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Abstract: In an information explosion era, data sets containing information could be huge and complex that sometimes are
difficult to handle. Dynamic computing is an efficient approach to solve these problems. The purpose of this study is to propose
approaches in updating approximations in variable precision multigranulation rough sets (VPMGRS) while adding and deleting
attributes. First, static algorithm for computing approximations based on matrix for VPMGRS is presented in this paper. Second,
searching regions in data sets for updating approximations in VPMGRS are shrunk. Third, matrix-based approaches for updating
approximations in VPMGRS are proposed. The incremental algorithms for updating approximations in VPMGRS are then designed.
Finally, the efficiency and validity of the designed algorithms are verified by experiments.
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