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Abstract 

Background Depression has been associated with increased inflammatory proteins but 

changes in circulating immune cells are less well defined. 

Methods We used multi-parametric flow cytometry to count 14 subsets of peripheral 

blood cells in 206 cases of depression and 77 age- and sex-matched controls (total N = 

283). We used univariate and multivariate analyses to investigate the 

immunophenotypes associated with depression and depression severity.  

Results Depressed cases, compared to controls, had significantly increased immune 

cell counts, especially neutrophils, CD4+ T cells and monocytes, and increased 

inflammatory proteins (C-reactive protein, CRP, and interleukin-6, IL-6). Within-group 

analysis of cases demonstrated significant associations between the severity of 

depressive symptoms and increased myeloid and CD4+ T cell counts. Depressed cases 

were partitioned into two subgroups by forced binary clustering of cell counts: the 

inflamed depression subgroup (N=81 out of 206; 39%) had increased monocyte, CD4+ 

and neutrophil counts, increased CRP and IL-6, and was more depressed than the 

uninflamed majority of cases. Relaxing the presumption of a binary classification, data-

driven analysis identified four subgroups of depressed cases: two of which (N=38 and 

N=100; 67% collectively) were associated with increased inflammatory proteins and 

more severe depression, but differed in terms of myeloid and lymphoid cell counts. 

Results were robust to potentially confounding effects of age, sex, body mass index, 

recent infection, and tobacco use. 

Conclusions Peripheral immune cell counts were used to distinguish inflamed and 

uninflamed subgroups of depression and to indicate that there may be mechanistically 

distinct subgroups of inflamed depression.   
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Introduction 

There has been recent growth in the evidence for an association between depression 

and inflammation. Increased blood levels of inflammatory proteins (cytokines, like 

interleukin-6 (IL6), and C-reactive protein (CRP)) and increased expression of innate 

immune-related genes have been repeatedly reported in case-control studies of major 

depressive disorder (MDD) compared to non-depressed controls (1-6). There is 

experimental evidence that inflammation can cause depressive behaviours, both from 

animal studies showing that exposure to pro-inflammatory cytokines results in social 

withdrawal and anhedonia (7), and from human studies demonstrating that treatment 

(for hepatitis) with a pro-inflammatory cytokine (interferon) is followed by increased 

incidence of MDD (8). Convergently, meta-analytic reviews of clinical trial data have 

consistently demonstrated that anti-inflammatory drugs can significantly improve mood 

and fatigue symptoms, measured as secondary endpoints, in cases with major 

inflammatory disorder (9-11).  

 

Thus inflammatory mechanisms could be plausible targets for repurposing or de novo 

development of anti-inflammatory drugs for anti-depressant efficacy in cases with 

“inflamed depression”, i.e., clinical symptoms of depression associated with clinical or 

biomarker evidence of inflammation. Inflamed depression hypothetically includes cases 

of “co-morbid” depression associated with major medical inflammatory disease; as well 

as a subgroup of MDD cases with low-grade inflammation detectable by blood or brain 

biomarkers. The concept of inflamed depression as a subgroup of MDD implies that 

there is an un-inflamed subgroup of cases who are depressed without any evidence for 

inflammation. This is an important distinction to be able to make in the design of clinical 
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trials for immunergic anti-depressant drugs, which should be precisely focused on the 

cases most likely to have a positive benefit:risk response to treatment.  

 

Blood proteins – like cytokines and CRP – have been the focus of most immune 

biomarker research in psychiatry, to date; the potential utility of cellular immune markers 

has been relatively under-explored (12-18). Most case-control studies of leucocyte 

subsets have used small samples, limited immunophenotyping panels, and have 

generated somewhat inconsistent results. Depression has been reproducibly associated 

with leucocytosis, increased neutrophil to lymphocyte ratio, and increased ratio of CD4+ 

to CD8+ T cells (19-21). However, there are less consistent results concerning 

regulatory T cells, Th17 cells, natural killer (NK) cells, monocytes, and B cells (12-16, 

18, 22). Other psychiatric disorders, including schizophrenia, bipolar disorder and 

autism have also been associated with altered cell counts (23-25). Notably, most prior 

studies have measured the relative frequency of each immune cell subset in proportion 

to the superset of peripheral blood mononuclear cells (PBMCs). Such relative cell 

counts are difficult to interpret since a decrease in the relative proportion of any given 

subset may reflect either an absolute decrease in their number or an absolute increase 

in the number of another PBMC subset.  

 

We measured absolute numbers of 14 immune cell subsets from peripheral blood 

samples in 206 cases of depression and 77 healthy controls. We used multiple 

univariate and multivariate methods to identify cell counts that were significantly 

different between all cases and controls, and to explore the correlations between 

immune cells, inflammatory proteins and clinical variables. We tested the hypothesis 
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that a subgroup of depressed cases would have peripheral inflammation (26, 27) by a 

“top-down” analysis, dividing the cases into two subgroups based on their immune cell 

profiles, then testing for significant differences between them in terms of inflammatory 

proteins and clinical variables. We also used a more “bottom-up” or data-driven analysis 

to identify a theoretically unconstrained number of immune cell-stratified subgroups of 

cases and then tested for immunological and clinical differences between subgroups.  
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Materials and Methods 

Study design 

This was a case-control study of peripheral blood cell counts in depression cases and 

healthy controls.  

 

Depression cases were ascertained as those participants who screened positive for 

current or past depressive symptoms on the SCID screening questionnaire (28), 

completed the Hamilton Rating Scale for Depression (HAM-D), and screened negative 

for bipolar disorder or non-affective psychosis. 114 cases (55%) had moderate-severe 

depressive symptoms (HAM-D ≥ 17), of whom 61% were currently taking anti-

depressant medication; 50 cases (24%) had mild depressive symptoms (HAM-D 8-16) 

of whom 90% were currently medicated; and 42 cases (20%) had minimal depressive 

symptoms (HAM-D ≤ 7) of whom 100% were medicated. By design, this was a clinically 

heterogeneous sample inclusive of depressed cases across a spectrum of symptom 

severity and antidepressant medication exposure. 

 

Matched healthy controls were recruited from the general population by advertisement 

and defined as participants with no personal history of depression, no previous 

antidepressant treatment for any indication, no history of any major psychiatric disorder 

as defined by SCID screening questionnaire, and by current HAM-D total score <7.  

 

All participants satisfied inclusion criteria including age 25-50 years, and exclusion 

criteria including major medical disorder and immune-modulating drug treatment; see SI 

Methods for full list of eligibility criteria.  
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All study assessments were completed at one of five UK centers as part of the 

Biomarkers in Depression (BIODEP) study (4), which was approved by an independent 

research ethics committee (National Research Ethics Service East of England, 

Cambridge Central, UK; 15/EE/0092). All participants gave informed consent in writing 

and received £100 compensation.  

 
Assessments 

Participants completed the following clinical assessments and self-report 

questionnaires: Hamilton Depression Rating Scale (29); Beck Depression Inventory 

v2.0 (30); Chalder Fatigue Scale (31); Snaith-Hamilton Pleasure Scale (32); State-Trait 

Anxiety Inventory (33); Childhood Trauma Questionnaire (34); and Life Events 

Questionnaire (35). Height and weight were measured to calculate body mass index 

(mass / height2). For 269 of the 283 participants, the HAM-D, CRP, absolute cell counts 

and flow cytometry were measured in the same month; and, for all participants, these 

assessments were completed within 80 days.  

 

Fasting venous blood samples were taken between 8am and 10.30am for measurement 

of absolute blood cell counts (neutrophils, eosinophils, basophils, lymphocytes, 

monocytes, red cells and platelets); flow cytometry (CD4+ T cells, CD8+ T cells, B cells, 

classical monocytes, non-classical monocytes, intermediate monocytes, CD16hi NK 

cells, CD56hi NK cells and NKT cells); high-sensitivity C-reactive protein; lipid profile; 

and plasma interleukin-6 (IL6).  

 

Immuno-phenotyping 
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Flow cytometry was performed on fresh PBMCs using live-dead stain and antibodies 

against CD3, CD4, CD8, CD19, CD56, CD14 and CD16 (Table S1). Data were 

manually gated, blind to case/control status of each participant, according to the 

strategy in Figure S2. Flow cytometry counts were recorded as percentages relative to 

larger cell subsets, then multiplied by the relevant absolute cell counts to calculate 

absolute cell counts used in this study. For example, the absolute count of classical 

monocytes was calculated as the proportion of total monocytes that were classical 

monocytes (measured by cytometry) multiplied by the absolute number of monocytes 

(from the absolute cell count). This allowed calculation of absolute cell counts for CD4+ 

and CD8+ T cells; classical, intermediate and non-classical monocytes; CD16hi and 

CD56hi NK cells; NKT cells, and B cells (see Table S2 for all calculations).  

 

Statistical analysis 

All analyses were performed in [R] version 3.5.1 (R Core Team, 2018): see Data 

availability for code. P-values were corrected for multiple comparisons using the 

Benjamini-Hochberg procedure to control the false discovery rate (FDR). Group or 

subgroup effects on continuous variables were tested using Wilcoxon-Mann-Whitney or 

Kruskal Wallis tests, with FDR-corrected Conover non-parametric tests for post-hoc 

comparisons. (Sub)group effects on categorical variables were tested  by !2 tests with 

FDR-corrected !2 tests for post-hoc pairwise comparisons; see SI Methods for details.  

 

We used multivariate methods to deal with the high-dimensional, correlated data 

available on each participant. Principal components analysis (PCA) was used to identify 

the major dimensions of variation and co-variation over all 14 immune cell counts, using 
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data from all participants; partial least square discriminant analysis (PLS-DA) was used 

to identify the weighted function of immune cell counts most predictive of case/control 

status; partial least squares regression (PLS-R) was used to identify the weighted 

function of all 14 immune cell counts most strongly associated with multiple (four) 

clinical measures of depression severity within the cases, viz,  HAM-D, BDI, Chalder 

Fatigue and SHAPS scores. For both PLS discriminant analysis and regression, P-

values for the predictive ability of the models were estimated by permuting group labels 

or clinical score sets (5000 permutations). Significant weights were defined as those 

with an absolute bootstrapped Z-score >3 (24).  

 

We used Gaussian finite multivariate mixture modeling, and consensus clustering,  to 

identify subgroups of cases (and healthy controls) that shared an immune cell profile in 

common with each other and in contrast to the immune cells profile of cases in other 

subgroups (36, 37); see SI Methods for details.  
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Results 

Sample characteristics 

Quality-controlled absolute counts of 14 cell types were available on a sample of 283 

participants comprising 206 depressed cases (143 female, 66 male) and 77 healthy 

controls (52 female, 25 male). Case and control groups did not significantly differ in 

terms of mean age, sex, or current use of tobacco or cannabis. As expected, the cases 

were significantly more depressed, anxious and fatigued, and reported significantly 

more current stress, childhood trauma, alcohol use and unemployment, than controls 

(Table 1). By design, the cases were clinically heterogeneous, and enriched for 

moderate-severe depressive symptom scores despite current or past treatment with 

monoaminergic anti-depressant medication (Figure S1). 

 

Case-control differences in peripheral blood cell counts and inflammatory proteins  

We first estimated case-control differences in peripheral blood cell counts and 

inflammatory proteins using multiple univariate comparisons. Serum CRP (Mann-

Whitney U: P = 0.003, effect size = 0.18) and plasma IL-6 concentrations (P = 0.04, 

effect size = 0.14), as well as absolute counts of neutrophils (P = 0.01, effect size = 

0.15), intermediate monocytes (P = 0.02; effect size = 0.14) and CD4+ (helper) T cells 

(P = 0.003, effect size = 0.18), were significantly increased in the depressed group 

(Figure 1A, Table S3). When case-control comparisons were corrected for the 16 

biomarkers tested (FDR < 0.05), CRP and CD4+ T cells remained significantly different 

between the groups. 
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Correlational and principal components analysis of cellular, protein and clinical variables 

We estimated correlations between all immunological, clinical and demographic 

variables in the whole sample (N=283) (Figure 1B). Immune cell counts and 

inflammatory protein concentrations were positively correlated with each other, as were 

questionnaire measures of symptom severity and stress. The strongest pair-wise 

correlations between cell counts and clinical variables were between neutrophil count 

and HAM-D score (Spearman’s r = +0.27, FDR P = 0.00003), and neutrophil count and 

BDI score (r = +0.25, FDR P = 0.0002). The correlation matrix estimated from data on 

cases only (N=206) was very similar to the whole sample matrix (Figure S3). 

 

We used principal component analysis to summarise the correlated data on 14 blood 

cell counts in terms of the first 2 principal components, which together accounted for 

29% of the total variance-covariance. The first principal component (PC1; 19% total 

(co)variance) was a weighted average of all cell counts, most strongly weighted on 

myeloid cells (neutrophils, basophils and classical monocytes) and CD4+ T cells (Figure 

2A). The second principal component (PC2; 10% total (co)variance) was most strongly 

weighted on classical and non-classical monocytes and CD16hi NK cells (Figure S4A). 

Similar results were obtained when PCA was repeated for sex-specific subgroups of 

cases (Figure S4).  

 

PC1 scores were positively correlated with serum CRP (r = 0.26, FDR P = 0.00004), 

and IL-6 (r = 0.34, FDR P = 0.000004) concentrations. The depressed cases had 

higher mean PC1 scores than controls (Mann Whitney U: P = 0.006, standard effect 
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size = 0.16, Figure 2B) and PC1 scores were positively correlated with multiple 

measures of symptom severity including observer-rated depressive symptoms (HAM-D, 

r = 0.26, FDR P = 0.00004), self-reported depressive symptoms (BDI, r = 0.24, FDR P 

= 0.0002) and anhedonia (SHAPS, r = 0.23, FDR P = 0.0004), as well as BMI (r = 0.24, 

FDR P = 0.00004) (Figure 2B). A scatterplot of each participant’s scores on both PCs 

(Figure 2A) indicated that the majority of depressed cases had blood cell profiles 

overlapping those of healthy controls, but there was a subgroup of depressed cases 

with highly positive PC1 scores, indicating distinctively increased numbers of myeloid 

and CD4+ T cells. 

 

Discriminant analysis of immune cell counts most predictive of case/control status 

We used partial least squares (PLS) discriminant analysis (Figure 3A, S4E) to find the 

weighted function of the 14 immune cell counts that most accurately discriminated 

between cases and controls. This discriminant function accounted for a small but 

significant proportion (6.3%) of the variability in diagnostic status (P = 0.002, 

permutation test). Absolute cell counts for CD4+ T cells, neutrophils and eosinophils 

were significantly weighted on the discriminant function, indicating that a combination of 

these cell counts was most predictive of case/control status.  

 

Association of immune cell counts with severity of depression in cases 

We used PLS regression to test the hypothesis that a weighted function of immune cell 

counts predicted variability of depressive symptom severity among the cases. We found 

that a single PLS-R component accounted for a small (7.3%) but significant proportion 

of the variance in depressive symptom scores measured on multiple clinical 
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questionnaires (HAM-D, BDI, Chalder Fatigue and SHAPS) (P = 0.001, permutation 

test). The cell counts significantly weighted on the PLS-R component were neutrophils, 

NKT cells and B cells, indicating that a combination of these three cell counts was most 

strongly related to symptom severity, especially as self-reported by the BDI (Figure 3B).  

 

“Top-down” analysis of two subgroups of depressed cases 

To make a binary partition of depressed cases into two subgroups based only on their 

immune cell count data, we used Gaussian finite multivariate mixture modeling under 

the constraint that the number of distributions in the mixture must be two. This analysis 

identified one subgroup of N=81 cases (39%) that had increased absolute counts of 

several immune cells (monocytes, granulocytes, CD16hi NK cells, NKT cells, B cells, T 

cells and platelets) compared to a second subgroup of cases (N=125, 61%) (Figure 

4A,B).  

 

The subgroup of cases with increased immune cell counts also had significantly 

increased inflammatory protein concentrations (CRP, P = 0.03, standard effect size = 

0.16; and IL6, P = 0.02, standard effect size 0.19; Figure 4C, Table S4), compared to 

the second subgroup with decreased immune cell counts, and hence it was referred to 

as the inflamed depression subgroup. Cases of inflamed depression had significantly 

higher severity of observer-rated depressive symptoms (HAM-D, P = 0.0002, effect size 

= 0.26) and self-reported depressive symptoms (BDI, P = 0.01, effect size = 0.18), 

compared to the uninflamed depression cases. Inflamed vs uninflamed cases had twice 

the rate of unemployment (33% vs.17%, P = 0.008), were slightly older (median age 38 

years vs. 34 years, P = 0.01), and more likely to be smokers (19% vs. 7%, P = 0.01). 
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However, the two subgroups did not differ significantly on sex, study center, current 

antidepressant use, alcohol or cannabis use, reported recent infection or minor 

inflammatory disease, or BMI (Figure S5A,B, Table S4). 

 

Sensitivity analysis of immune cell binarization of un/inflamed depression 

To test the robustness of this key result – that binarization of all depression cases on 

cell counts identifies immunologically and clinically distinct subgroups of inflamed and 

uninflamed depression – we conducted two sensitivity analyses and a benchmarking 

study (detailed in Supplemental Material and summarized briefly here): (i) robustness to 

diagnostic eligibility criteria: we included only the subset of depression cases with a 

SCID diagnosis of major depressive disorder (MDD; N=139); (ii) robustness to potential 

confounds in case-control data: we used linear regression to mitigate the effects of age, 

sex, BMI, recent infection history and tobacco use before case-control analysis of 

residualised counts of the 14 immune cell subsets (Figures 4, S5, S6). In both these 

sensitivity analyses, we replicated identification of a subgroup of inflamed cases with 

more severe depressive symptoms. The first principal component of the residual cell 

counts was very similar to PC1 for the absolute counts (Figure 4E, S5A). Recapitulating 

the results for the absolute cell counts, PLS-R of residual cell counts identified a single 

component weighted on neutrophil and NKT cell counts as most predictive of 

depression severity (permutation test, P = 0.01). Binarization of depressed cases using 

residual immune cell counts again identified an inflamed subgroup with higher counts 

across all 14 cell types and increased HAM-D and BDI scores compared to an 

uninflamed subgroup (Figure 4E, 4F, S6). For benchmarking, the results of immune cell 

binarization of cases were compared to the results of binarization of controls (N=87). 
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Data-driven clustering identified a subgroup of controls (N=20) with very low cell counts 

and a subgroup with slightly higher cell counts (N=57) (Figure S8A). The marginally 

more inflamed subgroup was associated with higher BMI, higher IL-6, and male gender; 

but had significantly lower lymphoid and myeloid counts than the inflamed MDD cluster 

(Figure S8B).  

 

“Bottom-up” analysis of immune-cell stratified subgroups of cases 

We used Gaussian finite multivariate mixture modeling and consensus clustering, 

without prior constraint on the number of distributions in the mixture, to identify 4 

subgroups of cases (Figure 5, S7, Table S5), each characterized by a distinct profile of 

absolute immune cell counts (Figure 5B, S7A). One subgroup comprised 58 cases 

(28%) with low counts for all cells and low CRP and IL6 levels and was designated 

uninflamed (S0). Subgroups 2 and 3 had significantly increased inflammatory proteins, 

and significantly increased depressive symptom severity scores, compared to S0; but 

they also differed from each other in terms of their immune cell profiles. Subgroup 3 had 

a stronger myeloid bias compared to subgroup 2, with significantly higher numbers of 

classical monocytes, intermediate monocytes, non-classical monocytes and neutrophils 

(Figure S7A). Subgroup 2 had a lymphoid bias with significantly higher numbers of 

adaptive immune cells (CD4+ T cells, CD8+ T cells and B cells) compared to the 

uninflamed subgroup (Figure 5B, S7A). This four-way, bottom-up stratification of cases 

was not simply nested within the top-down binarization (Table S6). There were no 

significant differences between these 4 immune cell-stratified subgroups in terms of 

multiple, potentially confounding demographic and clinical factors (Figure S7B, Table 

S5).   
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Discussion 
 

Immune cell systems and depression 

We confirmed case-control mean differences in CRP and IL6, as well as increased 

absolute counts of neutrophils, intermediate monocytes, and CD4+ T cells in depressed 

cases, by the conventional approach of multiple univariate testing (Figure 1A) (1, 4, 5, 

19). We also observed that the immunological variables were correlated with each 

other, and with measures of depressive symptom severity, prompting further 

investigation with multivariate methods. The first principal component of the cellular data 

represented a weighted sum of all cell counts, especially myeloid and CD4+ T cells, and 

was positively correlated with both inflammatory protein concentrations and depressive 

symptom scores. Partial least squares (PLS) identified the weighted functions of 

immune cell counts, especially neutrophil cell counts, that optimally discriminated 

between cases or controls, or were most predictive of variation in depressive symptom 

severity.  

 

These results, in the context of the prior literature, tell us that peripheral blood cell 

counts are plausible as candidate biomarkers of “inflamed depression”, and the most 

informative cellular biomarkers are likely to summarise the status of a system of 

functionally or developmentally related cells, rather than a solitary “smoking gun”. 

Myeloid cells, especially neutrophils, were strongly implicated in these data. Absolute 

neutrophil numbers were increased in depressed cases, positively correlated with 

depressive symptom scores (Figure 1B), and strongly weighted on the PLS functions 

that optimally discriminated cases from controls or predicted symptom severity (Figure 

3). These findings are compatible with prior emphasis on the role of the innate immune 
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system in depression and, more specifically, with reports of case-control differences in 

total leucocyte count, neutrophil count, or neutrophil/lymphocyte ratio (19-21, 38). The 

hypercortisolemia observed in some depressed cases (39) may thus relate to the 

neutrophilia observed in these data and other studies (40, 41). Neutrophils can traffic to 

the brain and neutrophil depletion has been shown to mitigate the effects of 

inflammation on behavior in animal models (42). 

 

However, it would be simplistic at this stage to assert that myeloid cells are the only 

immune cells relevant to depression. For example, CD4+ helper T cells were correlated 

with myeloid cell counts, increased in depressed cases, and strongly weighted on the 

PLS discriminant function. Helper T cells are known to facilitate cytokine production and 

other inflammatory responses by myeloid cells (43); and myeloid antigen presenting 

cells are important for activating and polarizing CD4+ T cells towards a terminally 

differentiated state (44). In short, there are two-way interactions between myeloid and 

lymphoid cells that may underlie the observed pattern of depression-related change in 

multiple cell types. A role for adaptive as well as innate immunity in depression is also 

compatible with transcriptional results (6) that indicate coupled changes in peripheral 

whole blood expression of genes specialized for innate and adaptive immune functions.    

 

Immune cell stratified subgroups of depression 

These results also tell us that not all cases of depression are equally likely to be 

associated with abnormal immune cell counts, which is compatible with prior 

expectations of a subgroup of cases with “inflamed depression”. We tested this 

prediction more explicitly using mixture modeling to decompose the multivariate 
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distribution of immune cell counts in the depressed group into two or more component 

distributions or subgroups. Initially, we specified this analysis to identify two subgroups, 

which we found were indeed significantly different from each other immunologically and 

clinically. About 40% of depressed cases had increased immune cell counts, increased 

inflammatory proteins, and increased symptom severity scores, compared to the 

remaining 60% of uninflamed cases. These results are consistent with prior 

observations that approximately a third of MDD cases have CRP levels greater than the 

upper limit of the normal range (3 mg/L) and that depression is symptomatically more 

severe when associated with inflammation (4).  

 

However, there is no prior reason to assume that there should be only one subgroup of 

inflamed depression. When the multivariate mixture analysis was repeated, without 

constraining the algorithm to find a binary solution, we found 4 immune cell-stratified 

subgroups, of which two were associated with equivalently-increased inflammatory 

proteins and depressive symptom scores compared to the uninflamed subgroup. These 

two inflamed subgroups together accounted for about two thirds of cases, suggesting 

that the proportion of depression cases associated with inflammation may be 

underestimated by the conventional cut-off of CRP > 3 mg/L. Intriguingly, the existence 

of two inflamed subgroups, differentiated by their distinctively myeloid- vs lymphoid-

biased immune cell profiles, suggests that there may be more than one mechanistic 

pathway to the same syndrome of high depressive symptoms and increased 

inflammatory proteins. For example, some cases of inflamed depression may be caused 

primarily by proliferation or activation of myeloid cells, innately responding by pattern 

recognition receptors to acute stress or infection, whereas other cases may be driven by 



Lynall et al. Immune cell systems and subgroups of depression 
Revised submission to Biological Psychiatry, October 2019 
 

 20 

T helper cells or B cells with a longer term memory of past exposure to stress, infection 

or other antecedent immune challenges. This concept of multiple species of inflamed 

depression, rather than a monolithic subgroup, could have important implications for the 

design of immunological interventions targeting more fundamentally causal 

mechanisms, rather than downstream biomarkers such as CRP or IL6.  

 

Methodological issues 

Case-control designs are vulnerable to the effects of uncontrolled confounding variables 

and there are many demographic, clinical, and lifestyle factors that could have effects 

on peripheral immune biomarkers. This sample of cases was designed to encompasses 

considerable clinical heterogeneity, which is useful for the within-group analysis, but is 

not epidemiologically representative. The sample is large (N=283; 206 cases), and the 

number of cell subsets counted is large (p=14), by comparison to prior immune cell 

studies of MDD; the order of magnitude difference between N and p is desirable for 

multivariate analysis. However, it will require an order of magnitude increase in sample 

size to fully explore and exploit the cellular resolution of contemporary immuno-

phenotyping for stratification of inflamed depression.   

 

 

  



Lynall et al. Immune cell systems and subgroups of depression 
Revised submission to Biological Psychiatry, October 2019 
 

 21 

References 

1. Kohler CA, Freitas TH, Maes M, de Andrade NQ, Liu CS, Fernandes BS, et al. 

(2017): Peripheral cytokine and chemokine alterations in depression: a meta-analysis of 

82 studies. Acta Psychiatr Scand. 135:373-387. 

2. Valkanova V, Ebmeier KP, Allan CL (2013): CRP, IL-6 and depression: a 

systematic review and meta-analysis of longitudinal studies. J Affect Disord. 150:736-

744. 

3. Syed SA, Beurel E, Loewenstein DA, Lowell JA, Craighead WE, Dunlop BW, et 

al. (2018): Defective inflammatory pathways in never-treated depressed patients are 

associated with poor treatment response. Neuron. 99:914-924 e913. 

4. Chamberlain SR, Cavanagh J, de Boer P, Mondelli V, Jones DNC, Drevets WC, 

et al. (2018): Treatment-resistant depression and peripheral C-reactive protein. Br J 

Psychiatry.1-9. 

5. Cattaneo A, Gennarelli M, Uher R, Breen G, Farmer A, Aitchison KJ, et al. 

(2013): Candidate genes expression profile associated with antidepressants response 

in the GENDEP study: differentiating between baseline 'predictors' and longitudinal 

'targets'. Neuropsychopharmacology. 38:377-385. 

6. Leday GGR, Vertes PE, Richardson S, Greene JR, Regan T, Khan S, et al. 

(2018): Replicable and coupled changes in innate and adaptive immune gene 

expression in two case-control studies of blood microarrays in Major Depressive 

Disorder. Biol Psychiatry. 83:70-80. 

7. Miller AH, Raison CL (2016): The role of inflammation in depression: from 

evolutionary imperative to modern treatment target. Nat Rev Immunol. 16:22-34. 



Lynall et al. Immune cell systems and subgroups of depression 
Revised submission to Biological Psychiatry, October 2019 
 

 22 

8. Pinto EF, Andrade C (2016): Interferon-related depression: a primer on 

mechanisms, treatment, and prevention of a common clinical problem. Curr 

Neuropharmacol. 14:743-748. 

9. Kappelmann N, Lewis G, Dantzer R, Jones PB, Khandaker GM (2018): 

Antidepressant activity of anti-cytokine treatment: a systematic review and meta-

analysis of clinical trials of chronic inflammatory conditions. Mol Psychiatry. 23:335-343. 

10. Kohler O, Benros ME, Nordentoft M, Farkouh ME, Iyengar RL, Mors O, et al. 

(2014): Effect of anti-inflammatory treatment on depression, depressive symptoms, and 

adverse effects: a systematic review and meta-analysis of randomized clinical trials. 

JAMA Psychiatry. 71:1381-1391. 

11. Wittenberg GM, Stylianou A, Zhang Y, Sun Y, Gupta A, Jagannatha PS, et al. 

(2019): Effects of immunomodulatory drugs on depressive symptoms: A mega-analysis 

of randomized, placebo-controlled clinical trials in inflammatory disorders. Mol 

Psychiatry. DOI: 10.1038/s41380-019-0471-8 

12. Maes M, Stevens WJ, DeClerck LS, Bridts CH, Peeters D, Schotte C, et al. 

(1992): A significantly increased number and percentage of B cells in depressed 

subjects: results of flow cytometric measurements. Journal of affective disorders. 

24:127-134. 

13. Pavon L, Sandoval-Lopez G, Eugenia Hernandez M, Loria F, Estrada I, Perez M, 

et al. (2006): Th2 cytokine response in Major Depressive Disorder patients before 

treatment. J Neuroimmunol. 172:156-165. 

14. Patas K, Willing A, Demiralay C, Engler JB, Lupu A, Ramien C, et al. (2018): T 

cell phenotype and T cell receptor repertoire in patients with Major Depressive Disorder. 

Front Immunol. 9:291. 



Lynall et al. Immune cell systems and subgroups of depression 
Revised submission to Biological Psychiatry, October 2019 
 

 23 

15. Grosse L, Hoogenboezem T, Ambree O, Bellingrath S, Jorgens S, de Wit HJ, et 

al. (2016): Deficiencies of the T and natural killer cell system in major depressive 

disorder: T regulatory cell defects are associated with inflammatory monocyte 

activation. Brain Behav Immun. 54:38-44. 

16. Grosse L, Carvalho LA, Birkenhager TK, Hoogendijk WJ, Kushner SA, Drexhage 

HA, et al. (2016): Circulating cytotoxic T cells and natural killer cells as potential 

predictors for antidepressant response in melancholic depression. Restoration of T 

regulatory cell populations after antidepressant therapy. Psychopharmacology (Berl). 

233:1679-1688. 

17. Becking K, Haarman BCM, Grosse L, Nolen WA, Claes S, Arolt V, et al. (2018): 

The circulating levels of CD4+ t helper cells are higher in bipolar disorder as compared 

to major depressive disorder. J Neuroimmunol. 319:28-36. 

18. Suzuki H, Savitz J, Kent Teague T, Gandhapudi SK, Tan C, Misaki M, et al. 

(2017): Altered populations of natural killer cells, cytotoxic T lymphocytes, and 

regulatory T cells in major depressive disorder: Association with sleep disturbance. 

Brain Behav Immun. 66:193-200. 

19. Zorrilla EP, Luborsky L, McKay JR, Rosenthal R, Houldin A, Tax A, et al. (2001): 

The relationship of depression and stressors to immunological assays: a meta-analytic 

review. Brain Behav Immun. 15:199-226. 

20. Mazza MG, Lucchi S, Tringali AGM, Rossetti A, Botti ER, Clerici M (2018): 

Neutrophil/lymphocyte ratio and platelet/lymphocyte ratio in mood disorders: A meta-

analysis. Prog Neuropsychopharmacol Biol Psychiatry. 84:229-236. 



Lynall et al. Immune cell systems and subgroups of depression 
Revised submission to Biological Psychiatry, October 2019 
 

 24 

21. Maes M, Van der Planken M, Stevens WJ, Peeters D, DeClerck LS, Bridts CH, et 

al. (1992): Leukocytosis, monocytosis and neutrophilia: hallmarks of severe depression. 

J Psychiatr Res. 26:125-134. 

22. Hasselmann H, Gamradt S, Taenzer A, Nowacki J, Zain R, Patas K, et al. (2018): 

Pro-inflammatory monocyte phenotype and cell-specific steroid signaling alterations in 

unmedicated patients with Major Depressive Disorder. Front Immunol. 9:2693. 

23. Kohler-Forsberg O, Sylvia L, Deckersbach T, Ostacher MJ, McInnis M, Iosifescu 

D, et al. (2018): Clinically relevant and simple immune system measure is related to 

symptom burden in bipolar disorder. Acta Neuropsychiatr. 30:297-305. 

24. Fernandez-Egea E, Vertes PE, Flint SM, Turner L, Mustafa S, Hatton A, et al. 

(2016): Peripheral immune cell populations associated with cognitive deficits and 

negative symptoms of treatment-resistant schizophrenia. PLoS One. 11:e0155631. 

25. Siniscalco D, Schultz S, Brigida AL, Antonucci N (2018): Inflammation and neuro-

immune dysregulations in Autism Spectrum Disorders. Pharmaceuticals (Basel). 11. 

26. Raison CL, Rutherford RE, Woolwine BJ, Shuo C, Schettler P, Drake DF, et al. 

(2013): A randomized controlled trial of the tumor necrosis factor antagonist infliximab 

for treatment-resistant depression: the role of baseline inflammatory biomarkers. JAMA 

Psychiatry. 70:31-41. 

27. Lamers F, Vogelzangs N, Merikangas KR, de Jonge P, Beekman AT, Penninx 

BW (2013): Evidence for a differential role of HPA-axis function, inflammation and 

metabolic syndrome in melancholic versus atypical depression. Mol Psychiatry. 18:692-

699. 



Lynall et al. Immune cell systems and subgroups of depression 
Revised submission to Biological Psychiatry, October 2019 
 

 25 

28. First MB, Williams JBW, Karg RS, Spitzer RL (2016): Structured Clinical 

Interview for DSM-5 Disorders, Clinician Version (SCID-5-CV). Arlington, VA, American 

Psychiatric Association. 

29. Hamilton M (1960): A rating scale for depression. J Neurol Neurosurg Psychiatry. 

23:56-62. 

30. Beck AT, Steer RA, Ball R, Ranieri WF (1996): Comparison of Beck Depression 

Inventories-IA and -II in psychiatric outpatients. J Pers Assess. 67:588-597. 

31. Chalder T, Berelowitz G, Pawlikowska T, Watts L, Wessely S, Wright D, et al. 

(1993): Development of a fatigue scale. J Psychosom Res. 37:147-153. 

32. Snaith RP, Hamilton M, Morley S, Humayan A, Hargreaves D, Trigwell P (1995): 

A scale for the assessment of hedonic tone the Snaith-Hamilton Pleasure Scale. Br J 

Psychiatry. 167:99-103. 

33. Spielberger C, Gorsuch R, Lushene R, Vagg P, GA. J (1983): Manual for the 

State-Trait Anxiety Inventory. Consulting Psychologists Press. 

34. Bernstein DP, Fink L, Handelsman L, Foote J, Lovejoy M, Wenzel K, et al. 

(1994): Initial reliability and validity of a new retrospective measure of child abuse and 

neglect. Am J Psychiatry. 151:1132-1136. 

35. Brugha TS, Cragg D (1990): The List of Threatening Experiences: the reliability 

and validity of a brief life events questionnaire. Acta Psychiatr Scand. 82:77-81. 

36. Hornik K (2005): A CLUE for CLUster ensembles. J Stat Softw. 14. 

37. Scrucca L, Fop M, Murphy TB, Raftery AE (2016): mclust 5: Clustering, 

classification and density estimation Using Gaussian finite mixture models. R J. 8:289-

317. 



Lynall et al. Immune cell systems and subgroups of depression 
Revised submission to Biological Psychiatry, October 2019 
 

 26 

38. Surtees P, Wainwright N, Day N, Luben R, Brayne C, Khaw KT (2003): 

Association of depression with peripheral leukocyte counts in EPIC-Norfolk--role of sex 

and cigarette smoking. J Psychosom Res. 54:303-306. 

39. Juruena MF, Bocharova M, Agustini B, Young AH (2018): Atypical depression 

and non-atypical depression: Is HPA axis function a biomarker? A systematic review. J 

Affect Disord. 233:45-67. 

40. Manz MG, Boettcher S (2014): Emergency granulopoiesis. Nat Rev Immunol. 

14:302-314. 

41. Jilma B, Stohlawetz P, Pernerstorfer T, Eichler HG, Mullner C, Kapiotis S (1998): 

Glucocorticoids dose-dependently increase plasma levels of granulocyte colony 

stimulating factor in man. J Clin Endocrinol Metab. 83:1037-1040. 

42. Aguilar-Valles A, Kim J, Jung S, Woodside B, Luheshi GN (2014): Role of brain 

transmigrating neutrophils in depression-like behavior during systemic infection. Mol 

Psychiatry. 19:599-606. 

43. Cohen SB, Maurer KJ, Egan CE, Oghumu S, Satoskar AR, Denkers EY (2013): 

CXCR3-dependent CD4(+) T cells are required to activate inflammatory monocytes for 

defense against intestinal infection. PLoS Pathog. 9:e1003706. 

44. Steinman RM, Hemmi H (2006): Dendritic cells: translating innate to adaptive 

immunity. Curr Top Microbiol Immunol. 311:17-58. 

  



Lynall et al. Immune cell systems and subgroups of depression 
Revised submission to Biological Psychiatry, October 2019 
 

 27 

Acknowledgments: We would like to acknowledge Dominika Wlazly, I-Shu (Dante) 

Huang, Anviti Vyas, Naghmeh Nikkheslat, Alison McColl and Alex Hatton for 

blood sample processing and data collection. We thank all study participants, 

research teams and laboratory staff, without whom this research would not have 

been possible. For a full list of NIMA Consortium members, see Supplementary 

Materials. This work was supported by the Wellcome Trust [104025]. M Lynall 

was supported by a fellowship and grant from Addenbrooke’s Charitable Trust, 

Cambridge and a fellowship from the Medical Research Council 

(MR/S006257/1). M. R. Clatworthy is supported by the NIHR Cambridge 

Biomedical Research Centre (Transplant and Regenerative Medicine), NIHR 

Blood and Transplant Research Unit, MRC New Investigator Research Grant, 

MR/N024907/1; Arthritis Research UK Cure Challenge Research Grant, 21777), 

and an NIHR Research Professorship (RP-2017-08-ST2-002). E. T. Bullmore 

and C. M. Pariante are each supported by a NIHR Senior Investigator award. 

This work was also supported by the NIHR Cambridge Biomedical Research 

Centre (Mental Health) and the Cambridge NIHR BRC Cell Phenotyping Hub, as 

well as the NIHR BRC at the South London and Maudsley NHS Foundation Trust 

and King's College London, London. A previous version of this article was 

uploaded to BioRxiv https://doi.org/10.1101/706309. 

Author contributions: Conceptualization, E.B., M.E.L., M.R.C., C.P., J.C., V.M., P.C., 

N.H., W.C.D, D.J., P.B.; Methodology, M.E.L., L.T., M.R.C., E.B., C.P., J.C., 

V.M., P.C., N.H., W.C.D, D.J., P.B.; Investigation, L.T., L.P., J.B., E.B., C.P., 

J.C., V.M., P.C., N.H., W.C.D., D.J., P.B.; Formal Analysis, M.E.L.; Visualization, 

M.E.L.; Writing – Original Draft, M.E.L.; Writing – Review & Editing, L.T., M.R.C., 



Lynall et al. Immune cell systems and subgroups of depression 
Revised submission to Biological Psychiatry, October 2019 
 

 28 

E.B., P.C., N.H., W.C.D., J.C., D.J.; Project Administration, J.B., L.P., E.B., D.J.; 

Supervision, E.B. and M.R.C; Funding Acquisition, E.B., M.E.L., M.R.C., C.P., 

J.C., V.M., P.C., N.H., W.C.D, D.J.  

Disclosures: N.H. consults for GlaxoSmithKline and is in receipt of research funding 

from J&J. P.B., D.J. and W.D. are employees of Janssen Research & 

Development, LLC., of Johnson & Johnson, and hold stock in Johnson & 

Johnson. E.T.B., M.E.L., L.T., J.B., J.C., V.M., P.C., C.P., L.P. and M.R.C. have 

no disclosures to declare. 

Data and materials availability: Further information and requests for resources and 

reagents should be directed to Mary-Ellen Lynall (mel41@cam.ac.uk). The 

sharing of data used in this study is restricted by the informed consent process. 

Our data cannot be made available on public repositories but will be shared with 

other scientifically accredited research groups on request (Apollo 

Repository https://doi.org/10.17863/CAM.40364). [R] code to support the 

analyses and figure generation is available on Github 

(maryellenlynall/2019_depression_flow_cytometry). 

 

 

 

 

 

  



Lynall et al. Immune cell systems and subgroups of depression 
Revised submission to Biological Psychiatry, October 2019 
 

 29 

Figure legends 

 
Figure 1: Peripheral immunophenotypes in MDD and control participants 

(A) Comparison of 14 absolute cell counts, high sensitivity CRP and plasma IL-6 in 

major depressive disorder (MDD, n=206) and matched controls (n=77). Boxplots show 

median and interquartile range, with the outer violin shape showing the full distribution 

of data. Color indicates statistical significance by Mann Whitney U test (purple P < 0.05; 

red FDR P < 0.05). FDR p-values are corrected for 16 multiple comparisons. See Table 

S3 for underlying data and effects sizes. 

(B) Spearman correlations between immunological, clinical and demographic variables. 

Only those correlations significant at FDR P < 0.05 are shown. FDR p-values are 

corrected for 325 multiple comparisons. Color indicates the correlation coefficient 

(Spearman’s r); dark blue outlines group together similar variables. 
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Figure 2: Principal components analysis of cellular immunophenotypes 

(A) Principal components analysis (PCA) for the 14 absolute cell counts across all 

participants (n=283). On the left panel, each point (MDD in blue; controls in grey) 

represents one participant’s scores on the first two principal components (PC1 and 

PC2). Red arrows show the loadings of each cell count on the first two principal 

components. Ellipses show the 95% confidence ellipse for each group. Right hand 

panel shows the PCA eigenvector for PC1. See Figure S4 for PC2 and PCA excluding 

cases with minor inflammatory conditions, and for each sex separately. 

(B) Spearman correlations between the first principal component of the cellular 

immunophenotype (PC1), clinical features, demographic features, and peripheral 

proteins (n=283 participants). Only correlations significant at FDR P < 0.05 are shown. 

FDR p-values are corrected for 33 multiple comparisons. Color indicates the correlation 

coefficient (Spearman’s r). The right-hand side boxplot shows the PC1 scores for MDD 

cases and controls (Mann-Whitney test, estimate=0.54, effect size=0.16, P = 0.006). 

Boxplots show median and interquartile range, outer violin shape shows the full 

distribution of data.  



Lynall et al. Immune cell systems and subgroups of depression 
Revised submission to Biological Psychiatry, October 2019 
 

 31 

Figure 3: Cellular predictors of MDD status and symptoms severity 

(A) Partial least squares discriminant analysis (PLS-DA) for the predictors of case-

control status. Response variable is major depressive disorder (MDD)/control status 

(purple point), predictor variables are the 14 absolute cell counts from Figure 1A (green 

points). Analysis includes all participants (n=283). A single component PLS model 

(Component 1) is significantly predictive of MDD status by permutation testing (P = 

0.002). Of the 14 cell types, only those with significant weights in the model are labelled: 

neutrophils, eosinophils and CD4+ T cells (bootstrapped Z-score >3, see Methods). See 

also Figure S4E. 

(B) Partial least squares regression (PLS-R) for the predictors of depressive symptom 

severity within the MDD group. Response variable is the matrix of symptoms scores 

(shown in purple), predictor variables are the 14 absolute cell counts (green points). A 

single component PLS model (Component 1) is significantly predictive of MDD severity 

by permutation testing (P = 0.001). Of the 14 predictor cell types, only those with 

significant weights in the model are labelled: neutrophils, NKT cells and B cells 

(bootstrapped Z-score >3, see Methods). Analysis includes MDD cases only (n=199 

with full clinical scores available). SHAPS = Snaith-Hamilton Pleasure Scale. HAM = 

Hamilton Depression Rating Scale. 
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Figure 4: Theoretically driven immune cell stratification into inflamed and 

uninflamed MDD subgroups  

(A) Gaussian finite mixture modelling of the cellular phenotypes for MDD cases (n=206). 

Forced two-way mixture modelling identified two clustered immunophenotypes, 

uninflamed depression (UD, n=125 cases, grey) and inflamed depression (ID, n=81, 

red). Plot shows the PCA scores for each case on cellular PC1 and PC2 (Figure S5A), 

with cluster membership indicated by color.  

(B, C, D) Comparisons between the two clusters. Boxplots show median and 

interquartile range for each cluster, with the outer violin shape showing the full 

distribution of data. Effects of cluster were tested by Mann-Whitney U or (for 

unemployment) !2, *P<0.05, **P<0.01, ***P<0.01. (B) Absolute cell counts (inputs to 

clustering). (C) Peripheral blood markers: C-reactive protein (CRP), interleukin-6 (IL-6) 

and triglycerides (not used as inputs to clustering). (D) Clinical phenotype of participants 

in each cluster. Bar annotations indicate participant numbers. See Table S4 and Figure 

S5 for statistics, further clinical and demographic measures and item-level scores 

corresponding to MDD ‘typicality’.  

(E) Sensitivity analysis: principal components analysis (PCA) of the 14 residual cell 

counts after linear regression of body mass index (BMI), age, sex, current tobacco use 

and recent infection on each cell count (MDD cases only, N=206). Left-hand panel 

shows the eigenvector for the first principal component of the residual cell counts (PC1). 

Right hand panel shows the results of forced two-way clustering of the residual cell 

counts, which identified two immune cell-stratified subgroups of cases: uninflamed 

depression (N=104, grey) and inflamed depression (N=102, red), overlaid on a 

scatterplot of PCA scores.  
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(F) Depression rating scores for inflamed and uninflamed cases identified by 

binarization of residual immune cell counts. Inflamed vs uninflamed subgroup 

differences were tested by Mann-Whitney U, *P<0.05, **P<0.01. HAM-D = Hamilton 

Depression Rating Scale (practitioner-administered), BDI = Beck Depression Inventory 

(self-report). 
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Figure 5: Data-driven immune cell stratified MDD subgroups 

(A) Data-driven Gaussian finite mixture modelling of the cellular phenotypes for MDD 

cases (n=206) identified four discrete clusters (immunophenotypes). Plot shows the 

PCA scores for each participant on cellular PC1 and PC2, with cluster indicated by 

color. The arbitrary cluster numbers and colors are used consistently throughout this 

figure to designate each cluster (cluster 0, grey, n=58 cases; cluster 1, orange, n=10; 

cluster 2, blue, n=100; cluster 3, red, n=38). 

(B) A radar plot shows the characteristic immune cell profile of each cluster of cases.  

Points represents the median value of the 14 absolute cell counts for each of the four 

clusters, rescaled onto a 0 to 1 range (with higher values on the outside of the plot) to 

highlight relative differences between clusters. Cluster differences are significant for all 

counts shown (Kruskal-Wallis P<0.05); red blood cell and CD56hi NK cell counts did not 

differ between the clusters and are not shown. See Figure S7A for underlying data and 

statistics. 

(C, D) Inflammatory proteins, clinical and demographic data for each immune cell-

stratified subgroup of cases. Cases in subgroup 3 (inflamed, myeloid-biased) had 

significantly increased observer-rated depressive symptoms (HAM-D, FDR P = 0.004), 

self-reported depressive symptoms (BDI, FDR P = 0.006), and anhedonia (SHAPS, 

FDR P = 0.006), compared to the uninflamed subgroup. Cases in subgroup 2 (inflamed, 

lymphoid-biased) likewise had significantly increased self-reported depressive 

symptoms (BDI; FDR P = 0.003), anhedonia (SHAPS; FDR P = 0.004), and fatigue 

ratings (CFS; FDR P = 0.02), compared to the uninflamed subgroup. Boxplots show the 

median and inter-quartile range of the relevant variable for each cluster, violin outline 

shows the full distribution of data. The effect of cluster on each continuous feature is 
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tested by Kruskal-Wallis testing. Where P < 0.05 for the overall Kruskal-Wallis test, we 

performed post-hoc Conover tests to identify which pairs of clusters differ for that 

feature – for these variables, each cluster was compared to every other cluster. For 

unemployment, the bar chart indicates the percentage of participants in each cluster 

and bar annotations indicate participant numbers. Clusters were compared by !2 

testing, with post-hoc !2 tests to compare pairs of clusters. All p-values shown are 

corrected for the 6 pairwise cluster-cluster comparisons performed: FDR P *<0.05, 

**<0.01, and ***<0.001. Pairwise comparisons which were non-significant following FDR 

correction are not shown. For further statistics, demographics and item-level scores 

corresponding to MDD ‘typicality’ see Figures S7, Table S5. HAM-D = Hamilton 

Depression Rating Scale (practitioner-administered), BDI = Beck Depression Inventory 

(self-report), SHAPS = Snaith-Hamilton Pleasure Scale. 
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Table 1: Demographic and clinical characteristics of the study population (see caption over) 

 

 

  

Participant characteristics Control 
(median, 
IQR) 

MDD 
(median, 
IQR) 

P-value 
(MWU) 

Effect 
size 
"/√(&) 

n (missing 
data) 

Number of participants N = 77 N = 206 - 
 

  
Age 32.5  

(28.3, 39.1) 
35.3  

(28.7, 42.9) 
0.09 0.10 0 

BMI 23.5  
(21.3, 27.6) 

26.6  
(23.0, 31.2) 

***0.0008 0.20 8 

Hamilton depression rating 0  
(0.0, 1.0) 

17 
(14.0, 20.0) 

***2E-53 0.74 0 

Beck depression inventory  1  
(0.0, 3.0) 

24 
(15.0, 31.2) 

***8E-43 0.70 6 

Chalder fatigue score 11  
(8.0, 11.0) 

19  
(14.0, 23.5) 

***4E-33 0.64 3 

Snaith-Hamilton Pleasure 
Scale  

0 
(0, 0) 

4 
(1, 7) 

***2E-24 0.58 4 

STAI (state subscale) 25  
(22.0, 29.0) 

50  
(38.5, 57.5) 

***2E-39 0.68 3 

STAI (trait subscale) 27  
(24.0, 32.0) 

60  
(52.0, 68.0) 

***1E-48 0.73 3 

Childhood trauma score 35.0  
(33.0, 38.5) 

49.5  
(40.0, 62.0) 

***3E-19 0.51 6 

Recent stressors (z-score) -0.9  
(-0.9, -0.3) 

-0.2  
(-0.4, 0.5) 

***1E-10 0.37 4 

Number of previous 
ineffective antidepressant 
treatments (<75% response) 

- 1.0  
(1.0, 3.0) 

- - 7 

 
Control 
(percent) 

MDD 
(percent) 

P-value !2 n (missing 
data) 

Female sex 68% 69% 0.8 0.09 0 
Unemployed (including for 
medical reasons) 

0% 23% ***0.0005 21.4 3 

Current tobacco use 11% 12% 0.8 0.09 4 
Current alcohol use 33% 48% *0.03 4.81 5 
Current cannabis use 3% 6% 0.3 1.57 5 
Current antidepressant use - 75% - 

 
5 
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Table 1: Demographic and clinical characteristics of the study population 

P-values for comparison of control vs. MDD by Mann-Whitney (MWU, continuous 

variables) or !2 testing (categorical variables): *p<0.05, **p<0.01, and ***p<0.001. MDD, 

major depressive disorder; IQR, interquartile range; BMI, body mass index; STAI, Stait-

Trait Anxiety Inventory. Number of missing data values for each variable are also shown 

(total n=283 participants). 
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A BPLS-DA: Cellular predictors of MDD vs. control PLS-R: Cellular predictors of symptom severity within MDD group
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A Forced two-way clustering of MDD 
cellular immunophenotypes by multivariate 
mixture modeling, overlaid on cellular PCA 

C Non-cellular peripheral blood markers 
(not used as inputs to clustering) 
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E Sensitivity analysis: clustering of residuals from linear models for each cell count 
Linear models include age, sex, BMI, tobacco use and recent infection
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A Multivariate mixture modelling of cell counts identifies 4 subgroups 
of MDD participants: subgroup membership overlaid on PC1 and 
PC2 of cell counts

B Median cell counts per subgroup

D Clinical phenotype of participants in each MDD subgroup
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