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golz  AEd, ot BWEWUAA A¥y A W
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g0l AAE Fd A e ZE&EH . dEAHA A9
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2010 @ Microsoft AkelAl W &< Photosynth ¢} %

rlo
>,
N

Bl =35l7] AlZE Augmented Reality(AR)Y Al#lE £, A]ZHA
olmz1 o} I E] AFgE Tl EHE FA (subject) S HAA]=
A A (A, object)e] FA= W37} St FAo|th. =
stol Hl A2 welt-bild o] thet #HS A AN Al Z-A A A (visual
regime) | A1 9] FA & AA 2P #AC i dmel=v] AAH
(Reconfiguration) ©.2 At =, 2% b A (viewer)
Ao ARE AAE He Zlo] oiyeg, dudgoz I FE
A"l S ol AR B S0 dAdHIL dve Aot dE

So] Photosynth £ TR AlgSo] Ae @ AWEL R

Bug wWass Aoz slast AAZoRM ARdA A<

Uricchio = <183 #v & Culler & 0|2 7133 #AHE
B3t FA A TA FHel ddl AAS leEd dvk .

of 3 2} (traveler) = AFeFAl 2 #HF2 (tourist) W S7Fsk= A E 7}

31 1



ALl 3oz 7 Aduith 7] 3 (marker) b A AR

wj Folgt= F#o|t). Culler & MacCannell @ X3S Wo] Azt

v}

A1Ad 3t Zqd (Sight  Sacralization) ©] YA, 2= <2l
HFAAA  odE V& A om A7t adFe=A A e

JEAgel WANGL Ak voloprtet HEe] 3k PEAo]

a0l ‘Yolotrtgr EX L RE3 A 11 ZX AAS
voel ARA g glelge, ColEHE FANE ARE A=

1 TH(Rien n' est plus ennuyeux qu un paysage anonyme) &
Prosper Mérimée ©] TdS Z2E3tH(15)(28].
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Feod slel AgA dazgasy gAd
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2] ¢] (annotational) S &AZ AFIPT(3]). & AFAE o £
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HelH= #3dn. 3 S48 Aot dHlxd daire 12€
o

Data label query A Al 7]
Aleppo (T8 %) Aleppo 2011~2016.12
Paris attack 2015. 11
Hebdo 2015. 01
Berlin truck 2016. 12
Europe/USA (A7 %) Nice truck 2016. 07
Brussels attack 2016. 03
Munich Olympia 2016. 07
Orlando nightclub 2016. 06
(% 1) deld £3 d4 24 =25

M2 Zo]E oA = Aleppo, Paris attack, Hebdo, Nice truck,
Berlin truck, Brussels attack, Munich Olympia, Orlando nightclub
52 A4 APz Ad. A=A oA @ Ad, Add o)
shitel wolz B4d A4 2 ABS vre 293w

1

AT AlolE M AES E& Terror ETF Attack ©] F=

rl

i
o,
[m
lll
e
o,
N
f
s
ofo
3
n
t
r {
5=
i)
o,
)
L
i
rlo
gL_rl
<0
)
o,



dojt H-E& 18, paris attack & T2 11 Dol dojd A S
hebdo & 1o UA AEY P AEAF HEy AHAS tF1 U7

W we Aagc, 9soAs adz AP AL A

> [ wwairen . o w °
= A v
REUTERS =) g o
e Gl e s < o Rt it o+ s omd
P
et @ N
..... )
Siay 4
Search Results for “aleppo”
7 S a1l o 0 o 5
NEWS COMPANIES VIDEOS PICTURES 0T pak .
@pdn . prres ]

LAY S —

L [
(18 5) 2ol At E(&Z)sh & Axeh obgho] fAtelE H4) 3w
& AA T Aol ES) AF o] AR EZFT obd obgto

AblEE T o Ad. o Az AdEUAd Jofatel BVt

2005 9 =& @¥A BBC oA 43 28zZE diA A&An

Tl meE Gl ARESCA wE Zdzr Awm

wireltt(42]. & Aol Adana s A2 oA

HhEtEE obs,  obgtelAd wietE= Al whebd obghold

AelEE ZASE Ao $rha

G, H2A FAele ZolHs

10 https://www.aljazeera.com

11 https://www.aljazeera.net
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EAFSHAl A A WE, hebdo Y olympia A H SAA = Hol
AuHos ¥ v AR YeET. 3% Y2 HEE paris
attack ¥, #d dde w2 HAE =Y "y 9 AR

© 2 Y¥EY paris attack, german attack = ZH7}

td
-
Y,
ﬁl
rr
S,

=3a] A3 th. Aleppo, Paris Attack, German Attack, Orlando,

Brussels Attack 5= °olgolZ WS Fg= &8,

2olH A ARZL & & AR A ARZL &
Aleppo 6861 > (aleppo) 11388
Paris attack 1287 poxd g, (paris attack) 634
Hebdo 348 p9=d dulolVl (german attack) 44
Nice truck 156 935Y,91 (Orlando) 21
Berlin Truck 288 poxd JuuSgy (brussels attack) 38
Brussels attack 487
Munich Olympia 60
Orlando nightclub 232

TEL dUx AHE FAHeER v Fa, fHLS UHA
HolHE %38 Hetn dlx AR $ o7 tth & Holtr},

O

2ol A% 6861 & W 2858 #, & AA = 11388 F U

787 Aolth. BAMA] o2 At (normalize) 3F7] 3 AR
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TFe 4 w2 28I, HolHe & AAH T 2w &
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& X2k 20l
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” @ () sse=msne
AM\RM\ &8 x4
O \

Quelz/QuK \ AE\RE \%%: x|

ol
=

rr

(29 6] & 79 dolH a5 =4. AM2 & AAte] FF A9, AE

Lt

AA e fUAY, RM e 2olHe 3% A9, REE ZolHY &7 A9 1

AHE 2 Ase BAEy] e "Ed API £ 2edd
tg=d 7oA A 7sE API 71edH ABol T o=

Amazon, Microsoft, Google & 7]%&°] &#z2t). o] 7F&d AlE

el e Amazon o A& A3, FH @A MS 9 75e

ojZo] WolFt A3 WA 2zt

)

gesr. AdAomy

API7} 2 A7l Agstrtn dw3)7] ool
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FRE e A WA, REE AR A onASelt,
=, o7 Ao A sled Az oAd wa A} duw
Aotk & AFoA e o] AR 71A ] Agste AAA A&
Foluza @tk WA o| ome] els] Apel HAEA
goldlol @ T 71N wehe SmE, otelAQ g =elu
AZI7F obd REAEE 2E(aE 2 ABA BRAT)EAM ] FHS
=@ olEe AE AR Agelx, ‘BEE oo
olyx, wetA 2EZEFHY Azle HER e d4 Y=
Aalop @rhe AFe] 97 wWEelY. A AR
geth, Abgel ¥ Roltd g o|&d  wep(13), &
Aol e At G2o] F& e 4L st o

people 0.99264366

person 0.99264366

human 0.99257965

alley 0.93618599

alleyway 0.93618599

road 0.93618599

street 0.93618599

) town 0.93618599

(3% 3) Amazon API9] 93] A=H —

kicking 0.8101561

AbE doled A= A baby 0.66784905
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Ao A g3 ofnfE AJH] ~(Amazon Rekognition Service)
API = AtEd A& digd #AE adHe=w v, F359
T2 (Google) ol W} mlo] A2 AZE (MS)olA] A&+ Open API

Hlel AlE @AE AAczm AASHA sta, Z AbEel Wi

#o|t}.12 JPEG ¥} PNG 4ol 2% 7158k, A 15MB 27 <]
oA dE AT 4 Stk BHE Hd 712 2 A= A}

& 80 WA oA AL Hed, AA olpA Ase 5%

dol & (label) 2 7oL 3T o] EEI™ Abg I oWl EC] AR,
ob7], ZIBtel 2E7F So7ba, 43 SRl AMet M=9A 7
s=o N, nFol7t, 2x= 3B HAdE T, o7, HYZz=Tt

Solsbe Holtt, Aol BAE 1 AL T 3 AAY 7H5A,

2 https://console.aws.amazon .com/rekognition/home?region=us-east-1#/label-

detection
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§e O AAe AP ZolH AT aFelth AT 189 BE

o

54 AAZE AQEd HHA dgSE ¢ F dE dXFelt. 1
FTAMNE & AAZH AF 252 AT (selfie) 9} Z7 (portrait) <]
A7t ZolHEG E/ veEed, o 4= AsARE 2
5% Q&9 AEFY Fuidle d=ZE g g vl Zo] &
AolgtnxE B £ Qv X dEd ¢ AAZEY

BolHAA o FA4 AL FES EHZ F dd. EFHIY

AAR, AW, R, ekl mgel AT dedd gdudes

9@ wA7L wek ez dadE R0 A9, odole],
AR e F7 BAS, AT e dad £4 2L FE BS
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F 2] 3} 1L (face detection), I ¥=o] Holx HAHS ZF 8 714
¥l 2 73 (emotional recognition) ©|& FX = AWseE AS
A= Ei= o £ (Anger) ¢+ 74 (Contempt),

I & (Disgust), &¥E(Fear), 35 (Happiness), < # (Neutral),
=4 gto] = (normalize) hot. whebx] Zhzho] e HIS R wfAXIT

olx ¥ wddolzrt HW B 2 AUA ¥mE sHEsict,
2 odpe 24 AP
Az Hluwd waw, 7t TRAES9 AR & FPEol FHxA

aFRG SR AFAN EAAoR fodA =L Aom

Poueld® e ojgn] dide] ZAMol A Al e}l 2017.03.10.
http://www.zdnet.co.kr/news/news_view.asp?artice_id=20170310181149
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4 Microsoft Cognitive Service, Emotion API.

http://dev.projectoxford.ai/docs/services
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Aoz detyth ot & Axete] gdE REARS AT
HEARIGAS FH9 &F, ZolHd LU AR AT
AN Y B, & AAere] ST AT zolHe THE
AR gl AR, & AAg AT AR zolHe AT
AR agNY FY, ¢ AAest et LelEst ZolE st
s 7o dAeR FY, U3 w9, wpAgon &
AA g B AT ZolHA B FATANMY AL E
ARALE  JZ@rh. Hom o B dd  ApEe
aFelea Byl FETE el

ot WA - A EHoRE H4T 5 Uk vFelrh @
ARG} vEE 247 dHele Ade wEdn F97 2T
Agglel REAGR @ 5 U3, 2olHe ASd P
Medtn B+ vk G ¥ 9@ REARGA % AAe,
Zole & A glol ARAIA ozt gvkm B & dm, AT
el FYAA el Abel Dk, wmtem 7 wA st
AN AGe RES @ 44 FY, wgd Do WL
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SR Bla BE b
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D SEoEEEXY
C) ueE|QUXIY

]

(2% 9] 2t &S 4 A& v AEdvdn 27 & AHE (p>0.05)

HAHE

AL
i

Holz Sl& A

i

AR (F 12)dA4 B F e AY Zo] RolH7F HEI
% Aol A uREe T g Hiol =A Jgm, &
AR 27 mbb R ol Aol Ao, ZolElzp wighE

FHAAM FHe Aol & aFol vl =4 4o

AM AE RM RE
B 0.0233513 0.00320715 0.025879 0.0229063
733 0.007367 0.0098980 0.0068638 0.0079205
A% 0.0068422 0.0090644 0.01005 0.007051
TE 0.0019143 0.003511 0.0062501 0.002887
PR 0.0019544 0.1038009 0.125059 0.0864905
=4 0.7857 0.7771 0.6882 0.7914
e 0.032977 0.037533 0.100583 0.059120
=% 0.0211407 0.0270511 0.0370719 0.0221828
(3 5] 2t 254 23 Ho
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(93 1) 2olES @ A A & AR B4 AT (39

20 7H)
20 &5 Z2O0[E MT
label N =R Freq scorel label MR =F Freq score2
Person 0.964075345 4168 4018.266038 Person 0.971821291 2136 2075.810278
People 0.985233489 3937 3878.864246 People 0.984541713 2061 2029.14047
Human 0.991202308 3886 3851.812169 Human 0.991064574 2032 2013.843214
Town 0.599563143 2930 1756.720009 Crowd 0.683825476 871 595.6119896
Rubble 0.763457988 1953 1491.033451 Vehicle 0.78569382 659 517.7722274
Road 0.593332328 2497 1481.550823 Downtown 0.56549676 713 403.1991899
Street 0.59872834 2230 1335.164198 Road 0.559915263 671 375.7031415
Alley 0.606408618 1954 1184.92244 Plant 0.870285851 430 374.2229159
Alleyway 0.607744569 1926 1170.51604 City 0.549629408 659 362.2057799
Vehicle 0.779143358 1415 1102.487852 Military 0.71876207 503 361.5373212
Downtown 0.577064161 1871 1079.687045 Town 0.557635605 643 358.559694
Building 0.584119859 1825 1066.018743 Parade 0.676795749 482 326.215551
Military 0.727085103 1211 880.5000597 Potted 0.921622097 350 322.567734

Plant

Child 0.568604252 1421 807.9866421 Car 0.786124594 405 318.3804606
Army 0.758978597 1057 802.240377 Carnival 0.615406518 509 313.2419177
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Kid 0.569987702 1388 791.1429304 Street 0.556274368 556 309.2885486
Outdoors 0.586877971 1301 763.5282403 Festival 0.616884659 500 308.4423295
Soldier 0.73926818 1030 761.4462254 Urban 0.542556207 549 297.8633576
City 0.562688182 1274 716.8647439 Architectur 0.665202986 440 2926893138
e

Architectur 0.601621398 1188 7147262208 Clothing 0.62834173 445 279.6120699
e
g xxet 5 & Rx|eE M

MR EF Freq scorel MR =™ Freq score2
Person 0.957443341 7367 7053.485094 Person 0.972437369 609 592.2143576
People 0.966603234 7149 6910.246516 People 0.98329378 587 577.1934486
Human 0.990966412 6782 6720.734203 Human 0.99121035 578 5729195823
Vehicle 0.769710434 2098 1614.852491 Vehicle 0.782871482 184 144.0483527
Rubble 0.785168032 1833 1439.213002 Crowd 0.702879117 194 136.3585487
Crowd 0.708524555 1909 1352.573376 Selfie 0.556573151 188 104.6357523
Army 0.781996418 1615 1262.924215 Clothing 0.683288213 148 101.1266555
Military 0.73876999 1640 1211.582783 Car 0.740950442 126 93.35975574
Selfie 0.54486665 2060 1122.4253 Portrait 0.584433619 154 90.00277725
Clothing 0.670442117 1616 1083.434461 Overcoat 0.721330185 110 79.3463203
Town 0.572941257 1863 1067.389561 Speech 0.814635811 94 76.57576622
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Soldier 0.748731336 1414 1058.706109 Parade 0.683110809 112 76.50841064
Outdoors 0.597047739 1688 1007.816583 Military 0.728600975 102 74.31729946
Downtown 0.577409426 1738 1003.537582 Suit 0.75386491 95 7161716648
Building 0.570958434 1757 1003.173968 Plant 0.82264789 87 7157036644
Road 0.570224478 1729 985.9181216 Van 0.670532879 105 70.40595234
Portrait 0.567031968 1567 888.5390937 Face 0.561947535 123 69.11954685
Car 0.693633421 1275 884.3826115 Officer 0.845702497 81 68.50190224
Face 0.546233485 1465 800.2320561 Downtown 0571710617 119 68.03356342
Poster 0.765209472 994 760.6182152 Automobil 0.770513388 84 64.72312458
e
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(87 2) 2 2F9 AR B FS

AM New Score AE New Score

Person 0.61937874 Person 0.80354729
People 0.60680071 People 0.78316614
Human 0.59015930 Human 0.77736714
Vehicle 0.14180299 Vehicle 0.19545231
Rubble 0.12637978 Crowd 0.18501838
Crowd 0.11877181 Selfie 0.14197524
Army 0.11089956 Clothing 0.13721391
Military 0.10639118 Car 0.12667538
Selfie 0.09856210 Portrait 0.12212045
Clothing 0.09513825 Overcoat 0.10766122
Town 0.09372932 Speech 0.10390198
Soldier 0.09296681 Parade 0.10381059
Outdoors 0.08849811 Military 0.10083758
Downtown 0.08812237 Suit 0.09717390
Building 0.08809044 Plant 0.09711040
Road 0.08657517 Van 0.09553046
Portrait 0.07802415 Face 0.09378500
Car 0.07765916 Officer 0.09294695
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Face 0.07026976 Downtown 0.09231148
Poster 0.06679120 Automobile 0.08781970
Parade 0.06454618 Soldier 0.08396665
City 0.06386055 Road 0.08179597
Overcoat 0.06280447 City 0.08059743
Smoke 0.05984068 Police 0.07257986
Suit 0.05981991 Army 0.07229007
Plant 0.05885045 Potted Plant 0.06903048
Military

Architecture 0.05855512 Uniform 0.06317636
Military

Uniform 0.05792811 Town 0.06252233
Street 0.05709049 Carnival 0.06202511
Flyer 0.05670667 Festival 0.06056799
RM New Score RE New Score
Person 0.58566769 Person 0.72631570
People 0.56534969 People 0.70998616
Human 0.56140681 Human 0.70463373
Town 0.25604431 Crowd 0.20840167
Rubble 0.21732013 Vehicle 0.18116593
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gl




Road .21593803 Downtown .14107739
Street .19460198 Road .13145666
Alley .17270404 Plant .13093873
Alleyway .17060429 City .12673400
Vehicle .16068909 Military .12650011
Downtown .15736584 Town .12545825
Building .15537366 Parade 1141412

Military .12833407 Potted Plant .11286484
Child .11776514 Car .11139974
Army .11692761 Carnival .10960179
Kid .11531014 Street .10821852
Outdoors .11128527 Festival .10792243
Soldier .11098181 Urban .10422090
City .10448400 Architecture .10241053
Architecture .10417231 Clothing .09783487

Military

Hat .09901726 Uniform .09117430
Urban .09139809 Hat .08817483
Car .08534302 Officer .08663419
Crowd .08409645 Automobile .08376080
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gl




Ruins 0.07871840 Selfie 0.08187211
Soil 0.07662301 Soldier 0.08001191
Baby 0.07014925 Building 0.07429721
Rock 0.06528790 Outdoors 0.06760960
Clothing 0.06434085 Portrait 0.06535835
Neighborhood | 0.06113458 Army 0.06360991
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Abstract

A Study on the Syntactic
Structure and Media Bias of

Press Photographs:

Focusing on the analysis of visual data on the

media reports of Europe and the Middle East
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This study addresses a methodology for the machine to adapt
grammatical interpretation of images. Contrary to humans, who can
'closely-read' the photo, machine interprets the image based on large
data set, so the deduction is unavoidable. We propose that applying
syntax analysis to the image could offset losses and improve machine
to perform contextual interpretation. To prove this assumption,
we ve measured the bias between European and the Middle East
media with deep-learning api, which detects objects and emotions in
photos. Accordingly, we could statistically calculate differences on
views of both media. We also have examined the weight and the
position of each object, to trace the syntax structure. Thus, we
1dentified the grammatical substance in news images. Our goal is to
build up a basis of structural analysis on photographs, thereby

expecting to contribute to the development of computer vision.

Keywords: Syntactic Methodology; Media bias; Image Recognition;

Affective Computing; Data Journalism

Student Number: 2015-26101
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