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Abstract W atershed ssgnentation based on gradient images usually hasover-segnentation result To lve over-segnentation
problen, we propose a nev Hierarchical mage sgnentation method based on W atershed filling and Overlgp-rate measuring
(HWO). Firstly, we trandfom R@ color gpace to Lab and statistic the histogran according to a and b dimensions The
watershed segnentation algorithm is gpplied o 2D hisiogran and the initial segmentation reault is achieved Then, we
asociate the segnentation region with the Gaussian distributing, and estimate the paraneter value Finally, we measure the
Overlgp-rate for a hierarchical region merging and get the final result In the experment, the wo paraneters are detemined
W e then evaluate the segnentation perfomance with a standard database of human segnented natural images Results show
ourmethod can efficiently ®lve over-sgnentation problen, and the combined value of precision and recall measures is
Q 609, while isQ 79 when the segmentation is done manually In addition, the nev method al® hasmuch less computing
camp lexity.
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Fig 1 Statistical 2D histogran
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Fig 15 Segmention process, result and comparion
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Tab.2 Overlap-rate of nitial ssgnentation regions 4
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