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Prediction for Abandoned Wind Power Based on ABCLSSVM
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Abstract: The difference between the theoretical power and the actual power of wind farm is taken as the time series of wind
power, and the phase space is reconstructed by its chaotic property. The least squares support vector machine ( LSSVM)
optimized by the artificial bee colony algorithm ( ABC) is used to built the abandoned wind power prediction model ( ABC-
LSSVM) . Firstly, the abandoned wind power data is normalized to reduce the gap between the upper and lower limits of the
data and improve the generalization ability of prediction model. Then the time series of abandoned wind power is reconstructed
to establish the data model. Finally, the data model is input into the prediction model to complete the forecast simulation.
Taking a wind farm data in Dabancheng, Xinjiang as an example, the ABC-L.SSVM model is simulated. The results show that
this method can predict the change trend of abandoned wind power better, and has a certain guiding significance for abandoned
wind power planning.
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