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Chapter

Development of Ellipsoidal
Analysis and Filtering Methods for
Nonlinear Control Stochastic
Systems

Igor N. Sinitsyn, Vladimir 1. Sinitsyn
and Edward R. Korepanov

Abstract

The methods of the control stochastic systems (CStS) research based on the
parametrization of the distributions permit to design practically simple software
tools. These methods give the rapid increase of the number of equations for the
moments, the semiinvariants, coefficients of the truncated orthogonal expansions
of the state vector Y, and the maximal order of the moments involved. For struc-
tural parametrization of the probability (normalized and nonnormalized) densities,
we shall apply the ellipsoidal densities. A normal distribution has an ellipsoidal
structure. The distinctive characteristics of such distributions consist in the fact that
their densities are the functions of positively determined quadratic form of the
centered state vector. Ellipsoidal approximation method (EAM) cardinally reduces
the number of parameters. For ellipsoidal linearization method (ELM), the number
of equations coincides with normal approximation method (NAM). The develop-
ment of EAM (ELM) for CStS analysis and CStS filtering are considered. Based on
nonnormalized densities, new types of filters are designed. The theory of ellipsoidal
Pugachev conditionally optimal control is presented. Basic applications are
considered.

Keywords: conditionally optimal filtering and control, control stochastic system,
ellipsoidal approximation method (EAM), ellipsoidal linearization method (ELM)

1. Introduction

The methods for the control stochastic systems (CStS) research based on the
parametrization of the distributions permit to design practically simple software
tools [1-6]. These methods give the rapid increase of the number of equations for
the moments, the semiinvariants, and coefficients of the truncated orthogonal
expansions of the state vector Y for the maximal order of the moments involved.
For structural parametrization of the probability (normalized and nonnormalized)
densities, we shall apply the ellipsoidal densities. A normal distribution has an
ellipsoidal structure. The distinctive characteristics of such distributions consist in
the fact that their densities are the functions of positively determined quadratic
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formu = u(y) = (7 — m")C(y — m) where m is an expectation of Y, C is some
positively determined matrix. Ellipsoidal approximation method (EAM) cardinally
reduces the number of parameters till QEAM — QNAM 5 — 1and QMM =
r(r 4+ 3)/2 where 2n,, being the number of probabilistic moments. For ellipsoidal
linearization method (ELM), we get QEM — NAM

The theory of conditionally optimal filters (COF) is described in [7, 8] on the
basis of methods of normal approximation (NAM), methods of statistical lineariza-
tion (SLM), and methods of orthogonal expansions (OEM) for the differential
stochastic systems on smooth manifolds with Wiener noise in the equations of
observation and Wiener and Poisson noises in the state equations. The COF theory
relies on the exact nonlinear equations for the normalized one-dimensional a
posteriori distribution. The paper [9] considers extension of [7, 8] to the case where
the a posteriori one-dimensional distribution of the filtration error admits the ellip-
soidal approximation [4]. The exact filtration equations are obtained, as well as the
OEM-based equation of accuracy and sensitivity, the elements of ellipsoidal analysis
of distributions are given, and the equations of ellipsoidal COF (ECOF) using EAM
and ELM are derived. The theory of analytical design of the modified ellipsoidal
suboptimal filters was developed in [10, 11] on the basis of the approximate solution
by EAM (ELM) of the filtration equation for the nonnormalized a posteriori char-
acteristic function. The modified ellipsoidal conditionally optimal filters (MECOF)
were constructed in [12] on the basis of the equations for nonnormalized distribu-
tions. It is assumed that there exist the Wiener and Poisson noises in the state
equations and only Wiener noise being in the observation equations. At that, the
observation noise can be non-Gaussian.

Special attention is paid to the conditional generalization of Pugachev optimal
control [13] based on EAM (ELM).

Let us consider the development of EAM (ELM) for solving problems of
ellipsoidal analysis and optimal, suboptimal, and conditionally optimal filtering
and control in continuous CStS with non-Gaussian noises and stochastic factors.

2. Ellipsoidal approximation method

This method was worked out in [1-4] for analytical modeling of stochastic
process (StP) in multidimensional nonlinear continuous, discrete and continuous-
discrete (CStS). Let us consider elements of EAM.

Following [1-4] let us find ellipsoidal approximation (EA) for the density of -
dimensional random vector by means of the truncated expansion based on

biorthogonal polynomials { (1)) q,, (u(y)) }, depending only on the quadratic

form u = u(y) u = u(y) for which some probability density of the ellipsoidal struc-
ture w(u(y)) serves as the weight:

| wwp, .wo)a, )y =, 0

The indexes v and yu at the polynomials mean their degrees relative to the
variable #. The concrete form and the properties of the polynomials are determined
further. But without the loss of generality, we may assume thatgq, ,(u) = p, o(#) = 1.
Then the probability density of the vector Y may be approximately presented by the
expression of the form:



Development of Ellipsoidal Analysis and Filtering Methods for Nonlinear Control Stochastic...
DOI: http://dx.doi.org/10.5772/intechopen.90 732

FO)Af" (u) = w(u)

N
14+ cnp,, (u)] . 2)
v=2

Here the coefficients ¢, , are determined by the formula:

u = | O dy =B V), =1, o). 3)

Asp, ((u) and g, (u) are reciprocal constants (the polynomials of zero degree),
then always ¢,op, , = 1 and we come to the following results.

Statement 1. Formulae (2) and (3) express the essence of the EA of the proba-
bility density of the random vectorY.

For the control problems, the case when the normal distribution is chosen as the
distribution w(u) is of great importance

w(u) =w(x"Cx) = exp (—x"K 'x/2); (4)

(27)"IK]

accounting that C = K ~1 we reduce the condition of the biorthonormality (1) to
the form

o)

[ 2,00, w0 e =, ®

22T (r/2) )

where I'(+) is gamma function [5].
Statement 2. The problem of the choosing of the polynomial system

{ (W), (u)} which is used at the EA of the densities (4) and (5) is reduced to

finding a biorthonormal system of the polynomials for which the y*-distribution
with 7 degrees of the freedom serves as the weigh.

A system of the polynomials which are relatively orthogonal to y*-distribution
with  degrees of the freedom is described by series:

Sw(u) L Xy: (_1)V+ﬂcﬂ w_z)::uﬂ (6)

=0 U(V—i_z:u_z)

The main properties of polynomials S, , are given in [2-4]. Between the poly-
nomials S, , (#) and the system of the polynomials {pw (), q,,u) }, the following
relations exist:

r—2)!l
Py, () = Su(u).q,, (1) = (r+ 2<1/ - 2;”(2’/)

!!Sr,l,(u), r>2. 7)

Example 1. Formulae for polynomials p, () and ¢, ,(#) and its derivatives for
some » and v are as follows [4]:

e Atr=2,v>2,

/

Pz,u(“) =u’, 92,y<”) =0, %,y(”) =0, €I2,u(“) =0;
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e Atr>2,v=2
1 1 1
Po(u) = u?, q,,(u) = g“z’ Q:»,z(“> =% qu(u) =

For» =2 atv = 3 we have

Pas(u) = u3, q,5(u) =0, q/zﬁ(u) =0, q/2',3(u) =0;

atr =3
1 3\
p3,3(u) = S33(u), %,3(“) = 50—4033,3(“)’
1 1
q/3,3(u) = 50—4053,3(74), (1’3’,3(”) = 50—405/3,3(“%
S33(u) = —105 + 1054 — 21u? + u3,
Sy5(u) =105 — 42u + 3u®,  S5;(u) = —42 + 6u; |
atr = 4.

1 A
174,3(”) = S43(u), %,3(”) = 92734,3(7"),
/ _ 1 / 1 _ 1 /
Q4,3(“) = msm(“)’ 44,3(“) = 92?54,3@4)’
Sa3(u) = —197 + 144u — 24u? + u?,
Sy3(u) =144 — 48u +3u?, Sy ;(u) = —48 + 6u. |

Following [5] we consider the H-space L,(R") and the orthogonal system of the
functions in them where the polynomials S, , () are given by Formula (6), and w(u)
is a normal distribution of the r-dimensional random vector (4). This system is not
complete in L,(R"). But the expansion of the probability density f (u) =

f((y" —mT)C(y — m)) of the random vector Y which has an ellipsoidal structure
over the polynomials p, () = S, (), m.s. converges to the function f () itself. The
coefficients of the expansion in this case are determined by relation:

iy J el QD)”((: - j)yu_ Cia ®)

Statement 3. The system of the functions {\/w(«)S,,,(«)} forms the basis in the
subspace of the space L,(R") generated by the functions f () of the quadratic form
u=(y—m)Cly—m).

At the probability density expansion over the polynomial S, , (%), the probability
densities of the random vector Y and all its possible projections are consistent. In
other words, at integrating the expansions over the polynomials S;;,(#) and
h +1 = r, of the probability densities of the r-dimensional vector Y,

1 N
fly) = —hHe_”/z 1+ Zcmz,yshﬂ,y(u)] , u=(@y—mT Ky —m),
(27)""|K| =2
T
T nT
=P

9)
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on all the components of the /-dimensional vector ", we obtain the expansion
over the polynomials Sj, , (#1) of the probability density of the #-dimensional vector
Y’ with the same coefficients

1 —u
fO) = BT ¢ /2
(271') |I<11|

Chyy = Chtl s

v=2

N
1+ Zch,ySh,y(ul)] , ur =0 — m’)TKl_fL "—m'),

(10)

where K1 is a covariance matrix of the vector Y'.

But in approximation (10) the probability density of s-dimensional random
vector Y’ obtained by the integration of expansion (9) the density of (h +1)-
dimensional vector is not optimal EA of the density.

For the random r-dimensional vector with an arbitrary distribution, the EA (2)
of its distribution determines exactly the moments till the N™ order inclusively of

the quadratic form U = (Y — m)TK_l(Y —m), i.e.,
EU* = EFAU*, u<N. (11)

(EF4 stands for expectation relative to EA distribution).
In this case the initial moments of the order s and s = s; + --- + s, of the random
vector Y at the approximation (4) are determined by the formula:

oo N (6]
A, . =0 =EY} ..V~ J 1w (u)dy + ZCW J V1Y, (ww(u)dy
s v=2

—o0

(12)

Statement 4. At the EA of the distribution of the random vector, its moments are
combined as the sums of the correspondent moments of the normal distribution and
the expectations of the products of the polynomials p,  (u) by the degrees of the

components of the vector Y at the normal density w(u«).

3. EAM accuracy

For control problems the weak convergence of the probability measures gener-
ated by the segments of the density expansion to the probability measure generated
by the density itself is more important than m.s. convergence of the segments of the
density expansion over the polynomials S, , (%) to the density, namely,

Jw(u)

A

1+ Zcr,upr,xu)] ~ [pdy

A

uniformly relative to A at N — oo on the o-algebra of Borel sets of the space R".
Thus the partial sums of series (2) give the approximation of the distribution, i.e.,
the probability of any event A determined by the density f () with any degree of
the accuracy. The finite segment of this expansion may be practically used for an
approximate presentation of f(#) with any degree of the accuracy even in those

cases when f (#) /+/w(u) does not belong to L,(R"). In this case it is sufficient to
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substitute f (#) by the truncated density. Expansion (2) is valid only for the densities
which have the ellipsoidal structure. It is impossible in principal to approximate
with any degree of the accuracy by means of the EA (2) the densities which
arbitrarily depend on the vector y.

One is the way of the estimate of the accuracy of the distribution approximation
in the comparison of the probability characteristics calculated by means of the
known density and its approximate expression. The most complete estimate of the
accuracy of the approximation may be obtained by the comparison of the probabil-
ity occurrence on the sets of some given class. Besides that taking into consideration
that the probability density is usually approximated by a finite segment of its
orthogonal expansion for instance, over Hermite polynomials or by a finite segment
of the Edgeworth series [1-5] which contain the moments till the fourth order, the
accuracy may be characterized by the accuracy of the definition of the moments of
the random vector or its separate components, in particular, of the fourth order
moments.

Corresponding estimates for these two ways of approximation are given in

[2, 3].

4. Ellipsoidal linearization method
Now we consider ellipsoidal linearization of nonlinear transforms of random

vectors Y using mean square error (m.s.e.) criterion optimal m.s.e. regression of
vector Z = ¢(Y) on vector Y is determined by the formula [4, 6]:

WLZ(Y) = th, hz = Fzyl“y_l (13)
or
me(Y) =Y +a, h=KyK, a=m;—hm, (14)

where /1 and h; are equivalent linearization matrices and m, and K, are
mathematical expectation and covariance matrix (det| K,|# 0). In case (14) coef-
ficient &, is equal to

hy = szK;l = J J (z —mz)(y — my)TKy’lf(z,y)dzdy
_ J ma(y) — me) (v — my) Ky )y (15)

where f,(y) is the density of random vector Y.
For ellipsoidal density f (y) in (15) is defined by

F10) =F0) =F; (w@),myKc). (16)

In case (14) we get Statement 5 for ELM:

me(Y) ~mEL + hEt (my,K,,c)Y°, (17)
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where
e (my,Ky,c) = J mz(y) —mz)(y — my)TKy_lffL(y)dy
_ J ma(y) — me)(y —my) K, fy (), my, Ky c)dy. (18)

In case (13) we have Statement 6 for ELM:

mo(Y) ~hy"(Ty,¢)Y, (19)
by (Tyc) = J mz(y)y"T, 7 (3)dy = J m(y)y"T, 'f 1 (w(y), my, Ty c)dy.  (20)

For control problems the following ELM new generalizations are useful:

1.Let us consider for fixed dimension p = dimy and N in (2) with normal w(«)
distinguish modifications of various orders ELM IZ,’Z, ELM 1{';3, ..., ELM IZ;N. In

this case ¢ = {c,, } characterizes partial deviations from normal distributions
of various orders v jointly for all p components of vector Y (be part of
quadratic form U(Y).

2. At decomposition of vector Y on I3, 1y, ...,I, random subvectors, Y =

s~ g Ly N -
[Yll Y .. er] , we distinguish ELM}> . Coefficients ¢/, ,, ...,¢1,

characterize partial deviations of subvectors from normal distribution.

T
3.For matrix transforms Z = ¢(Y) = [gol(Y) Py (Y)} , (YY) =

T N
[goil(Y) go,-p(Y)} (z’ =1,q), dimg = p X ¢, we have the following formulae

for ELM:
my(Y) mmiy + Hi" (my, Ky, ¢) (Y —m); (21)
m.(Y)~H5Y. (22)
where
Hy" (my, Ky, ) = [h%(my»Ky’c) ---hqu(my»Ky’C)] (23)
HE (I ¢) = [B5E(Tyc) B (Tysc) 24)

(h]i-L and hi-L (z’ = Tq) are determined by formulae (18) and (19)).

4.For transforms depending on time process t, it is useful to work with overage
ELM coefficients (m;,) and <hf‘L> for time intervals.
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5. EAM and ELM for nonlinear CStS analysis

Let us consider nonlinear CStS defined by the following Ito vector stochastic
differential equation:

dY; = a(Y;,t)dt +b(Y,t)dWo + Jc(Yt,t, 0)P°(dt,dv), Y(to) = Yo. (25)
Ry
Here Y, € AV is (4’ is a smooth state manifold) Wy = Wy () is an » — dimensional

Wiener StP of intensity vg = vo(t), P(A, .7) is simple Poisson StP for any set .7,
A = (t1,12], P°(A, . 7)) = P°(A, . 7)) — up(A, .7 ), up(A, 7)) =EPY (A, 7)) =

|vp(z, .7 )dz. Integration by v extends to the entire space R? with deleted origin, a
A

and b are certain functions mapping R x R, respectively, into R?, RP", and ¢ is for
R? x R? into R?.

Following [4] we use for finding the one-dimensional probability density f (y;t) of
the r-dimensional Y (t) which is determined by Eq. (25). Suppose that we know a
distribution of the initial value Yo = Y(to) of the StP Y(¢). Following the idea of EAM,
we present the one-dimensional density in the form of a segment of the orthogonal
expansion in terms of the polynomials dependent on the quadratic form u =

(yT —mT)C(y — m) where m and K = C™" are the expectation and the covariance
matrix of the StPY (¢):

f1050) = f1 () = wn(w)

N
1+ Z cp,vpp’y(u)] : (26)
v=2

Here w1 (u) is the normal density of the p-dimensional random vector which is
chosen in correspondence with the requirement ¢, 1 = 0. The optimal coefficients of
the expansion ¢, , are determined by the relation

(c¢]

ho = | F1050)0,, @y = By, ©), =1.0N). @D

The set of the polynomials {pp,v(u), Dy (u)} is constructed on the base of the

orthogonal set of the polynomials {S,, ()} according to the following rule which
provides the biorthonormality of system at p >2 given by (5). Thus the solution of
the problem of finding the one-dimensional probability density by EAM is reduced
to finding the expectation m, the covariance matrix K of the state vector, and the
coefficients of the correspondent expansion ¢, , also.

So we get the equations

N
= 1o (m, K,t) + Y cpupr, (m, K, 1), (28)
v=2
. N
K = y0(m, K,t) + Y cpop, (m, K, 1), (29)
v=2
Cp,—1 KCp,x N
Cpx = — (”2— — L) X tra Ky (m, K1) + K0 "¢y vy, (m, K1)
p P v=2
N
o (m K0+ ey, (m K1),  k=2,..,N, (30)

v=2
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where the following indications are introduced:

prolm o) = | aly,hws()dy, on,(m,Ko8) = [ aly,0p,, (0w (w)dy,
oromt) = [ [alr.0)67 = ") + 0 = mlaty. o) +000) jwa(wdy,

oo Kot) = [ [aGn) 67 = ")+ — mian )" + 30, ) (),

o(y,t) = 5(y,t) + Jc(y,t, )c(y,t,0) vp(t,dv), o(y,t) = b, t)vo(E)b(y,t)",

R
(31)

Vo (m, K 1) = J 45,0) (20 = m) 'K a(y,) + tr Ko(y,1)

+ 24 ()(y = m) K0 (y, 1) (y — m) |wa(u)dy

o (32)
v (m, K, ) = J 4,.c(0) 2y —m) K "a(y. 1) +tx K00y, 1)

+24)(@)(y = m) Koy, 2)(y —m) p,,, (w)ws (w)dy.

Eqgs. (28)—(30) at the initial conditions

‘Wl(to) = my, I((to) = I<0, Cp,K(tO) = Cg’K (K = 2, ,N) (33)

the

’K’

determine m, K, ¢y, ..., Cp,N as time functions. For finding the variables c}?
density of the initial value Y of the state vector should be approximated by
Formula (26).

So we get the following result.

Statement 7. At sufficient conditions of existence and uniqueness of StP in
Eq. (25), Egs. (28)—(33) define EAM.

For stationary CStS we get the corresponding EAM equations putting in
Egs. (28)-(30) right-hand equal to zero.

Example 2. Following [4, 14, 15] in case of vibroprotection Duffing StS:

X+8X+o’X+uX>=U+V, X)) =Xo, X(to)=Xo,
(8, @?, u, U are constants, V is the white noise with intensity v) with accuracy till

4th probabilistic moments, ellipsoidal approximation of one-dimensional density is
described by the set of parameters:

mi=EX, my=X, Ky=EX" Kp=EXX", Kp=EX" and c,.
These parameters satisfy the following ordinary differential equations:

Wll = my, Wll(to) = m?, le =U - w2m1 +//l(7’}’l? + 31’)’111(11) — 57’}’12,

mZ(to) = mg;
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K = 2Ky,

K1 =Ky — @’Ky + 3uKy (Ku + m3) — K1 + 24uc2 K3,

Ky =v —2(0’K1 — 3uKn (K +m}) + 6K2) + 48ucs KK,
Ku(to) = K3y, Kn(to) =K%, Knl(to) =K%;

) Kuv
C22 =C2 (ﬁ — 55> (IK|= KuKz — K%z)’ c22(to) = Cg,r

At U = 0 stationary values are as follows:

- 2/ w* — 6buv/s
anw @ uv/

m =0, m,=0, Ky =0, Fn:%, 02 = 0.

6u ’
0,030
0,025 |-
Ho,ozo _ —
\G 0,015 - e ]
0,010 - - —3
0,005
0000 | | | { i | 1 ! i
Y01 23456 78 910
4
(a)
0,030
0,025
ﬁo,ozo —
M“0,0IS == 2
0,010 ——3
0,005
0,000 | | I | | | | ! |
012345¢6 728 910
t
(b)
0,030 :
0,025+ /-
0,020 // 7]
& 0,015 - e 2
0,010 |- o3
0,005
0000 | | i i | | { § |
U001 2345678 910
t

Figure 1.
K,, graphs for at 0,1 (a); 0,5 (b); 1,0 (c).
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0,020
0,015 e 2
0,010
0,005
0,000
20,005

___
5
w
s
i -
-k
oo
ok
S

0

QU e Lh
e

0,020
0,015 == 2
0,010 '
™ 0,005 j
0,000 - ¥
-0,005

L1 1
0123 4

0,020
0,015
«0,010
™ 0,005
0,000

Figure 2.
K., graphs for at 0,1 (a); 0,5 (b); 1,0 (c).

At conditions
1.U=0; u=01, w=3; 6=1, v=0.5
2U=0; u=05 w=3 o6=1, v=0.5

3.3U=0; u=1 w=3 o6=1 v=0.5

And at zero initial conditions, the results of analytical modeling for K11, K17, K2,
are given in Figures 1-3. Mathematical expectations 71 and m,, are equal to zero.

Graphs (1) are the results of integration of NAM equations at initial stage. Then
for nongenerated covariance matrix K integration of EAM equations (2). Graphs are

the results of EAM equation integration at the whole stage.

The results of investigations for ¢, are given in Figure 4 for the following sets

of conditions:

11
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1L.U=0; u=1 w=3; §=0,5 v=0,5 T =]0,20] zero initial conditions;

2U=0; u=1;, w=3; §=0,5 v=1; T =10,20] zero initial conditions;

3U=0; u=1;, w=3; §=0,5 v=1; T =]0,20] zero initial conditions except m1(0) = 0,2;
4.U=0; u=1 w=3; §=1; v=1; T =10,20] zero initial conditions.

For the stationary CStS regimes, EAM gives the same results as NAM (MSL).
EAM describes non-Gaussian transient vibro StP at initial stage.

0,030

0,025

0,020

[\

1 0,015 | —1

0,010 '

0,005

0,000 .
0

it

._._
b ke
w -
I N
-~ Uh -
o
-
oo |-
o
=)

0,030
0,025
0,020

$0,015
0,010
0,005

0,000

~J
oo -
€O o
[a—y
<o

0,030
0,025
0,020
& 0,015
0,010
0,005
0,000

Figure 3.
K,, graphs for at 0,1 (a); 0,5 (b); 1,0 (c).
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0,6

0,4
& .

0,2 1

0,12

0,08 }

0,04 \¥
00 I 1 1 i ! |
0, 0

€

0,12

0,08

Ca

0,04

0,00 l I I 1 1 | ! 1

Figure 4.
C,, graphs for at sets Ne 1 (a); 2 (b); 3 (c); 4 (d).
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Methodological and software support for analysis and filtering problem CStS for
shock and vibroprotection is given in [4, 14].

6. Exact filtering equations for continuous a posteriori distribution

Following [7-9, 15], let the vector StP [X;FY;F ] " be defined by a system on vector
stochastic differential Ito equations:

dX; = (X, Y;,0,0)dt + v/ (X;, Ve, ©,0)dW,
+ J v (X:,Y:,0,t,0)P° (dt,dv), X(to) = Xo, (34)
Ry
dY; = (X;, Yy, ©,8)dt + ', (Xy, Y1, 0,8)dW
-+ Jl//l' (X;, Yy, 0,t,0)P(dt,dv), Y(to) = Yo. (35)

9
RO

where Y; = Y(t) is an n,-dimensional observed StP Y; € A” (A’ is a smooth
manifold of observations); X, € A* (A* is a smooth state manifold), Wy = W(z) is
an n,,-dimensional Wiener StP (n,, >n,) of intensity vy = 19(©,t); P°(A,A) =
P(A,A) —up(A,A), P(A,A) for any set A represents a simple Poisson StP, and
up(A,A) is its expectation,

1p(A, A) = EP(A, A) = JUP(T,A)dT;

vp(A,A) is the intensity of the corresponding Poisson flow of events, A = (t1,1,];
integration by v extends to the entire space R? with deleted origin; © is the
vector of random parameters of size ng; ¢ = @(X;, Y:, 0,1), @1 = ¢1(X;, Y4, 0,1),
v =y (X:,Y:,0,t), and y| = v (X;, Yy, O, 1) are certain functions mapping R™ x
R™ x R, respectively, into R", R™, R"" R»";y" = y"(X;,Y:,0,t,0), and yf =
w1 (X, Yy, ©,t,0) are certain functions mapping R™ x R” x R? into R™,R"™.
Determine the estimate X, StP X, at each time instant ¢ from the results
of observation of StP Y(z) until the instant ¢, Y; = {Y(z) : to <z <t}.

Let us assume that the state equation has the form (34); the observation
Eq. (35), first, contains no Poisson noise (y“; = 0); and, second, the coefficient at
the Wiener noise ] in the observation equations is independent of the state
(w1 (X, Ye,0,8) = ¢/ (Y;, 0,1)), and then the equations of the problem of nonlinear
filtration are given by

X, = (X, Y., 0,t)dt +y'(Xe, Y1, ©,8)dWo

+ Jl//”(Xt, Y;,0,t,0)P°(dt,dv), X(to) = Xo, (36)
R§
ayY, = ¢, (Xt, Y;:, 0, t)dt + l//l(Yt, Q, t)dWo, Y(to) =Y. (37)

The known sufficient conditions for the existence and uniqueness of StP defined
by (36) and (37) under the corresponding initial conditions [1, 3, 16] are satisfied.

The optimal estimate X, minimizing the mean square of the error at each time
instant ¢ is known [10-14] to represent for any StP X; and Y.
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An a posteriori expectation StP X;: X,=E [Xt|Y§0] . To determine this conditional

expectation, one needs to know p, = p, (x) and g, = g,(4), thea
posteriori one-dimensional density, and the characteristic function of the
distribution StP X,.

Introduce the nonnormalized one-dimensional a posteriori density p,(x, ®) and a
characteristic function g, (4, ®) according to

5,(%,0) = i, (x,0), £,(4,0) = B [ ¥p, | = g, (2,0), (38)

where 4, is a normalizing function and E’. is the symbol of expectation on the
manifold A* on the basis of density p,(x). Then, by generalizing [11] to the case of
Egs. (36) and (37), we get the following exact equation of the rms optimal nonlinear
filtration:

P 1
dgt(ﬂﬂ ®) = Ei;{ |:Z/1T¢(X7 Yt7 ®; t) - i (W/UOW/T> (X, Yt, @, t)

+ [ [eifv/(xyr’@?f’v) 1Ty (X, Y, 0,1, v)] vp(O, t,dv)}e’ﬂx}dt

0

+ E;fx{ [(pl (X,Y,,0,)T +iiT (l//'l/ol///T> (X,Y,,0, t)} e"ﬂTX} <1//’1/01//’T> (v, 0,0dY..

(39)
If by following [15, 17] the function y” in (36) admits the representation
v =vy'0w(0,v), (40)
where P°(A,A) = P°((0,t],dv), then Egs. (36) and (37) take the form
X, = (X0, Y1, 0,0) + /' (X,, Y1, 0,0)V(8,1),  X(t0) = Xo, (41)
Y, = 0(X:, Y5, 0,t) + (Y5, 0,6)Vo(0,1), Y(to) = Yo. (42)
with Vo(0,1) = Wo(®,1); V(0,t) = W(®,1),
W(®,t) = Wo(0,t) + Jw(@,v)PO((O,t],dv), (43)

R§
where vp(0,t,v)dv = [0u(0®,t,v)/0t|dv is the intensity of the Poisson flow of

discontinuities equal to w(®, t); the logarithmic derivatives of the one-dimensional
characteristic functions obey certain formulas

2V (p;0,1) = YV (p; ©,1) + J[ei”T“’(@’”) —1-ip w(©,0)|vp(0,t,0)dv,  (44)

q
RO

where
W 1
1% (p;0,t) = —5P vo(0,1)p.
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In this case, the integral term in (39) admits the following notation:

y = J [eiﬂTW”<XuYr’®’t>w<@’”> — 1T (X, Y, 0,0)0(0,0)|vp(0,t,0)dv.  (45)

q
RO

For the Gaussian CStS, the condition y = 0 is, obviously, true, and we come to
the well-known statements [11, 15, 17].

Statement 8. Let the conditions for existence and uniqueness be satisfied for the
non-Gaussian CStS (36) and (37). Then, the equation with a continuous rms of
the optimal nonlinear filtration for the nonnormalized characteristic function (38)
is given by (39).

Statement 9. Let the non-Gaussian CStS (41) and (42) the conditions for exis-
tence and uniqueness be satisfied. Then, the equation with continuous rms of
optimal nonlinear filtration for the nonnormalized characteristic function is given

by (39) provided that (45).

7. EAM (ELM) for nonlinear CStS filtering

EAM (ELM) for approximate conditionally optimal and suboptimal filtering
(COF and SOF) in continuous CStS for normalized one-dimensional density is given
in [11]. Let us consider the case of nonnormalized densities:

pt<x’ ®) zpt* (u’ ®) = w(u’ ®)

N
My + chpy(”)] . (46)
v=1

Here, w = w(u, ®) is the reference density and {p, (#),q,(u)} is the
biorthonormal system of polynomials, C; = K, 1. K, is the covariance matrix and ¢,
is the coefficient of ellipsoidal expansion

¢, = u,E* [%(Utﬂ = [ y(Uﬂ)ng (4,0)];-05 (47)

with the notation

U, = (aT/ia/1 - Xt)ct (a/iaxl — Xt); (48)

EF4 is the expectation for the ellipsoidal distribution (46).

According to [11], in order to compile the stochastic differential equations for
the coefficients ¢,, one has to find the stochastic Ito differential of the product
q,(u)g,(4) bearing in mind that # depends on the estimate X, = my;/u, and the
expectation 7, and the normalizing function g, obey the stochastic differential
equations. Therefore, one has to replace the variables x and # and the operators
0/ioA and U, carry out differentiation, and then assume that 4 = 0.

So by repeating [11], we get that the equations for 7, and y, with the function ¢,
obey the formula

P = Elztx [¢1] > (49)
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with regard to the notation

oo =Ly, o1 =yroy, 02 =yoy; (50)

and the equation for g,(4, ®) is representable as
dm; = fdt + hdY,, du, =bdY,, (51)
dg, = Adt + BdY,. (52)

It is denoted here that

N N N
f:ﬂtf0+zclfy, h:/’tth0+zcvhu, b:/’ttb0+zcubv:
v=1 v=1 v=1

fO :fo (YZ’)XI’) @, t) — E’K}C [(p], fl/ :fl/ (Yt)Xl') ,@, t) - Elzgy [go],
hO == hO (YtaXt) ®) t) == ZU [O-l(Yta 89 t) + anl(X) Yt) ®a t>T} 62<Yt) ®a t>71)

hy = hy (Yo X0, ©,2) = B |on(X, Y1, 0,1) + X (X, V1, 0,0) ]2V, 0,0)

bo = bo (Y1, X, 0,t) = EY, [gol(X, Yt,®,t)T} 62(Y,0,6)Y, b, =b,(Y;,X,,0,)

= E (01X, Y1, 0,0)]02(Y:,©,8) 7,

7 1
A= Ei; {lllT(p(X7 Yt7 ®7 t) - i’IT (W/VOV/T) (Xa Yta ®7 t)/l

J T g Ty (X, Y, 0,6,0) e, d0)e T b,

q
RO

- i -1
B =E [(pl (X,Y:,0,0)" +iiT (w’yoy/f) (X,Y,,0, t)} "X (wl,yoq/f) (X, Y., 0,1).
(53)

The equations for coefficient of MOE in (46) and (47) in virtue of [11] have the
form

de, = Eb{q, (u) 29"C, (X — X;) + tr[Cro0]) + 24, (u) (XT _ Xf) Co0Ci(X — X,)

[ [a,@ - a0 ~ 20, 0 (X7 = X ) G ntes o) — g, ) (X7 %) Culh -+ K)o

Ry
+q,, (w)tr[(h + X.b) o1 C,| /u, + 24, (w)tr [(h +X:b)o1 Ci (X — X;) (XT - X, ) ct} IRY
1 . Cr—1 T T T, $TA T\ /,2
355 (61 + 2e, ) [GKy] + L (er[Cihosh "] — 2X, Cihoob” + X, CXiboah”) /uf
1EZ, { [q)((u)(prlF +9, (u) (XT - Xj) Ctal} az’l}dYt.

(54)
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In addition to the notation (54), we assume that

700 = 130(Ye X, ©,1) = ES{q,,(u) <2¢(X, Y,0,60)7C (X — X,) + tr[Cioo(X, Yo, @,t)])

124, (0) (X"~ X ) Cuoo(X, V1, ©,0)C, (X — i) + J [0, 4,0 — 24, ) (X"~ &) G (X, Y1, 0,8,0)] wltsv)},

Ry
}/)(p = y;ﬂ, (Ytaj(t) ®, t) = E’ng {q){/ (M) (Z(p(Xa YZ) ®s t)TCt (X - 5([) + tr[CZGO(Xs Yta ®, t)])

24,0 () (X7 = X ) oo (X, Y1, ©,0)G (X — X0)

[0 - 0,0 - 20,0 (x7 - )G (X, Yo0.1,0)] ot

"
g0 = £0(Y1, X0, ©,1) = B {q . ( [61 (X,Y,0,0)T — ¢,(X, s, ©,1) (XT —Xf)]
+2q,(W)or(X, Y1, 0,0)'C, (X — X, <XT )
e = £, (Y0, X,,0,1) = B {q . ( [o‘l X, Y., 0,07 — ¢,(X, Yt,G),t)(XT fxf)}
124, ()01(X, Y1, 0,1)"C.(X — X, ( )
Mo =0 (Vir X1, ©,) = E'Zx{ql(u)(pl(X, Y, 0,6)" +ql/(u)<XT —X;F)Ctal(X, Yt,®,t)}az(yt,®,t)*,
M = 1 (Y X, 0,2) = B3P {q, ) (X, Y0, 0,0)" + 0, () (X = X, ) Cion(X, V1, 0,1) pon( Y2, 0,0) .
(55)

and then we can rearrange Eq. (54) in

{u(ho (Y4, X:,0.t) + X;bo(Y:, X, 0,2) }

N
de, = {ﬂtylo(Yt,Xt, 0,6) + > €1, (Y0, X:,0,1) +tr
v=1

N N
+ ZC,, (hu (Y[,Xt, @,t) +X[by(Yt7X[, ®,t)) {8)(0 (YhX[, ®7t) + ZCDS)(V(YhXt? ®,t)/ﬂt}ct
v=1

v=1

1 . _ R N .
+5 (cy-1+ 2, ) tr[CK, ] + c;—nltr [Ct <h0 (Y, X,,0,t) + Zcuhp(yt,xt, t) //At> 02(Y;,0,1)
v=1

N
N T N
X (hO(Yth,@,t) + Zcuhu(Yan ®at)T//4t>
v=1

N
- 2X7C, (ho (Y1, X0,0,0) + > c,hy (Y1, X,, 0, t)/m)
v=1

N
X Gz(Yt, @, t) (bO(Ytth ®7t)T + Zcbby(YhXh ®7t)T//"t>

v=1

p N
+ X, TC:X; (bo (Yan e, t) =+ ZCubu(YnXm G t)/ﬂ;) 02(Y4,0,t)
v=1

N
X <b0(Yt7Xt7®’t) + ZCDbD(YhXI‘7®7t)T/Iut> }dt
v=1

N
+ {mxo(yt,xt, 0,t) + Zcmﬂ(YhXt,G)J)}dYt (=1, ..,N).
v=1

(56)

The modified ellipsoidal suboptimal filter (MESOF) is defined by Egs. (51), (52),
and (56) and the relation X, = m, /u, under the initial conditions

m(l'o) = E[XolYo], ﬂ(to) =1, C;((tO) =Cy0 (){ =1, ... ,N), (57)

(c,o (=1, ...,N) are the coefficients of the expansion (46) of the probability
density p, (x) = po(x[Yo) of the vector X relative to Yy).
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Upon solution of Egs. (51), (52), (56), and (57), the rms optimal estimate of the
state vector and the covariance matrix of filtration error in MESOF obey the fol-
lowing approximate formulae:

Xt = mt/ﬂti

m, Cy m\ (op  mT (58)
e () (5] 2 (- (-5 )

Note that the order of the obtained MESOF, especially under high dimension 7
of the system state vector, is much lower than the order of other conditionally
optimal filters. It is the case at allowing for the moments of up to the 10th order.
Then, already for n>3 and N =5, we have n + N + 1<#n(n + 3) /2. We conclude
that for >3 and N = 5, MECOF has a lower order than the filters of the method
of normal approximation, generalized second-order Kalman-Bucy filters, and
Gaussian filter. Thus, the following theorems underlie the algorithm of modified
ellipsoidal conditionally optimal filtration.

Statement 10. Under the conditions of Statement 8, if there is MECOF, then it is
defined by Egs. (51), (52), and (56) under the conditions (57) and (58).

Statement 11. Under the conditions of Statement 9, if there is MESOF, then it is
defined by the equations of Statement 10 under the conditions (45).

The aforementioned methods of MESOF construction offer a basic possibility of
getting a filter close to the optimal-in-estimate one with any degree of accuracy. The
higher the EA coefficient, the maximal order of the allowed for moments, the
higher accuracy of approximation of the optimal estimate. However, the number of
equations defining the parameters of the a posteriori one-dimensional ellipsoidal
distribution grows rapidly with the number of allowed for parameters. At that, the
information about the analytical nature of the problem becomes pivotal.

For approximate analysis of the filtration equations by following [11] and
allowing for random nature of the parameters ®, we come to the following equa-
tions for the first-order sensitivity functions [11]:

AVOX, — VOA%dt + VOBYAY,, VOB (to) = O,
dVOR,; = VOARdt + VOBRdy,, VOR,(t0) =0, (59)
dVOc, = VOA“dt + VOB*dY,, VOc(ty) = 0.

Here the procedure of taking the derivatives is carried out over all input vari-
ables, and the coefficients of sensitivity are calculated for ® = m®. It is assumed
at that the variance is small as compared with their expectations. Obviously, at
differentiation with respect to ® (V® = 9/00), the order of the equations grows
in proportion to the number of derivatives. The equations for the elements of
the matrices of the second sensitivity functions are made up in a similar manner.
To estimate the MESOF (MECOF) performance, we follow [5, 8] and introduce
for the Gaussian © with the expectation 7® and covariance matrix K® the
conditional loss function admitting quadratic approximation, the factor ¢ = é/ 4
as well as

P = p5(0) = p(m®) + Z %)@ + Z Zp ®)ere’. (60)
=1
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It is denoted here

—E*[p(0)?| — p(m®)’,
EFA [p } m®)2 +p (mG)TKGp' (m®) + 2p(m®)tr[p" (m®)K®] (61)
+{er[p" (m®)K®]} + 2t [p" (m®)K®]”.

At that, in (61) the functions p’ and p” are determined through certain formulas
on the basis of the first and second sensitivity functions. Therefore, we come to the
following result.

Statement 12. Estimation of MESOF (MECOF) performance under the condi-
tions of Statements 10 and 11 relies on Egs. (59)-(61) under the corresponding
derivatives in the right sides of Eq. (59).

8. New types of continuous MECOF

Based on Statements 10 and 11 in [18], continuous MECOF were described. We
consider the problem of continuous conditionally optimal filtration for the general

case of Egs. (34) and (35) where it is desired to determine the optimal estimate X, of
process X; at the instant £>¢, from the results of observation of this process until the

instant ¢, that is, over the interval [to,?), in the class of permissible X, = AZ,
estimates and with a stochastic differential equation given by

Az, = [é(Y1, 21, O,t) + v dt + pin(Yy, Z, ©,1)dY,; (62)

under the given vector and matrix structural functions ¢ and 7 and every
possible time functions a;, f3;, 7, (@ and f, are matrices and y, is a vector). The
criterion for minimal rms error of the estimate Z; is used as the optimality criterion.
It is common knowledge that selection of the class of permissible filters defined by
the structural functions ¢ and 7 in Eq. (62) is the greatest challenge in practice of
using the COF theory [1, 3, 11]. In principle they can be defined arbitrarily. One can
select ¢ and # at will so that the class of permissible filters contained an arbitrarily
defined COF. In this case, COF is in practice more precise than the given COF. At
the same time, by selecting a finite segment of some basis in the corresponding
Hilbertian space L, as components of the vector function £ and elements of the
matrix function #, one can obtain an approximation with any degree of precision to
the unknown optimal functions ¢ and 5. This technique of selecting the functions &
and 7 on the basis of the equations of the theory of suboptimal filtration seems to be
the most rational one. At that, the COF equations obtained from the equation for
the nonnormalized a posteriori characteristic function open up new possibilities.

To use the equations obtained from nonnormalized equations for the a posteriori
distribution, one needs to change the formulation of the COF problems [3, 11] so as
to use the equation for the factor y,. For that, we take advantage of the following
equations to determine the class of permissible continuous MECOF (62):

dp, = py (Y1, Z, ©,1)dYy, (63)
X, = AZ; [y (64)

where y(Y;,Z;, ©,1) is a certain given structural matrix function and p, is the row
matrix of coefficients depending on ¢ and subject to rms optimization along with the
coefficients a;, f3,, and y, in the filter Eq. (62).
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Relying on the results of the last section and generalizing [7], one can specify the
following types of the permissible MECOF:

1.This type of permissible MECOF can be obtained by assuming Z; = m;,A =1,
and determining the functions &, 7,y in Egs. (62) and (63) and obeying

Eq. (51) which gives rise to the following expressions for the structural
functions:

§=E4(Y,Z,,0,t) = [Mfo(ytﬁzt/ﬂt’ 0,1)'f, (Y”Zt/”t’ 0,)" ..f y (Yes Ze/tr ©, t)T}T5

(65)
’7 = ”(Yt’Zt: ®, t)

- |:/’tth’0(Yt) Zt/,ut) ®) t)Thl <Yt) Zt/)ut) ®) t)T hN (Yt) Zt/,ut) ®) t)T}T; (66)
)(:)((Ytaztn(a,t)
- [ﬂtbo(yt,zt/ﬂt,@,t)Tb1<Yt,zt/ﬂt,@, 0 by (Yo Zo /1y ©,0)7] . (67)

At that, the order of MECOF defined by Egs. (62) and (63) is equal to # + 1. This
type of MECOF may be designed for Z; being constant Zy and A = I,(¢£ <n).

2.To obtain a wider class of permissible MECOF, rearrange Eq. (56) in

N N
de, = {FZO(Yt,Zt, ©,0)+ Y o Fu(Y1,Z,0,t) + > cicFu (Y, Zy, ©,1)
v=1 Ayv=1
N
+C;(—1 Z C/ICI/F;(/IL/’(YbZty@vt) }dt (68)
Ayv=1

N
+ {/’lti/];(o (Yt7 Zt7 ®; t) + Zczﬂ/])ﬂ/(yt, Zt, @, t) }dYt
v=1
with the following notations:

Fo(Y:,Z;:,0,t) = ﬂt}’ZO(YhZh 0,t) + ,urtr[(ho(Y,,Z;, 0,t)Zbo(Y:,Z;,0,t))e,0(Yy, Zt, ®7t)];

Fo(Y:,Z:,0,t) = ny(YﬁZtv 0,t) + tr[(h, (Y, Z;,0,t) + Zib, (Y1, Z4,0,1))e,0 (Y1, 21, ©,8) + (ho(Ye, Z1,0,t)

1
+Zbo(Y1,Z4,0,t))e, (Y1, Z,, 0,1)] + Z@—l,»{“’ [b,,K, + Ciho(Ye,Z;,0,8)05(Yy, ©,t)ho (Y, Zt, O, t)T]

1 .
_ZZtTCthO(Yth ®7 t)GZ(Yh 97 t)hO(Yth? ®7 t)T + Z[TCtthO(YhZh ®7 t)Uz(Yt, ®7 t)hO(YbZta ®7 t)T} + ;Xélytr [Ctl(t} 5

Fp = tr[Ci(hi(Y1,Z1,©,8) + Zih,(Y1, Z2, ©,1))ep (Y, Z0,©,1) | /11y

1
+ ;5;(—1,/1{tr[ctho(ytvztv 0,t)0,(Y:,0,8)h, (Y, Z;, 0, t)T] - Z’trct(hO(YtaZm t)os(Ys,t)b,(Y:, Z:0, 7t)T

+hy (Y1, Z1,0,8)05(Y1,©,8)b0 (Y, Zi, 0,0)" + ZFCiZibo (Y1, Z1,©,8)05(Y1,©,8)b, (i, Z1,©,8) "} /iy

1
F)MI/ = % {tr [Ct(h/l(YhZh ®7 t) + GZ(YU ®7 t)hl/(thztu ®7 t)T}

- 2ZtTCthﬂ(Yt; Ztv ®7 t)GZ(th ®7 t)bl/(Yt’ Zt? ®7 t)T (69)

+ ZtTCtth/l(Yth; ®7 t)02<Yt7 t)bI/(Yt7 Ztv ®7 t)T}//’tt?
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By taking as the basis for the type of permissible MECOF Egs. (51), (52), and
(68), one has to regard all components of the vector Z; as all components of the

vector m; and coefficients c1, ...,cy so that Z, = [m;rcl CN]T. At that, the order of
all permissible filters is equal ton + N + 1. Putting Z;, = Zpand A =I; (I <n), one
gets the corresponding MECOF.

3.The widest class of permissible filters providing MECOF of the maximal
reachable accuracy can be obtained if one takes the function ¢ in (62) as the
vector with all components of the vector functions uf 0> aof w (r,v=1,..,N)

in Egs. (65) and (66) all addends involved in the scalar functions
Fyos¢,FpscicFyn (0 Av =1, ...,N) ¢, 1c1¢,F 5y, (x — 1,4 v =1, ..,N) in
(68) and as the function 5 in (62), the matrix whose rows are the row matrices
pehyos el (xsv =1, ..., N) in (68) and all row matrices p1,0, c,1,, (1, vV =

1, ...,N) in (69). As for the function y in Eq. (63), it is determined through
(67) as in the case of the simplest types of permissible filters. The so-
determined class of permissible filters has ECOF defined by Egs. (51), (52),
and (69), at that ECOF is more precise than ESOF. We notice that this class of
permissible filters can give rise to an overcomplicated ECOF because of high
dimension of the structural vector function £. So we distinguish the following
new type of permissible filters.

4.Components of the vector function ¢ are all components of the vector
functions yu,f 0 aof w (xv,v =1, ...,N) and all scalar functions F,o, ¢,F,.,c;c,F
(> 4v =1, ..,N),c,1c:¢,F 5y (x — 1, 4,v =1, ..., N) without decomposing
them into individual addends. This class of permissible filters also includes
ECOF (51), (52), and (69).

To determine the coefficients a;, f,, and y, of the equation MECOF (62), one
needs to know the joint one-dimensional distribution of the random processes X;

and X;. It is determined by solving the problem of analysis of the system obeying
the stochastic differential Egs. (62) and (63). As always in the theory of condition-
ally optimal filtration, all complex calculations required to determine the optimal
coefficients of the MECOF Eq. (62) or (63) are based only on the a priori data and
therefore can be carried out in advance at designing MECOF. At that, the accuracy
of filtration can be established for each permissible MECOF. The process of filtra-
tion itself comes to solving the differential equation, which enables one to carry out
real-time filtration.

Consequently, we arrive to the following results.

Statement 13. Under the conditions of Statement 8, the MECOF equations like
(62) and (63) coincide with the equations of continuous MECOF where the struc-
tural functions belong to the four aforementioned types.

Statement 14. The rms MECOF of the order n, + 1 coinciding with MECOF is
defined for CStS (34) and (35), Egs. (62)-(64), and the structural functions of the
first class.

Statement 15. The rms of MECOF of the order 7, + N + 1 coinciding with
MECOF obeys for the CStS (34) and (35), Egs. (62)-(64), and the structural
functions of Statement 14.

Statement 16. If accuracy of MECOF determined according to Statement 14 is
insufficient, then the functions of the Statement 15 can be used as structural ones.

Statement 17. The relations of Statement 12 underlie the estimate of quality of
MECOF under the conditions of Statements 13-15, provided that there are
corresponding derivatives in the right sides of the equations.
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Example 3. The presented MECOF for linear CStS coincide with Kalman-Bucy
filter [2-4, 11].

Example 4. MECOF for linear CStS with parametric noises coincide with linear
Pugachev conditionally optimal filter.

Finally let us consider quasilinear CStS (36) and (37), reducible to the following
differential one:

Xt = (p(Xta ®) t) + l//(ta ®>V€:‘La (70)
Y, = ¢,(X;, 0,1) 4+ VEE (71)
where V5 and V), are non-Gaussian white noises. In this case using ELM and

Kalman-Bucy filters with parameters depending on m}, K7 and c},, we get the
following interconnected set of equations:

My = @oo My, = Mg, Wy = @i My, = my, (72)
0 -0
X, = 90 X{ +y(t,O)V1, Y, =uX] + V)", Yy =Yy, (73)
K, = ouK; + Klof) +w(t,0)G(t,0)y(t,0)", Ki =K, (74)
S x & EL 1y S x
Xi = 9o0 — P01} + 001X + RGy(6,0) 7 [Yy — 93Xy — 99 + 01111 ), (75)
XO - MELXI’()’
R, = 9oiR: — Ry — Ripn G5 (1, 0) s Ry + y (1) GY- (¢, O)w(t),
L N o \T (76)
Ro = MF | (X — Xo) (Xo — Xo) ' |.
Here the following notations are used:
mi =M"X,, m =M™"Y, and K} =M"[X)X)],
(77)

EL 3 o\
R = M| (X~ %) (X, — X,) |
being the mathematical expectations, state, and error covariance matrices

P00 = Poo (mif,Kf,c’l‘t,t, ®), P10 = P10 (mf,Kf,c’{t,t, @),

0Po1
oms’

opo  (78)
om

Vo1 = Po1 (mf, Kf, it @) = P11 = P11 (Wlf, K7, cjlct’ L ®)

being ELM ecoefficiencies, GfL (i = 1,2) are intensities of normal EL equivalent
white noises. So Egs. (72)-(78) define the corresponding Statement 18.

9. Ellipsoidal Pugachev conditionally optimal continuous control

The idea of conditionally optimal control (COC) was suggested by Pugachev
(IFAC Workshop on Differential Games, Russia, Sochi, 1980) and developed [13].
The COC essence is in the search of optimal control among all permissible controls
(as in classical control theory) but in the restricted class of permissible controls.
These controls are computed in online regime. At practice the permissible continu-
ous class of controls may be defined by the set of ordinary differential equations of
the given structure.
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So let us consider the following Ito equations:

AX = (X, Y, U, )dt + ys(X, Y, U, )dWo + J%(X, Y,U,t,0)P(dt,dv),  (79)

q
RO

AY = ¢/ (X, Y, U, 1)dt +v/,(X, Y, U, t)dWo + Jl,/z(x, Y, U,t,0)P°(dt,dv). (80)

q
RO

Here X is the nonobservable state vector; Y is the observable vector; U € D is the
control vector; Wy being the Wiener StP, P (A, B) being the independent of W
centered Poisson measure; ¢, yq,y, and ¢, y}, w) being the known functions.
Integration is realized in R? space with the deleted origin. Initial conditions X, and
Y, do not depend on X and Y. Functions ¢, y4, y, in (79) as a rule do not depend on
Y, but depend on U components that are governed by Eq. (79). Functions ¢', y}, v
in Eq. (80) depend on U components that govern observation.

The class of the admissible controls is defined by the equations

dU = [a&(Y,U,t) +yldt + pn(Y,U,t)dY (81)
without restrictions and with restrictions

dU = [a&(Y,U,t) +yldt + pn(Y, U, t)dY
~ max {o, n(U) [a&(Y, U, ) + yldt +n(U) py(Y, U, t)dy}n(U)Lm(U).
(82)

Here n(U) is the unit vector of external normal for boundary dD in point U;
1,p(U) is the set indicator.

Conditionally optimal criteria is taken in the form of mathematical expectation
of some functional depending on X; = {X(7) : 7€ [to,t]} and U} =
{U(7) : t € Jto,t]} :

p=E£(X!, Ul 1), (83)

where E is the mathematical expectation and ¢ is the loss function at the given
realizations x; ,u; of Xj ,U; .

So according to Pugachev we define COC as the control realized by minimiza-
tion (83) by choosing a, #, 7 and by satisfying (82) at every time moment and at a
given a, f3, y for all preceding time moments. For the loss function (83) depending
on X and U at the same time, moment ¢ is necessary to compute ellipsoidal one-
dimensional distribution of X and Y in Egs. (79), (80), and (82) using EAM (ELM).
This problem is analogous to COF and MCOF design (Section 8).

For high accuracy and high availability CStS especially functioning in real-time
regime, software tools “StS-Analysis,” “StS-Filtering,” and “StS-Control” based on
NAM, EAM, and ELM were developed for scientists, engineers, and students of
Russian Technical Universities.

These tools were implemented for solving safety problems for system
engineering [19].

In [18, 20] theoretical propositions of new probabilistic methodology of analysis,
modeling, estimation, and control in stochastic organizational-technical-economical
systems (OTES) based on stochastic CALS informational technologies (IT) are
considered. Stochastic integrated logistic support (ILS) of OTES modeling life cycle
(LC), stochastic optimal of current state estimation in stochastic media defined by
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internal and external noises including specially organized OTES-NS (noise sup-
port), and stochastic OTES optimal control according to social-technical--
economical-support criteria in real time by informational-analytical tools (IAT) of
global type are presented. Possibilities spectrum may be broaden by solving prob-
lems of OTES-CALS integration into existing markets of finances, goods, and ser-
vices. Analytical modeling, parametric optimization and optimal stochastic
processes regulation illustrate some technologies and IAT given plans. Methodolog-
ical support based on EAM gives the opportunity to study infrequent probabilistic
events necessary for deep CStS safety analysis.

10. Conclusion

Modern continuous high accuracy and availability control stochastic systems
(CStS) are described by multidimensional differential linear, linear with parametric
noises, and nonlinear stochastic equations. Right-hand parts of these equations also
depend on stochastic factors being random variables defining the dispersion in
engineering systems parameters. Analysis and synthesis CStS needs computation of
non-Gaussian probability distributions of multidimensional stochastic processes.
The known analytical parametrization modeling methods demand the automatic
composing and the integration of big amount interconnected equations.

Two methods of analysis and analytical modeling of multidimensional non-
Gaussian CStS were worked out: ellipsoidal approximation method (EAM) and
ellipsoidal linearization method (ELM). In this case one achieves cardinal reduction
the amount of distribution parameters.

Necessary information about ellipsoidal approximation methods is given and
illustrated. Some important remarks for engineers concerning EAM accuracy are
given. It is important to note that all complex calculations are performed on design
stage. Algorithms for composition of EAM (ELM) equation are presented. Applica-
tion to problems of shock and vibroprotection are considered.

For statistical CStS offline and online analysis approximate methods based on
EAM (ELM) for a posteriori distributions are developed. In this case one has twice
reduction of equation amount. Special bank of approximate suboptimal and
Pugachev conditionally optimal filters for typical identification and calibration
problems based on the normalized and nonnormalized was designed and
implemented.

In theoretical propositions of new probabilistic methodology of analysis, model-
ing, estimation, and control in stochastic OTES based on stochastic CALS informa-
tion technologies (IT) are considered. Stochastic integrated logistic support (ILS) of
OTES modeling life cycle, stochastic optimal of current state estimation in stochas-
tic media defined by internal and external noises including specially organized
OTES-NS (noise support), and stochastic OTES optimal control according to social-
technical-economical-support criteria in real time by informational-analytical tools
(IAT) of global type are presented. Possibility spectrum may be broaden by solving
problems of OTES-CALS integration into existing markets of finances, goods, and
services. Methodological support based on EAM (ELM) gives the opportunity to
study infrequent probabilistic events necessary for deep CStS safety analysis.
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