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Abstract: Background: The progression of mobile phone technology has led to the development of
multi-functional smartphones providing access to features such as social media, e-mail, and videos
alongside the basic functions of a mobile phone. Increasing amounts of research has explored
the potential addictive nature of smartphones to develop a theoretical framework that describes
personality factors related to problematic use. The present study examined the Integrative Pathways
Model and the effect of age, gender, impulsiveness, excessive reassurance seeking, extraversion,
and depression on problematic smartphone use. Method: A total of 147 smartphone users (mean age
= 30.96, SD = 12.97, 69.4% female) completed an online survey comprising of measures of problematic
smartphone use, excessive reassurance seeking, extraversion, depression, and impulsiveness. Results:
Age, impulsiveness, excessive reassurance seeking, and depression were all significantly related
to problematic smartphone use, however extraversion was not significantly related. Furthermore,
age and impulsiveness were significant independent predictors of problematic smartphone use. No
gender differences were found. Conclusions: The findings presented several factors that predict
problematic smartphone use, implications and suggestions for future research are discussed.

Keywords: problematic smartphone use; impulsiveness; excessive reassurance seeking;
depression; extraversion

1. Introduction

The introduction of smartphones has provided users with a more comprehensive mobile device;
providing access to social networking sites, the internet, and numerous applications whilst maintaining
the basic functions of a mobile phone. The positive impact of this technological change has seen
smartphones help to increase dialogue between politicians and citizens [1], improved business
practices [2], and enhanced healthcare services [3–5]. Accessibility to smartphones has also greatly
increased in recent years with 4.23 billion smartphones being used worldwide, that figure being
expected to surpass 5 billion by 2019 [6]. Simultaneously to this increase in smartphone use, researchers
have been studying the negative consequences of problematic smartphone use (PSU). These negative
consequences include symptoms of depression and anxiety [7,8], detrimental effects on attention [9],
financial problems [10], sleep disturbances [11], dangerous use [12], and problematic social and
academic behaviours [9,13]. The increase in research exploring PSU in the past decade has also
brought about numerous different conceptualisations of smartphone use; including mobile phone
addiction [14], problematic mobile phone/smartphone use [15,16], mobile phone dependence [17],
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and nomophobia [18,19]. This has stimulated discussion as to whether PSU can be considered as a
potentially addictive behaviour.

Dependence to smartphones has been classified as a technological addiction [20,21], which
involves a dependence on a non-substance and human-machine interaction. Technological addictions
fall under the broader category of behavioural addictions [22]. Behavioural addictions are a contentious
topic (internet gaming disorder is the only recent non-substance-related disorder proposed for inclusion
in the fifth edition of the Diagnostic and Statistical Manual of Mental Disorders DSM-5; [23]), with many
critical questions remaining unanswered [24]. Research to establish the addictive properties of various
behavioural addictions is warranted. Recent research [25] has established that smartphone addiction
has several similar characteristics to DSM-5 substance-related disorder (i.e., compulsive behaviour,
functional impairment, withdrawal, and tolerance). Research exploring behavioural addictions has led
to the identification of several core components of addiction, these include; salience, mood modification,
tolerance, withdrawal symptoms, interpersonal and intrapersonal conflict, and relapse [21,26,27].
Researchers have used these core components to examine addiction to smartphones [28,29]. Critically,
The World Health Organization [30] considered excessive smartphone use as a public health concern
which requires further investigation. To date, few studies have examined PSU. Existing studies have
been conducted in South Asian countries [25,31,32]. Little is known about the potential predictors of
problematic smartphone use.

A theoretical framework is essential to facilitate development in establishing the aetiology and
manifestations of PSU. Research [33] has suggested that overuse of short message service (SMS) can
result from an extraversion pathway; overuse is dictated by a desire to socialise and communicate with
others and a neurotic pathway; driven by anxiety about relationship maintenance. In parallel with this
and following an increase in research investigating PMPU, the integrative pathways model ([15]; IPM)
proposes three pathways that lead individuals to engage in PMPU. The IPM [15] also differentiates
between addictive, anti-social, and risky patterns of mobile phone use. This is one of the most recent
proposals for a theoretical framework for PMPU and can be applied to the more modern behaviour of
PSU. The IPM is a comprehensive framework, based on empirical data that supports the pathways,
which aims to stimulate research into PSU. The model can support and guide research in the field of
smartphone use.

The first pathway of the IPM [15] is excessive reassurance seeking, this relates to individuals who
engage in PSU to obtain reassurance from others and maintain relationships. Excessive reassurance
seeking was first described in the interpersonal theory of depression [34]. It has subsequently been
defined as “the relatively stable tendency to excessively and persistently seek assurances from others
that one is lovable and worthy, regardless of whether such assurance has already been provided” [35]
(p. 270). Previous research infers that concerns about relationship maintenance is related to excessive
and uncontrolled SMS use [33,36], exemplifying how communication using mobile phones can act as a
medium for reassurance. Further to this, it is hypothesised that general and social anxiety are also both
associated with PSU and excessive SMS use [8,10,37,38]. This suggests that increased anxiety–alongside
poor self-esteem [39], insecure attachments [40], and neuroticism [41]—all contribute to a greater need
for reassurance, which in turn leads to an addictive pattern of PSU. Despite this, it is important to
consider that the aforementioned research is based on established risk factors around the excessive
reassurance pathway of the IPM [15], not excessive reassurance seeking specifically.

The second pathway of the IPM [15] is impulsiveness. This corresponds to individuals in
which PSU is the result of poor impulse control, leading to the uncontrolled urge to use their
smartphone. Characterised by urgency, a lack of planning, lack of perseverance, and sensation
seeking [42], impulsiveness can lead to antisocial use including cyberbullying [43], the use of mobile
phones in banned/socially unacceptable areas [10]; addictive use exemplified by addictive patterns
of smartphone use being associated with high-impulsivity traits such as low self-control, lack of
premeditation and symptoms of attention deficit hyperactivity disorder (ADHD) [44–46], and also risky
use such as dangerous driving or “sexting” (exchange of sexually suggestive images/messages) [10,47].
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However, the diversity of definitions and measures used in previous research has led to ambiguity
surrounding the individual facets of impulsiveness and their subsequent relationships with PMPU
and PSU.

The third pathway of the IPM [15] is extraversion. This pathway corresponds to individuals
who display symptoms of dependence to their smartphone and whose over-usage is driven by a
consistent desire to build and maintain relationships, communicate with others, and a constant need
for stimulation and reward. An abundance of research has inferred an association between extraversion
and PMPU/PSU [33,41,48]. It is suggested that the extraversion pathway, similar to impulsiveness,
can lead to addictive, antisocial, and risky patterns of use. Notably, the sensation seeking traits that
are typical of extraverted individuals [49] can lead to antisocial and risky patterns of behaviour such
as cyberbullying [43] and sexting [50]. Despite this, some recent studies have found either a negative
or no relationship between extraversion and PMPU [51,52]. Further research is needed to establish
extraversion as a predictor of PSU. Furthermore, it has been acknowledged that research is still in
its early stages and that the IPM should serve as a medium for development of smartphone research
rather than a complete theory [15].

Whilst excessive reassurance seeking, impulsiveness, and extraversion all have strong evidence
linking them to PMPU and PSU, the relationship of age and gender is more ambiguous. In age and
gender there is evidence both inferring a link and contradicting one. For example, some evidence
suggests that young individuals are more likely to exhibit PSU [41,48,53], whereas other research
suggests no relationship between age and PSU [54]. Assuming that age is a predictor of PSU, it has
been reported that younger individuals may be more inclined to engage in PSU due to poorer impulse
control [55]. However, more research studies that include older populations are needed to clarify this.
In terms of gender differences in PMPU, research suggests that women engage in the texting features
of mobile phones significantly more than men [10], a similar result has been found among social media
users [56]. Despite these findings, research has also found no evidence of gender differences [57].
Ultimately, more research is needed to establish whether age and gender are genuine predictors of PSU.

PSU has also been found to be comorbid with depressive symptoms [58]. Depression severity has
been consistently linked to PSU [7,11,59], this is often attributed to individuals engaging in smartphone
use as an escape mechanism to deal with depressive symptoms and negative emotions [60]. It has also
been argued that PSU could have an indirect effect on depressive symptoms through lack of sleep
and work-related symptoms [61,62]. The work/family border theory [63], as well as research [64],
describes how a lack of boundaries between work and home life—enhanced by the multi-functionality
of smartphones allowing work to be accessed at home—can lead to increased stress levels and,
in turn, depressive symptoms. It has also been suggested that the relationship between PSU and
depressive symptoms is bi-directional [65], whereby increased PSU is driven by depressive symptoms,
and that increase in PSU leads to a concurrent rise in depressive symptoms—inferring a paradoxical
relationship. Further reinforcing the link between PSU and depression, excessive reassurance seeking
has been identified as a feature of depression [35,66] as described in the interpersonal theory of
depression [34]—this relates back to the IPM [15].

Previous research has inferred relationships between PSU and the personality variables
highlighted by the IPM [15], however there has been little evidence showing the extent of influence
the different pathways have on PSU. It is important to test and develop proposed models to achieve
an accurate theoretical base. Further to this, no existing research has directly investigated the three
pathways outlined in the IPM, although numerous studies have explored factors around the three
pathways. More research needs to consider the multifaceted nature of the personality variables being
examined within the IPM. Given the current state of research in the area, the present study aims
to examine the IPM [15] by exploring the degree of influence that each pathway, along with age,
depression, and gender has on the likelihood of an individual displaying PSU. It is hypothesised that
high impulsiveness, high excessive reassurance seeking, high extraversion, being of younger age,
and high depression will all significantly predict PSU, and that there will be a significant difference
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between the levels of PSU in males and females. Considering the diverse negative consequences of PSU,
it is important to further investigate its associated negative consequences to broaden understanding of
the area and begin to formulate necessary interventions to prevent PSU.

2. Method

2.1. Design

The present study adopted a cross-sectional correlational design exploring the relationship
between smartphone use and personality characteristics. An online survey method was used in
the present study. The variables under investigation included: (i) problematic smartphone use, (ii)
impulsiveness, (iii) excessive reassurance seeking, (iv) extraversion, and (v) depression. Further to this,
information regarding participant demographics (e.g., age, gender, ethnicity) and general smartphone
use was collected.

2.2. Participants

A total of 153 smartphone users provided fully completed survey responses, 6 responses were
removed after data cleaning (see analytic strategy below) and for violating recommended statistical
parameters for sample sizes that are more than 100 [67,68]. This left a final sample size of 147
smartphone users (mean age = 30.96, SD = 12.97). The participants age ranged from 18 to 68 years,
with 42 males (28.6%) and 102 females (69.4%), three participants did not disclose their gender. The
ethnicity of the sample included White (85.7%), Black (1.4%), Asian (1.4%), mixed-ethnicity (4.8%),
and other (4.8%), three participants did not disclose their ethnicity.

2.3. Materials

Online survey software called Qualtrics was used to create the survey. The online survey consisted
of five measures, these are described below;

The Modified Internet Gaming Disorder Scale Short-Form

The Modified Internet Gaming Disorder Scale Short-Form (MIGDS-SF; [69]) was adapted to
measure PSU. The scale consists of nine items adapted from the Diagnostic and Statistical Manual
of Mental Disorders [23] criteria for Internet Gaming Disorder. Example items include ‘Do you feel
pre-occupied with your smartphone behaviour?’ and ‘Do you systematically fail when trying to control
or cease your smartphone activity?’ Items were rated on a 5-point likert scale (1 = never–5 = very
often), with a sum score ranging from 9–45 [69]. Previous research using MIGDS-SF have reported
very good internal consistency [28,29]. Internal reliability of the scale in the present study was very
good (Cronbach’s α = 0.86).

The Depressive Interpersonal Relationships Inventory–Reassurance Seeking subscale

The Depressive Interpersonal Relationships Inventory–Reassurance Seeking subscale (DIPI-RS; [70])
was used to measure excessive reassurance seeking. The DIPI-RS is a 4-item subscale extracted from
the 24-item Depressive Interpersonal Relationships Inventory [70]. Example items include ‘Do you find
yourself often asking the people you feel close to how they truly feel about you?’ and ‘Do you frequently
seek reassurance from the people you feel close to as to whether they really care about you?’. Items were
rated on a 7-point likert scale (1 = Never–7 = Always), responses were averaged across the four items for
an overall score between 1 and 7, with a higher score indicating higher levels of excessive reassurance
seeking. The internal reliability of the DIPI-RS was excellent (Cronbachs α = 0.92).

Mini Markers Extraversion Subscale

Participants levels of extraversion were measured using the Mini Markers Extraversion Subscale
(MMES; [71]). The MMES, extracted from the 40-item Mini Markers personality scale [71], consists of
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eight descriptive, single-word items, of which four are reverse-coded. Participants use a 9-point likert
scale (1 = extremely inaccurate–9 = extremely accurate) to describe how certain personality traits apply
to them, example items including ‘Talkative’ and ‘Bashful’. A total score is acquired by reverse-coding
necessary items and summing the scores, with a greater score indicating higher levels of extraversion.
The internal reliability of the scale was very good (Cronbachs α = 0.86).

The Barratt Impulsiveness Scale

The Barratt Impulsiveness Scale (BIS; [72]) was used to measure impulsiveness. The BIS is a
30-item scale featuring 11 reverse-coded items, scored using a 4-point likert scale (1 = Rarely/Never–4
= Almost Always/Always). Example items include ‘I plan tasks carefully’ and ‘I have racing thoughts’.
A sum score is yielded ranging from 30–120, where a greater score indicates higher levels of impulsivity.
The internal reliability of the BIS scale was very good (Cronbachs α = 0.80).

The Beck Depression Inventory

The Beck Depression Inventory (BDI; [73]) was used to measure depression levels. The scale
consists of 21 items which are scored on a 4-point likert scale (0 = Not at all–3 = All the time). Example
items include ‘I do not feel sad’, ‘I am sad all the time and I can’t snap out of it’, ‘I feel I may be
punished’. Responses are totalled and produce a score between 0–63, whereby a score greater than
28 indicates severe depression. The internal reliability of the BDI in the present study was very good
(Cronbachs α = 0.85).

Smartphone User Behaviour

To gain an understanding of participants smartphone use, participants were asked to state how
long (in minutes) they spent on their smartphones in one session and to state their most frequently
used smartphone feature.

2.4. Procedure

A web link to the survey and a message outlining the purpose of the study was posted on
numerous social networking sites (e.g., Twitter, Facebook) and online discussion forums (e.g., Reddit.com).
Participants were also recruited using the university online Research Participation Scheme. After
clicking on the link individuals were presented with a participant information sheet, consent form,
and the online survey. The survey was presented in the same order for all participants; demographic
questions, MIGS-SS, BIS, MM, DIPI-RS, BDI. Finally, a debrief sheet was presented which restated the
purpose of the study, confidentiality of data, and right to withdraw. Data was stored in Qualtrics and
then transferred to IBM SPSS 22 for analysis.

2.5. Ethics

The study was carried out in accordance with the Declaration of Helsinki and adhering to the
British Psychological Society ethical guidelines. The university’s ethics committee approved the study.
All participants were informed about the study and all provided informed consent.

2.6. Analytic Strategy

The analytic strategy involved cleaning the data set by inspecting cases that were missing or
were partial responses, such cases were removed from the data set, data was screened by checking
skewness, kurtosis, z-scores (no absolute z-values were above/below 3.29 [67]). After cleaning the
data, a sample of 147 was achieved. Statistical analyses included (i) descriptive analysis of the
main sample’s characteristics, (ii) gender differences in PSU were investigated using an independent
samples t-test, (iii) average length of smartphone session was analysed using a Mann-Whitney U
test, (iv) a bias-corrected and accelerated bootstrapped correlational design was used to compare the
predictor variables (age, impulsiveness, excessive reassurance, extraversion, depression, and length of
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smartphone session) against the outcome variable (problematic smartphone use), and (v) a multiple
regression analysis was then conducted using the above variables as predictor and outcome variables.

3. Results

3.1. Descriptive Statistics

Table 1 shows the descriptive statistical results for the study sample. The main findings were that
the observed levels of PSU were low (mean = 17.14, SD = 5.69), levels of impulsiveness were moderate
(mean = 61.3, SD = 9.38), levels of extraversion were moderate (mean = 43.91, SD = 11.84).

Table 1. Summary of descriptive statistics.

Variable Minimum Maximum

Gender (Male, %) 42 (28.6) - -
Session Length (Minutes) (Mean, SD) 15.12 (12.02) 1 60

PSU (Mean, SD) 17.14 (5.69) 9 31
Impulsiveness (Mean, SD) 61.3 (9.38) 40 86

Excessive Reassurance (Mean, SD) 2.56 (1.48) 1 6.25
Extraversion (Mean, SD) 43.91 (11.84) 12 69
Depression (Mean, SD) 9.34 (6.63) 0 29

3.2. Smartphone User Behaviour

The mean length that participants spent on their smartphones in one session was 15.12 min
(SD = 12.02). Participants reported that the most frequently used feature of their smartphones was
Messaging (39.5%, N = 58), followed closely by Social Networking (38.1%, N = 56). Table 2 shows the
most frequently used smartphone features among the study participants. An independent samples
t-test was conducted to explore gender differences in PSU scores (t = −0.322, df = 60.509, p = 0.748, two
tailed) and a Mann-Whitney U test to compare average smartphone session length (Mann-Whitney
U (n1 = 41; n2 = 101) = 1864, z = −0.940, p = 0.347, two tailed) however both inferred no significant
gender differences which did not support the study hypothesis.

Table 2. Most frequently used smartphone features among participants.

Smartphone Feature Frequency Percentage

Messaging 58 39.5
Social Networking 56 38.1

Phone Calls 10 6.8
E-mail 7 4.8
Other 6 4.1

Gaming 5 3.4
Video Apps 2 1.4

Work 2 1.4
Shopping 1 0.7

3.3. Correlational Analysis

Correlational analyses were performed incorporating the main study variables in the study to
provide statistical insight prior to the main regression analysis. The analyses revealed that PSU
was negatively related to age and positively related to impulsiveness, excessive reassurance seeking,
depression, and average session length. The average length of smartphone session was also negatively
related to age, and positively related to excessive reassurance seeking and depression. Table 3 shows
the correlations between all the study variables.
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Table 3. Correlations between the study variables.

PSU (1) Avg. SP Sess.
Length (2) Age (3) Impulsiveness

(4)
Extraversion

(5)
Excessive

Reassurance (6)
Depression

(7)

1
2 0.46 **
3 −0.33 ** −0.44 **
4 0.37 ** 0.16 −0.13
5 −0.10 0.00 −0.06 0.03
6 0.36 ** 0.22 ** −0.27 ** 0.42 ** −0.13
7 0.26 ** 0.21 * −0.12 0.36 ** −0.44 ** 0.35 **

** = p < 0.01, * = p < 0.05. Note: PSU = Problematic smartphone use, Avg. SP Sess. Length = Average smartphone
session length, Excessive Reassurance = Excessive reassurance seeking.

3.4. Predictors of Problematic Smartphone Use

To examine the associations between age, impulsiveness, extraversion, excessive reassurance
seeking, and depression on PSU, a multiple regression analysis was conducted using the Enter method.
Collinearity checks were performed using tolerance statistics (all greater than 0.2) and variance
inflation factor (all less than 10, mean = 1.34) indicating collinearity was not a cause for concern. A
Durbin-Watson test was also conducted to check adjacent residuals were not correlated (Durbin-Watson
score = 2.11).

The model produced a large effect size (R2 = 0.25, R2
Adj = 0.23, F (5, 141) = 9.46, p < 0.001);

indicating that the predictor variables accounted for a significant amount of the variance in PSU.
The analysis showed that age (t (147) = −3.30, p = 0.001) was a significant negative predictor of
PSU, impulsiveness (t (147) = 3.02, p = 0.003) was a significant positive predictor of PSU. However,
extraversion (t (147) = −0.95, p = 0.367), excessive reassurance seeking (t (147) = 1.82, p = 0.057),
and depression (t (147) = 0.53, p = 0.617) were not significant predictors of PSU (Table 4). The results
partly support the study hypotheses, indicating that younger individuals and those who score high on
impulsiveness are more likely to exhibit problematic smartphone use.

Table 4. Bootstrapped ª multiple regression model of predictors of problematic smartphone use with
BCa 95% confidence intervals (N = 147).

Variable B Standard Error β t p BCa 95% Confidence
Intervals

Age −0.11 0.03 −0.25 −3.30 0.001 −0.175–−0.046
Impulsiveness 0.16 0.05 0.26 3.02 0.003 0.066–0.252
Extraversion −0.04 0.04 −0.08 −0.95 0.37 −0.123–0.041

Excessive
Reassurance 0.59 0.31 0.16 1.82 0.057 −0.024–1.23

Depression 0.04 0.08 0.05 0.53 0.617 −0.129–0.207

Note: R2 = 0.25; ∆R2 = 0.23. ª Bootstrap results are based on 1000 bootstrap samples.

4. Discussion

The present study explored the associations between problematic smartphone use and
impulsiveness, excessive reassurance seeking, extraversion, depression, and age. The results revealed
that age and impulsiveness were both significant predictors of PSU. More specifically, the findings
revealed that age was a significant negative predictor of PSU, whereby younger individuals are
more likely to display symptoms of problematic smartphone use. This corresponds with previous
research findings that have reported an inverse relationship between age and problematic use [41,48,53].
The findings showed that age was negatively associated with average smartphone session length,
suggesting that younger individuals are typically spending longer periods of time using their
smartphones in one session, which may in turn increase the likelihood of problematic use. This
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notion is supported by previous research inferring that increased time spent on smartphones is
associated with PSU [28,74]. No significant differences were found between gender, PSU levels, and
smartphone session length. This adds to the already equivocal body of research exploring the effect of
gender on mobile phone/smartphone behaviour [10,57]. Future research should consider exploring
gender differences in relation to the numerous functions of smartphones, such as messaging and
gaming, as these could account for the inconsistency in research investigating gender differences in
overall smartphone behaviour.

In terms of the IPM [15], the study findings provide support for its application. The findings
suggest that an impulsive pathway can lead to patterns of problematic use, as there was a positive
association between these two variables, further establishing high impulsiveness as a principal
characteristic of PSU. This is in line with previous research which found that individuals who are
more likely to act impulsively will typically engage in higher levels of PSU [10]. This could be the
result of high-impulsiveness individuals frequently failing to control urges to use their smartphones.
Together, the findings of the study in relation to age and impulsiveness provide strong support for the
notion that younger individuals are more likely to exhibit PSU due to their poorer impulse control [55].
Despite this, there was no association found between impulsiveness and average smartphone session
length. This may be due to the lack of perseverance that is associated with impulsiveness [42], meaning
that individuals cannot remain focused on a task, such as using their smartphone, for extended periods
of time. Future research could consider the individual facets of impulsiveness alongside other potential
predictors such as obsessive-compulsive disorder and their respective associations with PSU.

Bivariate correlations showed that higher levels of excessive reassurance seeking was positively
associated with increased PSU suggesting that as an individual’s need for reassurance increases, their
problematic use of a smartphone also increases. These findings indicate that the excessive reassurance
pathway outlined in the IPM [15] is plausible, despite falling marginally short of being a significant
predictor in the regression analysis. Whilst previous research has tended to focus on risk factors
of excessive reassurance seeking—including anxiety [8,38] and neuroticism [41]—the present study
is the first to provide evidence for an association between PSU and excessive reassurance seeking
as its own trait. Excessive reassurance seeking was also found to be positively related to average
smartphone session length suggesting that individuals who frequently seek reassurance are spending
extended periods of time using their smartphones. This could be indicative of the addictive pattern
of use that the excessive reassurance pathway is proposed to manifest as, with individuals spending
longer periods of time using their smartphones to seek reassurance in order to satisfy the tolerance
phenomenon—although research with problematic users is needed to further explore this notion.

Interestingly, and contradicting the IPM [15], the study found that extraversion was not a
significant predictor of PSU, contradicting the majority of previous research which infers an association
between extraversion and problematic use [33,41,48]. These findings could be attributed to the
multi-functionality of modern smartphones. Whilst older devices were limited to more social functions
such as text messaging and phone calls, contemporary smartphones also include functions such as
gaming and internet use which introverted individuals may feel more inclined to use. Arguably,
this is reflected in the fact that more recent research has found either inverse or no associations
between extraversion and problematic use [51,52]. This provides a case for research to focus more
exclusively on certain types of smartphone usage. The IPM [15] will be useful in formulating new
hypotheses as it emphasizes that symptoms of PSU can be driven by different pathways triggered by
distinct psychological processes. Additionally, new measurement scales should explore more specific
behaviours and functions of smartphones.

Bivariate correlations also showed that depression was positively associated with both PSU and
average smartphone session length, whereby individuals with higher depression scores were more
likely to exhibit PSU and use their smartphone for longer periods of time in one session. This supports
the large body of research linking higher levels of depression to PSU [7,59]. These findings may be the
result of individuals with higher depression levels using their smartphones to alleviate depressive
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symptoms such as negative mood and emotions. However, depression is a multifaceted condition
and its relationship with PSU is likely to incorporate numerous factors—including the previously
mentioned indirect effects such as sleep deprivation and work-related stress. Future research should
aim to provide more detailed insights into these factors and their relationship with PSU, particularly
around the work/family boundaries, as few studies have considered this aspect. In terms of PSU as
a technological addiction, the study has made some constructive additions to the understanding of
problematic use and its associated factors. Whilst the number of people with a genuine smartphone
addiction is likely to be very small, it is important to understand the factors that can lead to addiction
to develop appropriate interventions. The present study also served to examine the IPM [15], further
examination of this model will allow for the development of a comprehensive theoretical framework
of PSU.

The study findings are very informative, but it is important to consider the study limitations.
The use of a self-report method could inhibit the reliability of the study as participants may have
underestimated their smartphone usage [75], particularly the number of short habitual checks [76].
Researchers [77,78] have recommended greater use of behavioural data to advance understanding
of technological addictions. Corroborating behavioural data alongside self-report measures presents
a key opportunity to move the field forward [77]. The internal consistency of the PSU measure was
very good in this study and it has been used in previous research [28]; however, more validation is
required to ensure that it can be utilised as a reliable measure of PSU. Additionally, there could also
be issues with the construct being measured (i.e., is it PSU or attitudes towards smartphone use that
is being measured?), there may also be overlapping of specific assessment constructs, for instance
the BIS [72] and the MIGDS-SF [69] may measure the same core elements. Moving from research
construct to formal disorder requires a stronger evidence base [24]. It has recently been argued that a
general behavioural addiction category might be theoretically and clinically more defensible [24]. The
present study adds to the debate concerning general behavioural addictions. In terms of sample size,
the sample met the required parameters for multiple regression [79], however the sample size was
relatively small in comparison to similar studies [16,28]. A larger sample size would further enable
generalisation of the findings and potentially alleviate some of the ambiguous results, notably around
excessive reassurance seeking. The study sample was mostly made up of young smartphone users
so generalizability to older populations is problematic. Future studies should aim to recruit more
diverse samples.

Despite the limitations, the study was able to demonstrate the usefulness of the IPM [15] and
presented numerous associations between PSU and personality traits. Age, impulsiveness, excessive
reassurance seeking, and depression were associated with PSU. However, the present study and a
small number of recent studies have raised questions over the relationship between extraversion and
problematic use. It is important to continue development of a theoretical framework to underpin
maladaptive behaviours. The study findings will benefit health practitioners and psychologists as they
work towards developing treatments for the adverse effects of new technology.

Author Contributions: Conceptualization, L.M. and Z.H.; Methodology, L.M. and Z.H.; Software, L.M.; Validation,
L.M. and Z.H.; Formal Analysis, L.M.; Investigation, L.M. and Z.H.; Resources, L.M. and Z.H.; Data Curation,
L.M. and Z.H.; Writing-Original Draft Preparation, L.M. and Z.H.; Writing-Review & Editing, Z.H.; Visualization,
L.M. and Z.H.; Project Administration, L.M.

Funding: This research received no external funding.

Conflicts of Interest: The authors declare no conflict of interest.

References

1. Stieglitz, S.; Brockmann, T. The impact of smartphones on E-participation. In Proceedings of the 46th Hawaii
International Conference on System Sciences, Wailea, HI, USA, 7–10 January 2013; pp. 1734–1742. [CrossRef]

2. Ibrahim, J.; Ros, R.C.; Sulaiman, N.F.; Nordin, R.C.; Ze, L. Positive impact of Smartphone application:
Whatsapp & Facebook for online business. Int. J. Sci. Res. Publ. 2014, 4, 1–4.

http://dx.doi.org/10.1109/HICSS.2013.623


Behav. Sci. 2018, 8, 74 10 of 13

3. Ernsting, C.; Dombrowski, S.U.; Oedekoven, M.; Lo, J. Using smartphones and health apps to change and
manage health behaviors: A population-based survey. J. Med. Internet Res. 2017, 19, e101. [CrossRef]
[PubMed]

4. Naslund, J.A.; Aschbrenner, K.A.; Barre, L.K.; Bartels, S.J. Feasibility of popular m-health technologies
for activity tracking among individuals with serious mental illness. Telemed. e-Health 2015, 21, 213–216.
[CrossRef] [PubMed]

5. Roepke, A.M.; Jaffee, S.R.; Riffle, O.M.; McGonigal, J.; Broome, R.; Maxwell, B. Randomized controlled
trial of SuperBetter, a smartphone-based/internet-based self-help tool to reduce depressive symptoms.
Games Health J. 2015, 4, 235–246. [CrossRef] [PubMed]

6. Statista.com. Number of Mobile Phone Users Worldwide 2013–2019. Retrieved 23 October 2017. Available
online: https://www.statista.com/statistics/274774/forecast-of-mobile-phone-users-worldwide/ (accessed
on 22 January 2018).

7. Jaalouk, D.; Boumosleh, J.M. Depression, anxiety, and smartphone addiction in university students- A cross
sectional study. PLoS ONE 2017, 12, 1–14. [CrossRef]

8. Lepp, A.; Barkley, J.E.; Karpinski, A.C. The relationship between cell phone use, academic performance,
anxiety, and Satisfaction with Life in college students. Comput. Hum. Behav. 2014, 31, 343–350. [CrossRef]

9. Seo, D.G.; Park, Y.; Kim, M.K.; Park, J. Mobile phone dependency and its impacts on adolescents’ social and
academic behaviors. Comput. Hum. Behav. 2016, 63, 282–292. [CrossRef]

10. Billieux, J.; Van der Linden, M.; Rochat, L. The role of impulsivity in actual and problematic use of the mobile
phone. Appl. Cognit. Psychol. 2008, 22, 1195–1210. [CrossRef]

11. Thomee, S.; Hagberg, M.; Harenstam, A. Mobile phone use and stress, sleep disturbances, and symptoms of
depression among young adults—A prospective cohort study. BMC Public Health 2011, 11, 66–76. [CrossRef]
[PubMed]

12. Nasar, J.; Hecht, P.; Wener, R. Mobile telephones, distracted attention, and pedestrian safety. Accid. Anal. Prev.
2008, 40, 69–75. [CrossRef] [PubMed]

13. Hawi, N.S.; Samaha, M. To excel or not to excel: Strong evidence on the adverse effect of smartphone
addiction on academic performance. Comput. Educ. 2016, 98, 81–89. [CrossRef]

14. Chen, L.; Yan, Z.; Tang, W.; Yang, F.; Xie, X.; He, J. Mobile phone addiction levels and negative emotions
among Chinese young adults: The mediating role of interpersonal problems. Comput. Hum. Behav. 2016, 55,
856–866. [CrossRef]

15. Billieux, J.; Maurage, P.; Lopez-Fernandez, O.; Kuss, D.J.; Griffiths, M.D. Can Disordered Mobile Phone Use
Be Considered a Behavioral Addiction? An Update on Current Evidence and a Comprehensive Model for
Future Research. Curr. Addict. Rep. 2015, 2, 156–162. [CrossRef]

16. Wang, J.-L.; Wang, H.-Z.; Gaskin, J.; Wang, L.-H. The role of stress and motivation in problematic smartphone
use among college students. Comput. Hum. Behav. 2015, 53, 181–188. [CrossRef]

17. Toda, M.; Ezoe, S.; Nishi, A.; Mukai, T.; Goto, M.; Morimoto, K. Mobile phone dependence of female students
and perceived parental rearing attitudes. Soc. Behav. Pers. 2008, 36, 765–770. [CrossRef]

18. King, A.L.S.; Valença, A.M.; Silva, A.C.O.; Baczynski, T.; Carvalho, M.R.; Nardi, A.E. Nomophobia:
Dependency on virtual environments or social phobia? Comput. Hum. Behav. 2013, 29, 140–144. [CrossRef]

19. King, A.L.; Valença, A.M.; Nardi, A.E. Nomophobia: The Mobile Phone in Panic Disorder with Agoraphobia:
Reducing Phobias or Worsening of Dependence? Cognit. Behav. Neurol. 2010, 23, 52–54. [CrossRef] [PubMed]

20. Griffiths, M.D. Technological addictions. Clin. Psychol. Forum 1995, 76, 14–19.
21. Griffiths, M. Behavioural addiction: An issue for everybody? Empl. Couns. Today 1996, 8, 19–25. [CrossRef]
22. Marks, I. Behavioural (non-chemical) addictions. Br. J. Addict. 1990, 85, 1389–1394. [CrossRef] [PubMed]
23. American Psychiatric Association (APA). Diagnostic and Statistical Manual of Mental Disorders (DSM-5);

American Psychiatric Association: Washington, DC, USA, 2013.
24. van Rooij, A.J.; Ferguson, C.J.; Colder Carras, M.; Kardefelt-Winther, D.; Shi, J.; Aarseth, E.; Deleuze, J. A

weak scientific basis for gaming disorder: Let us err on the side of caution. J. Behav. Addict. 2018, 7, 1–9.
[CrossRef] [PubMed]

25. Lin, Y.H.; Chang, L.R.; Lee, Y.H.; Tseng, H.W.; Kuo, T.B.; Chen, S.H. Development and validation of the
Smartphone Addiction Inventory (SPAI). PLoS ONE 2014, 9, e98312. [CrossRef] [PubMed]

26. Brown, R.I.F. Some contributions of the study of gambling to the study of other addictions. In Gambling
Behavior and Problem Gambling; University of Nevada Press: Reno, NV, USA, 1993.

http://dx.doi.org/10.2196/jmir.6838
http://www.ncbi.nlm.nih.gov/pubmed/28381394
http://dx.doi.org/10.1089/tmj.2014.0105
http://www.ncbi.nlm.nih.gov/pubmed/25536190
http://dx.doi.org/10.1089/g4h.2014.0046
http://www.ncbi.nlm.nih.gov/pubmed/26182069
https://www.statista.com/statistics/274774/forecast-of-mobile-phone-users-worldwide/
http://dx.doi.org/10.1371/journal.pone.0182239
http://dx.doi.org/10.1016/j.chb.2013.10.049
http://dx.doi.org/10.1016/j.chb.2016.05.026
http://dx.doi.org/10.1002/acp.1429
http://dx.doi.org/10.1186/1471-2458-11-66
http://www.ncbi.nlm.nih.gov/pubmed/21281471
http://dx.doi.org/10.1016/j.aap.2007.04.005
http://www.ncbi.nlm.nih.gov/pubmed/18215534
http://dx.doi.org/10.1016/j.compedu.2016.03.007
http://dx.doi.org/10.1016/j.chb.2015.10.030
http://dx.doi.org/10.1007/s40429-015-0054-y
http://dx.doi.org/10.1016/j.chb.2015.07.005
http://dx.doi.org/10.2224/sbp.2008.36.6.765
http://dx.doi.org/10.1016/j.chb.2012.07.025
http://dx.doi.org/10.1097/WNN.0b013e3181b7eabc
http://www.ncbi.nlm.nih.gov/pubmed/20299865
http://dx.doi.org/10.1108/13665629610116872
http://dx.doi.org/10.1111/j.1360-0443.1990.tb01618.x
http://www.ncbi.nlm.nih.gov/pubmed/2285832
http://dx.doi.org/10.1556/2006.7.2018.19
http://www.ncbi.nlm.nih.gov/pubmed/29529886
http://dx.doi.org/10.1371/journal.pone.0098312
http://www.ncbi.nlm.nih.gov/pubmed/24896252


Behav. Sci. 2018, 8, 74 11 of 13

27. Griffiths, M. A ‘components’ model of addiction within a biopsychosocial framework. J. Subst. Use 2005, 10,
191–197. [CrossRef]

28. Hussain, Z.; Griffiths, M.D.; Sheffield, D. An investigation into problematic smartphone use: The role of
narcissism, anxiety, and personality factors. J. Behav. Addict. 2017, 6, 378–386. [CrossRef] [PubMed]

29. Richardson, M.; Hussain, Z.; Griffiths, M.D. Problematic smartphone use, nature connectedness, and anxiety.
J. Behav. Addict. 2018, 7, 109–116. [CrossRef] [PubMed]

30. World Health Organization (WHO). Public Health Implications of Excessive Use of the Internet, Computers, Smartphones
and Similar Electronic Devices: Meeting Report, Main Meeting Hall, Foundation for Promotion of Cancer Research, National
Cancer Research Centre, Tokyo, Japan, 27–29 August 2014; WHO: Geneva, Switzerland, 2015.

31. Cho, S.; Lee, E. Development of a brief instrument to measure smartphone addiction among nursing students.
Comput. Inform. Nurs. 2015, 33, 216–224. [CrossRef] [PubMed]

32. Kwon, M.; Kim, D.J.; Cho, H.; Yang, S. The smartphone addiction scale: Development and validation of a
short version for adolescents. PLoS ONE 2013, 8, e83558. [CrossRef] [PubMed]

33. Igarashi, T.; Motoyoshi, T.; Takai, J.; Yoshida, T. No mobile, no life: Self-perception and text-message
dependency among Japanese high school students. Comput. Hum. Behav. 2008, 24, 2311–2324. [CrossRef]

34. Coyne, J.C. Toward an Interactional Description of Depression. Psychiatry 1976, 39, 28–40. [CrossRef]
[PubMed]

35. Joiner, T.E.; Metalsky, G.I.; Katz, J.; Beach, S.R.H. Depression and Excessive Reassurance-Seeking. Psychol. Inq.
1999, 10, 269–278. [CrossRef]

36. Lu, X.; Watanabe, J.; Liu, Q.; Uji, M.; Shono, M.; Kitamura, T. Internet and mobile phone
text-messaging dependency: Factor structure and correlation with dysphoric mood among Japanese adults.
Comput. Hum. Behav. 2011, 27, 1702–1709. [CrossRef]

37. Ha, J.H.; Chin, B.; Park, D.H.; Ryu, S.H.; Yu, J. Characteristics of excessive cellular phone use in Korean
adolescents. CyberPsychol. Behav. 2008, 11, 783–784. [CrossRef] [PubMed]

38. Lee, Y.-K.; Chang, C.-T.; Lin, Y.; Cheng, Z.-H. The dark side of smartphone usage: Psychological traits,
compulsive behavior and technostress. Comput. Hum. Behav. 2014, 31, 373–383. [CrossRef]

39. Butt, S.; Phillips, J.G. Personality and self reported mobile phone use. Comput. Hum. Behav. 2008, 24, 346–360.
[CrossRef]

40. Drouin, M.; Landgraff, C. Texting, sexting, and attachment in college students’ romantic relationships.
Comput. Hum. Behav. 2012, 28, 444–449. [CrossRef]

41. Bianchi, A.; Phillips, J.G. Psychological Predictors of Problem Mobile Phone Use. CyberPsychol. Behav. 2005,
8, 39–51. [CrossRef] [PubMed]

42. Whiteside, S.P.; Lynam, D.R. The Five Factor Model and impulsivity: Using a structural model of personality
to understand impulsivity. Pers. Individ. Differ. 2001, 30, 669–689. [CrossRef]

43. Kokkinos, C.M.; Antoniadou, N.; Markos, A. Cyber-bullying: An investigation of the psychological profile
of university student participants. J. Appl. Dev. Psychol. 2014, 35, 204–214. [CrossRef]

44. Khang, H.; Kim, J.K.; Kim, Y. Self-traits and motivations as antecedents of digital media flow and addiction:
The Internet, mobile phones, and video games. Comput. Hum. Behav. 2013, 29, 2416–2424. [CrossRef]

45. Khang, H.; Woo, H.; Kim, J.K. Self as an antecedent of mobile phone addiction. Int. J. Mob. Commun. 2011,
10, 65–84. [CrossRef]

46. Zheng, F.; Gao, P.; He, M.; Li, M.; Zhou, Z.; Yu, Z.; Zeng, Q. Association between mobile phone use and
inattention in 7102 Chinese adolescents: A population-based cross-sectional study. BMC Public Health 2014,
14, 1022. [CrossRef] [PubMed]

47. Billieux, J.; Gay, P.; Rochat, L.; Van der Linden, M. The role of urgency and its underlying psychological
mechanisms in problematic behaviours. Behav. Res. Ther. 2010, 48, 1085–1096. [CrossRef] [PubMed]

48. Augner, C.; Hacker, G.W. Associations between problematic mobile phone use and psychological parameters
in young adults. Int. J. Public Health 2012, 57, 437–441. [CrossRef] [PubMed]

49. Aluja, A.; García, Ó.; García, L.F. Relationships among extraversion, openness to experience, and sensation
seeking. Pers. Individ. Differ. 2003, 35, 671–680. [CrossRef]

50. Delevi, R.; Weisskirch, R.S. Personality factors as predictors of sexting. Comput. Hum. Behav. 2013, 29,
2589–2594. [CrossRef]

51. Pearson, C.; Hussain, Z. Smartphone Use, Addiction, Narcissism, and Personality: A Mixed Methods
Investigation. Int. J. Cyber Behav. Psychol. Learn. 2015, 5, 17–32. [CrossRef]

http://dx.doi.org/10.1080/14659890500114359
http://dx.doi.org/10.1556/2006.6.2017.052
http://www.ncbi.nlm.nih.gov/pubmed/28849667
http://dx.doi.org/10.1556/2006.7.2018.10
http://www.ncbi.nlm.nih.gov/pubmed/29415553
http://dx.doi.org/10.1097/CIN.0000000000000132
http://www.ncbi.nlm.nih.gov/pubmed/25636040
http://dx.doi.org/10.1371/journal.pone.0083558
http://www.ncbi.nlm.nih.gov/pubmed/24391787
http://dx.doi.org/10.1016/j.chb.2007.12.001
http://dx.doi.org/10.1080/00332747.1976.11023874
http://www.ncbi.nlm.nih.gov/pubmed/1257353
http://dx.doi.org/10.1207/S15327965PLI1004_1
http://dx.doi.org/10.1016/j.chb.2011.02.009
http://dx.doi.org/10.1089/cpb.2008.0096
http://www.ncbi.nlm.nih.gov/pubmed/18991536
http://dx.doi.org/10.1016/j.chb.2013.10.047
http://dx.doi.org/10.1016/j.chb.2007.01.019
http://dx.doi.org/10.1016/j.chb.2011.10.015
http://dx.doi.org/10.1089/cpb.2005.8.39
http://www.ncbi.nlm.nih.gov/pubmed/15738692
http://dx.doi.org/10.1016/S0191-8869(00)00064-7
http://dx.doi.org/10.1016/j.appdev.2014.04.001
http://dx.doi.org/10.1016/j.chb.2013.05.027
http://dx.doi.org/10.1504/IJMC.2012.044523
http://dx.doi.org/10.1186/1471-2458-14-1022
http://www.ncbi.nlm.nih.gov/pubmed/25273315
http://dx.doi.org/10.1016/j.brat.2010.07.008
http://www.ncbi.nlm.nih.gov/pubmed/20708729
http://dx.doi.org/10.1007/s00038-011-0234-z
http://www.ncbi.nlm.nih.gov/pubmed/21290162
http://dx.doi.org/10.1016/S0191-8869(02)00244-1
http://dx.doi.org/10.1016/j.chb.2013.06.003
http://dx.doi.org/10.4018/ijcbpl.2015010102


Behav. Sci. 2018, 8, 74 12 of 13

52. Stead, H.; Bibby, P.A. Personality, fear of missing out and problematic internet use and their relationship to
subjective well-being. Comput. Hum. Behav. 2017, 76, 534–540. [CrossRef]

53. Cheever, N.A.; Rosen, L.D.; Carrier, L.M.; Chavez, A. Out of sight is not out of mind: The impact of restricting
wireless mobile device use on anxiety levels among low, moderate and high users. Comput. Hum. Behav.
2014, 37, 290–297. [CrossRef]

54. Yildirim, C.; Sumuer, E.; Adnan, M.; Yildirim, S. A growing fear: Prevalence of nomophobia among Turkish
college students. Inf. Dev. 2016, 32, 1322–1331. [CrossRef]

55. Chóliz, M. Mobile-phone addiction in adolescence: The Test of Mobile Phone Dependence (TMD).
Prog. Health Sci. 2012, 2, 33–44.

56. Andreassen, C.S.; Pallesen, S.; Griffiths, M.D. The relationship between addictive use of social media,
narcissism, and self-esteem: Findings from a large national survey. Addict. Behav. 2017, 64, 287–293.
[CrossRef] [PubMed]
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