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When mortality statistics are reported for infectious diseases, they commonly reflect the ratio for the entire population impacted from it. This causes an underestimation since the frail members of the population are impacted at a higher rate. With the remaining
healthy members, the mortality rate becomes skewed. With this project, we study predicting mortality under varying frailty conditions to account for the hidden heterogeneity's impact on the parameter estimates.
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 Weighted Distribution
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Compartmental Disease Models
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Our final model is -

Unvaccinated individuals

become frail to the virus  We attribute the improvement in the older age group’s mortality rate to the

Some commonly used weight functions: improved health care for the elderly patients during the last decade.
w(d) =2, w(d) =22, w(d) = A, or w(l) = et

 With accurate mortality prediction healthcare resources may be allocated
more effectively.




