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Abstract 

Repeated investments by lenders are critical for the survival and success of an 
online P2P lending platform. Lenders’ trust in a platform influences their investment 
decisions. This study explores the impact of trust and its antecedents on lender 
investment intention in online P2P lending platforms. An online survey of 358 active 
P2P lenders on several leading online P2P lending platforms in China was 
conducted. Empirical results suggest that lender trust in a platform has a strong 
influence upon both perceived risk and investment intention. Furthermore, the 
results show that top management team heterogeneity, reputation, and quality of 
the platform have significant effects on lender trust. Both theoretical and practical 
implications of these findings are discussed. 

Keywords:  Online P2P marketplace, lender trust; signaling theory; repeat investment 
intention 

 

Introduction 

Online peer-to-peer (P2P) lending is a form of financial transaction that occurs directly between 
individuals in an electronic marketplace without the intermediation of traditional financial 
institutions. In recent years, online P2P lending has emerged as an appealing new channel of 
financing (Agrawal et al. 2013; Burtch et al. 2013; Lin et al. 2013). With the strong tide of web-based 
financial management innovations, more than 3,944 online P2P lending platforms were launched in 
China in 2015, and the total transaction value of this market has reached RMB 110 billion. Moreover, 
there were about 500 million online P2P lending transactions made during each month of 2015 in 
China. 

However, online P2P lending is still a high risk investment channel due to information asymmetry, 
which may result in adverse selection (Akerlof 1970) and moral hazard (Stiglitz and Weiss 1981). 
Lenders may become victims of fraud and business failure on these P2P lending platforms. These 
problems not only harm lenders financially and even emotionally, but also cause significant damage to 
P2P lending platforms in general, destroying their reputations. Indeed, the number of Internet 
complaints about online P2P lending increased threefold in 2015. Given the realistic concerns lenders 
face, this study seeks to explain the apparent popularity and success of online P2P lending platforms 
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and to create a framework for understanding the factors that influence lenders’ repeat investment 
intention. The study also aims to elucidate steps that can be taken to increase lenders’ trust and 
reduce their perception of risk. 

Both economists and sociologists agree that trust is a crucial enabling factor in relationships fraught 
with uncertainty, interdependence, and fear of opportunism (Gefen 2002; Gefen et al. 2003; Hoffman 
et al. 1999), as is the case for the relationships in online markets. Indeed, many online P2P lending 
platforms have devoted enormous effort to enhancing trust. For instance, most online P2P lending 
platforms in China offer services such as guarantees in case of delinquency by borrowers, evaluations 
of borrower credit risk, and assurances against loan defaults, just as credit companies do. Thus, it is 
vital for the individual lender to evaluate and assess an online P2P lending platform proprietor’s 
capacity and willingness to pay back loans. Moreover, with the rapid growth in the number of P2P 
lending platforms, many lenders are prone to switching from one platform to another in search of 
better returns on investment. Since trust is essential yet dynamic in online transactions, it is 
important to identify the antecedents of lender trust. 

In prior research, such trust has been viewed through a variety of lenses. For example, the influence of 
borrowers’ narratives on lender decisions concerning unsecured personal loans have been examined 
(Herzenstein et al. 2011), and trust between borrowers and lenders has been investigated (Greiner and 
Wang 2010). Some researchers have studied the social and behavioral factors which influence lender 
trust in both P2P platforms and borrowers (Chen et al. 2014; Zhang et al. 2014). However, the limited 
amount of research has yet to produce a comprehensive understanding of the factors that may be used 
to predict lenders’ repeat investment decisions. Given the increasing prevalence of online P2P lending, 
there is an urgent need to analyze a lender’s repeat investment decision-making process from a 
holistic standpoint in order to provide an understanding of the complexity and dynamics of trust in 
online P2P lending. Accordingly, the specific research questions for this study were as follows: What 
are the roles of trust, risk and benefit in a lender’s repeat investment decision? What antecedents can 
be identified that affect a lender’s trust in an online P2P lending platform? 

The remainder of this paper is organized as follows: Section 2 provides the theoretical background of 
the study. Section 3 presents the research model and underlying hypotheses. The measurement 
methods and the results of data analysis are discussed in Sections 4 and 5, respectively. Section 6 is a 
summary of the study’s implications. 

Theoretical Background 

In this section, trust in the context of online P2P lending platforms will be discussed first. Second, 
signaling theory and information asymmetry in the context of electronic marketplaces will be analyzed. 

Trust in Online P2P Lending Platforms 

Trust and trust-building mechanisms are important in electronic marketplaces because they reduce 
the perceived uncertainty and risk associated with anonymous online exchanges and help consumers 
to engage in trusting behavior, such as exchanging personal information and purchasing goods (Ba 
and Pavlou 2002; Gefen et al. 2003; McKnight et al. 2002; Pavlou and Gefen 2004). The discussion in 
this study follows the widely accepted definition of Mayer, Davis, and Schooram (1995), who 
conceptualize trust as the “willingness of a party to be vulnerable to the actions of another party based 
on the expectations that the other will perform a particular action important to the trustor, 
irrespective of the ability to monitor or control that other party,” (p. 712). This definition emphasizes 
important points common to online transactions: (1) despite the uncertainty surrounding the 
transaction, (2) one party is willing to take the risk and potentially lose something important by 
depending on the other party, and (3) this willingness is dependent upon certain expectations or 
beliefs about the other party (Greiner and Wang 2010). 

An online P2P lending platform is a website (as well as the underlying procedures, routines, and 
information systems) that: matches borrowers and lenders; facilitates the exchange of information, 
funds, services, and payments associated with transactions; and provides an institutional 
infrastructure. In P2P lending markets, lender investment intention and behavior do not rely only on 
the borrower’s traits, but on the lender’s evaluation of the platform as well. Several studies have been 
conducted on the effects of trust on lending intention for P2P lending platforms (Chen et al. 2014; 
Greiner and Wang 2010; Zhang et al. 2014). Previous studies have mainly focused on factors that 
influence a lender’s trust-building process. This study, on the other hand, examines the ongoing trust-
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preservation mechanisms between intermediary (the P2P lending platform) and buyer (the lender) 
that facilitate a transaction (borrowing).  

However, these studies lack a proper theoretical foundation for explaining repeat investment 
intention in P2P platforms. The present study overcomes this limitation by focusing on the decision-
making behaviors of lenders based on previous investment experience with P2P lending platforms. 
Because P2P lending is characterized by risk and uncertainty on the part of lenders, theories that 
explain lender choice and decision-making under conditions of information asymmetry and risk 
should shed light on lender behavior. One such approach utilizes signaling theory, which is widely 
used for explaining customer choice and decision-making under the conditions of information 
asymmetry and risk (Connelly et al. 2011). 

Signaling Theory 

Signaling theory offers a firm explanation for how people make judgments about quality in a range of 
situations, particularly when quality is difficult or impossible to directly observe (Benlian and Hess 
2011). The conceptual foundations of signaling theory, rooted in information economics and contract 
theory, draw on the premise that different parties in a transaction often have different amounts of 
information regarding the transaction, and such information asymmetry has implications for the 
terms of transaction and the relationship between the parties (Kirmani and Rao 2000). Signaling 
theory applied in consumer research argues that when faced with information asymmetry and the 
resulting difficult decisions regarding quality, consumers attend to particular kinds of information 
cues (actions or artifacts of businesses) that credibly relay information about the quality of the 
unobservable product (or company) (Boulding and Kirmani 1993). In particular, they look for 
indicators or correlates of quality that are difficult to fabricate. 

According to signaling theory, there are two players: the signaler and the receiver. The signaler sends 
signals to the receiver, and those signals reflect the qualities of the signaler (Connelly et al. 2011). 
According to these signals, the receiver makes an assessment of the quality of the signaler and takes 
action. In repeated games, after gaining an understanding of the true quality of the signaler, the 
receiver can also send feedback about the quality of the signaler to other receivers. Therefore, the 
feedback from receivers facilitates efficient signaling (Connelly et al. 2011). 

In online P2P lending, a fundamental information asymmetry exists since lenders lack information 
about the P2P lending platform. Lenders refer to various signals to reduce this information 
asymmetry. In the context of P2P lending platforms, the signaler is the P2P lending platform, and it 
employs a signaling approach to persuade lenders into believing that the platform provides high credit 
projects, strict risk control, and assurances against loan defaults. Thus, the information disclosed by 
the platform is a signal to the potential lender. The receivers of the signal are every potential lender 
reading the signal.  

A result of the existence of information asymmetry in online P2P lending is that potential lenders tend 
to ignore information released by the P2P lending platform because it is tainted by omission or 
misrepresentation. Thus, lenders would be expected to be cautions of the claims made by the platform, 
being particularly responsive to valid signals of economic value that they perceive as more genuine 
while disregarding signals deemed suspicious or manipulable. The validity of a signal in the minds of 
lenders is dependent on the inherent credibility of that signal (Spence 1976).  

In studying online P2P lending, “credibility” refers to the perception that the platform would act in a 
manner consistent with the goal of generating stakeholder wealth, and it also refers to the trust that 
the platform’s economic potential is accurately reflected in information provided to lenders. Prior 
research suggests that credibility is particularly important in new ventures as it is critical to the 
capacity to acquire other resources, including capital (Zimmerman and Zeitz 2002). 

Research Model and Hypotheses 

Research Model 

Based on the related literature on trust in electronic marketplaces, we propose that trust in a P2P 
lending platform along with perceived risk and perceived benefit are the antecedents upon which 
lenders base their investment intention toward different platforms. Drawing on signaling theory, we 
propose that heterogeneity of the top management team of the platform as well as its reputation and 
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website quality are sources of trust. Furthermore, the relationship between platform trust and 
perceived risk will be discussed. The proposed conceptual model for this study is shown in Figure 1. 
 

 

Figure 1.  Research Model 

Signals for Enhancing Lender Trust 

Top Management Team Heterogeneity  

Research suggests that TMT characteristics can signal organizational legitimacy that in turn influence 
investor decisions (Higgins and Gulati 2006). As a fundamental driver of organizational norms, values, 
decision-making and action, the TMT can convey legitimacy on behalf of the organization (Cohen and 
Dean 2005). TMT heterogeneity is typically measured in terms of observable characteristics such as 
functional background, education, tenure, and age, which serve as proxies for psychological attributes 
that influence strategic choice and company performance (Hambrick and Mason 1984). TMT 
heterogeneity in a P2P lending platform may be viewed as the extent to which the composition, 
characteristics, and behavior of the TMT contributes to the credibility of the platform. We expect TMT 
heterogeneity to influence lender perception of a P2P lending platform and thereby act as a valid 
signal, because lenders who are unable to discern the platform’s quality based on economic 
disclosures may move to more social indicators of value. 

The TMT heterogeneity of a P2P lending platform is highly related to its ability to control bad-debt 
expense risk. Several studies have explored the effects of TMT on investor decisions. For instance, it 
has been found that TMT is an important signal of value in an initial public offering (IPO) (Cohen and 
Dean 2005; Lester et al. 2006). TMT heterogeneity provides a signal to potential investors about the 
quality of the IPO and hence is associated with greater capital accumulations (Zimmerman 2008).  
Moreover, entrepreneurial team diversity has been discovered to be positively and significantly related 
to the willingness of respondents to invest venture capital (Vogel et al. 2014) . Therefore, we 
hypothesize as follows: 

H1: TMT heterogeneity is positively related to lender trust in a platform.  

Reputation 

The reputation of a vendor is considered a key factor for creating trust (Qureshi et al. 2009) because it 
is evidence that shows the vendor has honored or met its obligations toward other consumers in the 
past (Kim et al. 2008). The reputation of a vendor includes the vendor’s public image regarding its 
commitment to customer satisfaction, its innovativeness in customer service, the quality of what it 
offers, and issues relating to its corporate and social responsibility (Ba and Pavlou 2002; Koufaris and 
Hampton-Sosa 2004; Yoon 2002). Hence, the reputation of an online P2P lending platform may be 
defined as the degree to which lenders hold the platform in high esteem. 

Reputation-building is a social process dependent on past interactions between lenders and a P2P 
lending platform (Collier et al. 2010). Based on the platform’s reputation, a lender is likely to infer 
that the platform will continue its behavior in the transaction at hand. In the case of a positive 
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reputation, one is likely to believe that the platform has the capacity to cover the lender’s principal and 
interest, and therefore conclude that the platform is credible and trustworthy. In the case of a negative 
reputation, a lender may conclude that the platform will not honor its specific obligations, and hence 
may deem it non-credible and untrustworthy. 

In online P2P lending, the platform reputation is even more critical to the lender’s assessment of 
platform credibility because there are fewer visible signals of credibility and greater risks. Reputation 
has been shown to lead to trust in repurchasing decisions (Hsu et al. 2014; Qureshi et al. 2009). In 
P2P lending, lenders can infer the trustworthiness of a platform through rating and comments in the 
feedback-based systems. Repeat investors believe that decent P2P lending platforms will not destroy 
their reputation by acting opportunistically. Therefore, we hypothesize: 

Hypothesis 2: The reputation of a P2P lending platform is positively related to lender trust in the 
platform. 

Website Quality 

Online transactions are generally carried out on a website, and thus website quality plays an 
important role in determining the success of an online P2P lending platform. From the perspective of 
the D&M model, website quality focuses on the user’s perception of website design quality, and it can 
be divided into three distinct dimensions: system quality, information quality, and service quality 
(DeLone and McLean 2003). System quality refers to the technical quality of the platform, while 
information quality is the quality of information disclosed by the platform. Service quality refers to 
overall support delivered by the platform. In this study, website quality is treated as a construct 
composed of these three divisions. 

In P2P lending, repeat investors have full transaction experience with a platform through its website, 
on the other hand, they are able to evaluate information quality, service quality and system quality of 
the platform. Prior studies have indicated that website quality is an important determinant of trust 
and repurchase intention. For example, it has been shown that a returning customer’s perception of 
the website quality of an online vendor is positively related to his/her trust in the online vendor 
(Qureshi et al. 2009). Furthermore, website quality influences consumer perception of product quality, 
which subsequently affects online purchase intention (Wells et al. 2011). Additionally, website quality 
has been found to have a greater influence on perceived product quality when consumers had higher 
degrees of information asymmetry (Wells et al. 2011). Therefore, we hypothesize as follows: 

Hypothesis 3: Website quality is positively related to lender trust in a platform. 

Trust in the Platform 

A P2P lending platform is an online platform that uses the Internet to facilitate transactions among 
lenders and borrowers by collecting, processing, and disseminating information. One of the platform’s 
main roles, and the focus of this study, is to positively affect lender investment intention by reducing 
perceived risk. Trust in the platform is defined as the subjective belief of a buyer that the platform will 
institute and enforce fair rules, procedures, and outcomes competently, reliably, and with integrity, 
and if necessary, will provide resources for buyers to deal with opportunistic behavior by sellers 
(Pavlou and Gefen 2004). 

Trust and Perceived Risk 

Perceived risk is the subjective belief that there is some probability of suffering a loss in pursuit of a 
desired outcome (Pavlou and Gefen 2004). This study defines lenders’ perceived risk of the P2P 
lending platform as the perception of the lender that there is some probability of suffering a loss when 
pursuing transactions on a platform. Based on studies (Mayer et al. 1995) and (Gefen et al. 2003), this 
study views perceived risk as lender fear that stems from the potential for opportunistic behavior on 
the platform (e.g., outright fraud or collapse). In this study, this risk is distinguished from concerns 
related to the nature of the online context or the behavior of entities other than the platform (e.g., 
opportunistic behavior by borrowers). 

A trusted P2P lending platform can be expected to take steps to reduce lender risk. First, a trusted 
platform will reduce transaction uncertainties and prevent opportunistic behavior by borrowers. 
Enforcement steps may include identifying and removing unqualified borrowers or taking legal action 
against delinquency on behalf of lenders. Second, many platforms provide assurances against loan 



  
  

 Twenty First Pacific Asia Conference on Information Systems, Langkawi  2017  

defaults to protect lenders. This absorption of risk by the platform helps to reduce lenders’ actual risk, 
and presumably by doing so also reduces lenders’ perceived risk of transacting with borrowers on the 
platform. Such absorption of risk by the platform also illustrates the degree to which the platform 
itself believes in its own capacity for trustworthiness, because if the platform was indeed too risky, it 
would be unable to sustain such practices and guarantees. Therefore, we hypothesize as follows: 

Hypothesis 4: Trust in a P2P lending platform is inversely related to lenders’ perceived risk of 
investment. 

Trust and Intention of Repeat Investment 

In this study, intention to invest is defined as the lender’s intention to engage in online exchanges on a 
P2P lending platform. Lenders taking part in online P2P lending where there is uncertainty and 
information asymmetry require trust in the platform. By extrapolating from the theory of reasoned 
action (TRA) (Ajzen, 1980), trust can be viewed as an antecedent belief that creates a positive attitude 
toward transaction behavior (Jarvenpaa et al. 2000), which in turn leads to transaction intention. 
Using the same logic,  it has been shown that trusting beliefs in the platform increase buyer intention 
to transact with sellers (Hong and Cho 2011).  

Following the logic of trust-transference, we believe that trust in the platform could affect lenders’ 
repeat investment intention in a P2P lending platform. Lenders who trust a certain platform will also 
trust the borrowers on the platform because of the borrowers’ perceived association with the platform 
(Chen et al. 2014). In contrast, a lack of trustworthiness will reduce lender motivation to continue 
lending on the platform. The effect of trust on lender willingness has been empirically supported in 
research on P2P lending (Sun 2010). Therefore, we hypothesize as follows: 

Hypothesis 5: Trust in a P2P lending platform is positively related to the intention of repeat 
investment. 

Perceived Risk and Intention of Repeat Investment 

Analysis of risk perceptions has long been viewed as an important factor in economic decisions (Chiles 
and McMackin 1996). The relationship between perceived risk and transaction intention is also 
explained by the TRA. Perceived risk increases negative expectations, leading to an unfavorable 
attitude that negatively influences transaction intention (Pavlou and Gefen 2004). Empirical evidence 
supports the expectation of an inverse relationship between perceived risk and intention to lend to 
borrowers on an online P2P lending platform (Chen et al. 2014; Zhang et al. 2014). Therefore, we 
hypothesize as follows: 

Hypothesis 6：Perceived risk from platform is negatively associated with a lender’s intention of repeat 
investment on the P2P lending platform. 

Perceived Benefit and Intention of Repeat Investment 

In this study, perceived benefit is defined as a lender’s belief about the extent to which he or she will 
benefit from investing in a certain P2P platform. Lenders invest in such a platform because they 
perceive many benefits compared to traditional modes of investment (e.g., superior returns, time 
savings, and increased convenience). Thus, in contrast to perceived risk which potentially creates a 
barrier to P2P lending, a lender’s perceived benefit provides a major incentive for investing. 
Consequently, the more lenders perceive benefits from a platform, the more likely they are to engage 
in transactions through that platform.  Perceived benefit has been found to be a critical determinant of 
willingness to lend (Chen et al. 2014; Zhang et al. 2014). Therefore, we hypothesize as follows: 

Hypothesis 7: Perceived benefit of investing through a P2P platform is positively related to a lender’s 
intention of repeat investment. 

Research Methodology 

Data Collection 

A survey-based empirical study was conducted. Online surveys were sent via Sojump (one of the 
largest online survey platforms) and data was collected from April 2016 to July 2016. 1,000 
questionnaires in total were sent to individuals that have investment experience in China’s ten biggest 
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P2P lending platforms, such as Lufax, Peer-to-peer Lender, Ppdai, Red Ridge Venture, Eloancn, etc. 
Incomplete questionnaires were discarded, and in the end, 358 of the questionnaires were deemed 
valid (response rate of 35.8%). The demographics of the respondents are summarized in Table 1. 

Table 1. Sample Demographics 

Total : 358 Frequency  Percentage 

Gender 

Male 203 56.70% 

Female 155 43.30% 

Age  

Under 18  2 0.56% 

18–25 120 33.52% 

26-30 150 41.90% 

31–40  65 18.16% 

Over 40  21 5.87% 

Education 0.00% 

High school or lower  15 4.19% 

Junior college 42 11.73% 

College 215 60.06% 

Graduate school  86 24.02% 

Monthly Income  

Less than 2,000 RMB 49 13.69% 

2,000–3,000 RMB 27 7.54% 

3,001–5,000 RMB 95 26.54% 

5,001–8,000 RMB  98 27.37% 

8,001–15,000 RMB  71 19.83% 

More than 15,000 RMB 18 5.03% 

Years of P2P lending platform use  

Less than 1 year  107 29.89% 

1–2 years  159 44.41% 

2–3 years 71 19.83% 

3-5 years 19 5.31% 

More than 5 years  2 0.56% 

Table 1. Sample Demographics 

Instrument 

This study drew upon the extant literature in selecting items to be measured, and several revisions 
were made to better adapt each item to the context at hand. As suggested in studies (Cohen and Dean 
2005) and (Higgins and Gulati 2006), the construct of top management team heterogeneity was 
measured using the items of top management team experience, educational background, and 
functional background. The construct of investment intention was adapted from the study (Pavlou 
and Gefen 2004), and the items were revised according to the context at hand. 

All items were assessed using a seven-point Likert scale ranging from 1 = strongly disagree to 7 = 
strongly agree. A pilot study was conducted in March 2016: 175 questionnaires were sent to investors 
of the P2P lending platform Multi-Win. Items with high loading values from the scale (< .70)  were 
deleted, and three to four items for each construct were kept in the final data collection (Chin et al. 
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2003). The items measured are shown in Table 2, and the final survey instrument is provided in 
Appendix A. In addition, three control variables, i.e., education, income and prior experience, are also 
adopted in the model analysis. 

Table 2. Items Measured 

Construct Items Measured References  

TMT heterogeneity (TM) TM1, TM2, TM3 
(Cohen and Dean 2005) (Chowdhury 
et al. 2002; Higgins and Gulati 2006) 

Reputation (RE) RE1, RE2, RE3 
(Hsu et al. 2014; Jarvenpaa et al. 
2000) 

Website quality (WQ)  WQ1, WQ2, WQ3, WQ4 (Hsu et al. 2015) 

Trust in platform (TR) TR1, TR2, TR3, TR4 
(Hong and Cho 2011; Kim et al. 2008; 
Pavlou and Gefen 2004) 

Perceived risk (PR) PR2, PR3, PR4 
(Kim et al. 2008; Verhagen et al. 
2006) 

Perceived benefit (PB) PB1, PB2, PB3 (Chen et al. 2014; Kim et al. 2008) 

Investment Intention (IV) IV1, IV2, IV3 (Pavlou and Gefen 2004) 

Table 2. Items Measured 

Structural Equation Modeling Analysis 

The structural equation modeling (SEM) technique was employed since it is able to process multiple 
dependent variables and is effective in handling errors of measurement within unobserved latent 
variables (Chin et al. 2003). SmartPLS was used as the primary statistical tool, and the sample size of 
358 satisfies the requirements for data analysis: either 10 times greater than the largest measurement 
number within the same construct or 10 times greater than the largest construct number affecting the 
same construct (Chin et al. 2003). 

Measurement Model Analysis 

The measurement model was first examined with SmartPLS to analyze the reliability, convergent 
validity, and discriminant validity of the constructs. The analysis results are illustrated in Table 3 and 
Table 4. 

Table 3. Reliability and Convergent Validity Analysis 

Constructs Items 
Factor Loading 
Values T value 

Composite 
Reliability AVE 

TMT heterogeneity 

TM1 0.94 68.53 

0.95 0.88 TM2 0.95 72.02 

TM3 0.91 49.79 

Reputation 

RE1 0.87 44.37 

0.94 0.84 RE2 0.95 72.09 

RE3 0.93 55.67 

Website Quality 

WQ1 0.85 33.79 

0.92 0.75 
WQ2 0.86 48.28 

WQ3 0.87 43.62 

WQ4 0.88 56.35 

Trust in Platform  

TR1 0.91 76.94 

0.96 0.84 TR2 0.92 75.79 

TR3 0.93 82.75 
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TR4 0.90 68.44 

Perceived Risk 

PR2 0.93 18.16 

0.96 0.88 PR3 0.92 15.06 

PR4 0.96 38.93 

Perceived Benefit 

PB1 0.89 53.44 

0.91 0.76 PB2 0.86 43.41 

PB3 0.87 34.51 

Investment 
Intention 

IV1 0.92 54.21 

0.94 0.84 IV2 0.93 66.35 

IV3 0.91 60.41 

Table 3. Reliability and Convergent Validity Analysis 

Reliability assesses how well the items measured for each construct correlate to each other, and it is 
measured by examining whether each construct’s composite reliability has exceeded 0.7 (Chin et al. 
2003). Table 3 shows that the composite reliability all of the constructs exceeded 0.9, suggesting a 
desirable degree of reliability (Chin et al. 2003). 

Convergent validity assesses the degree to which the items are related to the construct as theoretically 
predicted, and it is measured by checking the item loading values and the average variance extracted 
(AVE) for each construct. Table 3 shows that the factor loading value of each item is above 0.85 and 
the T value is significantly high. In addition, the AVE of each construct has exceeded 0.5, illustrating a 
desirable degree of convergent validity (Pavlou and Fygenson, 2006). 

Discriminant validity assesses the differentiation between constructs, and it is analyzed as follows: the 
square root of the AVE of each latent variable from its indicators should exceed that construct’s 
correlation with other constructs (Chin et al. 2003). As seen in Table 4 and Table 5, it is clear that the 
square root of the AVE of each construct is significantly higher than the construct’s correlation with 
other constructs, demonstrating a desirable degree of discriminant validity. 

 

Table 4. Discriminant Validity Analysis 

  TMT RE WQ TR PR PB IV 

Top Management Team  
Heterogeneity (TMT) 

0.94 
      

Reputation (RE) 0.58 0.92 

Website Quality (WQ)  0.64 0.61 0.87 

Trust in Platform (TR) 0.69 0.62 0.64 0.92 

Perceived Risk (PR) -0.06 -0.18 -0.06 -0.17 0.94 

Perceived Benefit (PB) 0.59 0.50 0.56 0.52 -0.01 0.87 

Investment Intention(IV) 0.63 0.59 0.67 0.63 -0.17 0.58 0.92
Note: Diagonal italic values represent the square roots of AVE of each construct 

Table 4. Discriminant Validity Analysis 

Structural Model Analysis 

The structural model was examined in SmartPLS to analyze the path relationship between the 
constructs. The bootstrapping re-sampling method was applied to derive valid standard errors (T-
values) of the parameter estimates (Temme et al., 2006). In order to account for other variables that 
may have had an impact on investment intention, the aspects of age, education, income, and prior 
experience of the investors were included. Figure. 2 illustrates the analysis results of the structural 
model. 
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Notes: **p<0.01; *p<0.05; NS not significant 

Figure 2.  Structural Model Analysis Results 

 

As illustrated in Figure 2, top management team heterogeneity is positively related to investor trust in 
a platform at the 0.01 significance level (β = 0.426, p < 0.01). This supports Hypothesis H1. Figure 2 
shows that reputation is positively related to trust in the platform at the 0.01 significance level (β = 
0.233, p < 0.01), providing support for Hypothesis H2. These results suggest that the reputation of a 
platform can increase investor trust in the platform. Furthermore, website quality is also positively 
related to investor trust in a platform at the 0.01 significance level (β = 0.235, p < 0.01). This supports 
Hypothesis H3, demonstrating that ease of use, clear navigational design, and updated information 
can all enhance investor trust in a platform. 

As hypothesized in H4, investor trust in a platform is inversely related to the perceived risk of 
investing through the platform at the 0.01 significance level (β = 0.178, p < 0.01). This illustrates that 
improving investor trust in a platform can significantly decrease perceived risk. 

As hypothesized in H5, trust in the platform is positively related to lenders’ repeat investment 
intention at the 0.001 significance level (β = 0.205, p < 0.01). Furthermore, perceived risk is inversely 
related to lenders’ repeat investment intention at the 0.05 significance level (β = -0.051, p < 0.05), 
which supports hypothesis H6. This demonstrates that lenders are more likely to invest in platforms if 
they trust them and perceive less risk. 

As hypothesized in H7, perceived benefit is positively related to lenders’ repeat investment intention 
at the 0.01 significance level (β = 0.195, p < 0.01). This is consistent with findings in previous research, 
suggesting that lenders are more likely to invest in P2P lending platforms if they expect a high degree 
of benefit from the platform compared to a traditional financial platform. 

With regard to the control variables, Figure 2 shows that prior investment experience is positively 
related to investment intention, while educational background and income level are not significantly 
related to repeat investment intention. 

The R square of the endogenous variables was then examined. As illustrated in Figure 2, top 
management team heterogeneity, reputation, and website quality together explained 59.8% of trust 
variance in the platform; the R square of repeat investment intention is 61.7%, suggesting a good 
explanatory power of the research model.  

Discussion and Implications 

Summary of Results 

This study helps outline the decision-making process of lenders in which trust, perceived risk, and 
perceived benefit influence repeat investment intention in online P2P lending platforms. The study 
shows that top management team heterogeneity, reputation, and website quality increase lender trust 
in an online P2P lending platform. Lender trust, in turn, reduced perceived risk and increased 
intention to repeatedly invest, even when prior experience was included in the model. Perceptions of 
the organizational factor and IT factor (top management team heterogeneity and website quality, 
respectively) were the strongest predictors of lender trust in the platform. The marketing factor 
(reputation) played a weaker role. Consistent with our expectations, the three signals indirectly 
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influenced perceived risk through trust in the platform. Finally, perceived benefit was shown to be 
positively related to repeat investment intention. 

Theoretical Implications 

Based on the findings of this study, several points are worthy of consideration for theoretical 
development. First, although previous studies have used a trust-based model to predict lender 
investment intention (e.g., (Chen et al. 2014), (Zhang et al. 2014)), only a limited amount of research 
has been conducted to test the role of trust in repeat investments in the online P2P lending context. 
This study developed a comprehensive theoretical model that integrated trust in the platform, 
perceived risk, and perceived benefits, as well as a range of important signals for enhancing lender 
trust in the platform, namely TMT heterogeneity, website quality, and reputation. By distinguishing 
among these concepts both conceptually and empirically, this study has provided important insight 
into their distinct roles in the online P2P lending investment decision-making process. 

Second, the study found that lenders’ trust in a platform helps reduce their concern about suffering a 
loss when investing in the platform; this benefit is discerned based on lender reactions to excellent 
reputation, good website quality, and a strong top management team background. This finding has 
important implications for P2P lending platforms in general where the legal environment is not yet 
sound, and hence existing or new market-driven mechanisms may prove as effective as legal 
regulation. The research findings further enhance the extant literature by revealing the mediating 
mechanism of trust and perceived risk on an individual’s investment intention in online P2P lending 
platforms. 

Third, the study is another contribution to research on trust in the context of P2P lending platforms. 
While past research mostly focused on lender trust in borrowers, this study examined lender trust in 
the platform itself, and empirical results show that lender trust in the platform as a whole tends to 
increase repeat investment intention. This finding suggests that trust may transfer from a platform to 
the community of borrowers on the platform. More research will be needed to identify factors that 
facilitate the trust transfer process in P2P lending platforms. 

Implications for Practice 

This study also highlights several important practical implications, especially for the business 
operators and developers of P2P lending platforms and. First, operators of such platforms need to 
build trust by signaling credibility to P2P lenders. For example, in addition to disclosing details about 
their TMT background information on the website, they need to build reputation and brand power, 
which can assure lenders that the platform is credible and reliable. Moreover, operators need to 
maintain high-quality websites as lenders may view website quality as an extrinsic signal, using it as a 
surrogate for perceived credibility. Operators can publicize their initial and ongoing efforts to develop 
a high-quality platform through operating report releases, social media, and consumer surveys 
soliciting feedback on user experience. Industry awards and recognition can provide external 
confirmation and further strengthen credibility. 

The second implication is that because perceived risk was identified as a significant factor that reduces 
lender intention to continue lending on a platform, strict risk control methods and mechanisms must 
not be underestimated or ignored. Platform operators should do their utmost to bring risks from 
online transactions and loan defaults under control. More specifically, they should maintain and 
reinforce an image of reliability. For instance, they can provide third-party services, such as insurance 
and loan guarantees, to reduce risks. 

Finally, the rapid development of P2P lending platforms makes it relatively easy to switch from one 
platform to another. Trust in a platform and perceived benefit are significant drivers of repeat 
investment intention, but these perceptions are extremely fluid and dynamic, which places the onus 
on the operators to continually improve platform quality. This is because any shortcomings in 
comparison to a competitor could result in lost investment, even if the platform is perceived to be 
beneficial. Smaller P2P lending platforms, with fewer resources at their disposal to gain lender trust, 
may consider operating their platforms through strategic alliances with well-known institutions, such 
as venture capital firms and banks. 
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Limitations 

The results of this study should be interpreted carefully in light of certain limitations. First, the sample 
only included active online P2P lenders. The results may have been influenced by self-selection bias. 
Lenders who had already ceased to invest in online P2P lending platforms might have different 
perceptions about the trust in a platform, risks, and benefits. Therefore, the results should be 
interpreted as only explaining the repeat investment intention of current online P2P lenders. 
Establishing whether the results can be generalized to disaffected lenders will require additional 
research. Second, as the data are cross-sectional, all of the statistically supported relationships can 
only be viewed as tentative. Third, although common method bias was assessed based on Harman’s 
one-factor test (Podsakoff and Organ 1986), which showed that common method variance was not a 
major concern, statistically, common method bias cannot absolutely be ruled out. 

Conclusion 

Online P2P lending has emerged as an immense success story, providing an interesting context for 
researchers. Motivated by the importance of trust in the platform, perceived risk, and perceived 
benefit, as well as the significant gap in the previous literature regarding continual investment 
intention, this study identifies a comprehensive set of perceived credibility signals and explains their 
effect on lenders’ continued investment intention in P2P lending platforms. According to the findings 
of the study, different credibility signals do have different effects on the perceived benefit and 
perceived risk of investment. These findings have not only enhanced our understanding of the 
decision-making process of online P2P lenders regarding investment and the nuanced differential 
effects of perceived credibility signals, but also provide important information to P2P lending 
platform operators. They can leverage these results to better motivate lenders; more importantly, with 
a better understanding of the relative strength of each signal, they will be more effective at enhancing 
a specific aspect of management of the platform. 
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Table A1. Survey Instrument

Constructs Items 

Top management team 
heterogeneity (TM) 

TM1: The top management team has diverse prior industry 
experience. 

TM2: The top management team has educational background 
heterogeneity.  

TM3: The top management team has functional background 
heterogeneity. 

Reputation (RE) 

RE1: The P2P lending platform I chose is well known.  

RE2: The P2P lending platform I chose has a good reputation.  

RE3: I'm familiar with the name of the P2P lending platform I chose. 

Website quality(WQ) 

WQ1: The website of the P2P platform which I chose is easy to use.  

WQ2: The website of the P2P platform which I chose is well designed 
for users.  

WQ3: The website of the P2P platform which I chose provides 
sufficient and reliable information.  

WQ4: The website of the P2P platform which I chose provides up-to-
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date information. 

Trust in platform (TR) 

TR1: The platform which I chose is able to protect the interests of 
lenders. 

TR2: The systems and policies implemented by the platform which I 
chose protect lenders. 

TR3: The platform which I chose tries its best to satisfy the requests 
and needs of its users. 

TR4: The platform which I chose is trustworthy. 

Perceived risk (PR) 

PR2: Investing on this platform would involve more financial risk 
compared to more traditional forms. 

PR3: If I were to bid for a loan request on this platform, I would be 
concerned about whether the platform would ensure transaction 
security. 

PR4: If I were to bid for a loan request on this platform, I would be 
concerned about whether the platform would protect me against 
fraudulent borrowers. 

Perceived benefit (PB) 

PB1: The turnover time of my investment is short if I lend to a 
borrower on this platform. 

PB2: Lending to a borrower on this platform is a good opportunity. 

PB3: I think this platform is convenient. 

Investment intention (IV) 

IV1: Given the chance, I would consider lending money to borrowers 
on the same platform in the future.  

IV2: It is likely that I will bid for loan requests on the same platform 
in the near future.  

IV3: Given the opportunity, I intend to place a bid on the same 
platform.  

Table A1. Survey Instrument 
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