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ABSTRACT

Analytical and experimental investigations are made of the
response of linear systems subject to magnitude-limited Gaussian
broadband random excitation. A mathematical analysis for deter mining
the statistical properties of this excitation is developed. Experimental
studies on the probabilistic response of linear systems with magnitude-
limited input are also presented.

Secondly the peak characteristics of the response of linear
systems subject to Gaussian broadband random excitation are
investigated. It is shown that the number of peaks per unit time of
the response of a single degree of freedom system increases as the
frequency bandwidth of the excitation increases. Analytical and
experimental techniques are developed to study the peak distribution
characteristics of multi-degree of freedom systems and continuous
systems. It is found that the normal mode random variables are
statistically independent if the sy stem damping is small, and the

modal frequencies are sufficiently separated.

Finally the method of Fokker-Planck is used to obtain the
statistical properties of the response of a first order Coulomb damped
system. The first order probability density function of displacement
of this nonlinear system is determined. A simplified method for
developing the autocorrelation function, and the power spectral density
is discussed and applied to the above problem. The results are further

substantiated by experiment. Experimental investigations are also
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carried out to determine the power spectral density of the response
of a second order nonlinear system with Coulomb restoring force to
white noise input. The results are compared with those given by

Wolaver.
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CHAPTER I

GENERAL TIIEORY OF RANDOM PROCESSES

1. 1. Introduction

Studies of random procecssces, or stochastic processes, are
relatively old, yet it is only in recent years that the application of
the theory of random processes to engineering problems has been
exploited. The theory of random processes is generally defined as the
dynamic part of probability theory. Therefore it is especially useful
in the cases where one desires to know the dynamic behavior of the
response of a system to random excitation.

The theory of the random process was first advanced by
Einstein, who studied the Brownian motion of a free particle and
obtained the mean square value of the displacement of the free
particle. (1) Further investigations in the field of Brownian motion by
Smoluchowski, Ornstein, Kramers, Chandrasekhar, Uhlenbeck and
Wang have resulted in a general the ory of random processes. In the
field of electrical engineering, scientists have studied the statistical
properties of noise through receivers and the theory of information,
where an unique method based on the theory of Fourier integrals was
developed. The principle contributions made in these areas are due
to Wiener, Rice, Kolmogoroiftf and Khintchine. The endeavors of these
scientists have proved to be fundamental to the theory of random
processes. Some of the basic techniques involved in the studies of

random processes are contained in the papers given by Uhlenbeck and



Wang, () and Rice. (3)
More recently the concept of random processes has been intro-
duced in mechanical engineering, particularly in the field of vibration
and dynamics. The engineering problems which arise in these areas
are centered around the response of a mechanical system to random
excitation. For example, buildings subject to ground motion during
earthquakes, missiles and jets in a turbulent environment, etc., are
all examples involving systems, whether linear or nonliﬁear, subject
to random excitation. The dynamic behavior of such systems
subject to random excitation have been studied extensively by

Caughey, (4-9) Crandall(m‘ls) and others. (14-15)
All the problems treated in this thesis involve discrete dynamic

systems whose input is Gaussian distributed, or sometimes derived

o
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a Gaussian random process. FEFrequen
uniform over a frequency range extending from zero to infinity.
These assumptions have proved to be important, and resulted in a
great deal of simplification in the mathematical analysis of random
vibration.

The objective of the present study is to extend and further the
work in the area of random vibration. In the following sections, a
general theory of random processes that are of interest in random
vibration applications is developed and techniques indicated. A
specific problem involving systems subjected to magnitude-limited
random excitation is treated in Chapter II. The peak characteristics

of linear systems with broadband random inputs are analyzed in



Chapter III. In Chapter IV the method of Fokker-Planck in solving a
first order nonlinear system is demonstrated. In all phases of work
analytical results are supported by experiments. Finally, the
Summary and Conclusions drawn from the analytical and experimental
investigations are presented in Chapter V. It is hoped that the results
of these studies will help to further future researches in the area of

random vibration.

1. 2. Probability Theory and the Classification of Random Processes

Many physical phenomena in nature are characterized by
unpredictable changes in time and cannot be prescribed a priori
except in a statistical sense. They are in general, known as random,
or stochastic processes. These statistical processes often show
regularities, or stabilized properties as the time or the number of
observation increases. In other words, the random processes can be
described (or defined) by a set of probability functions.

The theory of probability is closely related to the concept of an
ensemble, which is a collection of many physical systems. Let the
members of the ensemble be denoted by xl(t), XZ(t)’ e xn(t), which
are different time dependent functions. However, they are completely
described (or defined) by the following set of probability distributions:

pl(x, t)dx = probability of finding x in the amplitude range
(x, xtdx) at time t.

pz(xlxz;tltz) dxldx = joint probability of finding x; in the range

2

(Xl’ x1+dx1) at time tl; and x, in the range (XZ’ x2+ dxz) at time t,.



p3(x1x2x3;t1t2t3)dx1dx,cb§3 = joint probability of finding x in the
range (xl, Xt dxl) at time t)s and %, in the range (XZ’ XZ+ dxz) at time
tZ’ and X5 in the range (x3, x3+dx3) at time t3.

and etc., the nth order probability density function pn(X1X2X3. Ce XS

t,t

1fa e tn) can be defined in the same fashion.

The aforementioned set of probability functions must satisfy
the following conditions:
1. pn(xlxz. e X tltz. .. tn) > 0,

2. pn(xlxa. e tlta. . tn) is a symmetric function of its

arguments (Xk’ tk),

3. pk(XIXZ' ce Xy t1t2' . tk) :/. . / d.xk+1. . dxnpn(xl. XS

tye - tn),
4, / . ./dxl. .. dxnpn(XIXZ.' CeX S tl. - tn) =1

So far we have described the time dependent probability
distribution function across the ensemble. In the cases where the
random process is stationary in time (to be defined in next section),
the probability functions will not change with a shift of time origin.

Uhlenbeck and Wang(z) attempted to classify the random |
processes by the order n of the probability distribution functions for
a complete description.

1. Purely random process or independent process.

A random process is called a purely random process when the
joint probability density functions can be defined in terms of the

products of the first probability dehsity functions, namely:



pn(xlxz. X tltZ' .. tn) = p(xl, tl)p(xz, tz). . .p(xn, tn) (1. 1)

In other words a small difference in time will make successive values

of x completely independent. All information is then completely

contained in the first probability density function.

2. Markoff process.

The concept of Markoff process has important physical appli-
cation since it is a process with no memory extending before the
previous instant. A simple Markoff process is defined by the following

equation

Tn(xn, tn‘ XKy o X g5 bty tn_l) = TZ(xntn‘ Xn-—ltn—l) (1. 2)

where T{a/b) means the conditional probability (known also as the
transition probability) of a given b. As the consequences of the
definition given above for the simple Markoff process, the joint
probability density function can be written in terms of the conditional
probabilities: (16)
Pn(xl’ Xy o xn;tl, tZ. .. tn) = p(xltl)T(XZtZ |X1t1)T(X3t3 lxltl’ XZtZ). ..
:P(xltl)T(xztzl xltl) 'I‘(x3t3| XZtZ)' S
n
= pCet) [T Tlqd ety (1. 3)
k=2
Thus it is immediately clear that a simple Markoff process is
completely defined by the second probability distribution function.

Many physical phenomena are found to possess Markoff properties

even though very severe restrictions have been imposed on the



transition probabilities. For example, in the case of a single degree
of freedom oscillator when subjected to a Gaussian distributed random
external force, the response of the system is found to be a projection
of the Markoff process or a vector characterization of the process.
Random prbcesses can also be classified according to the type

of their distribution functions, i.e., the probability laws involved.

Some frequently encountered probability laws are the Normal
(Gaussian), Poisson, Rayleigh Distributions. Nevertheless, a great
number of random phenomena observed in nature possess Gaussian
properties. For example, the distribution of a random variable
resulting from the sum of a large number of independent random
variables -- satisfying certain general conditions -- approaches

(30

asymptotically normal. This is known as the Central limit theorem,

one of the most important theorems in mathematical statistics.

1. 3. Stationarity and Ergodicity

To introduce the concept of stationarity and ergodicity, an
ensemble of random variable Xl(t)’ xz(t), ... xn(t) of a random process
is considered. Let Xi(t) be a typical member of the ensemble, and let
h be an arbitrary measure of time. Each function xi(t+h) may be
taken as the member of a new random process with a translation of
time h from the original random process. A random process is said
to be stationary if the probability function of the original process is |
invariant under a shift of time origin. A random process, possessing

this property, is sometimes called stationary in the strict sense to




distinguish it from stationary in the wide sense to be defined later.

As a result1of the definition given above it is not difficult to see that
for a strictly stationary random process that probability distribution
function (or density function) and other statistical parameters do not
change for all translations in time, and depend on time instants only

through their differences.
Some random processes are not stationary in the strict sense.

However they are weakly stationary (or !""'stationary in the wide sense',

"covariance stationary', and ''second order stationary' used by some
other authors). If the random process is weakly stationary then its
second moment exists and is a function only of the absolute value of
the time difference (see Eq. 1.8 and 1. 9), i.e.,

E (x(t) x(t+ T )] =R (T) (1. 4)

Obviously, any random process, which is stationary in the strict
sense, is also stationary in the wide scnsc but not vice versa. Random

processes are known as nonstationary, if the properties mentioned

above are not satisfied.

In many physical applications one is often required to measure,
from the observation of a random process, certain statistical
quantities from a single record. It is natural to ask the question:
Under what conditions is one able to estimate the ensemble average
from the temporal average. The condition or the property, which is
often assumed in the analysis of stationary random process, is called
the Ergodic property. Before entering into the formal definition for

an ergodic process, let the temporal average for a random process be



T

<V [xtr) > :Tl_iinoo—% 0 v [x(n)] at (1. 5)

where x(t) is a random process, V [X(t)J represents a function (with
zero memory) of the random process, and T is the averaging time.
Likewise, the ensemble average can be defined as

Qo

E ( v [x(t) ) :/ v [x(t)] plxax (1. 6)

-0
A stationary random process is said to be ergodic if the
temporal average from a single record can ultimately be identified
with the average computed across the ensemble. The following
equality must exist:

E|V [x(t)] ) =<V [x(t)] > (1.7)

The ergodicity condition, in effect, shows that, each sample function
must eventually take on all modes of behavior of each other sample
functions in order to be ergodic. Imagine a sample record of an
ergodic process be cut into a sequence of strips each of length T,
where T is large. Then this sequence of samples drawn from a
single record can be considered as an ensemble. This new ensemble,

according to the Ergodic Hypothesis, possesses the same probabilistic

characteristics as the original ensemble. In general the ergodic
property is not a consequence of the fact that the random process is
stationary. Also it is not necessary for the random process to be

strictly stationary in order to satisfy the ergodic theorem.



1. 4. Autocorrelation, and Power Spectral Density

A more important concept in the studies of random vibration is
the autocorrelation function which points out the dependence relation-
ships of the two random variables X and X5 They are referred to

as the possible values which can be assumed by the sample random

variable x(t) at the time instants t and t,. The ensemble average

E(xl, XZ) relating Xy and x, may be defined as
fo'e} 0o
E [Xl’ XZ} = / / X%, p(xl, tl;xz, tz)dX1dXz (1. 8)
-0 -0

The above equation reveals the specific correlation properties of x(t)
with itself at the time ty and tZ. It is generally known as the auto-
correlation function to distinguish it from the crosscorrelation
functions between two different random variables x(t) and y(t). The

time autocorrelation function for the sample random function x(t) is

given by

T
RX('C) = Tlim —%—f x(t)x(t+ T )dt (1.9)
—> 0 0

The autocorrelation function E {Xl’ .xz} may depend on bolh lime

instants if the random process is nonstationary. In the event that

the random process is weakly stationary or covariance stationary,

the autoéorrelation function depends only on the absolute value of the

difference of two time instants. The equality given by Eq. (1. 4) exists.
In the analysis of a signal, the harmonic components are often

determined through a simple Fourier analysis. In the case of a
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periodic function of period T the energy over a period is finite, then
by Parsval's theorem the time average of its energy, or the power,
is equal to the sum of the squares of the coefficients in its Fourier
series expansion. If the signal is not periodic it cannot, of course, be
decomposed into discrete harmonic components as in the case of a
periodic wave; however if it has a Fourier transform or is square
integrable, (31) then it will have a continuous spectrum which can be
treated in very much the same way as that for a periodic signal. The
technique of Fourier analysis can also be applied to a stationary
random process. The study of spectral density, the autocorrelation
and their relations are known as the Generalized Harmonic
analysis. (1) The term "Generalized' implies obviously a larger
class of functions including those not possessing a Fourier transform,
in other words the class of random variables which are not square
integrable.

Under the condition that the autocorrelation function is
absolutely integrable andfinite, the power spectral density and the
autocorrelation function will form a Fourier transform pair

fo'e)
S(f) = 4/ R(zT) cos 2rfr d—T

0 (1. 10)
(0 0]

R(T) =/ S(f) cos 2wfr df
0

where S(f) is the power spectral density and R(r ) is the auto-

correlation function. These equations are known as the Wiener-
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Khintchine relations.

For the most part one will be primarily concerned with the
power spectral density of a stationary (not necessarily strictly
stationary) random process. For a stationary random process the
autocorrelation defined by Eq. (1. 8) does not change with a shift of
time origin, and the results derived from it, namely the power spectral
density, will not be expected to be dependent on an arbitrary
translation of time origin. Therefore the concept of the power spectral
density constitutes an important step toward a complete description of
a stationary random process.

For stationary processes having ergodic properties, the power
spectral densities defined by Eq. (1.10) for the sample function are
identical to the power spectral densities for the ensemble random

process with probability one.

1. 5. Linear and Nonlinear Transformations of the Random Processes

With the knowledge of the basic concepts and properties of a
random process, the effect of a linear or nonlinear transformation
on these properties will now be investigated.

There are in general three classes of physical systems, which
are most frequently encountered in nature, namely a time invariant
stable linear system, a nonlinear (zero memory) device whose output
is expressible in terms of the input, and a nonlinear system whose
output cannot be expressed in terms of the input. We are

considering a system with input and output as shown in Fig. (1. 1).
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Input System Output

Fig. 1.1

For the first two types of systems, the method of Rice or thé Fourier
series method is directly applicable. For nonlinear systems, how-
ever, the method of Fokker-Planck is more appropriate. In the
following, both methods will be demonstrated in obtaining the auto-
correlation functions, the power spectral densities, and the

probability functions.

(a) Rice's method.

The method of Rice is essentially a Fourier series method,
where the attention is focused on the actual time variation of the
random variable. One is usually able to develop this random variable
in a Fourier series; its coefficients are likewise random variables.
From the Fourier integral theorem, the power spectral density and
the autocorrelation function for the random variable can be calculated.
With the knowledge of these quantities, a score of other statistical
properties of the random variable are easily obtained.

Consider now, for example, a time invariant stable linear

system, having a system transfer function with poles located in the
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left half plane, the output y(t) may be expressed in terms of the
input x(t) through the convolution integral

00
y(t) :/ x(t- ) h(z)dz (1. 11)
0

where h(T) is the unit-impulee-response of the system. If the input
is stationary the output will also be stationary, since the output mean

and the autocorrelation function are given by

0 0] Q
E[y(t)] = E[/ x(t- T )h( T)d‘z:] =/ W(T)E [x(t- z:)] dz
0 0
(0.0}
= mX/ h(T)dT
0

00 00
E [y(t)y(tﬂ: )] = E[/ / x(t-d)x(t+ T-B) h(a) h(p) dadp]
0”0

=// h(a) h(B) R_(T +a -p)dadp
0 O

= Ry(‘z:) (1. 12)

which depends only on the time differences = . The interchanging of
the order of integration and statistical averaging is allowed since the
syslem response function h(T ) does not vary within tolerance over the
ensemble. The output autocorrelation function is seen to be dependent
on the time difference T , hence the random variable is stationary.
From Eq. (1.10) and (1. 12) the output power spectral density

Sy(f) is given by
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2
s, (1) = [H2m) | 5,00 (1. 13)

where

H(j2wf) = Laplace transform of h(T")

Sx(i') = Power spectral density of the input.

A similar procedure can be applied to a nonlinear device,
whose output is expressible in terms of the input. Therefore if

y(t) = £ [x(t)] (1. 14)

the autocorrelation function for y(t) is given by

o0 (e 0]
E[y(t)y(t+ 7:)]= / f £x,) £(x,) p(x), x,) dx dx, (1. 15)
- -00

in principle, other statistical properties can be derived from the known
autocorrelation function given above.

Sometimes it is desired to know the probability distribution
functions of the vutput. This is usually not a difficult problem for
linear systems since it is well known from the theory of ranciom
processes that if the input random process is Gaussian distributed,
the output random process is also Gaussian.

In the case of a nonlinear device such as that given by Eq. (1.14)
the output probability density function can usually be written in terms
(19)

of the input probability density function p(x), hence

p(y) = p(x) |—jf13;-| (1. 16)

if x(t) is a single-value function of y(t).
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It is seen from the above discussion that the statistical
properties of the output of the systems are completely characterized

by using Rice's method.

{(b) The method of Fokker-Planck.

In the cases of nonlinear systems, whose output is not expressible
in terms of the input, Rice's method is no longer applicable, though
approximation techniques have been developed to extend this method to
include systems with small nonlinearity. (4. 5) The method of Fokker -
Planck seems to be more appropriate to solve problems of this kind.

The behavior of many physical systems, in particular that of
discrete dynamic systems, subjected to Gaussian white random
excitation, are examples of continuous multidimensional Markoff
processes. As it was shown earlier (Eq. 1. 3), such processes are
completely defined by the transition probability T(x,t fy_io, to), where
%, and 'x'o are the position vectors of a point in n dimensional space
whose components are Xps Xps v e e X and X0 %20 Fno respectively,

and n is the order of the system. The transition probability, in turn,

is the fundamental solution to the appropriate Fokker-Planck equation.

n

n n
2
9T _ ¢ 1 i
%= Lwe (AT z 0 ) wew [P (-2
i k=1 g=1 X 3

i=1
where the coefficients Ai and Bkﬂ are obtained from the following

limiting conditions
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Ax.
A, = lim < AL >
1 At—>0
(1. 18)
Ax., AX
. k1
B, = lim {———>
k{ At—0 At

The required solution of Eq. (l.17) must satisly the initial

condition

lim T(x,t[x,t) = H5(Xi“xio)

t-t

[e]

as t—>00, the dependence of the transition probability on the initial
condition will disappear as the system becomes stationary, hence

lim T(x,t (Eo, t,) = P(X) = Pl %y, oo s X ) (1. 19)

t — 0 n
which is the stationary joint probability density function of the system.
Since p(xl, Xoseo s Xn) does not depend on time, it must satisfy the

Fokker-Planck equation in the stationary form. Therefore

Z*‘*‘(AP) Z

i=1 k=1 £=1

— (Byp) (1. 20)

07

In addition to the stated properties for T(x,t |§0, t_ ) and p(x), they
must also satisfy the basic properties for the probability density
function discussed earlier. The derivation and justification of the
Fokker-Planck equation, and the uniqueness of the stationary

(2) (6)

solutions are given by Uhlenbeck and Wang, and Caughey.
After obtaining the transition probability and the stationary
probability functions for the Fokker-Planck equation, various other

statistical properties of the system can be determined. The detail
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procedures involved will be demonstrated in Chapter IV where the
statistical properties of a nonlinear system subjected to white random

excitation are completely solved.
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CHAPTER II

RESPONSE OF LINEAR SYSTEMS TO MAGNITUDE-
LIMITED RANDOM EXCITATION

2. 1. Introduction

In many situations, encountered both in the field and in the
laboratory, the excitation produced by 2 broadband random source
has many of the characteristics of a signal having a Gaussian distri-
bution of instantaneous values except that the higher values predicted
by the theory do not appear. Therefore, in all cases, physical
systems are really excited by a magnitude -limited Gaussian random
vibration rather than a strictly Gaussian random vibration. For
example, the most commonly used equipment in the laboratory to
generate various types of vibration conditions is the shaker, whose
major components are: the vibration table, amplifier, and the servo-
control unit. In the event of random wave testing or complex waves of
various types, a magnitude limiting amplifier is customly provided to
prevent the shaker armature from exceeding the maximum specified
limit. Obviously the random wave is no longer Gaussian distributed
after magnitude limiting. The clipped signal is then converted and
transmitted to the vibration table. Consequently, the test specimen is,
in reality, excited by a magnitude-limited Gaussian random signal
rather than a true Gaussian random signal. In many other situations,
such as during an earthquake, acoustic noise in the jet, etc., the

vibration follows many of the properties of Gaus sian distributions
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with the exception that the higher values are absent. From the
preceeding discussion it is not difficult to see the necessity of looking
further into the response characteristics of the system when excited
by a magnitude -limited broadband random vibration.

In order to investigate the statistical behavior of a physical
system subject to magnitude-limited random vibration, the problem
must be formulated mathematically. To simplify the problem
further, only linear systems are considered. It is well known from
the theory of probability that the output probability distribution of
linear systéms is Gaussian if the input is Gaussian. This is of course
not the case for the problem we are considering. The statistical
response characteristics of a linear system, when subjected to a
magnitude-limited Gaussian random excitation, is not gener all-)r“known.
It becomes a very difficult problem analytically, since the instantaneous
values of the input are magnitude-limited, and do not extend to infinity.

There are no previous works recorded in the area of magnitude-
limited random vibration. Howewver,the technique is well known in
communication theories, where the problem is one of determining the
statistical properties of the output of a nonlinear device and a filter,

e.g., a detector. Problems of this kind have been studied by Rice, (3)

(18) (21) (22) (23-27)

Lanning and Battin, ~ Price and others.

Middleton,
Their primary interest is directed toward the properties of corre-
lation and the power spectral density of the response. Kac and

Siegert(23) have also studied the probability distribution of the output

of a square-law detector. There are few other papers available
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concerning the output probability distribution of a nonlinear

detector. (24-27)

In the following, an attempt will be made to set up a simple
mathematical model, i.e., a single degree of freedom system, which
represents an idealized mechanical structure. It is desired to know
the response statistical characteristics of the system subject to a
magnitude-limited external force.

In order to clarify the exact nature of the magnitude-limited
Gaussian forcing function, its statistical properties are first
analyzed. From there, the response characteristics of the single
degree of freedom system can be easily determined. Experiments

are conducted to check the correctness of the analytical results.

2. 2. A Simple Model and Assumptions

The starting point for nearly all existing theoretical investi-
gations in random vibration has been associated with a single degree

of freedom system.

. . 2
w =
X+ 25 St W x N(t) (2. 1)

where X is the critical damping ratio, W is the undamped natural
frequency, x(t) is the displacement of the mass with respect to the

ground (Fig. 2.1), and finally the magnitude-limited Gaunssian random
function N(t), which has the units of acceleration.
The original source of excitation prior to the magnitude

limiting operation is assumed to have the following properties.
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F(t)

K [:_"ﬂ Cc

[T/ 7777777777

Fig. 2.1. Single Degree of Freedom System.
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1. It is Gaussian distributed in probability.

2. It is stationary.

3. It possesses ergodic properties.

4. It is band limited. The nominal frequency bandwidth extends
from d.c. to 10,000 cps.

This broadband random signal is then magnitude-limited through

a nonlinear device, the transfer function of which is given by

a x> a
f(x) = x a>x>-a (2. 20
-a X £ -a

where a is the magnitude limiting level. The nonlinear operation is
assumed to be symmetrical as shown in Fig. (2. 2).

As it was shown in Chapter I, nonlinear magnitude limiting
operation will not alter the statistical properties of stationarity and
ergodicity of the random signal (see Eq. 1. 7). However, the output
random signal is no longer Gaussian distributed.

Various statistical properties of the magnitude-limited random

function N(t) are discussed in the ensuing sections.

2. 3. Statistical Properties of the Magnitude-limited Gaussian

Random Process

This section is primarily concerned with the statistical properties
of the magnitude-limited Gaussian random function N(t) (Eq. 2.1). The
effects of magnitude limiting on the probability distribution, the auto-
correlation, and the power spectral density of the broadband random

signal are presented.
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f(x)

e

=

Fig. 2.2. Magnitude limiter.
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2.3.1. Probability Density Function of the Magnitude -limited

Gaussian Random Process

It is assumed from the beginning that the source of excitation
prior to the magnitude limiting operation is Gaussian distributed with
the probability density function given by

2 2
1 -X /20’;‘
pi(x) = — e (2. 3)
N 2w (7"i

where the mcan is assumed to be zero in most vibration problems,
v is the rms value and is constant when the random process is
stationary. The output probability density function po(x) after the
nonlinear magnitude limiting operation can be defined in terms of the
input probability density function pi(x) through

) -a
3(x+aJ pi(t)dt x < -a

-Q0

p () = p;(x) ~a<x<a (2. 4)

) (x—afcJD pi(t)dt x=za
a

where a is the magnitude limiting level and is assumed to be
symmetrical with respect to the d. c. level, S(x+a) and O(x-a) are
Dirac Delta Functions at a and -a respectively. The output probability
density function po(x), as shown in (Fig. 2.3), satisfies the basic
requirements for a probability distribution, namely

py(x) >0

(0 o]
/ p(x) dx =1

~ Q0
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P,(x)

Gaussian probability density

Po(x)

S~

-0 oo
| Pt fa p(1)dt

* |

-a 0]
Magnitude-limited Gaussian probability density

Fig. 2.3
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2.3.2. Autocorrelation and Power Spectral Density of the Magnitude-

Limited Gaussian Random Process

The problem now is to determine the statistical characteristics
of the output of the nonlinear device (Eq. 2.4) when the statistical
characteristics of its input are known. Generally, this is simply a
nonlinear transformation of the random variables. Let the input to
the nonlinear device be x(t), and the output be £ {x(t)] . Then it follows
from the theory of statistical averaging that the averages with respect
to the output can always be obtained by averaging with respect to the
input. Hence

oo
E (£(x)] =/ £(x) p(x)dx
-0

the nth moment of the output is given by

(0 0)
Ef fn(x)] :/ () p(x)dx

-
From the knowun output probability density functioa po(x) obtained
earlier, the output ensemble moments are easily obtained. The first

two moments are given by

@
EO(X) =// xpo(x)dx =0
-00
oo
Eo(xz) :/ xzpo(x)dx

-Q0

% xz [ S (et ay’

- 00 -Q0

-a a
Pi(t)dtJ dxj/ xzpi(x) dx
-a



-27-

Qo

o)
+[ xZ (S(X-a)/a pi(t)dt] dx

a

- aa2[1+ P(-s_-i-)]Jr U;Z[ZP (-éé-) -1]

+ZU'12'[— 1 a a }

— exp-._._.._.z_.
N2 T3 20,

where o, is the rms value of the input Gaussian random process,

and P(a/ Ui) is given by

p(—2)= M 12 g (2. 5)
7y Now /) '

The expression given above for the second moment can alternately

be written in the normalized form

2 2z z 2/Z
Uo 2 o “o
= 2z 1-P(z )| +|2P(z )-1{ -- (2. 6)
U..Z (o] [ ZO} [ (o] ] ’\/—2—_“_ €

i
with the normalized parameter z0=a/ oy The output over input rms
ratio CTO/ U‘i is plotted against z, in Fig. (2. 8) along with the
experimental data.
Similarly, the autocorrelation function of the output of the

nonlinear device is given by

®
Ro(t1~tz) =/ / f(xtl) f(xtz) p(xtlxtz)dxtlc'l.xt‘2 (2.7
-0/ oo

where the nonlinear function f(x) is defined in Eq. (2. 2).
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The autocorrelation function of the output of a nonlinear device
can, in principle, be solved for by the direct method indicated above.
Analytical difficulties may often arise in some cases in the evaluation
of the integral. Indirect methods, involving Fourier transform of the
nonlinear transfer functions, are often employed instead; the solutions
are then presented in the transform space. The transform method of
analysis will not, however, be discussed here. Following the
assumptions made in Section 2. 2, the output autocorrelation function

given by Eq. (2. 7) can be simplified.

') e'0) 2 2
1 x1 +X2. --Zloxlx2
Ro(tl*t ) = f(xl) i(xz) —_——  exp- dxldx2
- 00

2 2 2
- zwiu 1-p ZUi~ (Lt-p")
where P is the autocorrelation coefficient,
E(xx,)
= ——-—*——Z——‘-—
i

1
in which it is assumed that the random variable x(t) has zero mean.
In order to simplify the calculation, the following normalizations

are made. Let

% *2 a _
=% — 7% =25
¥} T Ui
R (T)
r;(t) —_&—:‘—2—_ where t—tl"tz

@ o 1 zlz+ zzz—Z/azlz2
f;(t)%/ f(zl) f(z,) ———— exp- > dz,dz,
2N 1-,02 2(1- /D )
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Using Price's theorem (Appendix E), the integral can be further

simplified by repeated differentiation of [—;)( T ) with respect to /0('23)

2
d r () 7. +z_ . ~2P7 %
// f"(z ) f"(Z ) — — exp- 1 2 F& 12 dzldzz

ZTr'\/—_ﬁ 2(1- /O )

where f''(z) = de(z)/dzz. From the definition for f(z), (Eq. 2.2), we

have

dz[—\o(z) © -~
———;—1-/—’7— = / {S(Zfrzo)- g(zl-zo)][g(zz+zo)— g(zz"zo)]

2 2
1 exp- ‘1t "2 _ZIDZIZZ dz.dz
2 1772
znr\ff/ﬁz 21- )
_ 1 [ex _f_o_z_ e Zoz]
- 2 P 1+/0 =P 1‘ﬁ
N l—F

where the symbol S represents the Dirac delta function. It does not
seem to be possible to recover the autocorrelation function ro( T)
from the repeated integration due to the singularities appearing in the
exponential functions. However, ro( T) could be recovered from the
first derivative d ro( 'C)/d’ﬂ (T) by integrating term by term the

series expansion of the joint probability density function. Since
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a [ (T)
—a?m U(z +z ) U(z )][U(zz+zo)-U(z2—zo)]

P(Zl’ ZZ) dzldz2

ZO Zuo 2 C’:
z. + z. -2Pz.Z
:/ . 1 _— exp - 1 2 ZIO 1 2 dz dz

2 12
-z, Tz 2N 1—/0

where the symbol U represents the unit step function. The integrand

can be expanded in terms of Hermite polynomial. Since(30)
o
H (xH (y) 2 2 2 2
nn.n /On: lzexp—lpx+’oy -2Pxy (2. 8)
n=0 VTP 20- )
where

2 n 2
H_(x) = (-7 ™ /3(%) e /2

Hence the series expansion for the joint probability density function is

given by
L exp- x2+y 2pxy Z H J /2}
'\]1-’02 /0) n=0
[ d )n -z22/2
&, ©

Substituting this into the integral, thus

a["(T) / 4 n -zlz/Z
Ti—,ﬁ_(f-)—_ Z'rr dz1) € ]

n -zzz/Z]

e

dzldzZ

H-a%;
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[~ O(T) could be recovered by integrating the first derivative
d ro(T)/d,D(Y_‘) with respect to /0 (), and by exchanging the role of
integration and summation on the right hand side. This is

permissible since the power series

O
n=0

is uniformly convergent for I/D l < 1, hence

zZ VA
1 ° o ® ,01’1"}'1 s d
ro(t) T 27 Z (n+1)! ( dz1
-Zo —Zo n=0 N

n -z 2/2
—g— e : dz.dz
dz2 %1942

The above expression is further simplified by termwise integration

of the orthogonal series with respect to z. This is due to the fact
that Hermite polynomial (Eq. 2.8) forms a complete set and

. (31) _..
possesses the properties of mean convergence. Finally

(T =[2p(z )1]° +-T2F[/0 (D} +’a5 (032 + L P7 524
(2.9)

where P(Zo) is defined as in Eq. (2. 5)

z.
o) 2

L / e-t /2 dt

N2 ~o0

and the differential operator

P(zo) =
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Four terms are used in the calculation toward the sum of the series.
Selective results are shown in Fig. (2. 4), where the output auto-
correlation functions are plotted against the input autocorrelation
coefficients with magnitude limiting levels as the parameter.

With the knowledge of the output autocorrelation function of the
nonlinear magnitude limiter, it is not difficult to calculate the power
spectral density of the same. From Eq. (1. 10), autocorrelation
function and power spectral density are shown to be Fourier transform

pairs, in other words one can be obtained if the other is known. Hence

oo}
So(f) = 4/ RO('C)cos 2r fT dT (2.10)
0

where So(f) and RO(Z') are the output power spectral density and
autocorrelation function, respectively, of the magnitude-limited

random function, and since

5 Ri('C)
R (T) =0 [o(T) and ﬁ(t)?&?r‘
i
Eq. (2.9) can be rewritten as
3
2 R.°(T)
R (T) = ¢, [L(T) = [Pz )-1]* RyT)+ Z[57 '—0_1—7:—‘ (Dh?
i
(2n+1)
R. (T) )
1 2n-1, 2
t ot L o '(Dn ) ] (2. 11)

Ji
2
where (7.7 and Ri(f) are the mean square value and the auto-
correlation function,respectively,before the magnitude limiting

operation.
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As it was indicated previously that the series expansion for
d ro( T)/d {)('I_’ ) is uniformly convergent with respect to the auto-
correlation coefficient (T), term by term integration is then
permissible. This property can also be applied to the series
expansion for [_'O('C) and RO( T). Therefore the power spectral
density So(f) could be calculated if the input spectrum is known.

Suppose now the input random process is band limited, and has
constant power spectral densities within the frequency band and zero

elsewhere, e.i.,

S(f) =5 Isfsof
i o o)
(2. 12)
=0 Elsewhere
Hence,
©o ty S sin2nf T
Ri('[.') =f S,(f)cos 2nf T df :f S cos2m Tdf = ———= (2.13)
0 0

The assumed spectrum is practical and can be approximated very
closely by experiment,

Substituting Eq. (2.13) into Eq. (Z2.1l), then together with Eq.
(2. 10) the output power spectral density could be calculated. The
following integrals will be involved in the calculation. They are listed

here for reference.

(e}

2
sin x ™ k
f = cos kxdx =5 [1- 5| k<2
0 X
=0 >2

(o0

. 3
f EI}-;E—COS kxdx :%(3—k2) 0=k < 1
0 X
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= & (3-K9) l< k<3
=0 3=k <o
(o o]
sin5x m 2 4
0 X
- [55 + 10k-30k%+ 10k3-k4] l=k<3
T 2 '

If three terms from Eq. (2.1l) are used, the power spectral density of

the magnitude limiter output is approximated by

2 2 2 4 }
_ ) 1., f 1,2 1 f f 3.2
o) (0]
0= f<f
0O
{1 £.% 12 2 3 4 32
= SOLTE (3- ) (D)+ 5555 (55+ 10k-30k™+10k™ -k ) (D )}(2. 14)
o]
f < f<3f
(o] (0]
=5 ¢ (5-1 )4 D)% 3f < f< 5f
= 85,1520 T (D7) o o

Because of the rapid convergence of the series, the error is only of
the order of 3% when a four-term approximation of the series is used.
The results are shown in Table (2.1) where the power spectral
densities are tabulated against the frequency and the magnitude limiting
level. It is interesting to note that the pbwer spectral densities remain
essentially constant in the frequency range O<f< fo, and extend further
beyond when the input to the limiter is heavily clipped.

A less tedious way to calculate the output power spectral density
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of the limiter is to assume the shape of the input apectrum to be the

following 2
_ ~af
Si(f) = Soe f=0 (2. 15)

and

(o)
Ri(f ) =[ Si(f)cos 2w frdf
0
© 2
~af
:f Soe cos 2nf T df
0
S

2.2
N L
2_2
2 -m Tt /a
= g; © (2. 16)

Equation (2. 9) can be rewritten as

R (T) 2 _nztz/a 2 (Dl2 —3n2t2/a
__O__Z__:{[ZP(ZO)*].] e +'1?[—3T)'— e
Ty
3,2 2.2
+ (3‘;) e L/ay ]} (2. 17)

The corresponding power spectral density is obtained from Fourier

cosine transform, hence

2 12 .2 3.2 2
s () =5 {[zp(z )—1]Z e 3 4 5[-—-—“3) e~27/3 (D) -afi/5, ]}
© © ° L33 5:N5

(2. 18)
The results are shown in Table (2. 2), where the output power spectral
densities are tabulated against the frequency and the magnitude

limiting level. It again demonstrates the fact that the spectrum shapes

remain essentially constant in the lower frequency range. A slight



-38-

“g/e 19491 Suyrwii] spnyrudew pozZIijPWIOU = Z

o]

Asuenbaiy ;303no 1931y ssed mo [eurwOU =%
£€g10° qot” o€ * zes” amsaoou g ® H 166° . Hmoa i 066° g°¢c
rmwS@ flot* 29¢” gTs” | 489° W L€g” _ e 2l6 | 2g6° 9°2
meﬁow Hmmoan | Lse” ets’ 99" 928" ﬁHQ 656" 7.,.,.$m9_ i
[ego® | trom* | oser | g 299t | gopr | Tiet mm‘m_w,?.%%z S ete
9ro'  sgeo” . ecct | wic | o9t | mout | ogat | loe | stet | 6%
logto | wwor | cec | e | wos | =ws | ece | toet | et | 0T
6lto" | seeor | oot | ogent | Most  uot | wut | Lelt | gogt | 971
Lot | oepot | elet | Seet | sost | otot gt | wmt | wt | AT
1100 | uesor | ogeer | Tteer |onent o uzst o zest ¢ oot9t | otet | 2T
ioto” | V..ww,g,w-,.r.,wi,,,_‘,.,,,%..1,,-% Teen TR gent | went | o'
o Tsgno | et | et | sst | @ | GWC | s | eset @0
90T0° | 92€0° uwooo Se1® | €191 ! et LTe® zee’ Gee”® 9°0
Tos00° | oto" | Lo | Two* [ melo” | eteo | sov | sotc | otr| W0
R e A pr Ty 20
0’2 S°1 0°1 §°0 9°0 1?0 2°0 T°0 T0°0 vw: .

‘g1 "7 ‘ba Aq usa18 (3)S Aj1susp Teajoads remod oyf

‘22 219'1L




-39-

increase in the magnitude of the power spectral densities at the high

frequency end is noted.

2. 4. Response of a Single Degree of Freedom System to Magnitude-

Limited Random Excitation

It has been mentioned previously that the primary objective of
the investigation is to find out the effect of magnitude-limited random
input on a structure, or a test specimen, etc. A single degree of free-
dom oscillator will be the most representative model (Fig. 2.1) in
this respect. We will study the response of this model subject to
magnitude-limited Gaussian random excitation. The differential
equation has already been given previously,

%425 w KW "x = N(t) (2. 1)

where N(t) is the magnitude-linﬁted Gaussian random forcing
function, the statistical characteristics of which have already been
investigated in the preceding sections.

Now it is desired to study the slatistical behavior of the dis-
placement variable x(t). Since this involves only linear system with
constant coefficients, the techniques introduced in Section (1. 5) will
apply. If the steady state situations alone are considered, the output
random process x(t) will be stationary and ergodic if the forcing term
N(t) is stationary and ergodic. Some of the results, which could be
obtaincd analytically, are presented here. These include the power
spectral density function, mean square response, and the auto-

correlation function.
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For a single degree of freedom system, the motion of the mass

is governed by the convolution integral
oo
x(t) =f n(T) N(t-7)dT
0

where h(T ) is the impulse response uf the system

1 'BUJ"D
(<]

nMT) = ———— N S
wnm-sz n

and its Laplace transform (or the frequency response) is given by

1
2 2 .
(wn —w )+ ngwwn

H(j w) = (2. 19)

From Eq. (1.13) the power spectral density of the oscillator is given by

2 S (f)
S_(f) =5 () |HGw)| = o — . (2. 20)
4 (W W
ol ey

where So(f) is the power spectral density of the magnitude-limited
broadband random signal (Table 2.1 or 2. 2), and Sx(f) is the power
spectral density of the oscillator. Since the bandwidth of the input
power spectral density So(f) is usually wide compared to the natural
frequency w of the system, So(f) is approximately uniform in the
neighborhood of the natural frequency (y_. The shape of the curve for
Sx(f) at small damping follows essentially that of 'H(j w) IZ with its
magnitude modified by the magnitude of the input power spectral
density So(f) along the entire frequency range.

From Eq. (1.10), the mean square response is simply given by
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2 1 2
Ty :f S_(f) [H(jzmD) | af
0
(6 0]
:[ So(f)c;f _ So(fn)j o
2 2 8?5(’0
0 4 _ ) __Li_ n
w_ {[1 (Wn) ] +(z«;wn) }

where So(f) is considered to be constant (see Table l2.v 1, 2. 2 and the
experimental data in Fig. 2.1l) over a frequency range which is wide
in comparison with the natural frequency W - The quantity So(f)

can be taken outside the integral. This can be further justified from
the fact that the integral is not sensitive to the upper limit in the in-
tegration, i.e., the upper limit can be ref)laced by some frequency fc.
The error introduced will be less than 2% at fC: 10fn. This is
estimated from the fact that the integral can be easily changed to the

standard form and evaluated according to the following indefinite

integral(5l)
2 a 2
ds ~ 1 a X+ 2qxcos 5+ g
7} > = sin—= {n 5 A
ax '+ bx + ¢ 4aq sina x -2gqxcos 3+ q

2 2
+ 2 cos —% tan_l( —ECJ‘T'—)}
2gx sin >

where

q = 4/ —; cos% = - , and b -d4ac< 0
2N ac

The ratio of the rms value output of the single degree of freedom

system to the rms value of the magnitude-limited input vs the amplitude

limiting levels are shown in Fig. (2.9) along with some experimental
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data.

The autocorrelation function output of the single degree of

freedom system can be obtained from the Fourier transform of the

power spectral density
oo
R('C)=4j S (f) cos 2nfT df
X x

0
co

2
- 4[ So(f)IH(jZn'f)l cos 2mf T df

4So(f) cos 2wfT df

0
QO
:f [ wz yA 5 A
0 4{ 1- +(25—) }
U.)n wan 5wn

This integral is similar to that given by Eq. (2.19), and can be

evaluated in the same fashion as it was indicated earlier. Hence

[e0]

4S8
Rx(t)zw Z] cosZZTr;“gd;E .
n O W )
(= 2 A
(i riesgy')

=4 J0x Ze‘Z1T fn3T [cos ZTrfn'\/ 1-5 . 5 sinZ'rrfn'\/ 1—’521'}
A schematic diagram for the power spectral density and the
autocor relation function of the single degree of freedom system is
shown in Fig. (2. 5).

One of the very important statistical quantities in random

vibration problems is the probability function. Unfortunately,the

problem, concerning the probability function of the output of the

single degree of freedom system subject to magnitude-limited
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Gaussian random excitation, has not been solved. The probability
function is unknown even under stationary conditions. Experimental

techniques are further explored. The results are presented in the

following sections.

2. 5. Experimental Investigations

This section is primarily concerned with the experimental
verification of the analytic results obtained in Section (2. 3). Experi-
ments performed on the system described in the preceding sections,
and the results of these investigations are presented. An analog
system is used to simulate the equation of motion for the single degree
of freedom system subject to magnitude~limited random excitation
(Eq. 2.1).

The experimental results are divided into three groups: the
mean square value measurements, the power spectral density
measurements and the probability distribution measurements. The
basic theory involved in obtaining these measurements are presented
in Appendices A, B and C. |

Comparisons are also made between the experimental and the

analytical results whenever they are available.

2. 5. 1. Analog System

The complete analog system for a single degree of freedom
system subjected to magnitude-limited broadband random excitation
is shown in Fig. (2. 6). The type of instruments used are listed in

Table (2. 3).
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TABLE 2.3
Analog instruments used in the study of the response of a single degree

of freedom system to magnitude-limited random excitation.

Item Type Manufacturer Model Number
1 Random Noise General Radio 1390B
Generator Corp
2 Variable Filter Krohn-Hite Corp 335
3 Sine Wave Generator Hewlett & 202B
Packard
4 Analog Manifold Philbrick K7-A10
5 Random Noise B &K 2417
Voltmeter Instruments
6 Frequency Counter Beckman 7350
Instruments
7 Magnitude Limiting C.I.T. Vibration
Circuit Laboratory
8 D. C. Power Supplies Hewlett & 721A
Packard

9 *Probability Distribution

Analyzer
10 *Power Spectral Density

Analyzer
11 Visicoder Honeywell 1508
12 Capacitors Southern

Electronics

13 Resistors Welwyn
14 Oscilloscope Tektronix 502

A Refer to Appendix (B) (C) for construction details.
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To provide the analog model for the single degree of freedom
system with an input, an analog voltage must be supplied to simulatc
the type of excitation experienced by the mechanical system. A
General Radio Type 1390B Random Noise Generator is used as the
source of excitation. The oulpul voltage signal of the Noisc Gencrator
is further modified at the high frequency end by the Krohn-Hite Model
335 Variable Electronic Filter. The bandwidth of the filter can be
varied in such a way as to match the frequency spectrum encountered
in real situations. The filter is made up in principle by cascading 4
stages of RC filter, each of which has a 6db/octave, or a total of 24
db/octave attenuation slope at the cutoff frequency. The transfer
function (the ratio of output over input) for the filter, when it is

operating in low pass mode, is given by

1
5 (2. 22)

(I+2iAWW - wzwoz )
when  w is the nominal cutoff frequency. A is the peaking factor so
that the required attenuation at the cutoff frequency can be obtained.
Experimental calibration (using sinusoidal input) indicates that the
formula given‘above is correct when the peaking factor is taken to be
0.6.

Magnitude limiting of the broadband random signal obtained
above is achieved by using the circuit configuration shown in Fig. (2. 7).
The functional relationship between the input and output of the limiter

is shown in Fig. (2. 2). Operational amplifiers are not included in the

magnitude limiting circuit since it is found that the frequency response
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characteristics are considerably improved if Zener diodes alone are
used. The components involved in the magnitude limiting circuit
shown in Fig. (2.7) are two Zener diodes, a fixed input resistor and
two variable d. c. power supplies. The Zener diodes are the G. E.
Type (0439), having a very shaip Zener knee at -10 volts. The fixed
input resistance is used to prevent loading on the preceding circuit.
Two regulated variable d. c. power supplies (HP model 721A) are used
primarily to allow the limiting voltage level to be set to any pre-

determined magnitude.

The magnitude limiting circuit is not an ideal nonlinear device.
The limitations are observed to be the following.

1. An ideal sharp corner as shown in Fig. (2. 7) is impossible
to achieve in practice, and it becomes worse when the signal is
heavily limited.

2. The limiting level a is not in gencral constant, and possesses
a finite but small slope.

3. Phase shifts become noticeable at higher frequencies (at about
5k.c). (See the hysteretic loop shown in Fig. 2. 7.)

Even though there are some limitations in the circuitry, results
obtained, as it will be shown later, havc indicated that these imper-
fections are relatively insignificant.

The Random Noise Generator along with the Variable Filter and
the magnitude limiting circuit, when connected in series, will provide
the analog system with an analog voltage input which has the specified

properties (see Eq. 2.2). The analog set-up for the single degree of
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f(x) f(x)
/
X
/ //
Ideal limiter Actual limiter at high frequencies
IN 1kQ ouT
—— AW o
X f(x)

A circuit diagram for the magnitude limiter

Fig. 2.7
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freedom system is discussed in Appendix A. Other specialized
measuring equipment, such as the Power Spectral Density Analyzer,
the Probability Distribution Analyzer, and etc., are discussed in

Appendices B and C.

2.5.2. Experimental Procedures

The expe riments are primarily designed to obtain three groups
of data, namely the rms measurement, the power spectral density
measurements, and finally the probability distribution measurements.
With the necessary instrumentation and the calibration data, various
analytical results obtained earlier can be verified. The instrument
should be connected as shown in Fig. (2. 6). The operating procedures

for the respective measurements are given in Appendices A, B, and C.

1. RMS value measureinents.

To provide various random signals with a reference voltage, rms
value measurements are made for the following types of signal:

a. The rms value 05 of the broadband Gaussian random signal
before magnitude limiting.

b. The rms value 0‘0 of the magnitude-limited broadband
Gaussian random signal.

c. The response rms value Ty of the single degree of freedom
system (natural frequency set at 200 cps) when subjected to

magnitude-limited random excitation.
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2. The power spectral density measurements.

The power spectral density measurements are taken for the

following types of vibration signals:

a. The Gaussian broadband random signal from the Random
Noise Generator and the Variable Filter.

b. The magnitude-limited broadband random vibration signals.

3. The probability distribution measurements.

The experiments are set up to measure the probability
distribution functions of

a. The broadband random signal before magnitude limiting.

b. The magnitude-limited broadband random signal.

c. The response of the single degree of freedom system subject

to magnitude-limited Gaussian random excitation.

The operating mode for the Noise Generator is set at 20kc; in
other words the instrument has a noise spectrum approximately
uniform over a frequency range from less than 50cps to over 20kc.
The signal output of the Noise Generator is not, however, symmetri-
cally Gaussian distributed. The Krohn-Hite Variable Filter is used
to reduce to effect of skewness present in the signal, and furthermore,
to limit the noise signal to the desired frequency bandwidth. During
the experiment, the filtered random noise signal has a nominal
frequency band extending from d. c. to 10kc.

The natural frequency of the single degree of freedom system

is fixed at 200cps thr oughout the experiment. The critical damping
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ratios are set at 2%, 5%, 10%, and 20%, respectively.

2.5.3. Observations and Results

1. The quantity cro/ T; which denotes the relationship between
the input and output of the nonlinear magnitude limiting circuit, is
plotted against the normalized amplitude limiting level in Fig. (2. 8).
The agreement hetween the theoretical (Eq. 2. 6) and the experimental
results is excellent.

2. The response characteristics of the single degree of freedom
system, when subjected to magnitude-limited Gaussian random
excitation are shown in Fig.(2.9), where the ratio G’X/ q, is plotted
against the normalized amplitude level a/ T

It has been indicated in Section (2. 4) that the response of the
single degree of freedom system is closely related to the frequency
spectrum of the input. The method of calculation for the response of
the system was shown in Eq. (2. 21). The computed results are
illustrated in Fig. (2. 9).

Excellent agreement between the computed and experimental
data is obtained over the amplitude limiting range extending from
1 G'i to 3 q; and beyond. The computed results show a significant
departure from the experimental data when the signal is heavily
limited. This is due to the fact that the series given by Eq. (2.14) is
only mean convergent rather than uniformly convergent. The experi-
mental data have shown that the ratio G‘X/ G‘o is independent of the

magnitude limiting level.
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3. The power spectral density data for the Gaussian broadband
random signal are shown in Fig. (2.10), in which the power spectral
densities are normalized with respecl to the value So, where the
spectrum is approximately uniform. The hump appearing at the
cutoff frequency is due to the characteristics of the Variable Filter
(see Eq. 2.22).

4. The power spectral density analysis for the magnitude-~
limited broadband Gaussian random signal is presented in Fig. (2.11),
where several power spectral density curves, representing diffefenf
magnitude limiting levels, are illustrated. The actual power spectral
densities are normalized with respect to the value So’ which has
already becen defined in (3).

Although there are no theoretical calculations to back up the
experimental data shown in Fig. (2.1l) (due to the difference in the
assumed theoretical and experimental spectra shapes near the cutoff
frequency), the agreements between the computed results shown in
Table (2. 1), (2. 2) and the experimental data are excellent in places
where the spectrum is flat. These results are presented in Fig.
(2.12), where the experimental data are compared with the theoretical
power spectra having sharp cutoffs (Eq. 2.12), and Fig. (2.13), where
the experimental data are compared with the exponential power spectra
(Eq. 2.15).

5. No attempt has been made to analyze the spectrum of the
response of a single degree of freedom system, since the power

spectral densities in the vicinity of the system resonant frequency are
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found to change so rapidly that it is usually impossible to measure
the output of an analog filter accurately.

6. The probability distribution data for the broadband random
signal are presented in Fig. (2.14) on a probability paper. The
ordinates have been normalized with respect to their own rms value
Ty It is essentially a straight line; in other words the broadband
random signal is indeed Gaussian distributed in probability.

7. The probability distribution data for the magnitude-limited
broadband random signal is shown in Fig. (2.15), where the results
are presented for several magnitude limiting levels. The ordinates
have been normalized with respect to the rms value T, of the broad-
band random signal.

8. The effects on the probability distribution of the response of
the single degree of [reedom system subject to magnitude-limited
Gaussian broadband excitation are illustrated in Figs. (2.16) and (2. 17),
where the ordinates have been normalized with respect to its own rms
value U‘X. It is found, within experimental capability, that magnitude
limiting on the input broadband random signal has little effect on the
probability distribution of the instantaneous values of the response of
a single degree of freedom system if the damping present in the system
is small. Experiments were carried out for the cases where the
critical damping ratios of the system are 2% and 5%, respectively.
The response of the system is found to be Gaussian up to 3 Ty level
even though the input to the system is heavily magnitude-limited (down

to 0.2 G'i). For systems with more damping, the situation is quite
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different. The probability distributions of system response have
the characteristics of Gaussian distribution only at the lower
amplitude levels. These results are illustrated in Figs. (2.16) and
(2.17) where the system critical damping ratios are fixed at 10% and

20%, respectively.

2.5.4. Estimation of Errors

There are no appreciable statistical errors involved in the
estimation of the rms values of a broadband signal. The actual errors
in estimating the rms values G, and q_ for the broadband random
signal before and after the nonlinear magnitude limiting operation are

believed to be less than 1%. In essence, this is based on the concept of

the variance of the error estimator(53’ >4, 53)
2 1
€ =BT

where T is the total time involved in the measurement, and B is the
frequency bandwidth, which has been assumed earlier to cover a range
of 10kc. The product value BT in this case is 10, 000 if T equals one
second. The corresponding error € is therefore 1%. The validity of
this estimate is based on the assumption that the measured spectrum
is relatively flat within the frequency band.

For a narrow band signal on the other hand, the situation is more
complicated due to the fact that the total time T involved in the measure-
ment must be long in order that the product value BT be large. For
example, if the natural frequency fn of a single degree of freedom

system is 200cps, and the critical damping ratio c/cC of the system is
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2%, the nominal frequency bandwidth B (the distance between the half
(37)

power points) is given by

B =2c/c_f_ = 8cps
c'n

in order for the estimated error to be less than 3%, the total measure-
ment time must be more than two minutes.

The single degree of freedom system involved in the experiment
has a natural frequency fixed at 200cps, and the critical damping ratio
c/cC ranging from 2%, 5%, 10%, to 20%. Their respective measure-
ment time periods are set according to the € = 3% error estimate
criterion.

In measuring the power spectral density of a random signal the
error estimate criterion is identical to that discussed above. Here
again, a narrow band filter is involved. The error estimate depends
on the product value BT in places where the power spectrum is
changing slowly within the narrow frequency band B.

The narrow band filters used n measuring the power spectral densi-
ies have equivalent bandwidths Beq ranging from 4. 53 cps, 12. 43cps
to 31. 64cps. Their respective measurement time periods T are set
according to the € =3% error estimate criterion. In addition to this,
ther e are other sources of error in measuring the power spectral
density, such as those involved in the data interpolation through
external monitoring (see Appendix B), and those involved in the
determination of the equivalent bandwidth, Beq’ and etc. The total
accumulative errors are estimated to be around 5%.

The only uncertainty factor in measuring the probability
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distribution function of a random signal is the total time T involved
in the measurement (see Appendix C). In the course of the experi-
ment, the total time T required for an accurate measurement is
specified according to the repeatability of the successive data
readings. It is found that the time T depends critically on the
magnitude of the amplitude level, at which the measurements are
taken. More time is required if the measurements are taken at a
higher amplitude level, since the signal makes only infrequent passecs
at this level. Therefore, the data points taken in excess of the 3crx
level are not accurate unless one is willing to wait for many hours or
even days. In gcneral, the uncertainty crrors in the probability
distribution measurement are found to be less than 2% within the

amplitude range |A| <3 Ty
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CHAPTER III

PEAK CHARACTERISTICS OF THE RESPONSE OF LINEAR
SYSTEMS TO BROADBAND RANDOM EXCITATION

3. 1. Introduction

The theory of random vibration has been developed in the
preceding chapters. In particular, the way in which statistical
properties of a linear vibratory system depend on the source of
excitation has been discussed. The response of the system may
represent stresses or strains in a structure. It would be highly
desirable then to know the reliability of such a structure in the
randomly excited environment. In other words, a statistical quantity
must be found to provide a satisfactory description of the failure
mechanism. This is the primary motivation for the studies of the
peak characteristics in ‘a linear system.

There are several failure criterions commonly used by a design
engineer. First of all,the well-known first passage time problem,
which is mainly concerned with the probability that the random variable
x(t) starting from the value x=x, reaches the value X=X for the first
time in a given time T. Many types of equipment fail the first time
that x(t) reaches the fixed amplitude level X The mathematical
difficulties associated with this problem have been indicated by Wang
and Uhlenbeck. (2) Secondly, the failure may also occur when the
equipment involved stays above a certain fixed amplitude level over a
prespecified fraction of the total time. Mathematically,it is a simple

matter to relate the failure condition to the probability distribution of
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instantaneous values. Lastly,but most important of all is the concept

(35-38)

of cumulative damage proposed by Miner and others. It assumes

that the damage accumulates linearly, so that if a structure is sub-
jected to n, stress reversals at the level 5 the partial damage is
si/N(si), where N(Si) is the total number of stress reversals
necessary for the equipment to fail at the stress level 8 - The

cumulative damage D is given by

n,
Z 1
D = ——i(—sgy (3. ].)

with equipment failure occurring at D=1

Miner's hypothesis of fatigue damage could be directly applied
to the cases where random stress patterns are involved, since it does
not require a knowledge of the temporal sequence of loading. In the
application of Mincr's rulc to fatigue problems in random vibration,
the knowledge of peak distribution is required in the estimate of
fatigue failure in a structure. Past studies of fatigue life are
restricted to a stress time history, whose peaks are distributed
according to the Rayleigh distribution, and recent efforts(37’ 38) have
been made to study the fatigue failure for the structure with stress
time histories which are more complicated. Miner's criterion can no
longer be applied in such a case since some stress peaks do not
experience complete stress reversals. However, it is usually found
that the stress time histories can be disintegrated into several modal
components in the frequency domain. It has been suggested by

Schjelderup and Galef(38) that the total stress be resolved into its
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mean and alternating components; the former tends to be Gaussian
distributed and the latter approaches a Rayleigh distribution. By
taking into account the effect of modal participation it is hoped that the
fatigue life could be estimated through the alternating component of
the complex stress time histories by Miner's Rule. Much experi-
mental and theoretical work needs to be done to substantiate this
hypothesis.

From the brief discussion on fatigue failure due to random
loading it is not difficult to see that knowledge of peak characteristics
in a randomly excited structure with complex time histories is
required. This is the subject of this chapter and it is hoped that the
additional studies in the probability distribution of peaks will help to
rationalize the developments in the area of fatigue.

The mathematical theoreis of the distribution of peaks have been

(3)

developed by Rice in his classical paper. The results can be adapted
directly for engineering use, since the underlying assumptions made by
Rice in the studies of distribution of peaks are that the noise or the
vibration signal involved be stationary and Gaussian. These, of
course, have been assumed all along in the course of investigation.

In the following sections, the attention will be first focused on
the analytical treatment of the distribution of peaks, peak character-
istics in a linear structure as a function of input frequency bandwidth,
and the peak distribution characteristics of the combination of two

narrow band vibration signals in the simulation of systems with

complex time histories. Experimental studies of the peak character-
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istics are performed by an analog computer. Analytical and experi-

mental results are presented in the ensuing sections.

3.2. Analytical Investigations

We shall consider first the general theories, which are
concerned with the probability distribution of peaks or maximas of a
stationary Gaussian random process. The second problem is
associated with the effect on the characteristics of peaks of a linear
structure when subjected to a broadband random input with variable
frequency bandwidth. The third problem is concerned with the peak
distribution characteristics of the combination of two narrow band

random vibration signals.

3. 2. 1. General Theory

It has been pointed out that Rice has given a general formula for .
the probability distribution of peaks. His general equation was
obtained by considering the joint probability distribution function for
the displacement x(t), velocity k(t), and the acceleration variables %(t).
The random vibration signal is assumed to be stationary and Gaussian.

The number of peaks N(a) above a certain level a is given by
0o 0
N(a) =f dxf - % plx, X, %), _o d% (3. 2)
a -00

where p(x, X, %) is the joint probability density function mentioned
above. Since the maximas occur when the first derivative %(t) = 0,

and x(t) is negative, the meaning of Eq. (3. 2) is clear. Also from
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the fact that the variables x(t) and x(t); X(t) and % (t) are linearly
independent (correlation coefficients identically zero), the three

dimensional Gaussian probability density function is then given by

3 1
.. "2 -2 1 -1 2 22 4 .. 2 2.
p(x,0,x) = (2w) ]MI exp [— 5 ,Ml (G’Z 03 x + ZGZ XX+O'1 J, x %]
(3. 3)
where
2 2 2 4
Ml = ;707703 0y
and
QO
2 2
T, = E(x") = f s (f)af
0
(0.0
7,22 B = —4n2f s_(f)as (3. 4)
0
(0 0]
o = B(%7) = 16'rr4f s (nar
X
()

Sx(f) = the power spectral density of the random
signal

Substitute Eq. (3. 3) into Eq. (3. 2) and then integrate:

2 2
U3 T32 gz -2 /2
N(a) = erfc +
2
U, a
1+ erf J (3. 5)
2 2 4
In referring to Rice's paper, (3) the expected number of zero crossings

per second with positive slope is given by
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(o, 1/2 1/2
/ £° S(f)df 2

N =] 1 g2
fS(f)df T
b

The expected number of peaks per second can also be obtained by

letting the amplitude level a in Eq. (3. 2) approach -, hence
1/2

® 4
f % s(f)af 2 q1/2
N =|Z - L %3 (3. 7)
P mz 2T N3 *
[ = S(f)df 2
0

where N_ denotes the expected number of peaks per second. The
complicated expression given by Eq. (3.5) can be simplified and put

in terms of the quantities No, Np and the normalized displacement

z= a/ o’l. Hence

1 z 1 -zZ/Z NoZ
N(z) =5 N_erfc—— + =N e [1+ erf—-———-—-] (3. 8)
2°p kW2 2 © Npk'\/—z

where

K = 1-(1\:071\11))2

) x 2
erfx =~—~&-—-f e-t dt
N7 o

erfcx = l-erfx
N(z) = Normalized peak distribution.
The ratio No/N merits special attention in the analysis of peak

distribution. Since if No/Np approaches unity, Eq. (3. 8) becomes
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N z< 0

e -
z) = Z
P

which can be easily recognized as the peak distribution of the Rayleigh
type. This result is not surprising in the sense that if the zero
crossings per unit time are approximately equal to the total number

of peaks per unit time, it is a narrow band process. On the other

hand if No/Np approaches zero, the second term in Eq. (3. 8) vanishes

and the first term becomes:

N(z) = —é Np erfcj——_——
2
© 2

=N [ 1 f emt /2 dt] ~00< Z < 00
PN 2% .

This is clearly a probability distribution of the Gaussian type.

From these limiting cases the expression given by Eq. (3. 8)
can, in effect, be divided into two terms the first of which is Gaussian
like and the second of which is Rayleigh like. The curves for all
other possible combinations of the ratio No/Np’ where 0< NO/NP< 1,
will always lie between a Gaussian distribution and a Rayleigh

distribution (Fig. 3.1).

3. 2. 2. Peak Characteristics of a Single Degree of Freedom System

A single degree of freedom system is employed here as the
structural model in the studies of peak characteristics. This is a

particularly illustrative example in that the peak characteristics of
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Fig. 3.1. Peak distribution of a Gaussian
random signal X(t).
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the single degree of freedom system show a marked change when the
frequency bandwidth of the input spectrum is increased.
From Eq. (3.7) the expected number of peaks per second for

the single degree of freedom system is given by
o
2
j 50 £ || (j2nh)| © af

0

N, =~ - > (3.7
f s_(f) £ |H(j2nf)| af
0 X

where H(j2w{f) is the transfer function fﬁr the single degree of freedom
system (see Eq. (2.19) ), and SX(f) is the input power spectral density,
which is assumed to be constant in the frequency range extending from
zero to some frequencies fo. The integral appearing in the numerator
of Eq. (3. 7) is divergent if fo goes to infinity. On the other hand,
however, the integral appearing in the denominator of Eq. (3.7) is
well behaved and convergent.

In order to study the divergent behavior of the integral appearing
in Eq. (3.7), several types of input spectrums to the single degree of
freedom system are considered. First of all, let the input power
spectral density be constant over the frequency range extending from
zero to fo cps and zero elsewhere, Eq. (2.12). Equation (3. 7) can be

reduced to £,

f £*s  |H(jenh)|® af 1/2
0 O

N = [
[ s |H(j2-rrf)|2 af
O (o]
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f /f 1/2

fo n X4dX
0 x4—2. cos sz +1 1/2
=f_[—— (3. 8)

(-
EN

—fn T 7T
o

f n dex
0 x4—2 cos OXZ' + 1

-
N

where
fn = the natural frequency of the system

x = the ratio :E/f][1
cos 0 =1-2 ‘52

= critical damping ratio = sin 0/2

f /f
o n xkdx

x4-2 cos @ Xz+1

Ik
0
The integral 14 can be expressed in terms of the lower order integrals
fo
14:-f-—-+ lecos 0 - Io
n
Hence Np is changed to
f /f + 21, cos 0-1
N =f o n 2 o)
n IZ,

1/2

(3.9)

where I. and I are well behaved integrals, i.e., they are convergent

2 0

when the ratio fo/fn becomes very large, and are given respectively by

f /f 2 e
. o n dx ! (fo/fn) + 2cos > (fo/fn) +1
o = 7) zZ . o 4n 2 0
0 x -2cos0x +1 8cos (fO/fn) - 2cos » (fO/fn) +1
. 0
. 1 tan"l Z(fo/fn) sin
4sin % 1- (£ /£)°
o 'n
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2 0
x“dx 1 (fo/fn) -2 cos = (fo/fn)+1

o n
I —j = In
2 4 2 0 2 0

0 x -2cosOx +1 8cos—2- (fo/fn) + 2 cos = (fo/fn)+1

2(f /£ ) sin2
o n

+ 1 tan_l 2
4sing 1- (£ /£)°
o''n
o 2 0
f x4dx _ fo N +2cos 8 ﬂn(fo/fn) -2cos 2 (fo/fn)+1
= xT-2cos 0x%+1 Tn 8 cos% (f /£ )2+ 2 cos 2 (f /£ W1
0 o 'n 2 Vo n
0 . O
(2 cos—z—-l) 1 Z(fo/fn)mn—z-
+ —0 tan ; )
4 sin > 1—(f0 fn)

Theoretical calculations on the expected number of peaks per second
(Eq. (3.9) ) with respect to the input frequency cutoff fo are plotted
in Fig. (3.6) along with some experimental data. It is readily known
that the total number of peaks goes beyond bound when the ratio fo/fn
becomes very large.

Another type of input spectrum, which is often used to

approximate the power spectral density in many real situations, is

given by 2
S(f) = soe‘af (2.15)

where So is the power spectral density at d. c., andis assumed to

be a constant. Egquation (3. 7) can bc rcduced to
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©, , 12
] £'s e™* |H(j2nf)| af
_Jo
Np T e, L2 )
j £°s e |H(j2nf)| af
0 (o]
2 1/2
o0 e—bx x4dx
5 3 1/2
o |0 x"-2cos 0 x4+ 1 _£[4] (3. 10)
- > _f |4 _
n[oo o bx xzdx n| J,
0 x7-2 cos @ x°+ 1
2
where cos 0 =1-25
2
b = af
o) 2

.. e—bx xkdx
K =

0 x4~ 2 cos © x2+ 1

Other notations are similar to those defined earlier. The integrals

appearing in Eq. (3.10) can be solved by the following method. Let

(e 0]

2
-bx
_ e dx
TolP) "_[ 7

0 x -2CO08 Ox2+l

Differentiating the integral Jo(b) with respect to the variable b, we
have

(00} 2
dJo(b) - Xze—bx dx
db -

0 x4—2cos 9x2+1

dzJO(b) © 4 _px?

__f % e—bx dx
de. 4

0 x -2cos 0x2+1

Hence the integral Jo(b) satisfies the following differential equation
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a%3 4(b) 4z, (b) © 2

— St 2 cos 0 —q— + JolM 4 e ¥ ax
or

%3 (b) dJ_(b) .

—-—é;)—z-——-l—écosg 5 +J0(b)=~2-'\/1'r/b

The initial conditions are

co

Jo(o)z/ S 7 =—3
0 x -2cos @ x +1 4sin—z—

@© 2

. _ x dx _ =
JO = / x4-—2 cos B X2+1 ) 4sin 0
0 2z

Equation (3. 10) can be solved completely in terms of the initial

conditions and the convolution integral. Hence

J.(OH J.(O)cos @
0 0 ~acos 0 (5 5in0)

3 -acos® .
Job) = J5(0) e cos [a51n 9] + ——
a
+ 5 suig O/ 1 e—(a—a‘)cos 0 sin [(a—a')sinO da!
o V&'

With the initial conditions, the following expressions are derived

—bX -bcos 0O
(b) / dzx =Tr§ —5 cos[bsin@+%}
x ~2cos Ox +1 sin
b 2
+ r\’/ ™ e~acos 9/ ez cos @ Sin[(b-zz)Sin 0 ]dz
sin 6

0
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1o's) 2

- dJO(b):/ e P x’ax _me® cos 9 cos{a sin 6 - ° ]
db 0 x4—2cosg x2+ 1 2sin© 2
| N ~-acos® Ve z;zcosO 2 .
timo °© / © sin [(b-z")stn 0-0 ] d=
0
2 o 2
b - - 0
d Jo( ) :/ x4e bx dx =_1r.9__.}.3:_:_0_s_,__ cos [b sin@ - é—g—}
de 0 x4-2 cos @ x2+1 2sin 0 :
‘ N'b
-b cos @ 2
A :

If the above equations are substituted into Eq. (3.10) the expected
numbér of peaks per second for the single degree of freedom system
with input spectrum given by Eq. (2.15) can be computed. The results
are illustrated in Fig. (3. 2), where the total number of peaks is
plotted against the independent variable b, which is directly related to
the bandwidth of the input power spectral density. As the given
quantity b decreases, the frequency bandwidth will increase correspond-
ingly.

From the discussions made above, it is easy to see that the
expected number of peaks per second is very sensitive to the bandwidth
of the input spectrum. In many engineering vibration pr oblems,
however, it is often assumed that the peak distribution of a single
degree of freedom system is of Rayleigh type without reference to the

frequency characteristics of the input. This assumption works well
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as long as the bandwidth of the input spectrum is not large in
comparison with the natural frequency of the system. A significant
departure from the assumed Rayleigh distribution of peaks has been

observed in the experiment to be described later.

3.2.3. Peak Characteristics for the Combination of Two Narrow Band

Signals

The number of natural frequencies of vibration of a system is
equal to the number of degrees of freedom. As the number of degrees
of freedom increases without limit the concept of system with
distributed parameters must be formed. Types of systems with
infinite degrees of freedom include rods, beams, plates, and other
basic structural elements. It is also common to find systems with
only a finite number of degrees of freedom, for example a multi-story
building where the number of structure modes equals the number of
stories in the building. In any event, there are numerous examples
involving system with several degrees of freedom.

In theory, a system with distributed parameters must vibrate in
an infinite number of natural frequencies when subjected to a broad-
band random excitation. However, this is not usually found in
practice. Systems with distributed mass and elasticity usually
vibrate with appreciable magnitude at only a limited number of
frequencies, often at only one. For example, a simply supported
beam may be found to vibrate at its lowest natural frequency (First

mode), and to behave much like a single degree of freedom system.
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Many other continuous systems may have two or three modal
frequencies whose amplitudes at any given time are significant.

The fundamental method of solving any vibration problems for a
linear system with distributed or lumped parameters is to determine
the normal modes or the natural frequencics of the system. All
possible vibrations of the linear system are made up of superposed
vibrations in the normal modes at the respective natural frequencies.
The total motion at any point of the system is the sum of the motions
resulting from the vibration at each mode.

Let, for example, a two-mass system be considered as an
idealized analogy of a device mounted on a chassis (Fig. 3. 3).
Excitation is the broadband random vibration of the support. With
regard to the failure of the device and the chassis, the relative dis-
placements ZTX Ty and Z,=X,"X, are assumed to be significant. The
differential equations of motion for the relative displacement variables

z.=X.-X and z_,=x -xo are

17517 %6 37%3
my 0117 . e %21 A . kprky, =k |z | N
0 maj|Zs [ -2 2] |23 Lk k2 [%3 ma X

or in a more generalized form
[M] {z} ¥ [c]{z}+[x]{z}={Q(t)} (3. 11)

where [M] s [C} s {K] are the symmetrical mass matrix, damping
matrix, and spring matrix, respectively, for the two degrees of

freedom system. { Q(t) } is the ground excitation applied to the
(41, 42)
y

system. Caughey and O'Kell have shown the conditions under
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which the classical normal mode solutions to Eq. (3.11) can be found.

In other words, the solution is in the form

{z}:[AHH (3. 12)

where {QJ is the independent normal mode coordinate , and [AJ
is a transformation matrix. Substituting the assumed solution into

Eq. (3.11), we have
pef [a] () [e](a]{)+ [x]a]{N} - [a] {om)]
Premultiply it by the transposed matrix [A]T, and the following

equation is obtained

3] () [c]() +[R]{N) -{me)
|31) =[a]" Pu][a]

3
[? [A] [ HA] = a diagonal matrix

(8] <[]

thus, for the two degrees of freedom system the equations of motion

where

1

a diagonal matrix

C
[K] [A] = a diagonal matrix

in normal modes are given by

M+ ‘31'?1+ k 1Ty = qy(t)

Mo+ By Nt kN 5 = q,(t)

where [31 and [32, k1 and kz are the damping and spring constants in

the normal mode coordinates. The quantities ql(’c), qz(t) are the

(3. 13)

random forcing functions. Hence from Eq. (3.12)

zZ) A A0

z3 A3 .A4 /Zz
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Since the relative displacement z, is given by the displacement
differences XymX| = Zy-2y, the relative displacement variables zy and

z, can be expressed in terms of the indecpcndent normal mode

coordinates rh(t) and f(z(t)

zl(t) = ¢y le(t) + c, }?z(t)

2p(t) = ey {8+ 5 T(H)

(3. 14)

where - - €y are constants depending on system parameters.

In most cases, it is difficult to find a transformation matrix [A },
which will diagonalize simultaneously the symmetrical mass, spring,
(40, 41, 42)

and damping matrices. Nevertheless, if the damping in the

system is small, the solutions to the damped system can be well
approximated by the solutions to the undamped system. It is clear
from Eq. (3.11) that the normal mode solutions always exist if the
damping matrix [C] is identically zero. Therefore Eq. (3.13) is
valid for a large class of physical systems.

Similar treatments may be applied to a continuous system.

Consider now an idealized beam equation

2 2 2
0 u[EIB (x, t) + J/ﬁ du (x,t) 4 r@ u (x, t) - F(x, t)
2 2 ot 2
ox a9x ‘ ot
where
u(x, t) = the displacement of the beam.
x = the distance measured along the beam.
EI = elastic properties of the beam.
B = amount damping present in the beam.

mass per unit length.

r
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The partial differential equation is solvable by separation of variables

0o
u(x,t) = Z Xi(x) "[i(t)
i=l

where Xi(x) satisfies

2
2 d X, (x)
—d—z [EI————}Z——-—]— foi(:x:)wi2 =0
dx dx

and 77 i(1:) is the normal coordinate. Substituting the assumed

solution into the beam equation, we have

© ) . &2 dZXi(x)
; [{Xi(xi)r( i(t) + B Xi(x) )71('5) + 7?1(‘5) dXZ (EI dxz ) Jz F(x, t)

with the orthogonality conditions given by

L
/ O'Xi(x) xj(x)dx =0 ifi#]

0
L
/ O’xiz(x)dx =1
0

Multiplying both sides of the equation by Xj(x) and integrate along the
entire length of the beam from 0 to L, the following equations are

obtained 1.

D8+ B0 + w, (0 = Q,(0)= / X.(x) F(x,t)jax  i=1,2,... 00
0

Here again, the displacement variable u(x,t) is expressed in terms of
an infinite number of normal coordinates r]i(t), each of which is a
solution of the single degree of freedom system.

The examples given above suggest that many complicated



-89-

physical systems, with lumped or distributed parameters, may be
simulated by the combinations of a number of independent one degree
of freedom systems, each of which is modified by its respective modal
participation factors. The simulated approximations are good in many
cases even with large damping.

Now, the response characteristics for the combination of
several independent single degree of freedom systems subject to the
same broadband random excitation, must be investigated. To
simplify the analysis, a two degree of freedom system having two
normal mode coordinates as given by Eq. (3.14) is taken as the
example. The method of analysis for multi-degree of freedom systems
will be essentially the same.

Let us now add S Ql(t) and <5 n Z(t) thereby obtaining a result
corresponding to zl(t) in Eq. (3.14). Although the normal mode
coordinates )’(1(1:) and l’(z(t) are independent variables, they are not
statistically independent in the strict sense. To study the peak
characteristics of the resulting random variable zl(t), certain of its
statistical propertiés must be investigated, namely (a) the mean square
values of zl(t), (b) the autocorrelation and the power spectral densities

of zl(t), (c) the probability functions and other statistical properties

of zl(t).

(2) The mean square value of zl(t)

Since the relative displacement Zl(t) is given by

2,(t) = ¢; N1(8) + ¢, N,(0)
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The mean square value for the relative displacement variable is

E{zi(t)} =c."E [ WlZ(t)]qr 2¢c,c,E [Ql(t) ﬂz(t)] + CZZE [;722@)}

where from Eq. (3.13)

t u)h (u)du

’71“ =
o

)
}?Z(t) :/ qz(t—u)hz(u)du

0
Hence
o 00
E[qlz(t)]:/ / hl(u) h(v)E [ql(t~u)q1(t—v):ldudv
0 0
:/ / hl(u)h(v) Rll(u-v)dudv
0 0
and
’? (t) }?Z(t) // h u)h (v)E ql(t u)qz(t v):Idudv
©
=f f hl(u) hz(v) Rlz(u-v)dudv
where
hl(t) = exp~(% ﬁlt) sin 611:/ tr)l, 51 = w12~ %_l_
w, =\/ w Z—{if

h,(t) = exp—(% th) sin C—ézt/ TR
R, (T) =2DA, 8(T), (z) = 2DA, 6(7)
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and the input power spectral density is assumed to be ""white' and

is equal to 4D per cps. Hence

o)
2 2 — 2
E [’zl (t)} = ZDAH/ hl (u)du = 4DA11/(4 wl + ﬁlz)ﬁl
0

08)
2 _
E [72 (t)] = ZDA22 / hZZ(u)du = 4DA22/(4 w22+ ﬁzz)pz
0
: Qo
E [ 7,0 N0 )= ZDALZ/ hy(w)h, (u)d.s
0
_ 2DA,, Pt By ] Bt P,
S L 2 .
W0, (BB M- @,)° (BB MDD ©0,)°
L DA(PrRy)
2 JJl W, u—Jl— 52)4

The last approximation is made if the damping terms Bl and BZ are
small. The cross coupling term E[ ’?l(t) /?Z(t) ] is found to be
relatively small, since '
B[N, 7, ] DA, (BB,) wy wN BB,
T s 5o o2
/ [N w]E[n, w] 2Rt 2T PV Ante

" “1%2 (B+B, N BB
= — = — 2 \BTRIN B,
INApA,, W wy(w-w,)
B,B
=0—":L'~Z:—;j (3.15)
R
1 2

Thus the cross coupling terms can be neglected in the estimate of the
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mean square value for the relative displacement zl(t), if the system
dampings are small and the modal frequencies are well separated.

Therefore

E[zlz(t)] - clz E [qlz(t)}} CZZE[QZZ(t)] (3. 16)

(b) The autocorrelation and the power spectral density functions

of zl(t).

The autocorrelation function for z.l(t) is given by

E{zl(t) 7 (4T )J = clE[ql(t) nfer T )]+ clczE['Zl(t) Nt T )]

| > (3.17)
reje, B[00 766 T) ]+ ¢, B[ 1,00 1,000 )]

where the autocorrelation function for zl(t) is made up by the auto-
correlation functions and cross correlation functions of the normal

mode variables /2 1(t) and 17 Z(t)

O o

E[ql(t) )?l(t+f)J= / / E[ql(t-u)ql(t+t—v)]hl(u)hl(v)dudv
00

co Q@

=// R11(2‘+u-v)h1(u)h1(v)dudv
0 0

o

= ZDAH/ hl(m- T )hl(u)du

0
DA, -B;T/2

=— e [cos w. T+ —
B14% bozw

sin(:)’c]
1
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and

(o e I ¢ o]

E [’?],(t) ’?z(t”)}// E[ql(t—u)qz(tw: —v)] B (u)h,(v)dudy
0 0O

(v0)
= / R12(1+u—v)h1(u)h2(v)dudv
0 0
o)
= ZDAIZ/ hl(u)hZ(T+u)du
0

4( .+ )

1 2

DA -pl'c/z
¢ Z )
(BrB,) “H4{w + w,)

= — sinaT)zz{

4 51- Ez)

+
(’31+ﬁ2)2+4'( (431_ ;-UZ)Z ]

B 2(Byt By) 2(B;+ By)
+ cos w, t[ > — — - > ———— 2]
(B B,y) H4(wo - W) (BFB,) HA(W i+ w,)

For stationary random processes the following inequality exists
(10 )= 51,0 7,0

From this inequality and Eq. (3.16), the autocorrelation coefficient

PlZ between the normal mode random variables le(t) and l72(t) is

given by

B[y gy ] _ E 7,00 7,0] :0( B8, )
N \E[le(t)]E [’722“)] b J E[?lz(t)] E[’?zz“‘)] o ®7

(3. 18)
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The magnitude of the cross correlation coefficient (012 is found
to be very small if the system damping is small. In other words the
stationary random variables f? 1(1:) and /] Z(t) are only weakly
correlated. For all practical purposes the cross correlation terms
appearing in Eq. (3.17) can be neglected without introducing much

error. Equation (3.17) is then changed to
E[2)(t)z) (st )= cle[/?l(t) Ny )|+ c,’E 1750 75 T) ] (3.19)

A very important consequence resulting from neglecting the
cross correlation terms is that the corresponding power spectral
density function Szl(f) for the relative displacement variable zl(t) can
be obtained by simply adding the power spectral density functions S,Zl(f)

and S, (f) for the random variables /21(1:) and )?z(t), respectively.

T2

From Eq. (3.19) and the Wiener-Khintchine relationship, we have

s (f) = CIZS,? (£) + szsrz (£) (3. 20)
2

“1 1

(c) Probability function and statistical properties of Zl(t)'

If the input, applied to the systems shown in Fig. (3. 3), is
Gaussian distributed the system output must also be Gaussian
distributed. Henceforth the quantities ql(t), qz(t): Ql(t); )ZZ(t)’
zl(t), and z?(t) as appeared in Eq. (3.13) and Eq. (3.14) are all
Gaussian distributed since they are merely linear transformations of
the input random process. The probability density function for the

stationary random variable Zl(t) is given by
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1 %1
p(z) =——— exp- ———> (3. 21)

1 N2 O 20

zZ z

1 1

where

2 2 2 2 2

oy = O T2 T,

Since the random variables )Z 1(t) and )? 2(1:) are weakly
correlated (see Eq. (3.18) ), for all practical purposes they can be
taken as two linearly independent random variables. Linearly
independent random variables are not necessarily statistically
.independent. However if two Gaussian random variables are
linearly independent, they are also statistically independent. Following
this assumption, many simplified statistical properties for the random
variables can be obtained.

Peak characteristics of the relative displacement var iable zl(t),
resulting from the addition of two narrow band random variables
)Yl(t) and /] ,(t), are similar to those applicable to Gaussian random
variables (Section 3. 2.1). This assertion is proved by experiments,

the results of which will be presented in the ensuing sections.

3. 3. Experimental Investigation

This section is primarily concerned with the experimental
verification of the analytical results presented in the foregoing sections
of this chapter. An analog computer is employed to simulate the
system transfer function of the single degree of freedom system.
Experimental techniques are also developed to measure the probability

distribution of peaks of a random signal. The detailed construction of
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a Peak Distribution Analyzer is presented in Appendix D.

3.3. 1. Experimental Procedures

The main objectives of the experiments are to investigate:

1. The peak characteristics of the response of a single degree
of freedom system subject to a variable band Gaussian random
excitation.

2. The statistical properties of a random signal resulting from
the superposition of two or more narrow band random vibration signals.
To obtain these results, a special measuring ar rangement,
including a General Radio Type 1390B Random Noise Generator, a

Krohn-Hite Model 335 Variable Filter, a Philbrick Type K7-Al0
Analog Computer, and a Peak Distribution Analyzer, is developed.

The block diagram for the test set-up is shown in Figs. (3. 4) and (3. 5).
The first experiment involves the investigation of the peak
characteristics of the response of a single degree of freedom system,

subject to a variable band Gaussian random excitation. This is
accomplished by connecting the instruments as shown in Fig. (3. 4).
The natural frequency of the system is fixed at 20cps, and the critical
damping ratios of the system are set at 2% and 5%, respectively. The
upper cutoff frequency fo of the random noise input can be adjusted
continuously from 20cps to 20kc through the Variable Filter. This
provides a convenient way to study the peak characteristics of the
system as a function of the upper cutoff frequency fo.

The second experiment involves the investigation of the
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statistical properties, in particular the peak distribution character-
istics, for the combination of two narrow band random signals. The
test set-up is almost identical to the previous experiment except that
an additional oscillator is provided (Fig. 3.5). If the response of one
oscillator is assumed to be fz 1('c) and the other one to be /Z Z(t),

the mathematical operations similar to that given by Eq. (3.14) can be
performed through an operational amplifier (summer). In order to
satisfy the condition in Eq. (3.18), only lightly damped systems, with
natural frequencies sufficiently separated, are considered. The
system natural frequencies used in the experiments are 80cps, 200cps,
355cps, and 500cps, respectively. The critical damping ratios for

the systems are fixed at 2% and 5%.

3. 3.2. Observations and Results

1. It is found, from the first experiment, that the total number
of peaks per unit time Np for the response of a single degree of
freedom system depends largely on the frequency bandwidth of the
input. The results are illustrated in Fig. (3. 6) where the total number
of peaks per second Np, which.has been normalized with respect to
the system natural frequency fncps, is plotted against the ratio fo/fn.
The frequency fo denotes the upper cutoff frequency of the Variable
Filter, operating in the low pass mode.

Excellent agreement is obtained between the analytical and the
experimental results, in places where the ratio fo/fn is less than 100.

The deviation occurs at higher values of fo/fn. This is because of the
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following reasons:
(38) The assumed theoretical spectrum (Eq. 2.12) is different
from the experimental spectrum (Fig.2.10) near the cutoff frequency fo.
(b) The capability of the Peak Distribution Analyzer (Appendix

D) in detecting the presence of small peaks is limited.

The frequency response characteristics of the differentiator (Fig. C.1)
used in the Analyzer are good only for a limited range. In addition,
the zero crossing detector is not sensitive to a voltage signal whose
amplitude is less than 10mv. All these factors have contributed to

the deviations and errors in detecting the presence of small peaks,
whose number becomes increasingly large as the input frequency
bandwidth increases.

Although the total number of peaks per unit time becomes a very
large number when the ratio fo/fn increases, the response of the
single degree of freedom system retains the appearance of a narrow
band random signal. The excessive peaks are very small and
difficult to detect. The small peaks can, however, be removed by a
high pass filter. In other words-the signal , in effect, consists of a
mean component and an alternating component; the former is a broad-
band Gaussian distributed signal and the latter is a narrow band
Rayleigh distributed signal. |

2. In the second experiment, the statistical characteristics of
signal resulting from the superposition of two narrow band random

vibration signals are investigated. The following results are obtained.
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(a) It is found that the mean square values <f7 lz(t)> , and
2
<f{z (t)> are additive for all possible values of the constants

b., b

1 PasCpsCp appearing in Fig. (3.5), if the damping present in the

respective system is small and their natural frequencies are well
separated (from 50cps to 100cps). Under these circumstances,
Eq. (3. 20) is identically satisfied.

(b) Probability distributionsof peaks of the combined narrow
band signals are found to lie in between the curves of Gaussian
distribution and Rayleigh distribution. Selective results are shown in
Figs. (3.7), (3.8) and (3.9), where the probability distribution of peaks
of the combined signal is plotted against the normalized amplitude.

The combined signal is obtained by adding the properly weighted sum
of the response of the respective single degree of freedom system,

one of which has a natural frequency fn=2.00cps, and the other
fn=355cps. The critical damping ratios are fixed at 2% and 5%. If
these data are substituted into Egs (3. 8) and (3. 20), theoretical curves
can be plotted.

The agreement between the theoretical and experimental results -
is good within the 3 J; range, outside of which it is difficult to detect

the presence of peaks unless one is willing to wait for a long period of

tinme.
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CHAPTER IV

STATISTICAL PROPERTIES OF NONLINEAR SYSTEMS
SUBJECT TO RANDOM EXCITATION

4. 1. Introduction

In the preceding chapters, we have considered the output
statistical properties of a linear system subject to random excitation.
It is not difficult to generalize the basic concepts a little further to
include certain nonlinear systems as well.

For many engineering applications, especially in the field of
vibration and dynamics, the probability distribution and the power”
spectral density function are of particular interest. In order to
determine these quantities for a nonlinear system the method of
Fokker-Planck or the diffusion equation method can be used, since
the transition probability of a Markoff process is found to satisfy
macroscopically the diffusion equation. For a nonlinear system
subject to white noise excitation, the oﬁtput statistical properties are
completely characterized by the solutions to the Fokker-Planck partial
differential equation.

A major portion of the work done in the past has been closely
related to the characteristics of the stationary probability distribution
functions of a nonlinear system subject to white noise excitation. This
requires the solution of the Fokker-Planck equation in the stationary
form. Different methods of obtaining the solution have been given by
(4-9) (10-13) and many others. The

Uhlenbeck, (2) Caughevy, Crandall,

solutions obtained are usually presented in terms of the first order
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probability density function. This is, of course, no help if one is
interested in the autocorrelation function and the power spectral
density of the nonlinear system as well.

Caughey and Dienes(44) have derived a new method for the
determination of the autocorrelation function and the power spectral
density of a nonlinear system. With very little complication, they
defined a generalized autocorrelation function in terms of the transition
probability, which in turnis a solution of the appropriate Fokker-Planck
partial differential equation. The power spectral density can then be
found by means of the Wiener-Khintchine relation. This method has
been demonstrated by solving a simple first order nonlinear system
subject to a Gaussian white external force.

Wolaver(46) has also attempted to obtain the autocorrelation
function and thc power spectral density of a second order nonlinear
system subject to a Gaussian white noise excitation. However, his
method of analysis involves questionable boundary conditions assigned
to the Fokker-Planck equation. Heretofore, the only correct solution
available up to this stage remains that given by Caughey and
Dienes.

A slightly different approach will be adopted in this thesis to
solve the first order nonlinear system considered by Caughey and
Dienes. This method is found to be very simple and can be extended
to include the second order nonlinear systems as well, although the

solutions are yet to be determined.

In the following sections, the analytic method of approach will
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be described first. This requires the determination of the auto-
correlation and the power spectral density by solving the corresponding
Fokker-Planck equation for the first order nonlinear system.

Experimental verifications of these results are also included.

4. 2. Relationship Between the Transition Probability and the

Autocorrelation Function

It has been shown in Section (1. 4} that the autocorrelation
function for a stationary. random variable x(t) is given by

0 ~
RX(t1~t2) :/ / X1X2 p(xl, XZ)dxlde (4. 1)

-00 “-00

where
%) = xl(tl) and X,= xz(tz)
Now, if the random process x(t) is Markoffian, the joint
probability density function can be expressed in terms of the transition

probability T(xz,tzl X5 tl) (see Eq. 1.3). Thus

p(xl, XZ) = p(xl) T(XZ, tzl X tl) (4. 2)

In physical applications there are many examples involving Markoff
process. Very often if a physical process is not Markoffian, it is
still possible to consider it to be a Markoff process in a higher
dimensional space. In any event Eq. (4. 2) is valid for most of the

physical examples of interest.

Substituting Eq. (4.2) into the expression for the autocorrelation

function, we have
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00 @
RX(tZ—tl) :/ / XIXZ p(xl) T(xz, tzl X, 1:1)61511(‘1:&2 (4. 3)

-0 7 -C0

where T(x,, t2| x5 tl) is a solution to the appropriate Fokker-Planck
equation, and p(xl) is the first order probability density function,
which is a solution to the same Fokker-Planck equation in the
stationary form.

In principle, the autocorrelation function can be deter mined
from Eq. (4. 3) once the transition probability function is known.
However, to obtain the transition probability one must solve the exact
‘Fokker-Planck equation. This is usually difficult and sometimes
almost impossible for systems with nonlinearity. A generally
applicable technique will now be demonstrated for a simple first

order nonlinear system.

4. 3. A First Order Nonlinear System

The problem to be considered here is related to the motion of a
mass with idealized Coulomb damping. The differential equation

involved is given by

%+ k sgn x = N(t) (4. 4)

where x(t) is the displacement of the mass, k sgn x is the idealized
Coulomb damping, and N(t) is a Gaussian Whife external force,
which is assumed to be stationary and ergodic, and its power
spectral density is equal to 4D per cps.
The Fokker-Planck equation governing the transition probability

T(x, t |x1t1) of the displacement random variable x(t) is
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2
K 1.1 0
= -5 [A(X)TJ%——Z————Z

h.o

a ‘ [B(x)T] (4. 5)
9x
where A(x) and B(x) can be determined from Eq. (1.18), and by inte-

grating the system differential equation with respect to the time t,

hence
t+ At
Ax=—(ksgnx]At+/ N(MN)dn
t
therefore
Ay
A(x) = lim —<——A-—->€—-—é—Y = -ksgnx
At —0
Since
<N(t)>Av =0
furthermore:

t+ At

<Ax2> = [—k sgn’x]ZAt2+ f/ agan <N(§)N(’Z)>Av
t

the double integral appearing above is 2DAt, since the external force

N(t) is assumed to be white noise. Hence

2
B(x) = lim <A/}:t >AV = 2D

Substituting the expressions for A(x) and B(x) into Eq. (4.5), we have

2
aT _ 8 8°T
T -—5;{(]:( San)T‘FD—g;-Z— (4.6)

The initial and boundary conditions are the following.
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lim T(x,t |x1, tl) =8 (x-xl)
t—*—tl

lim T(x,t] x5 tl) =0
X —=00

and the normalization condition

e e
/ T(x,t ,Xl’ tl)dx =1

The first order probability density pl(X) is the solution of the

stationary Fokker-Planck equation
2
3 87py=)

It has been shown by Caughey that the unique solution to this equation

is given by

Pl(x) :"21(]‘:)" e-klxl /D (4. 7)

The corresponding probability distribution function is given by

8 0]

py(x =X) =/ p(x)dx

=/ ko ixl/Dy, (4. 72)
X

The calculated and the experimental results for the first order

probability distribution function p;(x>X) are illustrated in Fig. (4. 6).
The autocorrelation function for the random variable x(t) of

the nonlinear system can be determined from Eq. (4. 3)

®
Rx(t—tl) = / / xlxpl(xl)T(x, t ‘Xl’ tl)dxld.x
-00 -00
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(43,46, 24)

Now assum

o) .
v(x,t) = / xlpl(xl)’[(&, t]xt)dx; (4. 8)
-0
Hence ©
Rx(t) = / xv(x, t)dx, where T =t-t; (4. 9)
-00

The probability variable v(x,t) satisfies the same Fokker -Planck
equation as the transition probability T(x, t| xltl), since the term
x,p(x)) appearing in Eq. (4. 8) does not depend on the time variable t.

Hence from Eq. (4. 6)

2
-g-%’- =-§§(k sgn x)v + DQ—‘-% (4. 10)
ox

with the initial and boundary conditions given by

To'e)
v(x, 0) = / xlpl(xl)S(x-x1)dx1= xpl(x)
- 00
v(co, T) =10 (4. 11)
vix, T) = -v(-x, 7))

Since the function v(x, T ) is skew symmetric with respect to x for
all time T , we have the following condition at x=0.
v(0,T) =20
From the known initial and boundary conditions, Eq. (4. 10}
may be solved. There are two methods of approach to obtain the
solution to the Fokker-Planck equation. Each of them has its own
merit. The detailed mathematics involved will now be demonstrated.

The first approach is to take the Laplace transform of Eq. (4. 10) with
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respect to T . Using the initial condition (Eq. 4.10) two ordinary

differential equations arc obtained

DVXX+ kVX— sV = —xpl(x) for x >0
DVXX—kVX—sV = -—xpl(x) for x <O
where
0o
V(x, s) :/ vix, T )e-Sz dtc
0

and the subscript denotes the order of differentiations. The method
of obtaining the solutions to the ordinary differential equations is

standard. Thus

X
Vi(x, s) = Aexp(azx) + Bexp(—alx)~/‘ hl(x—Q )7 pl( nldan
0
for x >0
x
V(x, s) = Cexp(—azx) + Eexp(alx)f hz(x-lz ))? Pl( n )df(
0
for x <O
where
| 7\2+ s)1/2+ A | 7\Z+s)1/2~7\ _k
a, = poa— a) - R > ?\_ —_—
- N D T N D ZN D

the unknown constants can be determined from the fact that

V({0,s) =0 and V(too,s) =0

therefore
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Substituting these equations into Eq. (4.9), we obtain the Laplace
transform of the autocorrelation function

8.0]

E(s)=/ x V(x, s)dx

-

D D 47\ZD 2

—'2—;\2— St g [7\'(7\ +s)
S S S

2
1/2
/2] (4.12)
which agrees with the solution obtained by Caughey and Dienes.
The second method of obtaining the autocorrelation function is

7
to apply the two-sided Fourier transforxn(4 ) to the Fokker-Planck

equation (Eq. 4.10) with respect to the displacement variable x(t).

The transforms are given by

[0 )
1 ixew

F (w) = f(x) e dw

+ —
ZW‘/O’ (4. 13)
0

F (w) = ! / f(x) e dw

2m Zoo

where w = at+ib.

The inverse transform is given by

iat oo ibt oo .
-3 -ixw
f(x)= . / F(w)e X0 G 2 / F (w)e dw
/ 2w ia-oo V 2T ib-
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where a is a sufficiently large positive number, andb is a sufficiently
large negative number. Hence from Eq. (4.10), Eq. (4.13) and the
fact that v(x,t) must vanish at x=0 for all time T , we obtain a first

order ordinary differential equation

d'\/'+ (w, T)

— +(ikw+Dw2)V (w,’C)=~‘D () x>0
T + >
1r
where
)
V+(w,’C) = / v(x, T )e WX ax
2T
0
and
ovi(x, T )
f(z) = 0x x=0
The initial condition for x >0 is given by
o
V+(w, 0) = ! / V(X,O)elwxdx
2
0
©
= / x pl(x)elwxdx
N 2T 0

-k

V " 5
2DN 21 (w+ 1—5)

Thus, the solution to the ordinary differential equation is

i 2 ‘ : 2
V(w,T)= V+(w’0)e-(1kw+Dw )z D /‘.f( g)e-(lkw‘i'DU) )(t-s)d;

ZTrO

Taking a Laplace transform of V+(w , T ) with respect to the time T,
we have

v, (w,s) = - £ L i) —5—

2DN 27 (Du.)z-l-ikwﬂl-s)(r,u+:i~-l]S3 F N 2T Dwz+ikw+ s
(4. 14)
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where lo's]
- -sT
vV, (w,s) —/ V+(w,z)e dz
0
and 00
£(s) :/ f(z)e “Tdzr
0

To recover the original probability variable v(x,t) from the transform
variable V+(U_), s), we first take the inver se one-sided Fourier
transform with respect to w =atib, where b is a sufficiently large

positive number.
ibt oo
~ixw

1
v+(x,s)-m/ v, (w0, 5o dw

ib-oo
Substitute Eq. (4.14) into the above expression, and evaluate the
integral by residue calculus. The integral closed contour C in this

case consists of an imaginary line ib and a semi-circle, which

encloses all the singular poles located below the line ib. Hence

fv+<w,s)e“”‘“dw
C

N 2m

k
N iZ R
n

n=1

gl =
]

k
a_ X -a.X - — X -
_ k [ e 2 e 1 xe D + k e }
) 2 T2 T T aqa D2 2
2D Le, (a1+a2) a, (a1+az) 172 a; a,

X ~g.X

e“z o 1
..f(s)li .-__._..__.—-j‘
a1+ a2

where Rn denotes the residues at the respective poles, and the
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negative sign is to account for the fact that the closed contour C
transverses in the clockwise direction. Since the function V+(X, s)
must vanish at infinity

V+(oo,S) =0

the unknown function f(s) can be determined.

k
f(s) =~
2D a
1
Substituting this back into the expression for er(x, s), we have
k
- =X k
D - =X -a,x
_ xe k D 1
V+(X; s) = 2D P —S*“z (e c )

Likewise, the same procedure can be applied to the transform solution

of v(x,t) for the negative value of x(t}. Thus

kx k
_ k :»s:e-]-j k p* 49*
V_(x,8) = 2D s =
s

The Laplace transform of the autocorrelation function is then given by

0 (')
R_(s) =/ V_(x, s)dx/ v, (x. s)dx
0

-
__D__ D, 4 A —()\ers)l/Z]2 (4. 12)
2)\zs s& s4

This is the same as that arrived at from the first method.

The relative advantages of the two methods are not difficult to
see. The former method is considered to be simple and direct, and
the solutions can be obtained easily if only ordinary differential

equations in the transform space are involved. The second method is
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more useful in cases where the Laplace transformed (with respect
to time) differential equation is not ordinary.

From the known Laplace transform version of the autocorrelation
function —RX(S), various limiting values of the time autocorrelation

function can be determined. Since

[0 a)
_ _ 2
RX(O) —/ SX(f)df = E(x")
0
and from Eq. (4. 7)
oo
2
B = [ xPp(xax
~00
00 _klxl >
2 k D 2D
:/ X -—2—1—)— (S dx :?—— (4. 15)
-0

From the Tauberian theorem, the following relation must be true

2
2 .. = .. _2D
E(x) = RX(O) = lim bRX(S) ==

5 —> 0 k

then with the definition of )\ , the above expression can be easily
verified.

From the geueral theory of autocorrelation functions, it must
vanish for large time. In other words the following limiting
condition must be true

imR (T) = lim sR(s) =0
x
- 00 s —0
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It can be verified by carrying out the limiting condition for the function

R(s) given by Eq. (4.12). Thus

2 2
lim sR(s) = lim (—% - 2+ 47‘3D [A-( 7\Z+s)1/2J
s —=0 s—=0]22 s s ,
D D 42°D[,.2 2 1/2
= lim > -t ——-;—-«[27\ +8-2A(A +s) ]
s—=0] 27 S s
D D 42°D[,.2 z( s 1 s°
= lim {( ——5 - —+ [27\ +5-22 1+———2--~ —_—
50| 22% 8 g3 222 B4

s3 4
+T6-7‘T'+O(S ))J
= lim o{s) =0

s ~u 0

By carrying out the inverse Laplace transformation, the time

autocorrelation function can be recovered.

ctiwo
_ 1 8T =
RX(Z) —"ZH e RX(S)dS
c-iwo

The final expression for the autocorrelation function is given below

2
RAY) (8v8 125% 612 3) 2re” " (2rle3)2riay
— ¢ = 3 erfc( ¥)-
& i
(4. 16)
where
2
k 2, D _2D
r: B —— ’\[? X = — ]
ND S

the results are plotted in Fig. (4.1).
By means of the Wiener -Khintchine relationship, the power

spectral density can be determined from the autocorrelation function.
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Then
S(w) =%Re [ﬁ(iw)J 0<w <o
1/2
__2D 7\4+87\8 1:1_(1+(1+w2/7\4)1/2) ] (4. 17)
T‘.7\4 wz w 2

where Re means the ''real part oft', and S(w) has a unit of quantity

square per radian per second.

The power spectral density given above can be normalized. To

accomplish this a non-dimensional frequency is defined as

w
rz = (A)/ 7\2 = ..4_]2_.2—-
k
since ®
/ S(w)dw = <x2>
0
Therefore if
7\ZS(u_>)
(=) |
then it follows that
0o
/S(}])dfz:l 0<=N<o
0
The non-dimensional power spectral density is then
1/2
: 2.1/2
4) 1 8 14+ (14 : ‘
s(n) == ”ﬁ'Z"JrWE[l'{""(“z‘L‘)‘“ ) J (4. 18)

The value of S( n ) at J’(=O is finite, and it can be obtained from

the following limiting condition
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2
. 2 —
S(0) = lim S(n) = %z —T;Re(R(iw)}w_o
/7—'0 x" > N -
4'/
4 A —
=5 lim R(s)
s —0
4 2
=22 1im - —-l—z+i‘—’34—[z7xz+s-m(z2+s)l/7‘}
s—=0|2A s s s
4 2
4 2 1 1 42 2 2 s s
= —— lim — + 2A+s8-2A 1+——Z——a
s—=0 &7\28 s2 sdr [ ( 2A 82
3 4
s 5s 5,y 1
b= -4——8—4—0(5 )
167\% 128 A )J
-5
T 4w

The normalized power spectral density is plotted in Fig. (4. 5) along

with the experimental results.

4.4, Experimental Investigation

The experiments performed on the first order nonlinear system
described in the preceding section and the results of these investi-
gation are reported in this section. In addition to this, the response
characteristics of a second order nonlinear system are investigated.
The objective is to check the analytical results given by Wolaver“é)

The results are divided into two parts: the power spectral
density measurements of the response of the first and second order

nonlinear systems, the probability distribution measurements of the

first order system.
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4. 4.1, Experimental Procedure

To study the response of the first order system with Coulomb
damping, an analog computer is used to simulate the system
differential equation given by Eq. (4.4). The analog setup is shown
in Fig. (4.2) with operational amplifiers as the basic building blocks.

A very important assumption made in the theoretical investi-
gation is that the system be driven by a Gaus sian white noise. This
is naturally impossible to achieve in practice. The experiment is
set up such that the nonlinear system is driven instead by a broadband
Gaussian random noise. The General Radio Random Noise Generator
along with the Krohn-Hite Variable Filter are used to generate the
broadband random noise, the nominal bandwidth of which is set at
10 kec.

The circuit parameters for the analog setup shown in Fig. (4. 2)
are adjusted according to the following criterion:

1. The time constant RC of the integrator must be large so that
the input frequcncy bandwidth appears ''white'!' in comparison with
respect to the system frequency bandwidth.

2. The time constant must not be too large so that the output
voltagc is operating near the amplifier noise region.

The RC constant used in the experiment to satisfy these
conditions is fixed at 0. 004.

The nonlinear function generator ksgnx shown in Fig. (4. 4) is
made up of a USA-3 operational amplifier, two IN271 diodes, 2a 24

volt battery, and a 50 k{L potentiometer. The magnification factor k
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can be adjusted by turning the potentiometer dial. In the course of
experiment the k values are set at 1 volts, 2 volts, and 3 volts,
respectively.

The basic data recorded were the power spectral density and
the probability distribution function of the displacement variable x(t)
of the system with Coulomb damping.

To investigate the response characteristics of a second order
nonlinear system, an analog circuit is set up according to the
following differ ential equation.

% + 2ck + sgn x = N(t) (4. 19)

where c is the velocity dependent damping constant, and N(t) is a
Gaussian white external force. The circuit diagram is illustrated in
Fig. (4. 4).

The specification for the external force N(t) is similar to that
given earlier for the first order system. The system parameters
are fixed at R;C,=. 001 for the first integrator, and R,C,=0. 0004 for
the second integrator. The potentiometer is used to provide fine
adjustment on the damping parameter c. The primary objective of
this experiment is to check the power spectral density of the output
displacement variable x(t) against the theoretical results given by

(46)

Wolaver.

4. 4, 2. Observations and Results

The following results are obtained on the basis of the experi-

mental observations and measurements. Comparisons are made
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between these results and those based on the theoretical calculation.

1. It is found that the mean square value output of the
displacement variable x(t) of the first order nonlinear system agrees
very well with that predicted by Eq. (4.15) even though the frequency
spectrum of the random noise input is not white.

2. The measured power spectral density for the first order
nonlinear system agrees very well with that obtained from theoretical
analysis (Eq. 4.18). The results are plotted against the frequency in
Fig. (4. 5). In the lower frequency range, however, the experimental
values are found to be slightly less than the theoretical results, since
the actual inpul power speciral densilies are aLtcnuaLéd in the lower
frequency range (see Fig. 2.16).

3. The experimental and theoretical probability distribution
curves for the displacement variable x(t) of the first order system with
Coulomb damping are presented in Fig. (4. 6). It is found that the
experimental values follow closely the exponential distribution
curves predicted by Eq. (4. 7a) up to 3 0" level. The agreement is
poorer at the higher amplitude levels; this is because of the magnitude
limiting effect of the input.

4. For the second order system with Coulomb restoring force,
(Eq. 4.19), the measured power spectral density of the output dis-
placement variable x(t) is illustrated in Fig. (4. 7), where the
normalized power spectral density (total area is unity) is plotted
against the frequency. The experimental results do not agree with

the analytic results given by Wolaver, who theorized that the power
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spectral density of the displacement variable x(t) of the second order
nonlinear system (Eq. 4.19) is always monotonically decreasing
regardless of the amount of damping present in the system.

5. In simulating the nonlinear function k sgn x on an operational
amplifier, the phase shift present at the high frequencies (around 5kc)
can be minimized, but cannot be removed completely (see Fig. 4. 4).
However, this exerts only a minor influence on the final experi-

mental result.
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CHAPTER V

SUMMARY AND CONCLUSION

The following conclusions are reached on the basis of the
analytical and experimental results obtained duriug the course of
investigation.

Chapter II describes the results of linear systems subjected to
magnitude-limited random excitation; the major points of inter est are:

1. If the power spectral density of the Gaus sian broadband
random signal is uniform in the frequency‘ range from 0 to focps, the
magnitude-limited signals are found to be approximately uniform over
the same frequency range. This provides a great deal of simplification
in the computation of mean square values of the response of the
single degree of freedom sysiem to magnitude-limi
excitation.

2. The ratio of the rms value response (displacement) of the
single degree of freedom system to the rms value input of the
magnitude-limited broadband Gaussian random signal depends only on
the critical damping ratio and the natural frequency of the system, and
is essentially constant regardless of the magnitude -limiting level.

3. The responses (displacement) of single degree of freedom
systems to magnitude-limited Gaus sian random excitation are
approximétely Gaussian, the agreement being very good out to the
3U'X level, if the critical damping ratio of the system is less than 10%.

Within experimental capability these are found to be true even though
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the input signal is heavily limited. For systems having critical damp-
ing ratio greater than 10%, the response of the system is no longer
Gaussian distributed at higher amplitude levels.

4, The power spectral densities of the response (displacement)
of the single degree of freedom systems to magnitude-limited random

2, the square of the system transfer

excitation are similar to IH(j 2mf)
function, since the power spectral densities of the magnitude-limited
signal are approximately uniform over a wide frequency range.

5. Experimental studies point to the fact that many analytical
results can be checked experimentally if the input spectrum is
assumed to have the shape given by Eq. (2.12) or Eq. (2.15).

Chapter III describes the peak characteristics of linear systems
subjected to broadband Gaussian random excitation. The main
results are the following:

1. The total number of peaks per unit time in the response of a
single degree of freedom system depends largely on the frequency
bandwidth of the input broadband signal. The peak distribution of the
response is no longer Rayleigh, if the input frequency bandwidth is
wide compared to the natural frequency of the system.

2. For a multi-degree of freedom or a continuous system, it
is frequently possible to obtain normal mode solutions for the system
if the damping is small. Therefore the motion of the system consists
essentially of a linecar combination of the normal mode solutions. AL
a given time, such a system usually vibrates with appreciable

amplitudes at only a limited number of modes. During the course of the
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investigation, the statistical properties of the sum of two single
degree of freedom systems are investigated. It is found that the
responses of the respective system to the same source of excitation
are essentially uncorrelated if the system dampings are small and
the natural frequencies are sufficiently separated. Theretore the
resulting signal essentially consists of the sum of two uncorrelated
random variables. The peak distributions of the resulting sum lie in
between the curves of Gaussian distribution and Rayleigh distribution.

Chapter IV is concerned with the statistical properties of the
response of a simple first order nonlinear system to white noise
excitation. The major results are:

1. The power spectral density of the response (displacement)
of the first order nonlinear system with Coulomb damping is found
to be monotonically decreasing with respect to frequency.

2. The autocorrelation function of the response (displacement)
of the first order nonlinear system with Coulomb damping is found to
be monotonically decreasing with respect to the time difference.

3. The probability distribution of the response (displacement)
of the first order nonlinear system with Coulomb damping follows
the exponential law.

4. Excellent agreement between the analytical and experi-
mental results are obtained, even though the actual input spectrum is
not white as it was assumed theoretically. Therefore it is justified
to assume the input spectrum to be white whenever possible in the

mathematical analysis of random vibration.
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5. Experimental investigations have been made to check against
the theoretical results given by Wolaver. It is found that the power
spectral densities of the response of a second order nonlinear system
with Coulomb restoring force to white noise excitation are not mono-
tonically decreasing with respect to frequency. Therefore, the results

given by Wolaver are questionable.
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APPENDIX A

ANALOG TECHNIQUES IN RANDOM VIBRATION

It is often the case in the studies of random vibration that
analytical methods are not readily available, or they are too burden-
some to carry through in practice. For example, the probability
density function of the output of a single degree of freedom oscillator,
subjected to magnitude-limited random excitation, is not yet known
analytically. The output power spectral densities of many nonlinear
systems are not usually easy to find, where the calculations are
lengthy and difficult even in the most simple case. (12, 44) The
information concerning the probability functions and the power spectral
densities are, however, often needed in the analysis of random
vibration. Analog mctho
solutions to many difficult problems of this kind. In particular we
shall discuss the electronic differential analyzer, an analog device
which consists of a colleclion of electronic operational amplifiers
interconnected in such a way that they are governed by the same set
of equations as those describing the system to be analyzed.

The basic building block of an electronic analog computer is the
d-c operational amplifier, which is the basis for adding, integrating
and differentiating. Transfer functions of a linear system can be
simulated faithfully by synthesizing the basic components given above.
A high degree of precision could be well maintained if the system to

be simulated is simple. For more complicated systems the analog
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computer can only be depended upon qualitatively rather than
quantitatively. Nevertheless, electronic analog computers are
preferred over many other analog devices representing a given
physical system. This is because:

1. It is easy to handle. The components are readily
synthesized to become an electronic model for the given physical
system, the parameters of which can be easily controlled.

2. The operational amplifier has such a high gain that the
errors involved in the basic mathematical operations (summing,
integrating, etc.) can be minimized.

3. Many system transfer functions, linear or nonlinear,
can be simulated through analog circuitry.

4. Total drift--long, or short term--is very small.

5. Accuracy is well maintained over a wide frequency range.

6. The output and input 9f the operational amplifier are in
the forrﬁs of analog voltage which can be easily monitored,
measured and recorded through a variety of electronic instruments
available.

The analog computer used throughout the entire experiment is
the K7-Al0 operational manifold made by G. A. Philbrick Researches,
Inc. The function of the manifold is to prbvide 10 Philbrick Model
USA-3 operational amplifiers, which are chopper-stabilized; high
gain (10 million dc gain}, wide-band dc amplifiers. Distortion, drift
(less than 100 microvolts) and noise are negligible in most appli-

cations. These features are particularly important in the studies of
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random vibration where stationary solutions are often needed. Since:

1. Averaging of various statistical quantities usually extends
over a long period of time. The data are reliable only if the
operational amplifier itself is stable, drift and noise free (at their
respective minimum) during the entire period of measurement.

2. The frequency spectrum involved in many random vibration
experiments are usually wide. This requires that the accuracy of
the operational amplifier be well maintained over a broad frequency
band.

It is not difficult to see the advantages of using the operational
amplifier as a tool of research in random vibration. An example
will now be illustrated in setting up the analog model for the single
degree of freedom system subject to random excitation.

From the schematic diagram of the single degree of freedom
system shown in Fig. (2.1), an equivalent analog model describing
the motion of the mass is shown in Fig. (A.1l) with operational
amplifier as the basic building block, Fig. (A. 2). The relationships

among the voltages are

_ 1
ez = '—R‘F;— /eldt (A. 1)
ey = -I—{—-}-’-C———-/ezdt (A. 2)
272
e, = aLe2~be3 + e, (A. 3)

where Rlcl are the values of resistance and capacitance associated
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¥

Fig. A.l. Analog circuit diagram for aksingle
degree of freedom system.



~144-

R¢

e — — - ——— —

-t r e
aR €,
1 ’o)

Fig. A.<. Analog symbols.

i

V

i

©®



~145-

with the first integrator, and RZCZ are corresponding values for the
second integrator. The coefficients a, b are determined by the dial
settings on the potentiometers. Combining Eqs. (A.1l) and (A. 2):

e _‘*7“_‘;’5—?‘_‘— /[e (dt)?

ST JJ

Equation (A. 3) can be rewritten in terms of the voltage e

a
+ /edL+ // dt = ¢ (A. 4)
R,C; / 17T RCR,C, /T °

The similarity between Eqs. (2.1) and (A. 4) is clearly evident. The
corresponding quantities of the mechanical system and the electronic
analog system is shown in Table A. 1l

The analog voltages, representing displacement, velocity of the
mechanical systermn, can be obtained easily from the measurable
quantities e, and €5 Scale factors involving the time constants will
have to be taken into account while converting the cor fesponding
quantities from the electronic enalog system to the actual mechanical
system. For instance, from Eq. (2.19) the mean square displacement
output of the analog system, subject to broadband Gaussian random

excitation, is given by

2 s0
o (2. 19)
<x > 8 gwnz

Using Table A.1l and Eq. (2.19) the mean square displacement output

of the corresponding 'analog system is given by
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TABLE A. 1

Relation Between Corrcsponding Quantities of the Mechanical

System and the Electrical System

Item Mechanical system ' Electrical
system
Acceleration x (t) el(t)
Velocity x(t) /el(t)dt
. 2
Displacement x(t) //el(t)(dt)
Forced Acceleration N(t) eo(t)
Natural frequency Nk/m = w N b/RlclRZCZ
Damping parameter c/m =2 5 w_ N a/RlC1
Fraction of Critical c/cc = ‘g -Z aN R C /bRZcA

damping

s
> o
< R clRZc2 3

8% w
Typical values of the resistances used in the experiment are
those of 500k () and lmeg (), the values of capacitances are adjusted
according to the desired natural frequency and the ratio of critical
damping. The potentiometers are provided to achieve a finer control

on these quantities. All the resistors and capacitors are precision

made within 1% tolerance limit.
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APPENDIX B

A POWER SPECTRAL DENSITY ANALYZER

This section is primarily concerned with the theory and the
operating principles of a power spectral density analyzer. Various
calibration data which are important in the measurement of the power

spectral density, are also included. Finally a brief discussion on the

errors involved in the measurement is presented.

B-1. Theory

The definition for the power spectral density is commonly

written as

2 |ST(f)l ’

S(f) = lim ——s—— (B. 1)

T— o

which is also known as the periodgram method and gives a frequency
decomposition over the time interval 0<t<T. The limit is found to
exist always, howevexj,the variance of S(f) does not approach zero for a
large class of examples, in particular for Gaussian random pro-
cesses. (19) Therefore it is not experimentally justifiable in using this
method to determine the power spectral density.

The most practical method is based on the following formulation.

Let the mean square value for a single sample record be
T

< x%(t)>= lim -lff x> (t)dt (B. 2)

T—> 00 0
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where T is the length of the record of the sample. Since only the
power spectral densities of a stationary ergodic random process are
considered, Eq. (B. 2) can be written as
T
2
E[xz(t)]:rf 2 :<x (t)>: lim -—1—/ x%(t)dt
X T
T —~ o
0
From the Wiener-Khintchine relationship, the autocorrelation

function for the random sample function x(t) is given by

[00)

R_(T) =/ S (f) cos 2nfz df
x x
0

2
If T=0, thenR_(0) = 0_ . Hence
x x

(06

a2 f//' 5 (f)df (B. 3)

X
0
Assume that the signal is sharply limited between two

frequencies fl cps and fz cps which are nearby. The ideal bandwidth

is given by B:fzﬁfl. Thc mcan square output within this narrow band

is given by £
2

Oéﬂg:/_%ﬂmfzsg%m (B. 4)

£

where fo is the center frequency within the narrow band B. The power

spectral density at the center frequency is then given by

2 T
. QO & . 1 2
Sx(fo) = lim 5 = lim lim BT Xp (t)dt (B. 5)
B —0 B—~0 T-—=-o 0

Of course, it is impossible for the record to be infinitely long,
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and the bandwidth of the filter to be infinitely small in a practical
sense. Invariably, there will be error in the power spectral density
measurement if the limiting condition appearing in Eq. (B. 5) is not
carried out. The statistical uncertainty associated with this error is
conveniently written in terms of a dimensionless variance £ 2 with
the assumption that the slope of the power spectrum is changing

slowly within the bandwidth B.

2 1
€ =BT (B. 6)

The above expression has been derived and discussed by Blackman

(55) (54)

and Turkey, Additional terms

Bendat, (53) and Crandall.
must be added to Eq. (B. 6) if the slope of the power spectrum being
measured is changing more rapidly within the narrow frequency band
B. It is not difficult to see that the estimation uncertainty can be
reduced if the product value BT increases. The meaning of the
symbol &€ is best illustrated by an example. If BT = 10,000, the
resulting estimate of Sx(f) at the frequency f_ will have a standard
deviation of 1% of the true power spectral density.

In real situations, it is impossible to construct a narrow band
filter with very sharp cutoffs at the cutoff frequencies. An equivalent
bandwidth must be calculated from the transfer characteristics of the
actual filter. From Eq. (l.13) the mean square output after filtering -

is given by

2 [ s o |mgenn]”
g. = S (f) |H(j2wf)| df
4 .

X
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where|H(j2wf)|is the transfer function (the ratioc of output over input)
of the narrow band filter. Assuming that the Sx(f) is changing slowly

within the band, the mean square value could be approximated by

(e o)
0.’ = Sx(fo)/ |t1(j2nf) | 2as
0

or g 2 (B.7)
s.(f)= e
X O

*® 2
|12 | “as

0
where fo is the ccnter frequency within the band. Equations (B. 4) and

(B. 7) are similar. It follows immediately that the equivalent bandwidth

can be conveniently defined by the following relation
o'}

B g =/ |Htann)| 2 (B. 8)
0

In general,the procedures involved in obtaining the power
spectral densities are the following:
1. Select a narrow band filter having a nominal narrow band-

width B (between half power points where it is 3 dbs down). Obtain

the filter transfer function]H(ijf), and then calculate the equivalent

bandwidth Beq according to Eq. (B. 8).
2. Square the instantaneous values of the filtered signal and
then average the squared signal over a time period T.

3. Divide the averaged signal by the equivalent frequency

bandwidth Beq' The resulting value will be the power spectral density

of the signal at the center frequency £ of the narrow band filter.
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B-2. Instrumentation and Procedure

A schemaiic diagram for the instrumentation setup is shown in
Fig. (B.1). The types of instruments used are cataloged in the

following table.

TABLE b. 1
item Type Manufacturer Model Number
1 Wave Analyzer Radiometer FRAZ2
Denmark
2 Random Noise B &K Instruments 2417
Voltmeter

3 Sine Wave Generator Hewlett & Packard 202B

4 Frequency Counter Beckman Instruments 7350

5 Visicoder Honeywell 1508

The combination of thege five instriments makes up what is known

SRS LA

as the power spectral density analyzer. Basically it consists of a

narrow band filter, a calibration unit, and a number of recording
instruments. The functional relationships among them are explained

as the following.

B-2a. Wave Analyzer

The type FRAZ2 wave analyzer is essentially a sensitive and
selective VIVM which can be tuned to any frequency between 5cps and
16kc with the sensitivity from 100 mv to 1, 000 volts. This is
accomplished fhrough filters with selective nominal bandwidth ranging
from 2 cps, 8 cps to 25 cps. The filter transfer functions (the ratio

of output over input) ’H(jZTrf)|are plotted in Figs. (B.2), (B.3), (B. 4).
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The equivalent filter bandwidths Beq are calculated according to
Egq. (B. 8); the actual values Beq for the respective filters are given
in Table B. 2.

TABLE B.2

Nominal Bandwidth B 2cps 8cps 25cps

Equivalent Bandwidth Beq 4. 53cps 12. 43cps 31. 64cps

The output of the filters is displayed on a built-in voltmeter
which can be monitored through an analog voltage appearing at the
output terminal. This analog voltage has a fixed frequency of
1500 cps. Its magnitude is directly proportional to the meter de-
flection of the voltmeter. The functional relationships between them
are shown in Fig. (B.5) and (B. 6). These curves are proven to be
useful since it is usually impossible to get a voltmeter reading of the
filter output if the input is random. The procedure is to find an
average reading of the output voltage first. The actual output of the
filter is then obtained through interpolations from the curves shown
in Figs. (B. 5)and (B. 6) with proper placing of the decimal points in
accordance with the range switch settings of the wave analyzer.

In addition to the features already mentioned, the center
frequency focps of the narrow band filter can be accurately located
‘through another output terminal which has a fixed 3 volts output and
a frequency varied according to 60kc~focps. This provides a
convenient way Lo obtain the power spectral density at any desired

center frequencies fg..
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B-2b. Calibration Setups

The general calibrafion procedures are well written in the
instruction manual for the wave analyzer. Improved accuracy could,
however, be obtained if extemal calibration procedures are followed.
The calibration instruments coasist of a sine wave generator, a
frequency counter and a VI VM.,

As it was pointed out earlier, the filters within the wave analyzer
need to be calibrated so that a correct value for the equivalent band-
width Beq can be determined (a unity gain at the center frequency of
the narrow band filter). In addition, the curves shown in Figs. (B. 5)
and (B. 6) are determined through calibration. From these curves it
is possible to interpret the true output voltage values of the narrow
band filter from the voltages appearing at the output terminal.
External averaging is often required in the harmonic analysis of a

random signal.

B-2c. Recording Instruments

The basic recording item used in measuring the power spectral
densities is the B & K type 2417 random noise voltmeter, which is
developed mainly to measure the rms value of the narrow band
random noise or vibration signals. The built-in time averaging
integrator allows a time constant up to 100 seconds. These long inte-
gration times are necéssary in narrow band vibration work in order
to obtain a good estimate of the mean square value of the signal. An

additional D. C. output is provided for the voltmeter so that it is

possible to record the mean square value on a recorder. This
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recorded signal can be further processed so as to reduce the

estimated error.
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APPENDIX C

A PROBABILITY DISTRIBUTION ANALYZER

C-1. Theory

The basic properiies of a probability function have already been
discussed (Section 1. 2). For a stationary continuous random signal
x{t) the probability that x(t) will assume a value between the amplitude
level x and xtdx at time t is p(x)dx where p(x) is the probability density
function. A probability density function p(x) could also be defined as

the derivative of the probability distribution function

p(x) = LX)
x (. 1)
P(x<X) :/ p(x)dx
-0

The probability distribution function P(x < X) is defined as the
probability that the random variable x(t) has a value less than a
predetermined amplitude level X in the time interval 0 <t < co.

To determine the probability functions experimentally, it is
necessary to take measurements along the time axis. This is due to
the following equivalent definitions given to the probability functions.

The probability density of a random variable x(t), which has a
value falling in the interval (X, X+A X) during a time interval 0< t< oo,

may be defined by

[0.0]
p(X) = lim i Z (X, AX) (C. 2)
IT—w i=1

AX—0
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where ti(X’ AX) is the time interval during which the random variable
x(t) falls within the amplitude window (X, X+AX), and is dependent on
the level X as well as the width of the amplitude window AX. In real
situations, the rigorous probability density defined by Eq. (C. 2) is
clearly not accessible to direct measurement. This is because:

1, It is impossible to have measurements taken over a time
interval which is infinite.

2. The amplitude window AX should not become too small in
practice.

3. The measurements can only be taken over a limited range
of amplitudes, and it is impossible to obtain data when the instantaneous

amplitude value is very large.

The probability density function is then estimated from
n
__1 Z
p(X) = TAX ti(X’ AX) (C. 3)
i=1

where T and AX are finite and n is a large but fixed number. A
schematic diagram for the relation given by Eq. (C. 3) is shown in
Fig. (C.1).

In many engineering applications it is often convenient to know
the probability of a continuous random variable x(t) which has a value
larger than the preset amplitude level X. In this case the probability

distribution function may be defined as the following:

' [0 0)
P(x2X) = lim -% Z T.(x)
T—> 0 izl
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where T i(X) is the time interval within which the random variable
x(t) exceeds the level X. In real situations, the measurement time
cannot be infinitely long. The probability distribution function in this

case may be estimated from

1

P(x=X) == T.(X) (C. 4)

1

s

i=1

where T is a finite time interval and n is a large fixed integer. A
schematic illustration for the probability distribution function given
by Eq. (C.4) is shown in Fig. {(C.1). Note the absence of an amplitude
window in the diagram.

The experimental effort is directed toward the analysis of the
probability distribution function rather than the probability density
function. This is .beca.use:

1. Probability density analysis requires the setting up of a
narrow amplitude window which is difficult to construct in practice
(the commercial probability density analyzer made by B & K
Instruments has a narrow amplitude window in the order of 0.1 volts).
Probability distribution analysis, on the other hand, does not require
such a setup.

2. There are two parameters, namelf the total time interval T
and the narrow amplitude window AX, involved in the statistical error
estimate for the probability density function. On the other hand, in
me asuring the probability distribution function, only one parameter,

the time interval T, need be considered in the estimation of error.

3. Probability distribution data can be readily interpreted by
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an engineer who does the design work.

The relative ease in obtaining, by experiment, the probability
distribution function does not mean to play down the role of the
probability density analysis. The probability density function, which
is very important in the analytical work of probability, can always be
determined from the distribution function by simple differentiation

{some pathalogical cases are excluded).

C-2. Instrumentation and Procedures

The probability distribution analyzer used in the experiment is
made up of the following components:

1. \Amplitu_de distribution analyzer.

2. Frequency counter and timer.

3. Bistable multivibrator.

4. ‘Ope'ratiOnal amplifiers.

5. Rectifier.

A schematic diagram for the probability distribution analyzer is
presented in Fig. (C. 2). The types of instruments used are listed
in Table (C.1). Their respective performance characteristics are
described in the following paragraphs.

The amplitude distribution analyzer (Quan-Tech Model 317) is
used primarily to measure the amplitude distributiOn of a non-
repetitive or random signal. It is essentially a variable amplitude
Schmitt trigger which emits pulses when the input voltage signal

crosses a preset amplitude level. In other words, there will be a
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TABLE C. 1

Instruments Used for the Probability Distribution Analyzer

Item Type Manufacturer Model Number
1 Universal ERPUT & Beckman Instruments 7350ACU
Timer 7350
2 Sine Wave Generator Hewlett & Packard 202B

3 True RMS Voltmeter B&K Instruments 2417
}
4 Operational Philbrick K7-A10
Manifold
5 Amplitude Distri- Quan-Tech 317
bution Analyzer Laboratory
6 *Bistable CIT Vibration
Multivibrator Laboratory
1 Variable D. C. Hewlett & Packard T21A
Power Supply
8 Battery Eveready
9 Rectifier CIT Vibration
Laboratory
10 Oscilloscope Tektronix 502
11 Stop Watch Galco 80-803

e

" See the circuit diagram in Fig. (C. 3).
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positive or negative pulse depending on whether the crossing slope of
the incoming signal is positive or negative. A built-in aver aging
integrator accumulates the time elapsed from positive to negative
pulses; the rcsulting sums are averaged continuously. Thus, the
meter reads: the percentage of time the preset amplitude level is
exceeded. This is precisely the definition given by Eq. (C. 4). Under
laboratory conditions, this instrument is never used alone, since:

1. The resolution of the meter reading is poor.

2. The meter performs well only at the amplitude level where
the crossings are frequent.

3. It is usually impossible to obtain a meter reading when the
signals being analyzed have narrow frequency band. The meter
fluctuates widely in most of these cases.

External circuits are hooked up to overcome these difficulties
mentioned above. Thesc include a bistable multi-vibrator, a timer,
an EPUT counter, operational amplifiers, and a rectifier. The
bistable multivibrator (Fig. C. 3) is designed to operate as a gate
which can be opened by a positive pulse and closed by a negative pulse.
When a timecr is connected to this gate, the time ti(X), (Fig. C.1),
during which the gate is open, can be accumulated on an EPUT counter.
The accumulated sum is denoted by El‘z,‘i(X). If this sum is divided
by the total time T elapsed during th;_time of measurement, the
resulting quantity will represent the percentage of time the amplitude

level X is exceeded. This constitutes an estimate to the probability

distribution function of the given signal at this amplitude level.
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The operating principle of the probability distribution analyzer
is presented in Fig. (C. 2). The procedures involved are summarized
as the following:

1. Set up the p-robability distribution analyzer as illustrated in
Fig. (C. 2).

2. Connect the vibration signal to be analyzed to the amplitude
distribution analyzer.

3. Select discrete amplitude levels X by adjusting the controls
on the amplitude distribution analyzer so that sufficient data can be
gathered for the probability distribution curves of the given signal.

4. Record the total time f Zji(X) during which the gate is
open and the total time T during 1\x_rll'n'.ch the measurements are taken.
The resulting quantity —,lf- il Z,'i(X) represents an estimate of the

i=1
probability distribution functian of the signal at the amplitude level X.
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APPENDIX D

A PEAK DISTRIBUTION ANALYZER

To measure the probability distribution of peaks, several
instruments are employed. The system consists of a variable
amplitude rectifier, a simple differentiator, a zero crossing detector,
and a frequency counter. A complete schematic diagram for the peak
distribution analyzer is presented in Fig. (D.1). The instruments used
are listed in Table (D.1).

The variable amplitude rectifier is used to eliminate the peaks
located outside the amplitude range of interest. This is accomplished
by connecting the circuit as that shown in Fig. (D.1l), where two diodes
and a variable d. c. power supply are employed. The rectifying level
is controlle
d. c. power supply must be reversed if the rectifying level is to be
extended to include the negative values as well. The circuit con-
figuration shown in Fig. (D.1) gives very sharp corners at the
rectifying level.

Following the variable amplitude rectifier, a simple differentiator
is used to convert the peaks to zero crossings, which can be easily
detected by a zero crossing detector. However, the signal output of
the differentiator is sometimes small, and requires further amplifi-
cation in order for the signal to be detected.

The amplitude distribution analyzer is used here primarily as a

zero crossing detector. A pulse, in the order of 0.5 volts, will be
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emitted whenever the input voltage crosses the d. c. level. By
counting the total number of pulses, it is possible to accumulate the

tolal number of peaks on a [requency counter.
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TABLE D. 1

Instruments Used for the Peak Distribution Analyzer

Item Type Manufacturer Model Number
1 Variable Amplitude CIT Vibration
Rectifier Laboratory
2 Differentiator CIT Vibration
Laboratory
3 Amplifier Alinco 51-1
4 Amplitude Distribution Quan-Tech 317
Analyzer Laboratory
5 Frequency Counter Beckman Inst. 7350
6 D.C. Power Supply Hewlett & Packard 721A
7 Diodes Hughes IN 270
8 D. C. Voltmeter Greibach 500
9 Stop Watch Galco 80-803
10 Random Noise B &K 2417

Voltmeter Instruments
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APPENDIX E
(22)

PRICE'S THEOREM
In the study of the behavior of the autocorrelation function
resulting from the passage of Gaussian distributed noise through a
zero-memory nonlinear device, Price's theorem appears to be very
useful. Let x(t) be a Gaussian distributed random variable, and y(t)
be the output random variable of a nonlinear device f(x). The auto-
correlation function Ry('?:) for the random variable y(t) is now

desired. Hence
(o o] (0 0)
R(T) = E[fl)ixy) = [ [ spitny) pla, x ) ey,
-0 -00

where x1=x(tl) and X" x(tz).

Assume that each f(xj) can be represented by the sum of two

Laplace transforms(45)
~ 1 SXJ. 1 ~ SXJ.
£(xx;) —~2—1—Ti—/ Fu (s)e Jds+ ZTri_/ Fi.(s)e Jds
Cyt C;-
where oo e
Fiu(s) —_-/ fix)e  Jax,
0 j=1, 2

X.

0
-8
- J
Fj_(s) ~/ f(xj)e de
-0

Thus the autocorrelation function can be written as

2 .
/ / F]i(sl)FZj:(SZ)Mxlx (sl, sz)dslds2

1
vy Zm) A c 2
I+ T2+
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where

- 1 2 2 2
MXIXZ(Sl, SZ) = exp [mx(slﬂ“sz) + 5 T lsy +Zpslsz+ s,7) ]

where m_ and Q‘Xz denote the mean and the variance of the random

variable x(t). Let us now take derivatives of Mxlx (sl, SZ) with

2
respect to the autocorrelation coefficient, we have
o =5, M (s;.s,)
—‘—551;— =8 s, Ty x %5 51+ 5,
therefore
2
dkRy(t) Cj_xk // k k ‘
de = (Z-n'i J sl SZ FL-t(Sl)FZi(SZ)Mxlxz(sl’ Sz)ds]-ds2
Cit C,
Since
5X.
fx) = [ Fa)e s
J J
C
then

dkf(x.) Kk X,
l -/ s"F.ls) e Jds
dx. J

J C

Finally we arrive at Price's theorem

a*rR_(7) ok .dkf(xl) dkf(xa)
“"‘d‘YT = Jx E{ Wk Tk J
0 % 2



