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Research Status of Sentiment Analysis for Short Text

From Social Media to Scarce Resource Language

YONG Tso"* SHI Xiao-dong®
(School of Information Science and Engineering, Tibet University, Lhasa 850000, China)!

NyimaTrashi'

(School of Information Science and Engineering, Xiamen University, Xiamen, Fujian 361005, China)?
Abstract With the gradual maturity of social networks, texts of various languages appear on social networks. These
short texts contain praise and demand of people. They have important reference for the government and enterprises to
understand the public opinion,which have significant value in research and application. First of all,the current research
methods of sentiment analysis for Internet short text were summarized, including neural network, cross language and

applied linguistics knowledge. Secondly,the current situation analysis was carried out in the hot spot field of sentiment

analysis for short text. Finally, the research trend of sentiment analysis for short text was summarized, and the future
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was prospected.
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