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ABSTRACT  

A lack of information exists about the health issues of lesbian, gay, bisexual, transgender, and queer (LGBTQ) people who 
are often excluded from national demographic assessments, health studies, and clinical trials. As a result, medical experts and 
researchers lack holistic understanding of the health disparities facing these populations. Fortunately, publicly available 
social media data such as Twitter data can be utilized to support the decisions of public health policy makers and managers 
with respect to LGBTQ people. This research employs a computational approach to collect tweets from gay users on health-
related topics and model these topics. To determine the nature of health-related information shared by men who have sex 
with men on Twitter, we collected thousands of tweets from 177 active users. We sampled these tweets using a framework 
that can be applied to other LGBTQ sub-populations in future research. We found 11 diseases in 7 categories based on ICD 
10 that are in line with the published studies and official reports.  
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INTRODUCTION 

Medical researchers and practitioners have increased attention to the health issues of lesbian, gay, bisexual, transgender, and 
queer (LGBTQ) people. One reason for this increased attention is that LGBTQ populations experience health disparities 
compared to straight and cisgender people, including higher rates of HIV and depression, and lower rates of preventative care 
(Gonzales, G., Przedworski, J., and Henning-Smith, C., 2016). Prior research data are limited to small samples that render it 
difficult to generalize the results to the world population. One reason for this limitation is the lack of LGBTQ representation 
in national health studies; only recently has a US federal initiative added questions for sexual orientation and gender identity. 
Since there exists no consistent health data collection policy, results from prior research cannot be directly compared.  

The National Health Interview Survey (NHIS) identified that 3.4% of US adults are non-straight people including 1.6% gay 
people. The lack of information about LGBTQ health issues poses a significant threat to their health outcomes since it limits 
the responses of medical professionals to their unique disparities (Sell, R. L., and Holliday, M. L., 2014). Even removing 
structural limitations related to LGBTQ representation in national data collection, providing a good sample of LGBTQ 
populations is not easy. LGBTQ people comprise a relatively small proportion of the world population. Additionally, sub-
groups within LGBTQ populations, such as gay men, experience unique health disparities relative to the LGBTQ population 
at large (Graham, R., Berkowitz, B., Blum, R., Bockting, W., Bradford, J., de Vries, B., Garofalo, R., Herek, G., Howell, E., 
Kasprzyk, D. and Makadon, H., 2011). Although several LGBTQ health-related studies have been developed, this research 
area needs more research and perspectives to detect the unique needs of LGBTQ people.  

Millions of users share their stories and life experiences on social media every day. For example, people post 500 million 
tweets per day on Twitter covering different topics from health to politics. Social media platforms play a crucial role in the 
lives of LGBTQ people, who can transcend physical barriers such as geography to connect with similar others to share their 
collective concerns and search for their information in a safe space. (Byron, P., Rasmussen, S., Wright Toussaint, D., Lobo, 
R., Robinson, K. H., and Paradise, B., 2017). Privacy and stigma pose important barriers to LGBTQ people sharing their 
sexualities and gender identities in social media (Byron, P., Albury, K., and Evers, C., 2013). The accessible data in social 
media is a great opportunity to track LGBTQ health concerns. Among different social media platforms, Twitter has 
facilitated data collection using Application Programming Interfaces (API). This new data collection method is an efficient 
approach to minimize cost and time. Several studies have been developed based on using Twitter data in different domains 
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such as health (Shaw, G., and Karami, A., 2017), election analysis (Karami, A., Bennett, L. S., and He, X., 2018), psychology 
(Golder, S. A., and Macy, M. W., 2011) and disaster management (Cameron, M. A., Power, R., Robinson, B., and Yin, J., 
2012). Few studies examine how LGBTQ people share their health issues using social media. This research focuses on gay 
men. This paper proposes a framework to collect and analyze the tweets of individuals self-identifying as gay to characterize 
health issues experienced by this group of users. There are different health issues, but this study focuses on diseases and 
disorders in the collected tweets. This paper provides a new direction at the intersection of LGBTQ, health, medical, and data 
science. 

 

RELATED WORKS 

The United States Office of Disease Prevention and Health Promotion’s Healthy People 2020 initiative identified LGBTQ 
people as facing significant health disparities including higher rates of substance abuse, mental illness and suicide attempts, 
and youth homelessness, as well as lower rates of health care utilization. Gay men face the greatest risk of HIV and other 
STIs, as well as high rates of recreational drug use (Office of Disease Prevention and Health Promotion, 2017). These 
disparities are produced, in part, to the discriminatory treatment LGBTQ people face when receiving health care. Health care 
providers receive a cumulative median of five hours of LGBTQ-related curricular content during the whole of their medical 
instruction, and prior research denotes that medical professionals have an implicit preference for heterosexual patients 
(Obedin-Maliver J, Goldsmith ES, Stewart L, & et al, 2011; Sabin, Riskind, and Nosek, 2015). Together, these sparse 
instructions and biases among medical professionals can lead to negative experiences for gay men with their healthcare 
providers, discouraging them from disclosing their gay identities and decreasing their utilization of health care resources. 

Healthy People 2020 also identifies the lack of sexual orientation and gender identity information associated with medical 
records as an area of improvement to lessen disparities for LGBTQ populations. As of 2014, only eight national data systems 
included information on lesbian, gay, and bisexual people (Office of Disease Prevention and Health Promotion, 2017). 
Efforts to collect the appropriate data focus on standardized terminology, confidentiality, and clarity of questions, as well as 
reducing barriers to patients’ willingness to offer the information. Because sexual orientation and behavior do not necessarily 
correspond, heterosexual-identifying patients may not be willing to report having had a same-sex partner, limiting the 
providers’ knowledge for treatment. By creating comprehensive records of orientation and behavior associated with patients’ 
medical records, better education and treatment methods can be utilized to reduce disparities (Institute of Medicine (US) 
Board on the Health of Select Populations, 2013). 

The first step in the public health cycle is assessment with two main activities: monitor health status and diagnose health 
problems/hazard. The next step, policy development, depends on the first step (Harrell, J. A., and Baker, E. L., 1994). 
However, it is difficult to track and detect health disparities among LGBTQ populations due to the limited nature of the data 
available. Social media have provided a great platform for users to share their concerns with respect to different issues like 
health. This new opportunity can open a new research direction for the experts in health and medical informatics with the 
purpose of LGBTQ health surveillance.  

Among different social media, Twitter allows users to publicly share short-form text content online, creating an opportunity 
for researchers to analyze the collective opinions, thoughts, and concerns of communities in near real-time in a way 
traditional methods cannot. The text-based data collected from Twitter can be analyzed using data mining methods. Twitter 
data has been used for different health applications such as tracking influenza (Signorini, A., Segre, A. M., & Polgreen, P. 
M., 2011), infectious intestinal disease (Zou, B., Lampos, V., Gorton, R., and Cox, I. J., 2016), migraine headache 
(Nascimento, Thiago D., Marcos F. DosSantos, Theodora Danciu, Misty DeBoer, Hendrik van Holsbeeck, Sarah R. Lucas, 
Christine Aiello, Leen Khatib, and MaryCatherine A. Bender., 2014), and diabetes, diet, exercise, and obesity (Abbar, S., 
Mejova, Y., and Weber, I., 2015; Karami, A., Dahl, A. A., Turner-McGrievy, G., Kharrazi, H., and Shaw, G., 2018). 

Twitter data can be used to supplement health knowledge because the users are more willing to share some information 
online than they would with health care providers. Previous studies have dealt with analyzing different health issues without 
a focus on LGBTQ people’s health issues.  This study investigates gay men’s activity on Twitter to better understand the 
common diseases and disorders they face and to inform a methodological framework that can be used to collect data from 
other LGBTQ sub-populations. 
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METHODOLOGY & RESULTS 

Our approach uses computational methods to collect data and analyze tweets for disclosing characteristics of opinions in the 
tweets of gay users with respect to diseases. This study has three phases: data collection, health-related tweets detection, topic 
discovery and analysis.  

 

Data Collection 

Gay Twitter users were identified as part of a larger LGBTQ user identification process. Users were initially collected by 
manually checking the followers of prominent LGBTQ users and organizations. These users were selected based on self-
identification (disclosure) as part of the LGBTQ community in their profile and for their activity on Twitter being primarily 
personal posts documenting their lives. For orientation confirmation, a variety of factors were considered. Beyond explicit 
identifying statements, the use of gay terminology for self-descriptions and interactions with gay content were considered for 
categorizing the user as a gay man. Posts using terms such as “Grindr”, “top”, “bottom”, “twink”, and “bear” were indicators 
of the user’s knowledge of gay communities and a willingness to publicly discuss those topics. Additionally, liking, 
retweeting, and replying to similar content was also considered. While there is the possibility of these men being bisexual and 
just having more prominent same-sex content, the lack of indications for heterosexuality made improper categorization 
unlikely. These characteristics helped us find 177 active gay users in Twitter.  In the next step, we used the Twitter API in R 
platform to collect up to 3200 tweets (Twitter API limitation) for each of those 177 users for 487,155 tweets in total.  

 

Health-Related Tweets Detection 

To focus on just personal opinions and experiences, we removed retweets and the tweets containing URLs. We applied the 
Linguistic Inquiry and Word Count (LIWC) dictionary to these remaining tweets. LIWC captures thoughts, feelings, 
personality, and motivations. It has a health-related dictionary that detects health-related words in a corpus. From our sample 
of unique tweets, we extracted those containing at least one health-related word, yielding 4,016 tweets. Table 1 displays a 
sample of the collected health-related tweets about insomnia, HIV, stress, and cancer. 

Tweet 1 i got insomnia 

Tweet 2 living with #HIV, is addressing the convention. Bravo,  
Tweet 3 Stressing about life and rushing an English paper that's due at midnight even  … 

Tweet 4 also this is standard cancer checkup stuff so no need to be alarmed 

Table 1. Sample of Health-related Tweets 

Topic Discovery and Analysis 

The huge amount of text data in different applications has created a need for text mining to detect interesting 
pattern. Text mining has been used for different applications such as spam detection (Karami A. and Zhou L., 2014; 
Karami, A. and Zhou, B., 2015), and health corpora analysis (Karami, A., Gangopadhyay, A., Zhou, B., and Kharrazi, H., 
2015a). We employed a well-known text mining method, Latent Dirichlet Allocation (LDA), to describe the 4016 health-
related tweets. As a topic modeling method, LDA clusters semantically related words such as “human recourse”, 
“marketing”, and “finance” into a topic whose theme is “business” (Karami, A., 2015). This model is based an assumption 
that if there are multiple topics in a corpus, LDA assigns a degree of membership for each word in the corpus with respect to 
each of the topics (Karami, A., Gangopadhyay, A., Zhou, B., & Karrazi, H., 2015b). Each topic is a distribution of 
semantically related words (Karami, A., Gangopadhyay, A., Zhou, B., and Kharrazi, H., 2017). 

 

Results 

Then we analyzed the content of each of the topics to find the overall theme for each of them. For example, we assigned 
“addiction” label to a topic having these words: mental, health, illness, control, and addictions (Table 2). From this analysis, 
we derived 11 topics. We then categorized these 11 detected topics based on ICD 10 (International Classification of 
Diseases) classification1. Our results show that gay Twitter users have discussed about 7 categories including 11 diseases: 

                                                             
1 http://apps.who.int/classifications/icd10/browse/2016/en#/G43 
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• Endocrine, nutritional and metabolic diseases: obesity 
• Diseases of the circulatory system: heart attack 
• Diseases of the nervous system: insomnia, seizures, and stroke 
• Infectious and parasitic diseases: HIV  
• Neoplasms: cancer 
• Diseases of the respiratory system: flu and asthma 
• Mental and behavioral disorders: stress and addiction 

Obesity/Heart Attack Insomnia/ HIV Seizures Stroke Cancer 

heart 
attack 

obesity 
stomach 
lowcarb 

Work 
week  

addiction  
insomnia  
hiv/#aids  

alcohol  
afford  

infection  
seizures 

woke 

violence  
clinical  
tweet  
stroke  
gained  

 

living  
suffer  
vomit  
cancer  

experience 

Flu Asthma Stress Addiction HIV 
live  

living  
days  
flu  

find  
 

plan  
obamacare  

access  
asthma 

healthcare  

shit  
horrible  

drink  
stress  

headaches  

mental  
health  
illness  
control  

addictions  
 

allergies 
hiv/aids 
tumor 

extreme 
disease 

Table 2. A Sample of Topics 

Our results are in line with formal and published reports including HIV/AIDS (CDC, 2014), stress and insomnia (Berg, M. 
B., Mimiaga, M. J., and Safren, S. A., 2008), stroke and seizures (Rosendale, N., and Josephson, S. A., 2015), cancer, 
asthma, and heart attack (Gonzales, G., Przedworski, J., and Henning-Smith, C., 2016), obesity and cancer (Wender, R., 
Sharpe, K. B., Westmaas, J. L., and Patel, A. V., 2016), addiction (Kecojevic, A., Wong, C. F., Schrager, S. M., Silva, K., 
Bloom, J. J., Iverson, E., and Lankenau, S. E., 2012), and flu (Whitehead, J., Shaver, J., and Stephenson, R., 2016). 
Moreover, the detected associations have also addresses in the literature including obesity and heart attack (Eckel, R. H., 
1997), insomnia and HIV (Buchanan, D. T., McCurry, S. M., Eilers, K., Applin, S., Williams, E. T., and Voss, J. G., 2016), 
seizures and infection (Wong, M. C., and Labar, D. R., 1990), stroke and violence (Paradiso, S., Robinson, R. G., and Arndt, 
S., 1996), cancer and vomiting (Matsha, T., Stepien, A., Blanco-Blanco, E., Brink, L. T., Lombard, C. J., Van Rensburg, S., 
and Erasmus, R. T., 2006), stress and headache (Lipton, R. B., Stewart, W. F., and Liberman, J. N., 2002), mental health and 
addiction (Lasser, K., Boyd, J. W., Woolhandler, S., Himmelstein, D. U., McCormick, D., and Bor, D. H., 2000), and HIV 
and allergy (Pirmohamed, M., & Park, B. K., 2001). It seems that the relation between Asthma and Obamacare is based on 
the concern of users with respect to covering the cost of Asthma in Obamacare plan.   
 

CONCLUSION 

LGBTQ people experience more health problems than other people; however, the biggest health challenge to these people is 
the lack of information about the health issues. Moreover, the current available data and data collection methods have some 
limitations. This study proposes the first step in developing a computational approach to collect, analyze, and represent 
common diseases on Twitter posts of gay users. This approach detects health-related posts and discovers disease-related 
topics in thousands of tweets. With billions of social media users, this research opens a new interdisciplinary direction at the 
intersection of data science, health, informatics, and social media.  

This paper has found hundreds of self-reported gay people in Twitter and collected thousands of tweets. Two text analysis 
approaches have been applied on the tweets to find health-related tweets and the embedded topics. Then, the 11 disease-
related topics were detected, labeled, and assigned to 7 major categories based on ICD 10. The proposed approach and results 
can be used to support public health experts and policy makers in tracking and understanding diseases with respect to 
LGBTQ people. With further work to increase the sample population size and incorporating temporal and spatial data, this 
model can be used to produce targeted interventions to help minimize the health disparities present in gay men’s populations. 



Webb et al.                                                                                                    Characterizing Diseases and Disorders In Gay Users’ Tweets 
 

Proceedings of the Southern Association for Information Systems Conference, Atlanta, GA, USA March 23rd–24th, 2018 5 

ACKNOWLEDGMENTS  

This research is supported in part by the University of South Carolina Honors College Exploration Scholars and Magellan 
Scholar Programs. All opinions, findings, conclusions, and recommendations in this paper are those of the authors and do not 
necessarily reflect the views of the funding agency.  

 

REFERENCES 

1. Abbar, S., Mejova, Y., and Weber, I. (2015). You tweet what you eat: Studying food consumption through twitter. 
In Proceedings of the 33rd Annual ACM Conference on Human Factors in Computing Systems, pp. 3197-3206, ACM. 

2. Berg, M. B., Mimiaga, M. J., and Safren, S. A. (2008). Mental health concerns of gay and bisexual men seeking mental 
health services. Journal of homosexuality, 54,3, 293-306. 

3. Buchanan, D. T., McCurry, S. M., Eilers, K., Applin, S., Williams, E. T., and Voss, J. G. (2016). Brief behavioral 
treatment for insomnia in persons living with HIV. Behavioral sleep medicine, 1-18. 

4. Byron, P., Albury, K., and  Evers, C. (2013). “It would be weird to have that on Facebook”: young people's use of social 
media and the risk of sharing sexual health information. Reproductive health matters, 21, 41, 35-44. 

5. Byron, P., Rasmussen, S., Wright Toussaint, D., Lobo, R., Robinson, K. H., and Paradise, B, (2017). ‘You learn from 
each other’: LGBTIQ Young People’s Mental Health Help-seeking and the RAD Australia Online Directory. 

6. Cameron, M. A., Power, R., Robinson, B., and Yin, J. (2012). Emergency situation awareness from twitter for crisis 
management. In Proceedings of the 21st International Conference on World Wide Web, pp. 695-698., ACM. 

7. Centers for Disease Control and Prevention (CDC), (2017). HIV among Gay and Bisexual Men, 
https://www.cdc.gov/nchhstp/newsroom/docs/factsheets/cdc-msm-508.pdf 

8. Eckel, R. H. (1997). Obesity and heart disease: a statement for healthcare professionals from the Nutrition Committee, 
American Heart Association. Circulation, 96(9), 3248-3250. 

9. Graham, R., Berkowitz, B., Blum, R., Bockting, W., Bradford, J., de Vries, B., Garofalo, R., Herek, G., Howell, E., 
Kasprzyk, D. and Makadon, H. (2011). "The health of lesbian, gay, bisexual, and transgender people: Building a 
foundation for better understanding." Washington, DC: Institute of Medicine . 

10. Golder, S. A., and Macy, M. W. (2011). Diurnal and seasonal mood vary with work, sleep, and daylength across diverse 
cultures. Science, 333, 6051, 1878-1881. 

11. Gonzales, G., Przedworski, J., & Henning-Smith, C. (2016). Comparison of health and health risk factors between 
lesbian, gay, and bisexual adults and heterosexual adults in the United States: results from the National Health Interview 
Survey. JAMA internal medicine, 176(9), 1344-1351. 

12. Harrell, J. A., & Baker, E. L. (1994). The essential services of public health. Leadership in Public Health, 3, 3, 27-31. 
13. Institute of Medicine (US) Board on the Health of Select Populations. (2013). Collecting Sexual Orientation and Gender 

Identity Data in Electronic Health Records: Workshop Summary. Washington (DC): National Academies Press (US). 
Retrieved from http://www.ncbi.nlm.nih.gov/books/NBK132859/ 

14. Lasser, K., Boyd, J. W., Woolhandler, S., Himmelstein, D. U., McCormick, D., & Bor, D. H. (2000). Smoking and 
mental illness: a population-based prevalence study. Jama, 284(20), 2606-2610. 

15. Karami A. and Zhou L. (2014), Improving Static SMS Spam Detection by Using New Content-
based Features, Proceedings of the 20th Americas Conference on Information Systems (AMCIS), Savannah, GA. 

16. Karami, A. (2015). Fuzzy topic modeling for medical corpora. University of Maryland, Baltimore County. 
17. Karami, A., Gangopadhyay, A., Zhou, B., and Kharrazi, H. (2015a). A fuzzy approach model for uncovering hidden 

latent semantic structure in medical text collections. iConference 2015 Proceedings. 
18. Karami, A., Gangopadhyay, A., Zhou, B., and Karrazi, H. (2015b). Flatm: A fuzzy logic approach topic model for 

medical documents. In  2015 Annual Conference of the North American Fuzzy Information Processing Society (NAFIPS) 
held jointly with 2015 5th World Conference on Soft Computing (WConSC), (pp. 1-6). IEEE. 

19. Karami, A. and Zhou, B. (2015). Online review spam detection by new linguistic features. iConference 2015 
Proceedings. 



Webb et al.                                                                                                    Characterizing Diseases and Disorders In Gay Users’ Tweets 
 

Proceedings of the Southern Association for Information Systems Conference, Atlanta, GA, USA March 23rd–24th, 2018 6 

20. Karami, A., Bennett, L. S., and He, X. (2018). Mining Public Opinion about Economic Issues: Twitter and the US 
Presidential Election. International Journal of Strategic Decision Sciences (IJSDS), 9(1), 18-28. 

21. Karami, A., Dahl, A. A., Turner-McGrievy, G., Kharrazi, H., and Shaw, G. (2018). Characterizing diabetes, diet, 
exercise, and obesity comments on Twitter. International Journal of Information Management, 38, 1, 1-6. 

22. Karami, A., Gangopadhyay, A., Zhou, B., and Kharrazi, H. (2017). Fuzzy approach topic discovery in health and 
medical corpora. International Journal of Fuzzy Systems, 1-12. 

23. Kecojevic, A., Wong, C. F., Schrager, S. M., Silva, K., Bloom, J. J., Iverson, E., & Lankenau, S. E. (2012). Initiation 
into prescription drug misuse: differences between lesbian, gay, bisexual, transgender (LGBT) and heterosexual high-
risk young adults in Los Angeles and New York. Addictive behaviors, 37, 11, 1289-1293. 

24. Lipton, R. B., Stewart, W. F., and Liberman, J. N. (2002). Self-awareness of migraine Interpreting the labels that 
headache sufferers apply to their headaches. Neurology, 58(9 suppl 6), S21-S26. 

25. Matsha, T., Stepien, A., Blanco-Blanco, E., Brink, L. T., Lombard, C. J., Van Rensburg, S., and Erasmus, R. T. (2006). 
Self-induced vomiting-risk for oesophageal cancer?. South African Medical Journal, 96(3), 209-212. 

26. Nascimento, Thiago D., Marcos F. DosSantos, Theodora Danciu, Misty DeBoer, Hendrik van Holsbeeck, Sarah R. 
Lucas, Christine Aiello, Leen Khatib, and MaryCatherine A. Bender. (2014). Real-time sharing and expression of 
migraine headache suffering on Twitter: a cross-sectional infodemiology study. Journal of medical Internet 
research, 16(4). 

27. Obedin-Maliver J, Goldsmith ES, Stewart L, & et al. (2011). Lesbian, gay, bisexual, and transgender–related content in 
undergraduate medical education. JAMA, 306(9), 971–977. https://doi.org/10.1001/jama.2011.1255  

28. Office of Disease Prevention and Health Promotion (2017, November 21). Lesbian, Gay, Bisexual, and Transgender 
Health. Retrieved from www.healthypeople.gov/2020/topics-objectives/topic/lesbian-gay-bisexual-and-transgender-
health. 

29. Paradiso, S., Robinson, R. G., and Arndt, S. (1996). Self-reported aggressive behavior in patients with stroke. The 
Journal of nervous and mental disease, 184(12), 746-753. 

30. Pirmohamed, M., & Park, B. K. (2001). HIV and drug allergy. Current opinion in allergy and clinical immunology, 1(4), 
311-316. 

31. Rosendale, N., and Josephson, S. A. (2015). The importance of lesbian, gay, bisexual, and transgender health in 
neurology: what’s in a name?. JAMA neurology, 72, 8, 855-856. 

32. Sabin, J. A., Riskind, R. G., and Nosek, B. A. (2015). Health Care Providers’ Implicit and Explicit Attitudes Toward 
Lesbian Women and Gay Men. American Journal of Public Health, 105(9), 1831–1841. 
http://doi.org/10.2105/AJPH.2015.302631 

33. Sell, R. L., & Holliday, M. L. (2014). Sexual orientation data collection policy in the United States: public health 
malpractice. 

34. Shaw, G., and Karami, A. (2017). Computational content analysis of negative tweets for obesity, diet, diabetes, and 
exercise. Proceedings of the Association for Information Science and Technology, 54(1), 357-365. 

35. Signorini, A., Segre, A. M., and Polgreen, P. M. (2011). The use of Twitter to track levels of disease activity and public 
concern in the US during the influenza A H1N1 pandemic. PloS one, 6, 5, e19467. 

36. Wender, R., Sharpe, K. B., Westmaas, J. L., & Patel, A. V. (2016). The American Cancer Society's approach to 
addressing the cancer burden in the LGBT community. LGBT health, 3, 1, 15-18. 

37. Whitehead, J., Shaver, J., and Stephenson, R. (2016). Outness, stigma, and primary health care utilization among rural 
LGBT populations. PloS one, 11(1), e0146139. 

38. Wong, M. C., and Labar, D. R. (1990). Seizures in human immunodeficiency virus infection. Archives of 
neurology, 47(6), 640-642. 

39. Zou, B., Lampos, V., Gorton, R., and Cox, I. J. (2016). On infectious intestinal disease surveillance using social media 
content. In Proceedings of the 6th International Conference on Digital Health Conference (pp. 157-161). ACM. 
 
 


	Association for Information Systems
	AIS Electronic Library (AISeL)
	Spring 3-2018

	CHARACTERIZING DISEASES AND DISORDERS IN GAY USERS’ TWEETS
	Frank Webb
	Amir Karami
	Vanessa Kitzie
	Recommended Citation


	Microsoft Word - Webb_Karami_Kitzie_Gay_SAIS.docx

