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Abstract
Epigenetics encapsulates a group of molecular mechanisms including DNA methylation, histone modification and microRNAs
(miRNAs). Gestational diabetes (GDM) increases the risk of adverse perinatal outcomes and is associated with future offspring risk
of obesity and type 2 diabetes. It has been hypothesised that epigenetic mechanisms mediate an effect of GDM on offspring adiposity
and type 2 diabetes and this could provide a modifiable mechanism to reduce type 2 diabetes in the next generation. Evidence for this
hypothesis is lacking. Epigenetic epidemiology could also contribute to reducing type 2 diabetes by identifying biomarkers that
accurately predict risk of GDM and its associated future adverse outcomes. We reviewed published human studies that explored
associations between any of maternal GDM, type 2 diabetes, gestational fasting or post-load glucose and any epigenetic marker (DNA
methylation, histonemodification or miRNA). Of the 81 relevant studies we identified, most focused on the potential role of epigenetic
mechanisms in mediating intrauterine effects of GDM on offspring outcomes. Studies were small (median total number of participants
58;median number of GDMcases 27) andmost did not attempt replication. Themost common epigeneticmeasure analysedwasDNA
methylation. Most studies that aimed to explore epigenetic mediation examined associations of in utero exposure to GDM with
offspring cord or infant blood/placenta DNA methylation. Exploration of any causal effect, or effect on downstream offspring
outcomes, was lacking. There is a need for more robust methods to explore the role of epigenetic mechanisms as possible mediators
of effects of exposure to GDM on future risk of obesity and type 2 diabetes. Research to identify epigenetic biomarkers to improve
identification of women at risk of GDM and its associated adverse (maternal and offspring) outcomes is currently rare but could
contribute to future tools for accurate risk stratification.

Keywords Epidemiology . Epigenetics . Gestational diabetes .Mediation prediction . Pregnancy . Review

Abbreviations
GDM Gestational diabetes

miRNA microRNA
MR Mendelian randomisation

Hannah R. Elliott and Gemma C. Sharp contributed equally and are joint
first authors.

Electronic supplementary material The online version of this article
(https://doi.org/10.1007/s00125-019-05011-8) contains peer-reviewed
but unedited supplementary material including a slideset of the figures
for download, which is available to authorised users.

* Hannah R. Elliott
hannah.elliott@bristol.ac.uk

* Deborah A. Lawlor
D.A.Lawlor@bristol.ac.uk

1 MRC Integrative Epidemiology Unit at the University of Bristol,
University of Bristol, Oakfield House, Oakfield Grove, Bristol BS8
2BN, UK

2 Population Health Sciences, Bristol Medical School, University of
Bristol, Bristol, UK

3 Bristol Dental School, University of Bristol, Bristol, UK
4 Bristol NIHR Biomedical Research Centre, University of Bristol,

Bristol, UK

https://doi.org/10.1007/s00125-019-05011-8

/Published online: 17      October       2019

Diabetologia (2019) 62:2171–2178

http://crossmark.crossref.org/dialog/?doi=10.1007/s00125-019-05011-8&domain=pdf
https://doi.org/10.1007/s00125-019-05011-8
mailto:hannah.elliott@bristol.ac.uk
mailto:D.A.Lawlor@bristol.ac.uk


Epigenetic epidemiology and its use
in gestational diabetes research

Epigenetics encapsulates a group of molecular mechanisms,
including DNA methylation, histone modification and
microRNAs (miRNAs), which can influence gene expression
and variation in both cellular and whole-organism phenotype.
An increasing number of clinical applications are emerging
that use data generated in the field of epigenetic epidemiology.
These include studies increasing our understanding of mech-
anistic pathways culminating in adverse health outcomes
across the life course [1] as well as the use of epigenetic
biomarkers as informative biomarkers in diagnosis, risk pre-
diction and prognosis [2, 3].

In this review we describe the potential of epigenetic re-
search: (1) to improve understanding of the causal paths be-
tween in utero exposure to gestational diabetes (GDM) or
pregnancy hyperglycaemia and offspring adiposity and type
2 diabetes (type 2 diabetes) risk; and (2) as biomarkers for
increasing the accuracy of predicting GDM risk and its asso-
ciated adverse (maternal and offspring) outcomes. We then
review and summarise current published human studies on
the epigenetic epidemiology of GDM with a focus on these
two areas of research.

Epigenetic mediation of in utero exposure to GDM on off-
spring health Normal pregnancy is associated with insulin
resistance, particularly from the second trimester, similar to
that found in type 2 diabetes [4–6]. These changes facilitate
transport of glucose across the placenta to ensure normal fetal
growth and development [4–6]. If maternal gestational insulin
resistance becomes too pronounced then maternal GDM may
be diagnosed. Traditionally, GDM has been defined as any
hyperglycaemia that is first identified during pregnancy, in-
cluding existing undiagnosed diabetes/hyperglycaemia.
Whilst early pregnancy tests are increasingly used to identify
and treat women with existing hyperglycaemia [7], this is not
universal and any impact of ‘GDM’ on epigenetic mecha-
nisms or adverse outcomes may be due to existing
hyperglycaemia or pregnancy-induced insulin resistance.
GDM is associated with adverse perinatal [6] and longer-
term offspring outcomes, including higher adiposity and ad-
verse cardiometabolic risk factors such as higher circulating
glucose and insulin [6, 8–10]. The latter may be due to devel-
opmental overnutrition and it has been hypothesised that epi-
genetic dysregulation is one mechanism underlying this asso-
ciation. However, other mechanisms could explain these as-
sociations, including shared familial socioeconomic, lifestyle
and genetic factors [11–13] (Fig. 1, pathways b and c).

Mediation is concerned with causal effects but it is com-
monly explored through conventional multivariable regres-
sion using the method suggested by Baron and Kenny more
than 30 years ago [14], without exploring the assumptions

specified by those authors [15]. The challenges of researching
causal molecular mediation, together with suggestions for
novel appropriate approaches, have recently been described
[15]. The path between maternal GDM and future offspring
type 2 diabetes risk could be mediated by multiple mecha-
nisms. For epigenetic mechanisms to mediate a hypothesised
developmental origins path between in utero exposure to
GDM and future offspring type 2 diabetes risk (Fig. 1,
pathway a), evidence for all three of the following causal
effects are required: (1) effect of GDM on future offspring
type 2 diabetes; (2) effect of GDM on some epigenetic mech-
anism in relevant tissues; and (3) effect of those epigenetic
mechanisms on future offspring type 2 diabetes.
Determining such causal effects requires robust replication
of associations and triangulation [16] of two or more different
methods with different sources of bias for assessing causality,
such as Mendelian randomisation (MR), [15], parental nega-
tive control studies [17], matched within-sibship designs [10]
and cross cohort comparisons [16]. Within-sibship analyses
provide some evidence for a causal effect of GDM on greater
offspring BMI [8, 10]. In epigenetic epidemiology, a paternal
negative control study found that most of the epigenome-wide
associations of maternal early pregnancy BMI with cord-
blood DNA methylation were similar to those of paternal
BMI, suggesting the maternal associations were unlikely to
be causal [17]. The extent to which such methods have been
used to explore epigenetic mediating mechanisms between in
utero exposure to GDM and offspring outcomes is one subject
of this review.

Given the systems and tissues potentially involved in this
hypothesised epigenetic mediating path, any research should
ideally explore epigenetic mechanisms in offspring blood (in-
cluding cord blood), placenta, pancreas, liver, muscle and ad-
ipose tissue. Access to blood and placental tissue should be
feasible as an increasing number of birth cohorts collect cord
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Fig. 1 Summary of pathways that produce an intergenerational associa-
tion between GDM and offspring type 2 diabetes (T2D). This figure is
available as part of a downloadable slideset
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blood or infant blood from screening blood spots, as well as
placental tissue [18–22]. However, taking fat, muscle, pancre-
as and liver biopsies is unlikely to be feasible and ethical
except in clinical cohorts where there is a clinical need. In
silico reference data, such as that available in resources like
the Genotype-Tissue Expression (GTEx) project [23], may be
valuable for information on differential epigenetic phenomena
in these tissues but those data are likely to come from small,
select and usually adult populations.

Epigenetics as biomarkers for diagnosis and risk prediction in
relation to GDMCurrent guidelines for screening and diagnos-
ing GDM vary between countries and institutions. Universal
OGTT of all pregnant women is rare and the benefit of doing
this is debated [7, 24, 25]. The practice of early pregnancy risk
factor screening to identify those at most risk of GDM (to
enable selection for a later diagnostic OGTT) does not appear
effective [24, 26, 27]. Other early pregnancy screening ap-
proaches, such as glucose challenge tests, HbA1c and random
or fasting glucose measurements, can be useful in identifying
women with undiagnosed type 2 diabetes [7] but do not seem
to be useful in identifying women with GDM or predicting
associated adverse outcomes [24, 28]. A definitive diagnosis

of GDM is made with an OGTT at around 26–28 weeks of
gestation. However, emerging evidence shows that fetal
growth trajectories already differ in those whose mothers are
subsequently diagnosed with GDM compared with those
whose mothers are not, from at least 12 weeks of gestation
[29, 30]. Thus, there is a need for biomarkers that are mea-
sured on samples collected in early pregnancy that accurately
predict GDM and its associated adverse perinatal and later
(offspring and maternal) outcomes. These could indicate
which women would benefit from early interventions (life-
style or pharmaceutical) to reduce risk, including future risk
of obesity and type 2 diabetes in mothers and offspring.

Unlike the use of epigenetic measures to explore me-
diation, their use as biomarkers does not require them to
be causally related to the outcome they are predicting
[31]. Causal methods and tissue specificity are therefore
not the focus in epigenetic biomarker research. What is
required is to show that epigenetic biomarkers that can be
readily assessed in blood or urine (which are routinely
collected at antenatal visits) improve the discrimination
and calibration of current risk prediction tools. It is also
important that prediction tools developed in one study are
validated in independent studies.
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Fig. 2 An overview of the PubMed search strategy to identify studies of interest. This figure is available as part of a downloadable slideset
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A review of current published literature

We searched PubMed for any pregnancy-related studies that
explored associations between any of maternal GDM, type 2
diabetes, gestational fasting or post-load glucose and any epi-
genetic marker (DNA methylation, histone modification or
miRNA) (Fig. 2). We did not restrict our search solely to
studies of GDM because of the varying methods that were
likely to have been used to diagnose GDM in different studies
and because existing hyperglycaemia or pregnancy-related in-
sulin resistance may have influenced both short-term and
long-term outcomes. We included any study, whatever its
aim and whether it hypothesised epigenetic variation that pre-
ceded the diabetes-related outcomes or vice versa. Cross-sec-
tional, case–control or cohort designs and global, epigenome-
wide and candidate gene studies were all included. We re-
stricted studies to those conducted in humans and written in
English. We extracted key data from each study with the aim
that this would provide important information on what is cur-
rently available in the published literature and how these stud-
ies might contribute to the two different potential uses of epi-
genetic epidemiology in GDM. We did not extract results or
assess risk of bias in each study as this was considered beyond
the scope of this paper. Similarly, we did not attempt to syn-
thesise or pool results from different studies. We do, however,
provide references from all studies and the data we extracted
from them in electronic supplementary material (ESM)
Table 2 (summarised in Fig. 3).

There were two main themes of research effort identified
from our literature search: (1) studies of associations of GDM
with offspring and/or placenta epigenetics (n = 55 studies),
which were primarily concerned with epigenetic mediation
of in utero exposure to hyperglycaemia on offspring subse-
quent health; and (2) studies of maternal epigenetics (n = 23
studies), which were mostly concerned with the role of epige-
netics in the aetiology of GDM or its progression to type 2
diabetes. Three articles spanned both of these themes, so the
total numbers of studies contributing to offspring/placenta and
maternal epigenetics were 58 and 26, respectively, and the
denominator used whenwe consider study themes (rather than
individual papers) was 84 (Fig. 3).

Fifty-eight of the 84 studies (69%) explored associations of
GDM, glucose levels/response or pre-existing maternal diabe-
tes in pregnancy with offspring and/or placenta epigenetics
(Fig. 3a). The most commonly studied epigenetic mechanism
in these studies was DNA methylation (48/58; 83%). There
were ten studies of offspring miRNA and one study of his-
tones (Fig. 3a). There were 25 studies of offspring tissues (22
in blood, one in adipose, one in adipose and muscle, one in
skeletal muscle), 24 studies of placenta and nine studies of
both offspring blood and placenta (Fig. 3c). In most of these
studies, the hypothesis or background rationale was that epi-
genetic mechanisms mediate any effect of GDM/glucose traits

on offspring outcomes. However, these studies mainly pre-
sented associations of GDM (or a related exposure) with
offspring/placenta methylation and exploration of any causal
effect or effect on downstream offspring outcomes was lack-
ing. Five of the studies conducted mediation analysis. In one
study, two-step MR provided some evidence for differential
DNAmethylation levels near the leptin gene (LEP) mediating
the effect of maternal fasting glucose on neonatal leptin levels
[32]. This study was conducted in just 485 mother–offspring
pairs and both offspring DNA methylation and leptin were
measured in cord blood. In a study of 835 mother–offspring
pairs, evidence from structural equation modelling suggested
that GDMmediated an effect of obesity on fetal-side placental
DNA methylation of the LEP promotor region [33]. Three
further studies using the Baron and Kenny method reported
evidence that DNA methylation might mediate the following
effects: (1) the effect of in utero exposure to GDM on child-
hood cardiometabolic traits (specifically, differential methyla-
tion around VCAM-1 [also known as VCAM1]) [34]; (2) the
effect of maternal hyperglycaemia on offspring leptin levels at
birth [35]; and (3) the effect of gestational type 2 diabetes on
type 2 diabetes risk in offspring [36]. Of these five mediation
analyses, one attempted to replicate findings in an indepen-
dent study. Overall, just under half of the studies (27/58; 47%)
attempted replication of findings in an independent cohort or
conducted in vitro assays to support the main study findings,
although at least 12 of the 58 studies (21%) noted the need for
additional replication or validation (see ESM Table 2).

The second predominant theme of research effort was in
identifying associations between maternal epigenetics and
GDM or glucose levels/response in pregnancy (26/84 studies;
31%; Fig. 3a). Most of these studies aimed to explore the
aetiology of GDM and/or the progression to type 2 diabetes.
There were 20 studies of blood, two of the maternal side of the
placenta, two of maternal adipose tissue, one of omentum and
one of both blood and the maternal side of the placenta (Fig.
3c). Most studies of maternal epigenetics evaluated miRNA
expression (15/26; 58%; Fig. 3a). Four studies explored pre-
diction of GDM risk, using area under the receiver operating
curve (AUROC) to test predictive discrimination and two of
these four studies attempted to validate or replicate their find-
ings. However, it was unclear whether the miRNAs identified
from these studies were predictive of disease independently of
known (clinical) predictors, or were more accurate than these
known predictors, as these comparisons were not made.

�Fig. 3 Summary of human epigenetic studies related to GDM or
hyperglycaemia in pregnancy. In (c) the size of the circles reflects the
number of studies in each tissue. The numbers of studies (given within
the circles) total 84 (rather than 81) because three studies contributed to
both of the broad areas and are depicted twice in this figure. In (d), for
case–control studies, the length of the vertical bar below the white
horizontal line shows the proportion of GDM cases, relative to the total
length of the bar. T1D, type 1 diabetes. This figure is available as part of a
downloadable slideset
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Overall, among the 26 studies that examined maternal epi-
genetics as causal risk factors for (or predictors of) GDM, only
ten (38%) attempted validation or replication of their results or
included in vitro assays to support the main study findings. At
least five of the 26 studies (19%) noted that additional repli-
cation or validation of study findings were needed (see ESM
Table 2).

Across both research themes, studies were split evenly be-
tween candidate-gene- and array-based approaches, with a
small proportion of studies assessing global or other measures
(Fig. 3b). Sample sizes were small (median n = 58, median n
cases = 27) and there was no obvious pattern of association
between sample size and studied epigenetic mechanism or
data type (Fig. 3d).

Discussion: conclusions and future research

Our review shows that there is a substantial body of
epigenetic epidemiology research in relation to GDM.
Most of this articulates an interest in the possible me-
diation by epigenetic phenomena of a possible causal
effect of maternal GDM on offspring future health in-
cluding future risk of obesity and type 2 diabetes.
Future research in this area should attempt to replicate
findings, expand the range of causal analysis approaches
applied to this question and, where possible, triangulate
across these to explore whether epigenetic mechanisms
that may be influenced by GDM relate to future adverse
offspring outcomes.

Seeking replication and exploring causality through
other methods such as negative control paternal studies
and MR require large samples sizes and necessitate col-
laboration across studies. Thus, endeavours such as the
Pregnancy And Childhood Epigenetics (PACE) consor-
tium [37] are important for taking this research forward.
Any study that has epigenome-wide data collected using
the Ilumina 450K or EPIC BeadChip and any pregnan-
cy, neonatal or childhood data can join PACE. There are
no restrictions on sample size, geography or ethnicity of
participants and members of the consortium can propose
and lead projects (https://www.niehs.nih.gov/research/
atniehs/labs/epi/pi/genetics/pace/index.cfm). To date, the
collaboration has largely looked at multivariable
observational association, although one study (of
maternal BMI) included a parental negative control
study [17].

MR is increasingly being adopted to strengthen caus-
al inference in epigenetic studies [38, 39]. The two-step
MR framework is relevant to the exploration of the
causal pathways linking GDM to offspring outcomes
via epigenetic mechanisms [15]. The feasibility of ap-
plying MR to address questions pertaining to the

potential long-term consequences of in utero exposures,
such as GDM, is improving due to the increasing avail-
ability of relevant genome-wide genetic data and the
development of relevant statistical methods [40–43].
However, it may not be feasible to use MR to deter-
mine a specific intrauterine effect of exposure to mater-
nal GDM on offspring type 2 diabetes given the over-
lapping pathophysiology and genetic correlates between
GDM and type 2 diabetes [15]. It may also not be
feasible to use MR if there are no strong genetic instru-
ments available for a particular epigenetic mark.
However, genome-wide association studies of DNA
methylation have been published [44, 45], with a
large-scale meta-analysis underway by the Genetics of
DNA Methylation Consortium (GoDMC). These efforts
are generating an extensive catalogue of SNPs that tag
methylation variation (meQTL) and these in turn can be
used in MR and have been applied in a systematic way
across many outcomes simultaneously [45].

Assessment of epigenetic measures for prediction of
GDM was rare among studies identified (n = 4). The abil-
ity of epigenetic marks to integrate genetic and non-
genetic factors in a biologically stable and technically
reproducible way means they have high potential as bio-
markers. Perhaps uniquely, epigenetic marks can ‘capture’
information on endogenous and exogenous exposures, in-
cluding risk factors and very early consequences of dis-
ease processes, thus promising to be an effective tool in
early detection and future prediction and prognosis. The
use of epigenetic biomarkers in this way is established in
cancer research [46], and this is an area of research that is
likely to see considerably more attention in other areas in
future years (including pregnancy complications, where
accurate risk prediction remains poor).

In conclusion, determining whether GDM causes (via
intrauterine mechanisms) increased risk of future offspring
type 2 diabetes is important, because if it does there could
be an intergenerational cycling or risk that would acceler-
ate the increasing risk of type 2 diabetes and GDM. If there
is a causal effect, epigenetic mechanisms could provide a
potential modifiable target for intervention development to
break this cycle. There is increasing optimism that epige-
netic information can be used as a biomarker to predict
future likelihood of adverse outcomes. As methods for
identifying risk of GDM early in pregnancy (before fetal
overgrowth begins) are lacking, this could be valuable for
identifying women who might benefit most from more-
intensive antenatal monitoring and interventions (lifestyle
or pharmaceutical) to optimise fetal growth and minimise
maternal hyperglycaemia. The assembled published evi-
dence suggests that this is a fruitful avenue of research to
explore. However, larger, more robust studies are required
to strengthen the current evidence base.

Diabetologia (2019) 62:2171–21782176

https://www.niehs.nih.gov/research/atniehs/labs/epi/pi/genetics/pace/index.cfm
https://www.niehs.nih.gov/research/atniehs/labs/epi/pi/genetics/pace/index.cfm


Funding The work presented here was supported by the European
Research Council under the European Union’s Seventh Framework
Programme (FP7/2007-2013)/ERC grant agreement no 669545, the US
National Institute of Health (R01 DK10324), the UK Medical Research
Council (MR/S009310/1) and the NIHR Biomedical Research Centre at
the University Hospitals Bristol NHS Foundation Trust and the
University of Bristol. The authors work in the Medical Research
Council Integrative Epidemiology Unit at the University of Bristol which
is supported by the Medical Research Council and the University of
Bristol (MC_UU_00011/5 & MC_UU_00011/6).

Duality of interest DAL has received research support from several
national and international government and charitable funders, as well as
Roche Diagnostics and Medtronic Ltd. for research unrelated to that
presented here. The other authors declare that there is no duality of inter-
est associated with their contribution to this manuscript.

Open Access This article is distributed under the terms of the Creative
Commons At t r ibut ion 4 .0 In te rna t ional License (h t tp : / /
creativecommons.org/licenses/by/4.0/), which permits unrestricted use,
distribution, and reproduction in any medium, provided you give appro-
priate credit to the original author(s) and the source, provide a link to the
Creative Commons license, and indicate if changes were made.

References

1. Rosen ED, Kaestner KH, Natarajan R et al (2018) Epigenetics and
epigenomics: implications for diabetes and obesity. Diabetes
67(10):1923–1931. https://doi.org/10.2337/db18-0537

2. Carter AC, Chang HY, Church G et al (2017) Challenges and rec-
ommendations for epigenomics in precision health. Nat Biotechnol
35(12):1128–1132. https://doi.org/10.1038/nbt.4030

3. Jerram ST, Dang MN, Leslie RD (2017) The role of epigenetics in
type 1 diabetes. Curr Diab Rep 17(10):89. https://doi.org/10.1007/
s11892-017-0916-x

4. Hurwitz D, Jensen DN (1946) Carbohydrate metabolism in normal
pregnancy. N Engl J Med 234(10):327–329. https://doi.org/10.
1056/NEJM194603072341004

5. O’Sullivan JB, Mahan CM (1964) Criteria for the oral glucose
tolerance test in pregnancy. Diabetes 13:278–285

6. Lawlor DA (2013) The Society for Social Medicine John
Pemberton Lecture 2011. Developmental overnutrition–an old

hypothesis with new importance? Int J Epidemiol 42(1):7–29.
https://doi.org/10.1093/ije/dys209

7. International Association of Diabetes and Pregnancy Study Groups
Consensus Panel, Metzger BE, Gabbe SG et al (2010) International
association of diabetes and pregnancy study groups recommenda-
tions on the diagnosis and classification of hyperglycemia in preg-
nancy. Diabetes Care 33(3):676–682. https://doi.org/10.2337/dc09-
1848

8. Dabelea D, Hanson RL, Lindsay RS et al (2000) Intrauterine expo-
sure to diabetes conveys risks for type 2 diabetes and obesity: a
study of discordant sibships. Diabetes 49(12):2208–2211. https://
doi.org/10.2337/diabetes.49.12.2208

9. Dabelea D, Pettitt DJ (2001) Intrauterine diabetic environment con-
fers risks for type 2 diabetes mellitus and obesity in the offspring, in
addition to genetic susceptibility. J Pediatr Endocrinol Metab 14(8):
1085–1091. https://doi.org/10.1515/jpem-2001-0803

10. Lawlor DA, Lichtenstein P, Langstrom N (2011) Association of
maternal diabetes mellitus in pregnancy with offspring adiposity
into early adulthood: sibling study in a prospective cohort of 280,
866 men from 248,293 families. Circulation 123(3):258–265.
https://doi.org/10.1161/CIRCULATIONAHA.110.980169

11. Sattar N, Greer IA (2002) Pregnancy complications and maternal
cardiovascular risk: opportunities for intervention and screening?
BMJ 325(7356):157–160. https://doi.org/10.1136/bmj.325.7356.
157

12. Robitaille J, Grant AM (2008) The genetics of gestational diabetes
mellitus: evidence for relationship with type 2 diabetes mellitus.
Genet Med 10(4):240–250. https://doi.org/10.1097/GIM.
0b013e31816b8710

13. Lambrinoudaki I, Vlachou SA, Creatsas G (2010) Genetics in ges-
tational diabetes mellitus: association with incidence, severity, preg-
nancy outcome and response to treatment. Curr Diabetes Rev 6(6):
393–399. https://doi.org/10.2174/157339910793499155

14. Baron RM, Kenny DA (1986) The moderator–mediator variable
distinction in social psychological research – conceptual, strategic,
and statistical considerations. J Pers Soc Psychol 51(6):1173–1182.
https://doi.org/10.1037/0022-3514.51.6.1173

15. Richmond RC, Hemani G, Tilling K, Davey Smith G, Relton CL
(2016) Challenges and novel approaches for investigating molecu-
lar mediation. HumMol Genet 25(R2):R149–R156. https://doi.org/
10.1093/hmg/ddw197

16. Lawlor DA, Tilling K, Davey Smith G (2016) Triangulation in
aetiological epidemiology. Int J Epidemiol 45(6):1866–1886.
https://doi.org/10.1093/ije/dyw314

17. Sharp GC, Salas LA, Monnereau C et al (2017) Maternal BMI at
the start of pregnancy and offspring epigenome-wide DNA meth-
ylation: findings from the pregnancy and childhood epigenetics
(PACE) consortium. Hum Mol Genet 26(20):4067–4085. https://
doi.org/10.1093/hmg/ddx290

18. Boyd A, Golding J, Macleod J et al (2013) Cohort profile: the
children of the 90s – the index offspring of the Avon Longitudinal
Study of Parents and Children. Int J Epidemiol 42(1):111–127.
https://doi.org/10.1093/ije/dys064

19. Wright J, Small N, Raynor P et al (2013) Cohort profile: the Born in
Bradford multi-ethnic family cohort study. Int J Epidemiol 42(4):
978–991. https://doi.org/10.1093/ije/dys112

20. Cardenas A, Gagne-Ouellet V, Allard C et al (2018) Placental DNA
methylation adaptation to maternal glycemic response in pregnan-
cy. Diabetes 67(8):1673–1683. https://doi.org/10.2337/db18-0123

21. Buckberry S, Bianco-Miotto T, Bent SJ et al (2017) Placental tran-
scriptome co-expression analysis reveals conserved regulatory pro-
grams across gestation. BMC Genomics 18(1):10. https://doi.org/
10.1186/s12864-016-3384-9

22. Lawlor DA, Lewcock M, Rena-Jones L et al (2019) The second
generation of the Avon Longitudinal Study of Parents and Children

Recommendations for future 
epigenetic epidemiology in 

relation to GDM
Increase sample sizes and independently replicate
or validate findings via large consortia

Triangulate different methods for exploring causal 
effects, including for mediation

Determine the value of epigenetic markers in early 
pregnancy blood/urine for accurate prediction of 
GDM and associated adverse outcomes

Diabetologia (2019) 62:2171–2178 2177

https://doi.org/10.2337/db18-0537
https://doi.org/10.1038/nbt.4030
https://doi.org/10.1007/s11892-017-0916-x
https://doi.org/10.1007/s11892-017-0916-x
https://doi.org/10.1056/NEJM194603072341004
https://doi.org/10.1056/NEJM194603072341004
https://doi.org/10.1093/ije/dys209
https://doi.org/10.2337/dc09-1848
https://doi.org/10.2337/dc09-1848
https://doi.org/10.2337/diabetes.49.12.2208
https://doi.org/10.2337/diabetes.49.12.2208
https://doi.org/10.1515/jpem-2001-0803
https://doi.org/10.1161/CIRCULATIONAHA.110.980169
https://doi.org/10.1136/bmj.325.7356.157
https://doi.org/10.1136/bmj.325.7356.157
https://doi.org/10.1097/GIM.0b013e31816b8710
https://doi.org/10.1097/GIM.0b013e31816b8710
https://doi.org/10.2174/157339910793499155
https://doi.org/10.1037/0022-3514.51.6.1173
https://doi.org/10.1093/hmg/ddw197
https://doi.org/10.1093/hmg/ddw197
https://doi.org/10.1093/ije/dyw314
https://doi.org/10.1093/hmg/ddx290
https://doi.org/10.1093/hmg/ddx290
https://doi.org/10.1093/ije/dys064
https://doi.org/10.1093/ije/dys112
https://doi.org/10.2337/db18-0123
https://doi.org/10.1186/s12864-016-3384-9
https://doi.org/10.1186/s12864-016-3384-9


(ALSPAC-G2): a cohort profile. Wellcome Open Res 4:36. https://
doi.org/10.12688/wellcomeopenres.15087.1

23. Baran Y, Subramaniam M, Biton A et al (2015) The landscape of
genomic imprinting across diverse adult human tissues. Genome
Res 25(7):927–936. https://doi.org/10.1101/gr.192278.115

24. Farrar D, SimmondsM, Griffin S et al (2016) The identification and
treatment of women with hyperglycaemia in pregnancy: an analysis
of individual participant data, systematic reviews, meta-analyses
and an economic evaluation. Health Technol Assess 20(86):1–
348. https://doi.org/10.3310/hta20860

25. Hod M, Kapur A, McIntyre HD et al (2019) Evidence in support of
the International Association of Diabetes in pregnancy study
groups criteria for diagnosing gestational diabetes mellitus world-
wide in 2019. Am J Obstet Gynecol 22(2):109–116. https://doi.org/
10.1016/j.ajog.2019.01.206

26. Farrar D, Fairley L, Wright J, Tuffnell D, Whitelaw D, Lawlor DA
(2014) Evaluation of the impact of universal testing for gestational
diabetes mellitus on maternal and neonatal health outcomes: a ret-
rospective analysis. BMC Pregnancy Childbirth 14(1):317. https://
doi.org/10.1186/1471-2393-14-317

27. Farrar D, SimmondsM, BryantM et al (2017) Risk factor screening
to identify women requiring oral glucose tolerance testing to diag-
nose gestational diabetes: a systematic review and meta-analysis
and analysis of two pregnancy cohorts. PLoS One 12(4):
e0175288. https://doi.org/10.1371/journal.pone.0175288

28. Farrar D, Duley L, Medley N, Lawlor DA (2015) Different strate-
gies for diagnosing gestational diabetes to improve maternal and
infant health. Cochrane Database Syst Rev, Issue 1, Art. no.:
CD007122. https://doi.org/10.1002/14651858.CD007122.pub3

29. Sovio U, Murphy HR, Smith GC (2016) Accelerated fetal growth
prior to diagnosis of gestational diabetes mellitus: a prospective
cohort study of nulliparous women. Diabetes Care 39(6):982–
987. https://doi.org/10.2337/dc16-0160

30. Brand JS, West J, Tuffnell D et al (2018) Gestational diabetes and
ultrasound assessed fetal growth in South Asian and White
European women: findings from a prospective pregnancy cohort.
BMC Med 16(1):203. https://doi.org/10.1186/s12916-018-1191-7

31. Sharp GC, Relton CL (2017) Epigenetics and noncommunicable
diseases. Epigenomics 9(6):789–791. https://doi.org/10.2217/epi-
2017-0045

32. Allard C, Desgagne V, Patenaude J et al (2015) Mendelian random-
ization supports causality betweenmaternal hyperglycemia and epi-
genetic regulation of leptin gene in newborns. Epigenetics 10(4):
342–351. https://doi.org/10.1080/15592294.2015.1029700

33. Lesseur C, Armstrong DA, Paquette AG, Li Z, Padbury JF, Marsit
CJ (2014) Maternal obesity and gestational diabetes are associated
with placental leptin DNA methylation. Am J Obstet Gynecol
211(6):654 e1–654 e9. https://doi.org/10.1016/j.ajog.2014.06.037

34. West NA, Kechris K, Dabelea D (2013) Exposure to maternal dia-
betes in utero and DNA methylation patterns in the offspring.
Immunometabolism 1:1–9. https://doi.org/10.2478/immun-2013-
0001

35. Cote S, Gagne-Ouellet V, Guay SP et al (2016) PPARGC1α gene
DNA methylation variations in human placenta mediate the link

between maternal hyperglycemia and leptin levels in newborns.
Clin Epigenetics 8(1):72. https://doi.org/10.1186/s13148-016-
0239-9

36. Chen P, Piaggi P, Traurig M et al (2017) Differential methylation of
genes in individuals exposed to maternal diabetes in utero.
Diabetologia 60(4):645–655. https://doi.org/10.1007/s00125-016-
4203-1

37. Felix JF, Joubert BR, Baccarelli AA et al (2018) Cohort profile:
Pregnancy And Childhood Epigenetics (PACE) consortium. Int J
Epidemiol 47(1):22–23u. https://doi.org/10.1093/ije/dyx190

38. Caramaschi D, Sharp GC, Nohr EA et al (2017) Exploring a causal
role of DNA methylation in the relationship between maternal vi-
tamin B12 during pregnancy and child s IQ at age 8, cognitive
performance and educational attainment: a two-stepMendelian ran-
domization study. Hum Mol Genet 26(15):3001–3013. https://doi.
org/10.1093/hmg/ddx164

39. Relton CL, Davey Smith G (2015) Mendelian randomization: ap-
plications and limitations in epigenetic studies. Epigenomics 7(8):
1239–1243. https://doi.org/10.2217/epi.15.88

40. Zhang G, Bacelis J, Lengyel C et al (2015) Assessing the causal
relationship of maternal height on birth size and gestational age at
birth: a Mendelian randomization analysis. PLoS Med 12(8):
e1001865. https://doi.org/10.1371/journal.pmed.1001865

41. Lawlor DA, Richmond R, Warrington N et al (2017) Using
Mendelian randomization to determine causal effects of pregnancy
(intrauterine) exposures on offspring outcomes: sources of bias and
methods for assessing them. Wellcome Open Res 2:11. https://doi.
org/10.12688/wellcomeopenres.10567.1

42. Evans DM, Moen G-H, Hwang D, Lawlor DA, Warrington NM
(2019) Elucidating the role of maternal environmental exposures on
offspring health and disease using two-sample Mendelian random-
ization. Int J Epidemiol 48(3):861–875. https://doi.org/10.1093/ije/
dyz01943

43. Gaunt TR, Shihab HA, Hemani G, Min JL,Woodward G, Lyttleton
O et al (2016) Systematic identification of genetic influences on
methylation across the human life course. Genome Biol 17(1):61.
https://doi.org/10.1186/s13059-016-0926-z

44. Bonder MJ, Luijk R, Zhernakova DVet al (2017) Disease variants
alter transcription factor levels and methylation of their binding
sites. Nat Genet 49(1):131–138. https://doi.org/10.1038/ng.3721

45. Richardson TG, Haycock PC, Zheng J et al (2018) Systematic
Mendelian randomization framework elucidates hundreds of CpG
sites which may mediate the influence of genetic variants on dis-
ease. Hum Mol Genet 27(18):3293–3304. https://doi.org/10.1093/
hmg/ddy210

46. Widschwendter M, Jones A, Evans I et al (2018) Epigenome-based
cancer risk prediction: rationale, opportunities and challenges. Nat
Rev Clin Oncol 15(5):292–309. https://doi.org/10.1038/nrclinonc.
2018.30

Publisher’s note Springer Nature remains neutral with regard to jurisdic-
tional claims in published maps and institutional affiliations.

Diabetologia (2019) 62:2171–21782178

https://doi.org/10.12688/wellcomeopenres.15087.1
https://doi.org/10.12688/wellcomeopenres.15087.1
https://doi.org/10.1101/gr.192278.115
https://doi.org/10.3310/hta20860
https://doi.org/10.1016/j.ajog.2019.01.206
https://doi.org/10.1016/j.ajog.2019.01.206
https://doi.org/10.1186/1471-2393-14-317
https://doi.org/10.1186/1471-2393-14-317
https://doi.org/10.1371/journal.pone.0175288
https://doi.org/10.1002/14651858.CD007122.pub3
https://doi.org/10.2337/dc16-0160
https://doi.org/10.1186/s12916-018-1191-7
https://doi.org/10.2217/epi-2017-0045
https://doi.org/10.2217/epi-2017-0045
https://doi.org/10.1080/15592294.2015.1029700
https://doi.org/10.1016/j.ajog.2014.06.037
https://doi.org/10.2478/immun-2013-0001
https://doi.org/10.2478/immun-2013-0001
https://doi.org/10.1186/s13148-016-0239-9
https://doi.org/10.1186/s13148-016-0239-9
https://doi.org/10.1007/s00125-016-4203-1
https://doi.org/10.1007/s00125-016-4203-1
https://doi.org/10.1093/ije/dyx190
https://doi.org/10.1093/hmg/ddx164
https://doi.org/10.1093/hmg/ddx164
https://doi.org/10.2217/epi.15.88
https://doi.org/10.1371/journal.pmed.1001865
https://doi.org/10.12688/wellcomeopenres.10567.1
https://doi.org/10.12688/wellcomeopenres.10567.1
https://doi.org/10.1093/ije/dyz01943
https://doi.org/10.1093/ije/dyz01943
https://doi.org/10.1186/s13059-016-0926-z
https://doi.org/10.1038/ng.3721
https://doi.org/10.1093/hmg/ddy210
https://doi.org/10.1093/hmg/ddy210
https://doi.org/10.1038/nrclinonc.2018.30
https://doi.org/10.1038/nrclinonc.2018.30

	Epigenetics...
	Abstract

	This link is 10.1007/s00125-05011-,",
	This link is 10.1007/s00125-05011-,",
	This link is 10.1007/s00125-05011-,",
	Epigenetic epidemiology and its use in gestational diabetes research
	A review of current published literature
	Discussion: conclusions and future research
	References




