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SYNTHESIS OF DIGITAL SPIKE MAPS BY THE EVOLUTIONARY ALGORITHM
gooon
Tomoki HAMAGUCHI
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This paper studies analysis and implement of Digital Dpike Maps(DSM). In order to visualize
dynamics of spike-trains, we introduce the DSM. The DSM is a digital version of analog one-
dimensional maps. The Dmap is related to various digital dynamical systems including cellular
automata and dynamic binary neural networks, digital spikeing neuron. In order to realization
desired DSM, we present a simple evolutionary algorithm. It is a type of optimization algorithm
inspired by biological mechanisms.
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