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Fast algorithm for m ining association rules based on relationship matrix

HU Hutwong, WANG Zhou-jing
(1 Information S cience and Technology School Guangdong Unwersityy of Business Sudies Guangzhou Guangdong 510320, China;
2 Depariment of Autan ation, X ian en Unwersity, Xianen F yjan 361005 China)

Abstract After the ntwoduction of famous Apriri algorithms an efficient algorithm SLIG (Single kvel Large Itamsets
Generatbn) leaming fran relatbn theory and "AND" operatbn on recognizable vecors was proposed SLIG transfomed the
productbn process of frequent itamset to the vector calculation pocess n rehtionship matrix and only needed to scan the
database once Fmpirical evaluaton and experments show that SLIG ismore efficient than the algoritms that need to pass the
hrge database many times
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