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in robotic ambiguous scenarios

Andrea Soltoggio

‘Neurorobotic systems learn with difficulties when a continuous flow of information and delays make the cause-effect relationships ambiguous. :
The Hypothesis Testing (HT) plasticity proposed in this study models learning dynamics that account for ambiguity in the sensory-motor
information flow improving drastically discrimination capabilities and memory capacity with respect to previous models. The new rule models
consolidation to long-term memory and helps solve the plasticity-stability dilemma.
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Ambiguous cause-effect relationships
with delayed rewards
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Hypothesis Testing Plasticity. Addition of

1) short-term and long-term components

2) hypothesis testing potentiation and depression with
negative baseline modulation (term b)
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, " NEURO-ROBOTICS APPLICATIONS : combination of skills——
Consolidation of W;i(t) = wjz (t) + wji(t) Previous experiments with RCHP can now be all combined and expanded
i : S thanks to the increased memory capabilities and different learning scenarios
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HT-plasticity in a network model
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Classical conditioning:
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effect relationships multiple associations Conclusion. The HT-plasticity improves both exploration and
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