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In this experimental analysis, the effects of outcome feedback on 
risk propensity were assessed within the multiple-cue-probability-learn- 
ing-paradigm (MCPLP). The individual decision maker in this task 
received outcome feedback on a decision-by-decision basis. It was 
hypothesized that information on his/her success or lack of success 
(outcome feedback) on each decision would influence the decision to risk 
(commit) resources. Hierarchical regression results revealed that after 
all other per$ormance effects had been partialled out, current outcome 
feedback explained much of the commitment decision. 

Decision makers have to make decisions which can be characterized by uncer- 
tainty, incomplete information, complexity, novelty, iteration, and the use of judg- 
ment (e.g., Taylor, 1987). Decision making in uncertain environments, without 
complete information about relevant variables and the relationships among these 
variables, has been a topic of research in the study of strategic decision making 
(Ungson, Braunstein & Hall, 1981). For some time, the Brunswik (1955) lens 
model has been promoted for examining this and other related issues (e.g., Cosier, 
1978; Taylor, Cosier & Ganster, 1979). In a laboratory setting (e.g., Cosier, 1978), 
this perspective has provided insight into decision-making processes and the 
effects of variables on decision outcomes (Schwenk, 1982). 

The Brunswik lens model is a paradigm with broad applications to the study 
of decision making. Since its introduction nearly forty years ago, the lens model 
has been the basis for hundreds of scientific studies examining a multitude of deci- 
sion-making variables. The lens model assumes that there are three basic elements 
in a decision-making event: a decision maker, information, and a decision criterion. 
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300 TAYLOR, HALL, COSIER AND GOODWIN 

As the decision maker uses information to make a judgment, he or she weighs the 
various pieces of information in terms of relevance to the criterion. The quality of 
the decision reflects how well the judgmental use of information matches the actual 
value of information. In other words, the closer the decision maker’s policy for 
utilizing information is to the “objective” relationship of the information to the 
criterion, the better will be the decision. 

Applications of the lens model have frequently incorporated a series of deci- 
sions within the multiple-cue-probability-learning-paradigm (MCPLP). The infor- 
mation related to the decision criterion is presented as a set of numeric cues that the 
decision maker uses to make prediction decisions. Because the information is not 
perfectly correlated with the criterion, the MCPLP has been suggested as a means 
to examine decision making under conditions of uncertainty (Cosier, 1983; 
Mitroff, 1974). Since decision making under uncertainty has long been of interest 
to strategy researchers, the MCPLP may provide one method of examining strate- 
gic decision variables under controlled conditions (Cosier, 1983). 

In this research note, a further explication of this MCPLP research stream and 
a more complete model of the specific decision-making task is presented. The 
results support the explanatory power of immediate feedback on the commitment 
decision in a decision task, which may be of interest to researchers desiring to 
investigate the salient features of decision making in complex tasks under 
controlled conditions. 

Prior Research and Hypothesis 

The data used for the analysis described in this study were obtained using the 
MCPLP Brunswik lens model perspective (1955). Some of the results were 
reported in an earlier study (Taylor, 1987). 

The results of the two relevant laboratory experiments using the particular 
task of interest in this paper (Taylor, 1987; Taylor et al., 1992) indicate that there 
are several effects pertinent to the topic of outcome feedback. In the first experi- 
ment (Taylor, 1987), the effects of assigned goal levels (easy, moderate, difficult, 
and impossible), numbers of suggested alternative strategies (ten, five, and zero), 
and time (a series of four decision blocks) on both performance in the decision task 
and the degree of commitment to (acceptance of) the assigned goal level, were 
tested. Goals and strategies marginally affected performance and goals signifi- 
cantly influenced commitment. More recently, Taylor et al. (1992) reported signif- 
icant goal effects on decision quality and commitment to goals within a similar 
study. These studies suggested that easier goals may lead to better performance on 
a complex task. Also, people may commit quicker to easier goals. 

Research using other MCPLP tasks has produced conflicting implications 
about the effects of outcome feedback. In a comprehensive survey article, Balzer, 
Doherty and O’Connor (1989) define task information (TI) as including informa- 
tion about the criterion values in an MCPLP setting. Thus, feedback about the 
actual value of a criterion would reflect TI. Balzer et al. (1989) conclude that it is 
TI versus cognitive (subjective) information that positively influences perfor- 
mance. In addition, York, Doherty and Kamouri (1987) suggest that outcome feed- 

JOURNAL OF MANAGEMENT, VOL. 22, NO. 2, 1996 

 at UNIV OF OKLAHOMA LIBRARIES on January 20, 2016jom.sagepub.comDownloaded from 

http://jom.sagepub.com/


RISK PROPENSITY IN AN MCPLP TASK 301 

back may interact with cue reliability to influence judgment. Other studies, 
however, suggest that decision-making biases (Brehmer, 1980), randomness or 
“noise” in outcomes (Hammond, Summers & Deane, 1973), and expertise of the 
decision maker (Benson & Onkal, 1992; Fischer, 1982) make outcome feedback 
unnecessary or harmful for making decisions. Thus, the impact of outcome feed- 
back under conditions of high uncertainty may be negative. Despite predicting 
different effects, the prior MCPLP research suggests that outcome feedback, at 
least initially, will have some type of impact on performance. 

Using other decision-making paradigms, research results suggest that 
outcome feedback may require decision aids to help with its interpretation (Klein- 
muntz & Thomas, 1987), it can influence individual decision making differently 
than group decision making (Tindale, 1989), and it can influence choice of decision 
style (Wofford & Goodwin, 1990). Outcome feedback also may interact with goal 
level to enhance performance (Earley, Northcraft, Lee & Lituchy, 1990). 

Although the aforementioned studies address important issues regarding the 
impact of outcome feedback on certain aspects of decision making and perfor- 
mance, none is specifically concerned with the influence of outcome feedback on 
commitment. Some evidence does exist, however, suggesting that luck, ability, 
effort, and task attributions affect decisions to invest resources following success 
or failure feedback (Walsh & Henderson, 1989). Also, specific feedback (Kernan 
& Lord, 1989) can affect escalation behavior (i.e., people may commit earlier as 
they become familiar with the results of their decisions)(Bowen, 1987). These 
results are pertinent to this research because in this study we examined the influ- 
ence of feedback on risk propensity, our operationalization of commitment to 
(acceptance of) the goal. This approach to commitment involved investment of 
resources, and represents an alternative way to define commitment to the typical 
questionnaire method using verbal statements. 

Commitment has been the object of various alternative definitions in the 
social science literature. Commitment has been operationalized through introspec- 
tive self-reports (e.g. asking how committed someone is to an assigned goal), the 
differences between assigned and personal goals, or inferences from performance 
(e.g. effort shows commitment; Locke & Latham, 1990). Taylor (1987) criticized 
these approaches due to: their affective, as opposed to objective measurement; their 
inability to differentiate between subjects; and their reliance on self reported 
insights. Instead, Taylor et al. (1992) argue that commitment should include a risk 
dimension that is measured based on behavior. This reflects the assumption that 
someone is committed to a course of action when they risk their resources toward 
attainment of a goal. Outcome feedback is important because it is the evidence 
upon which a person assesses their chances for future success. If, for example, 
behavior leads to outcome feedback that reflects success, then a person seems 
likely to commit to that behavior for future decisions. Conversely, behavior asso- 
ciated with failure should cause a lower likelihood of commitment to the failed 
course of action. 

The individual decision maker in this study received outcome feedback on a 
decision-by-decision basis. It was hypothesized that information on his/her success 
or lack of success (outcome feedback) on each decision would influence the 
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commitment decision (Hammond, McClelland & Mumpower, 1980) such that 
success would be associated with quicker commitment. 

Method 

Subjects and Procedures 

A total of 120 male and female undergraduate business students performed an 
individual financial prediction task force. They participated in sessions with about 
four other subjects. The all volunteer subjects were seated in front of a set of 
instructions, response forms, and four stacks of 20 3x5 cards. In the instructions, 
subjects learned that they were to assume the role of a financial analyst. It did not 
matter what their actual backgrounds were, they needed to use the information 
presented in this study to make a series of financial predictions. The stacks of 20 
cards represented four profit centers in a fictitious electronics company. On side 
one of each card, three numbers with financial labels (current ratio, inventory tum- 
over, and debt-to-equity ratio) were presented. Participants predicted price eam- 
ings (P/E) ratios using these three cues. These cues ranged from 1 to 20. Unknown 
to the subjects, they were actually equally weighted to the criterion (at approxi- 
mately a .5 correlation) and had near zero intercorrelations among themselves. The 
challenge for the subjects was to determine the best policy for using the informa- 
tion cues by processing the outcome feedback and making accurate predictions. 
Outcome feedback was the primary source for improving predictions because after 
each prediction, subjects turned over the card to side two and viewed the “correct” 
P/E value (outcome feedback). They saw for each prediction if they were correct, 
or how far off their answer was. As they proceeded through each stack of 20 cards, 
one card at a time, they attempted to learn how to use the three cues to make better 
predictions. Outcome feedback provided direct evidence of success or failure and 
thus reflected on how each subject used the cue information to predict P/E ratios. 

Participants were given the option to commit to one of four randomly assigned 
goals (easy, moderate, difficult, and impossible) in each performance block and 
earn money as illustrated in Table 1. Subjects could commit to their goals after any 
of their 20 predictions for each set of goals. Once they made a commitment, they 
would receive a payoff if they made their goal according to Table 1. Commitment 
could be made in each block and the longer it was delayed, the less the total payoff, 
but the more some partial payment was protected (e.g., earlier commitments led to 
larger potential rewards but more risk). Since payoffs were based on reaching 
assigned goals, this established the salience of the commitment decisions. The task 
took no longer than 1.75 hours to complete. Subjects were paid $8.00 each after the 
entire study was completed. Up until that time, they were told that pay was depen- 
dent upon performance. Regardless of their performance outcomes, the maximum 
was paid to all participants because of the likelihood that some of the subjects 
would find it impossible to meet the performance goal. 

Task Complexity 

The task used for this study, contrary to simpler situations where subjects can 
eventually “figure out” with relative ease what is going on if given enough time, 
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was uncertain throughout the life of the data collection period. This is because 
about 25% of the variance was left unexplained and randomly distributed through- 
out the task (R2 c .75). The task was complex because it conformed to the typology 
by Campbell (1988), in which he proposed that the probabilistic nature of informa- 
tion and uncertainty are key features of complex judgment tasks when people 
assess information and make predictions. 

Table 1. Commitment and Reward Schedules 

The following reward schedule was used in this study. All subjects were given the same 
schedule and were free to refer to it at any time. Note that 100 points is equal to $1.00. 

PROFIT CENTER (A), (B), (C), OR (D) 
INITIAL STAKE = 100 points for euch profit center 

Trial Wager Reward Protect Total Payoff/Profit Center 

1. 100 200 - = 200 

2. 95 190 05 = 195 

3. 90 180 10 = 190 

4. 85 170 15 = 185 

5. 80 

6. 75 

7. 70 

8. 65 

9. 60 

10. 55 

11. 50 

12. 45 

13. 40 

14. 35 

15. 30 

16. 25 

17. 20 

18. 15 

19. 10 

20. 05 

160 20 = 180 

150 25 = 175 

140 30 = 170 

130 35 = 165 

120 40 = 160 

110 45 = 155 

100 50 = 150 

90 55 = 145 

80 60 = 140 

70 65 = 135 

60 70 = 130 

50 75 = 125 

40 80 = 120 

30 85 = 115 

20 90 = 110 

10 95 = 105 

100 = 100 (never commit) 

Example: Let’s say you have made 9 predictions without making a wager and therefore not commit- 
ting to your goal. You now decide to commit to your goal after decision #9 and IX+-e decision #lo. 
You are wagering 55 points to gain 110 points if you make your goal; by delaying to trial ten, you have 
guaranteed 45 points minimum reward. You check the space next to #IO on your answer sheet (see next 
page). Then you draw a line through the remaining commitment spaces for that profit center. Only after 
you have done this can you proceed with making the rest of your predictions in that pwjit center. This 
same procedure applies to all profit centers. The example on the next page has two possible results: 

(I) If successful in achieving your goal, you would receive $1.55 for that profit center. 
(2) If unsuccessful in achieving your goal, you would receive 45 cents for that profit center. 

(Continued) 
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Table 1. Continued 

P/E PREDICTIONS 
Record your predictions in the proper spaces. 

P/CA P/CB PKB PKB 
CMP CMP CMP CMP 

1 - 1 3 1 - - 1 - - _ _ 
2 2 _ 2 5 2 _ _ _ _ - _ 

_ 3 2 3 3 _ _ _ 3 _ _- _ 

4 2 _4_ 4 _ 4 - _ - - 

_ 5 8 _5_ 5 5 _ _ - _ 

_ 620 _6_ _6_ _6_ 

_ 715 7 7 7 _ _ - _ _ _ 

8 4 8 8 _ _ _ _ _ _8_ 

X98 _9_ 9 - _ _9_ 

10 ._ 10 _ - 10 10 _ _ _ _ _ 

11 11 ._ 11 11 _ _ _ _ _ - _ 

12 12 12 12 ._ _ _ _ _ _ - _ 

13 13 13 __ _ _ _ 13 _ _ _ _ 

14 14 14 ._ 14 _ _ _ - _ _ _ 

15 15 ._ 15 15 _ _ _ - _ _ _ 

16 16 16 __ _ 16 _ _ _ _ _ _ 

17 17 ._ 17 17 _ _ _ _ _ _ _ 

18 18 __ 18 18 _ _ _ _ _ _ _ 

19 19 ._ 19 19 _ _ _ - _ _ _ 

v 20 _ _ 20 _ 20 - _ _ 20 _ 

Remrmhert When you decide to commit, you must mark the space on the left and draw a line 
through the rest before making a prediction decision for that month in order to validate your 
earnings. After you commit, complete the predictions in that profit center. 

Manipulations 

The design of this study incorporates a between subjects, goal level variable 
and a within subjects, prediction blocks variable consisting of four blocks of 20 
predictions each. The four goal levels reflected various degrees of goal difficulty 
as determined by prior studies (Taylor, 1987; Taylor et al., 1992). A unit of error 
was represented by a difference of one integer from the correct answer. Thus, if a 
subject predicted a P/E ratio of 6 and the correct answer was 4, this decision 
resulted in 2 units of error. Over a block of 20 predictions, subjects in the easy goal 
condition had 4 units of error as their goal; the moderate goal subjects had 3 units 
of error; the difficult goal subjects had 2 units of error; and the impossible goal 
subjects had 1 unit of error. 

Performance Variables 

A decision success variable was calculated for each of the four blocks of 20 
decisions. The number of decisions which were within the goal error rate (4 = easy; 
3 = moderate; 2 = difficult; 1 = impossible) were counted up to the time of the deci- 
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sion to commit to the goal level. If a subject committed after decision number six 
in block two, the number of correct decisions up to then was the decision success 
variable. In this specific task, it was expected that a decision maker would be less 
willing to commit unless the subject was able to make, and was actually making, 
successful predictions within the goal error rate. These decision success factors 
were labeled DSZ, DS2, DS3, and DS4; one for each block of twenty decisions. The 
higher the decision success variable in each block, the larger the number of 
successful decisions up to the point of commitment. This variable assessed current 
decision success (see Table 2). 

Additional decision success variables for each goal level were calculated from 
blocks 1, 2, and 3 to account for previous decision success. These variables were 
not calculated for block 4 since this block represented final performance and no 
subsequent performance was assessed in this experiment. A variable was created 
that accounted for the total number of successful decisions in the first 3 blocks, 
regardless of when the subjects committed. The total number of successful deci- 
sions for each block was designated CORI, COR2, and COR3 for blocks 1,2, and 
3, respectively. A second, total, cumulative variable was also calculated for all 
correct decisions over the 3 blocks. They were CUM1 (equal to CORZ), CUM2 
(CORl + COR2), and CUM3 (CORl + COR2 + COR3). These are measurements 
of total decision success (see Table 2). 

In addition, an indication of the average success rate over each block of deci- 
sions was added as a dummy variable. Individuals had been instructed regarding 

Table 2. Summary of Variables in the Hierarchical Regression Analyses 
Variable 

Goal level 

Operationalization 

Dummy variable reflecting goal level [easy (+ or - 4 units of error), 
moderate (+ or - 3 units of error), difficult (+ or - 2 units of error), 
impossible (+ or - 1 unit of error)]. 

Average and Total, Previous Decision Success Variables 

CORI, COR2, COR3 Variables reflecting number of previous correct decisions in blocks 1,2, 
and 3, respectively. 

CUMI, CUM2, CUM3 

AVEl, AVE2, AVE3 

Variables reflecting previous, cumulative correct decisions (CUM 1 = 
CORl; CUM2 = CORl + COR2: CUM3 = CORl + COR2 + COR3). 

Dummy variable reflecting whether the assigned goal of achieving a 
specific error rate in blocks 1, 2, and 3, respectively, was achieved 
[coded as 1 if within assigned goal (easy, moderate, difficult, 
impossible) to achieve a specific error rate; coded as 0 if not within 
assigned goal]. 

Current Decision Success Variable (Outcome Feedback) 

DSI, DS2, DS3, DS4 The number of decisions that were within the assigned goal to achieve a 
specific error rate in the current block at the time of the decision to 
commit. 

Commitment Variable 

COMl, COM2, COM3, The trial number in blocks 1, 2, 3, and 4, respectively, when the decision 
COM4 was made to commit. 
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performance, but were not told their average error rates for the blocks, although 
they could calculate them with the task materials in order to compare performance 
with goals. Answer sheet and observational evidence revealed that nearly all 
subjects calculated their average scores for performance as they progressed. This 
average score variable was scored as 0, 1 based on whether the average error rate 
was within the goal for each block. An average error rate of 2.85 would be within 
goal level 3 and coded as 1, whereas an average error rate of 4.25 would not be 
within goal level 3 and coded as 0. These variables were designated as AVEI, 
A VE2, and A VE3 for each of the first three blocks, respectively (see Table 2). 

Hierarchical Regressions 

Data for 120 subjects were used as input to this analysis. The decision success 
variables were analyzed in hierarchical multiple regressions in order to examine 
the variance in the decision to commit to assigned goals in the decision task. Four 
separate regressions were run with the four decisions to commit to the assigned 
goal level in a block (20 decisions) as the dependent variables; these were COMI, 
COM2, COM3, and COit44 (for blocks 1, 2, 3, and 4, respectively; see Table 2). 
The scores on the commitment variable represented the trial number in each block 
when the decision was made to commit. Since Taylor (1987) found a goal level 
effect on the decision to commit, goal level was dummy coded and entered in the 
first step of the hierarchical regressions in order to control for this effect and to 
assess the amount of explained variance in the commitment variables attributed to 
goal level (see Table 2). In the second step, the AVE variable was entered when 
appropriate (AVEZ was included in the second set of equations, AVE2 in the third 
set, and AVE3 in the fourth set). This variable accounted for success or failure in 
achieving the goal level in the previous block of decisions. The previous commit- 
ment decision was added to the subsequent hierarchical regression in step three to 
control for the effect of previous commitment on the current decision to commit; 
COMZ became an independent variable in the multiple regression when COM2 
was the dependent variable, etc. The previous success variables, COR and CUM, 
were entered in the next two steps of the hierarchical regressions, respectively, to 
assess and control for the effect of total previous performance (Cohen & Cohen, 
1983). The COR variable reflected success in the previous block and the CUM vari- 
able reflected cumulative success across all previous blocks. The ultimate objec- 
tive was to assess the effect of current decision success feedback on the current 
decision to commit. Therefore, these variables (DSZ, DS2, DS3, DS4) were entered 
in the last step of each of the hierarchical regression analyses, respectively. 

Results 

Manipulation Checks 

Of primary interest was whether subjects used outcome feedback. An “objec- 
tive” way to assess this was by comparing the expected performance from random 
predictions to the actual performance of the subjects. Compared to the expected 
average random guessing prediction error of 5 units per block of 20 predictions, the 
subjects in this study averaged 3.20 (t = 22.93, df= 119, p < .0005), 2.97 (t = 28.5 1, 
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d’= 119, p < .OOOS), 2.90 (t = 27.06, df= 119, p < .OOOS), and 2.89 (t = 27.55, df= 
119, p < .OOOS) units of prediction error over blocks one through four, respectively. 
Moreover, learning as evidenced by improvement occurred over all four blocks (F 
= 4.12, p < .Ol). This suggests subjects were affected by outcome feedback. 

Hierarchical Regression Analyses 

Correlations between variables are presented in Table 3. Means and standard 
deviations (in parentheses) are presented on the diagonal. 

Hierarchical multiple regression was chosen as the primary analytical tech- 
nique in this study. Hierarchical regression allows inferences about the incremental 
contribution of a variable because as Cohen and Cohen (1983, p. 120) note, “Some 

Table 3. Correlations, Means, and Standard Deviations for all Variables” 

A BCDEFGHIJKLM 

A 12.2b 

(7.2) 

B .65** 10.6 
(7.0) 

C .46** .58** 10.5 
(7.7) 

D .60** .71** .70** 10.5 

(8.1) 

E .72** .41** .14 .39** 5.3 
(4.3) 

F .54** .74** .35** .48** .63** 4.9 

(3.9) 

G .42** .45** .76** .51** .39** .53** 4.6 

(4.2) 

H .57** .55** .48** .81** .62** .61** .60** 4.6 

(4.4) 

I -.33** -.35** -.48** -.40** .32** .08 -.08 -.06 10.9 

(4.4) 

J -.23* -.40** -.46** -.41** .23* .19* -.Ol -.04 .72** 11.6 

(4.3) 

K -.18* -.30** -.50** -.40** .30** .I6 .05 -.04 .77** .80** 11.8 

(4.6) 

L -.30** -.40** -.51** -.44** .30** .15 -.05 -.06 .93** .93** .85** 22.5 

(8.9) 

M -.26** -.38** -.52** -.44** .31** .16 -.Ol -.05 .90** .91** .94** .98** 34.3 
(12.3) 

Nr&st A=COMI;B=COM2;C=COM3;D=COM4;E=DSI;F=DS2:G=DS3;H=DS4;I=COR1=CUMI: 
J = COR2; K = COR3; L = CUMZ; M = CUM3 
a. Dummy variables (Goal level, AVEI, AVEZ, and AVE3) are not included 
b. Means and standard deviations (in parentheses) are presented on the diagonal 
*p < .05; ** p < .Ol 
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of the basic principles underlying the hierarchical order for entry are causal priority 
and the removal of confounding or spurious relationships (emphasis added), 
research relevance, and structural properties of the research factors being studied.” 
The results of the hierarchical multiple regressions in this study are presented in 
Table 4. The assigned goal levels had a significant influence on commitment 
explaining approximately 6% to 20% of the variance across the four blocks. The 
calculations of previous performance do not explain significant amounts of vari- 
ance in the current commitment decision; that is AVE, COR, and CUM explain little 
of what happened regarding commitment. 

The immediately previous commitment decision did explain a large amount 
of variance in the next decision. The change in the R-square ranged from .20 to .34 
in the last three regression analyses. The calculated current success variable based 
on predictions that fell within the assigned goal error rate up to the commitment 
decisions (IN, DS2, DS3, and DS4) was also significant. This variable explained 

Table 4. Results of Multiple Hierarchical Regressions 

REGRESSION DEP VAR INDEP VAR” Chnqy IN R2 Change IN F 

1 COMl LEVEL ,059 2.42* 

3 

DSl 

TOTAL 

2 COM2 LEVEL 

AVE 1 

CUMlh 

COMl 

DS2 

TOTAL 

COM3 LEVEL 

AVE 2 

COR2 

CUM2 

COM2 

DS3 

TOTAL 

COM4 LEVEL 

AVE3 

COR3 

CUM3 

COM3 

DS4 

TOTAL 

4 

.638 

,697 

,137 

,002 

,003 

,340 

.313 

,795 

,199 

,007 

,008 

,020 

.206 

.367 

,807 

,192 

,014 

,011 

,000 

,312 

.321 

,850 

241.73**** 

6.13*** 

.32 

.57 

73.37**** 

168.40**** 

9.63*“** 

1.01 

1.46 

4.95** 

39.90**** 

215.31**** 

9.21**** 

2.05 

2.64 

.Ol 

73.69**** 

237.21**** 

N0te.S. a. The independent variables are listed in each regression analysis in their order of entry. 
b. CUMl=CORI 
*p < .lO; **p 4 .os: ***/7 <. 001; ****I’ < .OOOl 
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3 1 - 37% of the variance in the second, third, and fourth blocks and approximately 
64% in the first block. Thus, evidence supports the hypothesis that current success 
is associated with commitment of resources significantly beyond the variance due 
to the immediate previous commitment decision. 

Discussion 

It is clear from the results in Table 4 that the commitment behavior of individ- 
uals in this task can be well-explained. Three variables accounted for a very large 
part of the variance in the dependent variables across the separate hierarchial multi- 
ple regressions. Outcome feedback was the focus of this analysis, due to its prom- 
inence in decision-making research within the Brunswik, MCPLP tradition. It 
accounted for a significant and large amount of variance beyond other factors. 
Furthermore, outcome feedback affected subjects’ decisions as evidenced by 
performance levels and improvements over time. This suggests that subjects’ 
behavior changed over time and was not merely due to inertia from prior decisions. 

Outcome feedback can explain a large amount of variance in the dependent 
variable within a Brunswik lens model task. In an iterative, uncertain, complex 
prediction task with incomplete information, immediate outcome feedback 
explains much of what an individual chooses to do with respect to accepting 
assigned goals. If the goal can be reached as measured by decision success, then 
commitment is more likely. Commitment will be delayed if the decision maker is 
not reaching the goal on a decision-by-decision basis, even when cue-criterion rela- 
tions are randomly distributed within a block of decisions. 

The differing goal levels accounted for some variance; apparently easier goals 
made higher decision accuracy more likely. The individual had the same goal level 
across blocks, so the ease or difficulty of achieving goals remained constant within 
the built-in random variance of the lens model. Although results indicated that if 
the subject committed early or late in one block, this behavior was generally 
repeated in the next block; when an individual changed the time of commitment, it 
may have been due to the success at predicting on a decision-by-decision basis in 
the current block of decisions. This information, current outcome feedback, also 
explained additional variance in the dependent variables as expected. 

The use of hierarchical multiple regression potentially gives a much clearer 
explication of what happens in studies using tasks similar to Taylor (1987) and 
Taylor et al. (1992). The impact of current performance emphasizes the effect of 
outcome feedback in this type of complex task. This effect helps clarify research 
constructs. This is especially important when using controlled designs investigat- 
ing decision making purported to have features that are strategic in nature (e.g., 
Taylor, 1987; Taylor et al., 1992). Future research should examine further how 
feedback might be manipulated for its effects on other variables in addition to deci- 
sion quality and commitment. We propose that it may be the amount and complex- 
ity of the decision cues that influence the ability to process past and present 
decision success information. 

As always, the question of generalizability, or external validity, must be 
addressed when a laboratory experiment is performed. If the goal is to use results 
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obtained in the lab as a guide for behavior in the organization in a one-to-one 
manner, then ecological validity is of great importance. When an investigation of 
relationships that can exist between constructs and, therefore, an attempt to build 
theory is the goal of the experiment, then the concern for generalizability is not as 
great (Mook, 1983; Locke, 1990). Many questions related to how people make 
decisions fall in this category since cognitive processes are involved. Because in 
this study decision making was the focus, the experimental task had characteristics 
similar to those found in strategy-making tasks, and the methods used for goal 
setting and providing feedback were not peculiar to this particular setting, the 
results should provide some practical implications for managers involved in the 
strategic process. However, the willingness to commit resources based on decision 
success may not have had the same potential consequences as the commitment of 
resources in an actual setting. Therefore, to the degree that the consequences are 
greater in other settings, the results obtained in this experiment may indicate less 
conservative commitment behavior on the part of the decision makers. 

Implications for managers are that, along with benefits of having easier goals 
for decision makers dealing with complex tasks, decision makers seem to place 
heavy reliance on perceptions of current (or short term) success when deciding to 
commit resources. This implies a somewhat short term, narrow focus employed by 
decision makers faced with uncertainty. Managers may need specific decision aids 
aimed at presenting more comprehensive, longer term perspectives to improve 
decisions. It can also be expected that managers faced with recent failures to reach 
goals, may be reluctant to commit resources because they believe that future 
improvements are not possible. This pessimism may lead to less risk and poorer 
long term performance if commitment to reaching goals is related to higher levels 
of effort as suggested by the goal setting literature (Locke & Latham, 1990). 
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