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Improving the speed of outbreak detection and reporting at the community

level are critical in managing the threat of emerging infectious diseases,

many of which are zoonotic. The widespread use of mobile phones, including

in rural areas, constitutes a potentially effective tool for real-time surveillance

of infectious diseases. Using longitudinal data from a disease surveillance

system implemented in 1500 households in rural Kenya, we test the effective-

ness of mobile phone animal syndromic surveillance by comparing it with

routine household animal health surveys, determine the individual and house-

hold correlates of its use and examine the broader implications for surveillance

of zoonotic diseases. A total of 20 340 animal and death events were reported

from the community through the two surveillance systems, half of which were

confirmed as valid disease events. The probability of an event being valid was

2.1 times greater for the phone-based system, compared with the household

visits. Illness events were 15 times (95% CI 12.8, 17.1) more likely to be

reported through the phone system compared to routine household visits,

but not death events (OR 0.1 (95% CI 0.09, 0.11)). Disease syndromes with

severe presentations were more likely to be reported through the phone

system. While controlling for herd and flock sizes owned, phone ownership

was not a determinant of using the phone-based surveillance system, but the

lack of a formal education, and having additional sources of income besides

farming were associated with decreased likelihood of reporting through the

phone system. Our study suggests that a phone-based surveillance system

will be effective at detecting outbreaks of diseases such as Rift Valley fever

that present with severe clinical signs in animal populations, but in the absence

of additional reporting incentives, it may miss early outbreaks of diseases such

as avian influenza that present primarily with mortality.

This article is part of the theme issue ‘Dynamic and integrative

approaches to understanding pathogen spillover’.
1. Introduction
Local, regional or global spread of emerging infectious diseases (EID) can have

severe impact on human and animal health, cause large economic losses and
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threaten health security [1,2]. Faced with these global health

threats, research has focused on understanding sources of

EID, patterns and drivers for their emergence and spread,

prediction and detection of EID outbreaks and effective

strategies for their prevention and control.

Nearly two-thirds of EIDs are of zoonotic origin [3,4]. The

frequency of EID events has increased significantly over time

driven by socio-economic, environmental and ecological fac-

tors such as rural-to-urban migrations resulting in high

population density peri-urban settlements, intensive animal

farming and trade, ease in travel, human-induced environ-

mental changes such as widespread forest clearance and

climate change, political instability and breakdown of

public health measures [1,4,5].

Although determining the next new pathogen that will

emerge, or the exact location where the next EID event will

occur remains difficult, actionable information includes that

an EID is likely to be of animal origin, occur in areas with

high human–animal interactions, weak health systems and

where the drivers of EID emergence converge [6–8].

Hotspots for emerging zoonotic diseases are predicted to be

concentrated in the lower-latitude developing countries,

regions that have relatively weaker surveillance systems in

the human and animal health sectors and are most likely to

suffer the largest impact from EID events [4,9]. For example,

a review of all outbreaks reported to the World Health

Organization between 1996 and 2009 reported that 53% of

all EID outbreaks occurred in Africa [6]. Prediction, early

detection and rapid response with effective tools such

as vaccines are viewed to be our best tools to prevent and

control EID [2,7,10,11].

Prediction and early detection for EID and their spread

are dependent on obtaining ‘natural history’ disease data to

understand transmission parameters such as infectiousness,

latency, incubation and infectious periods, and surveillance

data that describe spatial and temporal patterns of the diseases

[12]. The complexity and difficulty in obtaining these data and

the solutions to strengthening disease surveillance in develop-

ing countries are discussed in detail elsewhere, including focus

on endemic diseases to increase capacity to detect and contain

EID [13–16]. Taken together, there is a clear basis for surveil-

lance of these diseases, focused on low- and middle-income

countries with low biosecurity and high human–livestock–

wildlife interactions, that promptly captures disease events

happening at the community level and that relays these data

in real or near real time for prompt public health response.

Mobile phones, which are now ubiquitous globally

including in rural Africa, have provided opportunities to

improve medical and public health practice including

surveillance data collection, communication and delivery of

preventive or restorative care [17–22]. Apart from using

human healthcare and veterinary workers to collect and

submit surveillance data, there has been interest in crowd-

sourcing data to rapidly detect outbreaks using mobile

phone or Internet-based surveillance systems, including use

in the 2014–2015 Ebola outbreak in west Africa [23–25].

These phone-based surveillance systems capture higher

numbers of disease cases compared to traditional health facil-

ity or veterinary office-based surveillance systems. But

significant concerns on how to verify or corroborate such

data, and the risk of reporting bias based on access to

phones or the Internet or influenced by social, economic and

behavioural variations within the population have been raised.
Here, we evaluate the use of mobile phone-based syndro-

mic surveillance for diseases in a rural community in Kenya,

comparing it with active surveillance through routine house-

hold visits, and determine the individual and household

correlates of their use. Using examples of select zoonotic dis-

eases, we examine the broader implications of such a system

for the effective surveillance of zoonotic infectious diseases.
2. Methods
(a) Study population
Data used in this study came from 1500 households comprising

6400 persons participating in a linked human–animal syndro-

mic surveillance study within a Health and Demographic

Surveillance System in western Kenya (see details in [26]).

Briefly, the linked human–animal surveillance study consisted

of a human health syndromic surveillance study that collected

data on fever, diarrhoea, jaundice and respiratory syndromes

from all consenting household members [27] and an animal

health syndromic surveillance study, started in 2013, that

collected routine data on occurrence of nine syndromes from

domestic livestock (cattle, sheep, goats and chicken) in the

same households participating in the human surveillance.

Household socio-economic data were collected from the study

households quarterly by a team of trained community

interviewers.

(b) Syndromic data collection
The syndromic data used in these analyses focused on nine

animal syndromes (death, reproductive, digestive, musculo-skel-

etal, skin, urogenital, nervous, udder and respiratory disorders)

among the commonly kept livestock species (cattle, goats,

sheep and chickens). Livestock ownership in the study house-

holds is high (93% of the households own at least one of these

livestock). Details are provided in a previous publication [26].

The species under surveillance and main signs defining the

nine syndromes are summarized in table 1.

Surveillance data were collected through two main methods:

(i) routine household visits conducted by community interviewers

trained on questionnaire administration and electronic data cap-

ture using hand-held digital instruments, and (ii) through a

mobile phone-based toll-free surveillance system where study

participants could call in and report disease events at any time.

The cost of calls made by animal owners reporting disease

events were incurred by the research study. From February 2013

to May 2015, the routine household visits were conducted

bi-weekly and thereafter monthly.

The mobile phone-based surveillance system was set up

through purchase of a toll-free line linked to an additional four

numbers (referred to as hunting lines), to allow for up to five

different callers to call in simultaneously. Each of these lines

was managed by a staff member engaged in the surveillance

study. Information about the toll-free number was regularly dis-

tributed to the study households printed on cards containing a

message that instructed the farmers to report illness or death

by calling the number displayed on the card at no charge.

Basic mobile phones able to connect by voice only were suf-

ficient; the system did not require smartphones. The average cost

of maintaining the toll-free number was USD $200 per month

with a provision for up to 40 000 min of toll-free calls.

For each livestock disease event, the source of the report

(whether obtained through the routine household visit or

through the toll-free number) was recorded. The study veterinary

team responded through household visits to all disease event

reports within 24 h of receiving the report. During the response

visits, the veterinary teams clinically examined the animals to



Table 1. Description of the nine animal syndromes and the species under investigation in the study.

syndromes species characteristics

reproductive cattle, sheep, goats abortions, stillbirths, neonatal deaths

gastrointenstinal cattle, sheep, goats diarrhoea, constipation, bloating

urogenital cattle, sheep, goats haematuria, vaginal/preputial discharges, scrotal swelling

musculo-skeletal cattle, sheep, goats lameness, recumbency

skin disorders cattle, sheep, goats alopecia, itching, lumps

nervous cattle, sheep, goats aggression, incoordination, circling

udder disorders cattle, sheep, goats mastitis, decrease in milk production

death cattle, sheep, goats, chicken/chicks chickena/chicksb

aChicken—mortality classified as death in more than 30% of the chickens over three months old.
bChicks—mortality classified as death in more than 50% of the chickens under three months old.
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verify the report and provided free treatment for all cases with

syndromes under investigation. A case was considered valid if

it involved at least one of the nine syndromes in table 1 that

had been verified by the veterinary team. Reports received that

did not fall under the nine syndromes were considered as

invalid. For syndromes falling outside the nine study syndromes

such as traumatic injuries, the research team referred the cases

to the non-study veterinarians or animal health technicians

working in the study area.

Our analysis compared syndromic surveillance data for

livestock diseases collected through the household visits and

through the mobile phone-based method to investigate the tem-

poral patterns of disease events reported, and accuracy between

the two methods. By linking the reported disease events

with household socio-economic data collected quarterly, we

investigated the determinants of mobile-based surveillance for

infectious diseases. Details of the socio-economic data collected

have been provided in an earlier manuscript [26].

(c) Data analysis
Using data from a 5-year period between February 2013 and

December 2018, we compared reports of disease from the two

surveillance methods by number of reports, their validity and

temporal patterns. Using logistic regressions, we tested the like-

lihood of a valid case (outcome variable as either valid or

invalid case) as determined by the reporting method (toll-free

number, routine household visit). A similar analytical approach

was used to determine the likelihood of reporting animal illness

or deaths through each of the two reporting methods. Each event

reported was classified either as an illness (Yes or No) or a death

event (Yes or No) and these were compared by the surveillance

method used to report the event. The analyses were repeated

for death and illness events by species, and tested differences

in the reporting method used for specific syndromes by livestock

species.

We computed the total number of disease events reported by

each household using the toll-free number, over the study

period. Using multivariable negative binomial linear regressions,

we tested whether socio-economic factors, including gender,

education level, occupation, age, phone ownership—while con-

trolling for herd and flock sizes—were associated with the

likelihood of using toll-free numbers for disease reporting.

Each of the putative factors was tested in a univariable analysis

and all factors with p , 0.2 were included in a multivariable

model. Factors found not to significantly increase model fit

were dropped and results of the minimum adequate model pre-

sented. All data analysis was conducted using R statistical

computing environment v. 3.4.2 [28].
3. Results
(a) Characteristics of surveillance data by reporting

method
A total of 20 340 reports were received during the study period

of which 10 976 (54%) and 9364 (46%) were obtained through

the routine household surveys and through calls from farmers

using the toll-free number, respectively. Given that these

reports were from animal owners as reported to community

interviewers (without veterinary training) or directly by

animal owners to the veterinary teams through the toll-free

number, verification of all reported events was done through

household visits by the study veterinary team within 24 h of

receiving the report. A total of 10 324 (51%) of all disease

events reported were confirmed valid (could be classified

into any of the nine study syndromes). Reported events that

did not meet the inclusion criteria were considered invalid.

Reports received from the household surveys comprised 73%

(7322 of 10 016) of all invalid reports, whereas 65% (6670 of

10 324) of the valid disease events were reported through the

toll-free phone system. The probability of an event reported

through the household survey being valid was 0.33, while

that of an event reported through the toll-free phone system

was 0.71, indicating the toll-free system was more reliable in

identifying valid cases compared to household surveys.

Using the logistic regression framework, we coded valid

cases as ‘1’ and invalid cases as ‘0’ and tested the odds of

valid cases, given the surveillance method used to report the

disease. The toll-free phone system was five times (95% CI

4.7, 5.3) more likely to capture valid animal illness and death

events compared to the routine household visit surveys

collecting animal health data, figure 1.

In order to compare the number of disease events sub-

mitted through the two methods over time, we calculated

the monthly cumulative number of reports by each method

for the study period 2013–2018 (figure 2). At the start of

the surveillance project, most of the data were obtained

through the routine household visits, while the use of the

toll-free number to report disease events increased as more

community members adopted the method. By mid-2013,

valid reports of disease events received through the toll-free

number surpassed those received through the household

visits. The decline in the number of cases reported through

both methods in May 2015 resulted from administrative
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changes that included a shift from bi-weekly to monthly

household visits, and a month towards end of 2016 when

the toll-free number was inoperative.
(b) Reporting by type of animal syndromes
We examined the differences in the surveillance data reporting

methods by livestock species and type of syndrome. Illness

events were 14.8 times (95% CI 12.8, 17.1) more likely to be

reported through the mobile phone-based surveillance

system when compared with the routine household visits.

This was consistent for the three livestock species, cattle,

goats and sheep. Conversely, death cases were less likely to

be reported through the mobile phone-based surveillance

system (OR 0.1, 95% CI 0.09, 0.11) compared to routine house-

hold visits (electronic supplementary material, table S1).

We observed significant differences in the reporting

methods according to the type of disease syndrome observed.

In the three species (cattle, sheep and goats), the farmers were

more likely to report gastrointestinal syndromes such as

diarrhoea and nervous syndromes through the mobile

phone-based surveillance system compared to reporting

through household animal health surveys. Additionally,

farmers reported more urogenital cattle syndromes through
the mobile phone-based system than through the household

visits. Skin conditions were less likely to be reported by

mobile phone in cattle and sheep (figure 3). Additional infor-

mation is provided in electronic supplementary material,

tables S1 and S2.

(c) Household determinants of reporting using the
phone-based surveillance system

We investigated the factors associated with the likelihood

of farmers using mobile phone reporting for disease syn-

dromes observed on their farms by linking surveillance

data received and the data on the socio-economic status of

study households. While controlling for the numbers of

different livestock species in the study households (larger

herd and flock sizes increased the likelihood of disease and

death reports), we found households where the household

head had not received any formal education, and households

with additional sources of income other than farming, had a

decreased likelihood of reporting disease events through the

phone-based surveillance system. The age of the household

head was associated with increased likelihood of phone-

based reporting, but neither gender nor phone ownership

at the household level were strongly associated with phone-

based disease reporting (table 2).
4. Discussion
This study demonstrates that the use of a mobile phone-based

animal health surveillance system is an effective tool for

reporting of disease events by communities in a rural setting

in Africa. The study design provided rare longitudinal data

allowing for evaluation and comparison of two surveillance

systems employed in the same geographical area and house-

holds concurrently, used in reporting similar disease events

in the same animal species, and with the data corroborated

through response visits conducted by trained animal health

assistants and veterinarians. Our data show that the phone-

based system has a higher probability of reporting valid

disease events compared with the household disease surveil-

lance visits, paradoxically demonstrating that a mobile

phone-aided passive surveillance system can outperform an

active surveillance system. Active surveillance systems such

as routine visits to study households require more time and

resources than a passive surveillance system where animal

owners have to decide whether to report disease events

occurring at their farm.

Mobile phones are a routine of most people’s everyday

life. Their use in supporting public health systems in develop-

ing countries to address a lack of quality data and instant

transmission of health data from lower levels has been docu-

mented [19,29]. Unlike such surveillance systems that depend

on healthcare or veterinary workers to report disease events

(including those using mobile phones to improve reporting),

this study has demonstrated a mobile phone-based surveil-

lance system directly dependent on farmers and community

members to report disease events. Our findings that

owning a mobile phone is not a determinant of using the

phone-based surveillance system are insightful, indicating a

good interplay between widespread phone ownership and

likelihood of accessing phones to report disease events,

even when households do not own phones. This is important
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Table 2. Results from the multivariable model showing the household-level and individual-level determinants of reporting animal illness and death events
through the phone-based surveillance system.

variable estimate lower CI upper CI

household phone ownership (yes) 1.21 0.78 1.88

age of household head (/10 years) 1.08*** 1.03 1.12

household head (male) 1.09 0.96 1.23

household head occupation (non-farming income) 0.75*** 0.66 0.86

household head education (no formal education) 0.75* 0.59 0.97

cattle herd size 1.27*** 1.19 1.35

number of goats 1.12*** 1.09 1.15

number of sheep 1.07*** 1.04 1.09

poultry flock size 1.01 0.99 1.02

Levels of significance: ‘***’ 0.001; ‘*’ 0.05.
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as it removes the possible reporting bias that would be

associated with mobile phone ownership.

In the past 20 years, Kenya has experienced two major

outbreaks of Rift Valley haemorrhagic fever (RVF): the

1997–1998 outbreak that killed 450 people and the 2006–

2007 outbreak that killed 158 people [30,31]. In both cases,

the disease first appeared in livestock before human cases

were reported, but the lower mortality during the 2006–

2007 outbreak was attributed to the swift outbreak detection

and reporting made possible by mobile phone communi-

cation advances, aetiologic confirmation through real-time

polymerase chain reaction tests and immediate deployment

of public health response [32]. This kind of early detection

for Rift Valley Fever and other EID like avian influenza,

Nipah encephalitis and severe acute respiratory syndromes

(SARS) relies on animal health surveillance to prevent or

control spill over to the human population.

Our findings on greater propensity of using the phone-

based system for reporting illnesses (especially those present-

ing with severe clinical signs) and not death events has

broader implications for the surveillance for infectious
diseases in livestock and how we might implement surveil-

lance for different zoonotic infectious diseases. Diseases that

have severe clinical presentations such as the furious form

of rabies or haemorrhagic fevers such as Rift Valley fever

that may present in animals with multiple signs such as

fetid or bloody diarrhoea, listlessness, reluctance to move or

feed, abdominal pains, nasal discharges alongside other clini-

cal signs would be sufficiently captured using this system.

Conversely, infections such as highly pathogenic avian influ-

enza, which may often result in mortality with few or no

prior clinical signs, may be missed by the phone-based sur-

veillance system with observed lower likelihood of using

the system for reporting mortality cases.

The effectiveness of surveillance systems is linked to

response actions or incentives for reporting. In our study,

veterinary responses to all reported cases likely served as

an effective incentive for continued community reporting of

disease events observed in their animals. Reporting illness

cases provided animal owners with opportunities for receiv-

ing immediate help for their sick animals without incurring

veterinary treatment expenses. Although reporting death
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cases may lead to knowledge of what killed the animals and

what might be done to prevent similar deaths in the future,

this was not seen as sufficient incentive for real-time report-

ing of death events in our study.

Similar challenges on death cases are experienced in

public health, especially in developing countries. For

example, deaths owing to diseases such as rabies are often

unconfirmed as family members may not be interested in

authorizing an autopsy even though a definitive diagnosis

for the disease can only be reached through post-mortem

examination and testing of a brain sample [33]. Data on

causes of mortality in humans, even though critical for pre-

cision public health, have been difficult to obtain in most

developing countries [34].

The phone-based surveillance system in this study was

dependent on voice only, and was toll-free, removing the bar-

riers of requiring high-end smartphones and costs associated

with data transmission. However, this system requires that

there is a person on the other end to receive the phone calls

and initiate the veterinary responses. To roll-out phone-

based surveillance systems at the community level, a careful

balance between adding complexity as use of texting

and data collection phone applications, and the simplicity

and ease of voice reporting should be considered. Such user

experience and usability over technological advances has

been recommended as critical in scaling up mobile

phone-based health programmes [21].

We argue that community-based surveillance including

for zoonotic infectious diseases in animals can be applied

across all diseases but requires thought on incentives for

infections that would present with subtle or no clinical

signs, or with death. This suggests opportunities to identify

incentives and socio-cultural determinants of behaviour that

play a role in improving surveillance for infectious diseases,

and ultimately global health security. The goal of this kind
of phone-based surveillance system should be integration

within the country animal health surveillance systems,

timely analysis of the data collected to detect outbreaks and

using a One Health approach including sharing data with

human health and other relevant sectors, for appropriate

responses that ensure food, economic and health security.

Whereas achieving this requires a complex interplay of infra-

structural, political, socio-economic and cultural factors, such

a system is a critical early step in detecting and preventing

zoonoses spillover among livestock-keeping communities in

rural areas.
Ethics. The syndromic surveillance study providing data for this
manuscript received clearance from the Animal Care and Use Com-
mittee and the Scientific and Ethics Review Committee of the
Kenya Medical Research Institute (reference number SSC Protocol
no. 2250) and the Centers for Disease Control and Prevention
Human Subjects Research Office (CDC IRB no. 3308).

Data accessibility. The data and code underlying this study are available
from Open Science Framework: https://osf.io/8c4xg/. This dataset
is available under a CC0 1.0 Universal licence.

Authors’ contributions. S.M.T., M.K.N., E.O., L.O., P.M., T.F.M. and G.H.P.
contributed to the conception of the study. E.O., L.O. and S.E. were
involved in the acquisition of field data. S.M.T. analysed the data
and drafted the first version. All authors critically revised the manu-
script and contributed to the intellectual content. The authors
approved the submission of the manuscript.

Competing interests. We have no competing interests.

Funding. The study was funded through the Paul G Allen School for
Global Animal Health, Washington State University. S.M.T. receives
funding support from Wellcome Trust (grant no. 110330/Z/15/Z).

Acknowledgements. We thank the field survey team based in Lwak, Siaya
County led by James Oigo for all the data collection. We thank the
farmers and the community members for participating in the study.

Disclaimer. The findings and conclusions are those of the authors and
do not necessarily represent the views of the Centers for Disease
Control and Prevention or the author’s affiliated institutions.
References
1. Morens DM, Folkers GK, Fauci AS. 2004 The
challenge of emerging and re-emerging infectious
diseases. Nature 430, 242 – 249. (doi:10.1038/
nature02759)

2. Morens DM, Fauci AS. 2013 Emerging infectious
diseases: threats to human health and global
stability. PLoS Pathog. 9, 7 – 9. (doi:10.1371/journal.
ppat.1003467)

3. Woolhouse MEJ, Gowtage-Sequeria S. 2005 Host
range and emerging and reemerging pathogens.
Emerg. Infect. Dis. 11, 1842 – 1847. (doi:10.3201/
eid1112.050997)

4. Jones KE, Patel NG, Levy MA, Storeygard A, Balk D,
Gittleman JL, Daszak P. 2008 Global trends in
emerging infectious diseases. Nat. Lett. 451,
990 – 994. (doi:10.1038/nature06536)

5. Weiss RA, McMichael AJ. 2004 Social and
environmental risk factors in the emergence of
infectious diseases. Nat. Med. 10(12 Suppl),
S70 – S76. (doi:10.1038/nm1150)

6. Chan EH et al. 2010 Global capacity for emerging
infectious disease detection. Proc. Natl Acad. Sci. USA
107, 21 701 – 21 706. (doi:10.1073/pnas.1006219107)
7. Morse SS, Mazet JAK, Woolhouse M, Parrish CR,
Carroll D, Karesh WB, Zambrana-Torrelio C, Lipkin
WI, Daszak P. 2012 Prediction and prevention of the
next pandemic zoonosis. Lancet 380, 1956 – 1965.
(doi:10.1016/S0140-6736(12)61684-5)

8. Grace D et al. 2012 Mapping of poverty and likely
zoonoses hotspots. Zoonoses Project. 4, 1 – 119.

9. Bogich TL, Chunara R, Scales D, Chan E, Pinheiro LC,
Chmura AA, Carroll D, Daszak P, Brownstein JS. 2012
Preventing pandemics via international
development: a systems approach. PLoS Med. 9,
e1001354. (doi:10.1371/journal.pmed.1001354)

10. Heymann DL, Dar OA. 2014 Prevention is better
than cure for emerging infectious diseases. BMJ
348, g1499. (doi:10.1136/bmj.g1499)

11. Heymann DL et al. 2015 Global health security: the
wider lessons from the west African Ebola virus
disease epidemic. Lancet 385, 1884 – 1899. (doi:10.
1016/S0140-6736(15)60858-3)

12. Woolhouse M. 2011 How to make predictions
about future infectious disease risks. Phil.
Trans. R. Soc. B 366, 2045 – 2054. (doi:10.1098/rstb.
2010.0387)
13. Halliday J et al. 2012 Bringing together emerging
and endemic zoonoses surveillance: shared
challenges and a common solution. Phil.
Trans. R. Soc. B 367, 2872 – 2880. (doi:10.1098/rstb.
2011.0362)

14. Wendt A, Kreienbrock L, Campe A. 2015 Zoonotic
disease surveillance—inventory of systems
integrating human and animal disease information.
Zoonoses Public Health 62, 61 – 74. (doi:10.1111/
zph.12120)

15. Woolhouse MEJ, Rambaut A, Kellam P. 2015
Lessons from Ebola: improving infectious disease
surveillance to inform outbreak management. Sci.
Transl. Med. 7, 307rv5. (doi:10.1126/scitranslmed.
aab0191)

16. Halliday JEB, Hampson K, Hanley N, Lembo T, Sharp
JP, Haydon DT, Cleaveland S. 2017 Driving
improvements in emerging disease surveillance
through locally relevant capacity strengthening.
Science 357, 146 – 148. (doi:10.1126/science.
aam8332)

17. Robertson C, Sawford K, Daniel SLA, Nelson TA,
Stephen C. 2010 Mobile phone-based infectious

https://osf.io/8c4xg/
https://osf.io/8c4xg/
http://dx.doi.org/10.1038/nature02759
http://dx.doi.org/10.1038/nature02759
http://dx.doi.org/10.1371/journal.ppat.1003467
http://dx.doi.org/10.1371/journal.ppat.1003467
http://dx.doi.org/10.3201/eid1112.050997
http://dx.doi.org/10.3201/eid1112.050997
http://dx.doi.org/10.1038/nature06536
http://dx.doi.org/10.1038/nm1150
http://dx.doi.org/10.1073/pnas.1006219107
http://dx.doi.org/10.1016/S0140-6736(12)61684-5
http://dx.doi.org/10.1371/journal.pmed.1001354
http://dx.doi.org/10.1136/bmj.g1499
http://dx.doi.org/10.1016/S0140-6736(15)60858-3
http://dx.doi.org/10.1016/S0140-6736(15)60858-3
http://dx.doi.org/10.1098/rstb.2010.0387
http://dx.doi.org/10.1098/rstb.2010.0387
http://dx.doi.org/10.1098/rstb.2011.0362
http://dx.doi.org/10.1098/rstb.2011.0362
http://dx.doi.org/10.1111/zph.12120
http://dx.doi.org/10.1111/zph.12120
http://dx.doi.org/10.1126/scitranslmed.aab0191
http://dx.doi.org/10.1126/scitranslmed.aab0191
http://dx.doi.org/10.1126/science.aam8332
http://dx.doi.org/10.1126/science.aam8332


royalsocietypublishing.org/journal/rstb
Phil.Trans.R.Soc.B

374:20190020

7
disease surveillance system, Sri Lanka. Emerg.
Infect. Dis. 16, 1524 – 1531. (doi:10.3201/eid1610.
100249)

18. Lin Y, Heffernan C. 2011 Accessible and inexpensive
tools for global HPAI surveillance: a mobile-phone
based system. Prev. Vet. Med. 98, 209 – 214.
(doi:10.1016/j.prevetmed.2010.10.003)

19. Braun R, Catalani C, Wimbush J, Israelski D. 2013
Community health workers and mobile technology:
a systematic review of the literature. PLoS ONE 8,
e65772. (doi:10.1371/journal.pone.0065772)

20. Tomlinson M, Rotheram-Borus MJ, Swartz L, Tsai
AC. 2013 Scaling up mHealth: where is the
evidence? PLoS Med. 10, 1 – 5. (doi:10.1371/journal.
pmed.1001382)

21. Mtema Z et al. 2016 Mobile phones as surveillance
tools: implementing and evaluating a large-scale
intersectoral surveillance system for rabies in
Tanzania. PLoS Med. 13, 1 – 12. (doi:10.1371/
journal.pmed.1002002)

22. Gibson DG et al. 2017 Mobile phone-delivered
reminders and incentives to improve childhood
immunisation coverage and timeliness in Kenya (M-
SIMU): a cluster randomised controlled trial. Lancet
Glob. Health 5, e428 – e438. (doi:10.1016/S2214-
109X(17)30072-4)
23. Freifeld CC, Chunara R, Mekaru SR, Chan EH, Kass-
Hout T, Iacucci AA, Brownstein JS. 2010 Participatory
epidemiology: use of mobile phones for
community-based health reporting. PLoS Med. 7,
1 – 5. (doi:10.1371/journal.pmed.1000376)

24. Milinovich GJ, Williams GM, Clements ACA, Hu W.
2014 Internet-based surveillance systems for
monitoring emerging infectious diseases. Lancet
Infect. Dis. 14, 160 – 168. (doi::10.1016/S1473-
3099(13)70244-5)

25. Stone E et al. 2016 Community event-based
surveillance for Ebola virus disease in Sierra Leone:
implementation of a national-level system during a
crisis. PLoS Curr. 8, 1076 – 1083. (doi:10.1371/currents.
outbreaks.d119c71125b5cce312b9700d744c56d8)

26. Thumbi SM et al. 2015 Linking human health and
livestock health: a ‘one-health’ platform for
integrated analysis of human health, livestock
health, and economic welfare in livestock
dependent communities. PLoS ONE 10, e0120761.
(doi:10.1371/journal.pone.0120761)

27. Feikin DR et al. 2011 The burden of common
infectious disease syndromes at the clinic and
household level from population-based surveillance
in rural and Urban Kenya. PLoS ONE 6, 1 – 10.
(doi:10.1371/journal.pone.0016085)
28. R Core Team. 2017 R: a language and environment
for statistical computing. Vienna, Austria: R
Foundation for Statistical Computing.

29. Asangansi I, Braa K. 2010 The emergence of
mobile-supported national health information
systems in developing countries. Stud. Health
Technol. Inform. 160(Part 1), 540 – 544.

30. Centers for Disease Control and Prevention (CDC).
1998 Rift Valley Fever – East Africa, 1997 – 1998.
MMWR Morb. Mortal. Wkly. Rep. 47, 261 – 264.

31. Nguku PM et al. 2010 An investigation of a major
outbreak of rift valley fever in Kenya: 2006 – 2007.
Am. J. Trop. Med. Hyg. 83(2 Suppl), 5 – 13. (doi:10.
4269/ajtmh.2010.09-0288)

32. Breiman RF, Minjauw B, Sharif SK, Ithondeka P,
Njenga MK. 2010 Rift valley fever: scientific
pathways toward public health prevention and
response. Am. J. Trop. Med. Hyg. 83(2 Suppl.), 1 – 4.
(doi:10.4269/ajtmh.2010.83s2a01)

33. Taylor LH, Hampson K, Fahrion A, Abela-Ridder B,
Nel LH. 2017 Difficulties in estimating the human
burden of canine rabies. Acta Trop. 165, 133 – 140.
(doi::10.1016/j.actatropica.2015.12.007)

34. Dowell SF, Blazes D, Desmond-Hellmann S. 2016
Four steps to precision public health. Nature 540,
189 – 191. (doi:10.1038/540189a)

http://dx.doi.org/10.3201/eid1610.100249
http://dx.doi.org/10.3201/eid1610.100249
http://dx.doi.org/10.1016/j.prevetmed.2010.10.003
http://dx.doi.org/10.1371/journal.pone.0065772
http://dx.doi.org/10.1371/journal.pmed.1001382
http://dx.doi.org/10.1371/journal.pmed.1001382
http://dx.doi.org/10.1371/journal.pmed.1002002
http://dx.doi.org/10.1371/journal.pmed.1002002
http://dx.doi.org/10.1016/S2214-109X(17)30072-4
http://dx.doi.org/10.1016/S2214-109X(17)30072-4
http://dx.doi.org/10.1371/journal.pmed.1000376
http://dx.doi.org/:10.1016/S1473-3099(13)70244-5
http://dx.doi.org/:10.1016/S1473-3099(13)70244-5
http://dx.doi.org/10.1371/currents.outbreaks.d119c71125b5cce312b9700d744c56d8
http://dx.doi.org/10.1371/currents.outbreaks.d119c71125b5cce312b9700d744c56d8
http://dx.doi.org/10.1371/journal.pone.0120761
http://dx.doi.org/10.1371/journal.pone.0016085
http://dx.doi.org/10.4269/ajtmh.2010.09-0288
http://dx.doi.org/10.4269/ajtmh.2010.09-0288
http://dx.doi.org/10.4269/ajtmh.2010.83s2a01
http://dx.doi.org/:10.1016/j.actatropica.2015.12.007
http://dx.doi.org/10.1038/540189a

	Mobile phone-based surveillance for animal disease in rural communities: implications for detection of zoonoses spillover
	Introduction
	Methods
	Study population
	Syndromic data collection
	Data analysis

	Results
	Characteristics of surveillance data by reporting method
	Reporting by type of animal syndromes
	Household determinants of reporting using the phone-based surveillance system

	Discussion
	Ethics
	Data accessibility
	Authors’ contributions
	Competing interests
	Funding
	Acknowledgements
	Disclaimer
	References


