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Used as initial values of
target model’s optimization
8 Polymer 4 (pre) 4 (obs) 4 (anneal) 13(pre) 13 (obs) 13 (anneal) 19 (pre) 19a (obs)
Res u Its N Ty (°C) (DSC) 28 N/A* 7 228 N/A* 7 121 194
€ T, (°C) (FSC) 286 221 - 298 226 - 121 191
2., =d Tm (°C) (FSC) 404 513 - 426 494 - 321 303
i g A a (mm?/s) - 0168  0.263 0.152 0.254 - 0.133
X g 3 A9 Cp (at 25-27°C) - 1.13 - - 1.14 1.10 - 1.19
Synthesis £ p(at 16-20°C) | 1.308  1.373 - 1288 1.205 1.386 1.260 1.233
failed 8 : A A (W/mK) 0246 0261  0408%* 0225 0224 0.387 0.218 0.195
) Ninn (dL/g) R 0.193 R R 0.317 R R 0.313
v TG (°C) 400 >500 - - 361
(19a) x) 3) Prodiction (WimK) Xc 0.16 0.30 0.30 0.09%

0 n -g Oi n g All-in-one materials design Python package: XenonPy
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