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Aa lavestigadou of Priadpals' Use of Data in Data-Driven Decision-Making 
and the Impact on Student Ac:hJevemeot 

Jimmy K. Byrd, University of North Texas 
Colleen Eddy, University of North Texas 

The passage and implementation of the No Child Left Behind Act {NCLB, 2001) ushered 

in a new era of educational accountability and school improvement Schools are held accountable 

to meet adequate yearly progress that requires educators to closely monitor student perfonnance 

on high-stake assessments. Further, NCLB significantly increases the pressure on states, districts 

and schools to collect, analyze and report data. Accountability demands are increasingly forcing 

school leaders to explore student-level data and to complete more sophisticated analyses. Data

driven decision-making (DDDM) has become an emerging field of practice for school leadership 

(Streifcr, 2002) and a central focus of education policy and practice (Mandinach, Honey, & 

Light, 2006). Nationwide standards-based control and outcome-based funding have brought 

DDDM to the top of every principal's agenda (Leithwood, Aitken, & Jantzi, 2001). 

The extensive use of DDDM in policy and practice at schools reveals a strong need for 

research on the cwrent realities ofDDDM practices and how those practices impact student 

achievement DDDM is a critical issue in both practice and research, yet swprisingly little 

empirical research has actually been conducted on these issues, especially from the principal 's 

perspective (Luo, 2008). In addition, university preparation programs are facing increased 

scrutiny as principals are facing new roles and heightened expectations, requiring new fonns of 

training. In particular, the demand that principals have a positive impact on student achievement 

challenges traditional assumptions, practices, and structures in leadership preparation programs 

(Lashway, 2003 ). In fact, there is little evidence that current coursework in traditional 

preparation programs directly connects practices to principals' on-the-job perfonnance or to 
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student achievement (Browne-Ferrigno & Muth, 2004). A recent survey of principals supports 

this notion. Butler (2008) found that two-thirds of 500 principals surveyed believed lhat typical 

graduate leadership programs "are out of touch" with today's realities. Butler's finding is 

alarming as we are in an era of high-stakes ex.am where principals are required to use data 

analysis in DDDM, yet many have to learn these skills on the job. To exacerbate the dilemma, 

data analysis skills are not taught to future principals in many pre-service preparation programs 

even at this late date. 

Theoretical Framework 

DCl"Vin's (1983; 1992) Sense-Making Theory provides a useful theoretical framework for 

this study. Dervin's model views infom1ation behavior in terms of a situation, a gap and ·an 

outcome, with infonnation being used to bridge the gap and achieve the outcome. This 

framework, with its recognition of the importance of understanding how the information helps 

the user '4make sense'' of a situation, highlights the role of information use. 

However, in subsequent discussions ofDervin's work (e.g., Choo 1993; Wilson 1999), it is often 

the classification and articulation of information needs (i.e., the nature of the gap) that is 

emphasized. Wbile need and use are clearly linked since information is needed to fulfill a use, 

there is a shift in perspective and emphasis depending on whether the focus is on needs or uses. 

Discussion of need tends to highlight the purpose for which the infonnation is sought - the goal 

or objective - but does not usually extend to including exactly how the information is applied to 

achieving the goal. Shifting the focus to use can highlight the latter. 

Sense-making theorists argue that the meaning of infom1ation is not self-evident; rather, 

individuals need to construct their understanding of the meaning and implications of the 

evidence at band. Theorists do this by fitting new infomwion into their pre-existing 
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understandings or cognitive frameworks (Porac, Thomas, & Baden-Fuller, 1989; Weick, 1995). 

Keonedy (1982) calls these frameworks working knowledge, or. "the organized body of 

knowledge that [school] administrators and policymakers use spontaneously and routinely in the 

c:ontext of their work. It includes the entire array of beliefs, assumptions, interests, and 

experiences that influence the behavior of individuals at work" (p. 1 ·2). Thus, interpretation of 

evidence is mediated by an individual's beliefs and experiences. 

In addressing the areas of principals' DDDM practice, the Educational Leadership 

Constituent Council (ELCC. 2002) standards were~ as the framework for this study, through 

which high school principals' DDDM was examined in the context of improving student 

acbievemenL The National Policy Board for Educational Administration published the revised 

Standards for Advanced Programs in Educational Leadeisbip in 2002, which were developed and 

revised by the ELCC (2002) and adopted by the National Council for the Accreditation of 

Teacher Education (NCATE, 2002). The ELCC standards serve as school leadership preparation 

program standards and can be used as a cornerstone for the professional development of existing 

school administrators (Murphy & Shipman, 1998; Murphy, Yff, & Shipman, 2000). Compared to 

the old standards, the revised standards have more emphasis placed on school administrators' 

ability and knowledge in using data where DDDM is integral to school administrators' skills in 

all the area standards (Lou, 2008). While state and national standards recommend principals 

practice DDDM, it is not clear how principals use data to improve student achievement. 

Therefore, the purpose of this study was to detennine how principals' use of data in the DOOM 

process affects student achievement. 
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Review of Literature 

In an effort to address the needs of an ever increasing diverse student population, school 

leaders are compelled "lo have enough infonnation at hand to know where problems exist and 

how to best solve them11 (E-lead. 2009, p. 4). ODOM in the context of schools involves a process 

of collecting. disaggregating and analyzing student data. This collection of student data, 

according lo Cradler (2009), serves "to infonn decisions related to planning and implementing 

instructional sttategies at the district, school, classroom, and individual student levels" (p. l ). 

This process is "more than an accountability tool; it is a diagnostic tool (Doyle, 2003, p. l) that 

requires school leaders to be data and data analysis literate. 

Proeessing of information is a vital aspect of human behavior and is a critical input to the 

decision process (Taylor,1986). Oervin (1992) posited that making sense of the data (seose

making) is an active two-way process of fitting data into a frame (mental model) and titting a 

frame around the data. Neither data nor frame comes first; data evoke frames and flames select 

and coIUlect data. 

Data analysis skills related to principals' education background and training experience 

seem to be a critical element influencing principals' infonnation beh&viors ofDDDM (Cboppin, 

2002; Mason, 2002). If principals are to "incorporate the infonnation into their cognitive maps or 

repertoire of strategiest they must attend to it and have sufficient knowledge and ability to 

interpret it" (O'Day, 2002, p. 299). While school leaders may fear or even loathe quantitative or 

qualitative analysis, DDDM based on rigorous statistical measures requires an understanding of 

the statistical principles that underlie the decisions being made (Earl & Katz, 2006). Thus, it is 

the priority ofDOOM for principals to have a basic understanding of applied statistics, data 

analysis skills, and other necessary computer skills (Thornton & Pen:eault, 2002). The 

\ 
I 
I 

! 
I 
t 

I 
I 

t 
\ 

69 

importance of principals' having these skills is further underscored by Hoyle, English, and Steffy 

(1994) who submitted that successful school leaders are skillful at interpreting and conducting 

research, evaluating programs, and planning for the future. 

DOOM is an interactive, multifaceted, and contextual practice within the school 

organization. Decision makers, the uses of data, and the context within which decision makers 

make choices are interrelated. The situational context of infonnation acquisition and use through 

which decisions are made are critical in understanding organizational decision making (Dervin, 

1992). 

To develop schools organizationally, effective leadership requires local educators to use 

data effectively to influence decisions based on particular sets of needs and circumstances 

(Leithwood, Begley, & Cousins, 1994). Without such local discretion, school improvement 

would probably be frustrated, and school perfonnance would suffer (Hallinger & Heck, 1998; 

Leithwood, 1994; Marks&. Printy, 2003; Mohnnan, Wohlstetter, &. Associates, 1994). Because 

data abound, principals must become data savvy in using student-level data in making infonned 

decisions. Maxwell (2004) submits that collecting data and analyiing the data is the linchpin of 

both district and campus improvement initiatives, and part of the reason that exemplars of .. best 

practic~" are using data to manage a wide range of school functions, especially those directly 

related to student achievement 

The quest for quality education during the past five years has resulted in a nwnber of 

initiatives, which have made significant demands on principals in public sector schools, amongst 

which is the practice of accountability. Hence, school leadership in the context of accountability 

requires a paradigm shift, moving fi:om the traditional concentration on maintenance and 

hierarchy, to change, collegiality, teamwork, and instructional improvement at the classroom 
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level. More succinctly, principals must understand how to establish a shared vision and design 

professional development opportunities that involves everyone to ensure that decisions are 

aligned with the shared vision and all decisions are indeed data-driven. 

Shared Vision 

Across mainstream educational leadership literature, the tenn vision bas had two primary 

definitions: (a) a leader's image of the future and (b) change goals. Translating vision into 

practice has become increasingly difficult (Ylimaki, 2006). An important aspect of vision is the 

notion of "shared vision." Studies have shown that it is the presence of personal vision on the 

part of a leader, shared with members of the organization that may differentiate true leaders fiom 

mere managers (Manasse, 1986). Therefore, a leader's vision needs to be shared by those who 

will be involved in the realization of the vision. 

Regarding teachers' use of data for instructional planning and feedback, Young (2006) 

found that school leadership interacts with the nonnative work arrangements within teachers· 

grade--level teams. Young demonstrated how shared leadership focused on data use affected 

teachers' motivation for using data and "correspondingly loosens or tightens the connections 

between data.driven rhetoric and teachers' data practices" (p. 532). Young defined leadenhip as 

agenda setting.. a term she chooses to mean articulating general reasons for using data and 

specific expectations for particular data, modeling data use, scaffolding teachers' learning about 
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data use, and structuring collaborative time for data use. Young also suggested that both depth of f · 

activity and breadth of collaboration are important developmental considerations that school 

leaders can influence. Particularly in the important early stages of any new implemeotation, 

leaders of schools can "structure team interactions with instructionally relevant activities" 
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(Yom1g, 2006, p. 543) so that teachers practice new strategies even as they forge new 

collaborative norms to attain the shared vision. 

Professloual Development 
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Student achievement data point out professional development needs for individual schools 

and teachers. However, if data are to provide meaningful guidance in the process of continuous 

improvement. teachers and administrators require professional development regarding data 

analysis, designing assessment instruments, implementing various fonns of assessment, and 

understanding which assessment to use to provide the desired information. It takes time for 

teachers and principals to learn new skills and behaviors. One-shot work.shops will not 

accomplish the goal, no matter how good the workshops are. People need to focus their efforts 

over time until new behaviors become internalized. Individual teacher growth can improve 

student learning, but whole school professional development bolds promise for raising the 

achievement levels of all students (Walker, 2007). Because the pre•service preparation of 

principals in assessment and data analysis has been weak or nonexistent, educators must have 

generous opportunities to acquire knowledge and skills related to formative classroom 

assessment, data collection, data analysis, and data-driven planning and evaluation (NSDC, 

2009). According to Dervin 's Sense-Making Theory, DOOM requires infonnation and the 

proper interpretation of the results to bridge the gap and achieve the intended outcome. While 

on•the--job intemshlps offer pre-service administrators a glimpse of the requirements for the 

position, they do not offer ample time to learn everything about the job prior to practicing, 

including how to use data to design professional development opportunities around the use of 

data (Peterson, 2002). In a comparison of three urban school systems, Firestone, Mangin, 

Martinez. and Polovsky (200S) suggested that district offices can influence teaching through 
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professional development. District and campus leaders can structure their programs to provide 

coherent and content-focused professional development However, given the many demands 

placed on the principal, it is not clear how principals use data to detennine professional 

development opportunities for teachers to improve student achievement 

As states have grown more influential by developing standards for curriculum, student 

perfonnance and assessment. school districts and schools have had to yield considerable 

autonomy, becoming accountable to the state for a range of student outcomes (Conley, 2003; 

Fuhrman & Elmore, 2004). Failure to meet state and national academic assessments can subject 

districts to takeover and schools to reconstitution. Intensifying the pressures of this high-stakes 

environment. local stakeholders, such as parents and businesses, have also demanded improved 

student performance. In response, community and school boards often establish their own sets of 

goals for schools (Firestone & Shipps, 2003). 

Principals Use of Data 

Although NCLB requirements involve the use of data to make decisions to assist teachers 

to impact behavioral change to ensure students graduate college and workfon:e ready and reach 

intended goals, studies have shown that principals lack the knowledge to properly analyze data. 

Reeves and Burt (2006) found that principals were concerned about the use of data analysis due 

to lack of training among both principals and teachers. In addition to the frustrations of ptincipals 

that are not sure exactly what data to use or how to use it. the frustrations of teachers' abilities to 

use the data abound as well. Many principals that are inadequate at collecting. analyzing and 

using data themselves have even more difficulty in leading their teachers through the DDDM 

processes necessary to affect behavioral change in the schools (Reeves & Burt, 2006). 

73 

Data use essentially sets a course of action and keeps a staff on that course to school 

improvement and student success. Further, the wealth of data from assessmc..-nts of student 

achievement, as well as infonnation available from other evaluations of student and school 

performance, can create a divide or gap between what is currently being done and what needs lo 

be practiced to improve student perfonnance. While the elements of Dervin 's theory are common 

place in schools (a situation, a gap and an outcome, with infonnation being used to bridge the 

gap and achieve the outcome), the interpretation and use of data among principals to improve 

student achievement is uncertain. This is further exacemated by the fact that most university 

principal preparation programs do not place a strong emphasis on ensuring that principals have 

data analysis skills. The expanding nature of infonnation accessibility requires school and 

district leaders and teachers to analyze and interpret multiple forms of data that theoretically 

result in substantive changes. 

While there bas been much rhetoric surrounding the quality of principal preparation 

programs (Browne-Ferrigno et al, 2002; Levine, 2005; Maxwell, 2008; Ti.rozzi, 2001), and given 

the increasing demands placed on school leaders by NCLB to improve student achievement. the 

question of how principals use data to improve student achievement once they are in the field has 

taken on heightened significance (Browne-Ferrigno & Muth, 2004; Butler, 2008). Therefore, the 

purpose of the current study was two-fold: J) to detemune how principals use data; and 2) to 

detennine the impact of principals' data use on student achievement 

Method 

The participants in the current study included 375 principals from 8 large urban districts 

aaoss the state of Texas with an average enrollment of81, 254 students. Among the 375 

participants, 26S (70.7%) were female, while 110 (29.3%) were male. Regarding race. S7 
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(15.2%) were African.American, 13S (36.0%) Anglo, 141 (37.6%) Latino, 2 (.S%) Native 

American, while 40 participants (10.6%) were classified as other. 

The majority of participants (n =249, 66.4%) were employed in elementary campuses, 

while 56 (14.90/i») were employed as principals in middle schools and 70 (18. 7%) were principals 

in high schools. Average tenme among participants in the current position ranged from 3.43 

years (SD= 3.23) among junior high principals to 4.32 years (SD = 4.66) among elementary 

principals. In addition, the average experience as a principal among the total participants was 

8.39 (SD= 6.49), while average length of tenure at the current campus was 4.17 (SD= 4.37). 

Table 1 

Average Tenure as Principal of Cunent Campus and Years as Principal by Campus Type 

I 
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=====================;============' 
Te.nun: as Principal at Cum:,u Campus Y cars as Certified Principa.l 

Campus Type N Meao(Yean) Std. Deviation N Mean (Years) Std. Dcviatim1 

Elcmcucary School 249 4.32 4.66 249 8.43 6.70 

Middle Sehool S6 3.43 3.23 S6 7.89 6.12 

High School 70 4.20 4.07 70 8.63 6.06 

Toca) 37S 4.17 4.37 31S 8J9 6.49 

Regarding the highest degree obtained, 343 respondents (91.4%) held a Master's degree 

while 32 (8.6%) held a doctorate degree. The majority of participants were trained in traditional 

university certification programs (n = 352, 93.8%) while the remaining 23 participants (6.2%) 

were trained through alternative certification programs. Note alternative certification programs 

included both private providers and regional educational service centers throughout Texas. 

Data collection for this study included an online swvey designed to determine how 

principals use data and student achievement data (campus-level), which was obtained from the 

Texas Education Agency. In addition, two focus group sessions were conducted in each of the 

15 

eight districts with one focus group comprised of a random sample of 15 teachers and the other 

comprised of I 5 principals that were representative of the campuses panicipating in the study. 

Initially, permission to conduct the study was obtained by the superintendent of each 

panicipating district. Subsequendy, a cover letter describing the project with the survey link 

embedded in the letter was sent to SOO principals seeking their participation in the study. After 

two weeks elapsed, 276 principals responded with a response rate of SS.2%. A follow-up letter 

with the swvey link included in the letter was sent to participants that did not respond in the 

initial two,.week period. The follow.up letter yielded an additional 12S respondents with only 99 

complete and useable swveys. The final total included 37S participants with an overall response 

rateof7S%. 

lmtru.meatadon and Variables 

The Principal Data Use insttument utilized in the current study was derived from a 

thorough review of the literature and the ELCCINCATE (2002) leadership program standards. 

The instrument asked participants to rate their use of data in three key areas that included: (I) 

how they use data to improve student achievement, (2) how they use data to shape the vision, 

and (3) how they use data to design professional development for teachers. It was assumed that 

all participants defined data similarly in their responses. Participants rated the frequency of their 

use of data based on a coaesponding 4 choice scale that included 1 = rarely or never, 2 = 

sometimes, 3 = often, and 4 : always. 

Q. nten.t Validity 

Initially, the Principal Data Use instnunent was comprised of20 questions. A review panel 

consisting of 25 practicing principals, 3 university professors in educational leadership, and 2 

profeuors in educational psychology reviewed the instrument. After a thorough review, two 
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questions were deemed inappropriate for the survey based on the questions' content, and three 

were determined to be redundant. After deleting the five questions that were concerns to the 

panel and tweaking the wording based on the panel's recommendation, the final Principal Data 

Use instrument included a total of 15 items. 

Construct V alidlty 

To determine the underlying structure of the instrument, principal component analysis was 

conducted utilizhlg a Varimax orthogonal rotation. Based on the principal component analysis 

and the results of the Parallel analysis (OtC01U1or, 2001), it was detemuned that the instrument 

was indeed measuring three underlying constructs. Construct I included four items measuring 

principals' use of data to improve student achievement (ELCC, 2002; Standard 2 and 4), 

Construct two included eight items measwing principals' use of data to shape vision (ELCC, 

2002; Standard 1 and 6), and construct three included three items measuring principals' use of 

data to design teacher professional development {ELCC, 2002; Standard 2 and 3). Reliability for 

the total instrument (as measured by Cronbach's alpha) was .908. Regarding reliability of each 

construct, reliability for construct 1 = . 78, construct 2 = .89, and construct 3 = .80. 

Outcome Variable 

In the current study, student achievement was measured by two indicators which included 

the percentage of students passing the Tex.as Assessment of Knowledge and Skills (TA.KS) 

reading and mathematics assessments at the campus level. The TA.KS is a comprehensive testing 

program for public school students in grades 3· 11. The TA.KS is designed to measure to what 

extent a student has learned, understood. and is able to apply the concepts and skills expected at 

each tmted grade level. Each test is linked directly to the Tex.as Essential Knowledge and Skills 
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(TEKS) curriculum. The TEKS is the state-mandated curriculum for Texas public school 

students (TEA, 2008). 

Procedures/Data Analysis 

Initially, descriptive analysis was conducted among the survey items. Subsequently, 

structural equation modeling (SEM) was conducted to determine how principals, use of data 

affects student achievement AMOS (version 18) was used for all analysis. 

77 

SEM is primarily aimed at studying the relationships among sets of variables, which can be 

either observed or unobserved. Further, SEM is used as a confinnatory more than an exploratory 

modeling method, and thus allows researchers to test hypothesized models and modify them 

subsequently according to theory and sample-based evidence. As a confirmatory technique; SEM 

requires a substantive theory underlying the hypothesized model and a representative sample for 

data analysis. When the model fit is not satisfactory, theoretical justifications are needed to 

revise the model, in addition to the mere statistical modification indices (Hancock & Mueller, 

2006). 

Results 

The descriptive statistics of overall mean scores and standard deviations for each of the 

three constructs of the Principal Data Use instrument are displayed in Table 2. In addition, 

reliability of each construct is provided in parentheses. 

The overall mean scores indicated that principals frequently use data to improve student 

achievement, shape the vision, and design teacher professional development. The largest mean 

was associated with principals' use of data to design professional development for teachers 

(M = 3.29. SD =.592). In comparison, the lowest mean was associated with principals' use of 

data to improve student achievement (Mean= 3.20, SD= .79). While there were nominal 
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differences between subscale scores, the results of the Factorial Analysis of Variance (ANOVA) 

revealed no statistically significant differences in frequency of principals' use of data across 

campus levels (i.e., elementary, middle or high school). 

Table2 
f. 

Means and Standard Deviations of the Principal Data Use Constructs and Individual Items l' 
Jt.em M' so· · l 
Priaapil Uscs Dl&lto lmpivvcStudait Adiiewmcnt(rl • .71) 

1. I umtlvetd»ol mff,, 1111dam, Cid xbool ~to daamim: how diffi::riq ~ mlapCl die daa. 

2. I conduet focus 1J011P$ l0 di& da:pc:r mm lhc data wlyti.s rauUs. 
3. Smdasl-lm:I elm a llll!yzaS ia cc:="e abject ur.u rep.lady (l,S lime:& a ya:}. 

4. Cohen-level elm iunaJyzcd ia coni svbject &RIil rqwady (l-J 1ima • yar).. 

PriJq,:d Uses Dm to SJ:iape Visioa (G • .89) . 
5. I l:llllllm ICldt.m.ic mcvcmall al diff'aait plde lc\lds O\IU mu!tiplc time poial.s whc:o aaaly:mc daa. 
6. Priaapabmdcampa>lftdlf&tfbnedftdcpal~~li$SIISUIICIIU&bptl0 ~. 
~ ct !cllll 2 times per yar ill an aitrja:11. 

7. I eumirlc"lqzmgiadicatun,'"aucb1uawuoh111ai.alTAKS, 10mady pm ~praaica. 
8. I c:um.iac"k:ldil:t&~·adla rauluof ~~to i:.'lbm immediate~ 

dciciscam. 
9. I pltis elm in du: cJ.usrocm 111d bold data-driven mcctmp ID bdb:r midast.uid Sllldcas' pmcR$$ tGW&ni midall 

d:incmall pk. 
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Table 3 displays the results of the percentage of students passing the TA.KS mathematics r. 

and reading assessments at the campus level. The greatest percentage of students passing T AKS · I:._,_,_· 

math and reading was associated with the elementary schools. In contrast, the lowest percentage 

t 
f 

i'· .: 

of students passing both state-mandated assessments was associated with high schools. The 

results mirror the state averages where high schools tend to have a lower percentage of students 

passing each of the T AKS assessments, while elementary campuses continually have a larger 

percentage of students passing each of the state,.mandated assessments. 

Table J 

Means and Standard Deviations of the Percentage of Regular Education Studems Passing 
Reading and Mathematics TAKS 

Ma!h Reading 

Campus Level N M SD M SD 

Elem. School 249 83.10 9.279 87.04 7.932 

Middle School 56 72.61 11.287 87.93 S.353 

HighSchool 70 54.46 17.690 79.86 t0.822 

Total 375 76.18 15.989 85.83 8.709 

Structural Equation Model 

79 

The analysis employed a fully recursive SEM model, which tested principal data use 

constructs (latent variables of the three subscales of the Principal Data Use instrument) on 

student achievement. By estimating the most likely relationships between variables, the model 

was also modified by adding paths of statistical significance between the variables that made 

theoretical sense in order to improve the fit witil a final best model was obtained . 

Model fit indices, including the comparative fit index {CF() and the root means square error of 

ap;>roximation (RMSEA), were examined to determine bow well the model fit the data The 

~~ revealed a RMSEA of .048, while the CFI value was .97. 

The RM SEA is a measure of the approximate fit in the population and is concerned witb 

lbe discrepancy due to approximation (Steiger, 1990). The RMSEA is bowid below by zero. 

Aecording to Steiger {1990) and Browne and Cudeck (1993), a "close fit" is a RMSEA value 

less than or equal to .OS. Further, Browne and Cudeck consider RMSEA values < .OS a good fit, 

values between .OS and .08 as an adequate fit, and values between .08 and . IO as a medi(,cre fit, 

whereas values > . IO were not acceptable. Although there is general agreement in the fiold that 
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the value of RMSEA good model fit should be .05 or less, Hu and Bentler ( 1999) suggested an 

RMS EA cutoff value of less than .06 as an indication of good fit of the model to the data. 

The CFl ranges from zero to one with higher values indicating better fit. A rule of thumb 

for the CFI index is that .97 or greater is indicative of good fit relative to the independence 

model, while values greater than .95 may be interpreted as an acceptable tit (Hu & Bentler, 

1999). 

The resuhs of the final SEM model displayed in Figure I revealed that principals' use of 

data to design teacher professional development had a statistically significant positive impact on 

student achievement ( 17 .288, p < .01 ). Note: path parameter estimates measure the degree of 

effect produced by one variable on the arrow-pointed variable. In contrast, principals that use 

data to shape the vision bad a statistically significant negative impact on student achievement 

(-11,879,p < .01). lntercstingly, principals' direct use of data in isolation without teacher 
f 
I 

t 
collaboration to improve student achievement had no effect on the outcome variable (5.362, NS), l 
net the effect of the remaining variables. Note that campus level and campus socio-economic 

status was negatively associated with student achievement However, principals' use of data to 

improve student achievement bad a positive statistieally significant impact on principals' use of 

data to design teacher professional development, which indirectly impacted student achievement 

( .83, p < .OJ). The results indicate that principals using data to monitor student achievement in 

collaborations with teachers to design profe.monal development is associated with increased 

student achievement. While the focus group discussions and evidence provided by principals 

regarding how principals use data were not clearly aligned with improving student achievement 

(i.e., using data that was a year behind and using fonnative assessments that were not 

psychometrically sound), the finding does support Young's (2006) notion that shared leadership 

i 
t 
t 
i 
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focused on data use affects teachers' motivation for using data and "correspondingly loosens or 

tightens the connections between data-driven rhetoric and teachers'' (p. ?) data practices. Teacher 

focus groups revealed that teachers on campuses where principals regularly analyzed data and 

discussed the results with teachers were more likely to teach the required content. While the data 

being analyzed by the principals may not have been statistically sowid. the fact that teachers 

were aware that their results were monitored increased teacher urgency to ensure that students 

were learning. This awareness appeared to have a greater impact on teachers work in the 

classroom than did the application of the results derived from the principals' analyses to the 

classroom setting. 
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Figure 1. Principal's Use of Data and U1e Impact on Student Achievement 
(sample size =375; chi-square ~IOI .025; degrees of freedom = 114; probability lc!vel :=.196; 
RMSEA :=.048; CF! :=.97; Esttmator = WLSMV) 

NOTE: RMS~ '!'JOOI mean square aror of approximation; CFI ~omparati,e fit index: 
WLSMV• weighted least squan:s mean and variana: adju sted; NS • not statiStically significan1· 
c • error; q - question (sec Table 2). ' 

In summary, teacher awareness U1at tlle principal is regularly monitoring classroom 

perfonnancc was positively associated witll increased student achievement. However, tlle results 

oftlle principal focus groups and the SEM analysis revealed fuat principals do not have the 

requisite skills to properly analyze data and apply Ute results to tlle classroom. While one-shot 

professional development opportunities for principals arc plentiful, which arc often taught by 

individuals tllat generally do not have tlle requisite skills, tlle only logical place to ensure 1)lat 

principals are proficient in analyzing data and applying the results to Ute classroom setting is 

during the training program. In U1e era of accountability, university preparation programs m : 

refuink how tlley are currently preparing principals and include data analysis courses tllat are 
. t 

taught by experts in tlle field. Proper data analysis and application of results coupled with t~ he 

awareness could be a very powerful combination. 

Discussion 

The results offue current study indicated tl1at principals often use data to improve s ~ col 

achievement, shape the vision oftlle campus, and design teacher professional developmeo: 

\bO 
However, the SEM analysis results revealed that the path from principals using data to sh.:l~ e 

vision to student achievement was negative (-11.879,p < .01). A plausible explanation foe -@e 

finding could be attributed to the fact tliat translating vision into reality can be difficult ~ · 

1,a-e!S~ 
20'16). This is especially true iftl1e vision is not developed in collaboration witll stakeb 

Young (2006) clearly points out. ~ 

Focus groups conducted in each of the districts witli a randomly selected grou p of~ 
t,Y 

representing the participating campuses further revealed tliat the vision was largely i ~ 

teachers on campuses where the vision was not developed in collaboration with st~ ,z,!!,-

Further, focus group members from tliese same campuses voiced conce rns that the ~ ~ 
. . ~ 

disconnected with the actual work talcing place in the classroom and bas ing dec1S1J 

tll

at 

was not an accurate representation of actual student learning. In eac h of the ei 

pa.rticipating districts, fom1ative assessments were developed at the di~ Ct level :ti~ ~ ~ a;;:::;.;;,..- ~ 

administered at least 3 times per year. However, tlie formative assessfi'\'.e nts were ' 11 ~ 
~~~~ 

seriously by teachers. Teachers indicated that the assessments were poo rly desi 
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accuraie reflection of what was taught during the interim between assessments. Yet, principals 

continually used the data derived from the assessments to make instructional decisions. 

According to Dervin's Sense-Making Theory, information is used to bridge the gap between the 

situation and an outcome. However, the information used to bridge the gap in such a high-stakes 

environment should be accurate. 

The results regarding principals' using data to improve student achievement did not have a 

statistically significant direct effect on student achievement. Focus groups conducted among 

principals in each participating district revealed that principals were primarily reviewing prior

year test results, which can be considered "autopsy-type reports" and formative assessment 

results during the year with little or no teacher input. While reviewing past-year data is not 

necessarily wrong, it can lead to erroneous decisions given that the tests are normed at the grade

level and not linked from year-to-year. Further, after in-depth probing, it was detennined that the 

fomintive assessments were not producing accurate results. More succinctly, the tests were not 

taken seriously by teachers or students due to the inadequacies of the formative assessments 

discussed earlier. Interestingly, principals were aware of the inadcc1uacies of the formative 

assessments. but continu1.-d their usc of the re sult s of the ,lSSessmcnts nom:t hdcss. In short, 

principals were making decisions based on inaccurate data. As O'Day (2002) submits, "If 

principals are to "incorporate the information into their cognitive maps or repertoire of strategies, 

they must attend to it to ensure quality data and must have sufficient knowledge and ability to 

interpret it" (p. 299). The finding was consistent across campus principals from each district. 

While principals' using data to improve student achievement did not have a direct impact 

on student achievement, it did have an indir<.'Ct affect on student achievement when practiced in 

conjW1ction with principals using data coUaboratively to design teacher professional 

85 

development (.83, p < .01). ln addition, principals' using data to design teacher professional 

development in collaboration with teachers had a positive statistically significant direct impact 

on student achievement (17.286, p < .01). Both teacher and principal focus groups from 

campuses that were led by principals who were collaborative in their leadership style and 

indicated a greater focus on data use affected teachers' motivation for using data from multiple 

sources correspondingly loosened or tightened the connections between data-driven rhetoric and 

teachers' data practices. The finding is in line with Young (2006) who suggested that both depth 

of activity and breadth of collaboration arc important developmental considerations that school 

le:i.ders can influence. It is apparent, based on the findings from the current study, that principals 

who make use of DDDM in a silo will have many challenges. The findings support the notion 

that DDDM must be pmcticed in coUaboration with teachers and other stakeholders to have a 

positive impact on improving student achievement. 

While Dervin 's ( 1992) Sense-Making Theory is relevant in the context of schools, the 

data that is used to bridge the gap between the situation and the outcome must be accurate and 

come from multiple sources. The qualitative (focus groups) and quantitative fmdiogs from the 

wrrcot stud} .lf<.: importJJll for c<lu...itiou.il lwJcr:,hip prugr .uru.. Bc.;;ru.,...: thi.: pre-sr.:n a~e 

preparation of principals in assessment and data analysis has been weak or nonexistent, 

educational leadership programs must ensure that principals have the skills, preferably taught in 

the department of educational psychology, to construct assessments and analyze data prior to 

cx.iting the preparation program. Attempting to acquire the necessary skills after completing the 

preparation program in one-shot professional development sessions is no longer aCCL'Ptable. This 

is especially important in the context of high-stakes testing and the requirements ofNCLB 

(2001). 
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Based on the results of th.is study and reports calling for refonn, the field of educational 

administration must rethink what we do to ensure that the work contributes to, rather than 

detracts from, quality preparation that is connected to practice. This endeavor will require that all 

levels within the field come together to seek a mutual and complex understanding of the context 

and the stakeholders that work within. Funher, common ground must be found and shared goals 

developed around teaching principals to use scientifically-based research based on quality 

empirical data to change student academic behavior. like many issues confronting our nation 

today, the challenges facing educational leadership are complex and interconnected . Challenges 

such as retooling our programs to ensure that principals have tools to properly analyze data must 

be approached in light of their complexities. 
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Proressional Learning Communides: 
Are Schools Ready to Collaborate to Educate? 

Raebel Hawkins. Waskom ISD 
Jason Mixon, Lamar University 

Introduction 

Every school in Texas bas a comm.on goal: students must pass the state-mandated test 

called the Texas Assessment of Knowledge and Skills (TAKS). With pressure from the state and 

federal government to raise achievement scores, schools are frantically searcbiog for a program 

that will guarantee student success. Unfortunately, no program will be found because it is 

people, not programs, who make a difference in education. 

The authors selected a rural, elementary school, located in a small East Texas community 

that serves approximately 350 students: 21 % African American, 21 % Hispanic, and 58% White 

(Texas Education Agency, Academic Excellence Indicator System (AEIS) report, 2007-2008). 

Since 2002, this elementary school bas earned the rating of Recognized seven times. Recognized 

recognition is accomplished when 80% of the students master the standardized tests. Each year, 

teachers and students work diligently to raise the campus to the next level, Exemplary. 

Exemplary recognition is accomplished when 90% of the students master the standardized tests. 

Like many schools in Texas, new programs are initiated with hopes of helping all students 

succeed, yet these programs are discarded quickly as something new promises better results. In 

the past five years, the teachers at this school have witnessed several program changes. After 

spending two years developing the Craine curriculum documenE, that curriculum was promptly 

set aside to make room for C•Scope, another curriculum document designed to help educators 

teach students at a higher level, thereby giving students the tools to be successful on TAKS. 
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