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ABSTRACT 
 

Objectives of the present study are to provide quantitative estimations of air pollution health impacts and monetary 
burden on people living in Agra city, the fourth most populated city in Uttar Pradesh, India. To estimate the direct health 
impacts of air pollution in Agra city during year 2002 to 2014, ‘Risk of Mortality/Morbidity due to Air Pollution’ model 
was used which is adopted from air quality health impact assessment software, developed by world health organization 
(WHO). Concentrations of NO2, SO2 and PM10 have been used to assess human health impacts in terms of attributable 
proportion of the health outcome as- annual number of excess cases of total mortality, cardiovascular mortality, respiratory 
mortality, hospital admission chronic obstructive pulmonary disease (COPD), hospital admission respiratory disease and 
hospital admission cardiovascular disease and it was observed that attributable number of cases were 1325, 908, 155, 138, 
1230 and 348 respectively in year 2002. However, after thirteen years these figures increased to 1607, 1095, 189, 167, 
1568 and 394 respectively. From these results, it was observed that from 2002 to 2014, the attributable number of cases 
increased almost by 13.43 to 27.52%. As a result, the monetary cost burden due to air pollution related health effects also 
increased very highly; it was 67.99 million US$ in 2002, which transformed into 254.52 million US$ in 2014. In future, if 
air quality continues to follow current pollutant concentration trend, the monetary cost burden will reach a level of 
US$ 570.12 million in year 2020, which is not only a thoughtful matter but also a threatful matter and it signifies the 
importance of rectification measures for air quality in Agra city. 
 
Keywords: Air pollution; Relative risk; AirQ; Health endpoint; Monetary cost. 
 
 
 
INTRODUCTION 
 

Air Pollution is posing a great threat for human health 
because of its unfavorable health impacts like cardiovascular 
mortality, respiratory mortality, cancer, COPD, asthma etc. 
(Pope et al., 1995; Sunyer et al., 1997; Brunekreef and 
Holgate, 2002; Brunekreef, 2010; Correia et al., 2013; 
Averett, 2015; Barrett, 2015). Epidemiological time series 
studies of air quality health impacts had been carried out in 
different cities in the world namely Tehran in Iran (Naddafi 
et al., 2012); Beijing (Zhang et al., 2007), Taiyuan, Shanxi 
(Zhang et al., 2010a), Shanghai (Kan and Chen, 2004) and 
Lanzhou (Tao et al., 2014) in China; ten Canadian cities 
(Vanos et al., 2013); Bangkok in Thailand (Vichit-Vadakan et 
al., 2008); Alabama, Philadelphia and Pennsylvania in 
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United States (Smoyer et al., 2000; Caiazzo et al., 2013). 
Similar studies have also been carried out in different cities 
of India as: Kolkata (Ghose et al., 2005; Gurjar et al., 2016), 
Delhi (Alberini et al., 1997; Gurjar et al., 2010; HEI, 2011; 
Rizwan et al., 2013; Nagpure et al., 2014), Mumbai (Joseph 
et al., 2003; Maji et al., 2016), Chandigarh (Gupta et al., 
2001) and Chennai (Jayanthi and Krishnamoorthy, 2006; 
HEI, 2011).  

It is necessary to assess the monetary cost due to air 
pollution related health effects, for more effective air quality 
control and public awareness about environmental protection. 
There are different approaches to assess economic cost due 
to air pollution like willingness-to-pay (WTP), cost of 
illness (CoI) and value of a statistical life (VSL). WTP 
considers how much income or wealth individuals would 
be willing to exchange for decrease in the risk of particular 
health impairments or premature mortality due to air 
pollution. CoI measures the total cost of illness including 
travel cost, hospital admission cost, medical cost and day 
loss. VSL represents the value of a small change in relation 
to the risk of dying for a person in a large group. 
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Economic cost assessment of the health impact related to 
air pollution was carried out for different cities like Beijing, 
Guangzhou, Shanghai and Nanjing in China (Kan and Chen, 
2004; Zhang et al., 2008), Singapore (Quah and Boon, 2003), 
Nigeria (Yaduma et al., 2012), Mumbai (Patankar and 
Trivedi, 2011) and Chennai (Madheswaran, 2007). 

Rapid industrial growth and urbanization has posed huge 
challenges of balancing between economy and environment 
for developing countries like India. During the past decade 
India is emerged as one of the fastest growing economic 
country in the world with 7.46% growth rate (IMF, 2015). 
In 2014, the gross domestic product (GDP) of India was 
USD 2.067 trillion with an increment rate of 7.3% (WB, 
2015). To achieve an ambitious growth rate of 9%, India has 
started utilizing its natural resources much more vigorously. 
In 2012, India consumed 744.5 million tons of coal, 121.6 
million barrels of motor gasoline, 40.4 million barrels of 
jet fuel, 70 million barrels of kerosene and 140 million 
barrels of liquefied petroleum gas (LPG) resulting into 
dramatically deteriorated air quality and polluted natural 
environment (EIA, 2015). 

In India, premature death cases occurred due to outdoor 
air pollution about 0.62 million in 2005 and 0.69 million in 
2010 (OECD, 2014). The total economic cost of health 
impacts due to outdoor air pollution was about US$ 80 
billion in 2010, which was equivalent to 5.7% of Indian 
GDP. The cost of serious health consequences due to PM10, 
caused by fossil fuel burning, was amounted about 3% (1.7% 
by outdoor air pollution and 1.3% by indoor air pollution) 
of India’s GDP (WB, 2013). 

The time series study in this paper focuses on quantitative 
assessment of short term health impact like total mortality 
(TM), cardiovascular mortality (CM), respiratory mortality 
(RM), hospital admission chronic obstructive pulmonary 
disease (HA-COPD), hospital admission respiratory disease 
(HA-RD) and hospital admission cardiovascular disease 
(HA-CD) due to critical pollutants [NO2, SO2 and particulate 
matter having aerodynamic diameter ≤ 10 (PM10)] in Agra 
city in Uttar Pradesh, India from 2002 to 2014, using ‘Risk 
of Mortality/ Morbidity due to Air Pollution’ (Ri-MAP). 
Health impact related monetary cost also has been calculated 
in the present study. 
 
METHODOLOGY 
 
Air Pollutants Concentration and Population Data 

The Agra city is situated in western Uttar Pradesh between 
27.11°N and 78.20°E, on the bank of river Yamuna. It is 
23rd most populated city in India. In 2011, its population 
was 1574542 with an area of 188.4 km2 (Census of India, 
2015). In Agra, maximum and minimum temperature during 
summer is 45°C and 21.9°C, while during winter, it is 
31.7°C and 4.2°C. This city is home to Tajmahal, one of 
the Seven Wonders of the World. The Ri-MAP model is 
used in this study depending mainly upon ambient air 
pollution concentrations and population data. The yearly 
average ambient air pollution concentrations (µg m–3) data 
from 2002 to 2014 for criteria pollutants, namely; NO2, SO2 
and PM10 are taken from four monitoring stations which 

belong to Central Pollution Control Board (CPCB) (CPCB, 
2015). Stations are located at Tajmahal, Etmad-ud-daulah, 
Rambagh and Nunhai. Population data in 2001 and 2011 
have been taken from Census of India (Census of India, 
2015) and population of subsequent years from 2002 to 
2014 was calculated by population growth equation: P = 
P0exp(kt) (WOU, 2015), where P, P0, t and k denote final 
population, initial population, time (year) and exponential 
growth factor respectively.  
 
Human Health Risk Assessment 

The relative risk (Rr) is the ratio of the probability that an 
exposed group will develop disease relative to the probability 
of an unexposed group developing the same disease due to 
air pollutants (Rothman et al., 2008). Present research uses 
the AirQ 2.2.3 software (WHO, 2015) developed by the 
WHO European Centre for Environment Health, Bilthoven 
Division for assessment of human health impact (HHI). 
This software uses Ri-MAP model to estimate the potential 
impact of particular air pollutant exposure on human 
health in an urban area during a specified time period. 

The HHI assessment is based on the population 
attributable risk (PAR) (also called “population attributable 
risk proportion”) concept, defined as the fraction of the 
excess rate of disease in a given population distinguishable 
to exposure to a particular atmospheric pollutant, assuming 
a proven causal relation between exposure and excess rate 
of disease with no major confounding effects in that 
association (Gefeller, 1992; Northridge, 1995). The PAR 
can be easily calculated by the following general equation 
(Krzyzanowski, 1997; WHO, 1999; Rodrigues-Silva et al., 
2012; Mahapatra et al., 2014): 
 

  [{ ( ) 1}] ( ) [ 1 ( ) 1]r rPAR R c p c R c p c        

 (1) 
 
where, Rr(c) is the changed relative risk for the health 
outcome in category “c” of exposure and Rr(c) = 1 + (Ca – 
Cw) × (Rr –1)/10. Ca is the ambient air pollutant concentration, 
Cw is the WHO recommended threshold level of that 
pollutant and Rr is the relative risk of exposure-disease 
relation (the ratio of the conditional disease probabilities 
among exposed and non-exposed). p(c) is the proportion of 
the population in category “c” of exposure. 

At a baseline frequency (as per WHO guideline) of selected 
health outcome in the population (Iw) (Table 1), the rate (or 
number of cases per 105 population) attributed to the exposure 
in population (i.e., IE) can be estimated as (WHO, 1999): 
 
IE = Iw × PAR (2) 
 

If size of population is known, the number of cases 
attributable to the exposure will be estimated as the following 
equation:  
 
INE = IE × N (3) 
 
where INE is the estimated number of cases attributed to the  
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Table 1. Relative risk (Rr) (per 10 µg m–3 increase of NO2, SO2 and PM10) with 95% confidence intervals (95% CI), and 
baseline incidence (per 100000) corresponding to short term mortality and morbidity implement in AirQ software. 

Pollutants Mortality/Morbidity  Relative Risk (Rr)
b 

(95% CI) per 10 µg m–3 
Baseline 
Incidence 
per 100,000c 
(Iw) 

Reference 

NO2 Total Mortality 1.0242 (1.0157–1.0327) 543.5 Huang et al., 2011; Shang et al., 2013 
Cardiovascular Mortality y 1.0206 (1.0082–1.0332) 497 Huang et al., 2011; Shang et al., 2013 
Respiratory Mortality 1.0371 (1.0109–1.064)  48.4 Huang et al., 2011; Shang et al., 2013 
COPD a Morbidity 

(Hospital Admissions) 
1.0090 (1.0051–1.0129) 101.4 Lai et al., 2013 

Respiratory Disease 
(Hospital Admissions) 

1.006 (1.0013–1.0106) 1260 Chen et al., 2010; Lai et al., 2013 

Cardiovascular Disease 
(Hospital Admissions) 

1.0095 (1.0054–1.0136) 436 Chen et al., 2010; Lai et al., 2013 

SO2 Total Mortality x 1.0068 (1.0024–1.0112) 1013 Wong et al., 2008; Shang et al., 2013 
Cardiovascular Mortality y  1.0103 (1.0021–1.0185) 497 Wong et al., 2008; Shang et al., 2013 
Respiratory Mortality z 1.0106 (1.0006–1.0206) 66 Wong et al., 2008; Shang et al., 2013 
COPD a Morbidity 

(Hospital Admissions) 
1.0070 (1–1.0141) 101.4 Lai et al., 2013 

Respiratory Disease 
(Hospital Admissions) 

1.0014 (1–1.0043) 1260 Chen et al., 2010; Lai et al., 2013 

Cardiovascular Disease 
(Hospital Admissions) 

1.0079 (1–1.0163) 436 Chen et al., 2010; Lai et al., 2013 

PM10 Total Mortality x 1.0044 (1.0017–1.0071) 1013 Balakrishnan et al., 2011; Dholakia et 
al., 2014 

Cardiovascular Mortality y 1.006 (1.0029–1.0091) 497 Zhang et al., 2010b; Shang et al., 2013
Respiratory Mortality z 1.0082 (1.0004–1.0161) 66 Zhang et al., 2010b; Shang et al., 2013
COPD a Morbidity 

(Hospital Admissions) 
1.0050 (1.0030–1.0070) 101.4 Lai et al., 2013 

Respiratory Disease 
(Hospital Admissions) 

1.0039 (1–1.0082) 1260 Chen et al., 2010; Lai et al., 2013  

Cardiovascular Disease 
(Hospital Admissions) 

1.0021 (1.0001–1.0041) 436 Chen et al., 2010; Lai et al., 2013 

a COPD: Chronic Obstructive Pulmonary Disease. 
b Lower and upper limits (range) of Rr values. 
c Baseline Incidence per 100,000 is based on threshold limit given in WHO guideline. 
International Classification of Diseases (ICD) code number: x ICD-9-CM < 800; y ICD-9-CM 390–459; z ICD-9-CM 460–519. 

 

exposure. N indicates the size of the investigated 
population. 

Eq. (3) is used to estimate number of cases of mortality 
or morbidity in the exposed population. The AirQ software 
is applied using pollutants concentration specified input of Rr 
values and corresponding baseline incidences for different air 
pollutants as well as types of diseases associated with those 
values (Table 1), based on previous studies (Wong et al., 
2008; Chen et al., 2010; Zhang et al., 2010b; Balakrishnan et 
al., 2011; Huang et al., 2011; Lai et al., 2013; Shang et al., 
2013; Shang et al., 2013; Dholakia et al., 2014).  
 
Monetary Costs of Health Effects 

The value of a statistical life (VSL) represents an 
individual’s willingness-to pay (WTP) for a marginal 
reduction in the risk of death. As an alternative choice, cost 
of illness (CoI) method was employed for some morbidity 
endpoints that could be valued from the existing WTP 
literatures. The VSL for residents of other cities were 

determined from the marginal WTP, considering annual 
income differences between two cities. The VSL can be 
given as follows: VSLAgr = VSLMum × (IncAgr/IncMum)e where 
VSLAgr and VSLMum are the VSL of city Agra and Mumbai, 
respectively, while IncAgr and IncMum represent the income 
of Agra and Mumbai, respectively. ‘e’ is the elastic 
coefficient of WTP and is assumed to be 1.0 (Zhang et al., 
2008). 

The cost for hospital admissions (HA-COPD, HA-CD 
and HA-RD) was estimated using CoI approach (Patankar 
and Trivedi, 2011, Srivastava and Kumar, 2002) and cost 
of death from outdoor air pollution per person (VSL) was 
estimated using WTP approach (ORCD, 2014). With the 
increasing cost of treatment, the monetary burden of health 
impacts is also increasing every year. That’s why to estimate 
the trends in monetary burden, per year 10% increase in 
the price of medicines and hospital admission charges are 
considered (Patankar and Trivedi, 2011; ORCD, 2014) 
(Table 2). 
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Table 2. Unit values for various health endpoints in Agra in 2010 (in US$). 

Health endpoints Value (in US$) Approach Reference 
Mortality 60000 WTP OECD, 2014 
HA-COPD 510.3 CoI Patankar and Trivedi, 2011 
HA-RD 130.3 CoI Srivastava and Kumar, 2002 
HA-CD 266.2 CoI Patankar and Trivedi, 2011 

 

RESULTS 
 

Annual average WHO guideline for outdoor air quality for 
NO2, SO2 and PM10 are 40, 20 and 20 µg m–3 respectively 
(WHO, 2006), used in this study. Yearly average pollution 
concentration data are shown in Fig. 1. Annual average NO2 
value never exceeded WHO air quality guideline. In some 
year, annual average of SO2 value exceeded the guideline, 
but after 2008 a decreasing trend was observed. In case of 
PM10 annual average concentrations were always higher 
than the WHO guideline at all four monitoring stations. 

Average PAR percentage from 2002 to 2014 for morbidity 
and mortality for each pollutant has been estimated (Table 3) 
for HHI assessment based on WHO recommended input 
parameter (Table 1). 

 
Application of AirQ Model 

Trend for attributable number of estimated cases of 
mortality and morbidity due to air pollution in Agra from 
2002 to 2014 are illustrated in Fig. 2(a) for TM, 2(b) for 

CM, 2(c) for RM, 2(d) for HA-COPD, 2(e) for HA-RD and 
2(f) for HA-CD. 
 
Total Mortality 

The attributable number of premature deaths (i.e., TM) 
in Fig. 2(a) has been taken into account by the effects of 
total sum of three critical pollutants NO2, SO2 and PM10. In 
2002, the attributable number of cases was 1325 (95% CI: 
592–2008) followed by 1766 (95% CI: 783–2659) in 2006, 
1473 (95% CI: 637–2220) in 2010 and 1607 (95% CI: 728–
2421) in 2014. From 2002 to 2014, the annual average of 
attributable number of estimated cases was 1561 (95% CI: 
708–2346) and it increased almost by 21.2%. Attributable 
numbers of estimated cases of total mortality has been 
observed - about 15.33–28.01% due to NO2, 3.10–10.06% 
due to SO2 and 64.90–77.24% due to PM10 concentration. 

 
Cardiovascular Mortality 

Fig. 2(b) shows the attributable number of mortality cases 
due to cardiovascular problems owing to the total sum for 

 

      
 

 
 

Fig. 1. Concentration (µg m–3) of (a) NO2 (b) SO2 and (c) PM10  at (i) Tajmahal, (ii) Etmad-ud-daulah, (iii) Rambagh and 
(iv) Nunhai in Agra from 2002 to 2014. 
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Table 3. Average population attributable risk (PAR) (%) value and the rate (or number of cases per 105 population) 
attributed to the exposure in population (i.e., IE) for mortality and morbidity in case of NO2, SO2 and PM10. 

Pollutants TM CM RM HA-COPD HA-RD HA-CD 
NO2 PAR 4.0110 

(2.6414–5.3407) 
3.4360 
(1.3981–5.4177) 

6.0138 
(1.8496–9.9208)

1.5324 
(0.8745–2.1812)

1.0272 
(0.2244–1.7997) 

1.6161 
(0.9255–2.2967)

IE 21.7985 
(14.2055–29.0248)

17.0752 
(6.9497–26.9240)

2.9111 
(0.8951–4.8012)

1.5539 
(0.8858–2.2117)

12.9412 
(2.8290–22.6758) 

7.0461 
(4.0349–10.0123)

SO2 PAR 0.5968 
(0.2117–0.9782) 

0.9005 
(0.1853–1.6025) 

0.9264 
(0.0530–1.7802)

0.6143 
(0–1.2274) 

0.1237 
(0–0.3785) 

0.6925 
(0–1.4154) 

IE 6.0450 
(2.1440–9.9071) 

4.4750 
(0.9209–7.9636) 

0.6112 
(0.0350–1.1747)

0.6228 
(0–1.2451) 

1.5576 
(0–4.7682) 

3.0176 
(0–6.1700) 

PM10 PAR 7.6363 
(3.0971–11.7655) 

10.1291 
(5.1690–14.5919)

13.3430 
(0.7466–23.1932)

8.5873 
(5.3377–11.6193)

6.8285 
(0–13.3430) 

3.7978 
(0.1877–7.1533)

IE 77.3530 
(31.3724–
119.1812) 

50.3409 
(25.6891–
72.5186) 

8.8050 
(0.4932–15.3064)

8.7069 
(5.4126–11.7813)

86.0344 
(0–168.1159) 

16.5581 
(0.8187–31.1877)

 

three considered pollutants PM10, SO2 and NO2. In 2002, 
the attributable number of estimated cases was 908 (95% 
CI: 412–1372) followed by 1193 (95% CI: 559–1771) in 
2006, 1004 (95% CI: 474–1496) in 2010 and 1095 (95% CI: 
517–1632) in 2014. From 2002 to 2014 the annual average 
attributable number of cases was 1067 with high uncertainty 
(95% CI: 498–1593) and it increased about 20.6%. 
Attributable number of cases for cardiovascular mortality 
has been observed - about 17.76–31.80% due to NO2, 3.33–
10.85% due to SO2 and 60.88–74.0% due to PM10. 
 
Respiratory Mortality 

The attributable number of respiratory mortality, as 
shown in Fig. 2(c), has been estimated by taking into account 
the sum total of effects caused by critical pollutants NO2, 
SO2 and PM10. In 2002, the attributable number of cases 
was 155 (95% CI: 17–270) followed by 203 (95% CI: 21–
346) in 2006, 174 (95% CI: 20–301) in 2010 and 189 (95% 
CI: 21–329) in 2014. The annual average attributable number 
of cases from 2002 to 2014 was 183 (95% CI: 21–316). Out 
of total, attributable number of cases has been observed: 
17.92–31.24% due to NO2, 2.63–8.73% due to SO2 and 
62.85–75.02% due to harmful effects of PM10. Contribution 
of SO2 decreased after 2008, due to implementation of 
EURO norms in vehicles emission standards. 
 
Hospital Admission due to COPD 

As shown in Fig. 2(d), the morbidity (hospital admission) 
cases due to chronic obstructive pulmonary disease (COPD) 
have been calculated by taking into account the effects of 
total sum of three critical pollutant NO2, SO2 and PM10. In 
2002, the attributable number of estimated cases was 138 
(95% CI: 76–197) followed by 186 (95% CI: 106–261) in 
2006, 153 (95% CI: 90–213) in 2010 and 167 (95% CI: 
99–232) in 2014. From 2002 to 2014 the annual average 
attributable number of cases was 162 (95% CI: 94–226) and 
it increased only by 21.37%. PM10 is primarily responsible 
for attributable number of COPD and its concentration did 
not change much in Agra city. Attributable number of 
estimated cases has been observed - about 10.33–19.96% 
due to NO2, 3.16–9.96% due to SO2 and 72.36–83.45% 

due to PM10. 
 
Hospital Admission due to Respiratory Disease 

The attributable number of morbidity (hospital admission) 
case due to respiratory diseases is shown in Fig. 2(e), has 
been estimated by taking into account the sum total of 
effects caused by critical pollutants NO2, SO2 and PM10. In 
2002, the attributable number of estimated morbidity due to 
respiratory disease was 1230 (95% CI: 32–2423) followed by 
1702 (95% CI: 35–3290) in 2006, 1438 (95% CI: 38–
2802) in 2010 and 1568 (95% CI: 42–3057) in 2014. From 
2002 to 2014 the annual average attributable number of 
estimated cases was 1493 (95% CI: 42–2905) and it increased 
almost by 27.52%. Attributable number of cases for 
cardiovascular mortality has been observed - about 9.39–
17.85% due to NO2, 0.84–2.80% due to SO2 and 79.95–
88.40% due to PM10. 
 
Hospital Admission due to Cardiovascular Disease 

The attributable number of morbidity (hospital admission) 
case due to cardiovascular diseases are shown in Fig. 2(f), 
which are sum of the caused by NO2, SO2 and PM10. In 2002, 
the attributable number of estimated morbidity due to 
cardiovascular disease was 348 (95% CI: 56–630) followed 
by 451 (95% CI: 64–817) in 2006, 362 (95% CI: 66–643) in 
2010 and 394 (95% CI: 72–702) in 2014. From 2002 to 2014 
the annual average attributable number of estimated cases was 
394 (95% CI: 72–702) and it increased almost by 13.43%. 
Attributable number of cases for cardiovascular mortality has 
been observed - about 19.30–35.95% due to NO2, 6.08–
19.13% due to SO2 and 51.72–67.53% due to PM10. 

All the figures in Fig. 2, are following the same trend 
which is parallel with the trend of annual average 
concentration of PM10. Maximum estimated number of 
attributable cases was observed in year 2007 because of high 
value of annual average NO2 (31 µg m–3), SO2 (22 µg m–3) 
and PM10 (212 µg m–3). 

 
Estimation of Monetary Burden 

Personal expenses towards cost of treatment; including 
travel cost, incurred expenditure of government for public
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Fig. 2. Attributable number of cases of (a) total mortality, (b) cardiovascular mortality, (c) respiratory mortality, (d) HA-
COPD (e) hospital admission respiratory disease (HARD) and (f) hospital admission cardiovascular disease (HACD) in Agra. 

 

healthcare facilities and societal costs due to loss of 
productivity, were considered to assess the total monetary 
burden of mortality and morbidity caused by air pollution. 
Total economic cost burden in Agra city from 2002 to 2014 
is shown in Table 4. From 2002 to 2014, the total economic 
cost burden increased 3.74 times but the attributable number 
of estimated mortality and morbidity (i.e., health endpoints) 
increased only by 1.13 to 1.28 times. However, within the 
total economic cost, premature death played a dominant 
role by contributing 99.77%. 
 
DISCUSSIONS 
 

In this case study, area specific ambient air pollution 
concentrations are not considered to calculate HHI. For 
that, to avoid biases caused by population size, population 

density, area type (i.e., residential or industrial) around 
different monitoring stations and to know individual 
pollutants contribution towards health endpoint, annual 
average attributable number of cases in one million 
population have been estimated (Table 5).  

In this study, PM10 has the highest health effect on the 
people living (1.28 million in 2001 and 1.59 million in 
2011) in Agra city. This is consistent with the results of 
Ri-MAP model studies, conducted for assessment of health 
impacts in different cities. A summary of the results of a 
number of similar studies is presented in Table 6. 

The monetary burden of health impacts is likely to 
increase in future, as the cost of treatment increases 10% 
each year and population increases 2.2% per year as per 
Indian census data. In future, if annual average pollutant 
concentration does not show decreasing trend, then in year
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Table 4. Monetary cost of health effects associated with air pollution in Agra from 2002 to 2014 (mean and 95% CI) (in 
million US$) 

Year Mortality cost HA-COPD cost HA-RD cost HA-CD cost Total cost (million US$)
2002 67.84 (28.98–103.69) 0.03 (0.02–0.05) 0.08 (0.00–0.15) 0.04 (0.01–0.08) 67.99 (29.01–103.97) 
2003 84.25 (37.94–126.60) 0.04 (0.02–0.06) 0.10 (0.00–0.18) 0.05 (0.01–0.09) 84.44 (37.98–126.93) 
2004 84.69 (33.99–128.16) 0.04 (0.03–0.06) 0.10 (0.00–0.20) 0.05 (0.01–0.09) 84.88 (34.02–128.51) 
2005 102.95 (44.04–157.06) 0.05 (0.03–0.07) 0.12 (0.00–0.23) 0.07 (0.01–0.12) 103.19 (44.08–157.48) 
2006 136.89 (59.00–206.83) 0.07 (0.04–0.10) 0.16 (0.00–0.31) 0.09 (0.01–0.16) 137.21 (59.05–207.39) 
2007 171.48 (75.71–257.61) 0.08 (0.05–0.12) 0.19 (0.01–0.37) 0.11 (0.02–0.20) 171.86 (75.78–258.29) 
2008 169.00 (74.42–255.90) 0.08 (0.04–0.11) 0.18 (0.01–0.36) 0.11 (0.02–0.20) 169.37 (74.49–256.56) 
2009 159.98 (70.12–242.07) 0.08 (0.05–0.11) 0.19 (0.00–0.37) 0.10 (0.02–0.17) 160.34 (70.18–242.72) 
2010 159.00 (67.86–241.03) 0.08 (0.05–0.11) 0.19 (0.00–0.37) 0.10 (0.02–0.17) 159.36 (67.93–241.67) 
2011 171.68 (75.21–260.69) 0.08 (0.05–0.12) 0.20 (0.01–0.40) 0.11 (0.02–0.19) 172.07 (75.28–261.39) 
2012 208.78 (91.51–315.94) 0.10 (0.06–0.14) 0.25 (0.01–0.49) 0.13 (0.02–0.23) 209.26 (91.60–316.80) 
2013 225.82 (98.92–342.30) 0.11 (0.07–0.16) 0.27 (0.01–0.52) 0.14 (0.03–0.25) 226.34 (99.02–343.22) 
2014 253.94 (111.26–384.94) 0.13 (0.07–0.18) 0.30 (0.01–0.59) 0.16 (0.03–0.28) 254.52 (111.37–385.98)

 

Table 5. Annual average attributable number of health endpoint cases in one million population for NO2, SO2 and PM10 
(mean and 95% CI). 

Pollutant TM CM RM HA-COPD HA-RD HA-CD 
NO2 218 (142–290) 171 (69–269) 29 (9–48) 16 (9–22) 129 (28–227) 70 (40–100) 
SO2 60 (21–99) 45 (9–80) 6 (0–12) 6 (0–12) 16 (0–48) 30 (0–62) 
PM10 774 (314–1192) 503 (257–725) 88 (5–153) 87 (54–118) 860 (0–1681) 166 (8–312) 
Total 1052 (477–1581) 719 (336–1074) 123 (14–213) 109 (63–152) 1005 (28–1956) 266 (49–474)

 

2020, the economic cost burden of health effects in Agra 
city will be US$ 570.12 million (Fig. 3), with an increment 
rate of 12.42% each year. Trend of monetary burden from 
year 2002 to 2020 is shown in Fig. 3. 
 
Reason of Pollution in Agra City 

From the above study, it is observed that attributable 
number of estimated mortality and morbidity are mainly 
due to particulate matter (PM10). Emissions from 70 thousand 
generators which are used because of daily power shortages, 
increasing number of three-wheelers running on diesel, 
emissions from 212 coal based industrial units and the 
Mathura oil refinery located nearby city are major source 
of high levels of particulate matter in Agra. Electrical 
goods, plastic, iron casting, leather and shoes production 
are major industries of Agra city. The number of vehicles 
is increased alarmingly over the past few years in this city. 
Personal vehicles, along with diesel run three wheelers, 
known as Vikram, are the main source of vehicular pollution 
(DE, 2015). Other than these sectors MSW burning also 
emerged as a significant contributor. The total estimated 
municipal solid waste (MSW) burn in Agra is 223 tons/day 
in summer, which is about 24% of the city’s total daily MSW 
generation (923 tons/day) (Nagpure et al., 2015). Vehicles 
and other machines, that burn fossil fuels, are primary source 
of black carbon, while burning of biomass and garbage are 
typical source of organic carbon, which has been consistently 
affecting the white aesthetics of Tajmahal (TI, 2015). 
 
Uncertainly Analysis for Confidence Interval (CI) 

In the present study, yearly average data of ambient air 
pollution is used, which belong to the CPCB. The accuracy 

of air quality data, as available through CPCB, is uncertain. 
This could be a substantial source of error, especially in Agra 
city, because of insufficient resources, expertise and air 
quality monitoring infrastructure. The uncertainties because 
the study area are not categorized into residential or industrial 
area and the uncertainty also might be for instrumental error 
(absolute percentage error for SO2, NO2 and PM10 were 
3.11, 4.47 and 5.83% respectively) (CPCB, 2015). 

The Ri-MAP model calculates central value of mortality 
and morbidity with 95% CI, based on the input parameters 
(Table 1) for all the pollutants. In each subsequent figure 
(Fig. 2) solid bars show estimated values of attributable 
number of cases of health outcome and thin vertical lines 
show their lower and upper limits. It is also shown from the 
figures that CM and HA-COPD have highest uncertainties, 
while RM shows the least uncertainty for Agra city. PAR 
(Table 3), economic cost burden (Table 4) and annual average 
attributable number of estimated case in one million 
population (Table 5) have also been estimated with 95% CI. 
 
Limitation and Assumption Made 

There are numbers of methodological uncertainties and 
limitations in the approach, which need further improvement 
to make the method robust. In particular: 
a) Relative risk values used in this study experimentally 

developed in United States of America, but so many 
uncertainties are involved when these values are used in 
any other country like India, as the climatic conditions 
and economic backgrounds differ starkly from United 
State of America. 

b) Pollutants are generally of mixed kind- outdoor and 
indoor air pollutants, associated with synergistic effect
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Table 6. Comparison of baseline incidence, relative risk, and number of excess cases attributable to short-term exposure to 
pollutants in different studies. 

Study Pollutant Health 
endpoint 

Relative risk  
(95% CI) per 10 µg m–3 

Baseline incidence/ 
100000 people 

Excess number of 
cases 

Exposed 
population

Health endpoints of present work in 2014 
 NO2 TM 1.0242 (1.0157–1.0327)  543.5 322.3 (211.7–430.2) 1693000 

CM 1.0206 (1.0082–1.0332) 497 252.2 (102.2–399.1) 
RM 1.0371 (1.0109–1.064)  48.4 43.3 (13.2–71.8) 
HA-COPD 1.0090 (1.0051–1.0129) 101.4 22.9 (13–32.6) 
HA-RD 1.006 (1.0013–1.0106) 1260 190.3 (41.5–333.9) 
HA-CD 1.0095 (1.0054–1.0136) 436 103.7 (59.3–147.6) 

SO2 TM 1.0068 (1.0024–1.0112) 1013 58.1 (20.6–95.5) 
CM 1.0103 (1.0021–1.0185) 497 43.1 (8.8–77.1) 
RM 1.0106 (1.0006–1.0206) 66 5.9 (0.3–11.4) 
HA-COPD 1.0070 (1–1.0141) 101.4 6 (0–12) 
HA-RD 1.0014 (1–1.0043) 1260 14.9 (0–45.8) 
HA-CD 1.0079 (1–1.0163) 436 29 (0–59.7) 

PM10 TM 1.0044 (1.0017–1.0071) 1013 1226.1 (495.5–1895.4) 
CM 1.006 (1.0029–1.0091) 497 799.5 (406.4–1155.9) 
RM 1.0082 (1.0004–1.0161) 66 140.2 (7.8–245.6) 
HA-COPD 1.0050 (1.0030–1.0070) 101.4 138.1 (85.6–187.3) 
HA-RD 1.0039 (1–1.0082) 1260 1362.9 (0–2677) 
HA-CD 1.0021 (1.0001–1.0041) 436 261.7 (12.9–494.2) 

Fattore et al. (2011) 
 PM10 TM 1.006 (1.004–1.008) 735.7 4.4 (3.0–5.8 24000 

CM 1.009 (1.005–1.013) 283.4 2.5 (1.4–3.6) 
RM 1.013 (1.005–1. 020) 58.0 0.7 (0.3–1.1) 

NO2 TM 1.003 (1.002–1.004) 735.7 3.1 (2.3–3.9) 
CM 1.004 (1.003–1.005) 283.4 1.6 (1.2–2.8) 

Naddafi et al. (2012) 
 PM10 TM 1.006 (1.004–1.008) 543.5 2194 (1486–2880) 8700000 

CM 1.009 (1.005–1.013) 231 1367 (738–1916) 
RM 1.013 (1.005–1.020) 48.4 402 (164–588) 
HA-RD 1.008 (1.0048-1.0112) 1260 6677 (4107–9126) 
HA-CD 1.009 (1.006-1.013) 436 2580 (1760–3617) 

NO2 TM 1.003 (1.002–1.004) 543.5 1050 (705–1389) 
CM 1.004 (1.003–1.005) 231 591 (446–733) 
HA-COPD 1.0026 (1.0006–1.0044) 101.4 247 (27–586) 

SO2 TM 1.004 (1.003–1.0048) 543.5 1458 (1102–1739) 
CM 1.008 (1.002–1.012) 231 1202 (315–1751) 
RM 1.01 (1.006–1.014) 48.4 310 (192–422) 
HA-COPD 1.0044 (1–1.011) 101.4 298 (0–710) 

Gholampour et al. (2014) 
 PM10 TM 1.006 (1.004–1.008) 543.5 363(246–478) 1700000 

CM 1.009 (1.005–1.013) 231 227(130–319) 
RM 1.013 (1.005–1.020) 48.4 67(27–98 
HA-RD 1.008 (1.0048–1.0112) 1260 1107(680–1515) 
HA-CD 1.009 (1.006-1.013) 436 428(291–601) 

Ghozikali et al. (2016) 
 NO2 HA-COPD 1.0038 (1.0004–1.0094) 101.4 11.6 (1.20–28.4) 1500000 

SO2 HA-COPD 1.0044 (1–1.011) 101.4 8.20 (0–20.3) 
Mohammadi et al. (2015) 
 PM10 TM 1.0074 (1.0062–1.0086) 1013 652.1(550.2–752.6) 1500000 

CM 1.008 (1.005–1.018) 497 344.7(219.2–733.2) 
RM 1.012 (1.008–1.037) 66 67.1(45.8–181.3) 
HA-RD 1.009 (1.006–1.013) 436 837.9(534.2–1201.2) 
HA-CD 1.008 (1.0048–1.0112) 1260 338.2(229.4–447.6) 

NO2 CM 1.004 (1.002–1.006) 497 20.5(0.0–41.0) 
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Table 6. (continued). 

Study Pollutant Health 
endpoint 

Relative risk  
(95% CI) per 10 µg m–3 

Baseline incidence/ 
100000 people 

Excess number of 
cases 

Exposed 
population

 SO2 TM 1.004 (1.003–1.0048) 1013 316.3(238.4–377.9)  
CM 1.008 (1.002–1.012) 497 304.0(78.4–446.9) 
RM 1.01 (1.006–1.014) 66 50.0(30.6–68.6) 

Jeong (2013) 
 PM10 TM 1.006 (1.004–1.008) 380.5 105.5 (70.9–139.5) 1180000 

CM 1.009 (1.005–1.013) 84.5 34.7 (19.6–49.3) 
RM 1.013 (1.005–1.020) 28.8 16.8 (6.7–25.2) 
HA-RD 1.008 (1.0048–1.0112) 1260 462.0 (280.9–634.8) 
HA-CD 1.009 (1.006–1.013) 436 179.1 (120.9–254.6) 

NO2 TM 1.003 (1.002–1.004) 543.5 81.3 (54.5–107.7) 
CM 1.004 (1.003–1.005) 231 23.9 (18.0–29.7 
HA-COPD 1.0026 (1.0006–1.0044) 101.4 18.8 (4.4–31.5) 

SO2 TM 1.004 (1.003–1.0048) 543.5 10.9 (8.1–13.0) 
CM 1.008 (1.002–1.012) 231 4.8 (1.2–7.2) 
RM 1.01 (1.006–1.014) 48.4 2.0 (1.2–2.9) 
HA-COPD 1.0044 (1–1.011) 101.4 32.1 (16.6–47.8) 

 

 
Fig. 3. Trend of economic cost burden of health endpoint in Agra city from 2002 to 2020 (million US$). 

 

which are not considered in the study (Fattore et al., 
2011). 

c) Here the area specific (i.e., industrial or residential area) 
mortality and morbidity have not been considered. Air 
pollution may directly cause mortality and accidental 
morbidity, like in extreme cases when visibility is low, 
the probability of traffic accident is enhanced, which is 
not included in this study. 

d) The accuracy of the air quality data as available through 
CPCB is uncertain due to wide variety of reasons such 
as - frequent power cut, manpower availability problem, 
calibration error and failures of air quality monitoring 
instrument. 

e) In this study, only PM10, SO2 and NO2 are considered but 
fine particulate matter PM2.5 and ozone are not considered, 
which have more health impacts. 

 
CONCLUSIONS 
 

In current study, a straightforward spreadsheet model 
with AirQ software has been used to assess the human 
health effects due to air pollutants in Agra city. Here excess 

number of cases was observed - 1362 for total mortality, 908 
for cardiovascular mortality, 155 for respiratory mortality, 
138 for hospital admission COPD, 1230 for respiratory 
disease and 348 for cardiovascular disease in Agra city in year 
2002. Although with 13.43–27.52% growth, these figures 
became 1607, 1095, 189, 167, 1568 and 394 respectively in 
2014. Monetary cost due to outdoor air pollution increased 
from 67.99 to 254.52 million US$ during 2002 to 2014. In 
previous study, the estimated annual premature deaths due 
to ambient suspended particulate matter (SPM) and 
corresponding monetary cost were respectively- 1569 and 
55.69 million US$ in 1991–1992, and 1449 and 39 million 
US$ in 1995 (DE, 2015). Estimated attributable number of 
cases are only with reference to the concentrations of 
pollutants in excess to the standards adopted in the WHO 
guidelines. However, concentrations lower than the WHO 
guidelines have also contributed towards attributable 
morbidity and mortality, like due to long time exposure to 
PM10. For more extensive study one needs to estimate 
human health risk due to all the relevant pollutants such as 
TSP, PM10, PM2.5, O3, CO, NO2, SO2 and polyaromatic 
hydrocarbons. This study shows PM10 as the primary 
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responsible pollutant for human health risk in Agra city. 
Hence, the state pollution control authorities of Uttar 
Pradesh needs to put forward measures to control and 
reduce PM10 levels in the city to decrease the economic 
costs of air pollution-related health impact. If such a trend 
be continued, economic cost of such ignorance would be 
as huge as US$ 570.12 million in 2020, much higher than 
the cost of control measures. Current study shows the 
importance of evaluation and assessment of health impacts 
of air pollution on local scale to protect environment and 
economic balance. 
 
ACKNOWLEDGMENT 
 

The author gratefully acknowledge Central Pollution 
Control Board (CPCB), India for giving the permission to 
use air quality parametric data in this research. The first 
author thanks Council of Scientific and Industrial Research 
(CSIR), New Delhi, India for providing the scholarship to 
carry out research at Centre for Environmental Science and 
Engineering (CESE), IIT Bombay, India. 
 
REFERENCES 
 
Alberini, A., Cropper, M., Simon, N.B. and Sharma, P.K. 

(1997). The Health Effects of Air Pollution in Delhi, 
India, Policy Research Working Papers. The World 
Bank, Washington DC.  

Averett, N. (2015). Exercising in polluted areas: Study 
suggests benefits outweigh the health risks of NO2 
exposure. Environ. Health Perspect. 123: A158. 

Balakrishnan, K., Ganguli, B., Ghosh, S., Sankar, S., 
Thanasekaran, V., Rayadu, V.N. and Caussy, H. (2011). 
Short term effects of air pollution on mortality: Results 
of a time-series analysis in Chennai, India. Res. Rep. 
Health Eff. Inst. 157: 7–44. 

Barrett, J.R. (2015). “Exported” deaths and short-term 
PM10 exposure: Factoring the impact of commuting into 
mortality estimates. Environ. Health Perspect. 123: A22.  

Brunekreef, B. and Holgate, S.T. (2002). Air pollution and 
health. Lancet 360: 1233–1242. 

Brunekreef, B. (2010). Air pollution and human health: 
From local to global issues. Procedia Soc. Behav. Sci. 2: 
6661–6669.  

Caiazzo, F., Ashok, A., Waitz, I.A., Yim, S.H.L. and 
Barrett, S.R.H. (2013). Air pollution and early deaths in 
the United States. Part I: Quantifying the impact of 
major sectors in 2005. Atmos. Environ. 79: 198–208.  

Census of India (2015). http://www.census2011.co.in/city.
php, Last Access: 17 March 2015. 

Chen, R., Chu, C., Tan, J., Cao, J., Song, W., Xu, X., 
Jiang, C., Ma, W., Yang, C., Chen, B., Gui, Y. and Kan, 
H. (2010). Ambient air pollution and hospital admission 
in Shanghai, China. J. Hazard. Mater. 181: 234–240. 

Correia, A.W., Pope, C.A., Dockery, D.W., Wang, Y., 
Ezzati, M. and Dominici, F. (2013). Effect of air pollution 
control on life expectancy in the United States: An 
analysis of 545 U.S. counties for the period from 2000 
to 2007. Epidemiology 24: 23–31. 

CPCB (2015). Central pollution control board, http://cpcb.
nic.in/agra_data.php, Last Access: 17 March 2015. 

DE (2015). Down To Earth, Death is in the air. 
http://www.downtoearth.org.in/coverage/death-is-in-the-
air-24804#2, Last Access: 23 July 2015. 

Dholakia, H.H., Bhadra, D. and Garg, A. (2014). Short 
term association between ambient air pollution and 
mortality and modification by temperature in five Indian 
cities. Atmos. Environ. 99: 168–174. 

EIA (2015). U. S. Energy Information Administrationm. 
http://www.eia.gov, Last Access: 02.03.2015. 

Fattore, E., Paiano, V., Borgini, A., Tittarelli, A., Bertoldi, 
M., Crosignani, P. and Fanelli, R. (2011). Human health 
risk in relation to air quality in two municipalities in an 
industrialized area of Northern Italy. Environ. Res. 111: 
1321–1327. 

Gefeller, O. (1992). An Annotated bibliography on the 
attributable risk. Biometrical J. 34: 1007–1012.  

Gharehchahi, E., Mahvi, A.H., Amini, H., Nabizadeh, R., 
Akhlaghi, A.A., Shamsipour, M. and Yunesian, M. 
(2013). Health impact assessment of air pollution in 
Shiraz, Iran: a two-part study. J. Environ. Health Sci. 
Eng. 11: 11.  

Gholampour, A., Nabizadeh, R., Naseri, S., Yunesian, M., 
Taghipour, H. and Rastkari, N. (2014). Exposure and 
health impacts of outdoor particulate matter in two 
urban and industrialized area of Tabriz, Iran. J. Environ. 
Health Sci. Eng. 12: 1–10. 

Ghose, M.K., Paul, R. and Banerjee, R.K. (2005). 
Assessment of the status of urban air pollution and its 
impact on human health in the city of Kolkata. Environ. 
Monit. Assess. 108: 151–167.  

Ghozikali, G.M., Heibati, B., Naddafi, K., Kloog, I., 
Oliveri Conti, G., Polosa, R. and Ferrante, M. (2016). 
Evaluation of Chronic Obstructive Pulmonary Disease 
(COPD) attributed to atmospheric O3, NO2, and SO2 
using Air Q Model (2011-2012 year). Environ. Res. 144: 
99–105. 

Gupta, D., Boffetta, P., Gaborieau, V. and Jindal, S.K. 
(2001). Risk factors of lung cancer in Chandigarh, India. 
Indian J. Med. Res. 113: 142–50. 

Gurjar, B.R., Jain, A., Sharma, A., Agarwal, A., Gupta, P., 
Nagpure, A.S. and Lelieveld, J. (2010). Human health 
risks in megacities due to air pollution. Atmos. Environ. 
44: 4606–4613. 

Gurjar, B.R., Ravindra, K. and Nagpure, A.S. (2016). Air 
pollution trends over Indian megacities and their local-
to-global implications. Atmos. Environ. 142: 475–495.  

HEI (2011). Public Health and Air Pollution in Asia 
(PAPA): Coordinated Studies of Short-Term Exposure 
to Air Pollution and Daily Mortality in Two Indian 
Cities. Research Report 157. Health Effects Institute, 
Boston, MA. 

Huang, B., Dai, L.Z., Lu, P., Shang, Y., Li, Y., Tao, Y.B. 
and Huang, W. (2011). Time-series analysis of acute 
mortality effects of air pollution in Xi'an. J Environ 
Health. 28: 1039–1043 [in Chinese]. 

IMF (2015). The International Monetary Fund. http://www.
imf.org/external/index.htm, Last Access: 02 April 2015. 



 
 
 

Maji et al., Aerosol and Air Quality Research, 17: 831–842, 2017 841

Jayanthi, V. and Krishnamoorthy, R. (2006). Key airborne 
pollutants – Impact on human health in Manali, Chennai. 
Curr. Sci. 90: 405–413. 

Jeong, S.J. (2013). The impact of air pollution on human 
health in Suwon City. Asian J. Atmos. Environ. 7: 227–
233. 

Joseph, A., Ad, S. and Srivastava, A. (2003). PM(10) and 
its impacts on health - A case study in Mumbai. Int. J. 
Environ. Health Res. 13: 207–214. 

Kan, H. and Chen, B. (2004). Particulate air pollution in 
urban areas of Shanghai, China: Health-based economic 
assessment. Sci. Total Environ. 322: 71–79. 

Krzyzanowski, M. (1997). Methods for assessing the 
extent of exposure and effects of air pollution. Occup 
Environ Med. 54: 145–151. 

Lai, H.K., Tsang, H. and Wong, C.M. (2013). Meta-analysis 
of adverse health effects due to air pollution in Chinese 
populations. BMC Public Health 13: 360. 

Madheswaran, S. (2007). Measuring the value of statistical 
life: estimating compensating wage differentials among 
workers in India. Soc. Indic. Res. 84: 83–96.  

Mahapatra, P.S., Panda, S., Walvekar, P.P., Kumar, R., 
Das, T. and Gurjar, B.R. (2014). Seasonal trends, 
meteorological impacts, and associated health risks with 
atmospheric concentrations of gaseous pollutants at an 
Indian coastal city. Environ. Sci. Pollut. Res. Int. 21: 
11418–11432. 

Maji, K.J., Dikshit, A.K. and Deshpande, A. (2016). 
Human health risk assessment due to air pollution in ten 
urban cities in Maharashtra, India. Cogent Environ. Sci. 
2: 1–16.  

Mohammadi, A., Azhdarpoor, A. and Shahsavani, A.H.T. 
(2015). Investigating the health effects of exposure to 
criteria pollutants using AirQ2.2.3 in Shiraz, Iran. 
Aerosol Air Qual. Res. 15: 1035–1043. 

Naddafi, K., Hassanvand, M.S., Yunesian, M., Momeniha, 
F., Nabizadeh, R., Faridi, S. and Gholampour, A. (2012). 
Health impact assessment of air pollution in megacity of 
Tehran, Iran. Iranian J. Environ. Health Sci. Eng. 9: 28.  

Nagpure, A.S., Gurjar, B.R. and Martel, J. (2014). Human 
health risks in national capital territory of Delhi due to 
air pollution. Atmos. Pollut. Res. 5: 371–380. 

Nagpure, A.S., Ramaswami, A and Russell, A. (2015). 
Characterizing the spatial and temporal patterns of open 
burning of municipal solid waste (MSW) in Indian 
Cities. Environ. Sci. Technol. 49: 12904–12912. 

Northridge, M.E. (1995). Public health methods--
attributable risk as a link between causality and public 
health action. Am. J. Public Health 85: 1202–1204. 

OECD (2014). The Cost of Air Pollution: Health Impacts 
of Road Transpor. OECD Publishing, Paris. 

Patankar, A.M. and Trivedi, P.L. (2011). Monetary burden 
of health impacts of air pollution in Mumbai, India: 
Implications for public health policy. Public Health 125: 
157–164.  

Pope, C.A., Thun, M.J., Namboodiri, M.M., Dockery, 
D.W., Evans, J.S., Speizer, F.E. and Heath, C.W. (1995). 
Particulate air pollution as a predictor of mortality in a 
prospective study of U.S. adults. Am. J. Respir. Crit. 

Care Med. 151: 669–674.  
Quah, E. and Boon, T.L. (2003). The economic cost of 

particulate air pollution on health in Singapore. J. Asian 
Econ. 14: 73–90.  

Rizwan, S., Nongkynrih, B. and Gupta, S.K. (2013). Air 
pollution in Delhi: Its magnitude and effects on health. 
Indian J. Community Med. 38: 4–8.  

Rodrigues-Silva, F., de Paula Santos, U., Saldiva, P.H.N., 
Amato-Lourenço, L.F. and Miraglia, S.G.E.K.(2012). 
Health risks and economic costs of absenteeism due to 
air pollution in São Paulo, Brazil. Aerosol Air Qual Res. 
12: 826–833. 

Rothman, K.J., Greenland, S. and Lash, T.L. (2008). Modern 
Epidemiology. 3rd ed. Wolters Kluwer/Lippincott 
Williams & Wilkins, Philadelphia, ISBN 0781755646, 
9780781755641, pp. 758, 53–77, 136, 160, 214. 

Shang, Y., Sun, Z., Cao, J., Wang, X., Zhong, L., Bi, X., 
Li, H., Liu, W., Zhu, T. and Huang, W. (2013). 
Systematic review of Chinese studies of short-term 
exposure to air pollution and daily mortality. Environ. 
Int. 54: 100–111. 

Smoyer, K.E., Kalkstein, L.S., Greene, J.S. and Ye, H. 
(2000). The impacts of weather and pollution on human 
mortality in Birmingham, Alabama and Philadelphia, 
Pennsylvania. Int. J. Climatol. 20: 881–897.  

Srivastava, A. and Kumar, R. (2002). Economic valuation 
of health impacts of air pollution in mumbai. Environ. 
Monit. Assess. 75: 135–143. 

Sunyer, J., Spix, C., Quenel, P., Ponce-de-Leon, A., Ponka, 
A., Barumandzadeh, T., Touloumi, G., Bacharova, L., 
Wojtyniak, B., Vonk, J., Bisanti, L., Schwartz, J. and 
Katsouyanni, K. (1997). Urban air pollution and 
emergency admissions for asthma in four European 
cities: the APHEA Project. Thorax 52: 760–765. 

Tao, Y., Mi, S., Zhou, S., Wang, S. and Xie, X. (2014). Air 
pollution and hospital admissions for respiratory diseases 
in Lanzhou, China. Environ. Pollut. 185: 196–201.  

TI (2015). The Times of India, Pollution turning Taj Mahal 
yellow: Study. http://timesofindia.indiatimes.com/india/
Pollution-turning-Taj-Mahal-yellow-Study/articleshow/
45723593.cms, Last Access: 25 August 2015. 

Vanos, J.K., Cakmak, S., Bristow, C., Brion, V., Tremblay, 
N., Martin, S.L. and Sheridan, S.S. (2013). Synoptic 
weather typing applied to air pollution mortality among 
the elderly in 10 Canadian cities. Environ. Res. 126: 66–
75.  

Vichit-Vadakan, N., Vajanapoom, N. and Ostro, B. (2008). 
The Public Health and Air Pollution in Asia (PAPA) 
Project: Estimating the mortality effects of particulate 
matter in Bangkok, Thailand. Environ. Health Perspect. 
116: 1179–1182.  

WB (2013). The Wrold Bank, NEWS. http://www.worldba
nk.org/en/news/press-release/2013/07/17/india-green-gr
owth-necessary-and-affordable-for-india-says-new-worl
d-bank-report, Last Access: 05 August 2015. 

WB (2015). The World Bank, Data, India. http://data.worl
dbank.org/country/india, Last Access: 17 March 2015. 

WHO (1999). Monitoring Ambient Air Quality for Health 
Impact Assessment. World Health Organization Regional 



 
 
 

Maji et al., Aerosol and Air Quality Research, 17: 831–842, 2017 842

Office for Europe, Copenhagen, ISBN 92 890 1351 6, 
WHO Regional Publications. European series; No. 85. 
216 p. (pp. 43–44), ISSN: 0378-2255. http://www.euro. 
who.int/__data/assets/pdf_file/0010/119674/E67902.pdf, 
Last Access: 23 May2015. 

WHO (2006). WHO Air quality guidelines for particulate 
matter, ozone, nitrogen dioxide and sulfur dioxide, Global 
update 2005. World Health Organization. http://apps.wh 
o.int/iris/bitstream/10665/69477/1/WHO_SDE_PHE_O
EH_06.02_eng.pdf, Last Access: 02 April 2015. 

WHO (2015). World Health Organization, Health Topics. 
http://www.euro.who.int/en/health-topics/environment-
and-health/air-quality/activities/airq-software-tool-for-h
ealth-risk-assessment-of-air-pollution, Last Access: 25 
March 2015. 

Wong, C.M., Ou, C.Q., Chan, K.P., Chau, Y.K., Thach, 
T.Q., Yang, L., Chung, R.Y.N., Thomas, G.N., Peiris, 
J.S.M., Wong, T.W., Hedley, A.J. and Lam, T.H. (2008). 
The effects of air pollution on mortality in socially 
deprived urban areas in Hong Kong, China. Environ. 
Health Perspect. 116: 1189–1194. 

WOU (2015). Western Oregan University, World Population 
Growth. https://www.wou.edu/las/physci/ch371/lecture/
popgrowth/howlong.htm, Last Access: 20 March 2015. 

Yaduma, N., Kortelainen, M. and Wossink, A. (2012). 
Estimating mortality and economic costs of particulate 

air pollution in developing countries: The case of Nigeria. 
Environ. Resour. Econ. 54: 361–387.  

Zhang, D., Aunan, K., Martin Seip, H., Larssen, S., Liu, J. 
and Zhang, D. (2010a). The assessment of health damage 
caused by air pollution and its implication for policy 
making in Taiyuan, Shanxi, China. Energy Policy 38: 
491–502.  

Zhang, M., Song, Y. and Cai, X. (2007). A health-based 
assessment of particulate air pollution in urban areas of 
Beijing in 2000-2004. Sci. Total Environ. 376: 100–108. 

Zhang, M., Song, Y., Cai, X. and Zhou, J. (2008). 
Economic assessment of the health effects related to 
particulate matter pollution in 111 Chinese cities by 
using economic burden of disease analysis. J. Environ. 
Manage. 88: 947–954. 

Zhang, Y., Zhou, M., Jia, Y., Hu, Y., Zhang, J., Jiang, G. 
and Pan, X.C. (2010b). Time-series analysis on the 
association between gaseous air pollutants and daffy 
mortality in urban residents in Tianjin. Chin J Epidemiol. 
31: 1158–1162 [in Chinese]. 

 
 

Received for review, March 13, 2016 
Revised, October 3, 2016 

Accepted, January 3, 2017

 


