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Algorithm 2 Our advanced proposed algorithm

Input: G, given graph; t, keyword; k, # of answer vertices; s, the constant;
0, threshold; R, reachability index

Output: Top-k vertices from final subgraph G;41

1l: i+ 0

2: Gy + @G

3: repeat

4: for each v € G; do

5: calculate rtl)(v) and 7 ( )(u) by equation (9) and (10)
6: end for

7: add vertices s.t. {v € V; :pi )(’U) > 6} to ]P’i 9

8: compute EEHFS) from [P’fﬁi) and reachability table R

9: for each v € ﬁ(i+‘) do

10: calculate r(l+s)(v) by Equaeion (11)

11: D (0) 7D ()

12: end for

13: €; < the k-th largest lower bound in G;

14: construct G;41 by pruning vertices s.t. {v € V; :Fii) (v) < €;} from

G;
15: i i+l
16: until |V;4 1| =k
17: return V; g
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