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Abstract: Thispaper presented a nev image retrieval algoritm which used a new class of mage features as the image de-
<riptors, the SIFT features It trandomed the mage into a st of SIFT features The smilarity was computed using Euclidean
distance Experments show that the features are invariant © mage <caling, translation, rtation, and change in vievpoint,
and partially invariant o illumination changes and affine It is quite gpplicable © typical image retrieval
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