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Contour Feature Extraction of 3D Point Cloud Based

on Super-voxel Clustering

ZHENG Shu-fu' ,L1 Wei"? ,LIU Li'
(1.School of Information, Sanming University, Sanming 365004, Fujian, China;

2.School of Information Science and Engineering, Xiamen University, Xiamen 361005, Fujian, China)

Abstract: As a kind of representation information of large-scale three-dimensional scene, the contour
structure of 3D point cloud retains its main information and greatly reduces the amount of data.
Therefore, it is of great significance for large-scale 3D scene expression. This paper presents a large-
scale 3D point cloud contour feature extraction algorithm based on hyper voxel clustering analysis.
Firstly, the 3D point clouds are analyzed by super-voxel clustering to generate the segmentation
blocks. Secondly, the edge points of each 3D super-voxel block are extracted by combining the normal
vectors of the super-voxel blocks. Finally, the nearest neighbor method is used to eliminate adjacent
and coplanar super-voxel block edge points, the edge points between adjacent but not coprime super-
voxel blocks are retained and the edge points of the non-contiguous super-voxel block edges, that is,
contour edge points are retained. Experiments show that the proposed algorithm realizes the extraction
of 3D contour features and greatly reduces the amount of data in the point cloud while preserving the
main contour information.

Key words:large scale 3D point cloud;super-voxel clustering;contour feature



