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The Cover-up and Disclosure of Bad News: Institutional

Investor Network Centrality and Stock Price Crash Risk

GUO Xiao-dong KE Yan<ong WU Xiao-hui
( School of Management Xiamen University Xiamen Fujian 361005 China)
Abstract: According to the related literatures about stock price crash risk it” s generally believed that stock price collapse is
due to managers’ hiding bad news about listed company. Managers will hide corporate bad news for career and short-term
pay attention. Once it reaches a certain threshold after a long-term accumulation of bad news the management will give up
hiding which results in that all of the negative news releasing to the market then leading to collapse. For the process of
managers to hide bad news a large number of literaturesanalyze stock price collapse mechanism and its affecting factors and
have obtained many important research results such as managers overconfidence national religion level legal protection
affecting managers’ hiding the bad news then leading to stock price crash risk. As for the relationship between institutional
investors and stock price crash risk it’s mainly studied in institutional investors’ supervision and myopic effect share price
bubble driving and piercing conspiring to hide bad news with the top management herding behavior and so on. As far as we
know there is little literature from bad news release process to analyze institutional investors” impact on stock price crash risk.

Base on the perspective of bad news’ releasing process we take China’ s A-Share non-financial listed companies
between 2003 and 2015 as our sample and compute the institutional investor network link by using any two institutional
investors who at least have one common heavy warehouse stock to investigate the impact of institutional investors network on
stock price crash risk. By our study we have discovered that the network centrality of the most central institutional investor
and the network centrality difference between he and other relatively peripheral Institutional investors are positively related
to stock price crash with covering up bad news for private benefits by institutional investor network; however the network
centrality of other all relatively peripheral institutional investors is negatively related to stock price crash with disclosing bad
news to trade timely for avoiding massive loss as trading so late until the collapse of the stock price using institutional
investor network. After the problems such as the nature of being internal has been controlled the above-mentioned
conclusion is still correct.

The marginal contributions of this study mainly include the following aspects. Firstly it” s the first time to study the
impact of institutional investors’ network centricity on stock price crash risk which enrich the mechanism about institutional
investors affecting stock price crashand extend the research of the influence factors of stock price crash risk. To the best of
our knowledge there is little literature from bad news release process to explore the mechanism about impact of investors on
stock price crash risk. This paper uses social network analysis method to measure the network location of institutional
investors then study how the institutional investors affect stock price crash by their network. From our research we have
discovered thatthe network centrality of the most central institutional investor and the network centrality difference between
he and other relatively peripheral Institutional investors are positively related to stock price crash through covering up bad
news for private benefits by institutional investor network; however the network centrality of other all relatively peripheral
institutional investors is negatively related to stock price crash through disclosing bad news to trade timely for avoiding
massive loss as trading so late until the collapse of the stock price using institutional investor network. Secondly from the
aspect of the adverse consequence-stock price crash risk this paper extends the research in this field of institutional
investors network’ s economic consequences. Finally the study’s found provides important reference value for regulators to
strengthen emphatically regulation of the institutional investor with strongest network location advantage in covering up bad
news and promote communication between other institutional investors in less network location advantage to reveal the bad
news so as to prevent the stock price collapse.

Key Words: institutional investor; social network; network centrality; stock price crash risk
JEL Classification: G12 G14 (G23
DOI: 10. 19616/j. cnki. bmj. 2018. 04.010

169



