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Fig 2 Classification accurate rates of different classifiers (KNN,SVM) with respect to £

on different genes (colon, lung, andlymphoma gene) expression datasets solved by three feature sorting methods
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Cancer Gene Selection Algorithm Based on Support Vector Machine

Recursive Feature Elimination and Feature Clustering

YE Xiaoquan, WU Yunfeng*

(Fujian Key Laboratory of Sensing and Computing for Smart City.School of

Information Science and Engineering, Xiamen University, Xiamen 361005, China)

Abstract ; Cancer is usually caused by mutations in genes. It is significant to effectively identify a small number of pathogenic genes

from numerous genes. Based on characteristics of gene expression profile data,a novel algorithm (K-SVM-RFE) of gene selection is

proposed by combining SVM-RFE with feature clustering algorithm. First, irrelevant genes were removed by feature ranking algo-

rithm. Then, these genes were clustered by K-means and the SVM-RFE algorithm was applied twice to select key genes. We conduc-

ted experiments on some real-world data sets and discussed the parameter settings in our method. Results show that,compared with

the existing methods, genes selected by the K-SVM-RFE algorithm have significantly improved the classification accuracy,especially

in selecting a few key genes.

Key words: gene expression profile; feature selection; K-means; support vector machine



