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Identifying Novel Characters’ Personality—An Example Study on Ordinary World
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Abstract: The previous psychological investigations of novel mainly focus on novel characters’ qualitatively, relying

on researchers’ personal experience subjectively, which is less stable or systematic as compared to personality analy-

sis of the characters. Using the machine learning model based on Chinese psychology analysis system and haracters’

dialogues in Ordinary World, we got the four novel characters’ big-five personality scores. Then, by comparing the

predicted scores with documents related to characters’ psychological analysis and novel descriptions, the validity of

this method was established. The results revealed that: The younger characters (Shaoping Sun and Xiaoxia Tian)

held relatively high Openness, while the older ones (Shaoan Sun and Runye Tian) held relatively high Extraversion.

In addition, Shaoping Sun and Runye Tian had relatively high Conscientiousness, Shaoan Sun and Xiaoxia Tian had

relatively high Agreeableness, and Shaoan Sun and Shaoping Sun had relatively high Neuroticism. The results dem-

onstrate the applicability of personality analysis of novel characters, through an objective, systematic and intelligent

approach.
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