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Determinants of international migrations to Iltal@movinces

Gabriele Morettini, Andrea F. Presbitefo Massimo Tambeti

Abstract
International migration flows constitute one of ttmest policy-relevant elements of modern
economies. The Italian experience is a case ofcpéat interest given the rapid growth of
immigration flows, the large number of countriesooigin involved, and regional economic
heterogeneity. This paper analyses the bilateoakstof migrants coming from 142 countries
and living in 103 Italian provinces to ascertainaticharacteristics of home countries and
destination provinces are associated with inteonati migrations. The results of the
estimation of a gravity model on the stock of migsashow that economic, demographic and
institutional variables are correlated with migoatipatterns. In light of the recetrab
Spring it is interesting to note that migrants cometébyl predominantly from geographically
close, democratic and middle-income countries.
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1. Introduction

In recent decades international migration flows aneir major implications for modern

economies have drawn the attention of scholarssypatakers and citizens. Migrant inflows
and outflows are a key element for the socio-ecaaaevelopment of a country. From the
late 1990s, immigration has become a central isduthe social, economic and political
debate in several advanced economies. On the amg has widely stressed, with undue
alarm and often on the basis of ill-informed infatron, that immigration flows feed crime,

crowd out local employment and have a negative ahpa the sustainability of public

finance. On the other hand, foreign workers mayigar contribute to reduce population

ageing, thereby limiting the negative impact of dgnaphic dynamics on the financial
sustainability of the pension and welfare systensqd 2008). Additionally, recent research
shows that there is no significant statistical éigk between immigration and crime (Bianchi,
Buonanno and Pinotti 2011) and that the increargjgn labour supply does not crowd out
native employment (Venturini and Villosio 2006, P2012). On the contrary, immigration

has fostered an increase in the female participatiahe labour force (Barone and Mocetti
2011). This is associated with increasing proditgtiand higher wages of native workers
(Gavosto, Venturini and Villosio 1999, Peri 2012taiano and Peri 2012).

This paper aims to contribute to this on-going delsnd to the empirical literature on the
determinants of international migrations. From aligyo perspective, analysis of the
determinants of immigration flows would make it pitde for the destination country to
clearly identify the main factors of attraction ander to anticipate future migration flows.
Moreover, to fully understand the potential pogiteffects of migrations on the labour market
and on economic development fs important to identify the forces and consirsi that
shape international migration movemén(Mayda 2010, p. 1250). Within this framework,
we consider jointly the characteristics of 142 does of origin and the 103 destination
provinces to provide additional evidence on theeeinants of immigration to Italy. A clear
picture of the patterns of international migratidositalian provinces would help identify
potential tensions and advantages of future mignatiows and draw up sound migration
policies. Italy represents a case study of padicuiterest, given the size and rapid growth of
immigration flows, the high number of countriesasigin involved, and Italy’s considerable
economic and social heterogeneity. Besides, assfare know, there is no robust evidence on
several factors potentially influencing migratioaspecially to Italy.

2. Immigration in Italy

Since the end of the 20th century, European Meditean countries have been affected by
long-term immigration, mainly led byush factors. In this context King et al. (1997)
authoritatively proposed a “Southern Europe migratnodel”, characterized by a sudden and
spontaneous evolution of flows, rapidly becominggéain size, and involving individuals
from different countries. For this reason, the owtof superdiversityVertovec, 2006) seems
particularly relevant to the Mediterranean areatanitily specifically, where the coexistence
of highly fragmented foreign immigration and a Higlmeterogeneous destination country
makes Italy the paradigmatic case of Southern Europe migrdtigéing 2002, p. 8). The
continuous growth of immigration flows since 200&@shad the consequence that migrants
have become a significant component of the Iltgbapulation (Table 1).



Table 1: Foreign population resident and its share ovial fwopulation, by macro-region

Years 1993 1995 1997 1999 2003 2005 2007 2010
Absolute values
ITALY 573,258 685,469 884,555 1,116,394 1,549,373 2,402,157 2,938,922 4,235,059

North-West 181,817 216,086 272,806 366,491 550,939 873,069 1,067,218 1,482,020
North-East 104,890 133,309 179,109 236,616 426,982 653,416 802,239 1,127,987

Centre 179,363 212,269 274,894 328,910 381,800 576,815 727,690 1,070,386
South 55,596 66,438 89,616 111,227 127,076 213,206 244,088 394,055
Islands 51,592 57,367 68,130 73,150 62,576 85,651 97,687 160,611
Shares

ITALY 1.0 1.2 15 1.9 2.7 4.1 5.0 7.0

North-West 1.2 1.4 1.8 2.4 3.7 5.7 6.8 9.3
North-East 1.0 1.3 1.7 2.2 4.0 5.9 7.2 9.8
Centre 1.6 1.9 2.5 3.0 3.5 5.1 6.3 9.0
South 0.4 0.5 0.6 0.8 0.9 1.5 1.7 2.8
Islands 0.8 0.9 1.0 1.1 0.9 1.3 15 2.4

Notes calculations on ISTAT data (National InstituteSthtistics, seénttp://dati.istat.it/?lang=@n

In 2010 foreign residents in Italy numbered moranti.2 million, 7% percent of Italy’s
overall population, but more than 10% in some gaplgical areas. Their number grew by a
factor of seven between 1993 and 2010, with an a@ngtowth rate higher than 16%
Nevertheless, the share of migrants over the paipllation is still relatively low compared
with other countries, such as Spain, Germany aadde;, where foreign residents account for
14.1, 13.1 and 10.7 percent of total populatiospeetively (United Nations 2010).

The main features of Italian immigration flows nm@ysummarized in a few points:

1. Unlike Northern European countries, gender compusivf the foreign population in
Italy is balanced, with the male share decreasioghf57.2% in 1994 to 48.7% in
2010.

2. Migrants are much younger than natives, since migraprojects mainly involve
people aged between 18 and 30.

3. ltaly has a much lower capacity than other indakméd countries to attract an
educated foreign workforce: in 2002 only 15% of thck of migrants had a
university degree, compared with 35% in the UK 4886 in the US.

4. For several reasons, ranging from the lack of [@g@d migration directions (Italy has
almost no former colonies) to the peculiar geogiaghposition at the heart of the
Mediterranean, the geographical origin of migrastsighly heterogeneous. That said,
in the last 15 years the share of migrants frontapefive countries ranked by number
of migrants increased from 34% in 1994 to 50.790(0>

1 If we were also to consider irregular migrants ammh-residents, for which, however, there are niabte
official data, the magnitude of the phenomenon wdnd much greater.

% These figures are calculated from the Global Migfrigin Database (Docquier, Lindsay Lowell andridak
2009).

® Specifically, the share of migrants from the Balkkand former Soviet Republics has increased sutisita.
Data are drawn from the National Institute of Stats data warehousbt{p://dati.istat.it/?lang=gn




5. Unlike other Mediterranean countries, where miggaate predominantly located in
urban areas (Portugal, Turkey), and in tourist ardbr regions (Greece, Spain), in
Italy foreign residents are spatially distributexass the various provinces.

3. Themain deter minants of migrant flows: a short review

Analysis of international migrations generally daitenglespush and pull factors, while
empirical models include several economic varigbk®ng with institutional, cultural,
geographical, and relational factors (Stark 199arj@& 1994, Freeman 2006). The main
categories of the explanatory variables used irvipus studies may be summarised as
follows:

* Economic and demographic variables, such as petacagome, the unemployment
rate, income inequality, the size and the age stre®f the population.

* Measures of the socio-institutional environmenthsas political and civil rights, the
diffusion of corruption, the rule of law, immigrati policies and, more generally,
indicators of openness.

» Variables of geographical proximity (geographicaskance, indexes for countries with
common borders), indicators of cultural and hist@riproximity, such as common
languages and colonial linkages.

* Quality of life indexes, such as the human develemimndex, different happiness
measures, and indicators of the coverage of thiaweetystem.

Consistent with the gravity models widely employedhe trade literature (Anderson 2011),
the existing literature shows that the stock ofydaton in origin and destination countries,
differences in the living standards between thasmtries and their geographical distance are
the main variables explaining international migyasi. Network effects also play a key role,
since migration flows are facilitated and emigratimosts are reduced by the presence of a
community of nationals already living in the deation area (see Karemera, Oguledo and
Davis 2000, Clark, Hatton and Williamson 2007, Rsee, Pytlikova and Smith 2008, Mayda
2010, Lewer and Van den Berg 2010, Beine, Docqgaiet Ozden 2011). Finally, there is
some evidence showing that differences in the lefalelfare, life satisfaction and happiness
between the origin and the destination areas avd goedictors of migration flows (Liu 1975,
Blanchflower 2009, Blanchflower and Shadford 2009).

4. Data and the gravity model for international migrations

We model international migrations toward Italiamynces using a standard gravity model,
which makes the flows between the origin and thstidation countries depend on the
population size of both countries and on the detdretween them. This model is extended to
include other variables related to the demograjgimd socio-economic conditions of both
areas, which have been shown to be robust detentsiioh bilateral migration flows (Lewer
and Van den Berg 2008, Anderson 2011). We alsoidenthe effect of some institutional
characteristics, such as the presence of demoaegimes in the home country and the
incidence of corruption in the public sector, anglinclude two indicators of quality of life.



Since data on net migration flows are not availalke estimate the following (log-linearized)
augmented gravity model on the basis of the sto€ksigrants present at the end of 2008 in
103 Italian provinces and coming from 142 countries

MIGRANT, = f(POR, POP, DISTANCE;, PROV, COUNTRY)) (1)

whereMIGRANT; is the (log of) immigrant stock, in 2008, in thth province coming from
the j-th country; POR (POB) is the logarithm of population in the destinatiprovince
(country of origin) in 2007, andISTANCE; is the logarithm of the kilometric distance
between thd-th province and thé¢-th country’ Besides these base variables we included
other variables, linked to the socio-economic $tme of both countries of origin and
provinces of destination, synthesizedRROV andCOUNTRY.

A first set of variables includes demographic amdn®mic indicators. We consider the
logarithm of GDP per capita of both are@DP, andGDP)) and the provincial unemployment
rate UNEMPLOYMENT), in order to verify whether relative income ardb jopportunities
contribute as pull factors to international mignas. The extension of the informal sector may
also be correlated with migration choices. Migramtso often work in the shadow economy,
may choose destination areas with large informetioss; in addition, the presence of a large
informal economy in the home country may constitutéh a job opportunity and a stimulus
to emigrate, because of the low productivity andyega Thus, we include in equation (1)
SHADOW and SHADOW, which measure, respectively, the share of thermé&l economy
over GDP in thg-th country and the share of irregular employmarthii-th province. The
education level and the demographic structure th loeas may influence migration flows,
especially as pull factors. Migrants would comedprainantly from countries with a higher
incidence of young{OUNG andYOUNG) and educatedHUMAN CAPITAL andHUMAN
CAPITAL) individuals over total populatichThis would be consistent with the brain drain
hypothesis and with the fact that young individusds’e a stronger incentive to emigrate. At
the same time, provinces with higher levels of haroapital and a lower share of people of
working age may prove more attractive to migrakiesally, we also consider a measure of
trade openness at provincial level (export plusarhpver GDP) and the KOF globalization
index (Dreher 2006; Dreher et al. 2008) as a measiinternational integration of a country
from an economic, political and social point ofwié

The second set of variables is related to instina#i aspects: the level of corruption
(CORRUPTION, the presence of a democratic political regirdENMOCRACY), and a
dummy for the presence of restrictions to the fopedf movementRESTRICTION$aim to

* Due to data availability for the set of countryesific control variables, the sample is made byefethan the
200 countries from which foreign residents originamigrated. However, migrants from the 142 caestr
included in the sample accounted for 97% of regidegign residents in Italy at the end of 2008.

® The distance between the 103 Italian provincestaadome countries was calculated with the STATASE
package using the SPHDIST command. We thank MasaimiBratti for kindly providing us with geograsail
data.

® We thank Alessia Amighini for having shared théadan human capital for the Italian provinces.

" Among the macroeconomic variables, we do not disciine role of financial development and income
inequality, since additional regressions (not régubifor reasons of space, but available upon redtm®s the
authors) show that different measures of finamdéadelopment and income inequalities in the coustieorigin
and in the destination provinces are not signifilyacorrelated with the stock of migrants in theyince.



assess whether the institutional and jurisdictidnamework of the home country has an
impact on migration outflows.

A third set of variables is introduced to ascertairether migration flows depend not only on
relative income, but also on differences in theslesf welfare and life satisfaction between
the origin country and destination province. Fas thurpose, equation (1) was augmented
with the inclusion of the Human Development Indeicalated by the United NationBIDI;)
and a Quality of Life index for Italian provinceQQL).

Finally, in order to partially limit the problem admitted variables, our model includes
geographical dummies for world regions and Italimacro-area&.All the explanatory
variables refer to 2007 or, whenever this was mssfble, to the closest previous year. See
Table Al in the appendix for the precise definiteord the sources of each variable.

Before discussing the results, a few caveats orethgirical strategy are required. First, as
there are no data on net bilateral migration flows,cannot estimate a gravity model based
on flows and so we lose the possibility to identifg presence of a network effect. Even if
most of the literature estimates a gravity modekelaon flows, an empirical model based on
the stocks of migrants could be theoretically fiedi (Ortega and Peri 200@nd could be
interpreted as a representation of the long-teruilibgum (Briicker and Siliverstovs 2008).
Second, since the dependent variddlESRANT has a significant share of non-randomly
distributed zeros, equation (1) could be estimatadg a Poisson (Santos Silva and Tenreyro
2006), instead of a log-linear model. However,gbedness of fit and the overdispersion tests
indicate that the Poisson is not the appropriaggridution to model our data. Thus, we
estimate the gravity equation using a negative raiabregression model. Finally, we take
into account potential heterogeneity and measuremenrs computing clustered standard
errors which are robust to correlation within coies.

5. Reaults

Table A2 shows the regression results. Column brteghe estimate of the basic gravity
model, while columns 2-6 add demographic and ecaneariables, columns 7-10 consider
the institutional variables, column 11 focuses ba éffect of life satisfaction, and the last
column presents the full (preferred) specificatidhe significance of parametey reported at
the bottom of Table A2, confirms the data overdisjp;n and supports the choice of the
negative binomial model.

The coefficients of the simple gravity model shdwattthe latter is able to provide a basic
explanation of the migration phenomenon. The nunadfemmigrants coming from a given

country and living in a given province is an in@®g function of the population size of the
origin and destination areas, while it is negativabrrelated with the geographical distance
between the two areas. The estimates reportedumoa2 show that migrants are more likely
to reside in provinces with higher per capita inecamd lower unemployment rates, while

8 Results are robust to the inclusion of 19 regishahmies and other dummies identifying groups afntoes
according to the income classification. Resultsrarteshown for reasons of space.

® Jayet, Ukrayinchuk and De Arcangelis (2010) prevaa application of the gravity model based ormtigrant
stocks for the Italian case.



they come predominantly from middle-income cousttfeThis last piece of evidence is
consistent with the so-called “migration-hump” etféMartin and Taylor 1996) and with the
descriptive evidence about immigration in ltalycaaing to the most recent data from the
National Institute of Statistics, Romania, Albamiad Morocco account for more than 42
percent of the stock of regular migrants.

The results presented in Table A2 can be summaagédadllows:

» Distance has a fundamental role in explaining ntignaflows.

* Among thepull factors, our results show that provinces thatracee populous,
with a more educated labour force, with a lowermiplyment level and with a
lower incidence of irregularity in the labour markeost a larger number of
migrants™.

» The coefficient oHUMAN CAPITAL is not significant, suggesting that, all other
things being equal, Italy has been unable so fattact educated migrants, as
suggested by descriptive and anecdotal evid&nce.

« Countries with a bigger population, especially dupg, and with a democratic
regime are associated with greater emigratiors tatdtaly. Per capita income and
the share of the informal economy also play a meyte, and they show a non-
linear relationship with international migratiofi$ie informal sector, in particular,
might initially be apushfactor, given its low productivity and wages. Hoeg
once the size of the informal sector is large, itiheentives to emigrate might
diminish since the informal labour market serves asfety net against short-run
adverse macroeconomic fluctuations (Loayza andIRige011).

» Consistent with the recent evidence discussed hyet,ePacheco and Rossouw
(2012) on a panel of OECD countries, the measufrdgeosatisfaction are not
statistically correlated with the stock of migrantghose variability across Italian
provinces seems to be exclusively determined byh@woic, demographic and
institutional variables.

The main findings are confirmed by also using aliéve estimation techniques. Table A3
reports the estimates of a Tobit model, which iake account the data censoring problem. In
this case, the dependent variable is the logarghth+ MIGRANT Similar findings are also
confirmed: 1) using &ero-Inflated Negative Binomiahodel, which addresses the large
number of zeros in the dependent variable (the Yuest, however, does not indicate the
necessity to adoptzero-inflatedmodel), and 2) estimating by OLS a simple logdineodel

in which the dependent variable is the logarithml 8fMIGRANT"?

1% The turning point of the quadratic specificatiartors when per capita GDP reaches USD 4,960 (arthend
GDP per capita of Egypt).

1 The partial significance of the measure of proidhopenness (column 5) could be consistent withade-
creation effect of immigration (Peri and Raquena@®ratti, De Benedictis and Santoni 2011).

2 However, this evidence is only suggestive, givet it is based on macro-data. At the micro lealduld be
possible to attract educated individuals from caestwith an average low level of human capital.

'3 This last set of results is not presented foraea®f space, but is available from the authorswrpquest.



6. Conclusions

The political debate too often considers immigmatsuperficially, identifying an immigrant

as an individual with a low income and poorly (ifadl) educated, coming without a regular
permit from a very poor country. By contrast, onalgsis of the determinants of immigration
to Italy illustrates a more complex, heterogenegitture: Italy is characterized by a
multiplicity of immigration systems. We may sumnzariour research findings into three
points:

» Contrary to the populist view, the stock of migsam Italy is still relatively
limited - even if growing - at least compared thestEuropean countries.

 The augmented gravity model fits well the migratipatterns toward Italian
provinces: economic, institutional and demograpfaigables contribute to explain
the distribution of migrants across lItaly.

* Migrants predominantly come from geographicallyselp middle-income
countries and from democratic regimes. In lighttlé recentArab Springin
North-African countries, this feature may be intetpd as a possible indication of
a future acceleration of immigration to Italy inngeal, and from that geographical
area in particular.

One critical issue emerging from this study, asnfrerevious ones (Visco 2008), is that the
Italian productive and social system shows a nedtiweak capacity of attraction of highly-
educated foreign labour (brain waste), which couldiead, contribute to foster innovation
and growth. As a consequence, within a strateggetary the local economic growth
potential, it would be extremely useful to identthie socio-economic factors able to attract
educated and skilled workers to the Italian progscrhis may also be a field of interest for
future research.
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Appendix: Additional Tables

Table Al: Description of variables, data sources and sumisiatistics

Variable Definition Sources MeanSt. Dev.

Stock of migrants by country of origin (j) and piose of

MIGRANT;; destination (i) in 2008 ISTAT 258.03 1795.75
DISTANCE;; Logarithm Of.the dlstance_ (in k||ometres) betvyeleaeljbth Authors' elaboration 8.27 0.90
" country of origin and the i-th province of destioat
POP Iéggf;lrlthm of total population in the destinatiomyince in ISTAT 12.96 0.71
POP Logarithm of total population in the country ofgin in Wo.rld Development 16.07 167
] 2007 Indicators
GDP, Logarithm of real per capita provincial GDP in 2007 Istituto Tagliacarne 10.09 0.25
GDP, Logarithm of the real per capita GDP of the coumtry World Development 8.71 1.28

origin, measured at purchasing power parity in 2007 Indicators
UNEMPLOYMENT; Logarithm of the provincial unemployment rate ir020 Istituto Tagliacarne 1.69 0.57

Logarithm of the share of irregular workers in the

SHADOW, destination province in 2008 Istituto Tagliacarne 234 034
, Size of the shadow economy (% GDP) in the courftry o Schneider and
SHADOW, origin in 2007 Buehn (2007) 3334 12.22
YOUNG; Dependency ratio in the destination province in7200 ISTAT 52.86 3.64
YOUNG; Dependency ratio in the country of origin in 2007 Wolrld Development 61.57 16.99
Indicators
~ Average number of schooling years of the labourefan Elaborations on
HUMAN CAPITAL; the destination province in 2001 ISTAT data 10.87 044
HUMAN CAPITAL . A\(e_rage gross secondary enrolment ratio in the tcpaf Wo_rld Development 69.44 31.87
I origin over 2000-2007 Indicators
KOF INDEX; KOF index of globalization of the country of origim2007) Dreher (2006); 59.35 16.82
1 Dreher et al. (2008) ' '
OPEN (Imports + exports)/GDP in the destination provic@007 Istituto Tagliacarne  40.78 29.42

Control of corruption in the country of origin. Thalex World Governance
CORRUPTION ranges from -2.5 to + 2.5, with higher values cgponding Indicators -0.08 0.99
to less corruption in 2007
Dummy variable equal to one for democratic regimes  Cheibub, Gandhi

DEMOCRACY, 2002-2006, depending on the country and Vreelend (2009) 0.60 049
Dummy variable equal to one for the country of iorig Cingranelli and

RESTRICTIONS where the freedom of movement is restricted in 2007 Richards (2010) 0.37 0.48

QoL Com.posn'e index of the quality of life in the destion Il Sole 24 Ore 391.88 60.95
province in 2007

HDI, Human Development Index of the country of origin; i United Nations 0.69 0.18

ranges between 0 (minimum) and 1 (maximum) in 2007

Notes Descriptive statistics (mean and standard deriatiare calculated on the full sample of 14,626eolksions.
SHADOW, is measured in 2008 due to the lack of compardata for 2007. ISTAT is the National Institute dhtsstics.
Istituto Tagliacarne isa training and economic research centre establisghethe Italian Union of the Chambers of
Commerce. Il Sole 24 Ore is the leading economicspeyer in Italy.



Table A2: Determinants of international migration flowsltalian provinces: negative binomial estimates

Dep Var: MIGRANT, 1 2 3 4 5 6 7 8 9 10 11 12
DISTANCE; 11337 -1.254% 12227 1.308%*  -1.239%  -1.285%*  -1.313%*  -1.302"*  -1.241%  -1.304*  -1.434%  -1.375"*
[0.223] [0.211] [0.203] [0.219] [0.214] [0.237] 8] [0.196] [0.210] [0.199] [0.234] [0.205]
POR 1.363 1.286%+ 1.289%+ 1.176%+ 1.269%++ 1.180%** 1,277+ 1.208%* 1.297++ 1.221%%* 1.222%+ 1.1 340+
[0.073] [0.065] [0.065] [0.054] [0.062] [0.056] 9] [0.058] [0.061] [0.055] [0.059] [0.050]
POR 0.871% 0.920% 0.942%+ 0.979% 0.870% 0.974%* 0.959%+ 0.948% 0.915%+ 0.960%+ 1.019%+ 1.0 310
[0.103] [0.094] [0.097] [0.103] [0.089] [0.098] 6] [0.083] [0.091] [0.083] [0.092] [0.090]
GDR, 0.635 0.390 0.670% 0.598 0.463 0.641 0.731% G54 0.610* 0.728 0.522
[0.386] [0.361] [0.337] [0.371] [0.317] [0.412] 0B55] [0.332] [0.309] [0.479] [0.313]
GDR, 8.473% 8.255%+ 7.533% 7.579% 6.456% 8.363 6.263%+ 8.574% 6.452%+ 7.450% 5.734%%
, [1.659] [1.690] [1.804] [1.827] [1.867] [1.638] 1B15] [1.583] [1.690] [1.910] [1.800]
(GDPR)? 0497 -0.481%*  -0.473%*  -0.459%*  -0.403** -0.500%* -0.381%*  -0.499%*  -0.300F  -0.494**  .(.378%*
[0.101] [0.104] [0.107] [0.110] [0.112] [0.099] 0[110] [0.097] [0.103] [0.119] [0.115]
UNEMPLOYMENT, -0.292%* -0.10z 0.361%  -0.206™* 0.284% 0.208™*  -0.3357*  -0.314" 0.378"  -0.341"  -0.321™*
[0.108] [0.119] [0.100] [0.108] [0.116] [0.110] 0f11] [0.093] [0.090] [0.112] [0.114]
SHADOW, -0.396%* -0.310% -0.363%*
[0.140] [0.130] [0.130]
SHADOW, 0.073 0.135% 0.106*
[0.061] [0.064] [0.058]
(SHADOW)? -0.001 -0.002% -0.001*
[0.001] [0.001] [0.001]
YOUNG -0.00¢ -0.00¢
[0.008] [0.007]
YOUNG, -0.068** -0.073%* -0.066%+*
[0.019] [0.020] [0.021]
HUMAN CAPITAL; 0.358%* 0.336 0.278%
[0.072] [0.070] [0.077]
HUMAN CAPITAL; 0.000 -0.003
[0.010] [0.012]
KOF INDEX; 0.03( 0.01%
[0.022] [0.023]
OPEN 0.002* 0.001
[0.001] [0.001]
CORRUPTION 0.466’ 0.15¢
[0.250] [0.250]
DEMOCRACY; 1.881%++ 1.920%+ 1.566%++
[0.384] [0.404] [0.444]
RESTRICTIONS 0.365 0.515
[0.391] [0.326]
QoL 0.00(
[0.001]
HDI, 9.140%+ 1.780
[2.242] [2.867]
a 1.258% 11737 1,166 1,103 1.1637* 1.088%* 1.164% 1.085+ 1,170 1.0777* 1.112%* 0.997*
[0.075] [0.072] [0.071] [0.070] [0.072] [0.069] [072] [0.073] [0.073] [0.073] [0.071] [0.064]
Observations 14,626 14,626 14,626 14,626 14,626 6264, 14,626 14,626 14,626 14,626 14,626 14,626

Notes The table reports regression coefficients andyrackets, the associated robust standard erdoitered at country level. * significant at 10%5%, ***1%. The model is
estimated by a negative binomial regression mag#hg a Stata 11 SE package with NBREG commandrstant is included. Each regression includes eigddro-area dummies
relative to home countries and four dummies fdidtamacro-regions.



Table A3: Determinants of international migration flowsltalian provinces: Tobit estimates

Dep Var: Ln (1 + MIGRANT) 1 2 3 4 5 6 7 8 9 10 11 12
DISTANCE; 14647 1510  -1.484  -1.480*  -1406™  -1.308"  -1532"*  -1.301%  -15117  -1410%*  -1.572"  -1.322"*
[0.235] [0.230] [0.228] [0.202] [0.233] [0.225] m1] [0.204] [0.230] [0.204] [0.223] [0.203]
POR 1.162% 11289 11229 1.054% 11300 1.051%*  1.130%%  1.130%% 1128 11318 1127 10510
[0.025] [0.028] [0.027] [0.026] [0.027] [0.025] e8] [0.027] [0.028] [0.027] [0.028] [0.025]
POR 0.970%*  0.972%%  0.990%*  0.976**  0.936**  0.966**  1.003%*  0.050%*  0.972%%  0.969%*  1.004%** 0.9 84w
[0.070] [0.067] [0.073] [0.066] [0.066] [0.069] [66] [0.067] [0.067] [0.068] [0.061] [0.063]
GDR, 0.874%%  Q.774"* 0493+  0.813"* 0.351* 0.885%*  0.883**  0.875%*  0.892%*  0.640%* 0417
[0.135] [0.148] [0.141] [0.152] [0.164] [0.136] [IB6] [0.135] [0.137] [0.131] [0.155]
GDR, 4.980%* 4,576 3.953* 4,601+ 2.882 5.445%%  GAAGM* 49650 5.581M* 3.980% 2.996*
, [1.750] [1.796] [1.654] [1.782] [1.767] [1.827] B33 [1.759] [1.941] [1.567] [1.737]
(GDPR)? -0.290%*  -0.262%  -0.257%*  -0.281%* 0.108%  -0327%*  -0.322%*  -0.280%*  -0.334%* 0276  -0.220%
[0.103] [0.107] [0.098] [0.106] [0.105] [0.109] o14] [0.104] [0.115] [0.093] [0.102]
UNEMPLOYMENT, 0.405%*  -0.334"*  -0.456™*  -0.406™*  -0.394%*  -0.404*  -0.406™*  -0405%*  -0.404**  -0.379%*  -0.402**
[0.054] [0.051] [0.055] [0.053] [0.053] [0.054] 53] [0.054] [0.053] [0.059] [0.061]
SHADOW, -0.223%* -0.203%* -0.196%+*
[0.078] [0.071] [0.070]
SHADOW, 0.052 0.077* 0.077*
[0.044] [0.045] [0.039]
(SHADOW)? -0.001 -0.001 -0.001
[0.001] [0.001] [0.000]
YOUNG -0.022% -0.022%* -0.022%
[0.004] [0.004] [0.004]
YOUNG, -0.060%+* -0.066** -0.053%*
[0.017] [0.017] [0.015]
HUMAN CAPITAL; 0.356%* 0.361% 0.374%
[0.036] [0.036] [0.040]
HUMAN CAPITAL; 0.003 -0.004
[0.012] [0.013]
KOF INDEX; 0.034° 0.034’ 0.01¢
[0.017] [0.018] [0.018]
OPEN 0.001* 0.001* 0.001
[0.000] [0.000] [0.000]
CORRUPTION 0.448* 0.301
[0.203] [0.212]
DEMOCRACY; 1.199%++ 1.167+* 1.014%++
[0.326] [0.331] [0.309]
RESTRICTIONS 0.031 0.339
[0.330] [0.331]
QoL 0.001% 0.00(
[0.000] [0.000]
HDI, 8.366% 4.066
[2.254] [2.547]
c 1.832%%  1.786™* 17817 1712 1774  1690™* 1775 1733  1.786™ 1727  1.740" 1642
[0.094] [0.086] [0.085] [0.084] [0.084] [0.082] [84] [0.079] [0.086] [0.078] [0.087] [0.074]
Observations 14,626 14,626 14,626 14,626 14,626 6264, 14,626 14,626 14,626 14,626 14,626 14,626

Notes The table reports regression coefficients andyrackets, the associated robust standard erdaitered at country level. * significant at 10%5%, ***1%. The model is
estimated by a Tobit regression model, using aSthtSE package with TOBIT command. A constantétuded. Each regression includes eight macro-dueamies relative to home

countries and four dummies for Italian macro-region



