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Abstract: Quantitatively characterizing the development of cortical anatomical networks during the early
stage of life plays an important role in revealing the relationship between cortical structural connection
and high-level functional development. The development of correlation networks of cortical-thickness,
cortical folding, and fiber-density is systematically analyzed in this article to study the relationship
between different anatomical properties during the first 2 years of life. Specifically, longitudinal MR
images of 73 healthy subjects from birth to 2 year old are used. For each subject at each time point, its
measures of cortical thickness, cortical folding, and fiber density are projected to its cortical surface that
has been partitioned into 78 cortical regions. Then, the correlation matrices for cortical thickness, cortical
folding, and fiber density at each time point can be constructed, respectively, by computing the inter-
regional Pearson correlation coefficient (of any pair of ROIs) across all 73 subjects. Finally, the presence/
absence pattern (i.e., binary pattern) of the connection network is constructed from each inter-regional
correlation matrix, and its statistical and anatomical properties are adopted to analyze the longitudinal
development of anatomical networks. The results show that the development of anatomical network
could be characterized differently by using different anatomical properties (i.e., using cortical thickness,
cortical folding, or fiber density). Hum Brain Mapp 35:3726–3737, 2014. VC 2013 Wiley Periodicals, Inc.
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INTRODUCTION

Human brain could be characterized as a complex ana-
tomical and functional network development over the
whole life [Achard et al., 2006; Eguiluz et al., 2005; Salva-
dor et al., 2005; Sporns et al., 2004; Stam, 2004; Stam
et al.,2007]. Quantitative characterization of cortical net-
work development during the early postnatal stage of life
plays an important role in revealing the relationship
between cortical structural connection and high-level func-
tional development [Nie et al., 2012a].
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The functional network in human brain has been
explored extensively using electroencephalogram [Michel-
oyannis et al., 2006; Stam et al., 2007], magnetoencephalo-
graphic recordings [Stam, 2004], and functional magnetic
resonance imaging (fMRI) [Achard et al., 2006; Eguiluz
et al., 2005; Gao et al., 2011; Salvador et al., 2005]. The
small-world property [Watts and Strogatz, 1998], which
indicates that most nodes in the network are not neighbors
of one another, but can be reached from every other by a
small number of hops or steps, has been found in the
functional network of the adult brain [Achard et al., 2006;
Eguiluz et al., 2005; Salvador et al., 2005]. In the recent
fMRI study [Gao et al., 2011], the small-world topology is
also identified in the newborn brain, along with longitudi-
nal functional network development.

Meanwhile, the network of anatomical connections in the
human brain has also been studied recently [Gong et al.,
2009a; 2012; He et al., 2007; Sporns et al., 2005; Fan et al.,
2011; Wee et al., 2011; Zhu et al., 2011]. The correlations of
cortical thickness across individuals from different regions
have been measured and formed as structural connections
[He et al., 2007; Sporns et al., 2005; Shi et al., 2013]. The ana-
tomical connections could also be estimated by regional
diffusion-based anatomical connectivity using probabilistic
tractography [Gong et al., 2009a, 2012; Shi et al., 2012a]. In
these studies, the small-world property has been identified in
both cortical-thickness correlation network and fiber connec-
tion network. Though the thickness correlation network and
fiber connection network show certain convergence, the dif-
ference existed in the two networks suggests that they can
only represent part of anatomical network [Gong et al., 2012].

During the brain development, the biological mechanisms
underlying the development of the cortical thickness, corti-
cal folding, and fiber connections remain largely unclear.
Serveral hypotheses have been proposed to explain the rela-
tionship between these anatomical properties [Nie et al.,
2012b; Passingham et al., 2002; Van Essen, 1997]. The fiber
connection is considered as the key factor determining the
folding of the cortex, and the thickness difference between
gyrus and sulcus is considered as a result of cortical folding
[Van Essen, 1997]. In a recent study, the long-range fiber
connections are found concentrated on the gyri, which also
indicates that the fiber connection might be highly corre-
lated with cortical folding [Nie et al., 2012b].

Since the cortical thickness, cortical folding, and fiber den-
sity may show essential relationship during early brain
development [Van Essen, 1997; Nie et al., 2012b], the devel-
opment of their respective anatomical networks are system-
atically compared in this study, to investigate the
relationship between different anatomical properties during
the first 2 years of life. Specially, the longitudinal MR images
of 73 healthy subjects from birth to 2 year old are used, and
for each subject at each time point its cortical thickness, corti-
cal folding, and fiber density are first projected to its inner
cortical surface that has been parcellated into 78 regions of
interest (ROI). Then, the correlation matrices for cortical
thickness, cortical folding, and fiber density at each time

point can be constructed, respectively, by computing the
inter-regional Pearson correlation coefficient of any pair of
ROIs across subjects. Finally, the presence/absence pattern
(i.e., binary pattern) of connection network is constructed
from each inter-regional correlation matrix, and its statistical
and anatomical properties, especially the small-world prop-
erty and connectivity distribution using graph theoretical
analysis, are adopted to analyze the longitudinal develop-
ment of anatomical network. The results show that the devel-
opment of anatomical network could be characterized
differently by using different anatomical properties (i.e.,
using cortical thickness, cortical folding, or fiber density).

MATERIALS AND METHODS

Datasets and Image Preprocessing

T1 and T2 MR images of 73 healthy subjects were
acquired longitudinally at birth, 1 year old, and 2 year old,
and diffusion-weighted images of 37 healthy subjects (a
subset from the same 73 subjects) were acquired at 1 year
old and 2 year old. The imaging parameters for T1 images
(with 160 axial slices) are as follows: TR 5 1900 ms, TE 5

4.38 ms, flip angle 5 7, acquisition matrix 5 256 3 192,
and voxel resolution 5 1 3 1 3 1 mm3. The imaging
parameters for T2 images (with 70 axial slices) are as fol-
lows: TR 5 7380 ms, TE 5 119 ms, flip angle 5 150, acqui-
sition matrix 5 256 3 128, and voxel resolution 5 1.25 3

1.25 3 1.95 mm3. And the imaging parameters for diffusion
weighted images (with 60 axial slices) are as follows: TR/
TE 5 7680/82 ms, matrix size 5 128 3 96, 42 noncollinear
diffusion gradients, and diffusion weighting b 5 1000 s/
mm2. T2 image is linearly aligned onto the respective T1
image of the same subject, and further resampled to 1 3 1
3 1 mm3. Fractional anisotropy (FA) image is reconstructed
from the DTI image and then aligned onto the warped T2
image of the same subject, and further resampled to 1 3 1
3 1 mm3. For each set of the aligned T1 and T2 images, the
skull stripping is first performed to remove noncerebral tis-
sues [Shi et al., 2012b], and also the cerebellum and brain
stem are further removed semi-automatically by a trained
rater. The combined T1 and T2 image information is used
to segment the brain image into gray matter, white matter
(WM), and cerebrospinal fluid regions [Wang et al., 2011].

After topology correction of WM volume, the inner and
outer cortical surfaces were reconstructed and represented
by the triangular meshes, composed of a set of vertices
and triangles [Liu et al., 2008]. As the transient subplate
zone, which is interposed between the immature cortical
plate and WM, may still exists at birth, the inner cortical
surface at birth is defined as the interface between the cor-
tex plate and WM zone (including WM and transient sub-
plate zone). Using an infant version [Shi et al., 2010] of the
automated anatomical labeling template [Tzourio-Mazoyer
et al., 2002], the cortical surfaces were parcellated into 78
ROIs by a high-dimensional nonlinear hybrid (volumetric/
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surface) registration method [Liu et al., 2004; Shen and
Davatzikos, 2002].

Measurement of Cortical Thickness, Cortical

Folding, and Fiber Density

Cortical thickness

Cortical thickness was measured in the native space
using the shortest distance between inner and outer corti-
cal surfaces at each vertex [Li et al., 2012]. For each sub-
ject, regional cortical thickness was defined as the average
thickness of all vertices belonging to the same ROI. A lin-
ear regression analysis was performed at every cortical
region of each age to remove the effects of multiple con-
founding variables: gender and overall mean cortical thick-
ness [He et al., 2007]. The residual of the regression was
treated as the raw cortical thickness value of each ROI.

Cortical folding

Several quantitative methods for measuring cortical fold-
ing have been proposed in the literature. For example, the
traditional gyrification index was first proposed by Zilles
et al. [1988] to measure the cortical folding in a 2D slice,
and recently extended to the 3D local gyrification by meas-
uring the cortical surface area in a sphere [Schaer et al.,
2008; Toro et al., 2008]. Meanwhile, curvature-based meth-
ods have also been proposed to measure the complexity of
the cortical folding especially in the developing brain [Pie-
naar et al., 2008; Rodriguez-Carranza et al., 2007; Nie et al.,
2010]. Recent comparison on the curvature-based measure-
ment and the gyrification index [Rodriguez-Carranza et al.,
2007] also shows that these two types of measurements per-
form similarly on inner cortical surfaces. In this paper, the
curvedness [Koenderink and Vandoorn, 1992; Nie et al.,
2012a] of the inner cortical surface was adopted to charac-

terize the local change of the cortical folding. For each sub-
ject, regional cortical folding was defined as the average
curvedness of all vertices belonging to the same ROI. Simi-
larly, a linear regression analysis was performed at every
cortical region of each age to remove the effects of multiple
confounding variables: gender and overall mean cortical
curvedness. The residual of the regression was treated as
the raw cortical curvedness value of each ROI.

Fiber density

In previous studies [Gong et al., 2009a, 2012], fiber con-
nection network was constructed using the DTI tractogra-
phy method, in which the connection between two ROIs is
directly defined as the fiber connection between these two
ROIs. However, the fiber connection network has certain
essential difference with anatomical correlation networks,
especially that the negative correlation relationship cannot
be well defined in the fiber connection networks [Gong
et al., 2012]. Thus, the fiber density [Nie et al., 2012a],
which is defined on the cortical surface, could be adopted
to construct the correlation network that measures the fiber
connection information. Specifically, to measure the fiber
density on cortical surface, axonal fibers were first recon-
structed via the streamline tractography method [Mori
et al., 1999; Mori and van Zijl, 2002; Stieltjes et al., 2001],
during which the FA threshold was set as 0.3. However,
the fiber could be either outside the inner cortical surface if
the gray matter is over-segmented, or inside the inner corti-
cal surface if the gray matter is under-segmented as shown
in Figure 1a. Hence, in order to use the fiber connection
information on the cortex, we project the fibers onto the
inner cortical surface as follows. If the end point of a fiber
lies outside the cortex, we search along the fiber backwards
the inner cortical surface (i.e., fiber 2 in Fig. 1a). Otherwise,
we extend the fiber towards the inner cortical surface (i.e.,
fiber 1 in Fig. 1a). The searching process stops either when

Figure 1.

An example of (a) the projected fibers and (b) computed fiber density on a cortical surface.

[Color figure can be viewed in the online issue, which is available at wileyonlinelibrary.com.]
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the fiber arrives at the surface, or exceeds a searching
threshold (20 mm). In the very rare cases when a fiber can-
not reach the surface, we treat this fiber as an outlier and
remove it from the data. The fiber density could be defined
as the number of fibers connected to a unit area (mm2) of
cortical surface. An example of fiber density on a cortical
surface is shown in Figure 1b. Similarly, a linear regression
analysis was also performed at every cortical region of each
age to remove the effects of multiple confounding variables:
gender and overall mean cortical fiber density.

Construction of Cortical-Thickness, Cortical

Folding, and Fiber-Density Correlation Networks

The construction of the anatomical connection matrix is
the key issue in characterizing human brain network
[Sporns et al., 2005]. In this study, the anatomical connection
as statistical associations in cortical thickness between brain
regions was defined similarly as in the previous studies
[Gong et al., 2012; Lerch et al., 2006; Worsley et al., 2005].
Specifically, the statistical similarity between two brain
regions was measured by computing the inter-regional Pear-
son correlation coefficient of cortical thickness across 73 sub-
jects. In this way, the inter-regional symmetric correlation
matrices (78 3 78) of cortical-thickness network can be con-
structed for neonate, 1 year old, and 2 year old, respectively,
as shown in Figure 2a–c. Similarly, the correlation matrices
for cortical curvedness can also be computed for three dif-
ferent time points, as shown in Figure 2d–f. Finally, the
inter-regional symmetric correlation matrices (78 3 78) of
fiber-density network were similarly constructed by calculat-
ing the Pearson correlation coefficients of fiber density of
any pair of regions across 37 subjects, with respective results
for 1 year old and 2 year old, shown in Figure 2g–h.

Comparison of Correlation Networks

The above processing results in multiple 78 3 78 sym-
metric correlation matrices for neonate, 1 year old, and 2
year old. For conceptual simplicity, our present study will
focus on a presence/absence pattern (i.e., binary pattern)
of connections. Similar to the previous studies [Achard
and Bullmore, 2007; Bassett et al., 2008; Gong et al., 2012],
we employed a sparsity-based thresholding approach,
where the sparsity was defined as the ratio of the number
of actual connections to the number of possible connec-
tions (78(7821)/2 5 3003) within the network. Specifically,
we applied the same sparsity threshold to all matrices,
ensuring the same number of supra-threshold regional
pair. As there is no definitive choice for a single threshold,
we identified a thresholding range for yielding a fully con-
nected cortical network with a small-world topology, as
previously proposed by Bassett et al. [2008].

To compare the convergence of two networks, we calcu-
lated the percentage of convergence (PC) via dividing the
number of convergent regional pairs (Ncon) by the number
of all supra-threshold regional pairs (Nsup):

PC5
Ncon

Nsup

where the PC is defined as the function of sparsity. As the
same sparsity threshold is applied to both networks, the
number of all supra-threshold regional pairs is identical
for both networks.

Comparison of Network Topological Properties

Previous studies have demonstrated the small-world
topology of both diffusion and thickness correlation net-
works, characterized by highly efficient information trans-
fer both locally and globally [Gong et al., 2009a; He et al.,
2007; Iturria-Medina et al., 2008]. The small-world topol-
ogy was originally proposed by using two classic graph
parameters: clustering coefficient and characteristic path
length (Watts and Strogatz, 1998]. This concept was then
generalized by introducing network efficiency that has a
number of conceptual and technical advantages [Achard
and Bullmore, 2007]. Conceptually, the local clustering C
and characteristic path length L correspond to the local
and global efficiency of the network, respectively. Here,
the network global efficiency is defined as the inverse of
the harmonic mean of shortest path length (dij) between
each pair of nodes within the network:

Eg5
1

NðN21Þ
X

i6¼j2G

1

dij

High global efficiency indicates better communication
within the networks. Meanwhile, the local efficiency repre-
sents how much the complex network is fault-tolerant,
indicating how well the information is communicated
within the neighbors of a given node when this node is
removed [Gong et al., 2012]. Here, the local efficiency for
each node could be calculated as the global efficiency of
the neighborhood subgraph Gi of the node. Then, the local
efficiencies across all nodes within the network are further
averaged to estimate the network local efficiency:

El5
1

N

X

i2G

EgðGiÞ

In the study of functional network, a small number of
regions (hubs) with an unusually large number of connec-
tions have been identified [Eguiluz et al., 2005]. Usually, the
nodes with the smallest mean shortest path length, or the
largest degree (number of connections to the node), were con-
sidered as the hubs of the network [Achard et al., 2006]. As
described by Gong et al. [2009b], to measure the connections
of each node (i), the regional efficiency Er(i) is defined as

ErðiÞ5
1

N21

X

i 6¼j2G

1

dij

Thus the regions were identified as the hubs in correla-
tion networks if their regional efficiency was at least one
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standard deviation (STD) greater than the average regional
efficiency of the network.

RESULTS

The Development of Correlation Matrices

The changes of correlation matrices can directly
reflect the development of different anatomical proper-

ties. As can be seen from Figure 2a–c, the cortical-
thickness correlation matrices at different ages show
similar patterns but with decreasing overall absolute
correlation value. On the contrary, the curvedness cor-
relation matrices show the increasing overall absolute
correlation value with even more similar connection
patterns as shown in Figure 2d–f). However, as indi-
cated in Figure 2g–h, the fiber-density correlation matri-
ces show less similarity between 1- and 2 year old,

Figure 2.

The cortical-thickness correlation matrices for (a–c) neonate, 1 year old, and 2 year old. The

curvedness correlation matrices for (d–f) neonate, 1 year old, and 2 year old. The fiber-density

correlation matrices for (g,h) 1 year old and 2 year old. [Color figure can be viewed in the

online issue, which is available at wileyonlinelibrary.com.]
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Figure 3.

The development of global and local efficiency in (a,b) cortical-thickness, (c,d) curvedness, and

(e,f) fiber-density correlation networks.
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compared to the respective cortical-thickness or curved-
ness correlation network.

The Development of Network Topological

Properties

The developments of global and local efficiency on
cortical-thickness, curvedness, and fiber-density correlation
networks at each year are shown in Figure 3 by different
color curves. The changes of the global efficiency in
cortical-thickness correlation networks is nonsignificant as
shown in Figure 3a, and the local efficiency in cortical-
thickness correlation networks decreases during the brain
development after birth as shown in Figure 3b. The devel-
opmental pattern of the global and local efficiency in the
fiber-density correlation networks, as shown in Figure 3e
and f, respectively, is similar to that of the cortical-
thickness correlation networks. On the contrary, the local
efficiency in the curvedness correlation networks increases
during the brain development after birth, as shown in
Figure 3d, whereas the global efficiency decreases as
shown in Figure 3c.

We also compared the global and local efficiency
between different types of correlation networks. All three
correlation networks show similar global efficiency values
(about 0.62 at sparsity equal to 0.30) as shown in Figure 3.
And the curvedness correlation networks show the highest
local efficiency (about 0.75 at sparsity equal to 0.30),
whereas the local efficiency of both cortical-thickness and
fiber-density correlation networks is smaller than 0.70 at
sparsity equal to 0.30.

The Convergence of Network During

Development

The consistency of cortical-thickness correlation net-
works (or curvedness correlation networks) during the
brain development of the first 2 years of life is shown in
Figure 4. The percentage of convergences between 2 year
old and 1 year old are higher than the percentage of con-
vergences between 1 year old and neonate in both cortical-
thickness and curvedness correlation networks, as indi-
cated in Figure 4a and b, respectively. This result indicates
that the network architecture may remain more similar
during the development from 1 year old to 2 year old.

The primary and secondary folding structures have
been well developed before birth, and the tertiary folding
structures are still undergoing rapid development after
birth [Nie et al., 2012a; Toro and Burnod, 2005]. Mean-
while, the cortical thicknesses at different cortical regions
are still developing rapidly and differently after birth
[Sowell et al., 2004]. Thus, we also compared the percent-
age of convergences between the cortical-thickness and the
curvedness correlation networks as shown in Figure 4. The
percentages of convergences of curvedness correlation net-
works (Fig. 4b) show higher value both on convergences
curves between 1 year old and neonate and between 2
year old and 1 year old, compared to those of cortical-
thickness correlation networks (Fig. 4a). This result indi-
cates that the development of cortical folding network
after birth is relatively subtle, compared to the cortical-
thickness correlation network, and it also shows that the
cortical anatomical network should be analyzed by multi-
ple cortical properties such as thickness, folding, and fiber
connections together.

Figure 4.

The development of percentage of convergence in (a) cortical-thickness and (b) curvedness cor-

relation networks.
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The Convergence of Different Networks

To further compare the difference of correlation net-
works, the percentage of convergence was calculated
between correlation networks at each age, as shown in Fig-
ure 5. As we can see, the PCs of different types of correla-
tion network (in Fig. 5) are much lower than the PCs in
the same type of correlation network between different
ages (in Fig. 4) (P<0.05). This result further indicates that
the cortical anatomical network should be constructed and
analyzed by different anatomical properties.

By comparing cortical-thickness and curvedness correla-
tion networks, we found that the PC at 1 year old is
smaller than at both birth and 2 year old as shown in Fig-
ure 5a (P<0.05). And we also found that the PC of fiber-
density and thickness correlation network are similar at 1

and 2 year olds as shown in Figure 5b, and the PC of
fiber-density and curvedness correlation network are also
similar at 1 and 2 year olds as shown in Figure 5c.

The Development of Hub Regions

in Correlation Networks

The hub regions of cortical-thickness, curvedness, and
fiber-density correlation networks from neonate to 2 year old
are shown in Figure 6. In the cortical-thickness correlation
networks, the left visual region is identified as a hub region
consistently during the development, while the hub regions
in the frontal lobe disappear after the first 2 years of develop-
ment as shown in Figure 6. On the contrary, the hub regions
in the frontal lobe remain consistently in the curvedness

Figure 5.

The percentage of convergence (PC) between cortical-thickness, curvedness, and fiber-density

correlation networks at each year: (a) curvedness vs. thickness, (b) fiber density vs. thickness,

and (c) fiber density vs. curvedness.

r Longitudinal Development of Cortical Thickness, Folding, and Fiber Density Networks r

r 3733 r



correlation networks during the development, while the hub
regions in other lobes disappear as shown in Figure 6. In the
fiber-density correlation networks, the hubs regions remain
consistently during the development as shown in Figure 6.
By comparing the hub regions in the cortical-thickness and

curvedness correlation networks, we find that the hub
regions are similar at neonate and then become totally differ-
ent at 2 year old. This result indicates that the development
of hub regions in the correlation networks shows different
patterns in different types of anatomical networks.

Figure 6.

The hub regions of cortical-thickness, curvedness and fiber density correlation networks from

neonate to 2 year old (the non-blue regions are hubs). [Color figure can be viewed in the online

issue, which is available at wileyonlinelibrary.com.]
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DISCUSSION AND CONCLUSION

For the first time, the development of cortical-thickness,
cortical-folding, and fiber-density correlation networks are
systematically analyzed to study the relationship between
different anatomical properties during the brain develop-
ment in the first 2 years of life. Though other cortical
measurements might also reach similar results, these three
measurements were adopted in our experiments consider-
ing that the cortical thickness, cortical folding, and fiber
connection are the three most important features meas-
uring the distinguished attributes of the cortex for charac-
terizing cortical structures and brain network connections.
The results show that the development of anatomical net-
works could be characterized differently by using different
anatomical properties.

The developments of different types of correlation net-
works illustrate different properties in our results. As the
cortical thicknesses at different cortical regions are still
developing rapidly and differently after birth [Li et al.,
2013; Sowell et al., 2004] because of dendrite development
and pruning processes, the local efficiency decreases dur-
ing the first 2 years of Life. Meanwhile, the hub regions
disappear in the high-level functional region (frontal lobe)
and remain consistently (visual area) or appear (post-cen-
tral gyrus) in the early developed region. As only the terti-
ary folding structures are still undergoing rapid
development after birth [Nie et al., 2012a; Toro and Bur-
nod, 2005], the cortical-folding correlation networks show
contrary features in our results. For example, the hub
regions disappear in early developed region (postcentral
gyrus) and remain consistently in the developing high-
level function region (frontal lobe). As the fiber density
mainly measures the density of long fibers, which should
be developed before birth [Van Essen, 1997], the topology
and hub regions of fiber-density correlation networks
remains consistently from 1 year old to 2 year old. The
development of anatomical networks also shows different
patterns compared to the development of functional net-
work obtained by fMRI studies [Gao et al., 2011].

During the brain development, the mechanisms of corti-
cal folding remains unclear. Serveral hypotheses have
been proposed to explain the relationship between these
anatomical properties [Nie et al., 2012b; Passingham et al.,
2002; Van Essen, 1997]. The areal difference, especially the
cytoarchitectonic difference that causes regional mechani-
cal property (such as cortical thickness) variation, is con-
sidered as the determinant factor in gyrification. On the
other hand, the variation of regional cortical thickness is
also considered as the result of gyrification determined by
fiber connections [Van Essen, 1997]. In our result, both
cortical-thickness and fiber-density networks show certain
convergence with cortical folding networks, but we also
identify the difference between networks, especially the
different developmental pattern of networks in the first 2
years of life. This indicates that the cortical folding pattern
cannot be simply determined by any single factor, and

also could be affected by different factors at different
developmental stages.

There are still certain methodological issues that need to
be addressed in our future work. First, the microstructural
fiber connections in the brain could not be fully tracked
using the current diffusion MRI tractography methods.
Comparing to the diameter of the actual fiber, the resolu-
tion of DTI image is still not high enough to resolve the
crossing fiber bundles. More accurate measurement of
fiber connection needs more sophisticated tractography
algorithms and higher resolution of diffusion imaging
techniques in the future. Second, the sub-cortical structures
which include huge number of fiber connections to the
cortex could be included in the future work. Third, as the
cortical measurements could also be extracted using other
methods/tools or from other definitions, the results
derived might be different, which is the issue that could
be studied in the future. Finally, it has been demonstrated
that brain network topology depends on the scheme of
brain parcellation [Wang et al., 2009; Zalesky et al., 2010].
Thus, different parcellations of the cortical surface [Li et
al., 2009] could be also studied in the future.
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