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Abstract

Background: Electronic (eHealth) and mobile (mHealth) health interventions can provide a large coverage, and are
promising tools to change health behavior (i.e. physical activity, sedentary behavior and healthy eating). However,
the determinants of intervention effectiveness in primary prevention has not been explored yet. Therefore, the
objectives of this umbrella review were to evaluate intervention effectiveness, to explore the impact of pre-defined
determinants of effectiveness (i.e. theoretical foundations, behavior change techniques, social contexts or just-in-
time adaptive interventions), and to provide recommendations for future research and practice in the field of
primary prevention delivered via e/mHealth technology.

Methods: PubMed, Scopus, Web of Science and the Cochrane Library were searched for systematic reviews and
meta-analyses (reviews) published between January 1990 and May 2020. Reviews reporting on e/mHealth behavior
change interventions in physical activity, sedentary behavior and/or healthy eating for healthy subjects (i.e. subjects
without physical or physiological morbidities which would influence the realization of behaviors targeted by the
respective interventions) were included if they also investigated respective theoretical foundations, behavior change
techniques, social contexts or just-in-time adaptive interventions. Included studies were ranked concerning their
methodological quality and qualitatively synthesized.

Results: The systematic search revealed 11 systematic reviews and meta-analyses of moderate quality. The majority
of original research studies within the reviews found e/mHealth interventions to be effective, but the results
showed a high heterogeneity concerning assessment methods and outcomes, making them difficult to compare.
Whereas theoretical foundation and behavior change techniques were suggested to be potential positive
determinants of effective interventions, the impact of social context remains unclear. None of the reviews included
just-in-time adaptive interventions.
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interventions.

Conclusion: Findings of this umbrella review support the use of e/mHealth to enhance physical activity and
healthy eating and reduce sedentary behavior. The general lack of precise reporting and comparison of
confounding variables in reviews and original research studies as well as the limited number of reviews for each
health behavior constrains the generalization and interpretation of results. Further research is needed on study-level
to investigate effects of versatile determinants of e/mHealth efficiency, using a theoretical foundation and
additionally explore the impact of social contexts and more sophisticated approaches like just-in-time adaptive

Trial registration: The protocol for this umbrella review was a priori registered with PROSPERO: CRD42020147902.

Keywords: Telemedicine, Health behavior, Primary prevention, Exercise, Sedentary behavior, Food and nutrition,
Umbrella review, Psychology social, Just-in-time adaptive intervention, Psychological theory

Background

Physical activity (PA), a reduction of sedentary behavior
(SB) and healthy eating (i.e. enhanced fruit and vegetable
intake (FVI), reduced sugar and saturated fat intake
among others) (HE) are key strategies in the primary
prevention of noncommunicable diseases like cardiovas-
cular diseases, diabetes, cancer and obesity, which were
responsible for 41 million deaths worldwide in 2016 [1].
Despite this knowledge, the levels of PA and HE are
often insufficient in our modern society throughout all
age groups [2—6], while SB, such as excessive sitting dur-
ing worktime (e.g. deskwork) and during leisure time
(e.g. watching television), increased over the past years
[7, 8]. As a result, guidelines concerning PA, SB and HE
are put into place, but the sole presence of these recom-
mendations is not sufficient to change health behavior
and to reduce the financial and health burden worldwide
[9]. Working towards achieving these guidelines is im-
portant throughout all stages of life and can be seen as a
long-term investment which seems to be easier to
achieve for healthy people since obesity or other morbid-
ities add further barriers which restrict engagement in
healthy behaviors [10]. Focusing on primary prevention
in healthy participants can therefore be a sustainable
way to reduce the prevalence of noncommunicable dis-
eases. One promising strategy for primary care preven-
tion might be the usage of electronic (eHealth) and
mobile (mHealth) health interventions. eHealth inter-
ventions comprise “the use of information and commu-
nication technologies for health” [11], while mHealth
interventions refer to “medical and public health practice
supported by mobile devices, such as mobile phones, pa-
tient monitoring devices, personal digital assistants, and
other wireless devices” [12]. With 4.5 billion active inter-
net users in 2020 worldwide [13], the potential coverage
of e/mHealth tools coupled with intuitive and autono-
mous control of the device by the end user hold great
promise. This is especially true for the younger and digital
native generations who are known to interact frequently
with e/mHealth [14]. For the establishment of e/mHealth

in primary prevention, several methodological issues such
as the need for accurate and validated measuring tools for
a better comparison of different e/mHealth approaches
and dose/response relationship for interventions require
further investigation [15].

Theoretical foundation of interventions, as depicted by
behavior change theories (e.g. self-determination theory
[16], theory of planned behavior [17], transtheoretical
model [18] or social cognitive theory [19]), and by behav-
ior change techniques (BCTs) [20, 21] were shown to be
important facets for intervention effectiveness [22, 23].
Additionally, health behaviors are usually linked to social
contexts and affected by social relations [24]. Thus, facets
like information about and interacting with other users or
peers [25] might also have an important impact on inter-
vention effectiveness and might help to sustain successful
behavior change [26]. This has been especially true for ad-
olescents as their sufficient level of PA, SB and HE
strongly depend on their families, schools and peers [27].
Therefore, the integration and documentation of social
contexts is important to assess the influence on and en-
hance the effectiveness of sustainable health behavior
change. Furthermore, individual tailoring based on theor-
etical constructs was shown to be positively associated
with effective interventions [25]. Delivering these interven-
tions during the most promising time for the desired be-
havior (e.g. PA and HE) or during the most vulnerable
time for unhealthy behavior (e.g. SB), implementation of
the so called just-in-time (adaptive) intervention (JITAI)
[28, 29] and ecological momentary intervention (EMI)
[30] are promising new approaches for effective e/
mHealth interventions. With the development of new
generations of a variety of sensors [28] and the integration
of machine learning approaches [31], the advances in indi-
vidual tailoring are rapidly evolving and appear to be aus-
picious facets to implement in behavior change
interventions.

Existing umbrella reviews concerning mHealth in gen-
eral revealed only limited evidence to be effective to
change a variety of behaviors [32], while the use of text
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messages has shown effectiveness for several health out-
comes [33]. There is an abundance of mHealth interven-
tions for diabetes which led to clinically relevant
improvements [34, 35]. Existing umbrella reviews in the
area of digital behavior change interventions expressed
the need to examine the key contents of effective inter-
ventions in different settings (e.g. home, work or school
based interventions) [36], and to consider various facets
for an effective implementation [37]. An overview of effi-
cient intervention components has only been composed
for non-e/mHealth interventions promoting PA, SB
and HE [38-41]. Key determinants of effectiveness in
these overviews were the use of theoretical founda-
tions [38, 40, 41], BCTs [40], social contexts [38—41]
and using prompts and feedback [38, 40, 41]. Taken to-
gether, there is a research gap for e/mHealth interventions
concerning facets of effectiveness with a focus on health
behavior change in primary prevention.

In order to determine if these facets (i.e. theoretical
foundations, BCTs, social contexts, JITAIs) were incor-
porated in recent e/mHealth interventions of primary
prevention and with which magnitude they contributed
to intervention effectiveness (in addition to methodo-
logical facets), a systematic summary of research by con-
ducting an umbrella review [42] is needed.

Methods

This umbrella review was registered a priori with PROS-
PERO (International prospective register of systematic
reviews, registration number CRD42020147902). It was
conducted based on the Preferred Reporting Items for
Systematic Reviews and Meta-Analyses (PRISMA) state-
ment [43].

Study aim

The present umbrella review aimed to systematically
summarize the results from systematic reviews and
meta-analyses concerning the effectiveness of e/mHealth
interventions to promote PA, reduce SB and promote
HE as a primary care strategy in healthy participants.
Further, the umbrella review aims to identify the impact
of theoretical foundations, BCTs, social contexts and
JITAIs on the effectiveness of e/mHealth interventions.
Moreover, the recommendations for future research pro-
vided by the included reviews were analyzed and ex-
panded to provide an overview of needs to be addressed
in future developments of e/mHealth interventions.

Data sources and search strategy

A systematic search for reviews published in English be-
tween 01.01.1990 and 16.08.2019 was conducted using
the four databases PubMed, Scopus, Web of Science and
the Cochrane Library for systematic reviews and meta-
analyses. The search was conducted by one author and
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repeated prior to submission on 20.05.2020 (JF). The
search terms were reviewed by two authors (JE, KW)
and included the following key constructs as well as nu-
merous synonyms thereof: (eHealth OR mHealth) AND
(PA OR SB OR HE) AND (theoretical foundation/BCT
OR social OR JITAI/EMI). Additionally, a forward- /
backward-search was conducted on the reference lists of
included reviews. Please see additional file 1 for detailed
search strategy of all databases.

Review selection

Following the systematic search, literature was imported
to the reference management software CITAVI 6. After
duplicates were removed, two reviewers (JF, KW) inde-
pendently examined titles and abstracts. Full texts of
relevant review articles were obtained and assessed
based on the inclusion and exclusion criteria described
below (JF, TE). Reasons for exclusion at this stage were
recorded and are displayed in the PRISMA-flow chart
(Fig. 1). Any disagreements between authors were re-
solved by consensus and/or discussion with a third au-
thor (KW or TE).

Inclusion and exclusion criteria

Inclusion and exclusion criteria were selected based on
PICOS (1. Population, 2. Intervention, 3. Comparison,
4. Outcome and 5. Study type) [43].

1. Population inclusion: Healthy participants of all
ages with no physical or physiological morbidities
including obesity (BMI > 30 kg/m?) which would
influence the realization of behaviors (i.e. PA, SB
and HE) targeted by the respective interventions. If
a review included patient groups or participants
with any physical or psychological morbidities and
provided a subgroup analysis or reported the results
for the healthy population separately, the review
was also included. Exclusion: Participants with any
physical or psychological morbidities including
obesity (BMI > 30 kg/m?), clinical settings and
studies focusing on populations, whose PA, SB or
HE was influenced by disease specific
recommendations or health status.

2. Intervention inclusion: e/mHealth interventions
where the primary outcome measure was PA (e.g.
steps, moderate, vigorous or moderate to vigorous
(MVPA)) and/or SB (e.g. sitting time, screen time)
and/or HE (e.g. FVI, fat consumption) were
selected. Exclusion: Studies without an intervention,
with no e/mHealth interventions, with mixed
interventions if e/mHealth was not analyzed
separately.

3. Comparison: Included reviews were not limited to
comparator studies.
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Fig. 1 PRISMA Flow Chart of study selection process

4. Outcome inclusion: Effectiveness for PA and/or SB
and/or HE as the main outcome. Effectiveness had
to be displayed or discussed with regard to at least
one of the following aspects: a) theoretical
foundation or BCTs, b) JITAI/EMI, c) social
context (e.g. social network, family/peer group/
school setting). Exclusion: Studies that focused on
other health outcomes like weight loss, quality of
life, or had multiple additional health behaviors not
related to PA, SB or HE (e.g. smoking, drinking) as
main outcomes. Studies without discussion/results
for any of the following: theoretical foundation or
BCTs, JITAI/EMI, or social context.

5. Study type inclusion: Systematic reviews and meta-
analyses based on the PRISMA statement.
Exclusion: Non-systematic reviews (e.g. narrative
reviews, qualitative reviews, scoping reviews).

Study quality assessment
Review quality was rated independently by one author
(JF) and a research assistant using the assessment of
multiple systematic reviews (AMSTAR) tool [44]. Any
disagreements were resolved by discussion until a com-
mon consent was found.

Data extraction

Data was extracted from the included studies by JF using
a predefined Excel sheet. Data extraction and coding
were checked by a research assistant. Any disagreements
were resolved by discussion until a common consent
was found. The following data were extracted: author
and year, type of review, aim, mHealth/eHealth tools,
country (where the included studies were conducted),
main outcomes (constructs and parameters), time period
searched and time period of included studies, included
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study designs, number of studies, number and age of
participants, intervention duration, quality of included
studies indicated by the reviews, included theory/BCT,
included social/JITAI/EMI, reported effectiveness, rec-
ommendations for future research as stated by the
authors.

Analysis

We used the term review to describe systematic reviews
and meta-analysis together, and distinguished between
the terms study and publication, since the reviews in-
cluded multiple publications about one study and thus
relate to the same sample. Due to the heterogeneity of
methods and reported values, a quantitative pooling of
data was not feasible. Descriptive data were extracted
and displayed as rounded percentage for a better com-
parison (e.g. 12/20 (55%) studies were effective). This led
to rounding errors in some cases, thus the sum of per-
centages did not always add up to 100%. A further facet
that needs consideration is that some reviews included
multiple health outcomes at a time, hence they were
mentioned repeatedly in the detailed results for PA, SB
and HE. Additionally, the total number of included pub-
lications in the reviews has been used for the results
which led to some studies being included two or three
times. Between-group effects were indicated as tempor-
ary if significant differences between the groups were
only present at one and not at all timepoints following
the intervention. Effect measures from included meta-
analyses were reported in greater detail than systematic
reviews due to the additional information provided by
the quantitative report and subgroup analyses. Standard-
ized mean differences (SMD), also known as Cohen’s d,
were classified with 0.2 as small, 0.5 as moderate, and
0.8 as large [45]. Hedge’s g was also interpreted by the
same rule of thumb. Heterogeneity was reported using
the I° value, where values of 0 to 40% may indicate no
important, 30 to 60% indicate moderate, 50 to 90% sub-
stantial, and 75 to 100% considerable heterogeneity [46].
Due to inconsistent reporting, additional values for sig-
nificance of heterogeneity like Q and X> were not
reported.

Results

Out of the 3895 reviews initially located and down-
loaded, 587 doublets were removed. During title and ab-
stract screening, additional 3233 studies were excluded,
with 75 studies remaining for full text screening. Sixty-
four of these articles were excluded due to above men-
tioned exclusion criteria. This resulted in a total of 11
systematic reviews and meta-analyses which were in-
cluded in this umbrella review [47-57] (for more details
see Flow-Chart in Fig. 1). The updated search located
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472 additional articles which were all excluded after title
and abstract screening.

Description of the included studies

The 11 reviews included a total of 195 publications (182
studies) published between 1998 and 2018, with 167 of
these publications being included once throughout the
reviews and 13 publications being included in two or
three reviews, accounting for 28 publications.

The included original research studies were mainly
conducted in USA and Canada and Europe, and the
most common study designs were randomized control
trials (RCTs). The duration of interventions ranged from
one session to 24 months, with the majority (92%) of in-
terventions lasting at least 4 weeks. Sample sizes ranged
from 458 [51] to 73,417 participants [53] for the reviews
and added up to 114,430 participants throughout all
studies. The full details of study characteristics of articles
included in the umbrella review are displayed in Table 1.

Two reviews focused on children and adolescents [47, 56],
four focused adults [48, 49, 53, 54| and five included partici-
pants of all ages [50-52, 55, 57]. Five systematic reviews fo-
cused on PA outcomes [47, 49-51, 56], one meta-analysis
focused on SB outcomes [48], and one meta-analysis and
one systematic review included both PA and SB outcomes
[52, 53]. HE was the main outcome in two meta-analyses
[54, 55], and one systematic review included PA, SB and HE
as main outcomes [57].

Eight reviews reported the use of theoretical frame-
works [47, 49-51, 53, 54, 56, 57], and 78/125 (62%) pub-
lications in these reviews reported the use of a
theoretical foundation. The most common reported the-
ories were social cognitive theory (n = 29), transtheoreti-
cal model (n =16), theory of planned behavior (n =10),
self-determination theory (n=10) and I-change model
(n="7). Four reviews [48, 52, 53, 55] coded the use of
BCTs using a taxonomy of behavior change [20, 21] and
two reviews [47, 51] reported BCTs without coding
them. The BCTs, which were most frequently reported
by the reviews, were goal setting (n = 5), self-monitoring
(n = 4), social support (n =4), prompts/cues (n = 4), feed-
back on the behavior (n = 3) and instruction on how to
perform the behavior (n =2). Since the BCTs were nei-
ther coded nor reported in a comparable way by the re-
views, a more detailed summary was not feasible.

The majority of intervention studies were socially em-
bedded (111/182, 62%). School, university or college set-
tings were mentioned in 45 studies, workplace in 37
studies, home and/or community-based study popula-
tions were reported in 17 studies, while two studies re-
ported a combination of workplace and home setting. A
social media setting was mentioned in eight studies, and
supermarket and online setting in one study each. Two
reviews [56, 57] examined whether the interventions



Page 6 of 21

(2020) 20:1605

Fiedler et al. BMC Public Health

UOIIPUOD |e1D0S

3y buunp sdais (101 | (96€€) €/1
Vd [e301 panodal-fas

104 suonoes1ul Wi Ag dnoub

1 s31pnis s|DY-uou (%€€) €/1
SWl} 10§ S109)43

ulew juedyubls pauodal s1oy
(908) S/'dnoib 1oy 103y ulew

wedpIubls pauodal s10Y (9%0) /0 v 3(ewWa) %b'c6
uoneddiued yd 1ybi| pue aInseawl (§'2=as MIIADI
399m Jad sda1s Joj UO[DRISIU  SUIODINO AIepuodas e ‘CyT=W) JIIBWISAS
wnipaw awn Ag dnoif | s1DY (%0%) 5/ 10 Aewud e se 1ayu3 sabe |le ‘gsy) 0003084 vd 1o} [15] z10t
Ly 'Vd vd e payodal 10N VYN SSOUDAIDSYS Y3|eaHD dulwexa o] ‘|B 19 JaLI4
%0 = .l
‘000~ - €50~ 1D %S6 ‘970 —=AWS T
(sa1pnis ) @S
%0 = |
'62'0 - LO0— 1D%S6 71'0=AWS @ (1) epeued
(sa1pnas g) bupyom (1) puejal|
9%8L=,1"LL0- €00~ 1D %56 (1) lebnuog S109
'L€0=AWS @S31PNIs 6) VAW psiepljeA jou | (1) erasny 9} 9p0> 01 pue saWodIN0 gS/vd sisAjeue-eaul
%09 = . (¥ /2L /6) €) 40 2Injeu sy3 pue 9z|s 19949 3y} pue mainal
W0 -2L0— 1D %S6 YL'O=ANS @  ainupuadxa AbBiaua Jo wopbury panun uaM19q diysuonejas a1ebnsanul of D11RWIRISAS
wnipaw (S3IPNIS /) Vd [DIO]  S1WINSS UE 10 uopeing (L'1L-8'10L1) (€) eljensny N gs pue vd 10} [zs] 2107
L1/8 ‘Vd 4as/vd 4 ‘(L) vsn VN SSOUSAIID9YS YlEsHW SuUlwiexs O] ‘e 19 ou=iid
|0JIUOD SA 10 SWIN 1AL (9%0€) 01/
@ (%0€) 01/¢
|0JIUOD SA 10 dW 1aA0T (9%0%) 0L/t (1) sa1uN0d
s aidinw ui
Rep/sdais (1rE€-266 1D %S6) €81T ‘(1) AemioN
03 (5791-89 1D %S6) /F8 punose (1) puejul4
Jo | Joy duaJayip dnoib-usamiag ‘(1) a1odebulg
V/N (%8) S¢/C (1) wnibjeg
[011UOD SA 4O 3w J3A0 T (%C L) ST/€ (0 /¥ /17) dwodnno '(Q) spuelayIsN M3IN3I
@ (%20 57/9 Arewnd se ainseaw '(7) epeued gs pue DNeWSAS
WNIPaW  [0JIUOD SA JO SWIl A0 | (9%9S) S/t L SAlRIUEND AUy (+81 'Z1¥'€L) '(G) eljeasny dedyiom  vd Joj Aljigeidadde pue Aljiqisesy [€sl6l0T e 10
LI/ ‘Vd 4as/vd Gz 'suoneoiignd o ‘(LD vsn VN 'SSSUSANDRYS Y)PSHW aujwexa O weybuppng
(1) vsn
(1) puejod
(z /0 /S) 'dUulodIN0 ay1 ‘(1) [9eds| MIINDI
se a|geleA paiejal-yd ‘(1) epeued VN DeWISAS
wnipsw @ L 35e9| e painseay (81-8 ¥9LL) (1) pue|EaZ MoN Siuds9|0pe Vd 10} [/v] 610
L1/9 Vd vd / ‘(7) elleasNy  JO/pUe URIP|IYD  SSIUSANDIYD UIBSHW SUlWiexs O] ‘Ie 19 Wyog
(y10q /pariodal-yes
/P3INSeaW-3dIAdP)
Ayjenp BLIMID uoisnpul ([s1eaA] abe Bunies MIIADI
MBIINDY 3H/9S/vd SBWI023IN0 ulep ‘syuedpiyed (sa1pmis jo uonejndod jo adfy
HVLISWY 10} SSDUDAIIIDYD UOIIUDAIDU| 3JH/9S/Vd N) saipnis N Jaquinu) £13unod 19b.ie] wiy Joyny

MB3IASI B||21GUIN BY3 Ul PapN|DUl S3D1E JO SDIIsHadeIeYD ApNnis | ajqeL



Page 7 of 21

(2020) 20:1605

Fiedler et al. BMC Public Health

Joineyaq yieay aibuls | (9%05) 01/S
|OJIUOD SA 1O aun

/€1 /9
SIUSWIRINSEIW JO SHUN

(2) spuepay1aN
() puepszIMG

J9A0 IBY)D SSUIODINO Y3eay palejas  pue sadA ||y =bueyd '(€) epeued VN MIIAD] DNRUIRISAS
wnipaw pue [eioineyaq Ut | (960/) £2/61 Joineyaq 1oy Aediy3 (1/-8 (9) eljensny synpe JH pue gS ‘vd 10} (/51910 e 1
LA ‘3H Jo/pue gs vd JH/9S/¥d  '6697) LT 'suonediignd g () ¥SN JO/puUB USIP|IYD  SSOUSAIDSYS Y)ESHW SUlWEXS O] addaoyds
(1) puejesz maN
(1) uspams
‘(1) Aley (dnoib sbe pue ‘s|Hg ‘BuLiojiey
paieplea ‘(1) |lebnuod |00} Y}[eaHd) SonsualoeIeyd
L00'>d"1/T9= 10U S (0 /61 /0) ‘(1) wniBleg UORUSAISIUI pUB SSOUSANDRYS
‘SE0/10 1D %S6920=b61 Aj2Anemuenb ‘(1) puepods Jo diysuoneai ay3 21ebnsaAul o) sisAjeue-e1a\
wnipawl ‘(sa1pnas 61) NS sHnsai |A4 Buruoday (S¢ (€) spuepsy1eN VN 3H 10} [sS] 610C
LL/9 3H JH L5 01 Sy =W ¥689) 61 ‘(01) vsn VN SS9USAIID9Yo Yl|eoHo SullleXs O € 3o BYd0Y
%YLE=
'8C0-00 1D %56 SL'0=ANS {
(sa1pnis S) axypiul ajqpIabap pa1epijeA sisAjeue-e1aw
%589 =l 10U S (0 /7L /0) (1) e1skeely pue malnal
'CE0-1L10 1D %S6 770 =ans | IAd Buiseainur jo wie (1) puejesz moN VN BIIEINAY
ybiy (sapnis 8) A4 Aepuodas o Aewud (i) ellensny s1eak Ge 01 8| JH 104 [¥S] 910¢
L1/6 aH JH (807=W '¥86/) ¥1 '(8) vsSn ‘s3npe BunoA Aoedie YiesHuI/e duluexs o ‘e 32 INON
|0JIUOD SA
10 3w Jano dnoib | suonusaiul (1) eiskejepy
paseq-buibessaw 1x1 (%S/) 7/ ‘(1) pueleaz maN
|OJIUOD SA JO WY JI9AO | SUOIIUIAIDIUI (T /€1 /9) ‘(1) eljeasny “UOIIUSAIDIUI Y}[edHa-uou
paseq-auoydalal (%/9) /v Vd Jo ainseaw Aue ‘(1) ureds © JO UOIIUAIDIU| OU JaYLID MIIADI
|OJIUOD SA 1O SWII} J9AO | 10} SS9UIAIDIYD ‘(1) wnibjog VN UM SSSUAIISYS 2iedwiod o] DNeWNSAS
wnipaw SUOIIUSAIDIUI Paseg-gam (9001) 6/6 UORUSAIR| (s1eak g'6/-95 '(€) SPUBIRYIDN  DAOQR JO SIeaA G vd 1o} [6¥] 8107 ‘e 1@
LU/ ‘Vd vd '1/99) 0 ‘suonedignd Gz ‘(LD vsn 'SINPe JSP|O SSAUSADRYS YI[BSHS SUIWEXS O] uuewa|leniy
(1) adoing
(1) epeued YN
(1/1/9) ‘(1) ueder AJSIaAIUN MIINDI
3WO0dINO ‘(1) puejieyl 10 9b3)j0d> DNeWSAS
WNIPaW  |0J3UOD SA 1O Wl J9A0 | (9508) 01/8 AIBpUODSS 10 Alewlld (91doad bunoA ‘z5gs) ‘(7) spuepayIdN  jooyds bujpuane vd 1o} [os] Z10Z
L1/S ‘vd vd 0l ‘) VSN 9|doad BUNOA  SSOUSAIDRYS YI[eaHD dulwexs O] ‘|E 19 YSOWUPW
IWg 110 vd | 1ayue
SUONUSAJISIUI PaSeg-aWOY (%0v) §/C (¢ /01 /0
NG 10 1ybrom T Jo/pue suonipuod 3|gelLeA SUWODINO VN MIINDI
UOIUSAISIUL YL Ul Vg | Jayua ue se abueyd yijeay SIeak g1 -8 DIBWISAS
wnipaw  SUORUSAISIUI PISEG-|O0YDS (%/9) 6/9 paiejpi-yd e 1o vd (81—6 'pauodal £719) () wniblpg  ‘syuadssjope pue JH PUe Yd 10} [96] 110z
LA 'Vd vd Pyl ‘(L1 VSN sjuadsajopeald  SSIUSANDIYD UieSHS dulwexa o) ‘|e 19 [weH
Vd J0
So110631eD ||e U0y ¥oam Jad saInuIw
ueaw pauodal-J|9s | (%E€) €/1
(yr0q /pariodau-yos
/P3INSeaW-3dINIP)
Anjend BLIDNID uoisndul ([s1eaK] abe pumas MIINDI
MB3INDY 3H/9S/Vd S3WI0D3IN0 ulep ‘syuedpiyied (so1pnis jo uonejndod Jo adfy
HVYLISWY 10} SSDUDAIIIDYD UOHUSAISU| JH/9S/vd N) salpnis N Jaqwinu) A1uno) 19b.ie] wiy Joyainy

(PaNUIU0D) MIIAR] B||21GWIN 3Y) Ul PaPN|DUL SR JO sdiskdIdeIeYD ApniS | ajqel



Page 8 of 21

(2020) 20:1605

Fiedler et al. BMC Public Health

eJLIBWY JO S31BIS PANUN VS/) ‘UOIBIASP pJepuels (7S ‘IoIAeYaq A1Rluapas g ‘|eul [043u0d paziwopuel (DY ‘AlAnde [ediskyd vd ‘S|gejieAe 10U N ‘ueaw py ‘bunes Ayyesy JH suoubIAIGqy

dn-mojjo) (€/9/8) sisAjleup-e13W
uiod pus e %// = | gS Jo ainseaw pue malnal
'8G 17— - 6609— D %S6  Axoid Jo pauodal-fas VN SUOUSAIRIUI JIIBWISAS
wnipaw Aep/uiw 87 14— 1T 10 pPaInNseaw-adinsQg 9A0QR JO Ulyum pasn s1og syl Ajnuspl o [8¥] /107 e 1
LL/S ((saipnis S1) @S as  (L'v9-¥0T=W'/961) L1 pauodal 10N sleak gl ‘synpe gS 10} Yi[esHuWl/e sullexs O] uosuaydais
|0JIUOD SA SUOIIUSAIDIUI
dde auoje-puels | (%9¢) ¥1/5
|0J1U0D
SA $31631e11S UORUSAIDIUL JOYIO
Yum uopdunfuod ul ddel (9%¢9) €1/8 (1) puejesz maN
|OJIUOD SA SUOIIUIAIDIUI ‘(1) [9els|
loineyaq yyeay sydinnuwi | (96ly) £1/4 ‘(1) Ajey
|OI3UOD SA SUOIUSAIDIUI '(7) puejai
(yr0q /pariodau-yos
/P3INSeaW-3dINIP)
Anjend BLIDNID uoisndul ([s1eaK] abe pumas MIINDI
MB3INDY 3H/9S/Vd S3WI0D3IN0 ulep ‘syuedpiyied (so1pnis jo uonejndod Jo adfy
HVYLISWY 10} SSDUDAIIIDYD UOHUSAISU| JH/9S/vd N) salpnis N Jaqwinu) A1uno) 19b.ie] wiy Joyainy

(PaNUIU0D) MIIAR] B||21GWIN 3Y) Ul PaPN|DUL SR JO sdiskdIdeIeYD ApniS | ajqel



Fiedler et al. BMC Public Health (2020) 20:1605

involved social support from the setting or solely took
place in this context. Social support through peers and/
or friendly challenges was described in six studies [57]
and parental involvement in three studies [56]. None of
the reviews reported about the use of JITAI or EML

Overall effectiveness

The heterogeneity of the included studies concerning
study type, outcome parameter, and assessment method
was high. Thus, the overall effectiveness reported in the
reviews is displayed in the following paragraph for
any significant differences, which were found for the
e/mHealth interventions over time or vs. a control
group. Of all included studies, 10/182 did not report
intervention effectiveness. The remaining 172 studies
found a significant benefit for the intervention group
over time and/or vs. a control group in 101/172
(59%) cases. No significant differences were found in
68/172 (40%) studies, and 3/172 (2%) resulted in a
significant deterioration of the parameter over time
and/or vs. control (see Table 1).

Effectiveness vs. control

The between group differences for the included system-
atic reviews are displayed in the following chapters and
the results of the included meta-analyses are reported in
further detail.

PA

PA (i.e. time spent in different PA intensities, step count,
PA frequency, PA goal achievement, school related PA,
and leisure time PA) was assessed by seven systematic re-
views (PA outcome in 106 studies) [47, 49-51, 53, 56, 57]
and one meta-analysis (PA outcome in 20 studies) [52].
Of the 126 studies included in these reviews, 58 studies
used device-measured outcomes, 52 used self-report (1
not validated), and 16 used a combination of both
measures.

Systematic reviews concerning PA did not report
group differences or did not use a control group in 14/
106 studies. The remaining 92 studies found significant
group differences in favor of the intervention group in
19/92 (21%) studies, temporary significant group differ-
ences in favor of the intervention group in 25/92 (27%)
studies and 49/92 (53%) showed no significant differ-
ences between the groups. One meta-analysis [52] in-
cluded participants aged from 8.4 to 71.7years and
found no significant pooled effects using a random effect
model between the eHealth and a usual/minimal care
group for total PA (seven studies, SMD = 0.14, 95% CI
[-0.12, 0.41]; I?=60%), MVPA (nine studies, SMD =
0.37, 95% CI [-0.03, 0.77]); >=78%) and measures of
walking (eight studies reporting steps/day and walking
duration/day, SMD =0.14, 95% CI [-0.01, 0.29]; I*=
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0%). Subgroup analysis between device-measured and
self-reported results showed no significant differences in
the eHealth group for total PA, MVPA and walking.

SB

SB (i.e. sitting time (overall and occupational), sedentary
time (overall and occupational), screen time, and com-
puter activity) was assessed by two systematic reviews
(SB outcome in 13 studies) [48, 57] and two meta-
analyses (SB outcome in 20 studies) [52, 53]. Of the 33
studies included in these reviews, 15 studies used
device-measured outcomes, 16 used self-report (one not
validated), and two used a combination of both
measures.

The systematic reviews concerning SB included 4/13
studies which did not report group differences or did
not involve a control group. The remaining nine studies
showed a significant group difference in favor of the
intervention group in 2/9 (22%) studies, 6/9 (67%) stud-
ies with no significant differences between the groups,
and 1/9 (11%) reported a significant group difference in
favor of the control group. The first meta-analysis (five
studies) [52] which included participants aged from 8.4
to 71.7 years found a significant reduction of SB in favor
of the intervention group using a random effect
model. This pooled effect was negative and small
(SMD = -0.26, 95% CI [-0.53, -0.00]; I*=0%) with
no evidence of heterogeneity. Subgroup analysis be-
tween device-measured and self-reported results
showed no significant differences for the intervention
group in SB. The second meta-analysis on SB (15
studies) [48] included only adults (20.4 to 64.1 years)
and showed a significant pooled reduction of SB with
a substantial heterogeneity (-41.28 min/day, 95% CI
[-0.99, -21.58], ’=77%; n=1402) in favor of the
intervention group at the end point follow-up meas-
urement using a random effect model. Analysis for
device-measured (eight studies) results showed a sig-
nificant pooled reduction of - 35.07 min/day with a
low heterogeneity (95% CI [-46.57, —23.57], I* = 21%;
n =595), while self-reported measures (seven studies) led
to a significant reduction of — 52.66 min/day with a con-
siderable heterogeneity (95% CI, [-93.63, —11.69], I> =
88%; n=2807) at end point. The comparison between
device-measured and self-reported results has not been
conducted by this meta-analysis. The additional analysis
of short-term measures for overall SB (less than 3 months,
10 studies) showed a significant mean reduction of —
42.42 min/day with a substantial heterogeneity (95%
CI [-63.21, -21.63], I*=61%; n=760), the medium-
term measures (3 to 6 months, five studies) showed a
significant mean reduction of - 37.23 min/day with a
considerable heterogeneity (95% CI [-73.70, -0.75],
2 =85%; n=691) and the long-term measures (over 6
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Table 3 Time period, Intervention tools, quality of included studies in the reviews, and recommendations for future research

mHealth/eHealth tools

Quality of included studies

Recommendations for
future research

Author Time Period

type of review Searched
(included
studies)

Bohm et al. January 2012 to

2019 [47] June 2018 (2014-

Systematic 2016)

review

Buckingham January 2007 to

et al. 2019 February 2018

[53] (2009-2018)

Systematic

review

Direito et al. From earliest

2017 [52] availableto

Systematic January 2015

review and (2007-2014)

Meta-Analysis of

RCTs

Ferrer et al. not specified

2017 [51] (2010-2014)

Systematic

review

Hamel et al. 1998 to 2010

2011 [56] (1999-2009)

Systematic

review

Mobile phones, smartphones,
tablets, or wearables

mHealth interventions:

mobile phone, smartphone
apps, personal digital assistants,
tablets, wearable activity
monitors/ trackers

mHealth interventions:
mobile devices, such as
mobile phones, patient
monitoring devices,
personal digital assistants

Facebook based
interventions

Computer- and web-based
interventions

Tool:

Cochrane Handbook for
Systematic Reviews of
Interventions

Risk of bias:

2/5 (40%) medium

3/5 (60%) high

Tool:

Effective Public Health Practice
Project

Quality rating:

1/25 (4%) strong,

9/25 (36%) moderate,

15/25 (60%) weak

Tool:

Cochrane Collaboration’s tool
No total rating:

High Risk of Bias for blinding,
unclear allocation, other biases
were low for most studies

Not assessed

Tool:

Critical Appraisal Skills
Programme of the Public Health
Resource Unit

1) PA intervention programs for
children/adolescents with a

greater BMI z-score

2) intervention programs with a

longer period of time (26 months)

3) sufficiently large number of
participants (2250)

4) bypass self-reported measurements

5) implement theoretical frameworks

and BCTs

6) follow-up beyond postintervention

7) age- and sex-specific interventions

8) engagement of children and
adolescents with wearable activity trackers
9) impact of social support (school/family)
10) multicomponent interventions

11) cost-effectiveness analyses

1) larger samples and more diverse
workspace settings

2) report intervention components and
outcomes in greater detail

3) SB in addition to PA, and bypass
self-report

4) no-intervention control

or a reliable baseline measurement
5) wider impact on health and
wellbeing

6) mixed and qualitative methods
7) adverse events associated with
mHealth use

8) mHealth vs multi-component
interventions

9) subgroup differences

1) long-term effectiveness and
cost-effectiveness of mHealth
interventions

2) dose-response relationship
between intervention exposure
and outcomes

3) report intervention components
and outcomes in greater detail

4) efficacy of more advanced
technology than SMS

1) no-intervention control

2) target a broader diversity of
participants

3) attrition rates for varying
durations of interventions

4) theory-based content and
measure the effects of those
mediators

5) effectivity of social support
6) validate self-report measures
against device-measured
outcomes of PA

7) match the PA assessment
method to the stated goals and
outcomes of the intervention
8) long term follow-up

1) bypass self-report

2) sex specific interventions

3) involve support persons (e.g.
parents or peers) and analyze
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Table 3 Time period, Intervention tools, quality of included studies in the reviews, and recommendations for future research

(Continued)
Author Time Period mHealth/eHealth tools Quality of included studies Recommendations for
type of review Searched future research
(included
studies)

MclIntosh et al.
2017 [50]
Systematic
review

Muellemann
et al. 2018 [49]
Systematic
review

Nour et al. 2016
[54]

Systematic
review and
Meta-Analysis

Rocha et al.
2019 [55]
Meta-Analysis

Schoeppe et al.
2016 [57]
Systematic
review

2010 to July 2016
(2010-2014)

from earliest
available

to April 2017
(1997-2017)

1990 to August
2015 (2007-2014)

1999 to July 2018
(1999-2017)

January 2006 to
November 2016
(2010-2016)

Web-based or eHealth
interventions

eHealth interventions:
compulter, telephone
smartphone, or tablet

eHealth- and mHealth-based
interventions: texting, email,
mobile phone apps, phone
calls, or websites

eHealth interventions: mobile
devices (apps, text messages
via cellphone), web or
internet-based programs,
computer-based programs
(non-Internet based), and
video games.

mHealth (App interventions):
stand-alone intervention
using apps only, or a
multi-component intervention
including apps

Quality rating:
No summary presented

Tool:

based on the critical appraisal
for public health checklist
Quality rating:

3/10 (30%) high

7/10 (70%) moderate

Tool:

Cochrane Collaboration’s
tool for assessing risk of
bias

Risk of bias:

1/20 (95%), low

19/20 (95%) moderate to
high

Tool:

Cochrane Collaboration'’s
tool for assessing risk of
bias

Risk of bias rating:
majority of the studies
unclear to high risk
(attrition bias)

2/14 (14%) studies
additionally high
detection bias

Tool:

guided by the Cochrane’s
Risk of Bias Tool for RCTs
Quality rating:

5/19 (26%) good

12/19 (63%) fair

2/19 (11%) poor

Tool:

25-point criteria adapted
from the CONSORT
checklists

Quality rating:

11/27 (40%) high

8/27 (30%) fair

8/27 (30%) low

effectivity

4) integrate into existing school
curriculum

5) include a theoretical framework
6) individual tailoring

1) longer follow-up

2) address bias incorporated with
self-reporting methods

3) utilize theoretical foundation
for eHealth interventions

4) relationship of confounding
facets to effectiveness

5) conduct power analysis of
studies

6) scale up interventions

1) eHealth interventions vs
non-eHealth interventions
promoting PA in older adults

1) longer follow-up in
intervention

2) secondary outcomes (e.g.)
weight and indicators of
cardiovascular health)

3) focus primarily on vegetables
4) combine efficacious strategies
and repeat exposure at a later date
5) develop validated tools for
measuring vegetable intake in
young adults

6) quantify a serving of vegetables
7) implement Biomarkers (e.g.
vitamin C and beta-carotene)

8) more diverse samples

9) cost effectiveness for upscaling
interventions

10) conduct process evaluations

1) tailor based on distal correlates

and proximal determinants of

dietary habits

2) link the types of BCTs implemented
in the eHealth interventions to effectiveness
3) develop validated tools for
measuring FVI

4) report intervention components
and outcomes in greater detail

5) use of the CALO-RE taxonomy

for uniformity in the reporting of BCTs

1) test the efficacy of specific
app features and BCTs

2) efficacy of stand-alone app
intervention vs multi-component
app interventions

3) efficacy of app vs website,
print-based and face-to-face
interventions

4) utilize larger sample sizes



Fiedler et al. BMC Public Health (2020) 20:1605

Page 15 of 21

Table 3 Time period, Intervention tools, quality of included studies in the reviews, and recommendations for future research

(Continued)

Author Time Period mHealth/eHealth tools
type of review Searched
(included

studies)

Quality of included studies

Recommendations for
future research

from earliest
available to June
2016 (2012-2016)

Stephenson

et al. 2017 [48]
Systematic
Review and
Meta-analysis

Computer, mobile or
wearable technology

Tool:

Cochrane Collaboration’s
risk of bias tool

Risk of bias:

1/17 (6%) low

3/17 (18%) unclear
13/17 (76%) high

5) tailor app interventions to
specific population groups with
high app usage (e.g., women,
young people)

6) report app usage statistics
using device and self-report
measures

7) optimal duration and

intensity of app interventions

8) user engagement and retention
in app interventions

9) relationship between

user engagement and
intervention efficacy (considering
socio-demographic and
psychosocial facets)

1) focus on attrition rates

2) improve reporting of BCTs

3) improve detection bias by using
objective measurement tools of SB
4) conduct extended follow-up

5) include outcome measures that
will be of interest to workplaces
and policy makers 6) use adaptive
interventions

Abbreviations: AMSTAR assessment of multiple systematic reviews, App smartphone application, BCT behavior change technique, CONSORT consolidated standards
of reporting trials, eHealth electronic health, FYI fruit and vegetable intake, mHealth mobile health, PA physical activity, SB sedentary behavior

months, three studies) showed no significant mean re-
duction with a low heterogeneity (- 1.65 min/day, 95%
CI [-14.77, 11.47], I = 23%; n = 670).

HE

HE (i.e. FVI, vegetable intake, and healthy dietary
choices) was assessed by one systematic review (HE out-
come in 13 studies) [57] and two meta-analyses (HE out-
come in 33 studies, focus on FVI) [54, 55]. All of the 46
studies included in these reviews used self-reported re-
sults, 10 of which were not validated.

The systematic review concerning HE did not report
group differences or did not involve a control group for
1/13 studies. The remaining 12 studies found a signifi-
cant group difference in favor of the intervention group
in 2/12 (17%) studies, a temporary significant group dif-
ference in favor of the intervention group in 3/12 (25%)
studies and 7/12 (58%) showed no significant differences
between the groups. One meta-analysis [54] included
young adults (M = 20.8 years) and showed a significant
increase in FVI (eight studies) calculated by a random
effect model with a small pooled Cohen’s d of 0.22 (95%
CI [0.11, 0.33]) and a substantial heterogeneity (P =
68.5%). Effects for vegetable intake alone were also
assessed (five studies) and the pooled effect showed a
negligible effect with low heterogeneity (Cohen’s d =

0.15, 95% CI [0.04, 0.28], I* = 31.4%). The second meta-
analysis [55] included participants of all ages (4.5 to
57.75 years) and found a significant increase of FVI in
favor of the intervention group using a random effect
model with a small Hedge’s g and substantial between
study heterogeneity (g=0.26, SE=0.05, 95% CI [0.17,
0.35], I*=62.77). Subgroup analyses revealed that
computer-based (i.e. non-Internet based) eHealth inter-
ventions (three studies) showed the largest effect (g=
0.44), followed by SMS interventions (three studies) with
a Hedge’s g of 0.41, while internet-based interventions
(nine studies) showed a Hedge’s g of 0.19 and CD-ROM,
mobile apps and video game interventions (four studies)
showed no significant improvements. The subgroup ana-
lysis relating to age groups yielded no significant differ-
ences between adults (11 studies), adolescents (four
studies) and children (four studies). Interventions in-
cluding adults and adolescents showed significant im-
provements in favor of the intervention group with
Hedge’s g of 0.26 and 0.35 respectively, while interven-
tions conducted with children showed no significant
effects.

Determinants of effective interventions
The extraction of effect sizes regarding the influence of
theoretical foundation/BCTs, social influences and EMI/
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JITAs on the efficiency of e/mHealth interventions was
not feasible so that only descriptive results were reported
in this umbrella review (see Table 2).

Theoretical foundation and BCTs were mentioned
in all the included reviews [47-57]. One review [50]
related to PA noted that 5/5 (100%) studies based on
social cognitive theory led to significant differences
over time or vs. control compared to 1/2 (50%) for
theory of planned behavior and 1/1 (100%) showing a
temporary significant difference directly after the
intervention for transtheoretical model. Another re-
view concerning PA [49] also found theory-based in-
terventions more effective than those without a
theoretical foundation. A third review concerning PA
[56], which found that 6/9 (67%) theory-based inter-
ventions showed significant improvements of the
intervention group over time or vs. control, while
only 2/5 (40%) without a theoretical foundation led to
such improvements, is in line with these findings.
The inclusion of BCTs was associated with higher ef-
fectiveness of PA, SB and HE interventions in one re-
view [57]. However, the question which BCTs are
linked to effectiveness has not been answered by this
review. Two meta-analyses [48, 52] reported the usage
of BCTs for PA and SB interventions, but did not
link the use of BCTs to effectiveness due to the small
number of studies included. For healthy eating behav-
ior, the use of BCTs was one key component of suc-
cessful interventions, while the impact of using
multiple BCTs remained unclear [54]. Further, a more
recent meta-analysis [55] revealed that the inclusion
of seven to eight BCTs (four studies) resulted in a
statistically significant larger effect size (SMD =0.42,
SE =0.10, 95% CI [0.21, 0.62], p <.001) than those in-
volving four to six BCTs (seven studies) and one to
three BCTs (seven studies). In a next step, the meta-
analysis found no statistically evidence for specific
BCTs yielding larger effect sizes.

The influence of a social settings concerning effective-
ness has not been reported in detail by the included re-
views and two reviews [56, 57] reported on the matter at
all. The integration of eHealth interventions in school
settings was reported to lead more often (6/9, 67%) to
positive effects on PA or weight reduction in comparison
to home-based interventions (2/5, 40%) [56]. Another
possible influence on effectiveness mentioned in this re-
view was parental influence [56]. The second review
about mHealth interventions points out that efficient in-
terventions often include social support related to peers
and friendly team challenges among many other facets
[57]. However, since both reviews did not report effect
sizes, and there were a variety of other possible facets
contributing to effectiveness, the magnitude of the po-
tential influence for social settings remains unclear.
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Since none of the reviews reported the use of EMI/
JITAIs, the question concerning their effectiveness has
to be left unanswered by this umbrella review.

Study quality

Mean study quality of the included reviews as assessed
by the AMSTAR tool [44] (maximum score 11, score
ratings: low = 0-3, medium = 4-7 and high = 8-11 [58])
was medium (M =5,9/11) while one review scored high
(9/11) [54]. None of the included reviews reported the
conflict of interest of the included studies and only one
review provided a list of all included and excluded stud-
ies [54]. For the score of every criterion see Add-
itional file 2. Risk of bias ratings conducted by the
authors of the included reviews was mainly medium to
high with some studies of low risk (see Table 3).

Discussion

This umbrella review provided an overview of e/
mHealth interventions concerning PA, SB and HE for
primary prevention with a special focus on potentially
important facets and their contribution to intervention
effectiveness. To avoid an overwhelming heterogeneity
in the included reviews, these facets have been pre-
defined based on the current literature and previous um-
brella reviews as theoretical foundation, BCTs, social
context and the use of JITAI/EMI. To the best of our
knowledge, this umbrella review is the first to systemat-
ically analyze the potential impact for those predefined
facets.

Effectiveness of e/mHealth interventions

Overall, findings of this umbrella review suggested that a
majority (59%) of e/mHealth interventions were effective
(including interventions eliciting short-term effects and
interventions without control-group comparison). Since
multiple studies reported a high heterogeneity (with low
to high quality ratings), this result has to be interpreted
with caution. Results of the systematic reviews including
a control-group indicated that PA interventions were
more often effective (48%) than interventions concerning
HE (42%) and SB (22%). However, more than 50% of
these effects for PA and HE interventions were only
temporary and one SB study outcome (11%) was even in
favor of the control group. In contrast to systematic re-
views, quantitative findings of the included meta-
analyses did not indicate any significant benefit for PA
while SB and HE interventions showed significant small
effects. A reason for the lack of effectiveness in the only
meta-analysis concerning PA [52] may be that solely one
original research study included a true control group
and e/mHealth to usual/minimal care. Furthermore, the
post hoc exploratory sensitivity analysis displayed two of
the included studies as being the main reason for
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heterogeneity in this meta-analysis. After removal of
these studies, results indicated a small but significant ef-
fect for MVPA (but none for total PA) and thereby par-
tially support the findings of the systematic reviews that
e/mHealth interventions can be effective tools to change
all three health behaviors.

One facet which could have influenced the results of
this umbrella review is the use of different assessment
methods in the studies, as self-report measures are com-
monly reported to overestimate PA compared to sensor-
based PA [59]. Considering the fact that some studies
even used non-validated self-report tools in PA, SB and
HE interventions, these facets could have highly influ-
enced findings. In the present umbrella review, the com-
parison of self-reported and device-measured outcomes
showed no significant differences for PA and SB in one
meta-analysis [52], and another meta-analysis reported
lower heterogeneity and a descriptive difference of SB
reduction for device-measured results [48]. While all
other reviews reported on the use of self-reported and
device-measured results, the examination of influence
on effectiveness has not been conducted and thus no as-
sumptions about a potential impact of the measuring
method could be made. However, examining the impact
of the measurement method could be important, since
self-reported and device-measured results often differ
concerning the construct (e.g. measuring habitual PA or
sport related PA) and the time epoch (e.g. regular/last
week/month PA recall via questionnaire or measured
PA during a defined time via accelerometry) [59]. Fur-
thermore, the earliest study included in the reviews was
published in 1997 and the complexity and capacity of
sensors evolved rapidly since that time [60], allowing for
more precise measurements and the combination of PA
data with physiological parameters like heartrate or
blood sugar [61]. This potential influence of different
sensors on intervention effectiveness however, has not
been considered in the reviews. Future reviews should
specifically compare results derived by self-reports to
device-measured outcomes and assess the impact of the
complexity of sensors in order to further investigate the
true impact of assessment methods and ease the inter-
pretation of results.

The sustainability of intervention effects was reported
to be low in the reviews for PA and HE, and quantifica-
tion of one meta-analysis [48] showed that the effects of
SB interventions diminish after 6 months, which is in ac-
cordance with other research [18]. Intervention duration
and engagement are also important facets influencing
intervention effectiveness [62], but the influence remains
unclear due to a lack of reporting by the included re-
views. Future reviews should consider this link, espe-
cially if they are comparing sustainability of intervention
effects over time.
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The use of eHealth compared to mHealth might also
influence the effectiveness. However, results are incon-
clusive since most reviews did only assess the interven-
tion type but not compare the impact on effectiveness.
One meta-analysis [52] which quantified the results
found computer-based interventions to cause superior
effectiveness compared to web- and app-based interven-
tions. However, since mHealth is a more recent develop-
ment and the amount of evidence is limited, this trend
might be modified with more sophisticated approaches
and more study results in the future [63]. There is a
clear need to include the comparison of effectiveness
across devices in PA and SB interventions along with the
influence of the age of participants in order to enhance
and specify future interventions.

Influence of theoretical foundation, BCT, social aspects
and JITAIs on effectiveness

The diversity of results supported the importance to con-
sider the underlying mechanisms for effective e/mHealth
interventions in order to further develop the field of digital
behavior change in general and in the area of primary pre-
vention in particular.

The use of BCTSs as a sub-section of theoretical foun-
dation provided the most distinct picture and was highly
associated with effective interventions for PA, SB and
HE interventions in one systematic review [57]. This
finding was further supported by the two meta-analyses
concerning HE [54, 55]. The use of more BCTs en-
hanced intervention effectiveness for HE, whereas the
impact of specific BCTs or combinations of BCTs re-
mains unknown [55], which has been a common finding
in reviews on HE interventions [64]. The meta-analyses
concerning PA and SB did not report the impact of
BCTs on effectiveness which should be addressed by fu-
ture research. Support for the use of a theoretical foun-
dation for effective e/mHealth interventions concerning
PA was found in three reviews [49, 50, 56], and there
were indications that social cognitive theory might be es-
pecially effective [50]. The overall higher effectiveness
for theoretical founded interventions supported the find-
ings of a previous review about internet interventions
(not focused on primary prevention) [23] but in contrast
to our results, the theory of planned behavior was found
to be more effective than social cognitive theory. Since
direct comparisons of theory vs. no theory in the in-
cluded reviews were scarce and only descriptive, there is
a need for further investigation and better documenta-
tion of theoretical backgrounds in intervention studies
in order to draw a clear conclusion. The lack of report-
ing regarding the impact of theoretical foundation on ef-
fectiveness for SB and HE should additionally be
addressed by further research. A further aspect to con-
sider in future studies is the compatibility of static
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behavior change theories to the technological advances
which has not been addressed by the included reviews.
While dynamically changing theories like the adapted
versions of the Theory of Planned Behavior [65] or the
Social Cognitive Theory [66] has been promoted in the
development of JITAIs [31] the impact on intervention
effectiveness should be assessed in future interventions.

In contrast to the potential impact of theoretical foun-
dation and BCTSs, most reviews did neither report nor
analyze the association of embedding interventions into
social contexts (e.g. involving family, peers or co-
workers in the intervention) and intervention effective-
ness. Only three reviews [51, 56, 57] reported on that
matter, but were unable to specify the influence due to a
small sample and/or multiple other parameters linked to
effectiveness. The importance of getting a better impres-
sion of social influences should however not be underes-
timated in order to conduct effective interventions in
the future [67]. Including social facets can have an es-
sential influence on intervention effectiveness and
should be considered in future research [68]. Further-
more, intervention designs comparing e/mHealth inter-
ventions with clearly defined and controlled social
contexts (e.g. social comparison, cooperative ap-
proaches) might help to gain evidence on the impact of
social context.

No mention at all was found for the use of EMI/JITAI
in this umbrella review. With the possibility to tailor and
to continually adapt interventions to each person’s
needs, as well as to deliver support at the most promis-
ing moment, there is a clear need for examination of this
important field in the future [28-30].

Strengths and limitations

The main strengths of this umbrella review consisted in
summarizing the knowledge about the impact of mul-
tiple facets of effective behavior change interventions,
derived from current literature, on effectiveness. Follow-
ing a pre-registered protocol and systematically summar-
izing the evidence on the effectiveness of e/mHealth
interventions in primary prevention ensured a replicable
approach. Using a systematic search with pre-defined
terms, following the PRISMA guidelines for reporting
and using AMSTAR for quality assessment thereby en-
hanced the transparency of the results. The inclusion of
systematic reviews and meta-analyses following PRISMA
guidelines ensured a solid foundation of higher quality
reviews and a systematic reporting of the original re-
search results.

Nonetheless, there are several limitations concerning
the current umbrella review that need to be considered.
First, the results of this umbrella review highly depended
on the detailed reporting of the desired parameters in
the reviews. Even if the original research studies
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reported on the issue but the reviews did not, the result
has not been considered for this umbrella review. Even
though the included reviews had to follow the PRISMA
statement themselves, the quality of reviews was
medium with a high discrepancy of included original re-
search studies ranging from low to high scores and in-
cluding several non-RCT studies. This might have
impacted the conclusions of this umbrella review as well.
The fact that 13 publications were included twice or
more might also bias the evidence since those studies
get a higher impact on the overall results. Finally, im-
portant studies might not be included in any review art-
icle yet since the conduction and publication of reviews
produces a certain time lag compared to the present
evidence.

Implications for practice and research

Results of this umbrella review can serve as a theoretical
basis to conduct both, original research and review arti-
cles in the field of primary prevention using e/mHealth.
Researchers should address the main research gaps,
namely the impact of different theoretical foundations
for interventions in different contexts, the adequate
amount and types of BCTs, the impact of social context
and enhancing interventions with JITAIs, by conducting
original research studies or especially focused reviews
to close research gaps. For practitioners, we recom-
mend to implement theoretical foundation and BCTs
to their e/mHealth interventions in order to enhance
intervention effectiveness. Furthermore, e/mHealth in-
terventions should be adapted once further evidence
emerges in order to maximize the usefulness of this
fast-changing field of behavior change.

Future directions

Even though the included reviews were conducted over
the course of nearly a decade and thus represent differ-
ent stages of e/mHealth tools, recommendations for fu-
ture research given by the authors of the included
reviews have a lot in common (for more details see
Table 3). Based on these recommendations, a clear need
for PA and SB studies is stated to bypass self-report and
use validated and comparable device-measured out-
comes instead [47, 48, 50, 51, 53—56]. Mainly including
device-measured outcomes will lead to a more compre-
hensive picture of intervention effectiveness even though
other challenges arise from that approach (e.g. compari-
son of different epoch lengths [69]). The most promising
aspect of device-measured outcomes and accelerometry
in particular is the assessment of valid PA and SB data
in real-time, resulting in a variety of outcome parameters
which have the potential to be easily compared through-
out different studies [60]. While device-measured assess-
ments for HE are rarely used (but becoming more and
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more available [70]), HE interventions should only in-
clude validated tools and be aware of the advantages of
each assessment to ensure the quality of results [71].

In order to analyze the influences of different interven-
tion aspects on effectiveness, a uniform and full report-
ing of the intervention components (theoretical
foundation, BCTs, social aspects, etc.), methods and out-
comes is needed [48, 51-53, 55, 57]. Additionally, an ex-
ploration of the adequate dose and length of
interventions [47, 48, 51, 52, 54, 57], the influence of
social support [47, 50, 51, 56, 57] as well as individual
tailoring (e.g. using JITAIs to deliver sex-, age- or
BMI-specific interventions adapting to personal prefer-
ences) [47, 55-57] is needed for a better understanding
of the determinants of effectiveness. Here, machine
learning principles can enhance intervention effective-
ness by allowing a highly personalized adaptation to
the users’ needs and environmental requirements [31].
Future e/mHealth studies for behavior change should
also conduct a priori power analyzes to include appropriate
sample sizes in order to enhance the value of the results
[47, 50, 53, 57] and assess cost-effectiveness [47, 52, 54].

Conclusions

In summary, e/mHealth interventions can be effective
tools for primary prevention in behavior change of PA,
SB and HE, but the evidence for effectiveness is still lim-
ited. Theoretical foundation and the use of BCTs are
promising determinants of effectiveness. However, there
is still a research gap which theory and which BCTs are
the most promising for primary prevention and for the
inclusion of social contexts, JITAIs and other facets like
the optimal dose and length of interventions. Therefore,
future studies should limit methodological issues (e.g.
non-validated tools) and use appropriate assessments
(depending on the outcome variable of choice), and a
more comprehensive and standardized way of reporting.
In doing so, the benefit of the main advantages of e/
mHealth, namely the large coverage, potential cost ef-
fectiveness and high adaptability to individual prefer-
ences and environmental facets, can be utilized to
enhance behavior change in primary prevention.
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