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The Comparison of Statistical Power of Two
Types Critical Values for the LM Test of
Nonlinear Time - series Models

Abstract: For studying which one is more effective for the statistical power be-
tween the Monte - Carlo A symptotic Test and the Bootstrap Test, the power and
scale of different nonlinear models are compared in this paper based on simulation,
and the generalized linear test BDS, is also included The empirical results show
that, one should choose BCV rather than ACV when the sample is less than 200, or
the auto - regression coefficient closes to unit root, or the linearity testis ARCHT
or BDS. And, the results show that BDS test is better than LM test only on the
generality.
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