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Moving Object Detection Algorithm in Video Sequences

.1 . 1 1 2
WANG Hua-wei, LI Cui-hua, SHI Hua', WEI Feng-mei
(1 Department of Computer Sciences Xiamen University, Xiamen 361005 Fujian China;

2. Department of Automation Xiamen University, Xiamen 361005, Fujian, China)

Abstract: An efficient algorithm of detecting moving objects in video sequences was proposed. An
adaptive background model was built and subsequently the background model is updated by a fore-
ground object classification based background update algorithm which can resolve the “deadlock” prob-
lem efficiently. An improved shadow suppression algorithm which combines HSV color information
with first-order image gradient information was exploited to segment shadows. Extensive experiments
results on indoor and outdoor image sequences demonstrate that the proposed system can effectively de-
tects moving objects and suppresses their shadows.
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Fig.3 Curves of grey change
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Fig. 4 Initialization and updated process
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Fig. 5 Results of detecting
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Tab.1 Precision of shadow suppression
TV TS THI TH2 « Y% %
004 NA NA NA NA 789 1528 84.20 52 04

N/A NA 60 70 N/A 1202 1115 67.98 79 29

N/A 0 60 70 N/A 1214 1123 67 36 60. 08

N/A NA N/A NA 3 626 1691 58 01 89.65

0. 4 0 60 70 3 1461 856 87 26 96. 37
0.5 0 60 70 3 856 1461 58 86 96. 37

0 4 1 60 70 3 1460 857 87 36 95 31

0 4 2 60 70 3 1470 845 86. 14 96. 97
04 0 120 70 3 1375 893 91. 03 90. 70
0.4 0 60 120 3 1982 335 34.15 76.49
0 4 0 60 70 6 1270 1047 93. 67 87. 77
N=87.26%,
€=96. 37%, [14] . SNP.
SP.DNMI.DNM2 .
. 2.
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Tab.2 Comparison betw een other shadow suppression

algorithms and the proposed algorithm

SNP Sp DNM1  DNM?2

% 72 82 76. 27 78. 61 62. 00 87. 26

§/% 8890 90, 74 90. 29 93. 89 96. 37
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