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{
"Subclass_labels": [
"BGAD",
"Be4G"

],

"Abstract”: "a method of countering the effects of g forces on a person comprises passing
inflation gas to a bladder around a leg of the person by starting the inflation of the bladder to
an aperating pressure from a point adjacent an ankle of the leg as well as from a point spaced
from said ankle towards the abdomen of the wearer the inflation then progresses away from
the ankle at the same time as the upper part of the bladder is being inflated when the bladder
is inflated to the operating pressure the blood vessels of the leg are constricted”,

"Title": "aircrew ensemblas”

"No": "UsS08925112"
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US08925124: A47K

portable

hand

station

portable
hand
station
provided
station
durable
carrying
case
defines
interior
hand
compartment
front
wall
adapted
include
door
permit

HA A RA 55 “US089251247= ol&4] & AlF 7ol it WEe MEsti

T IPC o] A4TKo] &3hch A4TK o]

‘hand’

Zo] A4TK FolE

hand
access
interior
hand
compartment
lid
connected
case

lid
capable
extending
upright
vertical
position
shelf
connected
interior
surface

lid

valve
opening
pair
liquid
dispensing
reservoir
supported
reservoir
includes
top

vall
mouth
opening
bottom
wall
drain
opening
touch
operated
flow
valve

connected

bottom
vaall

liquid
communication
bottom
wall

flow

valve
adapted
extend
axial
alignment

one

opening

deaning

ninsing

solution

dispensed
compartment
flow

vove 1] |

deflected

4.5: E5] B9 7]9E A1Zs) (1)

provided for; Toilet accessories, = S}4F

=58 AR 13 5] dol s
3} A wholo] sfolatol E7} wo]

qol B&E 5
g 4
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£-& Sanitary equipment not otherwise
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H™ ‘washing’, ‘cleaning’, ‘valve’,
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US08925399: GO6F, HOAM

electronic
apparatus

use

environment method threshold apparatus
etecting | may
method apparatus apparatus detected

electronic
apparatus
performance
optimizing
method

apparatus

apparatus
method
use

vibrator

accelerometer

electronic

apparatus

detecting

e determining
basic threshold
electronic parameter
apparatus apparatus

according
use

environment

provided
optimizing

performance
apparatus
according
use
environment
apparatus
method
detecting
use
environment

comprises

apparatus
searching

acceleration

according
determined
basic

parameter

apparatus

determining
use
environment
according

detected

acceleration

electronic

apparatus

found

use

environment

electronic

vibrator

accelerometer

electronic

apparatus

thereby

apparatus

according

9 4.6: 531 £49 719E A4S} (2)
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US08925172: A47B, F16B

mounting

method

using
mounting
support
structure
outer
surface
inner
surface
defining
thickness
bore
therethrough
comprising
tubular
body
top
section
bottom

externally

HA E35] “US08925172” = IPC Hlol&

2§ 7h7, Ay,

threaded
section
retaining
collar
upper
portion
bottom
surface
thereof
larger
bore

arcular

internally

=9, 448 S0 Zol 7IAAE

n)gict uprt A 2 a9 7o) o] A EAE
A4TBO] FA| 9} FAFSE ol 53 fixture’,
F16B9} oju] & o & fAgh dol59] Famrt &7 vhetct

arcular
passageway
including
ning

shaped
upper

part

cutside

surface

pivotable

outside rotatable

diameter
slightly
smaller

diameter

33 4.7 E5] B4 9] 7]9E A Z+s} (3)

A4TB, F16B0] &8s S5|24 77}

A 2 QRrEQl o] 7hpo] th ol

Astal xol=t a3t HZo et ol &
AFm B ‘tubular’, ‘part’; ‘body’ 2}t
‘threaded’, ‘bore’, ‘retaining’,

25 : _ﬁﬂ

= g



US08925189: HO5K

method outside
assembling case
electrical aperture
connector therethrough
assembly providing
method communication
provided inside
assembling surface
connector outside
assembly surface
case connector
case assembly
includes includes
inside outer
surface connector
defining body
inside passage
case therethrough
outside
surface shield
defining inner

vl A7) £3] “US08925190"-& M} HZS &

Aew IPC glol&

TR MF A, A7 FE EH E

o] A2 A ‘connector’,
Eo]

Apgel e = o]

‘terminal’, ‘outer’,

g2 2l

F A
— ==

‘electrical’,
‘inside’, ¢

% gtk

HO5K o] £35hc}. HOSK= <14)

26

connector
terminal

therein
conductor
extending

inner

electrical

communication

terminal

method
includes
positioning
outer

outside

case

align

passage

outer

connector
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_KL

aperture
case
method
also
includes
positioning
inner

connector

inside

case
method
also
includes
inserting

inner

connector .I

passage
outer
connector
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case
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US08925186: B23P, B25J, GO5B, HO1L

system process arranged third
method wherein axis
picking m path position
placement system convex c
chip comprising spherical curvature
dy arc image
according form center least
aspect convex position one
invention spherical folding center
provided mirror position
chip arranged path component
die second third image
manipulator axis axis detection
apparatus position position system
arranged b c .I
picking centered arc system
placing relative farm corrects
chip center concave angled
die position spherical image
chip folding mirror detection
manufacturing arranged center
position §

13 4.9: E5) B4 9] 719 A7t} (5)
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43 19 E5 £A AR AR

Z9W 5 IPC Al
US08925124 A47K Portable hand washing station

Electronic apparatus use environment

US08925399  GOGF, HOAM detecting methoq glgctronlc apparatus
performance optimizing method

electronic apparatus

US08925172 A47B, F16B Mounting fixture method using

Electronic component mounting
US08925189 HO5K device operation performing method
mounting electronic component

US08925186 B23P, B25J, G05B, HOIL  System method picking placement
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Abstract

Multi-label Patent Classification with
Attention Mechanism

Nohil Park
Department of Industrial Engineering
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Seoul National University

Recently, the growth of number of patent application is unprecedented globally.
Meanwhile the patent examination is still strongly dependent on manual works by
few patent experts, which slows the overall patent registration process. Therefore,
an automatic patent classification algorithm is necessary. In this paper, we propose
an effective multi-label patent classification algorithm based on the GRU encoder
and attention mechanism. We use the USPTO-2M data set, which consists of about
2 million US patent documents, to train our patent classification model. Precision,
recall, F score, and Fj3 score are used to evaluate our model on multi-label patent
classification task. By visualizing the attention scores, we could identify and analyze
keywords from each patent document which determine the context and IPC codes

for subclass level.
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