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ABSTRACT

Educational data mining concerns with developing methods for discovering knowledge from data that come from educational
domain. In this paper we used educational data mining to improve graduate students’ performance, and overcome the problem of low
grades of graduate students. In our case study we try to extract useful knowledge from graduate students data collected from the
college of Science and Technology — Khanyounis. The data include fifteen years period [1993-2007]. After preprocessing the data,
we applied data mining techniques to discover association, classification, clustering and outlier detection rules. In each of these four
tasks, we present the extracted knowledge and describe its importance in educational domain.
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I. INTRODUCTION

There are increasing research interests in using data
mining in education. This new emerging field, called
educational data mining, concerned with developing methods
that extract knowledge from data come from the educational
context [10]. The data can be colleted form historical and
operational data reside in the databases of educational
institutes. The student data can be personal or academic. Also it
can be collected from e-learning systems which have a large
amount of information used by most institutes [9][10].

The main objective of higher education institutes is to
provide quality education to its students and to improve the
quality of managerial decisions. One way to achieve highest
level of quality in higher education system is by discovering
knowledge from educational data to study the main attributes
that may affect the students’ performance. The discovered
knowledge can be used to offer a helpful and constructive
recommendations to the academic planners in higher education
institutes to enhance their decision making process, to improve
students’ academic performance and trim down failure rate, to
better understand students’ behavior, to assist instructors, to
improve teaching and many other benefits [7].

Educational data mining uses many techniques such as
decision tree, rule induction, neural networks, k-nearest
neighbor, naive Bayesian and many others. By using these
techniques, many kinds of knowledge can be discovered such
as association rules, classifications and clustering [9][10].

This paper investigates the educational domain of data
mining using a case study from the graduate students data
collected from the college of Science and Technology
Khanyounis. The data include fifteen years period [1993-
2007]. It showed what kind of data could be collected, how
could we preprocess the data, how to apply data mining
methods on the data, and finally how can we benefited from the
discovered knowledge. There are many kinds of knowledge can

be discovered from the data. In this work we investigated the
most common ones which are association rules, classification,
clustering and outlier detection. The Rapid Miner software is
used for applying the methods on the graduate student’s data
set.

From The discovered knowledge, we need to provide a
college management with a helpful and constructive
recommendation to overcome the problem of low grades of
graduate students, and to improve students’ academic
performance.

This paper takes into consideration the ethical and
privacy issues. Official approval from the college of science
and technology - Khanyounis was obtained to have an access to
the related databases for the sole use of analysis and knowledge
discovery purposes. To achieve privacy, all individual and
personal data are extracted from the database before applying
the data mining methods.

The rest of this paper is organized as follows: Section
2 presents related works in educational data mining. Section 3
describes the data set and the preparation and processing
methods performed. Section 4 reports our experiments about
applying data mining techniques on the educational data.
Finally we conclude this paper with a summary and an outlook
for future work in Section 5.

Il. RELATED WORKS

Although, using data mining in higher education is
a recent research field, there are many works in this area. That
is because of its potentials to educational institutes.

Romero and Ventura [9], have a survey on educational
data mining between 1995 and 2005. They concluded that
educational data mining is a promising area of research and it
has a specific requirements not presented in other domains.
Thus, work should be oriented towards educational domain of
data mining.

El-Halees [5], gave a case study that used educational
data mining to analyze students’ learning behavior. The goal of
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his study is to show how useful data mining can be used in
higher education to improve student’ performance. He used
students’ data from database course and collected all available
data including personal records and academic records of
students, course records and data came from e-learning system.
Then, he applied data mining techniques to discover many
kinds of knowledge such as association rules and classification
rules using decision tree. Also he clustered the student into
groups using EMclustering, and detected all outliers in the data
using outlier analysis. Finally, he presented how can we
benefited from the discovered knowledge to improve the
performance of student.

Al-Radaideh et al. [1], applied the data mining
techniques, particularly classification to help in improving the
quality of the higher educational system by evaluating student
data to study the main attributes that may affect the student
performance in courses. The extracted classification rules are
based on the decision tree as a classification method, the
extracted classification rules are studied and evaluated. It
allows students to predict the final grade in a course under
study.

Baradwaj and Pal [3], applied the classification as data
mining technique to evaluate student’ performance, they used
decision tree method for classification. The goal of their study
is to extract knowledge that describes students’ performance in
end semester examination. They used students’ data from the
student’ previous database including Attendance, Class test,
Seminar and Assignment marks. This study helps earlier in
identifying the dropouts and students who need special
attention and allow the teacher to provide appropriate advising.

Shannaq et al. [11], applied the classification as data
mining technique to predict the numbers of enrolled students by
evaluating academic data from enrolled students to study the
main attributes that may affect the students’ loyalty (number of
enrolled students). The extracted classification rules are based
on the decision tree as a classification method, the extracted
classification rules are studied and evaluated using different
evaluation methods. It allows the University management to
prepare necessary resources for the new enrolled students and
indicates at an early stage which type of students will
potentially be enrolled and what areas to concentrate upon in
higher education systems for support.

Chandra and Nandhini [4], applied the association rule
mining analysis based on students’ failed courses to identifies
students’ failure patterns. The goal of their study is to identify
hidden relationship between the failed courses and suggests
relevant causes of the failure to improve the low capacity
students’ performances. The extracted association rules reveal
some hidden patterns of students’ failed courses which could
serve as a foundation stone for academic planners in making
academic decisions and an aid in the curriculum re-structuring
and modification with a view to improving students’
performance and reducing failure rate.

Ayesha et al. [2], used k-means clustering algorithm as
a data mining technique to predict students’ learning activities
in a students’ database including class quizzes, mid and final

exam and assignments. These correlated information will be
conveyed to the class teacher before the conduction of final
exam. This study helps the teachers to reduce the failing ratio
by taking appropriate steps at right time and improve the
performance of students.

I1l. THE GRADUATE STUDENTS DATA SET AND
PREPROCESSING

The data set used in this paper contains graduate
students information collected from the college of Science and
Technology — Khanyounis for a period of fifteen years in period
from 1993 to 2007. The graduate students data set consists of
3360 record and 18 attribute. Table 1 presents the attributes and
their description that exist in the data set as taken from the
source database.

Table 1: The Graduate Students Data Set

Description
Attribute Description Selected
Student ID The student ID
Studert_Name The name of the student.
The gender of the student; male or |
Gender 4
famale.
Date_of Birth The date of birth for the student.
Place of Birth The Place of birth for the student.
Speciality The specialty of the student. Y
Enrollment Year The wyear of enrollment in the
— college.
Graduation Year The year of graduation from the
- college.

City The City for the student. A
Location The location in the city
Address The address ofthe student.
Telephone_Nimnber The Telephone mmmber for the

student.
Matniculation GPA GPA for the student in the J
Matriculation.
) The type of the Matriculation; |
Secondary_School Type Adabi or Il |

The place of cbtamed
Matriculation Obtained_Flace | Matriculation; in Palesting or other
coumtry.

The obtamed yearofthe
Matriculation.

GPA for the student in the

College.

The grade for the student;

Grade Excellent, Very good. Good, or 4
Average

Matriculation Year

College GPA

The college of Science and Technology in Khanyounis
grants their graduates a bachelor degree and diploma in twenty
four technical scientific specialty, including three specialties for
bachelor degree in Information Technology, Engineering of
Buildings, and Medical Laboratory Sciences, and twenty one
specialty for diploma which are English Language, Medical
Laboratories, Pharmacy, Health monitoring, Secretarial and
medical record, Software and databases, Programming and
Systems Analysis, Computer networks and the Internet,
Architecture, Civil Engineering, Computer Engineering,
Technology of Office Equipments, Technology of radio and
television, Business Administration, Accounting, Financial
management and banking, Marketing and Management
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Products, and Management and office automation, Office
Management and Secretarial, Interior Design and Graphical
Design.

As part of the data preparation and preprocessing of
the data set and to get better input data for data mining
techniques, we did some preprocessing for the collected data
before loading the data set to the data mining software,
irrelevant attributes should be removed. The attributes marked
as selected as seen in Table 1 are processed via the rapid miner
software to apply the data mining methods on them. The
attributes such as the Student_Name or Student_ID, etc. are not
selected to be part of the mining process; this is because they
do not provide any knowledge for the data set processing and
they present personal information of the students, also they
have very large variances or duplicates information which
make them irrelevant for data mining.

The following steps are performed as part of the
preparation and preprocessing of the data set:

e The data set contains 51 missing values in various
attributes from 3360 record, the records with missing
values are ignored from the data set since it doesn't
consider a large amount of data. The numbers of records
are reduced to 3314 record.

e The Matriculation GPA attribute in the data set contains
a large number of continuous values (GPAs). So for
efficient later processing, simplified data description and
understanding for data mining results, we discretized this
attribute to categorical one. For example, we grouped all
GPAs into five categorical segments; Excellent, Very
good, Good, Average and Poor.

After applying the preprocessing and preparation
methods, we try to analyze the data visually and figure out the
distribution of values, specifically the grade of students. Figure
1 depicts the distribution of graduate students in period from
1993 to 2007 according to their grades, it is apparent from the
figure that the average students present about 54% (1796
record) of the data set.

Excellent —_

verage}—+

,
D T

Figure 1: The distribution of graduate students according to their
grades.

IV. APPLICATION OF DATA MINING
TECHNIQUES TO GRADUATE STUDENTS
DATASET: RESULTS AND DISCUSSION

Before applying the data mining techniques on the
data set, there should be a methodology that governs our work.
Figure 2 depicts the work methodology used in this paper,
which is based on the framework proposed in [6]. The
methodology starts from the problem definition, then
preprocessing which are discussed in the introduction and the
data set and preprocessing sections, then we come to the data
mining methods which are association, classification
,Clustering, and outlier detection, followed by the evaluation of
results and patterns, finally the knowledge representation
process.

In this section; we describe the results of applying the
data mining techniques to the data of our case study, for each of
the four data mining tasks; Association, classification,
clustering and outlier detection, and how we can benefited from
the discovered knowledge.

Problam
Statamant

Data Collaction from tha
co]l ez of Science and
achnology — Khamyounis

Graduate
Studants

Data
Praprocessing

‘ ‘ Data

Knowladgs
Fapresentation

Figure 2: Data Mining Work Methodology.
A. Association Rules

Mining association rules searches for interesting
relationships among items in a given data set. It allows finding
rules of the form If antecedent then (likely) consequent where
antecedent and consequent are itemsets [6]. Itemset is set of one
or more items. In our data set an example of item is: Grade =
Average. Because, we are looking for items that characterize
the grade of students, consequent has one item which is Grade
= z where z is one value of the student grade such as Excellent,
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Very good, Good, Average. As part of association method, FP-
Growth algorithm is applied to the data set.

Figure 3 depicts a sample of association rules
discovered from data for students with Average grade, with
their support, confidence, and lift.

[¥etriculation GFR = Boor, City = Knanyounis, Secondary School Type = Adabi] —> [Grade = Average]
(support: 0.195, confidence: 0.757, lift: 1.396)

[city = Fhanyounis, Secondary School Type = Adabi, Gender = Male] —-> [Grade = Average]
(support: 0.101, confidence: 0.754, lift: 1.391)

[)Ia:ticula:icn_-&Ph = Poor, Secondary School Type = Adabi, Gender = Wele] --> [Grade = Average]
(support: 0.155, confidence: 0.745, lift: 1.375)

[¥atriculation GPA=Poor, City=hanyounis, Secondary School Type=Adabi, Gender=Female]--[Grade=Average;
(support: 0.105, confidence: 0.731, lift: 1.349)

[¥atriculation GPA = Poor, Secondary School Type = Adabi] > [Grade = Average]
(support: 0.301, confidence: 0.731, lift: 1.348)

[Natriculation GPA = Poor, Secondary School Type = Adabi, Gender = Female] --> [Grade = Average]
(support: 0.146, confidence: 0.716, lift: 1.321)

[Natriculation GPA = Poor, Specialty = Business Aduinistration] —-> [Grade = Average]
(support: 0.103, confidence: 0.712, lift: 1.314)

[Vetriculation GPA = Boor, City = Khanyomnis, Gender = Male] —-> [Grade = Average]
(support: 0.133, confidence: 0.706, lift: 1.303)

[Secondary School Type = Adabi, Gender = Nale] --> [Grade = Average]
(support: 0.176, confidence: 0.698, lift: 1.208)

[City = Fhanyounis, Secondary School Type = Adahi] --» [Grade = Average]
(support: 0.232, confidence: 0.677, lift: 1.250)

Figure 3: The Resulting Association rules

These rules are sorted by lift metric. The lift value is
the ratio of the confidence of the rule and the expected
confidence of the rule and it is used to measuring the
interestingness of the rule [12]. The lift value of greater than 1
indicates a positive correlation between antecedent and
consequent and the occurrence of one implies the occurrence of
the other. For example the first rule with lift is 1.396 means
there is a high positive correlation between the antecedent poor
Matriculation, Khanyounis City, Adabi secondary school type,
and the consequent graduate student Grade Average. With the
lift value, we can measure the importance of a rule. The first
rule, with the highest lift which means highest correlation is the
most important, and so on.

To interpret the rules in the association rules model,
the first rule means that of the graduate students under study,
19% (support) are have gotten poor in the Matriculation, from
khanyounis city, Adabi in the secondary school type, and have
gotten the Grade Average. There is an 75% probability
(confidence, or certainty) that a student with Poor in the
Matriculation, and from khanyounis city, and with adabi in the
sechondary school type will get the Grade Average, and so on.

B. Classification

Classification is a data mining task that predicts group
membership for data instances [6]. In this paper, the
classification approaches are used to predict the Grade of the
graduate student and there are four grades (Excellent, Very
good, Good, and Average) and how other attributes affect them.

Two classification methods are used which are Rule
Induction and Naive Bayesian classifier. A Rule-based
classifier extracts a set of rules that show relationships between
attributes of the data set and the class label. It uses a set of IF-
THEN rules for classification. Rules are easier for humans to
understand. Naive Bayesian classifier is a technique for
estimating probabilities of individual variable values, given a
class, from training data and to then allow the use of these
probabilities to classify new entities [6].

Figure 4 depicts the rules that resulted from applying
the Rule Induction classification algorithm on the Grade of the
graduate student as a target class. As it is seen from the figure,
the attributes that influence the category of the target class are
the Secondary_School_Type, the Matriculation_GPA, the City,
the Gender and the Speciality, the model presented in figure 4
has an accuracy of 71.25% which is acceptable accuracy and
we suggest using Rule Induction algorithm for predicting the
grade of the student. To interpret the rules in the Rule Model,
the first rule says that, if the Secondary_School Type equal
Adabi and the Matriculation_GPA equal Poor, the grade of the
student can be predicted as Average, and so on.

It is important to know that classification rules are
different than rules generated from association. Association
rules are characteristic rules (it describes current situation), but
classification rules are prediction rules (it describes future
situation) [5].

if Secondary School Type = Adabi and Matriculation GPA = Poor then Average

if Matriculation GPA = Poor and Gender = Male then Average

if Matriculation GEA = Poor and City = Rhanyounis then Good

if Secondary School Type = Adabi and Matriculation GPA = Average then Average

if Matriculation GPA = Average and Gender = Female then Good

if Gender = Male and Speciality = English Language then Good

1f Gender = Male and Speciality = Business Administration then Good

1f Gender = Female and Speciality = Computer networks and the Internet then Very good

if speciality = Programming and Systems Analysis and Matriculation GPA = Good then Average
1f Gender = Female and Speciality = Financial management and banking then Very good

if Gender = Male and Matriculation GPA = Average then Good

if Gender = Female and Speciality = Business Administration them Very good

if Matriculation GEA = Very good and City = Gaza then Very good

if Secondary School Type = Adabi and Matriculation GPA = Good then Average

if Speciality = Software and databases and Matriculation GPA = Excellent then Very good

if Gender = Female and Matriculation GPA = Good then Very good

1f City = Al Sharqiya then Good

1f Speciality = Pharmacy and City = Rafah then Average

if Gender = Male and City = Ehanyounis then Good

if Speciality = Architecture and Matriculation GPA = Very good then Very good

1f City = Al Wosta Region and Speciality = Medical Laboratories then Very good

if Speciality = Technology of Office Equipments then Good

if Matriculation GPA = Poor and Speciality = Medical Laboratories then Average if City = Rafah
and Speciality = Software and databases then Very good

if Matriculation GPA = Poor and Speciality = Accounting then Average

if Matriculation GPA = Poor and Speciality = Programming and Systems Analysis then Very good
if Gender = Male and Speciality = Technology of radio and television then Good

if Matriculation GPA = Good and Speciality = Architecture then Very good

if Gender = Male and Matriculation GPA = Very good then Good

else Average

Figure 4: The Resulting classification rules.
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Figure 5 presents the Distribution model for label
attribute Grade that resulted from applying the Naive Bayesian
classifier, the model has an accuracy of 67.50% which is
acceptable accuracy and we suggest using Naive Bayesian
method for predicting the grade of the student.

SimpleDistribution

Distribution model for label attribute Grade

Class Good (0.318)
S distributions

Class YWery good (0.130)
5 distributions

Class Excellent (0.010)
S distributions

Class Average (0.542)
5 distriburions

Figure 5: The Distribution model for label attribute Grade

The benefit of these two methods is that it can predict
low grades on time. For example the college management can
predict Average students from the beginning and they may
work on them to improve their performance before the
graduation.

C. Clustering

Clustering is a data mining task that finds groups of
objects so that objects that belong to one cluster are more
similar to each other than to objects belonging to different
cluster. The objective of clustering is to find high-quality
clusters such that the Inter-cluster distances are maximized and
the Intra-cluster distances are minimized. The clustering
method applied in this paper is the k-means; the objective of
this k-means test is to choose the best cluster center to be the
centroid [6]. The k-means algorithm requires the change of
nominal attributes into numerical. The clustering method
produced a model with four clusters. Figure 6 presents the
resulting centroid Table where from the figure we can see the
average value of each attribute in each cluster; e.g. the cluster
labeled Cluster 2 has an average of the Grade attribute of 1.886
and this cluster has 1032 items which represents about %31 of
the records. The centroid of a cluster represents the most typical
case.

Attribute cluster_0 cluster_1 cluster_2 cluster_3
Matriculation_GPA 0.414 0.862 0.500 0.308
Gender 0.372 0.445 0.621 0517
Speciality 5.108 1.3186 9.900 15.335
City 2191 2176 2374 2.498
Secondary_School_Type 0.769 0.097 n0.74g 0.796
Grade 1.895 1.511 1.886 1.929
Number of Records 769 1032 1033 480
Percentage 23% 31% 31% 15%

Figure 6: The resulting centroid Table after applying k-means
algorithm.

Figure 7 depicts a graphical representation of the
clusters distribution after applying Single Value Decomposition
method, which reduces the number of attributes to two in order
to easily plot the clusters.

Cluster 9 cluster 1 @ cluster 0 @ cluster .2 @ cluster3
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-0.030
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0.000 0.005 0.010 0.015 0.020 0.025 0.030 0.035 0.040
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Figure 7: Clusters distribution plot with SVD applied.

By studying and observing each cluster, we can form a
table determining the characteristics of each Cluster and
comparison between all clusters as shown in Table 2.

Table 2: Clusters characteristic with respect to selected attributes

Attribute Vit ‘ . Secondary
e Pat. | Gender | Perc Speciay Pv | Ciy | Rer| Schod | Pac [ Crde | B
Clusi ) Tipe

o | B | Mk | B% Ardiectre Of | AWt | 10% | Im | D% | God | 3%
Avge | 1% | Female | 37 (il Ensieerng Gfy | Re | Mh | ABN | T | Verygod | 864
el God | % Bosiness Admiisation ] Gm | Excelent | 0%
VeyGod | Englsh Language % | Khanvomss | 60% Averae | Bl

Teehnolpgy of R and TV T | NorhGa | %

AlStam | Th
P A Mk | Mical Laboraoizs Wo | AV (1% | Im | 0% | God | 3T
Avma | M| Femde | 4 Fhamacy Wo | R | B% | AGN | I0% | Verygeod | 0%
O] _Gooc ]_)'n Prugla:lmlmi'ms.\na;\ms Wa| Gam ‘:-J[a Excelent | 4
VerrGod | Ardierir: 18% | Kharvomss | 0% v | 4

Excellnt | O NGz | Th

AlSkam | 1%
P | 6T | Mik |3 Aroming Wo| AV | %% | Im | 2% | Gl | MW
Avage | M | Female | 2% (fice Mnagement ad Seretarial M| R | 1| Adb | T | Veymod | 1%
Cler? God | 0% Health moniizg | Gm | 1% Excelent | 0%
VeryGod | 3 Software and dasbases MW | Khayomss | 8% Avenge | 3B

Excellnt | 0% Scoreanal andmedical rcnnd W | Norh G | 0%

AlStam | 1T
Por | T | Mak | 4% Finantel managament and bk Wo | AVesa | 2 | DI | 2% | Good | Wb
Avmag | 1% | Femdle [ % Merietng nd Mmagaent Producs I | Rl | % | Ad | W% | Veymel | I
God | Inerie Desin )| Gm [ 0R Excelent | 0.8%
Chuterd VeyGod | L% Teehmology of Office Eupments 174 | Khanvomss | 67% Average | 1%

Eulet | 0% Compaer etwurks andfhe ntemet 10% | Nork Gazz | 0%

Menagemert andoffce atomafin Wha | AlSkama | 44

Compaer Fnsineere i
(raphcal Desion Ji]

As we note from Table 2 that the most students in
cluster 0 with the male gender, the matriculation_GPA is Poor,
the secondary school type is Adabi, the city is Khanyounis, the

144



Volume 2 No. 2, February 2012

ISSN 2223-4985

International Journal of Information and Communication Technology Research

©2012 ICT Journal. All rights reserved

‘ym >

http://www.esjournals.org

Specialty is Business Administration and the Grade is Average,
and so on.

Using the results in Table 2 , we can guide students in
the four groups according to their behavior.

D. Outlier Detection

Outlier detection discovers data points that are
significantly different than the rest of the data [8]. In
educational data mining outlier analysis can be used to detect
students with learning problems [9]. In this paper, we used
outlier analysis to detect outliers in the student data. Two
outlier methods are used which are Distance-based Approach
and Density-Based Approach.

1) Distance-based Approach

It Identifies the number of outliers in the given data set
based on the distance to their k nearest neighbors, and the result
of applying this method is to flag the records either to be outlier
or not, with true or false [6].

Figure 8 depicts a graphical representation of the
outliers distribution with the red color after applying Single
Value Decomposition method, which reduces the number of
attributes to two in order to easily plot the outliers.

outlier o fase @ true

0.045 '

0040 °

0035 t L)
[ ]
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nos 14 ° \ 5, ' el .
SRR RRERAN AR
ERYLY \\
-U:UZD ’ ..
“ \.’*

g ‘

E *
0.045 Y
-0.050

0.000 0.005 0o 0015 0.020 0.025 0.030 0035 0.040
do

Figure 8: Outliers (distance-based) distribution plot with SVD
applied.

The system detected 10 outliers in our data, by
studying and checking some of the 10 outlier points, we found
that outliers are not errors but rather it represents a rare event,
for example some of the outlier points are students with
excellent degree in the matriculation GPA and also with
excellent degree in the college which are different than the rest
of the students in The graduate students data set and they are
few students.

2) Density-Based Approach

It Computes local densities of particular regions and
declare instances in low density regions as potential outliers.
The method used is Local Outlier Factor (LOF), the Basic idea
of LOF is to compare the local density of a point with the
densities of its neighbors, and the result of applying this
method is to flag the records with a percentage of outlier. The
larger score means larger possibility of being outlier [6].

Figure 9 depicts a graphical representation of the outliers
after applying Single Value Decomposition method.
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Figure 9: Outliers (LOF) distribution plot with SVD applied.

For each case, the college management can look at the
outlier behavior of the student and try to find and understand
why the irregularity happened and then analyzed for knowing
the cause.

V. CONCLUSION AND FUTURE WORK

In this paper, we gave a case study in the educational
data mining. It showed how useful data mining can be used in
higher education particularly to improve graduate students’
performance. We used graduate students data collected from the
college of Science and Technology in Khanyounis. The data
include fifteen years period [1993-2007]. We applied data
mining techniques to discover knowledge. Particularly we
discovered association rules and we sorted the rules using lift
metric. Then we used two classification methods which are
Rule Induction and Naive Bayesian classifier to predict the
Grade of the graduate student. Also we clustered the students
into groups using K-Means clustering algorithm. Finally, we
used outlier detection to detect all outliers in the data, two
outlier methods are used which are Distance-based Approach
and Density-Based Approach. Each one of these tasks can be
used to improve the performance of graduate student.

Our future work include applying data mining
techniques on an expanded data set with more distinctive
attributes to get more accurate results. Also, experiments could
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be done using more data mining techniques such as neural nets,
genetic algorithms, k-nearest Neighbor, and others. Finally, the
used preprocess and data mining algorithms could be embedded
into the college system so that any one using the system can
benefited from the data mining techniques.
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