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INTRODUCTION AND OBJECTIVES RESULTS

Sample Descriptions: There was a higher portion of dementia cases (34% vs. 15%), and proxy-respondents (22% vs. 6%) in the training data compared to

the validation data. While training data participants also had more physical functioning limitations, the two groups were similar in sociodemographics and
cognitive functioning. Algorithm Descriptions: Separate algorithms were used for self-respondents versus proxy-respondents by all authors except Wu et
al, who used the missing-indicator method to combine self- and proxy- respondents into a single algorithm and setting non-applicable items to O (Table 1).

* Dementia ascertainment is time-consuming and costly, thus it is
difficult to describe and monitor trends and disparities in the
prevalence and incidence of cognitive impairment.
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CONCLUSIONS AND DISCUSSION
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