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Abstract: Organogenesis constitutes the biological feature driving plant in vitro regeneration, in
which the role of plant hormones is crucial. The use of machine learning (ML) technology stands out as
a novel approach to characterize the combined role of two phytohormones, the auxin indoleacetic acid
(IAA) and the cytokinin 6-benzylaminopurine (BAP), on the in vitro organogenesis of unexploited
medicinal plants from the Bryophyllum subgenus. The predictive model generated by neurofuzzy
logic, a combination of artificial neural networks (ANNs) and fuzzy logic algorithms, was able to
reveal the critical factors affecting such multifactorial process over the experimental dataset collected.
The rules obtained along with the model allowed to decipher that BAP had a pleiotropic effect on
the Bryophyllum spp., as it caused different organogenetic responses depending on its concentration
and the genotype, including direct and indirect shoot organogenesis and callus formation. On the
contrary, IAA showed an inhibiting role, restricted to indirect shoot regeneration. In this work,
neurofuzzy logic emerged as a cutting-edge method to characterize the mechanism of action of two
phytohormones, leading to the optimization of plant tissue culture protocols with high large-scale
biotechnological applicability.

Keywords: algorithms; artificial intelligence; auxins; cytokinins; in vitro culture; Kalanchoe; plant
growth regulators (PGRs); plant tissue culture

1. Introduction

Recent reports have highlighted that the 25% of all drugs approved by the Food and Drug
Administration (FDA) proceed from plant sources [1]. From an industrial point of view, plant in vitro
tissue culture constitutes a successful technology for large-scale processes: it offers an enhanced
yield stability and quality of plant by-products and, at the same time, it enables the inclusion of
different applications under controlled conditions to respond to industrial requirements [2]. In this
sense, a plethora of strategies has already been applied to that end, such as metabolic engineering,
elicitation and culture media optimization [3]. Thus, plant in vitro regeneration constitutes one of the
basic strategies that are commonly applied in plant biotechnology for the exploitation of medicinal
species and it is driven, at a cellular level, by plant in vitro organogenesis. Organogenesis is a highly
complex feature that takes advantage of plant cell totipotency to form new organs with the ability
of developing into functional plantlets, under specific conditions [4]. The complexity associated
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with the understanding of plant organogenesis is mostly due to a series of factors that drives this
process, as it depends on both genetic and environmental factors. Concerning genetical factors, the
molecular knowledge behind organogenesis has been focused on a high number of studies performed
on Arabidopsis [5]. Although such studies shed light about the molecular basis of this process, additional
works concluded that organogenesis is highly dependent on the genotype studied, and universal
assumptions should be avoided [6]. Environmental factors also play a key role in organogenesis;
however, under in vitro conditions, most of these factors are represented by culture media components
and growth conditions, thus emerging as a convenient tool for developing experimental studies in the
field of organogenesis [7]. Among the culture media constituents, natural plant hormones, known
as phytohormones, act as plant growth regulators (PGRs) that modulate the occurrence of signaling
events during organogenesis. More precisely, auxins (AXs) and cytokinins (CKs) are considered the
principal phytohormones involved in this process [8]. They both work coordinately to guide different
organogenetic responses towards the formation of new structures that give rise to organs, through a
complex intracellular crosstalk that has not been fully elucidated to date [9].

Common protocols for in vitro organogenesis and plant regeneration are based on the transference
of explants onto culture media containing different exogenous PGRs, including both natural and/or
synthetic hormones. Such molecules then cause a regenerative process driven by the development
of adventitious shoots, which can eventually undergo rooting to form fully developed plantlets.
Nevertheless, this process may occur either directly, from explant cuttings to shoots, or indirectly, via
callus formation [10]. On the other hand, one of the factors that should be considered when developing
experimental protocols based on organogenesis, is the induction of somaclonal variation, which may
induce relevant modifications that can interfere with the genetic fidelity of plant multiplication [11].
In general, genetic instability is inherent to plant tissue culture; however, the method involved in
multiplication determines the incidence of somaclonal variation. In this sense, direct shoot regeneration
minimizes the chance of genetic instability, compared to callus-mediated regeneration [12], so the role
of exogenous phytohormones goes beyond phenotypical traits and, consequently, it is mandatory to
achieve an adequate phytohormonal balance for each genotype in order to accomplish efficient plant
tissue culture protocols [13].

Due to their multifactorial behavior, the design of universal protocols for plant regeneration is
still a challenging task: the impossibility of predicting the wide range of biological events that takes
place during organogenesis, forces the development of specific, complex empirical studies applied
to different genotypes. Such complexity is mostly due to the large amount of experimental data and
their heterogeneous nature, which motivate the construction of unmanageable databases that make the
analysis and interpretation of results using traditional statistical methods difficult [14]. As a solution,
the use of machine learning (ML) approaches has been recently proposed [15]. Machine learning
algorithms have the ability of predicting and characterizing complex processes, which include multiple
variables, thus becoming an efficient, predictive decision-making tool [16].

ML technology relies on the combination of computational statistics with algorithms [16], thus
resulting in robust mathematical models constructed from a dataset that includes several independent
variables or factors (named as inputs) and dependent variables or responses (named as outputs). Hence,
the use of different ML approaches, such as artificial neural networks (ANNs), stands out as a novel
and efficient approach to provide insight about the underlying multifactorial mechanisms driving
plant organogenesis. The combination of ANNs with fuzzy logic, known as neurofuzzy logic, becomes
a powerful tool for data modeling, thus making the optimization and prediction of complex processes
easier and, at the same time, it provides a simplistic interpretation of results, by the generation of
“IF–THEN” rules [17]. Furthermore, this computer-based tool is able to range both input and output
values at different levels (low, mid, high, etc.) according to the generated model, combined with a
corresponding membership degree value that varies between 0 and 1 [14].
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The use of this artificial intelligence-based tool has been successfully applied in the field of plant
tissue culture, as it was demonstrated for germination [18], micropropagation [19] and the enhancement
of phenolic compounds production [15].

In this work, we will take advantage of the use of algorithms, instead of traditional statistics, for
deciphering the role and concealed interactions existing between exogenously applied phytohormones,
AXs and CKs, on the organogenesis of unexploited medicinal plants belonging to the Bryophyllum
subgenus. Bryophyllum spp. constitutes a large group of plants from the genus Kalanchoe (Crassulaceae),
commonly known for their uses in traditional medicine, across Africa and Asia, for the treatment
of chronic disorders, including diabetes and neurodegenerative, cardiovascular and neoplastic
diseases [20]. To date, limited information is available about the in vitro propagation of Bryophyllum
species. Consequently, our study is committed to provide insight into the critical factors that
influence the in vitro organogenesis of Bryophyllum spp., by focusing on the effects developed by the
exogenous application of two phytohormones: the auxin indoleacetic acid (IAA) and the cytokinin
6-benzylaminopurine (BAP).

2. Materials and Methods

2.1. Plant Material

Three different species belonging to the Bryophyllum genus were subjected to the establishment
of plant in vitro culture: Bryophyllum daigremontianum Raym.—Hamet et Perr. (BD), Bryophyllum ×
houghtonii D.B. Ward (Bryophyllum daigremontianum × tubiflorum, BH) and Bryophyllum tubiflorum Harv
(BT). Epiphyllous plantlets from adult plants grown in a local greenhouse (42◦12′40.0′′ N 8◦43′36.1′′ W)
were collected and disinfected according to previous works [21]. Plantlets were later transferred by
groups of three individuals to culture vessels containing 25 mL of previously autoclaved Murashige and
Skoog (MS) medium [22], supplemented with 3% (w/v) sucrose and solidified with 0.8% (w/v) agar at pH
= 5.8. Cultures were placed into a growth chamber with a photoperiod of 16 h light (55 µmol m−2 s−1)
and 8 h dark at 25 ± 1 ◦C. Plantlets were subcultured every 12 weeks to fresh media, by using
newly-formed epiphyllous buds as the new propagation explants, and plants from the 6th subculture
(after 72 weeks) were used here as the source of foliar disks for in vitro organogenesis experiments.

2.2. Organogenesis Experiments

Foliar disks (�1 cm2) were excised and used for the subsequent in vitro organogenesis experiments.
The leaf disks (3) were placed into each culture vessel (4) and used for each treatment, making up a
total of 12 biological replicates (n = 12). All vessels were placed randomly in a growth chamber under
the same conditions described above.

The culture medium for such experiments consisted in the previously described MS medium
supplemented with different concentrations of two phytohormones: the auxin indoleacetic acid
(IAA) and the cytokinin 6-benzylaminopurine (BAP). More concisely, four different levels of each
phytohormone were used: 0, 0.25, 0.5 and 1 mg L−1, which constituted 16 treatments (Table 1).

Table 1. Phytohormone treatments used for the Bryophyllum spp. organogenesis experiments. All
treatments contained MS as the basal medium.

Treatment (IAA) (mg L−1) (BAP) (mg L−1) Treatment (IAA) (mg L−1) (BAP) (mg L−1)

T01 0 0 T09 0.5 0
T02 0 0.25 T10 0.5 0.25
T03 0 0.5 T11 0.5 0.5
T04 0 1.0 T12 0.5 1.0
T05 0.25 0 T13 1.0 0
T06 0.25 0.25 T14 1.0 0.25
T07 0.25 0.5 T15 1.0 0.5
T08 0.25 1.0 T16 1.0 1.0
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After 8 weeks, six parameters were determined to analyze in vitro organogenesis from the
responses observed on the foliar disks:

1. Percentage of direct shoot regeneration (%DS): percentage of explants showing newly formed
direct shoots.

2. Percentage of indirect shoot regeneration (%IS): percentage of explants showing newly formed
indirect shoots.

3. Number of direct shoots (NDS): number of newly formed direct shoots per explant.
4. Number of indirect shoots (NIS): number of newly formed indirect shoots per explant.
5. Percentage of callus formation (%CAL): percentage of explants showing callus formation.
6. Percentage of direct rooting (%DR): percentage of explants showing direct rooting.

2.3. Modelling Tools

The combination of two ML approaches—neural networks (ANNs) and fuzzy logic, named
neurofuzzy logic—was used to build the mathematical models [14,15]. Once all experimental data
were collected, they were incorporated into one database and subjected to artificial intelligence analysis
by FormRules® 4.03 neurofuzzy logic software (Intelligensys, Ltd., North Yorkshire, United Kingdom).
As stated earlier, the experimental design included a total of 48 combinations (3 × 24), as a result of
merging 3 different genotypes (BD, BH and BT) × 2 different phytohormones (IAA and BAP) × 4 levels
and their interactions. Thus, a database was constructed including the 3 factors (selected as inputs):
genotype, IAA and BAP concentrations; and the six organogenesis-related parameters indicated above
(classified as outputs): %DS, %IS, NDS, NIS, %CAL and %DR.

For the model construction, the training parameters found in Table 2 were used. Cross validation
(CV) was the algorithm used for model selection criteria. It drives the division of data into several
subsets and one of them is taken out from the training set and later used for testing the results obtained
by the training of the other subsets. As a consequence, the generated model offers a higher robustness
of predicted values, by avoiding data redundancy [23]. Following model generation, the corresponding
submodels were established by FormRules® throughout the adaptative-spline-modeling-of-data mode
(ASMOD).

Table 2. Training parameters for model construction by FormRules 4.03®.

Minimization Parameters

MODEL SELECTION CRITERIA:
Cross Validation (CV)

Number of set densities: 2
Set densities: 2, 3

Adapt nodes: TRUE
Max. inputs per submodel: 4

Max. nodes per input: 15

One of the most important advantages in the use of neurofuzzy logic is the simplification of the
results, by making their interpretation easier, as the results for inputs were expressed as “IF–THEN”
rules. At the same time, the software was able to range both input and output values at different levels
(low, mid, high, etc.) according to the generated model, combined with a corresponding membership
degree value that varies between 0 and 1 [14]. The degree of membership represents a degree of truth,
ranging from 0 to 1, meaning 1 that the expected output value is always a complete member of the
fuzzy set “low”, “medium” or “high” [14,17].
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In addition, FormRules® provided independent predictive models for each output and their
quality was evaluated throughout the determination coefficient of the training set, called Train Set R2,
defined by Equation (1):

R2 =

1−
Σn

i=1

(
yi − y′i

)2

Σn
i=1

(
yi − y′′i

)2

× 100 (1)

where yi refers to the experimental values from the dataset, y′i refers to the predicted values generated
by the model and y′′i refers to the mean of the dependent variable. The Train Set R2 was expressed as a
percentage and significant predictive values ranged between 70% and 99.9%. Values above 99.9% were
rejected as they are indicators of model overfitting [24]. Finally, analysis of variance (ANOVA) was
performed in order to determine model accuracy, by evaluating the significant differences between the
experimental data and predicted values obtained after fuzzification.

2.4. Statistical Analysis

Binary data (regeneration/no regeneration; callus/no callus; rooting/no rooting) reported for
%DS, %IS, %CAL and %DR were statistically evaluated by binary logistic regression. Differences
between treatments were analyzed by multiple comparisons adjusted by the Sidak method (p < 0.01),
as suggested by other authors [25]. For count data derived from NDS and NIS, a non-parametric
Kruskal–Wallis test was performed (p < 0.01), according to previous works [26]. The software used
was SPSS 25 (IBM Corp., 2017, Armonk, NY, USA).

3. Results

The results from the organogenesis experiment are shown in Table 3. As it can be seen, the
database constructed by the experimental data is large and the information derived from it is limited.
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Table 3. Results from organogenesis on Bryophyllum spp. cultured in vitro. The results for each output were expressed as the mean ± standard error (n = 12). Different
letters indicate significant differences (p < 0.01). Bold values indicate the maximum value for each output.

Treat. Genot. IAA
(mg L−1)

BAP
(mg L−1)

%DS %IS NDS NIS %CAL %DR

T01
BD 0 0 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 a

BH 0 0 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 a

BT 0 0 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 a

T02
BD 0 0.25 41.7 ± 7.0 bc 0.0 ± 0.0 d 2.3 ± 0.5 b 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 a

BH 0 0.25 61.1 ± 3.0 b 0.0 ± 0.0 d 2.0 ± 0.2 b 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 a

BT 0 0.25 27.8 ± 3.7 c 50.0 ± 5.3 b 1.7 ± 0.2 bc 2.3 ± 0.4 bc 72.2 ± 8.1 ab 0.0 ± 0.0 a

T03
BD 0 0.5 83.3 ± 9.1 ab 0.0 ± 0.0 d 1.9 ± 0.1 b 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 a

BH 0 0.5 52.8 ± 13.0 b 0.0 ± 0.0 d 2.0 ± 0.0 b 0.0 ± 0.0 d 0.0 ± 0.0 d 11.1 ± 6.1 a

BT 0 0.5 11.1 ± 6.1 cd 88.9 ± 6.1 a 1.3 ± 0.7 bcd 2.7 ± 0.1 b 88.9 ± 6.1 a 0.0 ± 0.0 a

T04
BD 0 1.0 47.2 ± 1.9 bc 0.0 ± 0.0 d 1.8 ± 0.3 bc 0.0 ± 0.0 d 0.0 ± 0.0 d 11.1 ± 6.1 a

BH 0 1.0 100.0 ± 0.0 a 0.0 ± 0.0 d 3.2 ± 0.2 ab 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 a

BT 0 1.0 0.0 ± 0.0 d 44.4 ± 7.5 bc 0.0 ± 0.0 d 1.4 ±0.1 c 100.0 ± 0.0 a 0.0 ± 0.0 a

T05
BD 0.25 0 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 a

BH 0.25 0 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 d 11.1 ± 6.1 a

BT 0.25 0 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 a

T06
BD 0.25 0.25 19.4 ± 5.5 cd 0.0 ± 0.0 d 0.7 ± 0.2 cd 0.0 ± 0.0 d 0.0 ± 0.0 d 8.3 ± 4.6 a

BH 0.25 0.25 41.7 ± 7.0 bc 0.0 ± 0.0 d 1.0 ± 0.0 c 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 a

BT 0.25 0.25 0.0 ± 0.0 d 33.3 ± 10.5 c 0.0 ± 0.0 d 1.0 ± 0.5 cd 100.0 ± 0.0 a 0.0 ± 0.0 a

T07
BD 0.25 0.5 33.3 ± 7.5 c 0.0 ± 0.0 d 1.8 ± 0.1 bc 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 a

BH 0.25 0.5 61.1 ± 3.0 b 0.0 ± 0.0 d 2.3 ± 0.2 b 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 a

BT 0.25 0.5 0.0 ± 0.0 d 69.4 ± 10.7 ab 0.0 ± 0.0 d 3.1 ± 0.3 ab 100.0 ± 0.0 a 0.0 ± 0.0 a

T08
BD 0.25 1.0 47.2 ± 1.9 bc 0.0 ± 0.0 d 2.2 ± 0.6 b 0.0 ± 0.0 d 0.0 ± 0.0 d 19.4 ± 1.9

a

BH 0.25 1.0 88.9 ± 6.1 ab 0.0 ± 0.0 d 3.7 ± 0.2 a 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 a

BT 0.25 1.0 27.8 ± 3.7 c 27.8 ± 3.7 c 0.8 ± 0.1 cd 1.3 ± 0.4 cd 27.8 ± 3.7 c 0.0 ± 0.0 a
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Table 3. Cont.

Treat. Genot. IAA
(mg L−1)

BAP
(mg L−1)

%DS %IS NDS NIS %CAL %DR

T09
BD 0.5 0 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 a

BH 0.5 0 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 a

BT 0.5 0 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 a

T10
BD 0.5 0.25 38.9 ± 3.7 bc 0.0 ± 0.0 d 1.2 ± 0.1 c 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 a

BH 0.5 0.25 38.9 ± 3.7 bc 0.0 ± 0.0 d 1.2 ± 0.1 c 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 a

BT 0.5 0.25 58.3 ± 5.6 b 0.0 ± 0.0 d 1.3 ± 0.1 c 0.0 ± 0.0 d 0.0 ± 0.0 d 11.1 ± 6.1 a

T11
BD 0.5 0.5 77.8 ± 6.1 ab 0.0 ± 0.0 d 2.3 ± 0.3 b 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 a

BH 0.5 0.5 88.9 ± 6.1 ab 0.0 ± 0.0 d 2.8 ± 0.1 ab 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 a

BT 0.5 0.5 0.0 ± 0.0 d 55.6 ± 7.5 b 0.0 ± 0.0 d 1.8 ± 0.2 c 88.9 ± 6.1 a 0.0 ± 0.0 a

T12
BD 0.5 1.0 47.2 ± 7.6 bc 0.0 ± 0.0 d 1.9 ± 0.3 b 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 a

BH 0.5 1.0 61.1 ± 3.0 b 0.0 ± 0.0 d 3.5 ± 0.3 ab 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 a

BT 0.5 1.0 0.0 ± 0.0 d 8.3 ± 4.6 d 0.0 ± 0.0 d 0.3 ± 0.2 cd 100.0 ± 0.0 a 0.0 ± 0.0 a

T13
BD 1.0 0 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 a

BH 1.0 0 8.3 ± 4.6 d 0.0 ± 0.0 d 0.3 ± 0.2 cd 0.0 ± 0.0 d 0.0 ± 0.0 d 16.7 ± 9.1 a

BT 1.0 0 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 a

T14
BD 1.0 0.25 44.4 ± 14.9 bc 0.0 ± 0.0 d 0.8 ± 0.1 cd 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 a

BH 1.0 0.25 36.1 ± 9.3 bc 0.0 ± 0.0 d 1.6 ± 0.1 bc 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 a

BT 1.0 0.25 8.3 ± 4.6 d 69.4 ± 10.7 ab 0.3 ± 0.2 cd 3.6 ± 0.7 a 69.4 ± 10.7 b 0.0 ± 0.0 a

T15
BD 1.0 0.5 61.1 ± 3.0 b 0.0 ± 0.0 d 2.5 ± 0.5 ab 0.0 ± 0.0 d 11.1 ± 6.1 cd 0.0 ± 0.0 a

BH 1.0 0.5 80.6 ± 5.5 ab 0.0 ± 0.0 d 2.4 ± 0.2 ab 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 a

BT 1.0 0.5 11.1 ± 6.1 cd 25.0 ± 3.7 c 0.7 ± 0.4 cd 1.2 ± 0.7 cd 36.1 ± 7.5 c 0.0 ± 0.0 a

T16
BD 1.0 1.0 77.8 ± 6.1 ab 8.3 ± 4.6 d 1.8 ± 0.1 bc 0.7 ± 0.4 cd 19.4 ± 1.9 cd 0.0 ± 0.0 a

BH 1.0 1.0 88.9 ± 6.1 ab 0.0 ± 0.0 d 2.7 ± 0.2 ab 0.0 ± 0.0 d 0.0 ± 0.0 d 0.0 ± 0.0 a

BT 1.0 1.0 22.2 ± 6.1 c 27.8 ± 3.7 c 0.7 ± 0.2 cd 1.2 ± 0.1 cd 77.8 ± 6.1 ab 0.0 ± 0.0 a
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According to Table 3, most treatments (66.7%) induced direct shoot regeneration and the results
for %DS showed that the maximum value (100%) corresponded to the genotype BH cultured on the
treatment T04, which included the maximum concentration of BAP (1 mg L−1) in the absence of IAA. In
the case of BD, the maximum value, 83.3%, was obtained with treatment T03 that exclusively included
0.5 mg L−1 BAP. In contrast, BT behaved differently, as the highest %DS value was significantly lower
(p < 0.001) than the other species, 58.3% in the treatment T10, presenting a combination of 0.5 mg L−1

IAA and 0.25 mg L−1 BAP, with a lower efficiency.
The results for the percentage of indirect shoot regeneration (%IS) showed a very differential

pattern with respect to %DS: (i) only 25% of the treatments promoted indirect shoot regeneration; and
(ii) the maximum value was recorded for BT cultured on T03: 88.9% (Table 3). In contrast, for the
rest of the genotypes, BH did not show indirect shoot organogenesis for any of the treatments used,
whereas BD did, with a residual value of 8.3%, only on treatment T16, which contained the maximal
concentration of both IAA and BAP. The comparison between direct and indirect shoot regeneration
indicated that each process was individually caused by different factors and BT showed a differential
behavior, which contrasts with the results obtained for BD and BH. These findings suggest the existence
of underlying interactions between two or more factors that regulate both processes in every species.

The maximum number of direct shoots (NDS) was reported for BH on T08, which accounted for
3.7 direct shoots per explant (Table 3). For BD, the highest value was 2.5 direct shoots per explant,
obtained on T15. Thus, BT showed the maximum NDS of 1.7 on the treatment T02. These observations
show that NDS is independent of the rate of direct shoot regeneration (%DS), as they present different
phytohormonal requirements, according to our results. The same observations were valid for the
number of indirect shoots, NIS, where BT achieved a maximum value of 3.6 indirect shoots per explant
with the treatment T14 (Table 3) that was supplied with a different combination of phytohormones
than T03, which provide the maximum value observed for %IS.

Concerning the rate of callus formation, %CAL, results are related to those of %IS, since BH
explants did not experience this process on any treatment tested and BD did only in two of them (T15
and T16). In contrast, all BT explants (100.0%) were able to develop calli on diverse treatments: T04,
T06, T07 and T12 (Table 3).

Finally, in the case of percentage of direct rooting (%DR), almost none (85.4%) of the treatments
induced direct rooting, as very low values were obtained for all species (Table 3) without statistical
differences among the treatments (p < 0.001). The maximum values also were very low, in the range
of 11–20%, for each genotype: BD (T08), BH (T13) and BT (T10). It should be noted that indirect
rooting was not detected in this study and it was not further considered. Once again, each genotype
showed different phytohormonal requirements for the induction of root formation, as it happened for
shoot regeneration.

In summary, all these results demonstrated that simple statistical analysis gave much results
about differences among the treatments but poor information (knowledge) about the key factors that
control organogenesis, due to the non-linear and multifactorial interactions between the factors. The
high complexity of the physiological phenomena that takes place during in vitro organogenesis, and
the intricate interactions observed between phytohormones and genotypes, enabled the application of
ANNs, combined with fuzzy logic, to reveal the relative significance of each factor and their hidden
interactions on every process monitored during Bryophyllum organogenesis. Table 4 summarizes the
results for the model generated by neurofuzzy logic.
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Table 4. Critical factors and quality parameters detected by neurofuzzy logic. Bold inputs correspond
to the strongest effect identified for every output.

Outputs Train Set R2 f Ratio df1, df2 f Critical
(α > 0.05) Significant Inputs

%DS 84.34 15.70 12, 47 1.97 BAP × Genotype

%IS 75.56 13.06 9, 47 2.09 BAP × Genotype

NDS 75.26 20.78 6, 47 2.30 BAP × Genotype

NIS 71.56 8.24 11, 47 2.00
BAP × Genotype

IAA

%CAL 79.68 11.43 12, 47 1.97 BAP × Genotype

%DR 0.69 0.15 2, 47 3.20 -

The efficacy of neurofuzzy logic was demonstrated by the ability of predicting five out of six
outputs, given by Train Set R2 values higher than 70% (Table 4). The only output that did not reach
a significant predictability was %DR, whereas all the outputs related to shoot organogenesis and
callus formation were efficiently predicted. The most important factors spotted by the model were
the same for the outputs: %DS, %IS, NDS, NIS and %CAL (Table 4), providing key information on
which factors caused the detected effects, specifically the interaction between genotype and BAP
concentration. Additionally, for NIS, a second submodel was generated, with a lighter effect, concerning
IAA concentration. The predictability of the model was assessed by the ANOVA f ratio, being always
higher than the f critical values, highlighting that no statistical differences were observed (p < 0.05)
between the experimental and the predicted values generated by the model (Table 4).

Although these results could seem simplistic, FormRules® has the ability of generating the
corresponding rules that define the influence of each factor on every output, as shown in Table 5. As it
could be noted for each output, the model arranged the phytohormone concentrations into different
levels, from “low” to “high” (Table 5), which were additionally defined by ML technology (Figure S1).
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Table 5. Rules generated by the model. The bolded rules indicate the inputs with the strongest effect on each output, with the highest and the lowest responses and
their membership degree.

Rules Genotype BAP IAA %DS %IS NDS NIS %CAL Membership

1

IF

BD LOW

THEN

LOW 1.00

2 BD MID
LOW LOW 0.64

3 BD MID
HIGH HIGH 0.64

4 BD HIGH HIGH 0.55
5 BH LOW LOW 0.98

6 BH MID
LOW LOW 0.56

7 BH MID
HIGH HIGH 0.71

8 BH HIGH HIGH 0.85
9 BT LOW LOW 1.00

10 BT MID
LOW LOW 0.76

11 BT MID
HIGH LOW 0.94

12 BT HIGH LOW 0.88

13

IF

BD LOW

THEN

LOW 1.00
14 BD MID LOW 1.00
15 BD HIGH LOW 0.98
16 BH LOW LOW 1.00
17 BH MID LOW 1.00
18 BH HIGH LOW 1.00
19 BT LOW LOW 0.97
20 BT MID HIGH 0.70
21 BT HIGH LOW 0.70

22

IF

BD LOW

THEN

LOW 0.85
23 BD HIGH HIGH 0.63
24 BH LOW LOW 0.88
25 BH HIGH HIGH 0.95
26 BT LOW LOW 0.90
27 BT HIGH LOW 0.86
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Table 5. Cont.

Rules Genotype BAP IAA %DS %IS NDS NIS %CAL Membership

28

IF

BD LOW

THEN

LOW 1.00
29 BD MID LOW 1.00
30 BD HIGH LOW 1.00
31 BH LOW LOW 1.00
32 BH MID LOW 1.00
33 BH HIGH LOW 1.00
34 BT LOW LOW 1.00
35 BT MID HIGH 1.00
36 BT HIGH LOW 0.59
37 LOW LOW 0.75
38 MID LOW 0.95
39 HIGH LOW 0.75

40

IF

BD LOW

THEN

LOW 1.00

41 BD MID
LOW LOW 1.00

42 BD MID
HIGH LOW 0.97

43 BD HIGH LOW 0.95
44 BH LOW LOW 1.00

45 BH MID
LOW LOW 1.00

46 BH MID
HIGH LOW 1.00

47 BH HIGH LOW 1.00
48 BT LOW LOW 1.00

49 BT MID
LOW HIGH 0.60

50 BT MID
HIGH HIGH 0.78

51 BT HIGH HIGH 0.76
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The neurofuzzy model predicted that culture media supplemented with low BAP concentrations
(<0.125 mg L−1) always caused low %DS, independently of the genotype studied (membership degrees
0.98–1.00, Rules 1, 5 and 9; Table 5). On the contrary, the model suggests than other factors were
involved in direct regeneration, because the %DS highest value was predicted at mid-high BAP
concentrations (0.375–0.75 mg L−1) for BD (membership 0.71; Rule 3) and high BAP concentrations
(>0.75 mg L−1) for BH (membership 0.85; Rule 8). It should be noted that, in all cases, %DS was
predicted as low for BT, with independence of the BAP concentration (Rules 9–12).

In the case of %IS, the model exclusively revealed high predicted values for BT at mid BAP
concentrations (0.25–0.75 mg L−1, Rule 20), the other values being low, with the strongest effects
awarded to BD and BH independently of the phytohormone concentration (Rules 13–18).

In parallel, the results for NDS and NIS were in line with those of %DS and %IS, respectively
(Table 5). NDS was high for both the BD and BH genotypes at high BAP concentrations, the latter
showing the strongest effect (0.5–1 mg L−1, Rules 23 and 25), whereas BT showed low values for NDS
in all cases (Rules 26 and 27). On the contrary, the only high value for NIS was predicted for BT at mid
BAP concentrations (0.25–0.75 mg L−1, Rule 35), being low for the other two genotypes BD and BH,
at any BAP concentration (Rules 28–33). In this case, IAA also played a significant role in NIS, as it
was predicted as a negative factor on this output, since it caused low NIS values at any concentration
(Rules 37–39).

In the same way, the prediction for %CAL was in line with the results related to indirect
organogenesis, thus revealing that callus formation is crucial in such process: %CAL was high for
BT, showing the strongest effect at mid and higher BAP concentrations (>0.375 mg L−1, Rules 49–51),
whereas it was always low (membership 1.00) at low BAP concentrations (<0.125 mg L−1, Rule 48).
Finally, for BD and BH, regardless of phytohormone concentrations, a low rate of callus formation was
reported (membership 0.95–1.00; Rules 40–47).

For a better understanding of the influence of these two phytohormones on the organogenesis of
Bryophyllum spp., the graphical interpretation for the prediction of each output is shown in Figure 1.

Remarkably, in addition to the rules, the 3-D graphical interpretation for the model indicates a
clear influence of the genotype on the organogenesis of Bryophyllum spp., as it showed that BD and
BH present similar organogenetic patterns (Figure 1A–J), which were clearly opposite to those found
for BT (Figure 1K–O). Colors improve 3-D graphs interpretation. As an example, the rules described
above for %DS (1–12; Table 5) can be visualized as if low BAP concentrations always promote low %DS
responses (orange), and only high (dark blue) or mid-high (blue) concentrations drive high %DS values
(Figure 1A,F,K). On the contrary, in the case of %IS, the 3-D graphs revealed high values (dark blue) for
BT at mid BAP concentrations (0.25–0.75 mg L−1, Figure 1L), the rest of the values being low (green and
orange zones). For BH and BD, %IS was always low, independently of phytohormone concentrations
(red, Figure 1B,G). For the rest of parameters, a clear cause–effect relation can be observed on NDS
(Figure 1C,H,M) and NIS (Figure 1D,I,N) for mid and high BAP concentrations for each genotype,
following similar trends than %DS and %IS, respectively. In addition, the effect of IAA concentrations
on NIS (Figure 1N) can be clearly observed, as described by Rules 37–39 (Table 5).

In general, the use of ML modelling facilitated the understanding of the results to reveal the
concealed interactions of BAP and IAA on the development of organogenesis-related events on
Bryophyllum spp. In order to show the power of ML technology in predicting and prioritizing the
role and interactions of these two phytohormones, an integrative model was proposed in Figure 2 to
characterize their effects on Bryophyllum organogenesis, focused on the major effects shown by BAP
and genotypes.
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Figure 1. Graphical tridimensional extrapolation of the predictive models, generated for each output
and genotype, by FormRules®: (A–E) results for Bryophyllum × houghtonii (BH); (F–J) results for
Bryophyllum daigremontianum (BD); (K–O) results for Bryophyllum tubiflorum (BT); (A,F,K) refer to
percentage direct shoot regeneration (%DS); (B,G,L) refer to percentage indirect shoot regeneration
(%IS); (C,H,M) refer to number of direct shoots (NDS); (D,I,N) refer to number of indirect shoots (NIS);
(E,J,O) refer to percentage of callus formation (%CAL). BAP and IAA concentrations are expressed
as mg L−1.
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4. Discussion

Medicinal plant research strongly depends on the establishment of efficient in vitro culture
protocols to ensure a stable and scalable plant multiplication. For such purposes, organogenesis plays a
critical role, as it drives the development of plant regeneration throughout the administration of different
phytohormones. More specifically, AXs and CKs are considered the main PGRs used to that end, as their
interactions guide the organogenetic process towards shoot regeneration, rooting or callus formation,
among any other responses [27]. Thus, deciphering the role and effect of both phytohormones is
a fundamental step that will determine the effectiveness of the plant regeneration protocols of the
unexploited plants, as is the case of the medicinal species belonging to the Bryophyllum subgenus.

In order to accomplish such a goal, when designing plant in vitro protocols, the reliability and
success on the production of true-to-type plants is essential for their industrial valorization and
exploitation. In this sense, avoiding somaclonal variation is a crucial step when applying exogenous
phytohormones. Two different phytohormones were tested in this study—the auxin IAA and the
cytokinin BAP—at different concentrations, between 0 and 1 mg L−1. The preference to these PGRs
responds to their natural origin, since they are found as natural phytohormones in plants. PGR origin
is a usually underestimated factor in plant organogenesis, since the use of synthetic phytohormones
normally increases the frequency of genetic variation, such as that of polyploidy [28]. In terms of
concentration, high phytohormone concentrations may also provoke somaclonal variation-related
phenomena, as is the case of polyploidy, caused by an excess of BAP, and an increased gene silencing,
promoted by auxin excess, among others [29].

The results obtained for organogenesis allowed a primary approximation of this process on
Bryophyllum spp. However, their interpretation became a really hard task, since values were spread
into a large database and, moreover, the outputs contained a heterogeneous data nature, thus making
their analysis difficult [15]. Taking a closer observation, some differential patterns could be analyzed,
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as it was the case of BT with respect to BD and BH, but the revealing of further information is limited,
resulting in the impossibility of determining the role and interactions that take place between the
different factors tested: genotype and BAP and IAA concentrations.

As a solution, the application of ML algorithms enabled the identification of significant factors
that had an impact on almost every organogenetic parameter (Table 4). The only parameter that was
not predictable after data modelling was %DR. However, this fact cannot be attributed to a lack of
predicting power of this tool, as it can be explained on the basis of the explants used for this study:
leaf-derived explants. As highly differentiated tissue, leaf explants should suffer an enormous cell
reprogramming to give rise to differentiated roots via direct organogenesis and, eventually, higher
auxin concentrations will be required to induce such a process [30]; other auxins, such as indole butyric
acid (IBA), could be preferentially selected for that purpose [31]. Additionally, the presence of BAP
inhibited root formation on BD, as reported by previous works [32].

Regarding all the other outputs, the model identified that the interaction between genotype and
BAP concentration caused the most significant effect guiding Bryophyllum organogenesis (Table 4).
Nevertheless, by taking a closer look at the corresponding rules (Table 5), BAP concentration played
a major role in all the organogenetic variables, by dividing the different genotypes into two groups,
BD and BH, which developed direct organogenesis-related events, as well as BT, which developed
indirect organogenesis-related events (Figure 1). There is a large evidence base about the striking effect
of genotype on plant organogenesis, even between closely related species, as it is in this case. Such an
influence depends on the combination of both genotypical and phenotypical factors, which can be
grouped into three major causes for application in this case:

(1) The genetic control of differentiation-related genes, which includes a complex interaction between
nuclear and cytoplasmic genes in the presence of PGRs, which may give rise to epigenetic changes
during organogenesis [33].

(2) The endogenous phytohormonal concentrations found in the starting explants, as they interact
with exogenous PGRs used within the culture medium [34]. As a result, the balance between AXs
and CKs determines the organogenetic response. Normally, the dominance of CKs over AXs,
promotes cell division and shoot elongation; a balanced ratio between CKs and AXs promotes
callus formation and embryogenesis; and AXs predominance results in root formation and
elongation [35]. According to our results, the number of rules generated by the model (Table 5)
pointed out the different BAP concentrations required to promote direct shoot regeneration
(Rules 3 and 8), indirect shoot regeneration (Rule 20) and callus formation (Rule 50), depending
simultaneously on the genotypes used. This indicates that, even if all genotypes were closely
related, they could present a differential endogenous accumulation of phytohormones into leaves,
as discussed later.

(3) Leaf morphology: As succulent plants, Bryophyllum spp. accumulate high amounts of water
within leaf tissues, including the three genotypes used in this work. However, BD and BH usually
present a higher water content in comparison to BT, which presents a thicker cuticle layer that
enables water accumulation to a lower extent [36]. This observation may be responsible for
the differential pattern observed between direct and indirect organogenesis among these three
species, since an increase in intracellular water accumulation is required during the initial steps
of shoot regeneration [37]. Consequently, the higher water content found in the leaves of BD
and BH may encompass the ability of these species to form direct shoots (Figure 1A–J). On the
contrary, the indirect shoot regeneration observed for BT was guided by its high rate of callus
formation (Figure 1K–O), which can be formed from cuticle-related tissues [38].

When leaf explants were cultivated in a phytohormone-free medium (0 mg L−1), no organogenetic
response was observed, as leaf cuttings suffered oxidation from the first weeks of the experiment (data
not shown). This phenomenon is related to the oxidative stress generated by explants after wounding
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and it was already studied in Bryophyllum plants cultured ex vitro and in vitro [15,39]. Moreover, the
absence of phytohormones showed the same effect on BD, as previously reported [40].

In the presence of phytohormones, BAP was the main factor that drives organogenesis in all
genotypes. Thus, low concentrations up to 0.375 mg L−1 BAP (Figure 2), led to subtle organogenetic
responses without developing true usable shoots. Phytohormonal requirements, concerning mostly
BAP, were also reported for BD by other authors, finding a minimum concentration of 0.6 mg L−1 BAP
to observe organogenetic processes [32].

In the same way, intermediate BAP concentrations (0.375–0.75 mg L−1) showed different
organogenetic patterns, depending on the genotype (Figure 2). Thus, under this range of BAP
concentrations, BD and BH experienced a high frequency of direct shoot regeneration, whereas BT
presented a high frequency of indirect shoot regeneration via callus formation, which was negatively
influenced by IAA. The endogenous phytohormonal content could be responsible for this result,
according to the foliar budding found in Kalanchoe species as an integral part of leaf ontogeny, which is
the process in charge of their asexual reproduction [41]. This way, BD and BH may contain higher BAP
endogenous concentrations, since they should maintain foliar budding along the leaf margins, while
BT showed a restricted budding to the distal foliar apex (Figure 3), thus requiring a lower BAP content.
This hypothesis is reinforced by the ability of BT to form callus without the addition of exogenous
auxins, and it may indicate that this genotype probably contains a higher endogenous auxin content.
Additionally, it would also explain the inhibiting effect on NIS developed by the addition of IAA, which
may cause an auxin excess for indirect shoot regeneration (Figure 3). Such higher auxin concentrations
found in BT was also demonstrated by other authors, since BT nodes were able to root spontaneously,
without the addition of auxins [42,43].Biomolecules 2020, 10, 746 18 of 21 
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Figure 3. Foliar budding observed on donor plants of the Bryophyllum spp. BD (left) and BH
(center) show foliar budding across the whole leaf margins. BT (right) shows restricted budding at the
distal foliar end.

In the case of high BAP concentrations (0.75–1 mg L−1, Figure 2), the same differential shoot
regeneration behavior was observed, but NDS was higher for BD and BH, mostly due to the efficient
role of BAP on shoot promotion and elongation. This finding was previously reported on BD, which
developed the maximum NDS under 1 mg L−1 BAP [32]. On the contrary, BT experienced callus
formation but indirect shoot regeneration was inhibited under this concentration range, revealing that
this genotype presents a narrow phytohormonal range for shoot regeneration. Furthermore, higher
BAP concentrations (>1 mg L−1) were essential for callus development on other Bryophyllum related
species, avoiding organ formation [44].

Overall, ML tools allowed deciphering the concealed effects and interactions of phytohormones
on Bryophyllum organogenesis. Future reports should focus on the analysis of somaclonal variation,
especially on indirect shoots, to validate the suitability of this optimized protocol with the aim of
obtaining true-to-type medicinal plants and by-products for their biotechnological exploitation.
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5. Conclusions

In order to shed light on the concealed effects and interactions promoted by cytokinins and auxins
on in vitro plant organogenesis, machine learning methodology emerges as a powerful tool, based
on artificial intelligence technology. In our case, the use of neurofuzzy logic was able to predict and
characterize the in vitro organogenesis of unexploited medicinal plants from the Bryophyllum subgenus.
Our model identified the interaction between genotype and BAP concentration as the most significant
factor driving organogenesis in these species. Furthermore, with the definition of model rules, we
were able to make the interpretation of model results easier, by prioritizing the different ranges of
BAP concentration and their differential effects on every species. Whereas BD and BH showed direct
shoot regeneration in a wide range of BAP concentrations, from 0.375 to 1 mg L−1, BT showed a tighter
range of BAP concentrations to ensure indirect shoot regeneration via callus formation, from 0.375 to
0.75 mg L−1. In addition, BT was the only species affected by IAA, which negatively influenced the
development of indirect shoots. Consequently, the use of machine learning tools allowed deciphering
the putative role of BAP on Bryophyllum in vitro organogenesis, showing a pleiotropic mechanism of
action, depending on the genotype and concentration used.

To sum up, the combination of medicinal plant in vitro culture and machine learning technologies
demonstrated that novel approaches should be applied to plant biotechnology to effectively respond
to the current industrial requirements. In this case, the use of machine learning models revealed the
mechanism of action of exogenous BAP and IAA, with the aim of optimizing an efficient plant tissue
protocol, which could make the large-scale exploitation of Bryophyllum spp. easier.

Supplementary Materials: The following are available online at http://www.mdpi.com/2218-273X/10/5/746/s1.
Figure S1: Graphical interpretation of phytohormone concentration ranging provided by FormRules® for each
output: (A) BAP concentrations for %DS; (B) BAP concentration for %IS; (C) BAP concentration for NDS; (D) BAP
concentration for NIS; (E) IAA concentration for NIS; (F) BAP concentration for %CAL.

Author Contributions: Conceptualization, P.G.-P. and P.P.G.; methodology, P.G.-P. and E.L.-M.; software, M.L.;
validation, P.G.-P. and M.L.; formal analysis, P.G.-P.; investigation, P.G.-P.; resources, P.P.G.; data curation,
P.G.-P.; writing—original draft preparation, P.G.-P.; writing—review and editing, P.G.-P., E.L.-M., P.P.G. and
M.L.; visualization, P.G.-P., E.L.-M., P.P.G. and M.L.; supervision, P.P.G.; project administration, P.P.G.; funding
acquisition, P.P.G. All authors have read and agreed to the published version of the manuscript.

Funding: This research was funded by Xunta de Galicia through “Red de Uso Sostenible de los Recursos Naturales
y Agroalimentarios” (REDUSO, grant number ED431D 2017/18) and “Cluster of Agricultural Research and
Development” (CITACA Strategic Partnership, grant number ED431E 2018/07).

Acknowledgments: The authors acknowledge the FPU grant awarded to Pascual García-Pérez from the Spanish
Ministry of Education (grant number FPU15/04849) and Clinical Research Center ADICAM for kindly providing
the plant material.

Conflicts of Interest: The authors declare no conflict of interest.

References

1. Fierascu, R.C.; Fierascu, I.; Ortan, A.; Georgiev, M.I.; Sieniawska, E. Innovative Approaches for Recovery of
Phytoconstituents from Medicinal/Aromatic Plants and Biotechnological Production. Molecules 2020, 25, 309.
[CrossRef] [PubMed]

2. Mamun, N.H.A.; Egertsdotter, U.; Aidun, C.K. Bioreactor technology for clonal propagation of plants and
metabolite production. Front. Biol. (Beijing) 2015, 10, 177–193. [CrossRef]

3. Thomford, N.E.; Senthebane, D.A.; Rowe, A.; Munro, D.; Seele, P.; Maroyi, A.; Dzobo, K. Natural products
for drug discovery in the 21st century: Innovations for novel drug discovery. Int. J. Mol. Sci. 2018, 19, 1578.
[CrossRef] [PubMed]

4. Bhatia, S.; Bera, T. Somatic Embryogenesis and Organogenesis. In Modern Applications of Plant Biotechnology
in Pharmaceutical Sciences; Elsevier Inc.: London, UK, 2015; ISBN 9780128024980.

5. De Zeeuw, T.; Weijers, D. Plant organogenesis: Rules of order. Curr. Biol. 2016, 26, R157–R159. [CrossRef]
6. Tian, X.; Zhang, C.; Xu, J. Control of Cell Fate Reprogramming Towards de Novo Shoot Organogenesis. Plant

Cell Physiol. 2018, 59, 708–714. [CrossRef]

http://www.mdpi.com/2218-273X/10/5/746/s1
http://dx.doi.org/10.3390/molecules25020309
http://www.ncbi.nlm.nih.gov/pubmed/31940923
http://dx.doi.org/10.1007/s11515-015-1355-1
http://dx.doi.org/10.3390/ijms19061578
http://www.ncbi.nlm.nih.gov/pubmed/29799486
http://dx.doi.org/10.1016/j.cub.2015.12.058
http://dx.doi.org/10.1093/pcp/pcx207


Biomolecules 2020, 10, 746 18 of 19

7. Yildiz, M. The Prerequisite of the Success in Plant Tissue Culture: High Frequency Shoot Regeneration. In
Recent Advances in Plant In Vitro Culture; Leva, A., Rinaldi, L.M.R., Eds.; IntechOpen: Rijeka, Croatia, 2012;
pp. 63–90. ISBN 9789535107873.

8. Duclercq, J.; Sangwan-Norreel, B.; Catterou, M.; Sangwan, R.S. De novo shoot organogenesis: From art to
science. Trends Plant Sci. 2011, 16, 597–606. [CrossRef] [PubMed]

9. Shin, J.; Bae, S.; Seo, P.J. De novo shoot organogenesis during plant regeneration. J. Exp. Bot. 2019, 71, 63–72.
[CrossRef]

10. George, E.F.; Hall, M.A.; Klerk, G.J. De Adventitious Regeneration. In Plant Propagation by Tissue Culture,
3rd ed.; George, E.F., Hall, M.A., De Klerk, G.J., Eds.; Springer Netherlands: Basingstoke, UK, 2008; Volume
1, pp. 355–401. ISBN 9781402050053.

11. Pasqual, M.; Soares, J.D.; Rodrigues, F.A. Tissue culture applications for the genetic improvement of plants.
In Biotechnology and Plant Breeding: Applications and Approaches for Developing Improved Cultivars; Borém, A.,
Fritsche-Neto, R., Eds.; Elsevier Inc.: London, UK, 2014; Volume 225, pp. 157–199.

12. Krishna, H.; Alizadeh, M.; Singh, D.; Singh, U.; Chauhan, N.; Eftekhari, M.; Sadh, R.K. Somaclonal variations
and their applications in horticultural crops improvement. 3 Biotech 2016, 6, 1–18. [CrossRef]

13. Thorat, A.S.; Sonone, N.A.; Choudhari, V.V.; Devarumath, R.M.; Babu, K.H. Plant regeneration from direct
and indirect organogenesis and assessment of genetic fidelity in Saccharum officinarum using DNA-based
markers. Biosci. Biotechnol. Res. Commun. 2018, 11, 60–69. [CrossRef]

14. Gallego, P.P.; Gago, J.; Landin, M. Artificial Neural Networks Technology to Model and Predict Plant Biology
Process. In Methodological Advances and Biomedical Applications; Suzuki, K., Ed.; IntechOpen: Rijeka, Croatia,
2011; pp. 197–216.

15. García-Pérez, P.; Lozano-Milo, E.; Landín, M.; Gallego, P.P. Combining medicinal plant in vitro culture with
machine learning technologies for maximizing the production of phenolic compounds. Antioxidants 2020,
9, 210. [CrossRef]

16. Olden, J.D.; Lawler, J.J.; Poff, N.L. Machine Learning Methods Without Tears: A Primer for Ecologists. Q. Rev.
Biol. JSTOR 2008, 83, 171–193. [CrossRef] [PubMed]

17. Shao, Q.; Rowe, R.C.; York, P. Investigation of an artificial intelligence technology-Model trees. Novel
applications for an immediate release tablet formulation database. Eur. J. Pharm. Sci. 2007, 31, 137–144.
[CrossRef] [PubMed]

18. Ayuso, M.; Ramil-Rego, P.; Landin, M.; Gallego, P.P.; Barreal, M.E. Computer-assisted recovery of threatened
plants: Keys for breaking seed dormancy of Eryngium viviparum. Front. Plant Sci. 2017, 8, 1–10. [CrossRef]
[PubMed]

19. Arteta, T.A.; Hameg, R.; Landin, M.; Gallego, P.P.; Barreal, M.E. Neural networks models as decision-making
tool for in vitro proliferation of hardy kiwi. Eur. J. Hortic. Sci. 2018, 83, 259–265. [CrossRef]

20. García-Pérez, P.; Barreal, M.E.; Rojo-De Dios, L.; Cameselle-Teijeiro, J.F.; Gallego, P.P. Bioactive Natural Products
from the Genus Kalanchoe as Cancer Chemopreventive Agents: A Review; Rahman, A., Ed.; Elsevier: Amsterdam,
The Netherlands, 2018; Volume 61, ISBN 9780444641830.

21. García-Pérez, P.; Losada-Barreiro, S.; Gallego, P.P.; Bravo-Díaz, C. Adsorption of gallic acid, propyl gallate
and polyphenols from Bryophyllum extracts on activated carbon. Sci. Rep. 2019, 9, 1–9. [CrossRef] [PubMed]

22. Murashige, T.; Skoog, F. A Revised Medium for Rapid Growth and Bio Assays with Tobacco Tissue Cultures.
Physiol. Plant. 1962, 15, 473–497. [CrossRef]

23. Arlot, S.; Celisse, A. A survey of cross-validation procedures for model selection. Stat. Surv. 2010, 4, 40–79.
[CrossRef]

24. Colbourn, E.; Rowe, R. Encyclopaedia of Pharmaceutical Technology; Marcel Dekker: New York, NY, USA, 2005.
25. Ibañez, M.A.; Martin, C.; Pérez, C. ésar Alternative statistical analyses for micropropagation: A practical

case of proliferation and rooting phases in Viburnum opulus. Vitr. Cell. Dev. Biol. -Plant 2003, 39, 429–436.
[CrossRef]

26. Gago, J.; Martínez-Núñez, L.; Landín, M.; Gallego, P.P. Artificial neural networks as an alternative to the
traditional statistical methodology in plant research. J. Plant Physiol. 2010, 167, 23–27. [CrossRef]

27. Sang, Y.L.; Cheng, Z.J.; Zhang, X.S. Plant stem cells and de novo organogenesis. New Phytol. 2018, 218,
1334–1339. [CrossRef]

28. Nadler, J.D.; Pooler, M.; Olsen, R.T.; Coleman, G.D. In vitro induction of polyploidy in Cercis glabra Pamp.
Sci. Hortic. (Amst.) 2012, 148, 126–130. [CrossRef]

http://dx.doi.org/10.1016/j.tplants.2011.08.004
http://www.ncbi.nlm.nih.gov/pubmed/21907610
http://dx.doi.org/10.1093/jxb/erz395
http://dx.doi.org/10.1007/s13205-016-0389-7
http://dx.doi.org/10.21786/bbrc/11.1/9
http://dx.doi.org/10.3390/antiox9030210
http://dx.doi.org/10.1086/587826
http://www.ncbi.nlm.nih.gov/pubmed/18605534
http://dx.doi.org/10.1016/j.ejps.2007.03.004
http://www.ncbi.nlm.nih.gov/pubmed/17452096
http://dx.doi.org/10.3389/fpls.2017.02092
http://www.ncbi.nlm.nih.gov/pubmed/29312370
http://dx.doi.org/10.17660/eJHS.2018/83.4.6
http://dx.doi.org/10.1038/s41598-019-51322-6
http://www.ncbi.nlm.nih.gov/pubmed/31616022
http://dx.doi.org/10.1111/j.1399-3054.1962.tb08052.x
http://dx.doi.org/10.1214/09-SS054
http://dx.doi.org/10.1079/IVP2003435
http://dx.doi.org/10.1016/j.jplph.2009.07.007
http://dx.doi.org/10.1111/nph.15106
http://dx.doi.org/10.1016/j.scienta.2012.09.024


Biomolecules 2020, 10, 746 19 of 19

29. Bairu, M.W.; Aremu, A.O.; van Staden, J. Somaclonal variation in plants: Causes and detection methods.
Plant Growth Regul. 2011, 63, 147–173. [CrossRef]

30. Mouchel, C.F.; Leyser, O. Novel phytohormones involved in long-range signaling. Curr. Opin. Plant Biol.
2007, 10, 473–476. [CrossRef]

31. Daskalakis, I.; Biniari, K.; Bouza, D.; Stavrakaki, M. The effect that indolebutyric acid (IBA) and position
of cane segment have on the rooting of cuttings from grapevine rootstocks and from Cabernet franc (Vitis
vinifera L.) under conditions of a hydroponic culture system. Sci. Hortic. (Amst.) 2018, 227, 79–84. [CrossRef]

32. Naz, S.; Javad, S.; Ilyas, S.; Ali, A. An efficient protocol for rapid multiplication of Bryophyllum pinnatum
and Bryophyllum daigremontianum. Pak. J. Bot. 2009, 41, 2347–2355.

33. Zhao, X.Y.; Su, Y.H.; Cheng, Z.J.; Zhang, X.S. Cell fate switch during In vitro plant organogenesis. J. Integr.
Plant Biol. 2008, 50, 816–824. [CrossRef] [PubMed]

34. Ikeuchi, M.; Sugimoto, K.; Iwase, A. Plant callus: Mechanisms of induction and repression. Plant Cell 2013,
25, 3159–3173. [CrossRef]

35. Yu, J.; Liu, W.; Liu, J.; Qin, P.; Xu, L. Auxin control of root organogenesis from callus in tissue culture. Front.
Plant Sci. 2017, 8, 1–4. [CrossRef]

36. Chernetskyy, M.A. The role of morpho-anatomical traits of the leaves in the taxonomy of Kalanchoideae
Berg. subfamily (Crassulaceae DC.). Mod. Phytomorphol. 2012, 1, 15–18.

37. Sakes, A.; Van Der Wiel, M.; Henselmans, P.W.J.; Van Leeuwen, J.L.; Dodou, D.; Breedveld, P. Shooting
mechanisms in nature: A systematic review. PLoS ONE 2016, 11, e0158277. [CrossRef]

38. Popielarska-Konieczna, M.; Kozieradzka-Kiszkurno, M.; Bohdanowicz, J. Cutin plays a role in differentiation
of endosperm-derived callus of kiwifruit. Plant Cell Rep. 2011, 30, 2143–2152. [CrossRef] [PubMed]

39. Jia, S.R.; Kumar, P.P.; Kush, A. Oxidative stress in Agrobacterium-induced tumors on Kalanchoe plants.
Plant J. 1996, 10, 545–551. [CrossRef]

40. Mohammed, S.U.B.; Choi, K.-S.; Kim, T.-R.; In, J.-G.; Yang, D.-C. Plant regeneration from leaf explants of
kalanchoe daigremontiana Hamet & Perrier. Korean J. Med. Crop Sci. 2006, 14, 293–298.

41. Jaiswal, S.; Sawhney, S. Correlation of epiphyllous bud differentiation with foliar senescence in crassulacean
succulent Kalanchoe pinnata as revealed by thidiazuron and ethrel application. J. Plant Physiol. 2006, 163,
717–722. [CrossRef]

42. Kulus, D. Micropropagation of Kalanchoe tubiflora (Harvey) Hamet. Nauk. Przyr. Technol. 2015, 9. [CrossRef]
43. Sanikhani, M.; Frello, S.; Serek, M. TDZ induces shoot regeneration in various Kalanchoë blossfeldiana

Poelln. cultivars in the absence of auxin. Plant Cell. Tissue Organ. Cult. 2006, 85, 75–82. [CrossRef]
44. Santos, M.R.A.; Ferreira, M.G.R.; Guimarães, M.C.M.; Lima, R.A.; Oliveira, C. Callogenesis in leaves of

Kalanchoe pinnata Lam. by 2, 4-D and BA action. Rev. Bras. Plantas Med. 2014, 16, 760–764. [CrossRef]

© 2020 by the authors. Licensee MDPI, Basel, Switzerland. This article is an open access
article distributed under the terms and conditions of the Creative Commons Attribution
(CC BY) license (http://creativecommons.org/licenses/by/4.0/).

http://dx.doi.org/10.1007/s10725-010-9554-x
http://dx.doi.org/10.1016/j.pbi.2007.08.005
http://dx.doi.org/10.1016/j.scienta.2017.09.024
http://dx.doi.org/10.1111/j.1744-7909.2008.00701.x
http://www.ncbi.nlm.nih.gov/pubmed/18713392
http://dx.doi.org/10.1105/tpc.113.116053
http://dx.doi.org/10.3389/fpls.2017.01385
http://dx.doi.org/10.1371/journal.pone.0158277
http://dx.doi.org/10.1007/s00299-011-1120-0
http://www.ncbi.nlm.nih.gov/pubmed/21750903
http://dx.doi.org/10.1046/j.1365-313X.1996.10030545.x
http://dx.doi.org/10.1016/j.jplph.2005.08.001
http://dx.doi.org/10.17306/J.NPT.2015.1.14
http://dx.doi.org/10.1007/s11240-005-9050-6
http://dx.doi.org/10.1590/1983-084x/13_031
http://creativecommons.org/
http://creativecommons.org/licenses/by/4.0/.

	Introduction 
	Materials and Methods 
	Plant Material 
	Organogenesis Experiments 
	Modelling Tools 
	Statistical Analysis 

	Results 
	Discussion 
	Conclusions 
	References

