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ABSTRACT

Water distribution systems are important lifelines and a critical and complex
infrastructure of a country. The performance of this system during unexpected rare events
is important as it is one of the lifelines that people directly depend on and other factors
indirectly impact the economy of a nation. In this thesis a couple of methods that can be
used to predict damage and simulate the restoration process of a water distribution system
are presented. Contributing to the effort of applying computational tools to infrastructure
systems, Artificial Neural Network (ANN) is used to predict the rate of damage in the
pipe network during seismic events. Prediction done in this thesis is based on earthquake
intensity, peak ground velocity, and pipe size and material type. Further, restoration
process of water distribution network in a seismic event is modeled and restoration
curves are simulated using colored Petri nets. This dynamic simulation will aid decision
makers to adopt the best strategies during disaster management. Prediction of damages,
modeling and simulation in conjunction with other disaster reduction methodologies and

strategies is expected to be helpful to be more resilient and better prepared for disasters.
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1. GENERAL INTRODUCTION

Though the world is becoming smaller and smaller thanks to rapid developments in
various sectors, systems are becoming increasingly complex whether it is telecommunication,
transportation, power or water distribution systems. This complexity may be due to the
increase in number of components, physical scaling, or due to increased interdependencies
among various components. The complexity further increases when these infrastructures are
subject to natural or manmade disasters.

In recent years much has been learned from natural disasters and risk to infrastructure
systems. It is estimated that, the total direct economic loss from natural catastrophes during
the decade of 1987-1997 was 700 billion USD, an average loss of 70 billion USD per year.
Increasing population concentrations and fragile infrastructures in hazard prone areas are the
main causes of the increased catastrophes costs (Munich Re 1998a). Among these
catastrophes, earthquakes are responsible for 15% of the total number of events, and 30% of
the total damage (Munich Re 1998b). Earthquake induced damage is related to the physical
vulnerability of network components. The ideal situation of making all components seismic
resistant might be technically possible, but is practically infeasible for economic reasons.

Research has been done in the field of earthquake engineering to improve the
performance of infrastructure systems by, for example doing seismic analysis of building,
bridges and other structures. Damages to these civil infrastructures can result in tremendous
socioeconomic impacts. According to Dong, (2002), traditional and conventional earthquake
engineering cannot meet the growing demand for effective seismic mitigation strategies. Risk
management of utilities is more complex and far reaching than current methods can handle.
By adopting smart strategies, utilities can improve performance but they require more
comprehensive approaches and better tools, which can be used effectively by their workforce

(Grigg 2003).



Past experiences show the importance and necessity of studying the performance of
water systems during and after an earthquake. Relatively few companies have disaster plans
that are developed to address a situation imposed by a large earthquake. Also, due to lack of
experience, particularly outside California there is a need to develop effective methods to
evaluate and exercise the plans (Schiff and Tang 1995). Predicting and anticipating the
performance during such events combining multidisciplinary knowledge and advanced
computational and simulation tools is also important. It is desirable to develop effective
analytical methods and tools to predict possible damages under different earthquake
scenarios (Dong 2002). In other words, for a given water system it is desirable to know in
advance the system’s performance and its operation status following an earthquake event.
Replacement cost of utilities is higher relative to the cost of retrofitting the existing lines.
Also the concern is if an earthquake occurs shortly after the replacement and incurs damage
which will lead to unduly criticism. (Schiff and Tang 1995). This too points to the
importance of using the prediction and forecasting tools, and being knowledgeable about the
future to the greatest possible extent and taking action accordingly.

Simulating and analyzing different anticipated system condition will aid in making
decisions about system upgrades, hazard mitigation, and disaster reduction planning
(Shinozuka 2002). In addition, modeling the restoration process and response to natural or
deliberate disruptions, can help in estimating monetary losses as well. This is because models
can allow mapping of failed components with repair costs by embedding network component
correlation in their formulation. A number of studies have looked at work flow scheduling,
resource management in workflows, and scheduling using constraint satisfaction techniques.
However there is not much research published regarding the simulation of workflows,
depicting real restoration process and resource allocation of water distribution systems

impacted by earthquake.



In cooperation with the Federal Emergency Management Agency (FEMA), the
Technical Support Working Group has developed a system called Pipeline Net that can
calculate, locate, and map the population at risk from the introduction of contaminants to the
public water supply. This modeling method which integrates EPANET and Arcview help
assess the risk to public water supplies. However this may not be of much use in the disaster
management after a disaster like earthquake, because for physical damage simulation of
interconnected components, the flows of activities are more important to bring the system
into the previous level performance. So a general systems modeling language like SysML
and simulation tool like Colored Petri nets that can model a general system can be more
useful for modeling the activities after a seismic event.

A number of diagrams in Sys ML can be used to completely represent a system and is
shown in Figure 1.1 Sys ML is a domain specific modeling language for Systems
Engineering that can model a wide range of systems, including hardware, software,

information, processes, personnel, and facilities.

SysML Diagram
| | I
Structure Behavior Cross-Cutting
Diagram Diagrarm Diagram
Paramatric )
Block Diagram Constraint I;‘.c”"'ly 3“’;? Machine PD‘.'”“'Q“' Rquylremem
Diagram lagram lagram lagram lagram
—
Block Definition Internal Block Sequence Use Case
Diagram Diagram Diagram Diagram

FIG. 1.1. System Modeling Diagrams (www. Sysml.org)



The possible interdependencies of a water distribution system during an earthquake
scenario are represented using a top level use case diagram in Figure 1.2. According to
Bittner and Spence, (2002) described in page xvi, "Use cases, stated simply, allow
description of sequences of events that, taken together, lead to a system doing something
useful”. Use case diagrams describe the basic functionality of the system and interaction with
its actors, Also use cases are a means of communicating to users and other stakeholders what
the system is intended to do. The system can be represented using the Department of

Defense Architecture Framework (DoDAF) and is given as Appendix C.
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FIG.1.2 Water System in Earthquake Scenario- Use Case Diagram



The "include" relationship provides a mechanism for factoring out common
functionality which is shared among multiple use cases. The "extend" relationship provides
optional functionality, which extends the base use case at defined extension points under
specified conditions.

In a water system, the distribution lines are vulnerable to earthquake damage and
compromising system performance. Therefore a computational tool, such as, Artificial
Neural Networks (ANN), are used to predict the damage / repair rate in seismic events and
Colored Petri nets (CPN) are used to model the restoration process and simulate the
restoration curves. An artificial neural network (ANN), often just called a Neural Network
(NN), is a mathematical model or computational model based on biological neural networks.
It consists of an interconnected group of artificial neurons and processes information using a
connectionist approach to computation.

Colored Petri nets are a discrete event modeling language combining Petri nets with
the functional programming language Standard ML. It is extensively used for modeling and it
is primarily used for studying the dynamic concurrent behavior of network based systems
where there is a discrete flow. Petri nets provide the foundation of the graphical notation and
primitives for modeling. Standard ML provides primitives for the definition of data types, for
creating compact and parameterisable models. (Jensen et al. 2007). Places, transitions and
arcs form the basic structure of a Petri Net, places and transitions are the nodes and the arc
connects from a place to a transition or a from a transition to a place. There can be zero or
more tokens at a place. Petri nets represent a system, through the use of graphical
representations called transitions, places, tokens and arcs. A system explained by an ‘event’,
‘actor’, ‘task’ may be represented by a transition in a Petri net. The token or object in this

graphical language can represent physical objects or conceptual objects such as policies.



One of the properties of Petri nets is sequential execution, which means, for example
if a transition T2 is following a transition T1 in Petri net network, T2 can fire only after the
firing of T1. Another property of Petri nets is synchronization by which if there are two input
places connected to a transition, that transition will be enabled only when there is a token at
each of its input places. In 1962, Carl Adam Petri, originally proposed Petri nets with out any
notion of time. In the 1970s time was added in order to analyze the performance of modeled

system. Colored and timed Petri nets are extension of classical Petri nets and represented in

Figure 1.3.
Classical Petri nets
\§ J
| P < 1
Colored Petri nets Timed Petri nets Hierarchical Petri nets
\§ J

FIG.1.3. Extension of Petri nets

The research is presented as two different papers in this thesis. The broad objectives
are to 1) Use artificial neural network to predict the damage rate of water distribution lines
during seismic events. 2) Demonstrate the application of colored Petri nets for post
earthquake restoration modeling and 3) Develop a earthquake restoration model for the trunk

lines of a water distribution system.



PAPER
1. PREDICTION OF DAMAGE/REPAIR RATES IN WATER DISTRIBUTION

SYSTEMS DUE TO SEISMIC EVENTS USING ARTIFICIAL NEURAL NETWORK

ABSTRACT

Water distribution systems are important lifelines that can be affected by natural
disasters, such as earthquakes. It has been reported that it takes one to two weeks or more to
restore the water distribution system to a fully functional level after a major earthquake
strikes. So, it would be beneficial to society if one could predict the damage/repair rate
experienced by the water distribution system. These predictions can be used by city planners
or developers to identify the weak sections in the system and to improve its resilience. In this
paper, feed forward back error propagating multilayer neural network is used for the
prediction and it is trained using the damage statistics available for different earthquakes in
twelve different locations. The training was done using earthquake magnitude, pipe diameter
and material type, and peak ground velocity (PGV) as input parameters and the
damage/repair rate per thousand ft as output parameter. The output of the neural network
model was compared with two other empirical formulae and the results were found to be

promising.

INTRODUCTION

Water delivery systems, particularly underground pipelines, can be severely
damaged by strong ground motions during earthquakes. In addition to the direct impact on
the system, such as interruption of water supply and inadequate supply for fire fighting, there

will be other consequences such as pressure head losses, subsequent loss of water service,



water pumping and hauling costs, and erosion of roadway subgrades due to leaks and spills,
which can be detrimental to the local community. Other potential adverse consequences
include flooding of roads and nearby basements and damage to adjacent utilities and
foundations (Hong 2006). In 2001, the US Environmental Protection Agency (EPA) released
a national survey of drinking water infrastructure needs which concluded that approximately
151 billion dollars would be needed over twenty years to repair, replace, and upgrade the
nation's 55,000 community drinking water systems to protect public health (ASCE 2005).
Upgrading the distribution system is a strategy adopted by authorities to reduce potential
damage, and often the first step in the seismic upgrade of a pipeline system is the evaluation
of the likely damage in the existing system due to earthquakes (O'Rourke and Deyoe 2004).

During seismic events, multiple pipelines in a water distribution network are
damaged simultaneously and, due to the complex nature of the physics affecting pipe damage
under seismic waves, damage assessment is something that still remains challenging (Dong
2004). This paper uses the Artificial Neural Network (ANN) method to predict the
damage/repair rates in water distribution systems due to seismic events. Artificial neurons are
typically nonlinear, and this is especially an important property when the physical process of
interest is absolutely nonlinear (Ham 2001). The term damage/repair rate is used herein since
most databases available consist of a record of the repairs to restore the systems, and repair
records are inherently associated with the damages caused by the earthquake event.

In many cases the data regarding damage to water distribution systems are expensive
to collect, incomplete, or unavailable (Allouche and Bowman 2006). However, ANNs can
tolerate missing data and still make reasonable predictions (Brawley 1993). The trained
network can be used for different earthquake scenarios to minimize the damage to an existing
network or to decide upon the pipe material type and diameter when laying out a new

distribution network. Also, the results of the network can be used by government agencies



while prioritizing the pipeline sections in the system for rehabilitation and can aid in the
restoration activity. This method is envisioned for use in conjunction with other methods to

give an accurate damage/repair rate for the scenario of interest.

DATA BASE DESCRIPTION

The data used for the ANN training was taken from the Part 2-Appendices of the
report entitled "Seismic Fragility Formulations for Water Systems”, which was published in
April 2001 by the American Lifelines Alliance. (ALA 2001) This Alliance is a public-
private partnership between the Federal Emergency Management Agency (FEMA) and the
American Society of Civil Engineers (ASCE). The various earthquakes that have been
considered for this study and their respective magnitudes are given in Table 1. Four
parameters that have a major impact on the distribution pipelines, pipe material type, pipe
diameter, earthquake magnitude and peak ground velocity (PGV) were used to train the
ANN. These parameters are not necessarily exhaustive, but are certainly significant factors
based on review of relevant literature (PAHO 2007; Pei Zongchang et al. 2005; O‘Rourke
and Jeon 1999) that can influence the damage to the distribution system in a seismic event.
The magnitude of the earthquakes (measured on the Richter scale) varied from a low of
M=6.3 in the 1933 Long Beach earthquake to a high of M=7.9 in the 1923 Kanto and 1968
Tokachi-oki earthquakes. The pipe material type used in these distribution systems consisted
of ductile iron, asbestos cement, steel, concrete pipe, cast iron, and in some cases a
combination of these materials. The pipe diameters were divided into three categories namely
large (> 12 in/~30.48 cm.), small (<12 in.) and Distribution Systems (DS). The Distribution
system consists of mostly small diameters, but may include some large diameters also. Peak
Ground Velocity (PGV) was recorded in in/sec at each of the sites considered. Data in which

the wave propagation is measured using peak ground acceleration (PGA) and Modified
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Mercalli Intensity (MMI) were omitted to maintain consistency in data used in training.
O'Rourke and Toprak (1997) carried out a study based on the 1994 Northridge earthquake
and found that the zones of highest PGV show a spatial correlation with the damage/repair

rate concentrations.

THE NEURAL NETWORK MODEL

A three layer back error propagating neural network model which has one input layer,
one output layer and a hidden layer was used in this study Though not always practically
feasible, Hornik et al. established that an Multilayer Perceptron Neural Network (MLP NN)
that has only one hidden layer with a sufficient number of neurons can act as a universal
approximator of nonlinear mappings (Ham and Kostanic, 2001). A supervised learning
algorithm which was provided with a set of input and target values was used to train the
network. Initially, the training was done using only two input parameters, the earthquake
magnitude (M) and PGV, assuming they were the main physical variables affecting the
phenomenon. However the training did not prove to be very successful, as the goal of 0.0001
MSE could not be achieved even after 10,000 epochs. Increasing the number of hidden
neurons was also attempted, but it did not show significant progress in reducing the error and
achieving the target.

Consequently, the pipe diameter and material type were included in the training and
the number of hidden neurons was optimized to produce a minimum error. Including those
two parameters significantly improved the training and the network achieved its goal in less
than 100 epochs, which shows that those two parameters influence the damage/repair rates.
From a data set of eighty, sixty four were used for training; the remaining 16 were used for
testing. The Tansig transfer function was used in the hidden layer and Purelin in the output

layer, both of which are commonly used transfer functions. Eighteen neurons in the hidden
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layer performed best, which resulted in an average prediction error of fifteen percent.
Training results are shown in Figure 1 while Figure 2 shows the testing results; the errors are

reasonable and acceptable.

Performance Analysis

The developed network was analyzed by comparing the predicted value and actual
damage/repair rates. The network was also analyzed for its performance by comparing with
the empirical wave propagation fragility developed by O‘Rourke and Jeon (1999) and also
with the one developed by the American Lifeline Alliance (O'Rourke and Deyoe 2004).
O’Rourke and Jeon (1999) developed an empirical relationship using data from the 1994

Northridge earthquake, whose formulation has the following form:

1.22
R = (Vmax j

The American Life Alliance project developed the following wave propagation damage
relation based on an analysis of 81 data points from 12 earthquakes,

RR=0.0024 Vmax (2)
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where, RR = the repair rate in damage/repairs per kilometer,

Vmax = the peak horizontal velocity (PGV) in cm/sec

The same set of data was used in all the three cases to facilitate comparisons. Table 2
shows the percentage error noted in the estimation of the damage/repair rates using equations
(1) and (2) and also the prediction error of the network model developed.

The results show that the neural network prediction is comparable with other methods
and can be used for the prediction of damage/repair rates with reasonable accuracy. As the
empirical formula is based on only one of the variables, PGV, any error in recording that
value might result in incorrect estimation of the damage rates, while the ANN model uses a
number of contributing factors which will tolerate the missing and misrepresented data and
still do a reasonable prediction. So, the ANN model can be effectively used in conjunction

with other methods to get a more reliable picture of the potential damage scenario.

CONCLUSIONS

In this study a feed forward back error propagating multilayer neural network was
used to predict the damage/repair rate of buried pipelines in water distribution systems for
different earthquake scenarios. The observed error in predicting the damage/repair rates
might be attributed to input parameters not included such as corrosion data. For example,
corrosion is thought to have had an influence on the damage rate in the 1983 Coalinga
earthquake. Similarly, sample size is also important in the wave propagation damage
statistics, which means that, small damage/repair rates require data over a large length of pipe
to enable good confidence in the data. If these factors are considered for and incorporated
into the training, the neural network proves to be a promising methodology for the prediction

of the rate of damage/repair of buried pipelines in water distribution systems.
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Table 1. Earthquakes whose Data used for Network Training

Year Place Magnitude
1923 Kanto, Japan 7.9
1933 Long Beach, CA 6.3
1964 Niigata, Japan 7.5
1965 Puget Sound, WA 6.5
1968 Tokachi-oki, Japan 7.9
1971 San Fernando, CA 6.7
1979 Imperial Valley, CA 6.5
1983 Coalinga, CA 6.7
1989 Loma Prieta, CA 6.9
1989 Mexico 7.4
1994 Northridge, CA 6.7

1995 Hyogoken-nanbu, Japan 6.9




Table 2. Performance Comparison
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Method

Empirical Equation (O'Rourke)
Empirical Equation (American Lifeline
Alliance)

Neural Network Model

Percentage
Error

13.01

13.96

14.99
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2. POST EARTHQUAKE RECOVERY OF WATER SYSTEMS:

DISCRETE EVENT SIMULATION USING COLORED PETRINETS

ABSTRACT

Planning and preparedness is essential for any resilient infrastructure system. Modeling
and simulation give engineers and planners a better understanding of the system and helps
them make better decisions. The objective of this study is to demonstrate an improved
model for disaster restoration process, using discrete event simulation approach. The study
also aims to help improve the post earthquake restoration process by simulating restoration
curves. In this paper Colored Petri Nets (CPN) are used to model the system and simulate its
behavior. Resource allocation after a rare event like an earthquake differs from the resource
allocation of projects and processes in that the requirement and the time taken to do the
repair/recovery is not known before hand, and also the priorities might change in different
operational plans/strategies. The trunk network of Tokyo water distribution system is taken
as an example to present the scenario to model the restoration process. Timed simulation
allows visualizing the restoration progress, which is usually depicted as a restoration curve.

The results on the restoration time are presented based on multiple simulations.

INTRODUCTION

Lifeline infrastructures are a sector in industry that requires year round attention and
vigilance. These infrastructures are complex interconnection of electrical, mechanical,
electronic components to name a few. A water distribution system for example, is a complex
combination of pipe networks, electric systems, pumping systems, tanks and a number of
software controlling all these. The safety and security standards of this century requires tools

that are capable of analyzing and understanding infrastructures in large-scale disasters
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involving a multitude of components and associated complexities. Also they can turn out to
be incapable when a large natural disaster like an earthquake strikes. It would be
advantageous to utilize the computational and modeling tools that have been developed to
effectively and efficiently handle the situation. Nowadays, using computer science and
information technology to support decision making skills and enhance problem solving
abilities is widely recognized as a novel direction to help manage large scale environmental
emergencies. (Cortes et al. 2000).

The extent of structural and functional disruption following an earthquake and similar
disasters depends on factors like the site geology and soil conditions, the location, the
strength of infrastructure, and the intensity of the damaging forces. The structural damage
caused to the infrastructure can be called the hard damage and the cessation and the slowing
of the functions of various systems caused by hard damage can be called soft damage. (Isumi
1985). Depending on the importance of the component and its location in the network, even a
small hard damage, may lead to soft damage large enough to stop all functionality, in this
case getting water delivered to the points of interest.

Functional disruption and its associated impacts on infrastructure performance are
important for a number of reasons. These functional disruptions are directly related to the
business activities, which have a profound effect on economic activities, some other times it
may required for the calculation of total losses in these events. It will be useful in taking
operational decisions and also while planning infrastructures. According to Chang et al.
(1999) in addition to causing repair costs, the functional interruption, the physical damage
disrupts the normal economic activities. While assessing the economic loss due to the
disruption, duration of the functionality loss is as important as the spatial extent and its
severity. One of the factors on which the resilience of a community is depends is the rate at

which functionality can be restored after an earthquake. (Cagnan et al. 2006).
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Post-disaster repair and system restoration modeling is one of the critical gaps in
modeling the economic impact of earthquakes (Chang et al. 1999).The pace and sequence of
the restoration process has impact on business interruption which in turn have a profoundly
affects a nation’s economy. Resources are a crucial part of disaster management, particularly
of restoration process, because they are the basis of taking actions to respond to or preparing
for environmental emergencies (Liu 2004). Because time, quantity and quality of the
resources are limiting factors, emergency managers have to try different prioritization
strategies to assign resources in space and time to the damage locations and improvement can
result by using computer based decision support systems. (Fiedrich et al. 2000). An effective
method to evaluate restoration process will be helpful since the duration of functionality loss
also important as spatial extent of disruption. Considering the reasons mentioned above a

timed computer modeling and simulation will be the one that will be apt for the situation

Damage in Past Earthquakes

In 1995 a M=6.9 earthquake struck the Osaka Bay in Japan, causing damage to pump
discharge lines of the city of Kobe. It took 12 days to repair these main lines, and complete
restoration of the Kobe water distribution took over two months (1,200-1,500 repairs). The
M=7.7, 1999 Chi Chi earthquake caused an interruption of potable water service to 360,000
households in Taiwan. An estimated one million people lost access to potable water in the
2001 Kutch earthquake (M=7.7) in India. (Scawthorn et.al. 2005).
In the 1989 Loma Prieta earthquake, the San Francisco water department experienced 70
water main breaks and 50 service line breaks. The East Bay municipal utilities identified over
1,290 water pipeline breaks following the earthquake, including a 60 inch raw water pipeline
supplying water to a filter plant. The San Jose water company reported 155 breaks, 67 of

which were repaired in first 48 hours. (Dames and Moore 1999). In the 1994 Northridge
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earthquake Los Angeles Department of Water and Power's water system facilities incurred
extensive damage throughout San Fernando Valley and in the Sherman Oaks area. There was
also localized damage to water supply systems in West Los Angeles area and throughout the
eastern San Fernando Valley. Immediately following the earthquake, approximately 100,000
customers were without water. Within 5 days, water service was restored to all but a few
thousand customers; after 10 days, less than 100 scattered customers were without water. The
Department of Water and Power estimates that repairs of earthquake damage to the city's
water system cost approximately $40 million (Aurelius 1994). Seventy four trunk line repairs
were made in the San Fernando Valley, and mostly occurred in steel pipelines, with 80% of
all repairs in riveted and continuous wall steel piping. Sixty-six percent of repairs were in
continuous wall steel pipe, whereas only 56% of all trunk lines were composed of this type of

pipe (O’Rourke and Toprak 1997).

Review of Literature

The different approaches previously used in modeling post earthquake life restoration
include (1) statistical restoration curves approach, (2) deterministic resource constraint
approach, (3) discrete state, discrete transition Markov process and (4) network approach
(Cagnan and Davidson 2007).

In statistical restoration curve approach, expert opinion based on previous
experiences is utilized to develop a restoration curve. Gamma distributions are used as
restoration curves in the work done by Nojima et al.(2001) where the parameters of the
distributions are estimated as a function of damage level using data from previous
earthquakes. According to Chang et al. (1999) the disadvantage of this method is that issues
such as manpower constraints and the possibility of speeding up of the restoration process is

not effectively modeled. Aid from other sources, for example from nearby counties or from
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the government cannot be effectively modeled in this method. In a research carried out by
the Applied Technology Council (ATC), the number of repair days required to reach 100
percent capacity was estimated based on ground shaking intensity, Modified Mercalli
Intensity (MMI), facility type, and region of the US (ATC 1992).

In the deterministic resource constraint approach, the restoration model is developed
based on assumptions like number of service personnel available and accordingly the time
period required for the complete restoration is modeled. This approach has the advantage of
being able to depict the restoration progress both in time and space to a certain extent. The
downside of this method is that, since the restoration processes are modeled deterministically,
the uncertainty associated with activities like the restoration time is not effectively modeled.

The challenge of modeling the restoration processes as a discrete state, discrete event
Markov process is that model parameters and the associated probabilities need to be
estimated accurately. Isoyama et al. (1985), Iwata (1985) Kozin and Zhou(1991)and
Zhang(1992) used this approach in their studies.

In the network approach system consists of supply and demand nodes and these are
connected by links. For example, in the work by Nojima and Kameda (1992) graph theory
and optimization theory were combined to derive optimal restoration process and minimum
spanning trees methodology to output repair sequences. The system has to be simplified to
model the evolution of restoration in this approach. (Cagnan and Davidson 2007).

In empirical based approach, the restoration time is modeled as a function of
available resources for post disaster damage repair. Research by Ballantyne (1990), estimates
of unit repair time were developed, specifically that one repair crew could fix 2 pipe leaks or
one pipe break per 12 hour shift, assuming a fixed number of repair crews following a
disaster. He also assumed more severe resource constraints while modeling disasters of

higher order since other supporting facilities such as telecommunication, transportation,
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electric power are also likely to be disrupted, affecting the restoration process. Ballantyne
also gave twice as much as priority to business districts and industrial areas than to other
areas of the city which is quite reasonable.

Cagnan et al. (2006) used discrete event simulation to model post-earthquake
restoration processes of electric power systems, which can either be deterministic or
stochastic. This method considers the damage state and the available resources. Cagnan et al.
modeled the elements as entities (transmission substations and power plants), resources
(repair teams), events (repair), and variables (damage state). A commercially available

Promodel software package was used for the simulation.

Approach Used

The discrete event simulation approach described herein adopts features of the
research described above and adds some improvements. It is similar to the empirical based
approach of Ballantyne (1990) in that it accommodates dynamic variations like change in the
number of crew during the restoration process. It also incorporates other decision variables
such as repair prioritization plan and variation in the availability of resources. The
introduction of external resources from nearby areas or due to mutual aid agreements is an
example for the variability in availability of resources.

This study focuses on simulating the restoration process using a discrete event
approach, one the first few applications of discrete event simulation to the post-earthquake
restoration problem of water systems. This restoration modeling approach enables the explicit
representation of real life restoration processes. The timed restoration process can be
monitored at any desired stage of the simulation which is not usually possible in the
conventional simulation methods. For example, the stage and time of resource depletion can

be monitored and can be recorded in a file, which will help in analyzing situations and
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making various decisions, such as those about storage of resources. This simulation will also
help improve the estimation of restoration time required to estimate the economic loss due to
business interruption caused by water outages. This in turn, will indicate the need to improve
the restoration process for future anticipated earthquakes.

Restoration curves are usually plotted for a particular location or event mostly from
previous data or from past experiences, for example the restoration curves plotted in ATC-13
(ATC 1985). With the simulation, restoration curves can be plotted for range of events,
different magnitudes of earthquake and various resource capacities. The effect of mutual aid
agreements on restoration time and the preparedness of utilities for a impending disaster can
also be evaluated. Reallocation of resources or additional preparation required restoring the
system within a predetermined timeframe and related monetary limitations can be estimated.
Recent predicting / forecasting tools and methodologies in combination with the proposed
simulation can help to be better prepared for these rare events.

Domain-specific software may not always be sufficient to model and simulate the
system, particularly when the system interacts with external events. For example, when
modeling a water distribution system, the domain specific software can model the network,
simulate many scenarios like fire and pump speed, and can even animate the system. But that
may not effectively model events outside the system, such as the failure of service vehicle,
which might affect the total time taken for system recovery. A general system modeling
language/ tool can show the interdependencies between various components of the system,
can indicate the effect on the system when certain components are removed, replaced or get
damaged. For these reasons we use Colored Petri Nets (CPN) to model and dynamically

simulate the system.
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Colored Petri Nets (CPN)

CPN is a graphical oriented language for the design, specification, simulation, and
verification of systems. It is particularly well suited for systems in which communication,
synchronization, and resource sharing are important (Jensen 2007). The specification for a
system can be verified using different mathematical techniques and tools. CPN is one of the
formal specification techniques that can be used to model the system’s behavior and check its
correctness by analyzing liveness, boundness, and deadlock properties (Jensen 1992).

This graphical and mathematical modeling tool has been applied in many areas like
schedulability analysis (Tsai et al. 1995), modeling infrastructure interdependencies (Gursesli
and Desrochers 2003), failure and safety analysis of systems (Adamyan et al. 2002),
reliability analysis (Kavi et al. 1995) and many industrial applications like security and
access control of systems (Rasmussen and Singh 1996), to name a few. No significant work
has been done using CPN for disaster management of infrastructure systems.

CPN can model a system through the use of a few graphical representations named
places, transitions, tokens, and arcs. Places are represented by circles or ellipses, transitions
by rectangles, and arcs by directed arrows. The directed arc runs between places and
transitions. The arc expressions describe how the system changes when transitions occur. The
token or object in this graphical language can represent physical or even conceptual objects.
The features or characteristics that are explained by ‘event’, ‘actor,or ‘task’ in a system may
be represented by a transition in a Petri net. (Hee 1994).

CPNs can be used as a visual communication aid, similar to flow charts, block
diagrams, and network diagrams. A feature that differentiates Petri nets from other modeling
tools is the use of tokens to simulate the activities in the system. Also state equations,
algebraic equations, and other mathematical models can be used in Petri nets to describe or

simulate a system’s behavior (Kumar and Ganesh 1998)
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The formal definition of a Petri Net is given in a paper by Murata (1989)
5-tuple representation of a Petri net is,

PN =(P,T,F,W,Mo)

where

P ={p1, p2......pmy, a finite set of places
T ={t1.t2......t }, a finite set of transitions
F < (PxT) U (TxP) is a set of arcs ( flow relation)

W:F —{1,2,3....}is a weight function

M, : P —{0,1,2,.....} is the initial marking,

PNT=@and PUT # @
A Petri net structure without any specific initial marking is denoted by N = (P, T, F,W) and
with given initial marking is denoted by (N, Mo)

When the original Petri nets were introduced it did not have the notion of time. Later,
dynamic systems and various scheduling problems necessitated the introduction of timed
Petri nets. By means of colors, data can be specified and timed Petri nets can be considered
an extension of colored Petri nets, with time as a special color (Mulyar and Aalst 2005). One
of the advantages of using Colored Petri nets for the simulation is that it will record the
events that trigger the activities. It also helps to visualize which activity is taking more time
and the constraining resource causes it. Factors like interdependencies, conflicting priorities,
and substitution of resources which have an influence on overall resource allocation and

management can be represented using Petri nets (Kumar and Ganesh 1998).
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Timed CPN

Even though many CPNs are used to check the logical correctness of a system, they
can also be used to investigate its performance, e.g., maximum time used for the execution
of certain activities, average waiting time of certain requests, etc. (Jensen 1992). The time
factor is important when restoring water after a seismic event and the time taken to recover is
depends on the extent of damage, resources available, and also on the priority assigned to the
work. For this kind of analysis CPN model is extended in which time concept represented by
a continuous or discrete global clock. This is done by allowing the token to carry a time

stamp in addition to the token color.

Emergency Management

The restoration process of an infrastructure system after a major disruption falls within
the category of emergency management. The importance of having a functioning water
system after natural disasters, including earthquake is as follows
(ASCE, 1997)

¢ For emergency medical , public safety and emergency operating centers

e For emergency drinking water , food preparation and sanitary purposes

e For fire suppression, including high rise structures

e For restoration of business and industry for economy and employment

e For minimization of damage from flooding to other facilities

Cuny (1983) pointed out that it is very important for developing nations to work on
infrastructures in the process to achieve effective emergency management. Regardless of a

nation’s economic status, once a disaster strikes, emergency managers take certain steps to
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restore the systems. The process of emergency management involves four phases: mitigation,
preparedness, response, and recovery.

The overall flow of the activities is represented using an activity diagram and is shown in
Figure 1 based on 15A NCAC 18C .0307(e) of the North Carolina Public Water Systems
Rules. Activity diagram can be used to indicate the behavior of the system. Activity
modeling emphasizes the inputs, outputs, sequence, and also conditions for coordinating

other activities and functions.

Restoration Curves

Earthquake restoration models aid in estimating the economic impacts of earthquakes
or similar disasters on life line systems. The restoration process that happens after a
damaging event can be represented on a time varying graph denoted as a restoration curve.
They usually represent the degree or percentage of lifeline restoration progress after the
event. The graphs plotted are generally nonlinear and increase with time. This is true for most
of infrastructure systems as the time taken for recovery is large compared to other systems.
Restoration curves may differ considerably from one country to other also can differ from
one city to another (Oliveira et al. 2006) Restoration curves for water systems were

compared in the work by Kameda (2000).

Post Earthquake Investigation

Post earthquake investigation of water systems generally covers pumping stations,
treatment facilities, reservoirs, distribution and transmission systems, and fire services
(ASCE 1997).Generally for a water system there are control centers and service centers.
Control centers monitor the flows, pressures, water levels and the service centers or yards are

the places where equipments and materials are stored and also there will be fueling facilities.
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The service centers also may dispatch crews that restore the water system. A computer based
dispatching system and inventory control may be also located at the center. It will be a
location for the personnel to report after a disaster to meet for assignments in the recovery
operation. Past performance of the water systems during an earthquake shows that the most
physical damage to water systems normally occurs in the pipeline network (ASCE 1997).

Therefore, this work focuses on the distribution pipe network of the system.

METHODOLOGY

The methodology adopted in modeling and simulation is straightforward, depicting
the real life restoration process. The general flow of the steps that is used in the simulation is
given in Figure 2. The initial step of the simulation is the knowledge/acquiring of the damage
state. In this paper, the damage state is simulated from the damage probabilities that have
been already estimated in a work by Isoyama and Katayama (1981). Once the damage state is
simulated or fed into the model the required resources are estimated and compared with
available resources at the resource base/ repair yard. If enough resources are available, the
restoration starts and goes on concurrently, if not prioritization is done .The timed recovery
of the distribution system is monitored and restoration curve is plotted. Data that will change
according to location or other factors, for example, the resources available are read from
external files during simulation, which enables easier customization for different scenarios.
The modeling of the restoration processes is done in different modules, to allow the model to
be flexible and changes to be easily made when required. The detailed explanation of the

simulation steps is given in the later sections.
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Assumptions
Following are the assumptions that has been made when modeling the restoration process
e Emergency supply controls line shut off valves are in operation and is carried out
after the event appropriately
e All the nodes function properly
® Main principal components of the systems like reservoirs , tanks are recovered when
the restoration of the distribution components is going on

e The repair trucks are loaded with service and repair materials

Network

As an example of a large water distribution system we have taken the trunk water
supply network of the old metropolitan Tokyo district. This supply system is capable of
providing potable water to some 3,710,000 customers and it can serve a population of around

12,000,000. The distribution area and the schematic diagram is shown in Figure 3

Damage Probability Estimation

Damage state is simulated based on damage probabilities that are estimated for each
of the buried trunk lines. (Isoyama and Katayama 1981). The same procedure is adopted to
assign the damage probability and is explained briefly in this paper. The basic failure ratio
(number of failures per km) for a given earthquake intensity obtained from previous
earthquakes was modified based on three factors that influence the damage state of a
network: the effect of ground, pipe material and buried depth. The occurrence of failures
along the length of the pipeline was assumed to be a Poisson process. The modified failure

ratio Ry, (number of failures per km) of a pipe section ‘i’ with a length of L; is expressed as
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R, '=C/xC,/'xC /xR, (L
where

C,' -Ground Factor
C ' -Pipe Material Factor

C,' -Buried Depth Factor

R - Basic failure ratio

Poisson process is assumed along the length of the pipeline, so the probability of failure Py',

of the pipeline between nodes k and 1 is

P! =1-exp{-)_ R,'L, ?2)

i=1
where n is number of pipe sections between nodes k and 1 .

The uniform basic failure ratio R;=0.16 and 0.45 were taken in the area in which the
network was laid. R¢=0.16 is the average failure ratio of cast iron pipes caused by the 1923
Kanto earthquake of magnitude 8.3. Ry =0.45 was used as a more critical value. When using
the basic failure ratio for a given ratio for a given intensity, the number of failures of cast iron
pipe with a buried depth of one to three meter was taken. The ground factor, Cg, was taken as
2.0, 0.9, and 0.4 for different ground conditions. The weighting factors previously obtained
by Kubo and Katayama (1975, 1977) for the central part of Tokyo were used. The pipe
material factor, Cp, was determined using the damage ratio of water pipes in previous
earthquakes. The values of Cp thus obtained are 1.0 for cast iron pipes, 0.2 for ductile cast
iron pipes, and 0.1 for arc welded steel pipes. For very old gas welded steel pipes Cp =2.5

was assigned. The buried depth factor, C4 was determined by approximately considering the
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amplification of seismic motion within a single layered surface ground. The depth factor that

was used is given in Table 1.Damage probabilities estimated are given in Table 2.

Damage State Simulation

Based on the damage probabilities estimated, the damaged state of the network was
simulated to evaluate the system. Some of the possible damages that can happen to the buried
distribution lines are circumferential cracks, compressive buckling at welded slip joints or
axial pullout. This model distinguishes pipe damage as leaks and breaks. Damages that result
in partial loss of water are categorized as leaks and others as breaks. Distinguishing between
breaks and leaks will enable using different repair times and different resource requirements,
as repairing leaks require less time and fewer resources.

From a pool of randomly generated numbers, two numbers are selected and it is
compared with the damage probabilities estimated. If both the randomly generated numbers
are less than the damage probability then it is categorized as a break, if only one of the
random numbers is less than the damage probability then the damage state is categorized as a
leak If both the random numbers are greater than the damage probability then it is classified
as no damage for that simulation. A sample of the output generated is shown in the Figure 4.
These can be read form the simulation pages or/and can be written to an external file as

desired.

Estimation of Resources Required

The resources, including time required, vary depending on type and extent of
damages and also depending on site conditions like buried depth of pipelines. The time that
will be taken in general is documented, which will vary depending on the site conditions. For

example in the work by Chang et al. (1999), estimates are provided, of the number of the
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number of leaks and breaks in large and small diameter pipes that could be fixed by one
repair worker (as part of a crew) per day. For example, for large diameter pipes ( 20 inches
and larger) , it is assumed that a 4 person crew would require 6 hours to repair a leak or 12
hours to repair a break. In another study based on the Seattle water supply system, unit repair
times was estimated specifically that , one repair crew could fix two pipe leaks or one pipe
break per 12 hour shift (Ballantyne,1990). A fixed number of crew can be assumed to be
available following the disaster or if the data is not available for initial estimation and
simulation purposes, a fixed percentage based on the region’s population can be assumed.
Since repair times for each of the trunk lines in the network were available in our example, it
is used in simulation. It is taken that it takes six to seven days for cast iron and ductile iron
pipe, 8 to 9 days for a steel pipe and 16 days for a large buried depth. This was used in the
simulation, putting a 25 % random variability (longer or lesser) in the documented repair
times which can happen due to variable site conditions and other difficulties.

As the damage state was simulated the resources that might be required were
estimated. This simulation addressed four resources essential for recovery of water
distribution trunk lines during a disaster: restoration crews, repair trucks to take the crew and
the materials, excavators and replacement pipes. As this simulation is done for the trunk lines
(which are more than 600 mm in diameter) only one size pipe was considered. The model can
be modified to include different diameter pipes if a complete distribution network is
considered. In this model all the data that could vary frequently were usually read from
external files to make the model flexible. For example, the resource that is available at a
particular resource base is read from an external file. The simulation can be modified to also

account for randomness in the availability of the resources if desired.
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Prioritization

An important activity in emergency management for any infrastructure system is the
prioritizing the locations. Prioritization rules change depending on the system dealt with and
on the operational strategies adopted. While considering the situation after the occurrence of
an earthquake, among the various damages to the system, the trunk lines has to be prioritized
for resource allocation, since many times the resources available may not meet the
requirements. There has been research done in this area to optimize the order of recovery for
specified damages, for example work done by Fiedrich et al. (2000). Our paper does not
evaluate different prioritization strategies, but use a few prioritization rules to demonstrate
the methodology proposed, but can be used for evaluation of different strategies by running
different simulations and comparing the results

The prioritization strategy adopted in this simulation is based on the damage state and
also based on the importance of the trunk line in the network in terms of its carrying capacity.
Among the damage states breaks are given higher priority compared to leaks as the total
supply is cut off in case of breaks, and next priority is given to trunk lines having higher
branch flow assuming, they serve to higher demand nodes. The branch flow is calculated
using Hazen Williams’s formula and it is the volume of water that can be conveyed between

the adjacent nodes.

Resource Allocation

Managing resource allocation is inevitable in operational contexts, technological
contexts, and contemporary technological applications such as production systems,
infrastructure systems like transportation systems or water distribution systems. According to
Reveliotis (2005), “A common thread running in all of these is that they seek to limit the role

of human element to remote high level supervision, while placing the burden of real time
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monitoring and coordination of the activities upon a computerized control system.” Thus
managing the resource allocation of a large complex system undoubtedly calls for simulation
and modeling before major decisions like the locations of resource hubs are made.

Many previous studies dealt with resource allocation using CPN considered a
predetermined sequence for example in projects and processes resource allocation has been
attempted using colored Petri nets for project management (Kumar and Ganesh 1998), where
in the resources required for each of the processes is mostly known a priori. Resource
allocation to infrastructure systems for disaster management is different from the projects /
processes because of the following reasons

® Occurrence of disaster, locations, and components of the system that might get
affected is uncertain

e Resource allocation has to dynamic as the rate of damage and in turn the resources
required is not known in advance

® Once the disaster happen the factor time is very important particularly in the case of
lifeline infrastructures.

e  Work can be interrupted between stages as there is no fixed flow, but it is mostly

priorities whereas in processes fixed flow must be adhered to.

Once the location priority is known, the available resources must be allocated
according to availability. In this paper, it is assumed that the damage data at various locations
come directly from the field or be estimated indirectly using advanced technologies such as
remote sensing data if the scenario is a real time event. If the restoration modeling is done for

pre disaster planning, the damage state can be simulated as explained in this paper or using
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some other prediction tools like Artificial Neural Networks as in the research done by Luna
et al (2007).

Resources are allocated based on the priority calculated for the simulated damage
state of the system. The system we consider here has two resource bases with different
storage levels. Based on the proximity the damaged trunk lines to the resource bases
resources are drawn. If any of the resources are depleted, the simulation proceeds, drawing
the additional resources required. Since planning managers like to know from simulation
what stage of the restoration process were the resources got depleted and the corresponding
time, monitoring tool is applied at this part of the simulation which records the step and time
of occurrence of that activity. In other words whenever any of the required resources fall
below a certain predetermined level it automatically draws the required resources and
completes the simulation, but writes into the monitoring file what time and stage of the
restoration that happened. But if it is desired by the planning personnel to monitor during the
simulation then a break point monitor can be established in which the simulation stops when
the required resources go below a certain level. The simulation updates the available
resources depending on whether the resources are reusable like manpower, service vehicles,

or whether it is consumable resources like pipes, valves etc.

Loss of Function and Restoration time

As mentioned earlier in the paper, due to the physical damage which is the hard
damage there will loss of intended functions which is termed as soft damage. The factors
causing soft damage or the loss of function and the restoration time has been mentioned in
the ATC-13(1985). The degree of damage at a particular facility and degree of damage to all
lifelines on which the facility is dependent are the prime factors. The specific factors that

affect loss of function are
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¢ Direct damage to the facility ( structural and non structural)

e Equipment damage at the facility (contents)

e Damage to service lifelines at the facility

e Personnel loss

e Damage to remote lifelines serving the facility

e Interruption to raw material supplies , replacement parts and services to the facility
The first four items can be regarded as local or on site factors, while last two, represent
affects external to the facility.

In our research we focus on the last two factors which require a global system

analysis for evaluation (ATC, 1985). The restoration time depends on

e Degree of damage

e Importance of the facility in post earthquake recovery

e The availability of manpower and resources ( construction material and equipment )
e The availability of supplies, replacement parts, and services.

Because of the paucity of the statistical data loss of function and restoration time was
estimated in earlier earthquakes before 1985 by soliciting expert opinions through
questionnaires. (ATC 1985). In this work the loss of function is estimated based on the loss
of carrying capacity of the system assuming both are related. Based on the damage state
simulated and the branch flow of the trunk lines the loss of carrying capacity of the system is
estimated. Since the damage states are categorized as breaks and leaks, it is assumed that the
complete carrying capacity is lost for the trunk lines where the breaks have occurred. For the
leaks it is assumed fifty percent of the carrying capacity is lost. Extract from the simulation
page where this is done is shown in Figure5. Variable capacity loss for leaks can be

incorporated also if desired.
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Timed Recovery

The simulation gives time history of the restoration process as output. Even though
the simulation is done for distribution network of the system it can be similarly modeled for
other system components also. In the event of disruption of system due to earthquake it is
assumed the time for which the damage is occurring is comparatively negligible compared
with time that is taken for restoration. So the restoration curve will be continuously
progressing, the slope indicating the restoration progress

In this simulation time taken to repair breaks has not been given much variability, but
for the leaks time taken for recovery is given a higher variability as the category of leaks can
vary from just the disjointing of the pipes to higher order leaks, the degree which is usually
represented by the ratio of crack to the circumference of the pipe. The simulation stops when
the full recovery of the system has occurred. Because randomness is incorporated into the
simulation the results vary, running it an enough number of times help it converge and get an

average restoration curve

RESULTS

Figure 6 show the restoration curves generated for multiple simulations for damage
probability assigned to the network. A curve encompassing the restoration curves obtained
for 100 simulations is shown as the shaded area. The restoration curves obtained closely
follows the average restoration curve obtained by Isoyama and Katayama (1981) for the same
dataset which is shown in Figure 6 with square marked curve. The upper boundary of shaded
area represent the best case scenario, the system can be expected to get recovered the earliest,
as represented by this curve. This is plotted by highest percentage of restoration that is
achieved on each of the days after the damaging disaster. Similarly the worst case scenario

represents the lowest percentage of recovery that is possible to achieve for the particular



40

trunk network. The curve plotted with the triangles representing the particular curve is an
example case from one of the random simulations, in which 80% percent of the recovery is
achieved in 8 days. Between the days 10 and 15 the rate of recovery is low indicating only
lower capacity are getting recovered during that period and restoration of some higher
capacity lines getting recovered after day 16 which is pointed by the higher slope of the

curve.

DISCUSSION

The proposed methodology and simulation can be used for real time or hypothetical
earthquakes. The restoration process modeled has mostly modular structure in which data
components and parameters of the system can be updated or replaced. This can be better
customized for different locations and facilities by varying the input files. This modeling and
simulation can give valuable insights into the restoration process and into improvements that
must be made, particularly in areas where earthquakes have not previously occurred, but are
possible. The expected effectiveness of different mitigation strategies can be evaluated using
the simulation. When using colored Petri nets the system is formally verifiable Restoration
modeling approach helps to study the geographic variability of the risk and the adequacy of
the post earthquake recovery preparedness.

Other than the methodology adopted here for the simulation of the damage state,
other methods like estimating the damage state using prediction tools can also be used.
Though the pipes are fixed individually, their priority is set based on their role in the network
capacity-wise. While adopting the prioritization in this simulation emphasis is placed on the
physical recovery of the system than on the node connectivity. Analyzing system

performance by only considering connectivity will be not always be realistic because even if
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there is a transmission path between the supply and demand node does not always guarantee
that water reaches a particular node unless there is enough branch flow

When the simulation is extended to the whole distribution system, detailed damage
probability may not be available. In distribution systems damage is usually specified by the
number of breaks or leaks per kilometer, which is more apt for use in simulations when
considering whole network. When simulation is used for resource allocation in a real
scenario, the simulation of the damage state will be bypassed and use the damage data file
directly.

CONCLUSIONS

A simulation based methodology is developed for modeling the restoration process
for a water distribution system. This methodology can aid decision makers who are dealing
with large systems in complex scenarios. This simulation based restoration modeling
approach overcomes some of the limitations of past work and enables realistic modeling of
the restoration process. Disaster management can be made more simplified and much more
efficient with the resource allocation being simulated. It helps to decide on the optimum
amount of resources in each resource hub and also while planning mutual aid agreements.
This methodology can be used for similar events and similar infrastructures even when
requirements and resource availability changes. It is envisioned that this simulation can be
used in conjunction with other pre event and post event loss reduction strategies and also to
architect reliable and resilient water distribution system.

The findings are that (1) Discrete event simulation proves to better method as there
are no unrealistic simplifying assumptions. (2) Compared to other simulation methods, each
possible state achieved by the system can be monitored and analyzed. This property of
colored Petri nets makes it different from and efficient compared to other simulation

methods. (3) The resource limiting the progress of the restoration activity and the time in
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which it can possibly happen can be readily visualized and monitored (4) The effect of
changes in prioritization rules, the effect of resources stored and effect of mutual aid
agreements on restoration time can be analyzed and thus can serve a good decision support
system. The associated uncertainties can be mathematically modeled and modified for
different conditions. (5) As the model is simulated mainly by reading external files it can be
easily customized for different systems by changing the input files

This simulation can potentially be useful in a number of additional ways. Simulation
models can help assess whether restoration strategies are good enough for a particular
magnitude earthquake. Comparing the different restoration time emergency management
plans can be tailored for each location. It can give an indication of what is the earliest
possible recovery time that can be expected for a particular magnitude earthquake and
particular location. So the proposed methodology can be used by planning engineers and

decision makers to better serve the community.
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Table 1. Values of Cd ( Isoyama and Katayama 1981)

Buried Depth Cd
Less than S m 1
Cg=0.4 0.4
Diluvial | Cg=0.9 0.44
Greater | Layer Cg=2.0 0.2
than 5 m 0<=72<0.3 1
Alluvial | 0.3<=7<0.6 0.7
Layer 0.6<=7<1.0 0.4

7= ( Buried depth/depth of Alluvial layer)
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Table 2. Damage Probabilities of Trunk lines

Link No Damage probability
R=0.16 R=0.45
1 0.042 0.115
2 0.029 0.079
3 0.015 0.4
4 0.216 0.495
5 0.01 0.034
6 0.507 0.863
7 0.119 0.299
8 0.003 0.007
9 0.068 0.179
10 0.068 0.181
11 0.766 0.994
12 0.007 0.019
13 0.033 0.13
14 0.117 0.296
15 0.134 0.333
16 0.284 0.61
17 0.004 0.011
18 0.198 0.463
19 0.027 0.075
20 0.179 0.426
21 0.068 0.18
22 0.064 0.17
23 0.176 0.419
24 0.277 0.598
25 0.014 0.04
26 0.078 0.204
27 0.025 0.07
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2. OVERALL DISCUSSION AND FUTURE WORK

This research focused on the distribution network of the water system as it is the most
vulnerable part of the water system for the earthquake damage scenario considered. But for
the overall system analysis the other components of the system like the water tanks,
reservoirs, pumping stations can be incorporated. In a study by American Lifeline Alliance
(ALA) (Eguchi and Honegger 2002) the vulnerability of major system components, several
damage states and the failure mechanisms that can lead to these damage states is estimated
using a fault tree method. For example, one of the damage states is the functionality loss of
the anchored steel water tank. Resources that are required for the damage state of the water
tank can be estimated for various failure mechanisms such as damage to inlet pipes, uplifting
of tank walls or elephant foot buckling. Similar to damage states described for the water tank,
pipe leaks and breaks is considered in this thesis for the distribution system. Categorizing the
various failure possibilities into a number of damage states and estimating the time for the
repair of the failures, and calculating the damage probability and incorporating these system
components into the already developed simulation methodologies will give a more complete
picture of the performance of the system.

In a study by the Applied Technology Council (ATC) (ATC, 1985), the restoration
curves developed are for the damage estimates of average California construction. Seismic
resistant design and practices have clearly improved over the last 40-50 years, so, it is useful
to have a model that can be modified according to the changes, that is feasible with
methodology proposed and is convenient with the modular approach used in this thesis. The
model is not designed specifically for a particular water system, but is modeled such that the
input files can be changed depending on specific system. This makes the model different

from a few discrete event simulations that have been tried before post earthquake restoration
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modeling. The model is flexible and is represented graphically; any modifications can be
implemented easily using the GUI tools. The modeling of the restoration process as modules
helps to implement changes and customize which can effectively represent different systems
and run the simulations

Scalar measures the water system’s rapidity in the form of probability of restoring a
specified number of customers in specified amount of time similar to Multidisciplinary
Center for Earthquake Engineering Research (MCEER) researchers has proposed for the
electric power systems. The simulation can be extended by incorporating fragility curves
developed for different system components if available. Fragility curves depict the
relationship between elements failure probability and the force or action assigned. The use of
fragility curves is an effective way to characterize the probabilistic nature of the physical

phenomena, which reflects the uncertainty and randomness.
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3. CLOSING REMARKS

The computational methods used can aid in the evaluation of a water distribution
system performance during a natural disasters like an earthquake. The demonstrated
methodologies can aid decision makers in planning earthquake resilient water systems.
Disaster management can be simplified by the resource allocation being simulated .The
graphical modeling helps to visualize better compared to other methods so far and thus gives
a clearer picture. This methodology can be extended for similar events and similar
infrastructures. The results can be used as a means of estimating the direct and indirect
economic losses caused by disruption of a water system. Further, the impact of earthquake

induced water disruption on people’s day to day activities can be reduced.



59

GENERAL REFERENCES

American Lifeline Alliance (2001). "Seismic fragility formulations for water systems, Part 2
— Appendices “<http://www.americanlifelinesalliance.org/pdf/Part_2_Appendices.pdf>
(Jan 4, 2007).

ATC. (1985). “Earthquake damage evaluation data for California.” Applied Technology
Council, ATC-13, Redwood City, CA.

Bittner, K and., Spence, 1., (2002). “Use case modeling” The Addison-Wesley Object
Technology Series. Addison Wesley Professional, NewYork.

Dong, X. (2002).”The seismic performance analysis of electric power systems.”
PhDDissertation, University of Southern California. Los Angeles

Eguchi, R. T., and Honegger, D. G. (2002). “Lifelines: Ensuring the reliability of water
supply systems during natural disasters.”
<http://www.astm.org/SNEWS/AUGUST_2002/eghon_aug02.htmI> (Oct. 10, 2007)

Freeman, P. K. (2008). “Infrastructure, natural disasters, and poverty.”
<http://www iiasa.ac.at/Research/RMS/june99/papers/freemansolo.pdf>. (Jan. 5, 2008).

Grigg, N. S. (2003) “Water utility security: Multiple hazards and multiple barriers” J.
Infrastruct. Syst., 9 (2), 81-88.

Jensen, K., Kristensen, L. M., Wells, L. (2007). “Coloured petri nets and CPN tools for
modeling and validation of concurrent systems” Int J.Softw Tools Technol Transfer.,(9)
213-254.

Munich Re, (1998a), “Topics: Annual review of natural catastrophes 1997, Munich:

Munich Re cited Freeman, P.K (2008)



60

Munich Re, (1998b), “World map of natural hazards.” Munich: Munich Re. cited in
Freeman, P.K ( 2008)

Schiff, A. J., and Tang, A., (1995). ”Critical issues and state-of-the—art in lifeline earthquake
engineering.” Anshel J. Schiff and lan G Buckle eds Technical Council on Lifeline
Earthquake Engineering, Monograph No7 ASCE, New York., Policy and general
technical issues related to mitigating seismic effects on electric power and
communication systems” 1-14

Shinozuka M., Cheng, T. C., Jin, X. H., Dong, X. J., and Penn, D. (2002). “System
performance analysis of power networks. ” Proc.,7th National Conference of Earthquake

Engineering, Boston



APPENDIX A.
PIPE DAMAGE/REPAIR DATA

(Source: American Lifeline Alliance 2001)



Seismic Fragility Formulations for Water Systems

62

Part 2 - Appendices

RawRate Repair

0 Earthquake Magnitude MTE;ED!&‘ Size  Length Repairs (mrfﬁwm 1%3015; Demand in:?igéc (omment
1020 1995 Hyogoken-nanbu 6.9 G 08 NR MR D.Déﬁ - PGA= Included in 1001 to 1010
1021 1995 Hyogoken-nanbu 6.9 G D5 NR NR D288 gé: Included in 1001 to 1010
1022 1995 Hyogoken-nanbu 6.9 G D5 NR NR 0282 gggﬁ Included in 1001 to 1010
1023 1995 Hyogoken-nanbu 6.9 G D5 NR NR 0 gé? Included in 1001 to 1010
1024 1995 Hyogoken-nanbu 6.9 Cl D5 NR NR 0585 ggf: Included in 1001 to 1010
1025 1995 Hyogoken-nanbu 6.9 Ch D5 NR NR 0441 ggiﬁ: Included in 1001 to 1010
1026 1993 Hyogoken-nanbu 6.9 G D5 NR NR 009 ggf Included in 1001 to 1010
1027 1995 Hyogoken-nanbu 6.9 Ch D5 NR NR 1098 gglﬂ Included in 1001 to 1010
1028 1995 Hyogoken-nanbu 6.9 Ch D5 NR NR 1458 ggf Included in 1001 to 1010
1029 1995 Hyogoken-nanbu 6.9 Ch D5 NR NR 0189 ggjﬁ\g Included in 1001 to 1010
1030 1994 Northridge i o D8 161 2 0023 0023 gg‘gt 472 1.07xRate (see Note 7)
1031 1994 Northridge 6.7 o D8 144 0my 00 %‘2= 318 1.0NRate (seeNate 7)
1032 1994 Northridge 67D DS 134 2 0023 00303 iC‘S 03 107Rate (see Note 7)
1033 1994 Northridge 67 o D8 128 6  008ET 00940 g?:‘a: 228 1.07xRate (see Note 7)
1034 1994 Northridge 67 o 08 113 f 0mer  0m7a i%‘i 179 1.0TRate (seeNote 7)
1035 1994 Northridge 67D D8 W 3 0022 002 1;09 148 1.07:Rate (see Note 7)
1036 1994 Northridge 67D D8 W2 1 0015 OOt 1P£E13‘E 114 1.07:Rate (see Note 7)
1037 1994 Northridge 67D DS S 6 OD%E 00 1P1C:1 81 107Rate (see Nate 7)
1038 1994 Northridge 67D DS 7% 1 000 0002 J;é\-‘: 4 Combine wl 1039, 1.07xRafe
1039 1994 Northridge 87 O D8 B4 0 0 %%‘

Apri 2001

Paged



Seismic Fragility Formulations for Water Sysiems

63

Pat 2 - Appenices

PR 1  Fawfae Rer PGV,

D Fartquake  Magnitude Tie Size  Length Repairs {rpr!ﬂ1);UDO 1%?]5% Demand o Comment

1040 1894 Northridge 67 AC DS 158 0 0 e

1041 1894 Northridge 67  AC D5 13 0 0 - ;EBE’

1042 1894 Northridge 67 AC DS 152 7 DOATY 00216 Séi’ 253 Combing wi 1040, 1041, 1043
A1 1 0TRefe

1043 1894 Northridge 67 AC D8 A3 0 0 - PGEE

1044 1894 Northridge 67 AC DS 26 0 0 s ;’EV

1045 1804 Northridge 67 AC DS T 2 DD0AT 00042 ;?BE’ 122 Cambine wi 1044, 1.07:Rate

1045 1894 Northridge 67 AC DS M72 15 0013 0.0A7 ;’161’ B

1047 1804 Northricge 67 AC DS @4 2 002 000 E’é\!: 38 Combine w/ 1048, 1.07Rate

1048 1994 Northridge 67 AC DS B3 0 0 s :gv:

1049 1994 Northridge 67 C DS 783 60 0t 0154 ;’gV: 21 107Rae

1050 1894 Northridge 67 C D3 &8 1 00MF 00083 E’él’ $5 107Rae

1051 1994 Northridge i1 08 18 11 0005 00u9 é%?f 0 A07Rae

1052 194 Northridge i1 D3 16 4 0006 00068 E’?BE’ 15 10hRake

1053 1894 Northridge 67 C D5 &6 u 00 00578 géi’ 7 10NRae

1054 1894 Northridge 67 C D& 17 3 0DEE2 00708 E}H’ 44 10NRae

1055 1804 Northridge 67 C DS 227 & 00 00 ;?Bi’ A1 107Rae

1056 1894 Northridge 67 C DS 339 8 003 0002 ;1312’ 178 107R4ke

1057 1804 Northridge 67 C DS &30 8 0021 0023 ;’EV 146 10nRae

1058 1994 Northridge 67 C DS 6W7 ¢ 003 00 ;’EE’ 114 107Rake

1059 1994 Northridge 67 C DS 13707 166 0023 006 é%i’ 81 107Rate
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Part 2- Appendices

RawRate Repair

D Earhquake  Magnitude M?;%’E' Size Length Repairs {rpr{ﬁ 1):0[]0 1RDa[]§;t Demand miﬁgec Comment
1060 104 Northridge 67 Cl DS 10558 4 Q0079 00073 PGV= 45 Combinew/ 1061, 1.07iRate
1061 1984 Northridge 67 Cl DS 168 O 0 lli’év:

1082 1984 Northridge 67 CP L6 NRONR0M2 0402 ;IEV: 423 DR3PGV (sez Note 8)
1083 1984 Northridge 87§ L6 NRONR 00833 00839 ggz’ 483 DRHPGV (sez Note 8)
1084 1984 Northridge 87 8 L6 NRONR 003 0039 gg’ 07 DR3PGV (sez Note 8)
1085 1984 Northrdge 87§ L6 NRONR 00082 0002 SZG‘ZJ 185 DAIPGY (see Noted)
1086 1984 Northridge 67 8 L6 NRNR 0003 0003 ;GE’ 14 DBIRGY (see Note B)
1087 1984 Northridge 87§ L6 NRONR 0003 0003 ;361’ B OB3PGY (seeNoted)
1088 1994 Nortridge 87 AC DS NR MR 00IB E’gﬁ: Alrzady in ALA datz above
1089 1984 Nortridge 87 AC DS NR MR 000H E’évz Already in ALA datz above
1070 1984 Nortridge 67 0 DS NR MR 0012 E"gv: Alrzady in ALA datz above
1071 1984 Northrdge 87 5 DS NRONR Q08B 0004 ;EGE’ 179 107iRate 08PV
1072 1984 Northridge 87 8 DS NRONR 0048 0052 SGE’ 115 107iRate 083PGY
1073 1984 Northridge 87§ DS NRNR O 00M 007 ;iaff 83 107Rate 08IPGY
1074 1984 Northridge 67 8 DS MR NR 00515 00551 ggN: 49 10TiRate, 083PGV
1075 1984 Nortridge 87 C DS NR NR 0064 E’?Vz Already in ALA datz above
1076 1984 Nortridge 67 C DS N NR O 007% ;Gi’ Alrzady in ALA datz above
1077 1984 Nortvidge 87 C D5 NR NR 0038 ;561’ Already in ALA datz above
1078 1984 Nortridge 87 C DS NR NR 00213 ;165’ Already in ALA datz above
1079 1984 Nortvidge 67 C DS NR MR 0003 %’ZG?’ Already in ALA datz above
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Part 2 - Appendices

RawRate  Repair

ID Earhquake Magnitude M%;real Size  Length Repairs [rpriﬂ1],2DD IFE?}[?;[ Demand |nEhGIsec Comment
1080 1984 Narihridge 67 C DS MR MR 3.3.":.-11 - PGV= —  Already in ALA data above
1081 1334 Norihridge 87 C DS NR NR 00081 - ;’gf —  Already in ALA data above
1082 1389 Loma Prieta 69 5 05 B0 47 048 0148 E‘g\- 17 Supersedes 1094 fo 1098
1083 1389 Loma Prieta 69 5 DS 73 9 00081 00081 ;'Eu\- T Supersedes 1034 to 1096
1084 1389 Loma Prieta 69 5 s 45 2 00084 000s E‘%« 5 Supersedes 1054 to 1098
1085 1389 Loma Prieta 69 5 DS ¥4 5 0005 00025 F'.G"\-"= 3 Supersedes 1054 to 1096
1085 1389 Loma Prieta 69 AC SM 482 3 DMZF 03 g‘(g\- 17 Supersedes 1097 fo 1099
1087 1389 Loma Prieta 69 ACSM43® 2 D00 00009 ]F'Eu\- T Supersedes 1057 to 1099
1088 1389 Loma Prieta 69 ACSMTIS 1 00024 0004 ;g\- 5 Supersedes 1057 to 1099
1089 1389 Loma Prieta 69 AC O SM 445 B DO0M 000 E‘g\- 3 Supersedes 1097 to 1099
1090 1389 Loma Prieta 69 c 05 208 10 00919 0.0M9 E‘g\- 17 Supersedes 1100 fo 1102
1091 1389 Loma Prieta 69 C DS &% 4 00082 00082 ;'Euf 7 Supersedes 110010 1102
1092 1389 Loma Prigta 69 cos 123 8 0n»oonx: Ii'g\- 5 Supersedes 110010 1102
1093 1389 Loma Prieta 69 C 08 473 14 0D0S6  (0.00% E‘g\- 3 Supersedes 110010 1102
1094 1389 Loma Prieta 63 5 0S5 NR MR 0097 - g‘(gf -

1095 1389 Loma Prieta 63 5 D5 NR NR 00022 - ;'?30\- -

1095 1389 Loma Prieta 63 5 DS NR NR O 000M - ;gf -

1097 1389 Loma Prieta 63 AL DS NR NR O0NIZ2Z - F'é\- -

1098 1389 Loma Prieta 63 AC D5 NR NR 0002 - ;'?BE: -

1099 1388 Loma Prieta 63 AC DS NRNR 000N - E(g\- -
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Part - Appendices

RawRate Repair

Lo Matenal o o PGy

D Earhquake  Magnitude Tige Size  Length Repairs |,rprfﬂ1],uDD ﬁjﬂﬂtﬁffl Cemand nefjsec Comment

1100 1383 Loma Prieta 63 C D5 MR N 0078 -~ PGV= -
160

1101 1389 Loma Prieta 6.9 C D8 MNR NR 00038 - PGV= -
70

1102 1989 Loma Prieta 69 C DS MNR MR OOB1 - PGV= -
23

1103 1388 Mexico 74 CF LG MR NR 00MB 0098 PGV= 98
o8

1104 1989 Loma Prieta 69 Cl D5 1080 15 00026 0006 PGV= 53
53

1105 1387 Whittier B IR I 1< [ N O 112 B w1 - Main and aftershock magnitudes
10 (Nate 10)

1106 1385 Mexica City girs CP LG MR MR 047~ PGV= - Main and aftershock magnifudes
13 (Nate 10)

1107 1385 Mexico City 81875 MX LG NR MR Q00— PGV - Main and aftershock magnifudes
43 {ate 10)

1108 1385 Mexico City 8175 MK LG NRORR 0023 -~ PGV - Main and aftershock magnifudes
47 (Nate 10)

1109 1385 Mexico City gty M L6 NROMR O 017 - PGV - Main and aftershock magnifudes
184 (Nate 10)

1110 1383 Coalinga &7 AC SM MR ONR O 0M00 0101 PGV= 113
13

1111 1383 Coalinga 6.7 S NR N 04 - PGV= - Comosion hias
18

1112 1979 Impenal Val B3 AC DS MR MR ODB3 DMEIPGV= 1T
x|

1113 1379 Imperial Val. 6.5 C 05 1y 19 03 MA=7  ~  Comosion bias

1114 1872 Managua 63 AC M5 3 038 PGA = - SeeNoted
041

1115 1972 Managua 63 o 6 #Bs Rl —- PGA= - SeeNoted
041

1116 1572 Managua 63 ChSM 58 107 038 -~ PGA= - SeeNoted
041

117 1871 5an Femando 67 ChsM 57 3 QM2 QM2 PGA= 138 PGV (ofs)=130xPGA per Wald Figs.
0.7 182

1118 1871 3an Femando i1 Ch s 80 5  OM&2 (QM32 PGA= 143 PGV (cfs)=130xPGA per Wald Figs.
0.28 182
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e RawRate - Reper PGY
I Barhuzke  Magnitude Sze Length Repars pr/1000 Rafe/ Demand . Comment
Type T inchise

1118 1871 San Femando 87 O S EZ T D04 0024 PGA=  14R PGV (o)=1304PGA per Wald Figs.
0.8 182

120 1871 3an Femando 87 O &M 482§ DDA DRI PGA=  14R POV (cs)=1304PGA per Wald Figs.
0.2 182

1121 1871 San Femando 87 O S 4B 8 D04 00M4 PGA= 184 POV (o)=1304PGA per Wald Figs.
03 182

122 1871 San Femando a7 O & 8§ 00335 Q03 PGA=  1ER POV (ok)=1304PGA perWald Figs.
03 182

1123 1871 San Femando 87 O S R 1 006 0081 PGA= 184 PGV (ck)=1306PGA perWald Figs.
k] 182

1124 1871 San Femando 87 O & 4 D2 0422 PGA= 18R PGV (o)=1306PGA per Wald Figs.
03 182

125 1871 San Femando a7 O R MR DM 093 PRA= 174 POV (ok)=1306PGA per Wald Figs.
04 182

128 1871 3an Femando 87 O S 18 ¥ M4 - PGA= —  Deelplel
0.2

1127 1871 San Femando g7 O & R 1§ 018 - PGA= —  GeeMpkel
0.4

1128 1871 3an Femando g7 O S e 2 0B - PGA= —  DeeMpkel
0.3

1128 1871 3an Femando g7 O W W8 T Wr - FGA= —  GeeMplel
0.3

1130 1871 3an Femando g7 O M ME ¥ W - PGA= —  GeeMpel
04

131 1871 3an Femando g7 O S 188 41 0482 - PGA= —  GeeMplel
04

1132 1871 3an Femando g7 O 8 1% B 088 - PGA= —  eeMpel
04

1133 1871 San Femando g7 O & 178 8 0E4 - PGA= —  GeeMpkel
048

134 1871 3an Femando g7 O & 13 8 08N - PGA= —  DeeMpel
048

1135 1871 San Femandy A I I B 05 - PGA= - GeeMplel
0

138 1871 San Femando 87 O 08 B33 00483 00488 MMI=E 28 PGV perWaldelal 1989 Fig 2

137 1871 San Femando g7 O 05 0 5 0000 (0028 MM=T B PGV perWaldeldl 1980 Fig. 2

1138 1871 3an Femanda g7 O S WNR MR 0D -~ PGV= —  Camedatasetas 1140and 1141
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Material RawRate Repai Ay
o Earthuake Magnitude - Sze Length Repars (pr/1000 Rate/ Demard . Camment
Ve R inchisec
fi Qg
1138 1871 Zan Femanda g7 Ch SM NR NR DM} - POY= —  Diame data sat 2 1140 and 1141
114
1140 1871 Zan Femando 87 DS 188 8  D00A7 00087 PGV= A
A
1141 1871 San Femando 87 DS 10 0025 00128 PAV= 118
118
1142 1966 Sanfa Rosa 5A8T O CI DS 138 7 000 -~ MMI=T - Mainand afershock magnitudes
(Nete 10)
1143 1288 Sanfa Rosa SER5T Cl M MR MR LDMRS - PGV= —  Mainand aftershock magnitudes
1 (Nete 10)
1144 1288 Tokachi-oki 74 AC D5 MEBOOT 058 -~ MM=8- - Geeloted
1145 1288 Tokachi-oki 74 M( D5 BB 22 (MB8 - MM=G- - Seehloied
1148 1288 Tokachi-oki 74 M( D5 @t 1B 0038 -~ MM=T- - Seefloied
i
1147 1988 Tokachi-oki 74 Me D5 101 18 003E - MM=6- -  SeeNoiel
1148 1988 Tokachi-oki 74 MC D5 180 16 016 -~ MM=T- - Seefloief
i
1148 1888 Tokachi-oki 74 AC D5 137 8 QA5 -~ MM=T- - Seefloief
i
1180 1988 Tokachi-oki 74 o D5 &8 7 023 -~ MM=T- - Geeloted
i
1151 1288 Tokachi-oki 74 M( D5 35 4 028 -~ MM=T- - Geefloied
i
1152 1988 Tokachi-oki 74 AC D5 3t 13 DOTER - MMI=T- - Seefloied
i
1153 1288 Tokachi-oki 74 ch DS 17 A® 4l -~ MM=T- - Geeloted
i
1154 1288 Tokachi-oki 74 M( D5 6B & 03 -~ MM=T- - Seefloied
i
1185 1985 Puget Sound 85 DS 887 13 0038 00%E MW= 187 PGVperWalde sl 1809eqn2
1186 1885 Puget Sound g5 b D5 180 ¥ 00022 00022 MM=T  BG PGVperWaldelal 1889 eqn 2
1167 1885 Puget Sound ik Ch SM NRNRODDNM - POV - Dataincludedin 1185 and 1128
0
1159 1884 Niigata 15 Ch SM 3 M5 0M DM PGA= i PGV (c/s)=H0aPGA per Wald Figs.
0.1 154
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Ml _ RawRate Repair PGV,
o] Earthquake Magnitude - Sze  Length Repairs (rpr/1000 Rate/ Demand . - Camment
ype # 000k inchlsze
1158 1848 Pugst Sound i1 cl D5 §22 M 00884 00384 MMI=2 167 PGYperWaldelal, 1808 eqn 2
1180 1248 Pugst Sound Al Cl D @ 7 0O0M 0004 MMI=7 85 PGVperWadelal 1908 eqn 2
1161 1948 Fuku 13 [ DS 407 130 0579 - PGA= —  Geepted
0.51
1182 1933 Long Beach 6.3 cl DS 388 130 00671 00G71 MMI=7- 248 PGV perWald el al, 1888 eqn 2
g
1183 1823 Kanto i cl LG 3t 10 00488 00488 PGA= 1.8 PGV (c/sj=85:PGA per Wald Figs.
0.3 154
1184 1823 Kanto ia cl SMoOE0 24 00877 00671 PGA= 1.8 PGV (o/sj=05:PGA per Wald Figs.
0.3 154
Motes.

1. O = ductile ron, AC = ashestoc cement, 5 = steel, CP = conerete pipe. MX = combined materials (2., mixed)

2. Size refers to pipe diameter. LG = Large (» about 12 inches) M= small (£ about12 inches).

3. 05 = distirbution system (mostly small diameater, but some large diameter possible)

4. Repair rate is repairs per 1,000 of pipe

5. Medified Demand, PG4, inches [ second. Peak Ground Velocity. Entry of —" means that fhe data point was screenad out for reasons cited in this table.

8. Wald et al ([1982] equation 2 is as follows: MMI = 3.47 log{PGV) + 2.35, where PGV is in cm / sec.

7. 1.07 x Rate medification is fo account for repairs emitted from Toprak [1828] analysis due to lack of some attributes, but the damage did ocour

8. 0.3 ¢ PGV modification is to adjust paak PGV value of two horizontal direcfions to average horizantal vale of two dirzctions (for Morthridge cnly)

8. Diata point sereened out due to possible PGD effects. For San Femanda, only point in the northeast part of the valley wers screened out per Barenberg [1925]
and MO&A [1873]

10. These entries had aftershocks of similar magnitude as the main shock. The data points were screened out as the amount of damage caused by each event
cannot be differentiated.

Table 4. I-2. Screensd Database of Pipe Damage Caused by Wave Propagation
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@ action
= let
val infile=TextlO.openIn("damage_probability TXT");
val message = INTINT.input_ms(infila]);
s if =28
e pipes := message; i
TextlO.closeln(infile); 1[N e
en(d) handle _ => (J; else
o & if p>ri 2
then 1,"MoDamage’)++
if "(2,"NoDamage")++
Initalize p>r2 3,"MoDamage")++
then 1°(n,"Break") 4,"NoDamage’)++

5,"NoDamage")++

else 1’ (n,"Leak")
"6, "Break")++

else 1° (n,"NoDamage")

glse 1" (n,"NoDamage'fiamag
State

22,"MoDamage")+4
T(23,"NoDamage")+4

28
INTXDATA

Al
3
i
k]
o
i
i . Simulation i E;:::Hogamage::%‘”
- r Damage ,'NoDamage")++
Ruar:gg:no e State Damage LoD a0l
T E o State_cop 1: (10,::NODawage"]+4
INT if n=28 — INT*DATA }H.l,'..ﬁre;k hes "
: Z, Nollamage ™ J+4
e tlh?g g gy 1°(13,"MoDamage”)+4
@ Random S 1°(14,"Leak")++
- urmnber 1 iF p>rl 1°(15,"Break'")++
INT o INT e 1' (16, "Break")++
if 1: (17,"MoDamage")+4
perg 1‘ (18,"MoDamage")+4
then 17 (n,"Break") 1 (19,::NODawage"]+4
alse 17(n,"Leak") 1 (20,"Break”)++
1'(21,"MoDamage")+4
e
1

FIG.1. Simulation of Damage State



ction

at
Start .;L',.r“l'l_a_ﬁle=TextIO.Dper‘lln["resourcehasel.TXT"]I;
__._./Enva]_message = DATAXINT.input_ms{infila);

packets ;= message;
= TextIlO.closelnlinfile];

0
¥ nd handle _ == (J;

Initalize

Fesource
Base 1

(.d) p{ Seperate
Resources_
getPackets() crew team
Dam_loc_status {l,d) Seperate
OATARINT B Resourcar.
Fapair trucks

1" (Mcrew teams")

Repair
Trucks
fvailable

INT

o kdd

1 | Fxtracting
@1 s "excavators"@_[_]_'!rce data_
DATA | Excavators
(1,d) Extracting d

Hcavator
Available

INT

Resource dat_a_
Feplacement pipes

P

Replacemeant
Pipes Available
IMT

1" ("Replacement pipes'")
1 1 "Replacement pipes"@o|

DATA

FIG.2. Available Resources Module
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Je

LISICH

amage Scenario

1 ("Break",1)++
1
1° ("NoDamage",0)

1 ("Break", 1)++1" ("

("Leak",1)++

Dam

[ ama_scendg

(d.f)
Recovery
INTxDATA
s
m
DATA L

FIG.3. Estimation of Resources Required

req_listl
epair truck

_sce_prio

MNoDamage",0)

=

DATAXINT

‘Break”, 1)++
Leak" 1]++

DATAXINT

req_list2_
manhours

DATARINT

4 ( ‘Break",1)++
L ) ("Leak", 1)++

1 ("Break’,72)s+ Bmage”.0)
1 ("Leak",36)++
L (EBEQE”FEEE 7-,0) ++1" ("Leak",36)++1" ("NoDamage",0)

Pipes -

1 (I\IDDamage 1]

req_list4 Y

excavators,”

DATAXINT

Excavators |

1

R4+rd p4

) 1 ol P||:\es for_

I INT

17 ("Break” 11++1° ("l aak",0

1 ("Break",1)++
17 ("Leak",0)++
1" ("NoDamage",0)

INTRINTRINTRINT

(r1,r2,r3,r4)
(R1+r1)

1‘0|

DATARINT

Man_hours 1
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B e R b b b

-

(1,15)++ action

(2,15)++

(10,16)++
(11,5)++
(12,10)++
(13,2B)++
(14,9)++
(15,13)++
(16,13)++
(17,15)++
[(18,7)++
(19,9)++
(20,10)++
(21,8)++
22,10)++
(23,10)++
ERSSESESE. RSt

! Leaks (1 1°(22,14) reaks g i E6.10%++
on & igrit 1°(27,5
TN g F_@;Llsl-jn gL ot

INT®INT
val infile=TaxtIO.openIn(*Capacity_|trlinklinas_int TXT"); %
val message = INTHINT.input_ms{irfil&];

in
®" pipes := message; (prio_no,pipe_no) (frio_no,pipe_na)

P i : _

TextlO claselniinfila); : (prio_no pipe_nao)
[pipe_no=tr_nao] -
end handle _ =5 (fpips_no=tr_no] & 10_no,pipe_no)
Leak Lines
(One half
capacity)

Capacity of
broken lines

(tr_no,tr_cp)

Initalize

Trunk line
Capacity
Database

getPipes()

(tr_no,tr_cp)
27,

Trunk line
Capacity
Database

INTHINT

Summation
Capacity_loss

F 3

klk+Cp+r

Total
Capacity f:
S

b
INT

val infile=TextlO.opanin(“Cap
val message = INTXINT.input_|

pipes ;= message;
TextlO.closeln(infile);

(
end handle _ =5 ();

FIG.4 Calculation of the Total Capacity Loss due to Damages



e

e
@ Initalize

acti%n -

let

val infile=TextIO openIn("P_List.TXT"); | getPipes()

val message = INTRINT.input_ms(infile);

17 ("Break™) in ¥
G - pipes ;= message;

"SF;ZIE' 1 1 "Break"®0| TextlO.closeln(infile); @S‘;_-EE:Z{

() INTRINT

end handle _ => ();

) 4

rio_no,tr_no
oo noss_nel

WEraction o
Breaks for
prioritization

(l.d) o| send_
| priority

DATAXINT

prio_no,tr_no)

WEraction
_Leaks_
Prioritizatio

{l.d)

17 ("Leak")
il 1° "LeaL'@D

DATAXINT

val infile=TextI0.openIn("P_List. TXT");
val message = INTxINT.input_ms(infile)} (BN
pipes ;= message;

TextlO.closeln(infile); (1.d)

Breaks

Initalize nd handle _ = (); d

TNTHINT INTHINT LTINS Sor e

INTXINT 17(9.9)++
17(16,26)++14)++
1

1'(18,20)
TRTRINT

getPipes()

¥
oty _List—,

Capacit

25 priority
INTXINT Lea

usion ©

FIG. 5. Prioritization of Damages for Restoration
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siee
ifRI<=
then 1'(“raguest more excayators”)
-l
FRA<=0  (R1,R2.R3 R4 :
then 17 ("request mare trurl pipes")

-
THT=IN T=INT=INT

Resource Bass2 Resource Base2 QS_O_fc_ey
TN TAIHTINT
TR TXIN T TN TN T

r1,R2-r2,R3-r3,R4-r4

(R1-r1,R2-12,R313,R4-r4)

Ragquast
of resources

ITINT e
(R1,R2|RE.RA) andalse R2>=r2
andalsa R3>=r3
@+0 andalse R4>=r4
then 17 (p,r1,r2,r3,r
slse empty

DATA

(R1-r1,RP-r2,R3-r3,Ra-r4)

Calculstion
Remaining
Resources,RE1

(p.rlur

Resource

E

INTxINT

l@ﬂﬁz JRZR4)

(RLRZR3R413] oy (d.a)

Wiew

Q%[ w|2

IHT=INTx=]

SEMEED
Remaining
Resources REZ

(purla2.rd.rd)

resource
rsquiremant

if R1-r1=0
andalsa R2-r2>=0
4Bndalsa R3-r3>=0
andalsn Re-r4>=0

IHT=IN TxINT=INT=INT [variation

dirl 2,03,
(durl2ard.rd)

[="RB1"1 |(p.r1,2,c3.r8) 2771

PR trlun 17 (drLii2e3ird) el :
requiremant alse ampty B REAGLIE countei@7) 1
allocated Base e
INTHINT=INT.INT=INT INTRINTRINTRINTIELD o cation 1 e

(parlr2,rd,ra)

|="RB2"
vi L 1 (parla2,r3,r4.0)
Fesaurce
Base
Seperation 2
e
r1r2,03.4 INT=INTxINT: 4T,
[ }] 14T ehian
i ) 5
N TAIH TN TXIN T<DATA ::: ‘::I:‘
O.openln("RRDB2 TXT"); L?l‘ 123,40 I
val message = INT=IHTx1N TxIN TxINTxDATA. Input_m A Tielb =
51 Taxtio.el
rrdb 1= massage; Fesource Initalize 0
o Taxt10 closeln(infile Resource requirement ot Rl
1 0 requiremant for break p.rl,r2.r3,r4]
end handle _ =>(); far leak damages

i
el (n.d) aethrdb()
Second esource_requirement_
Esource_requiremeant_ \Briority List T database_breaks
database_leaks THT=INT e THT=INT THT=INTx1l

IHTxIH TxINT=IN T[N TxDATA

FIG. 6. Resource Allocation

let
val infile=Text10. openin(*REL.TXT"];
val message = INTxINTxINTeIN Tinput_ms(infile);

sourcebase 1= message;

Loid TextiO.closein(infile);
Resource 0
ate ~ o end handls _ => (]:

input (§1,R2,R3,R4) getResourcebase() val infile=Text10.apanIn("Days_to_repair_braaks. TXT"):
val massage = INT=INT.input_rms(infilal;
in
w action FREDUrCaS |= Massa
let getRe|

ources() TaxtIO.closein{infile
| ipfile=Text1O.openIn("Days_ta_repain THT"J: 0
essage = INTxINT.input_rms(infile);

L
ﬁ';’
¢
feo

end handla _ =3 (]

FmEnlirems (= rassage)
TuxtfO.closeln(infile]

Q
o =0
miestza | end hndle _=>0) S E—
h & Database
Rescurces estore
THTXINTXINTINT getResaurce INTINTXINTINT THT=INT

<IN T=INTRANT

- (RL-r1,R2-r2,R3-r3.R4-r4) (H.a) e TrrE
et Restared
ays ta repair LiTee tr_line.tima ki
3-r3,R4-4) Database e s i [ THT=IHT
INT=INT FR1>=r1
(R1.R2|RERY) andalsa A2
andalsa R3>=r3 a) Time
@+0 andalsa R4>=r. [p=p1 (dia) Restared
then 1" (pirir2 THT<INT

A=t
Resource
cats

Calculation
Remaining
Fesources,RE1)

®lsm ampty (p.rir2.r3.r4

.Ra)

RI.R44] [

[Hmak):

(parlr2,r3,ra) )(pjtlm_tak)

E0gat

action
tirma_takenig.n

Repair
Tr_lines
x (p.m)

(dura.r2.r3.r4)

TH TN TXINTINT=INT

[="RBL"] fep . r2.r3.r4) 2751

11.62,r3,04)

T_ineE
Resource Resource counten2?,
ocat Base :
Hhperation 1 2771 IHT=INT

NTxINT ,—LHITIH TxINT=IH
: s DEFENSE

FIG. 7. Resource Allocation (conti.)



atkion
let

wal infile=TextlO.0penIn{"Capadty_trunkline s_int. THT"):
wal message = INTINT.inp ut_ms{infile);

in

pipes 1= message;
Te utIO.closeIn(infile):

0
end handle _ == ()

E action
13

wal message = INTINT.input_ms{infile);
im
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APPENDIX C
DEPARTMENT OF DEFENSE ARCHITECTURE FRAMEWORK (DoDAF)

DIAGRAMS
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