kyek et al. 2017), and to develop ecological niche models 
(Sillero 2011) that could be applied more widely for such datasets. Ecological niche 
models are very sensitive to the density of records (Veloz 2009; Mercx et al. 2011; Var-
ela et  al. 2014); it is, therefore, essential that the dataset of records accurately repre-
sents the species distributions, with a uniform sampling effort over the entire study area 
(Barbosa et al., 2012). Clusters of records in particular parts of the study area must be 
real and not an artefact of the sampling effort (i.e. where surveyors repeatedly monitor 
a defined area). Citizen science projects such as “Toads on Roads” are typical examples 
of uneven datasets. The development of accurate ecological niche models is also impor-
tant for identifying overlooked areas and undetected road mortality hotspots. Population 
declines and local extinctions might occur in such hotspots in the absence of conserva-
tion actions (Cooke 2011).

Using common toads in Great Britain and the “Toads on Roads” project as case stud-
ies, our main aim was to assess the potential of citizen science for providing reliable 
information for modelling and conservation. By comparing models built with datasets 
of different origin, we aimed to understand the effects of potentially biased data on eco-
logical niche models. Our specific objectives were to:
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(1) Develop an accurate ecological niche model for the observed distribution of common 
toads at national scale for Great Britain (GB). We hypothesised that this model should 
be as close as currently possible to the true distribution of toads in GB, as it would be 
built using all information available for the species’ presence (i.e. publicly available 
records that are collected using both volunteer and professional surveys).

(2) Identify the main variables driving toad distribution in GB. We expected that landscape 
and habitat type, followed by road density and degree of urbanisation would be the 
main drivers of toad distribution.

(3) Build an ecological niche model of the “Toads on Roads” volunteer-selected sites at a 
national scale in GB. We hypothesised that these will be distributed in a non-random 
fashion, related to road type and landscape type as well as to the degree of urbanisation.

(4) Assess the effect of road-based bias in models built with the “Toads on Roads” data-
base, by comparing them to a model produced from full range data and a null model 
built with a set of random road points.

Ultimately, we hope that this work will allow us to understand if volunteer-recorded 
data collected on roads affect the accuracy of ecological niche models built at national 
scales, thus providing valuable information that can be applied more widely when using 
volunteer-based data, especially for rare and endangered species.

Materials and methods

Datasets

For the “Toads on Roads” sites dataset collected by volunteers in Great Britain, hereafter 
TOR (632 points; Fig. 1a), we used the national database which is collated and managed 
by Froglife Trust. All road-based points in this dataset were collected with GPS devices 
or map referenced to a specific location with an error of less than 100 m. For comparison, 
we used all publicly available distribution data for common toads, hereafter Range (21,580 
points with a spatial resolution of 1 km; Fig.  1c), accessible via the National Biodiver-
sity Network (NBN Atlas) data repository (‘NBN Atlas website at http://www.nbnat las.org 
Accessed March 2016.’). NBN Atlas represents “UK’s largest collection of freely available 
biodiversity data” and is a collation of survey data from multiple sources, including volun-
teers and professional surveys, either species-focused or multi-taxa. Data in both datasets 
were recorded after 1975 with the majority of records in 1990–2015. While toads have 
suffered declines over this period (Petrovan and Schmidt 2016), we expect those declines 
to affect abundance rather than distribution. Both TOR and Range datasets were compared 
with 10 datasets created with 632 points each (the same sample size as TOR), placed ran-
domly on roads, hereafter called Roads (Fig.  1b; Supplementary material Fig. S1). This 
Roads model acted as a null model in order to assess biases in the TOR and Range models.

As previously stated, ecological niche models are very sensitive to the density of 
records. Thus, as the TOR dataset is the observed distribution of crossing sites, we did 
not delete the records below a particular distance to other records. On the other hand, 
the Range dataset was filtered and cleaned (no more than one record in 1  km2), to ensure 
its relatively unbiased character. After filtering, the Range dataset included 8452 points. 
This approach was chosen as it has consistently outperformed other methods such as bias 
file or targeted background in reducing sampling bias particularly with high sample sizes 

http://www.nbnatlas.org
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(Kramer-Schadt et al 2013; Fourcade et al 2014). The Range dataset should represent the 
expected observed distribution of the species given its wide coverage and complexity; it is 
a combination of multiple sources of information. The Roads datasets were not filtered in 
order to guarantee that they were truly random, without including any type of condition.

Environmental variables

The ecogeographical variables used to build Realised Niche Models (RNMs, sensu Sillero 
2011) were: (1) human (distance to urban areas and roads); (2) hydrology (distance to riv-
ers and lakes) and (3) land cover (distance to arable areas, broadleaved forests, and conifer-
ous forests). These variables were obtained as categorical variables from EDINA Digimap 
under a UK Higher Education access license (Ordnance Survey 2012) Some correlative 
modelling algorithms, such as Maxent (see below) accept both continuous and categorical 
variables. However, categorical variables are difficult to interpret because it is not possible 
to disentangle the importance of each class included in the categorical variable. Thus, it is 
preferable to work with continuous variables. Hence, we converted all categorical variables 
into continuous ones by calculating distances of any pixel to the closest individual class. 
This was done using the function Raster distance of QGIS software 2.18.3 for all variables 
with a spatial resolution of 100 m. The environmental variables used for modelling the 
TOR and Roads datasets had a spatial resolution of 100 m, and those for the Range model 
were aggregated to a resolution of 1 km, in concordance with the spatial resolution of the 
species records (TOR and Roads: 100 m; Range: 1 km). All variables had a Spearman’s 
correlation lower than 0.75 (Dorman et al. 2013).

Fig. 1  Datasets used for ecological niche modelling: (A) TOR (registered “Toads on roads” sites in Great 
Britain from the national registry managed by Froglife, with 632 points); (B) Road records (presence 
records placed randomly on roads; here it is shown one of ten random datasets with 632 points each); (C) 
Range records (all publicly available common toad Bufo bufo range records from the NBN Gateway data 
repository, with 21,580 points).
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Ecological niche modelling

We built a set of Realised Niche Models (RNMs; sensu Sillero 2011) for each dataset 
(TOR, Roads and Range). All models were built using the same set of environmental vari-
ables but with different spatial resolutions: TOR and Roads with 100 m, and Range with 1 
km (see above). All RNMs were built using the Maximum Entropy approach implemented 
in the software Maxent (Phillips et al. 2004, 2006). We used Maxent as it is a general-pur-
pose machine learning method that uses presence-only occurrences and background data 
(Phillips et  al. 2004, 2006). It consistently outperforms other modelling techniques (e.g, 
Bioclim, Domain, GAM or GLM; Elith et  al. 2006). Additionally, it is particularly well 
suited to noisy or sparse information (Phillips et al. 2004, 2006). Models were performed 
with Maxent 3.4.1 software (http://www.cs.princ eton.edu/~schap ire/maxen t). We ran Max-
ent in cloglog format with default parameters (auto-features, 500 iterations, and a regulari-
zation multiplier of 1) using 70% of the presence records from each dataset as training data 
(TOR: 439, Roads: 437, Range: 5890), and the remaining records (30%) as test data (TOR: 
188, Roads: 187, Range: 2562). Although Maxent raw format is recommended (Royle et al. 
2012; Merow et al. 2013), model comparisons would not be possible as the scales are dif-
ferent. The sum of all background points of the raw output is equal to 1, thus presence 
points are not normalised. As such, we used the new output “cloglog”, which avoids the 
problems associated with the logistic output (Phillips et al. 2017). Duplicated records (i.e. 
records inside the same pixel forming the raster) were removed. As Maxent is a probabil-
istic modelling method, we calculated the arithmetic mean and the standard deviation of a 
set of ten replicates per dataset (TOR, Roads and Range) through an iterative process. For 
Roads, we have run ten replicates for each of the 10 Roads datasets. We chose 10 replicates 
as a compromise among statistical analysis power, computation time, and physical stor-
age. The cloglog output gives an estimated probability of presence, ranging from 0.0 to 
1.0 (Phillips et al. 2017). We identified the importance of each environmental variable for 
explaining the species distribution by factor analysis: (1) jack-knife analysis of the average 
AUC with training and test data; and (2) average percentage contribution of each variable 
to the models. For this purpose, variables were excluded in turn and a model was created 
with the remaining variables; then, a model was created using each variable. We did not 
apply an arbitrary threshold (Liu et  al. 2005) to obtain a habitat suitability map (sensu 
Sillero 2011), where the raw model is transformed in a map with two categories: species 
presence and absence. Arbitrary thresholds are another source of errors in ecological niche 
modelling, and there is no fixed rule to choose one (Liu et al. 2005). In nature, the change 
from suitable to unsuitable habitats is gradual. Applying thresholds may be too reduction-
ist. In order to prevent introducing more noise in the resulting models, all the analyses were 
performed with the original values of the models.

Model validation

We used the area under the curve (AUC) of the receiver operating characteristic (ROC) 
plots as a measure of the overall fit of the Maxent models (Liu et al. 2005). AUC is used to 
discriminate a species’ model from a random model. AUC was selected because it is inde-
pendent of prevalence (the proportion of presence in relation with the total dataset size) as 
assessed by its mathematical definition (Bradley 1997; Forman and Cohen 2005; Fawcett 
2006). Random models have an AUC equal to 0.5; good fitting models get AUC values 

http://www.cs.princeton.edu/~schapire/maxent
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close to 1. In addition, we calculated with R 3.51. statistical software (R Core Team 2017) 
a set of 100 null models, following the methodology by Raes and Steege (2007) in order to 
compare all modelled AUCs with random AUC values. For this, we created 100 different 
datasets with the same number of random points as the dataset presences following a Pois-
son distribution.

Model comparisons

The RNMs of 10 average replicates per dataset were compared using a Spearman’s correla-
tion (ρ) analysis, performed in R and using ENMTools package (Warren et al. 2017) and 
by subtracting them by pairs: TOR-Roads, TOR-Range, and Roads-Range. RNMs produce 
output with continuous values between 0 and 1. Therefore, to visualise spatial differences 
between pairs of models we calculated the absolute value of a mathematical subtraction. 
Values close to 0 indicate total similarity; values close to 1, maximum dissimilarity.

Results

TOR and Roads models obtained AUC values higher than 0.88 for the training and testing 
datasets (Table 1). The Range model had lower AUC values (Table 1). Maxent null mod-
els always had significantly lower AUC values than the TOR, Roads and Range datasets 
(Table 1).

Table 1  Area under the curve (AUC) of the ROC plot of Maxent models for the TOR (Bufo bufo “Toads 
on Roads” volunteer-collected records), Roads (random points on roads) and Range (B. bufo distribution 
range) datasets: average and standard deviation values from training and test models

The average and standard deviation AUC values of the Null models for each dataset are also indicated, with 
the ANOVA result for each comparison (each dataset against null models)

Model Training AUC Test AUC Null AUC ANOVA p value

TOR 0.89 ± 0.01 0.89 ± 0.01 0.70 ± 0.02 F1,108 = 758.2 < 0.001
Roads 0.90 ± 0.01 0.89 ± 0.01 0.70 ± 0.02 F1,108 = 785.2 < 0.001
Range 0.65 ± 0.01 0.64 ± 0.01 0.57 ± 0.01 F1,108 = 749.2 < 0.001

Table 2  Importance contribution 
of environmental variables to 
the Maxent models calculated 
with TOR (Bufo bufo “ Toads 
on Roads” volunteer-collected 
records), Roads (random points 
on roads) and Range (B. bufo 
distribution range) datasets

The two variables with the highest contribution are indicated in bold. 
Results are showed from one of the 10 Roads random models

Variables TOR Roads Range

Distance to arable 4.2 3.93 4.9
Distance to broadleaved 16.9 0.2 21.4
Distance to coniferous 0.5 2.0 3.1
Distance to lakes 2.7 1.0 5.4
Distance to rivers 0.4 0.5 1.2
Distance to roads 68.5 92.2 21.5
Distance to urban 6.8 0.2 42.6
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Distance to roads had a high importance in all three models (Table 2): it was the most 
important variable in both TOR and Roads models, and the second one in the Range 
model. As expected for a null model, in the case of the Roads models, the rest of the vari-
ables only had a minimal contribution. The second most important variable was distance 
to broadleaved forests in the TOR model; distance to urban areas was the most important 
variable for the Range model.

In general, the Roads and Range models predicted urban areas as suitable areas (Fig. 2b, 
c) while the TOR model did not (Fig. 2a). TOR model forecast a lower suitability for Lon-
don than for other urban areas (e.g. Liverpool, Manchester, and Birmingham), although 
the areas surrounding Greater London had a high suitability. The Range model (Fig. 2c) 
predicted that most of Great Britain would be suitable for the occurrence of the common 
toad, except for areas of uplands and mountains in Scotland, some upland areas of central-
northern England (mostly in the Pennines), and in mountains of Wales. The areas with the 
highest habitat suitability were in central and southern parts of England. The Roads model 
(Fig. 2b) predicted almost perfectly the road network in Great Britain, identifying clearly 
all major urban centres with high road density, such as London, Birmingham, Manches-
ter, Liverpool, and Edinburgh. There were clear similarities and high correlation values 
between TOR and Range models (ρ = 0.83; Fig. 2a, c): both models excluded mountains, 
but the Range model predicted Greater London. The subtraction between these two models 
(Fig.  3b) highlighted some major urban centres (at least London, Birmingham and Liv-
erpool), that were predicted by the Range model, but not as strongly or even not at all by 
TOR (Fig. 2), and habitats of Highlands in Scotland as areas of similarity. A similar pat-
tern was found when comparing the TOR model with the Roads (ρ = 0.86; Fig.  3a) and 
the Roads with the Range models (ρ = 0.60, Fig. 3c), highlighting again some major urban 
centres not predicted by the TOR models.

Fig. 2  Ecological niche models: (A) TOR Maxent model calculated with the “Toads on Roads” dataset; 
(B) Road Maxent model calculated with the Road dataset (one of ten random models is shown); (C) Range 
Maxent model calculated with the Range dataset. TOR and Road models have a spatial resolution of 100 m 
and Range model, 1 km. Dark (blue) colours represent high habitat suitability; light (yellow) colours repre-
sent low habitat suitability.
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Discussion

For widespread species which are heavily impacted by roads, road-based data represent 
vital resources for long-term trend estimators, especially as they can be the only available 
dataset at large enough temporal and spatial scales (Petrovan and Schmidt 2016; Kyek et al. 
2017). Road-based surveys can also outperform other survey designs in terms of potential-
ity to detect changes in large-scale population trends (Roos et  al. 2012). However, such 
data are rarely assessed concerning their representativeness in the wider landscape. For 
“Toads on Roads” type projects, which currently take place across the majority of Euro-
pean countries and involve millions of animals and thousands of volunteers, this is espe-
cially relevant, as site selection and annual data collection are non-random and are entirely 
dependent on volunteer efforts. Our results indicate that, at least for the common toad in 
Great Britain, road-based surveys can offer a suitable and valuable representation of the 
wider species distribution. Our TOR and Range models were highly correlated, as well 
as, of course, the TOR and Roads models. Roads and Range had a lower correlation, but 
still relatively high (0.6). Further, the most important variable for TOR and Roads models 
was distance to roads, while this variable was the second most important one in the Range 
model. These results were expected, as TOR models and Roads models had the same bias 
given that both datasets use records collected along roads. Despite being important, dis-
tance to roads was not the most important variable for the Range model, which may indi-
cate its less “biased” character. Thus, we can conclude that the TOR dataset is representa-
tive of the observed distribution of the common toad in Great Britain. Several factors are 
probably contributing to this, including that the UK has a high human population density 

Fig. 3  Absolute value of mathematical subtractions of model pairs: (A) between TOR and Road models; 
(B) between TOR and Range models; (C) between Roads and Range models. TOR model was calculated 
with the “Toads on Roads” dataset; Road model with the Roads dataset (one of 10 random replicates is 
shown); and Range model with the Range dataset. Values close to 0 (blue colours) indicate total similarity; 
values close to 1 (yellow colours), indicate lowest similarity or maximum dissimilarity.
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and a very dense road network (OECD 2013) as well as a long tradition in citizen science 
and volunteer-led conservation projects, especially for birds but also butterflies, mammals, 
invasive species or wildlife health (Harris et  al. 2014; Brereton et  al. 2011; Roos et  al. 
2012; Lawson et al. 2015; Woodward et al. 2018). Numerous opportunities exist to detect 
road-crossing sites for amphibians at large spatial scales as toads travel long distances 
overland, are often killed en masse on roads, and are easily identifiable by non-specialists 
(Petrovan and Schmidt 2016). Additionally, the overall species’ range datasets also suffer 
to some degree from biases towards roads because most distribution records are collected 
near roads, namely at 1 km grid squares. At lower resolution scales (grid squares of 10 km 
or higher), road biases are completely lost in chorological datasets (Sillero et al. 2014). The 
identified spatial biases related to road proximity, which were apparent in both datasets we 
used for creating niche models, could be resolved by targeted stratified surveys that ensure 
adequate spatial coverage at national scale, as already the case for other taxa such as birds 
(Woodward et al. 2018). However, it is currently unclear if additional large-scale monitor-
ing effort is feasible or required, at least for the common toad, in order to target metapopu-
lation conservation adequately and to be able to infer population trends.

Amphibians are the most threatened vertebrate group (Stuart et al. 2004) and currently, 
even some widespread and formerly abundant species, such as the common toad or com-
mon frog (Rana temporaria) appear to be rapidly declining in parts of Europe (Bonardi 
et  al. 2011; Petrovan and Schmidt 2016; Kyek et  al. 2017). While conservation efforts 
prioritize rare and threatened species, the marked declines of widespread and abundant 
species can have significant implications on ecosystem functioning given their dispro-
portionate contribution in terms of biomass, structure and energy turnover (Gaston 2010; 
Baker et  al. 2019). In this context, both the focusing of conservation action where it is 
most needed and the collection of robust monitoring data at adequate spatial scales are 
important for reversing population and species declines. Toads are highly adaptable and 
can survive and breed in private gardens, parks and allotments (Cooke 1975). Yet, the TOR 
model excludes the largest urbanised areas and cities from toad distribution. The expecta-
tion would be that the higher human density in such areas would promote a higher level of 
observation effort and therefore increase the chance collection of local records of toads, 
including on roads bordering public parks and private gardens. However, urbanisation is 
also a major factor promoting biodiversity decline (McDonald et  al. 2008; Montgomery 
2008; Elmqvist et al. 2013) and continued urbanisation threatens numerous amphibian spe-
cies worldwide (Hamer and McDonnell 2008). Our results indicate that indeed toads may 
have been declining or largely eliminated from such areas, something originally indicated 
for London as early as the 1960s (Cooke 1975). The reasons for the apparent toad rarity 
in large areas of towns and cities in the UK are unclear but are probably a consequence 
of continuous habitat loss, fragmentation and degradation, unsustainable road mortalities, 
pollution and reduction in breeding areas such as large ponds (Scribner et al. 2001). Large 
roads with heavy traffic can significantly alter amphibian distribution by creating a road-
zone exclusion effect of up to 1 km distance (Eigenbrod et al. 2009), and even secondary 
roads can cause rapid chemical pollution in nearby amphibian habitats and road mitigation 
systems (White et  al. 2017). Toad populations require ‘green corridors’ that allow them 
to move between terrestrial and breeding sites (Hartel et al. 2008) but such corridors can 
rapidly disappear with increased urbanisation. However, the fact that the Range model pre-
dicted some large urban areas, and especially Greater London, as suitable for toads, sug-
gests that they are still present in such areas but at low density and thus large-scale mor-
tality on roads was not recorded. Alternatively, volunteers might not select locations for 
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amphibian road rescues in large urban areas, although some examples exist, in both Lon-
don and elsewhere.

Long-term datasets are needed for adequate estimations of population trends of amphib-
ians given that populations naturally fluctuate between years (Green 2003). While “Toads 
on Roads” projects appear to be insufficient to prevent long-term and very significant 
amphibian declines (Petrovan and Schmidt 2016; Kyek et al. 2017), they are probably able 
to slow down declines and at the same time provide data that would otherwise be entirely 
missing. Such projects also contribute to a stronger local involvement of citizens in wild-
life-related issues and generate interest in groups of people for different reasons (animal 
welfare, conservation of species, a sense of community action, intergenerational activities, 
learning, etc.) (Dickinson et al. 2010; Haywood and Besley 2014; Petrovan and Schmidt 
2019). However, even if, as shown here, the spatial distributions derived from the different 
datasets are broadly similar, the temporal patterns may differ if populations in road-frag-
mented habitats decline at greater rates; this would be an important area of future research. 
Another valuable application of such data would be to prioritise migration corridors strate-
gically and to select sites where more effective road mitigation measures should be imple-
mented, such as amphibian tunnels or underpasses. If adequately installed, such systems 
can dramatically reduce road mortality and promote metapopulation connectivity (Schmidt 
and Zumbach 2008; Beebee 2013; Matos et al. 2017; Jarvis et al. 2019; Helldin and Petro-
van 2019).

Our results support the relevance of road-based surveys as a highly valuable source of 
data that, while imperfect and suffering from bias, are recorded at exceptionally large spa-
tial and temporal scales. We urge other organisations in Europe and further afield to pro-
mote such projects, verify the data in comparison to other distribution records, and use 
the collected data for monitoring population trends. In countries or regions with a high 
coverage of the road network, the data collected in relation to amphibian road surveys and 
conservation action can represent a realistic and adequate image of the wider species distri-
bution and, as such, of long-term trend estimations.

Acknowledgements At Froglife, SP was supported by a grant from the Esmee Fairbairn Foundation. NS is 
supported by a contract (CEECIND/02213/2017) by FCT (Fundação para a Ciência e a Tecnologia, Portu-
gal). CV is supported with a post-doctoral grant from Engage-SKA project. We are grateful to Alison John-
son and Tom Worthington and four anonymous reviewers for many useful comments and suggestions that 
have helped improve the manuscript.

Open Access This article is licensed under a Creative Commons Attribution 4.0 International License, 
which permits use, sharing, adaptation, distribution and reproduction in any medium or format, as long 
as you give appropriate credit to the original author(s) and the source, provide a link to the Creative Com-
mons licence, and indicate if changes were made. The images or other third party material in this article 
are included in the article’s Creative Commons licence, unless indicated otherwise in a credit line to the 
material. If material is not included in the article’s Creative Commons licence and your intended use is not 
permitted by statutory regulation or exceeds the permitted use, you will need to obtain permission directly 
from the copyright holder. To view a copy of this licence, visit http://creat iveco mmons .org/licen ses/by/4.0/.

References

Agasyan A, Avisi A, Tuniyev B, Crnobrnja Isailovic J, Lymberakis P, Andrén C, Cogalniceanu D, Wilkin-
son J, Ananjeva N, Üzüm N, Orlov N, Podloucky R, Tuniyev S, Kaya U (2009) Bufo bufo. The IUCN 
Red List of Threatened Species 2009: e.T54596A11159939. https ://doi.org/10.2305/IUCN.UK.2009.
RLTS.T5459 6A111 59939 .en. Accessed 01 Sept 2019

http://creativecommons.org/licenses/by/4.0/
https://doi.org/10.2305/IUCN.UK.2009.RLTS.T54596A11159939.en
https://doi.org/10.2305/IUCN.UK.2009.RLTS.T54596A11159939.en


1778 Biodiversity and Conservation (2020) 29:1767–1781

1 3

Anderson RP (2013) A framework for using niche models to estimate impacts of climate change on species 
distributions. Ann N Y Acad Sci 1297:8–28. https ://doi.org/10.1111/nyas.12264 

Baker DJ, Garnett ST, O’connor J, Ehmke G, Clarke RH, Woinarski JC, McGeoch MA (2019) Conserv-
ing the abundance of nonthreatened species. Conserv Biol 33(2):319–328. https ://doi.org/10.1111/
cobi.13197 

Barbosa MA, Sillero N, Martínez-Freiría F, Real R (2012) Ecological niche models in Mediterranean herpe-
tology: past, present and future. Ecological Modeling. Nova Publishers, Hauppauge, pp 173–204

Beebee TJ (2013) Effects of road mortality and mitigation measures on amphibian populations. Conserv 
Biol 27(4):657–668. https ://doi.org/10.1111/cobi.12063 

Bonardi A, Manenti R, Corbetta A, Ferri V, Fiacchini D, Giovine G, Macchi S, Romanazzi E, Soccini C, 
Bottoni L, Padoa-Schioppa E (2011) Usefulness of volunteer data to measure the large scale decline 
of “common” toad populations. Biol Conserv 144(9):2328–2334. https ://doi.org/10.1016/j.bioco 
n.2011.06.011

Bradley AP (1997) The use of the area under the ROC curve in the evaluation of machine learning algo-
rithms. Pattern Recogn 30:1145–1159. https ://doi.org/10.1016/S0031 -3203(96)00142 -2

Brereton TM, Cruickshanks KL, Risely K, Noble DG, Roy DB (2011) Developing and launching a wider 
countryside butterfly survey across the United Kingdom. J Insect Conserv 15(1–2):279–290. https ://
doi.org/10.1007/s1084 1-010-9345-8

Carrier JA, Beebee TJ (2003) Recent, substantial, and unexplained declines of the common toad Bufo bufo 
in lowland England. Biol Conserv 111(3):395–399. https ://doi.org/10.1016/S0006 -3207(02)00308 -7

Coffin AW (2007) From roadkill to road ecology: a review of the ecological effects of roads. J Transp Geogr 
15(5):396–406. https ://doi.org/10.1016/j.jtran geo.2006.11.006

Cosentino BJ, Marsh DM, Jones KS, Apodaca JJ, Bates C, Beach J, Beard KH, Becklin K, Bell JM, Crock-
ett C, Fawson G (2014) Citizen science reveals widespread negative effects of roads on amphibian 
distributions. Biol Conserv 180:31–38. https ://doi.org/10.1016/j.bioco n.2014.09.027

Cooke AS (1975) Spawn site selection and colony size of the frog (Rana temporaria) and the toad (Bufo 
bufo). J Zool 175:29–38. https ://doi.org/10.1111/j.1469-7998.1975.tb013 88.x

Cooke AS (2011) The role of road traffic in the near extinction of common toads (Bufo bufo) in Ramsey and 
Bury. Nat Cambridgeshire 53:45–50

Denton JS, Beebee TJC (1994) The basis of niche separation during terestrial life between 2 species of 
toad (Bufo bufo and Bufo calamita): competition or specialisation? Oecologia 97:390–398. https ://doi.
org/10.1007/BF003 17330 

Dickinson JL, Zuckerberg B, Bonter DN (2010) Citizen science as an ecological research tool: challenges 
and benefits. Annu Rev Ecol Evol Syst 41:149–172. https ://doi.org/10.1146/annur ev-ecols ys-10220 
9-14463 6

Dormann CF, Elith J, Bacher S, Buchmann C, Carl G, Carré G, Marquéz JRG, Gruber B, Lafourcade B, 
Leitão PJ, Münkemüller T, McClean C, Osborne PE, Reineking B, Schröder B, Skidmore AK, Zurell 
D, Lautenbach S (2013) Collinearity: a review of methods to deal with it and a simulation study evalu-
ating their performance. Ecography 36:27–46. https ://doi.org/10.1111/j.1600-0587.2012.07348 .x

Eigenbrod F, Hecnar S, Fahrig L (2009) Quantifying the road-effect zone: threshold effects of a motorway 
on anuran populations in Ontario, Canada. Ecol Soc.https ://doi.org/10.5751/ES-02691 -14012 4

Elmqvist T et  al (2013) Urbanization, biodiversity and ecosystem services: challenges and opportunities. 
Springer, Dordrecht. https ://doi.org/10.1007/978-94-007-7088-1

Gaston KJ (2010) Valuing common species. Science 327(5962):154–155. https ://doi.org/10.1126/scien 
ce.11828 18

Gibbs JP (1998) Distribution of woodland amphibians along a forest fragmentation gradient. Landscape 
Ecol 13(4):263–268. https ://doi.org/10.1023/A:10080 56424 692

Glista DJ, DeVault TL, DeWoody JA (2008) Vertebrate road mortality predominantly impacts amphibians. 
Herpetol Conserv Biol 3(1):77–87

Green DM (2003) The ecology of extinction: population fluctuation and decline in amphibians. Biol Con-
serv 111(3):331–343. https ://doi.org/10.1016/S0006 -3207(02)00302 -6

Hamer AJ, McDonnell MJ (2008) Amphibian ecology and conservation in the urbanising world: a review. 
Biol Conserv 141(10):2432–2449. https ://doi.org/10.1016/j.bioco n.2008.07.020

Hartel T, Nemes S, Demeter L, Ollerer K (2008) Pond and landscape characteristics-which is more impor-
tant for common toads (Bufo bufo)? A case study from central Romania. Appl Herpetol 5(1):1. https ://
doi.org/10.1163/15707 54087 83489 248

Harris SJ, Risely K, Massimino D, Newson SE, Eaton MA, Musgrove AJ, Noble DG, Procter D, Baillie SR 
(2014) The breeding bird survey 2013. BTO research report 658

https://doi.org/10.1111/nyas.12264
https://doi.org/10.1111/cobi.13197
https://doi.org/10.1111/cobi.13197
https://doi.org/10.1111/cobi.12063
https://doi.org/10.1016/j.biocon.2011.06.011
https://doi.org/10.1016/j.biocon.2011.06.011
https://doi.org/10.1016/S0031-3203(96)00142-2
https://doi.org/10.1007/s10841-010-9345-8
https://doi.org/10.1007/s10841-010-9345-8
https://doi.org/10.1016/S0006-3207(02)00308-7
https://doi.org/10.1016/j.jtrangeo.2006.11.006
https://doi.org/10.1016/j.biocon.2014.09.027
https://doi.org/10.1111/j.1469-7998.1975.tb01388.x
https://doi.org/10.1007/BF00317330
https://doi.org/10.1007/BF00317330
https://doi.org/10.1146/annurev-ecolsys-102209-144636
https://doi.org/10.1146/annurev-ecolsys-102209-144636
https://doi.org/10.1111/j.1600-0587.2012.07348.x
https://doi.org/10.5751/ES-02691-140124
https://doi.org/10.1007/978-94-007-7088-1
https://doi.org/10.1126/science.1182818
https://doi.org/10.1126/science.1182818
https://doi.org/10.1023/A:1008056424692
https://doi.org/10.1016/S0006-3207(02)00302-6
https://doi.org/10.1016/j.biocon.2008.07.020
https://doi.org/10.1163/157075408783489248
https://doi.org/10.1163/157075408783489248


1779Biodiversity and Conservation (2020) 29:1767–1781 

1 3

Haywood BK, Besley JC (2014) Education, outreach, and inclusive engagement: towards integrated indica-
tors of successful program outcomes in participatory science. Public Underst Sci 23:92. https ://doi.
org/10.1177/09636 62513 49456 0

Helldin JO, Petrovan SO (2019) Effectiveness of small road tunnels and fences in reducing amphibian road-
kill and barrier effects at retrofitted roads in Sweden. PeerJ 7:e7518. https ://doi.org/10.7717/peerj .7518

Hels T, Buchwald E (2001) The effect of road kills on amphibian populations. Biol Conserv 99(3):331–340. 
https ://doi.org/10.1016/S0006 -3207(00)00215 -9

Heusser H (1960) Über die Beziehungen der Erdkröte (Bufo bufo L.) zu ihrem Laichplatz II. Behaviour 
93–109

Ibisch PL, Hoffmann MT, Kreft S, Pe’er G, Kati V, Biber-Freudenberger L, DellaSala DA, Vale MM, 
Hobson PR, Selva N (2016) A global map of roadless areas and their conservation status. Science 
354:1423–1427. https ://doi.org/10.1126/scien ce.aaf71 66

Fahrig L, Rytwinski T (2009) Effects of roads on animal abundance: an empirical review and synthesis. 
Ecol Soc 14(1):21

Fawcett T (2006) An introduction to ROC analysis. Pattern Recogn Lett 27:861–874. https ://doi.
org/10.1016/j.patre c.2005.10.010

Forman RT (2003) Road ecology: science and solutions. Island Press, Washington DC
Forman G, Cohen I (2005) Beware the Null Hypothesis: Critical Value Tables for Evaluating Classifiers. 

ECML, 133–145
Fourcade Y, Engler JO, Rödder D, Secondi J (2014) Mapping species distributions with MAXENT using a 

geographically biased sample of presence data: a performance assessment of methods for correcting 
sampling bias. PLoS ONE 9(5):e97122. https ://doi.org/10.1371/journ al.pone.00971 22

Jarvis L, Hartup M, Petrovan SO (2019) Road mitigation using tunnels and fences promotes site con-
nectivity and population expansion for a protected amphibian. Eur J Wildl Res 65:27. https ://doi.
org/10.1007/s1034 4-019-1263-9

Kyek M, Kaufmann PH, Lindner R (2017) Differing long term trends for two common amphibian spe-
cies (Bufo bufo and Rana temporaria) in alpine landscapes of Salzburg,&nbsp;Austria. PLoS ONE 
12(11):e0187148

Kramer-Schadt S, Niedballa J, Pilgrim JD, Schröder B, Lindenborn J, Reinfelder V, Stillfried M, Heck-
mann I, Scharf AK, Augeri DM, Cheyne SM (2013) The importance of correcting for sampling bias 
in MaxEnt species distribution models. Divers Distrib 19(11):1366–1379. https ://doi.org/10.1111/
ddi.12096 

Langton TES (2015) A history of small animal road ecology. In: Andrews KM, Nanjappa P, Riley SP 
(eds) Roads and ecological infrastructure: concepts and applications for small animals. Johns Hop-
kins University Press, Baltimore, pp 7–19

Lawson B, Petrovan SO, Cunningham AA (2015) Citizen science and wildlife disease surveillance. Eco-
Health 12(4):693–702. https ://doi.org/10.1007/s1039 3-015-1054-z

Liu C, Berry PM, Dawson TP, Pearson RG (2005) Selecting thresholds of occurrence in the prediction 
of species distributions. Ecography 28:385–393. https ://doi.org/10.1111/j.0906-7590.2005.03957 .x

Matos C, Sillero N, Argaña E (2012) Spatial analysis of amphibian road mortality levels in northern Por-
tugal country roads. Amphibia Reptilia 33:469–483. https ://doi.org/10.1163/15685 381-00002 850

Matos C, Petrovan S, Ward AI, Wheeler P (2017) Facilitating permeability of landscapes impacted by 
roads for protected amphibians: patterns of movement for the great crested newt. PeerJ 5:e2922. 
https ://doi.org/10.7717/peerj .2922

Mazerolle MJ, Huot M, Gravel M (2005) Behavior of amphibians on the road in response to car traffic. 
Herpetologica 61(4):380–388. https ://doi.org/10.1655/04-79.1

McDonald RI, Kareiva P, Forman RT (2008) The implications of current and future urbanization for 
global protected areas and biodiversity conservation. Biol Conserv 141(6):1695–1703. https ://doi.
org/10.1016/j.bioco n.2008.04.025

Merckx B, Steyaert M, Vanreusel A, Vincx M, Vanaverbeke J (2011) Null models reveal preferen-
tial sampling, spatial autocorrelation and overfitting in habitat suitability modelling. Ecol Model 
222(3):588–597

Merow C, Smith MJ, Silander JA (2013) A practical guide to MaxEnt for modeling species’ distribu-
tions: what it does, and why inputs and settings matter. Ecography 36:1058–1069. https ://doi.org/1
0.1111/j.1600-0587.2013.07872 .x

Montgomery MR (2008) The Urban Transformation of the Developing World. Science 319:761–764. 
https ://doi.org/10.1126/scien ce.11530 12

OECD (2013) Road traffic, vehicles and networks. Environment at a glance 2013: OECD Indicators, OECD 
Publishing. https ://doi.org/10.1787/97892 64185 715-en

https://doi.org/10.1177/0963662513494560
https://doi.org/10.1177/0963662513494560
https://doi.org/10.7717/peerj.7518
https://doi.org/10.1016/S0006-3207(00)00215-9
https://doi.org/10.1126/science.aaf7166
https://doi.org/10.1016/j.patrec.2005.10.010
https://doi.org/10.1016/j.patrec.2005.10.010
https://doi.org/10.1371/journal.pone.0097122
https://doi.org/10.1007/s10344-019-1263-9
https://doi.org/10.1007/s10344-019-1263-9
https://doi.org/10.1111/ddi.12096
https://doi.org/10.1111/ddi.12096
https://doi.org/10.1007/s10393-015-1054-z
https://doi.org/10.1111/j.0906-7590.2005.03957.x
https://doi.org/10.1163/15685381-00002850
https://doi.org/10.7717/peerj.2922
https://doi.org/10.1655/04-79.1
https://doi.org/10.1016/j.biocon.2008.04.025
https://doi.org/10.1016/j.biocon.2008.04.025
https://doi.org/10.1111/j.1600-0587.2013.07872.x
https://doi.org/10.1111/j.1600-0587.2013.07872.x
https://doi.org/10.1126/science.1153012
https://doi.org/10.1787/9789264185715-en


1780 Biodiversity and Conservation (2020) 29:1767–1781

1 3

Petrovan SO, Schmidt BR (2016) Volunteer conservation action data reveals large-scale and long-term 
negative population Trends of a Widespread Amphibian, the common toad (Bufo bufo). PLoS ONE 
11(10):e0161943

Petrovan SO, Schmidt BR (2019) Neglected juveniles; a call for integrating all amphibian life stages 
in assessments of mitigation success (and how to do it). Biol Conserv 236:252–260. https ://doi.
org/10.1016/j.bioco n.2019.05.023

Phillips SJ, Dudík M, Schapire RE (2004) A maximum entropy approach to species distribution mode-
ling. In: Proceedings of the Twenty-First International Conference on Machine Learning, 655–662. 
https ://doi.org/10.1145/10153 30.10154 12

Phillips SJ, Anderson RP, Schapire RE (2006) Maximum entropy modeling of species geographic distri-
butions. Ecol Model 190:231–259. https ://doi.org/10.1016/j.ecolm odel.2005.03.026

Phillips SJ, Anderson RP, Dudík M, Schapire RE, Blair ME (2017) Opening the black box: an open-
source release of Maxent. Ecography 40(7):887–893. https ://doi.org/10.1111/ecog.03049 

R Core Team (2017) R: A language and environment for statistical computing. R Foundation for Statisti-
cal Computing, Vienna, Austria

Raes N, ter Steege H (2007) A null-model for significance testing of presence-only species distribution 
models. Ecography 30:727–736. https ://doi.org/10.1111/j.2007.0906-7590.05041 .x

Roos S, Johnston A, Noble D (2012) UK hedgehog datasets and their potential for long-term monitoring. 
BTO Research Report, 598

Royle JA, Chandler RB, Yackulic C, Nichols JD (2012) Likelihood analysis of species occurrence prob-
ability from presence-only data for modelling species distributions. Methods Ecol Evol 3:545–554. 
https ://doi.org/10.1111/j.2041-210X.2011.00182 .x

Santos SM, Carvalho F, Mira A (2011) How long do the dead survive on the road? Carcass persistence 
probability and implications for road-kill monitoring surveys. PLoS ONE 6(9):e25383

Schmidt BR, Zumbach S (2008) Amphibian road mortality and how to prevent it: a review. Urban Her-
petol Herpetol Conserv 3:157–167. https ://doi.org/10.5167/uzh-10142 

Scribner KT, Arntzen JW, Cruddace N, Oldham RS, Burke T (2001) Environmental correlates of toad abun-
dance and population genetic diversity. Biol Conserv 98(2):201–210. https ://doi.org/10.1016/S0006 
-3207(00)00155 -5

Sillero N (2008) Amphibian mortality levels on Spanish country roads: descriptive and spatial analysis. 
Amphibia-Reptilia 29:337–347. https ://doi.org/10.1163/15685 38087 85112 066

Sillero N (2011) What does ecological modelling model? A proposed classification of ecological niche 
models based on their underlying methods. Ecol Model 222:1343–1346. https ://doi.org/10.1016/j.
ecolm odel.2011.01.018

Sillero N, Bonardi A, Corti C, Creemers R, Crochet P, Ficetola GF, Kuzmin S, Lymberakis P, Pous P, 
De Sindaco R, Speybroeck J, Toxopeus B, Vieites DR, Vences M (2014) Updated distribution 
and biogeography of amphibians and reptiles of Europe. Amphibia-Reptilia 35:1–31. https ://doi.
org/10.1163/15685 381-00002 935

Sinsch U (1988) Seasonal-changes in the migratory behavior of the toad Bufo-bufo—Direction and magni-
tude of movements. Oecologia 76:390–398. https ://doi.org/10.1007/BF003 77034 

Sterrett SC, Katz RA, Fields WR, Campbell Grant EH (2019) The contribution of road-based citizen sci-
ence to the conservation of pond-breeding amphibians. J Appl Ecol 56(4):988–995.https ://doi.
org/10.1111/1365-2664.13330 

Stuart SN, Chanson JS, Cox NA, Young BE, Rodrigues AS, Fischman DL et al (2004) Status and trends of 
amphibian declines and extinctions worldwide. Science 306:1783–1786

UK Ordnance Survey (2012) Using: EDINA Digimap Ordnance Survey Service, Downloaded: March 2012
Varela S, Anderson RP, García-Valdés R, Fernández‐González F (2014) Environmental filters reduce the 

effects of sampling bias and improve predictions of ecological niche models. Ecography 37(11):1084–
1091. https ://doi.org/10.1111/j.1600-0587.2013.00441 .x

Veloz SD (2009) Spatially autocorrelated sampling falsely inflates measures of accuracy for presence-only 
niche models. J Biogeogr 36(12):2290–2299. https ://doi.org/10.1111/j.1365-2699.2009.02174 .x

Warren D, Dinnage R, Matzke N, Cardillo M (2017) ENMTools: Analysis of niche evolution using niche 
and distribution models. R package version 0.2

Wembridge DE, Newman M, Bright R, Morris PW (2016) An estimate of the annual number of hedgehogs 
(Erinaceus europaeus) road casualties in Great Britain. Mamm Commun 2:8–14

White KJ, Mayes WM, Petrovan SO (2017) Identifying pathways of exposure to highway pollutants in great 
crested newt (Triturus cristatus) road mitigation tunnels. Water Environ J 31:310–316. https ://doi.
org/10.1111/wej.12244 

Woodward ID, Massimino D, Hammond MJ, Harris SJ, Leech DI, Noble DG, Walker RH, Barimore C, 
Dadam D, Eglington SM, Marchant JH, Sullivan MJP, Baillie SR, Robinson RA (2018) BirdTrends 

https://doi.org/10.1016/j.biocon.2019.05.023
https://doi.org/10.1016/j.biocon.2019.05.023
https://doi.org/10.1145/1015330.1015412
https://doi.org/10.1016/j.ecolmodel.2005.03.026
https://doi.org/10.1111/ecog.03049
https://doi.org/10.1111/j.2007.0906-7590.05041.x
https://doi.org/10.1111/j.2041-210X.2011.00182.x
https://doi.org/10.5167/uzh-10142
https://doi.org/10.1016/S0006-3207(00)00155-5
https://doi.org/10.1016/S0006-3207(00)00155-5
https://doi.org/10.1163/156853808785112066
https://doi.org/10.1016/j.ecolmodel.2011.01.018
https://doi.org/10.1016/j.ecolmodel.2011.01.018
https://doi.org/10.1163/15685381-00002935
https://doi.org/10.1163/15685381-00002935
https://doi.org/10.1007/BF00377034
https://doi.org/10.1111/1365-2664.13330
https://doi.org/10.1111/1365-2664.13330
https://doi.org/10.1111/j.1600-0587.2013.00441.x
https://doi.org/10.1111/j.1365-2699.2009.02174.x
https://doi.org/10.1111/wej.12244
https://doi.org/10.1111/wej.12244


1781Biodiversity and Conservation (2020) 29:1767–1781 

1 3

2018: trends in numbers, breeding success and survival for UK breeding birds. Research Report 708. 
BTO, Thetford

Wormald K, Downie JR, Petrovan S, Neal R (2015) The froglife trust: working for amphibians and reptiles 
in the UK and beyond. Herpetol Bull 131:1–6

Affiliations

Silviu O. Petrovan1,2  · Cândida Gomes Vale3 · Neftalí Sillero3

 * Silviu O. Petrovan 
 sop21@cam.ac.uk

1 Department of Zoology, University of Cambridge, The David Attenborough Building, 
Cambridge CB2 3QZ, UK

2 Froglife, 1 Loxley, Werrington, Peterborough PE4 5BW, UK
3 Centro de Investigação em Ciências Geo-Espaciais (CICGE), Faculdade de Ciências da, 

Universidade do Porto (FCUP), Observatório Astronómico Prof. Manuel de Barros, Alameda do 
Monte da Virgem, 4430-146 Vila Nova de Gaia, Portugal

http://orcid.org/0000-0002-3984-2403

	Using citizen science in road surveys for large-scale amphibian monitoring: are biased data representative for species distribution?
	Abstract
	Introduction
	Materials and methods
	Datasets
	Environmental variables
	Ecological niche modelling
	Model validation
	Model comparisons

	Results
	Discussion
	Acknowledgements 
	References




