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Abstract 

Instagram has taken a substantial role in social media advertising, as it has gained 

popularity amongst advertisers and influencers, and both parties are looking for higher 

engagement rates. However, little is known about what drives these rates. This study aims to 

apply the Theory of Planned Behaviour on engagement with two types of Instagram advertising 

(traditional and influencer). A survey with 180 participants was conducted, analysing attitude, 

subjective norm and perceived behaviour control. Regression analyses partially support the 

theory and show that it is a better fit with influencers’ advertisement. As attitude was found to 

have a greater influence on traditional advertisement, several strategies to improve it are 

proposed. 

Keywords: Theory of Planned Behaviour, Instagram, Influencers, Engagement, 

Advertising. 
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1. Introduction 

Social media has transformed how people communicate with each other. Moreover, it 

has changed marketing and advertising. In recent years, there has been a shift from traditional 

marketing – television, radio, and print press – to social media marketing (Lee & Hong, 2016). 

In the U.S., $15,36 billion were spent on this form of marketing last year, a number that is 

expected to reach $17.34 billion in 2019 (Statista, 2018a). Marketers find these platforms 

attractive as they create an online community where consumers, businesses and organisations 

talk to one another and share their opinions and recommendations (Dwivedi, Kapoor, & Chen, 

2015), creating the so-called electronic word-of-mouth (eWOM) – “any positive or negative 

statement made by potential, actual, or former customers about a product or company, which is 

made available to a multitude of people and institutions via the Internet” (Hennig-Thurau et al., 

2004). 

The number of social network websites’ (such as Facebook, Instagram, and Twitter) 

users has been growing steadily over the years – from 97 million in 2010 to 2.62 billion1 in 

2018 (Statista, 2018b). Last year, Instagram was the fastest growing (+ 33%) and the 3rd social 

media website with most active users per month (1 billion) (Hartmans & Price, 2018; Kemp, 

2018), surpassed only by YouTube and Facebook. Furthermore, 80% of Instagram users follow 

at least one brand (Instagram, 2018). Although these statistics show its potentially pivotal role 

in social media marketing, there is a lack of literature about Instagram advertising.  

Brands can advertise on Instagram through the “traditional”, and influencers’ channels. 

By using the first, brands are simply managing their own pages. Consequently, posts will be 

featured in users’ feeds, either because they follow the brand or as a sponsored post (paid 

advertisement). With the second option, brands are engaging with the so-called “Influencer 

Marketing” – the use of opinion leaders, influencers, to promote products and services to a 

                                                           
1 Forecasted.  



3 

 

targeted audience, providing information users seek (Lin, Bruning, & Swarna, 2018). 

Consumers nowadays have the choice to fast forward through commercials on TV (if 

watching a recording), skip them on YouTube, or even install ad-blocking software on their 

browsers, making it harder for brands to reach them. However, they also choose to follow 

influencers on their social media, which helps brands overcome this very same problem (De 

Veirman, Cauberghe, & Hudders, 2017). Hence, influencer marketing has been on the rise –  in 

2015, there were 3.6 million influencer posts, a number that increased to 24.2 million2 in 2018 

(Conick, 2018). Besides this extraordinary growth, this approach is currently used by 75% of 

brands, according to Association of National Advertisers (ANA) (2018). The same report not 

only reveals that 43% of the surveyed brands plan to invest more in it but also identifies 

Instagram as the most important channel for influencer marketing. 

ANA (2018) and Statista (2018a) point out engagement rate (percentage of people who 

engage – liking, commenting, sharing – with the post) as the main measure of traditional and 

influencer marketing effectiveness. A highly regarded model often used to predict engagement 

is Ajzen’s (1991) Theory of Planned Behaviour (TPB). Nevertheless, no academic papers 

applying TPB on Instagram were found. According to the model, behaviour is determined by 

behavioural intention to perform it, which in turn is influenced by attitude, subjective norm, 

and perceived behavioural control (PBC) – the latter also impacts behaviour directly.  

Therefore, the aim of this research is to study the application of TPB on predicting 

engagement with Instagram advertising – both traditional (TIA) and influencer (IIA) – and 

analyse its differences. It will contribute to theory and practice, as it applies TPB to a new 

context, which will allow for original insights for marketers and advertisers. In other words, the 

conclusions and implications of this research will be useful for creating more efficient and 

effective Instagram campaigns, which will hopefully lead to higher engagement rates. 

                                                           
2 Forecasted. 
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2. Literature Review 

2.1 Social Media Marketing, Influencers, and eWOM 

Advertisement in social media has changed over the years. From early on, marketers 

understood social media websites were an outstanding vehicle for spreading ideas, products, 

and services (eWOM). Another great advantage is its ability to target a wider audience than 

traditional marketing can (Weinberg, 2009) and, consequently, reaching a viral spread of 

eWOM. Cambria et al. (2012) also refer to this mechanism as “buzz”, describing it as the 

spreading of a message by user-to-user contact, instead of using traditional means of 

advertising. Therefore, not only does it spread faster, but it is also more cost efficient than other 

paid advertisement techniques. These users are often consumers who have used the brand and 

that voluntary share their opinions and advocate for it (Scott, 2015), which is often perceived 

as more trustworthy than marketer-generated messages by fellow consumers (Chatterjee, 2001). 

Social media presence gives brands the opportunity to constantly receive consumer 

feedback and learn from it. This will improve sales, overall short-term brand performance, and 

long-term productivity (Lee, Lee, & Oh, 2015; Luo, Zhang, & Wenjing, 2013). Similarly, 

Rishika et al. (2013) show how it boosts engagement and consumer advocacy, which translates 

as a higher share of wallet, consumer loyalty, cross-selling, brand equity, and ROI (Schultz & 

Peltier, 2013; Vivek et al., 2012). Nonetheless, these results are dependent on suitable and 

sufficient consumer interaction and feedback, community building, and content posted 

(Dwivedi et al., 2015; Kaun, 2010). 

Lin, Bruning, and Swarna (2018) warn brands that being on social media is becoming 

the norm, and thus, it is crucial to use it more effectively. The authors argue that these platforms 

were of great importance for the success of e-commerce and online opinion leadership, as they 

offered the place for influencers (opinion leaders) – any informed individual with power to 

influence others within his social media circle, affecting their decision making, attitudes, and 
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behaviours (Godey et al., 2016; Rogers & Cartano, 1962) – to act as brand ambassadors. This 

strategy, influencer marketing, creates a mutually beneficial relationship – brands benefit from 

low-cost advertising, and influencers are paid and have access to new products and services for 

free. As the Internet and its related technologies advances, their role has become increasingly 

important (Turcotte, York, Irving, Scholl, & Pingree, 2015).  

Influencers are a great marketing weapon and have contributed to the success of many 

marketing campaigns, as they are constantly giving away information consumers are looking 

for, by communicating with them (Lin, Bruning, & Swarna, 2018; Casaló, Flavián, & Ibáñez-

sánchez, 2018). Usually, they start the aforementioned “buzz” with a paid post that is then 

shared and commented on, spreading the message even further than the influencer’s 

community. 

Several studies (Casaló, Flavián, & Ibáñez-Sánchez, 2018; Johnstone & Lindh, 2018) 

have concluded that influencers and eWOM do influence consumer behavioural intention, 

sometimes even more so than traditional advertising. Unexpectedly, consumers find smaller 

influencers, meaning fewer followers, more influential and trustworthy than bigger ones, and 

place greater value in their opinions (Djafarova & Rushworth, 2017). De Veirman, Cauberghe, 

and Hudders (2017) argue that consumers often perceive influencers’ posts and opinions as 

highly credible eWOM rather than paid advertisement. Furthermore, the authors state that 

influencers are set apart from celebrities because they are seen as believable, accessible, 

intimate, and easy to relate to.  

In the past, influencers were incorporating these advertisements as opinions in 

everyday-life posts (Abidin, 2016), and consumers were not perceiving them as such. To ensure 

a fair and honest environment, guidelines have been created to regulate their promotional 

activity on social media. Many national authorities have made it mandatory for influencers to 

disclose their relationship with brands when posting paid content. With these guidelines in 
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place, consumers are told that what they are seeing is, in fact, an advertisement and not an 

opinion. There are several articles studying the effect of disclosure (Evans, Phua, Lim, & Jun, 

2017; Tessitore & Geuens, 2013), which found it negatively affects purchase intention. 

Finally, authors such as Casaló, Flavián, and Ibáñez-sánchez (2018), and De Veirman, 

Cauberghe, and Hudders (2017) identify Instagram as a suited channel for eWOM and 

influencer marketing because it allows for aesthetically-pleasing and creative content – leading 

to higher engagement rates –, and for its intrinsic immediacy, proximity, and sense of 

community. On the other hand, Djafarova and Rushworth (2017) argue that the success and 

persuasiveness of Instagram eWOM are due to social media popularity and wide accessibility. 

2.2 Theory of Planned Behaviour 

TPB was built upon the Theory of Reasoned Action (Ajzen & Fishbein, 1980), adding 

a new variable – perceived behavioural control –, which increased its explanatory capacity. It 

proposes that behaviours are predicted by behavioural intention, which is influenced by three 

variables: attitude, subjective norm, and PBC – the last is said to have a direct effect on 

behaviour. The theory defends that these three variables have a positive effect on behavioural 

intention (Ajzen, 1991) – the stronger they are, the more likely it is to perform said behaviour. 

In the past, this framework has been used to study several social media related questions, 

such as the impact of opinion leadership (Raghupathi & Fogel, 2015), the decision of following 

brands on Twitter (Chu, Chen, & Sung, 2016), and engagement with Facebook advertising 

(Sanne & Wiese, 2018). 

For the purposes of this study, past behaviour is used as a proxy for actual behaviour. 

Below (Figure 1), the whole framework is presented, including the two models that will be 

tested for both kinds of advertising (TIA and IIA). Thus, we propose the following hypothesis 

which will be tested for each of the two types of Instagram advertising, individually: 

H1: Attitude, subjective norm, and perceived behavioural control towards Instagram 
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advertising influence behaviour intention to engage with it. 

Figure 1: TPB Framework – Model 1 and 2 (Adapted from Ajzen, 1991; Sanne & Wiese, 

2018). 

 

2.2.1 Attitude 

Attitude is the evaluation of performing a certain behaviour (Pelling & White, 2009) – 

is it good, bad, positive, or negative? If an individual believes that doing something is good, 

positive and valuable, there is a greater incentive for doing so. On the contrary, if they believe 

that an action is bad and useless, they have less incentive to perform it. In summary, attitude 

positively correlates with behavioural intention. For this study, attitude is the users’ evaluation 

of engaging with each of the two types of Instagram advertising. Hence, it is expected that a 

positive attitude towards Instagram advertising will lead to a higher intention to engage with it. 

Specifically, we propose the following hypothesis which will be tested for each of the two types 

of Instagram advertising, individually: 

H2: Attitude towards engaging with Instagram advertising predicts behavioural 

intention to engage with it. 
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2.2.2 Subjective Norm 

The literature describes subjective norm as a “social influence construct” (J. Lee & 

Hong, 2016) regarding one’s awareness of others’ expectations to perform the behaviour in 

question (Pelling & White, 2009). However, others’ behaviour might also lead one to adopt it. 

When an individual is considering something, they contemplate what those of importance 

expect them to do, and what they would think about it (Ajzen & Fishbein, 1980). Upon such 

expectations, they may choose to comply (or not) with other’s opinions. Ho et al. (2015) argue 

that an individual considers people of personal importance – the ones that they know personally 

–, and those of social importance – the ones present on mass media channels. 

If an individual perceives that others expect them to engage in said behaviour, they have 

a greater disposition to do so – subjective norm is positively correlated with behavioural 

intention.  When it comes to Instagram advertising, it is the individual’s perceived expectations 

of others about engaging with TIA and IIA. Thus, the following hypothesis is postulated, which 

will be tested for each of the two types of Instagram advertising, individually: 

H3: Subjective norms of engaging with Instagram advertising predicts behavioural 

intention to engage with it. 

Taking into account the fact that Instagram is a social media website, where an 

individual interacts with their friends and others of importance, it is expected that subjective 

norm has a particularly meaningful impact on behavioural intention (Sanne & Wiese, 2018). 

2.2.3 Perceived Behavioural Control 

Pelling and White (2009) have described PBC as the perceived ease an individual feels 

about performing a behaviour. It not only affects behavioural intention but also behaviour, as a 

person might have the intention to perform it but not the ability to do so (Ajzen, 1991; Sanne 

& Wiese, 2018). 

If someone believes they have all the tools, knowledge, and ability – perceived ease – 
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needed for some action, they are more likely to do it. Again, PBC is believed to have a positive 

correlation with behavioural intention. For this study, PBC is the individual’s perception of 

their own ability to engage with each of the two types of Instagram advertising. Therefore, we 

posit the following hypothesis, which will be tested for each of the two types of Instagram 

advertising, individually: 

H4: Perceived behavioural control of engaging with Instagram advertising predicts 

behavioural intention to engage with it. 

2.2.4 Behavioural Intention 

As mentioned before, behavioural intention is the best predictor of behaviour (Ajzen, 

1991). The author describes it as “indication of how hard people are willing to try, of how much 

of an effort they are planning to exert, in order to perform the behaviour”, hence it is positively 

correlated with behaviour. In the context of this study, behavioural intention is the intention to 

engage with each of the two types of Instagram advertising (the behaviour). Thus, we propose 

the following hypothesis, which will be tested for each of the two types of Instagram 

advertising, individually: 

H5: Behavioural intention to engage with the Instagram advertising predicts actual 

engagement with it. 

3. Methodology 

To collect data, a survey was developed through Qualtrics, based on Ajzen’s (2013) 

guidelines, and using items from published articles (Ho, Lwin, Yee, & Lee, 2017; Sanne & 

Wiese, 2018), reworded to adapt them to the context of Instagram advertising – which proves 

them as reliable and valid. All variables (attitude, subjective norm, PBC, behavioural intention, 

and past behaviour – used as a proxy of behaviour) were evaluated by presenting a set of 

affirmations to which the respondent had to answer using a 7-point Likert scale (1=Strongly 

Agree; 7=Strongly Disagree).  
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First, there was a screening question to guarantee the respondent had used Instagram in 

the last month. In case of a negative answer, the survey would end. If positive, the respondent 

would continue answering the survey. It was composed of two main segments, one regarding 

TIA, and the other on IIA. Within each segment, there were five sets of multiple-items, one for 

each variable. For each segment, there were 21 items: 4 on attitude, 5 on subjective norms, 5 

on PBC, 2 on behavioural intention, and 5 on past behaviour. To end, there were three 

demographics-related questions (Gender, Age, and Nationality). The survey may be consulted 

in Appendix 1. 

The survey was then distributed on Facebook and Instagram – as the population in 

studying is Instagram users, these channels seemed appropriate. Respondents were selected 

using convenience and snowball techniques, which are nonprobability sampling techniques. In 

total, 180 responses were collected between October 19th and November 20th. Of all responses, 

20 did not pass the screening question, and other 39 were incomplete (dropout rate = 21.67%). 

The final sample is thus composed of 121 valid responses. The data was uploaded and analysed 

on SPSS. 

The sample is composed of 71.9% women, Mage = 24.91; SD = 7.16. Moreover, the age 

difference between women and men was not significant (25.30 and 23.91, respectively). 

89.25% were aged between 18 and 35, 9.92% were over 35 years old, and only one person 

(0.83%) was under 18. Finally, the majority was Portuguese (83.47%). The remaining (16.53%) 

were German, Italian, American, Finnish, Belgian, British, and Spanish. 

Table 1 shows the absolute (and relative) frequency of answers according to the level of 

accordance for each of variable (bundle of items): 
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Table 1: Number of answers (and percentage) for each variable 

 Somewhat 

Disagree, Disagree, 

Strongly Disagree 

Neither Agree 

nor Disagree 

Somewhat Agree, 

Agree, Strongly Agree 

TIA Attitude 221 (45.66%) 153 (31.61%) 110 (22.73%) 

TIA Subjective Norms 304 (50.25%) 162 (26.78%) 139 (22.98%) 

TIA PBC 161 (26.61%) 407 (67.27%) 37 (6.12%) 

TIA Behavioural 

Intention 

143 (59.09%) 66 (27.27%) 33 (13.64%) 

TIA Past Behaviour 352 (58.18%) 225 (37.19%) 28 (4.63%) 

IIA Attitude 170 (35.12%) 216 (44.63%) 98 (20.25%) 

IIA Subjective Norm 224 (37.02%) 255 (42.15%) 126 (20.83%) 

IIA PBC 91 (15.04%) 475 (78.51%) 39 (6.45%) 

IIA Behavioural 

Intention 

91 (37.60%) 109 (45.04%) 42 (17.63%) 

IIA Past Behaviour 254 (41.98%) 317 (52.40%) 34 (5.62%) 

 

4. Results 

4.1 Reliability and Correlation Analyses 

To verify if multiple items could be grouped into one single scale, Cronbach’s Alphas 

were calculated. All results are above the 0.7 acceptance value, which may be verified in the 

table below (Table 2), and thus, there was no need of eliminating any item. Five new variables 

were computed – one for each type of advertising –, by taking the average of the related items. 

Table 2: Cronbach’s Alphas 

 TIA Cronbach’s 

Alpha 

IIA Cronbach’s 

Alpha 

Number of Items 

Attitude  0.914 0.933 4 

Subjective Norm 0.861 0.902 5 

PBC 0.874 0.880 5 

Behavioural Intention 0.959 0.955 2 

Past Behaviour 0.835 0.887 5 

 

Pearson correlation values were computed (Table 3) to analyse how these variables are 

related. The results show that all variables are positively correlated. For example, regarding 

IIA, the relationship between subjective norm and behavioural intention seems to be stronger 

than the one between PBC and behavioural intention, as the coefficient is greater for the first 
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one (Pallant, 2007). 

Table 3: Correlations (Lower half: TIA; Upper half: IIA) 

 

Attitude 

Subjective 

Norm PBC 

Behavioural 

Intention 

Past 

Behaviour 

Attitude 1 0.675 0.220 0.583 0.611 

Subjective 

Norm 

0.575 1 0.233 0.704 0.664 

PBC 0.161 0.130 1 0.223 0.228 

Behavioural 

Intention 

0.590 0.621 0.124 1 0.852 

Past Behaviour 0.606 0.574 0.206 0.769 1 

 

4.2 Multiple Linear Regression Analyses 

The multiple linear regression will allow testing Model 1 (Figure 1) for both TIA and 

IIA. It will not only verify if the independent variables – attitude, subjective norm, and PBC – 

have a significant influence on the dependent variable – behavioural intention – but also 

quantify that influence. However, it is necessary to ensure that some requisites regarding sample 

size, multicollinearity, outliers, and homoscedasticity, linearity and normality of residuals are 

met. Concerning the first, Tabachnick and Fidell (2007) defend that it should be greater than 

50 plus eight times the number of independent variables. Since there are 121 respondents, this 

condition is met. 

For multicollinearity, Pallant (2007) suggest two methods: checking high correlations 

(>0.9), and Tolerance and Variance Influence Factor (VIF) values. Firstly, all correlations are 

below 0.9 (Table 3). Moreover, Tolerance and VIF are above 0.1 and below 10, respectively, 

meaning there is no multicollinearity presented (Appendix 2). Regarding outliers, none were 

found, as seen on the boxplots present in Appendix 3. 

To evaluate the normality, linearity, and homoscedasticity of residuals, several tests 

were conducted. In Appendix 4 are two histograms with the residuals distributions – both are 

close to the normal distribution. In Appendix 5, there are the PP plots which show how close 

the data points fall to the diagonal, thus proving linearity. Finally, the Breusch-Pagan was run, 
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and the homoscedasticity assumption was met (p > 0.05) (Appendix 6). 

4.2.1 Traditional Instagram Advertising 

The first conclusion is that Model 1 is significant for TIA (p < 0.05), as shown in the 

ANOVA table (Appendix 7). Additionally, the variance in the independent variable explained 

46.7% of the behavioural intention variance (R2) – the adjusted R2 is 45.3%. However, when 

analysing the coefficient table (Appendix 7) it is observable that PBC is not statistically 

significant (p > 0.05), unlike attitude and subjective norm (p < 0.05). Therefore, H1 and H4 

are not confirmed, and a second regression was run without PBC. The R2 and adjusted R2 did 

not change, showing that PBC did not impact the variance explained by the model. The 

ANOVA table shows the model is statistically significant (p < 0.05) (Appendix 8). 

Table 4: Coefficients Table for Traditional Instagram Advertising Model 1 (Final Regression) 

 β t p-value 

Constant 0.271 0.576 0.565 

Attitude 0.462 4.237 0.000 

Subjective Norm 0.552 5.122 0.000 

 

By analysing the table above (Table 4), it becomes clear that both attitude and subjective 

norm are statistically significant (p < 0.05), confirming both H2 and H3. The β-coefficients 

slightly increased –for example, if subjective norm increases by 1, behavioural intention will 

increase by 0.552.  

In summary, for TIA H2 and H3 are confirmed, but H1 and H4 are not. 

4.2.2 Influencer Instagram Advertising 

After running the first regression with all three independent variables, the ANOVA 

showed that the model was statistically significant (p < 0.05), but the coefficient table pointed 

out that PBC was not (p > 0.05) (Appendix 9). Consequently, H1 and H4 are not confirmed. 

Nevertheless, the R2 and adjusted R2 are 0.519 and 0.507, meaning that 51.9% of the 

independent variables variance explains the dependent variable variance. A second regression 
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without PBC was run. R2 slightly decreased (0.517) and adjusted R2 increased (0.509). The 

ANOVA guaranteed the significance (p < 0.05) of this second regression (Appendix 10). 

Table 5: Coefficients Table for Influencer Instagram Advertising Model 1 (Final Regression) 

 β t p-value 

Constant 0.381 1.101 0.273 

Attitude 0.225 2.303 0.023 

Subjective Norm 0.672 6.563 0.000 

 

Table 5 shows how the two independent variables are statistically significant (p < 0.05), 

which confirms H2 and H3. Again, subjective norm has a greater influence on behavioural 

intention than attitude.  

Finally, according to the second regression, H2 and H3 are confirmed, but H1 and H4 

are not confirmed. 

4.3 Simple Linear Regression Analyses 

Running a single linear regression will allow for testing Model 2 (Figure 1) for TIA and 

IIA, thus assessing if behavioural intention (independent variable) influences (past) behaviour 

(dependent variable). Again, it is necessary to ensure some requisites. Regarding sample size, 

it is sufficiently big. Second, the correlation between behavioural intention and past behaviour 

is 0.769 (TIA) and 0.852 (IIA) (Table 2). Again, no outliers were found (Appendix 11). The 

same tests as before were conducted to evaluate the normality, linearity, and homoscedasticity 

of residuals. All results ensure these and are in Appendixes 12, 13, and 14. 

4.3.1 Traditional Instagram Advertising 

The R2 and adjusted R2 are 0.591 and 0.587, meaning that 59.1% of the variance in 

behavioural intention explains the variance in past behaviour. The ANOVA table (Appendix 

15) shows that the regression is significant (p < 0.05). Individually, behavioural intention is 

significant (p < 0.05), and has a β of 0.675 – for each unit it increases, past behaviour increases 

by 0.675. The results confirm H5. 
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4.3.2 Influencer Instagram Advertising 

The regression of behavioural intention on past behaviour regarding influencer 

Instagram advertising produced similar conclusions to the previous one. For this regression, the 

R2 and adjusted R2 are both higher – 0.726 and 0.723 –, meaning there is a higher percentage 

of behavioural intention explaining past behaviour. In addition, the regression is also significant 

(p < 0.05), as shown in the ANOVA table (Appendix 16). Finally, behavioural intention is also 

significant (p < 0.05) and its influence seems to be greater on this case, as β is 0.835. In 

conclusion, these results also confirm H5. 

Table 6 presents a summary of the hypotheses testing for both types of advertising: 

Table 6: Summary Table of Hypotheses Testing 

 TIA IIA 

H1 Not confirmed 

H2 Confirmed 

H3 Confirmed 

H4 Not confirmed 

H5 Confirmed 

 

5. Discussion 

This study evaluates the application of TPB on Instagram advertising, both traditional 

and from influencers. It contributes to literature as it applies the theory to a new context, which 

allowed for new findings regarding engagement drivers on a never-studied social media 

website, Instagram. 

Overall, all variables are negatively evaluated (Neither Agree nor Disagree, Somewhat 

Disagree, Disagree, Strongly Disagree) by respondents. Marketers and advertisers should focus 

on strategies to improve the main three – attitude, subjective norm, and PBC –, in order to 

increase behavioural intention and, in consequence, intention itself. Nevertheless, results are 

marginally better for IIA than TIA, even more so when considering behavioural intention and 

past behaviour. This means respondents find advertisements posted by influencers better and 
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have more intention to engage with them, rather than the marketer-generated ones. 

According to the proposed hypotheses, we expected attitude, subjective norm, and PBC 

to have a positive correlation with behavioural intention, both collectively and individually. 

Against our beliefs, PBC was found not to be significant for both types of advertising, which 

goes against what some authors have defended. Attitude and subjective norm were found to be 

significant for TIA an IIA, reiterating the literature. 

Regarding the relationship between behavioural intention and behaviour itself, we found 

that it is significant and positive for both types of Instagram advertising. This result is in 

accordance with several authors. Moreover, and for the two forms of advertising, subjective 

norm was found to be the strongest predictor of behavioural intention, which reiterates the 

finding of many authors. 

These results give new insights into challenges marketers and advertisers are facing 

regarding engagement. In other words, this study, besides adding value to literature, also 

contributes to practice, as it highlights problems and enables more efficient solutions to increase 

engagement rates on both types of Instagram advertising.  More specifically, since subjective 

norm is the strongest predictor of behavioural intention, that variable should be the main focus 

of both marketing professionals and influencers. 

5.1 Theoretical Implications 

The data analysis proved that attitude and subjective norm are predictors of behavioural 

intention, which in turn predicts behaviour (engagement with TIA and IIA). These results are 

in accordance with several studies that are related to social media and social media marketing 

(Chu et al., 2016; Ho et al., 2017; Pelling & White, 2009; Raghupathi & Fogel, 2015; Sanne & 

Wiese, 2018).  

Results showed that PBC is not significant for predicting intention to engage with TIA 

and IIA. It goes against the findings of Chu, Chen, and Sung (2016) and Ho et al. (2017), but it 
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supported by Sanne and Wiese (2018), Pelling and White (2009), and Raghupathi and Fogel 

(2015). Sanne and Wiese (2018) studied Facebook advertising – another form of social media 

advertising –, so this result is particularly interesting. The similarity between these suggests 

that perhaps behavioural intention to engage with social media advertising is only predicted by 

attitude and subjective norm. 

This may be a consequence of users being extremely capable of using the Internet and 

Instagram and interacting with ads – which are just another Instagram post –, meaning it does 

not require any additional effort. Furthermore, this phenomenon might have been accentuated 

by the sample’s average age (24.91), as younger users are more familiarised with social media 

and technology. Finally, if PBC is not a significant variable, then TPB is not a good model for 

explaining engagement with Instagram advertising. The results suggest that the aforementioned 

Theory of Reasoned Action would be a better model, as it only considers attitude and subjective 

norms as predictors of behavioural intention. 

Subjective norm was found to be the strongest significant predictor of behavioural 

intention for both TIA (β = 0.552) and IIA (β = 0.672). While it is supported by the findings of 

Pelling and White 2009, Ho et al. (2017), and Raghupathi and Fogel (2015), it goes against 

what some researchers, such as Sanne and Wiese (2018) and Chu, Chen, and Sung (2016), have 

found in their studies – that attitude was the strongest predictor. 

Instagram has been named the worst app for mental health for it creates pressure to live 

the “perfect Instagram life” that other users seem to be living (Royal Society for Public Health, 

2017). As such, others’ behaviours and opinions of what one should and should not do 

(subjective norms) may affect one’s behavioural intention. Consequently, these facts might 

justify why subjective norms play such a significant role in predicting behavioural intention. 

Since the TIA and IIA’s final Models 1 and 2 have the same variables, it is possible to 

compare them. The first conclusion is that the explanatory power of both is greater for IIA than 
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TIA, as both R2 and adjusted R2 are higher. This means that attitude and subjective norms – the 

two independent variables in the final Model 1 – better explain intention to engage with IIA 

than with TIA. In other words, TPB is a better fit for studying engagement with IIA rather than 

TIA. 

As aforementioned, subjective norm is the strongest predictor of behavioural intention 

to engage with both types of Instagram advertising. Nevertheless, its effect is stronger for IIA, 

as the β-coefficient is greater for this type – 0.672, opposite to 0.552 for TIA. This means that 

the opinions and behaviours of others, as well as the perception of what one should do, have a 

stronger effect on influencing behavioural intention to engage and, consequently, to engage 

with IIA.  

Over the last years, influencers have gained a more prominent role on social media. 

Furthermore, there is at least one relevant influencer for each individual, as they cover a wide 

spectrum of interests. Since people share their interests with friends and family, their opinions 

and behaviours regarding advertisement generated by influencers (IIA) might affect how one 

engages with it. Moreover, the sample is composed of young people, and these are more likely 

to be influenced by other’s behaviours, opinions, and expectations, and online trends. The 

combination of these three factors might explain the greater influence of subjective norms on 

engagement with IIA. 

Interestingly, attitude has a much weaker influence on intention to engage with IIA than 

TIA – β = 0.225 and β = 0.462, respectively. The study seems to suggest that the value people 

attribute to engaging with Instagram advertising plays a smaller role in influencing their 

behavioural intentions when it comes from influencers rather than brands. 

The overall attitude towards Instagram advertising appears to be negative, as the 

percentage of negative answers are 45.66% and 35.12% for TIA and IIA, respectively. 

Notwithstanding, regarding attitude towards IIA, most answers (44.63%) were neutral. Perhaps 
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this might be due to users’ confliction between the advantages and disadvantages of influencers. 

In recent years, influencers have gained a bad reputation for creating unrealistic 

expectations of what life should look like, as well as disguising their paid advertisements as 

day-to-day posts, even with regulation in place. Nevertheless, people are now becoming aware 

of this phenomenon. Despite this, influencers are still being used and paid to promote products, 

and people are still following them, learning of new products and services through them and 

often engaging with those. Since some people have a bad opinion of influencers but still engage 

with their content, it may justify why attitude has a diminished influence on behavioural 

intention.  

Again, the majority (59.09%) of answers were negative, when evaluating behavioural 

intention to engage with TIA. This value decreases to 37.60% when it is related to IIA. 

Moreover, there is a slight increase in positive answers, from 13.64% (TIA) to 17.63% (IIA).  

In summary, data shows that Instagram users are more predisposed to engage with IIA. Past 

behaviour confirms this – even though positive answers are scarce (4.63% for TIA and 5.62% 

IIA), they are more for IIA.  

5.2 Managerial Implications 

From the managerial point of view, for both brands and influencers, the main objective 

is to increase user engagement. Therefore, the focus should be on how to improve attitude 

towards Instagram advertising and change subjective norms. 

Since attitude is a better predictor of behavioural intention with TIA (than with IIA), 

marketers should focus on conveying the benefits of Instagram advertising, and how positive 

and enjoyable it can be. This may be achieved through interactive campaigns, where consumers 

are shown how engaging with advertisement is beneficial. Furthermore, TIA should blend into 

users’ feeds, and not feel intrusive (Sanne & Wiese, 2018). Instagram’s most recent 

development regarding TIA is the introduction of sponsored “Ad Stories” in between stories 
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from other users – stories are temporary content, only available for 24 hours, that are available 

on the top part of the feed. This is a bad example, as users find it annoying and intrusive (Welch, 

2018), harming attitude towards TIA. 

Attitude has less influence on behavioural intention to engage with influencers’ paid 

posts. Nevertheless, marketers should aim to improve it. As such, the relationship between 

brands and influencers should always be disclosed. Even though it has been found to have a 

negative effect on purchase intention (Evans et al., 2017), consumers also value transparency 

and honesty, and thus marketers should promote these, as it may positively affect consumers’ 

attitude towards IIA. 

Changing subjective norms is harder, but there are still some options that marketers can 

take advantage of. Since they are related to copying others’ behaviours, marketers should invest 

in making Instagram ads as interactive as possible. Many of the current campaigns involve 

following the brand, liking, tagging other users and sharing. Besides increasing engagement, it 

might encourage users to copy their friends’ behaviour, thus impacting subjective norms. 

5.3 Limitations and Future Research 

The first main limitation of the present study is its sample. Most studies regarding social 

media websites have much larger samples, allowing for generalisations. Furthermore, most 

respondents were Portuguese and females, which is another impediment. Future research should 

aim to have a bigger and unbiased sample, by using a probability sampling technique. It would 

allow for investigating differences between countries and culture but also between gender and 

age groups. Moreover, future researches may evaluate the differences between the application 

of TPB on different social media websites advertising – for example, assessing if there are any 

differences between predictors of engagement with Facebook and Instagram advertising. 

The relative frequencies for behavioural intention and past behaviour were low for both 

TIA and IIA. In the future, researchers should ensure that their samples have a more even 
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representation of users that do engage with Instagram advertising. Additionally, the survey was 

self-reported, meaning respondents evaluated their attitudes and behaviour by themselves. 

Therefore, it is hard to ensure that all the provided answers were truthful, and thus no objective 

conclusions can be taken. 

Regarding the Model 1 (regression of attitude and subjective norm on behavioural 

intention), both types scored a relatively low R2, meaning there are still other variables with 

explanatory value that weren’t included in this research. Future research should build upon it 

to further investigate what affects behavioural intention to engage with Instagram advertising – 

including variables such as the type of content (video versus image), privacy concerns, and 

weekday and time of the posts. 

Still regarding the studied variables, previous studies on TPB usually employ long and 

very complete surveys, with multiple items for each variable. The present study also did so, but 

not as thoroughly. Future research should include more items per variable, in order to improve, 

reiterate and validate these results and conclusions. 

Finally, the findings of this study and of Sanne and Wiese’s (2018) seem to indicate that 

the Theory of Reasoned Action is a better fit for studying advertisement on social media than 

TPB. As such, future researchers should address this question. 

6. Conclusion 

Research into advertising on other social media websites, such as Facebook, is vast, but 

research into Instagram advertising is extremely limited, and thus this study contributes to it. 

This study showed partial support for the application of TPB on TIA and IIA, as PBC was not 

statistically significant – thus, it seems that the Theory of Reasoned Action is probably a better 

fit for both. Amongst the findings, some stand out, such as subjective norms having a stronger, 

and attitude a weaker, influence on intention to engage with IIA rather than TIA. These findings 

are useful for marketers, brands, and influencers – by knowing what predicts engagement 
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(attitude and subjective norms) and what works best for each type of advertising, they have the 

tools needed to improve and optimise both and, consequently, to increase engagement. 

Moreover, advertisers may use the proposed models to predict engagement with Instagram 

advertising, by collecting data on attitude and subjective norms. Finally, the focus of marketers 

and advertisers should be to improve interactivity, transparency and honesty of TIA but 

especially IIA.  
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8. Appendixes 

8.1 List of Abbreviations 

eWOM: Electronic Word-of-Mouth 

IIA: Influencer Instagram Advertising 

PBC: Perceived Behavioural Control 

TIA: Traditional Instagram Advertising 

TPB: Theory of Planned Behaviour 

8.2 Appendix 1: Survey 

Screening Question: Have you used Instagram, even if you have not posted, in the last 

month? Yes/No  

(If No, survey would end. If Yes, survey would continue) 

This study focuses on two types of Instagram advertising: traditional Instagram ads and 

influencers' paid posts. For this section and until further instructions, please focus on 

traditional Instagram ads that appear on your feed. 

Please select to what extent you agree with the following statements: (7-point Likert 

scale – 1 = Strongly Agree; 7 = Strongly Disagree – evaluating attitude) 

• I think engaging with Instagram ads is good. 

• I think engaging with Instagram ads is positive 

• I think engaging with Instagram ads is valuable. 

• I think engaging with Instagram ads is enjoyable. 

Please select to what extent you agree with the following statements: (7-point Likert 

scale – 1 = Strongly Agree; 7 = Strongly Disagree – evaluating subjective norm) 

• People who are important to me think I should engage with Instagram ads. 

• People who influence my behaviour think I should engage with Instagram ads. 

• It is expected of me to engage with Instagram ads. (Which of them?) 

• People who are important to me engage with Instagram ads. 



29 

 

• People like me engage with Instagram ads. 

Please select to what extent you agree with the following statements: (7-point Likert 

scale – 1 = Strongly Agree; 7 = Strongly Disagree – evaluating PBC) 

• Engaging with Instagram ads is entirely in my control. 

• I can choose the Instagram ads I want to engage with. 

• I am free to engage with Instagram ads as I want to. 

• I have the knowledge and ability to engage with Instagram ads. 

• I have the resources needed to engage with Instagram ads. 

Please select to what extent you agree with the following statements: (7-point Likert 

scale – 1 = Strongly Agree; 7 = Strongly Disagree – evaluating behavioural intention and past 

behaviour) 

• I have the intention to engage with Instagram ads in the next month. 

• I will engage with Instagram ads in the next month. 

• I have engaged with Instagram ads in the last month. 

• I have liked Instagram ads in the last month. 

• I have commented on Instagram ads in the last month. 

• I have clicked on Instagram ads in the last month. 

• I have sent to someone I know an Instagram ad in the last month. 

For this section and until further instructions, please focus on influencers' paid posts on 

Instagram. (Questions for this section were the same ones, switching the expression “Instagram 

ad” for “Influencers’ paid posts”) 

Please indicate your: 

• Age: 

• Gender 

• Nationality 
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8.3 Appendix 2: Tolerance and VIF Values 

 TIA IIA 

Tolerance VIF Tolerance VIF 

Attitude 0.662 1.510 0.541 1.849 

Subjective Norm 0.668 1.496 0.537 1.861 

PBC 0.972 1.029 0.938 1.066 
 

8.4 Appendix 3: Boxplots for Model 1 

 

Note: Traditional Instagram (Left) and Influencer Instagram (Right) Advertising 

8.5 Appendix 4: Distribution of Residuals for Model 1 

 

Note: Traditional Instagram (Left) and Influencer Instagram (Right) Advertising 

8.6 Appendix 5: PP Plots for Model 1 

 

Note: Traditional Instagram (Left) and Influencer Instagram (Right) 
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8.7 Appendix 6: Breusch-Pagan Test Results for Model 1 

 

 

Note: Traditional Instagram (Up) and Influencer Instagram (Down) 

8.8 Appendix 7: TIA ANOVA, and Coefficients Table (Model 1) 

 

8.9 Appendix 8: TIA ANOVA (Final Model 1) 
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8.10 Appendix 9: IIA ANOVA, and Coefficients Table (Model 1) 

 

8.11 Appendix 10: IIA ANOVA (Final Model 1) 

 

8.12 Appendix 11: Boxplots for Model 2 

 

  Note: Traditional Instagram (Left) and Influencer Instagram (Right) Advertising 

8.13 Appendix 12: Distribution of Residuals for Model 2  

 

Note: Traditional Instagram (Left) and Influencer Instagram (Right) Advertising 
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8.14 Appendix 13: PP Plots for Model 2 

 

Note: Traditional Instagram (Left) and Influencer Instagram (Right) Advertising 

8.15 Appendix 14: Breusch-Pagan Test Results for Model 2 

 

Note: Traditional Instagram (Up) and Influencer Instagram (Down) 

8.16 Appendix 15: TIA ANOVA (Model 2) 

 

 

8.17 Appendix 16: IIA ANOVA (Model 2) 

 


