-

View metadata, citation and similar papers at core.ac.uk brought to you byﬁ CORE

provided by Hosei University Repository

BERAKFEFMEE VRS FY

HOSET UMIVERSITY REPOSITORY

Joodoogooboodoogogboodgoogd

HEERNEN

00 o0 od

Oo0o0o O0DO000DOoooooon

Ooo0o OoODo000obooo. booobooooo
[ 60

Oo0o0o 1-2

000 2019-03-31

URL http://doi.org/10.15002/00022005



https://core.ac.uk/display/226440497?utm_source=pdf&utm_medium=banner&utm_campaign=pdf-decoration-v1

0000000000 0000oO0Uo0OO Vol.e0(20190 30)

gooao

Joboobobuoobuobouobodoouobouoonod

ANALYSIS OF SPARSE DYNAMIC BINARY NEURAL NETWORKS AND ITS APPLICATIONS
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This paper studies hardware implementation of a simple dynamic binary neural network. The
dynamic binary neural network is a simple two-layer network with a delayed feedback and that
can generate various periodic orbits. The network is characterized by local binary connection
and signum activation function. First, using an FPGA board, a test circuit is implemented. The
signum activation function is realized by a majority decision circuit and the binary connection
is realized by switches and inverters. The circuit operation is confirmed experimentally.
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