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Abstract: In this paper, an inventory model is developed without shortages where the production cost is inversely related to the set up cost and pro-
duction quantity. In addition, the holding cost is considered time dependent. Here impreciseness is introduced in the storage area. The objective and
constraint functions are defined by the truth (membership) degree, indeterminacy (hesitation) degree and falsity (non-membership) degree. Likewise,
a non-linear programming problem with a constraint is also considered. Then these are solved by Neutrosophic Geometric Programming Technique
for linear membership, hesitation and non-membership functions. Also the solution procedure for Neutrosophic Non-linear Programming Problem is
proposed by using additive operator and Geometric Programming method. Numerical examples are presented to illustrate the models using the proposed
procedure and the results are compared with the results obtained by other optimization techniques.
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1 Introduction

In general, most of the classical inventory models assume that the unit production cost and the holding cost of an item are constant and independent
in nature. But these assumptions may not be true in real life. In practical situations, unit production cost may depend on the production quantity. Also
the unit holding cost may depend on the amount produced. Cheng [1,2] used these ideas to formulate inventory models and solved them by Geometric
Programming (GP) method and obtained closed form optimal solutions. Later on, Jung and Klein [3] developed three cost minimization inventory
models: Model 1 considered demand dependent unit cost, Model 2 assumed order quantity dependent unit cost and both of demand and order quantity
dependent unit cost is considered in Model 3. All these models are then solved by GP method.

In general, GP is an effective method to solve a class of non-linear problem in comparison with other non-linear methods. The main advantage of
GP method is that in this method a complicated problem with non-linear and inequality constraints (primal problem) is converted into an equivalent
problem with linear and equality constraints (dual problem). Therefore the dual problem is easier to solve than the primal problem. GP method was
first introduced by Zener [4]. Later on, Duffin et al. [5] developed GP method for optimization problems. Kotchenberger [6] was the first Scientist
who tackled the inventory problem by GP method. After that, Lee [7] presented a profit maximizing selling price and order quantity problem where
the demand is taken as non-linear function of price with a constant elasticity and solved by GP approach. After that, Hariri and Ata [8] presented GP
approach for solving a multi-item production lot size inventory model with varying order cost. Later on, Jung and Klein [9] discussed a comparative
analysis between the total cost minimization model and the profit maximization model via GP. Then a constrained inventory model of deteriorated items
was built-up with and without trancation on the deterioration term and solved using GP method by Mandal et al. [10]. Leung [11] proposed an EPQ
model with a flexible and imperfect production process by GP approach and also established more general results using the arithmetic-geometric mean
inequality. In the recent era, Wakeel et al. [12] discussed multi-product, multi-vendors inventory models with different cases of rational function under
linear and non-linear constraints via GP method.

In many inventory models the objective and constraint goals are assumed to be known. The optimum cost in an inventory model is affected by the
restrictions on the storage area, number of orders and production cost. But, in real life, it is not always possible to predict the total cost and resources
precisely. So these may be assumed to be fuzzy in nature. In this case, the inventory problem along with the constraints may be realistically represented
formulating the model under fuzzy environment and the fuzzy model can be solved by different fuzzy programming methods.

In 1965, Zadeh [13] first introduced the concept of fuzzy set theory. Later on, Bellman and Zadeh [14] introduced fuzzy decision making process.
Then Zimmermann [15] solved multi objective linear programming problem based on fuzzy decision making process. Many researchers used fuzzy
set theory in inventory control system. Sommer [16] applied fuzzy concept to inventory model. After that, Roy and Maiti [17] studied and solved
a fuzzy EOQ model with demand dependent unit cost and limited storage capacity by GP and non-linear programming method. Mandal et al. [18]
applied GP method to solve a multi-item inventory problem with three constraints under fuzzy environment. Again, Islam and Roy [19] proposed and
solved a fuzzy production inventory model considering fuzziness in objective function, constraint goals and coefficients of the objective function and
the constraint. Later on, Sadjadi et al. [20] suggested a pricing and marketing planning model where demand and cost function depend on price and
marketing expenditure in imprecise environment and solved the problem by GP method.

In the case, where available information is not sufficient for the definition of an imprecise concept by means of a conventional fuzzy set, the concept
of an Intuitionistic Fuzzy Set (IFS) can be viewed as an alternative approach to define a fuzzy set. The IFS may represent information more abundant and
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flexible than the fuzzy set when uncertainty such as hesitancy degree is involved and hereby seems to be suitable for dealing with natural attributes of
physical phenomena in complex management situations. The IFS uses two indexes, degree of membership and degree of non-membership, to describe
the fuzziness. The degree of membership and degree of non-membership can be arbitrary satisfying the condition that the sum of the both is less than
one.

The concept of IFS was introduced as a successful generalization of the fuzzy set by Atanassov [21]. Atanassov also analysed open problems in IFS
theory in an explicit way. After that, Atanassov and Gargov [22] discussed interval valued IFS. Then Angelov [23] presented an optimization problem
in intuitionistic fuzzy environment and solved the problem by converting into a crisp one. Pramanik and Roy [24-26] applied intuitionistic fuzzy goal
programming approach to solve vector optimization problem, quality control problem and multi objective transportation problem respectively. After
that, Pramanik et al. [27] investigated bilevel programming in intuitionistic environment. Later on, Jana and Roy [28] suggested a new intuitionistic
fuzzy optimization approach for solving a multi objective intuitionistic fuzzy linear programming problem with equality and inequality constraints with
intuitionistic fuzzy goals. They also discussed the application of this approach in transportation problems. After that, Banerjee and Roy [29] considered
a stochastic inventory model with fuzzy cost components and solved by fuzzy GP and intuitionistic fuzzy GP techniques. Banerjee and Roy [30] also
analysed and solved a stochastic inventory model with deterministic constraint by fuzzy GP and intuitionistic fuzzy GP method. A constrained multi
objective inventory model of deteriorating items was solved under intuitionistic fuzzy environment by Mahapatra [31]. In recent era, Jafarian et al. [32]
proposed a process to solve multi objective non-linear programming problem under intuitionistic environment using GP method.

The IFS can only handle incomplete information. In the case of indeterminate or inconsistent information the concept of IFS becomes insufficient.
So, it cannot deal with all types of uncertainties in real life problems. In that case, Neutrosophic Set (NS) was introduced as a generalization of fuzzy
set and IFS. In 1995, Smarandache [33-35] introduced the term ’Neutrosophy’ which means knowledge of neutral thought. Neutrosophic is the deriva-
tive of neutrosophy and it includes neutrosophic set, neutrosophic probability, neutrosophic statistics, neutrosophic logic etc. NS is defined by three
independent degrees; truth (membership) degree, indeterminacy (hesitation) degree and falsity (non-membership) degree. Here all the three degrees are
standard or non-standard subsets of |0—, 1.

Nowadays, NS is used in different fields of research work. Roy and Das [36] solved multi objective production planning problem by neutrosophic
linear programming approach. Banerjee et al. [37] discussed single objective linear goal programming problem in neutrosophic number environment.
In recent era, Pramanik and Banerjee [38] formulated three new neutrosophic goal programming model to solve multi objective programming problems
with neutrosophic number coefficients. Basset et al. [39,40], S. Pramanik [41] analysed neutrosophic goal programming problem under neutrosophic
sets environment. Again, a multi objective neutrosophic optimization technique is investigated and its application to structural design is developed by
Sarker et al. [42]. Then Basset et al. [43] introduced and solved a neutrosophic linear programming model where the parameters are considered as
trapezoidal neutrosophic numbers. Again, Basset et al. [44] represented a framework to estimate different cloud services by providing a neutrosophic
multi-criteria decision analysis approach and devolved a model depending on neutrosophic Analytic Hierarchy Process (AHP) using triangular neutro-
sophic numbers and estimated the quality of cloud services.

There are several papers on decision making using NS and Single Valued Neutrosophic Sets (SVNSs) environment. Basset et al. [45] discussed
AHP decision making model under neutrosophic environment. Also, Basset et al. [46] extended AHP-SWOT analysis in neutrosophic environment.
After that, NS was introduced for decision making and evaluation method to determine the factors influencing the selection of SCM suppliers by Basset
et al. [47]. Basset et al. [48] also introduced a new neutrosophic association rule algorithm for big data analysis and discovered all of the possible
association rules and minimized the losing processes of rules. Afterwards, Mondal and Pramanik [49, 50] explained neutrosophic decision making
model for school choice and clay-brick selection respectively. The research field is then extended to neutrosophic Multi-Attribute Decision Making
(MADM) process by some researchers. Biswas et al. [51] discussed neutrosophic MADM with unknown weight information. Again, Pramanik et
al. [52] investigated the contribution of some Indian researchers to MADM in neutrosophic environment. Later on, Mondal and Pramanik [53] applied
tangent similarity measure to neutrosophic MADM process. Ye and Zhang [54] established MADM with the help of similarity measures between
SVNSs. After that, J. Ye [55] presented MADM model using a proposed form of correlation coefficient of SVNSs under neutrosophic environment.
Recently, Mondal et al. [56] developed MADM process for SVNSs using similarity measures based on hyperbolic sine functions. Moreover, Multi-
Criteria Decision Making (MCDM) approach is presented in neutrosophic environment by Zhang and Wu [57]. Mondal and Pramanik [58] extended
Multi-Criteria Group Decision Making (MCGDM) approach in neutrosophic environment. Mondal et al. [S9] used hybrid binary logarithm similarity
measure to solve Multi-Attribute Group Decision Making (MAGDM) problem under SVNSs environment. Also, Biswas et al. [60] discussed MADM
using entropy based grey relational analysis method under SVNSs environment. In recent era,, Pramanik et al. [61] solved MAGDM problem using NS
Cross entropy.

Rough neutrosophic sets also have been used by several investigators to solve the decision making problems. Mondal et al. [62] discussed decision
making process based on several trigonometric hamming similarity measures under rough neutrosophic environment. Recently, Pramanik et al. [63]
used trigonometric hamming similarity measures to develop MADM model under rough neutrosophic environment. Also, Mondal et al. [64] presented
MAGDM based on rough neutrosophic TOPSIS. Later on, the same authors extended MADM on rough neutrosophic variational coefficient similarity
measure [65]. After that, Mondal and Pramanik [66] proposed tri-complex rough neutrosophic similarity measure and its applications in MADM. In
recent era, Pramanik et al. [67, 68] discussed MCDM using projection and bidirectional projection measures and correlation coefficient under rough
neutrosophic environment respectively. Again, Mondal and Pramanik [69] investigated decision making approach based on some similarity measure
using interval rough neutrosophic sets. The same authors also discussed rough neutrosophic MADM using rough accuracy function [70]. Afterwards,
Pramanik and Mondal [71] investigated rough neutrosophic similarity measures and MADM. Mondal and Pramanik [72] studied rough neutrosophic
MADM based on grey relational analysis. Later on, Pramanik and Mondal [73, 74] used cotangent and cosine similarity measures under rough neu-
trosophic environment and its application in medical diagnosis. Later, Basset and Mohamed [75] proposed a general framework for dealing with
imperfectness and incompleteness using single valued neutrosophic and rough set theories.

There are some developments on neutrosophic programming method which have been applied on some real life problems. Jiang and Ye [76] defined
neutrosophic functions and numbers for optimization models. They formulated a two bar truss structure design problem and minimized its weight under
stress and stability constraints using the neutrosophic number optimization method. Later, Ye [77] applied the neutrosophic number (NN) optimization
method to a three bar planer truss structural design for minimum weight under stress and deflection constraints. Ye [78] and Ye et al. [79] developed
neutrosophic number linear and non-linear programming methods respectively. In both cases, authors made applications under NN environment.

In spite of the above developments, there are several gaps in the literature of Neutrosophic Optimization. Till now, none has demonstrated that a
non-linear Neutrosophic Optimization Problem can be reduced to a Geometric Programming Problem (GPP) with posynomial terms and solved by GP
technique. Thus the motivation of the present investigation is to develop a procedure to reduce a non-linear Neutrosophic Problem to a corresponding
GPP and then to solve it by the appropriate technique depending upon its degree of difficulty. Hence the main contributions of the present paper are the
following.

e Representation of a non-linear Neutrosophic Programming Problem to a corresponding Geometric Programming Problem with posynomial terms.

o For illustration, a virgin non-linear inventory programming problem is formulated under neutrosophic environment.

o The said Neutrosophic Problem is reduced to a GPP with zero degree of difficulty.

e Reduced GPP is now solved by three methods-(i) Fuzzy Optimization technique, (ii) Intuitionistic Optimization method and (iii) Neutrosophic Opti-
mization procedure.

o The superiority of Neutrosophic Optimization procedure is demonstrated with the help of some numerical data.
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In this paper, we formulate an inventory model along with the space constraint. The holding cost has been taken as time dependent and the production
cost has been taken as inversely related with set-up cost and production quantity. The constraint is considered here in neutrosophic environment. The
inventory model is then converted into a crisp programming problem using additive operator and Neutrosophic Optimization Technique. Finally, it has
been solved by GP method. Also a non-linear problem has been considered and solved proceeding the same procedure. At last, the numerical examples
are considered to illustrate the problems.

This research paper is organized as follows. The introduction is described in Section 1. In Section 2, the basic definitions and operations are presented.
Some notations and assumptions are made in Section 3. An inventory model is developed and solved in Section 4. The general form of Neutrosophic
Non-linear Programming problem is given in Section 5. In Section 6, a solution procedure to solve Neutrosophic Non-linear Programming problem is
described. Application of Neutrosophic Optimization Technique on a non-linear inventory model and a non-linear programming problem are illustrated
in Section 7. In Section 8, the numerical experiments are presented. Discussion on numerical experiments is presented in Section 9. The conclusions
and future research scope are described in Section 10.

2 Mathematical Preliminaries
2.1 Fuzzy Set [13]

Let X be a space of points (objects). A fuzzy set A in X is an object of the form A = {(z, pa(z)) : * € X} where g : X — [0, 1] is called the
membership function of the fuzzy set A.

2.2 Intuitionistic Fuzzy Set [21]

Let X denotes the universal set. An intuitionistic fuzzy set A in X is an object of the form A = {(z, pa(x),va(x)) : z € X} with the condition
0<pa(z)+va(z) <1l VaeeX. Herepa,va: X — [0,1] define the membership function and the non-membership function for every element
x in X respectively.

2.3 Neutrosophic Set [35]

Let the set X be a space of points (objects) and € X. A neutrosophic set A in X is defined by a truth (i.e., membership) function p 4 (), an indeter-
minacy (i.e., hesitation) function o 4 () and a falsity (i.e., non-membership) function v 4 (x) and having the form A = {(z, pa(z),c4(z),va(2)) :
x € X}. Here pa(w), 04 (x) and v (x) are real standard or real non standard subset of |0~, 1% [, thatis, pa, 04,74 : X = ]07, 17 [.

There is no restriction on the sum of p 4 (z), o4 (x) and v4(x), s0 0~ < Sup pa(z) + Supoa(z) + Supva(z) <3t V z € X.

2.4 Single Valued Neutrosophic Set (SVNS) [33]

Let the set X be the universe of discourse. A single valued neutrosophic set A over X is an object having the form A = {(z, pa(z),04(x),va(x)) :
x € X}, where pa,04,va : X — [0, 1] with the condition 0 < p4(z) +oa(z) +va(z) <3 Vz € X. pa(z), ca(z) and v4(x) denote the
truth degree, indeterminacy degree and falsity degree of the member x to A respectively.

2.5 Complement of SVNS [33]

The complement of a single valued neutrosophic set A is denoted by ¢ (A) whose truth, indeterminacy and falsity functions are respectively given by
Beay (@) = va(z),
oea)(z) =1 —oa(z),

Ve(ay(z) = pa(=) for all z € X.

2.6 Union of SVNS [33]

The union of two single valued neutrosophic sets A and B is a single valued neutrosophic set C, written as C = A U B, whose truth, indeterminacy
and falsity functions are respectively given by

paup(x) = maz (pa(z), pp(x))

oauB(x) = maz (ca(x),oB(z))

)

vaus(x) = min (va(z), ve(z)

for all z € X.

2.7 Intersection of SVNS [33]

The intersection of two single valued neutrosophic sets A and B is a single valued neutrosophic set C, written as C' = A N B, whose truth,
indeterminacy and falsity functions are respectively given by

pang(z) = min (pa(z), np(z)),
ocang(z) =min (ca(z),op(x)),

vang(z) = maz (va(z),vp(x)) for all z € X.

3 Mathematical Model

An Inventory model is developed under the following notations and assumptions:
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3.1 Notations

The inventory model is developed under the following notations:

D: Demand per unit time (Decision variable).

(S,Q): Total production cost per cycle.

H: Holding cost per unit item, which is time depended.
1(t): Inventory level at any time, ¢ > 0.

Q: Production quantity per batch (Decision variable).
S: Set-up cost per unit time (Decision variable).

T: Cycle of length.

TAC(D,S,Q): Total average cost per unit time.
W: Total storage space area.
wo: Space area per unit quantity.

3.2 Assumptions

Following assumptions have been considered in the model:
a) The inventory system involves only one item.
b) The replenishment occurs instantaneously at infinite rate.
¢) The lead time is negligible.
d) Demand rate is constant.
e) The total production cost is inversely related to set up cost(S) and production quantity(Q) i.e., f(S,Q) =bS~*Q~Y, b,z,y € R(>0).
(It is a fact that modern machineries which may be costlier than the earlier ones perform better in terms of production rate, products’ quality, etc. The
cost of machineries are considered to a part of set up cost. As the high production rate reduces the unit price, set up cost may be considered to be
inversely related to the production cost. Moreover, it is well known that when the quantities are procured in lot, the per unit cost reduces with the size
of procured units, i.e., the production cost is inversely related with the procured amount.)
f) In general, holding cost is assumed to be constant. But it is more realistic if we consider the holding cost increases with time, that is, it is time
depended. Assume H = at.

4 Model Formation

In this model the inventory level gradually decreases to meet the demand (See Fig. 1). Therefore the differential equation describing I(t) at time t
over the time period (0,T) is given by

dI(t
A _ o o<i<rT )
dt
with the initial and boundary conditions 1(0) = Q and I(T") = 0.
(1)
Q
D
0 T 7 l‘t;

Figure 1: Crisp inventory model

The solution of the above differential equation is I(¢t) = Q — Dt.
Also we have, T = %

Inventory holding cost = fOT HI(t)dt = fOT at I(t) dt = ggz .

3

Total inventory related cost per cycle = set up cost + holding cost + production cost = .S + % + f(S,Q)
2

Total average cost per unitcycleis TAC(D, S, Q) = % + % + %

There is a limitation on the available storage space area where the items are to be stored, i.e., wo@Q < W. This restriction on available storage space in
the inventory problem cannot be ignored to derive the optimal total cost.
Thus the primal problem for the inventory model can be written as:

_ _SD | aQ? bD
Min TAC(D,S,Q)—6+67D+W
subject to C(Q) =woQ < W,

D,S,Q > 0.

@

The problem (2) is a constrained posynomial Primal Geometric Programming Problem (PGPP). Here Degree of Difficulty (DD) [It is defined as DD =
total number of terms in objective and constraint functions - total number of decision variables - 1] for the problem = 4-3-1 =0.
Therefore the Dual Geometric Programming Problem (DGPP) of (2) is as follows:

1 wo1 a w2 b wo3 wo \ Wit
Maz de(w) = | — 2 o 3
az de(w) (wm) (61002) (wos) <W> @
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subject to the normality and orthogonality conditions

wo1 + woz + woz = 1,
wo1 — wo2 + wo3 = 0,
wo1 — zwo3 = 0,
—wo1 + 2wo2 — (1 + y)woes + w11 =0,
and the positivity conditions are wo1, W2, Wo3, w11 > 0

where w = (w(n, wWo2, WO3, ’w11)T.
Solving the above equations we get the dual variables and the dual objective function as given below:

1
x 1 1 y—x—1 2a(z + 1) V21 b rwgyy—a—1] 200Fo)
i R ¥ = -, * R o J— , d d* *) — I i) 4
YT o) 2T YT oy T gy M e(w) ( 3 z* <W> @

where w* = (w{;, wy, wis, wi‘l)T.
[Noted that from positivity conditions we have, z > 0 and y > z + 1.]
Now primal-dual relations for obtaining the decision variables are

SD PR * CLQ2 PR * bD PR * UJQQ w;l
o wprde(w™), D - wpade (W), SeQity wpade(w™) and W - wt, )
Solving the above equations (5), the optimum decision variables are obtained as follows:
1
1/2 T /W 3z+y+3] 2(1+=) 1 w
Dt = (7“ ) 1(7) 5= [ (B0 ana @ = ©)
6(x+1) b \wo w wo

The corresponding optimal value of the cost function T.F (D*, S*, Q*) is obtained as

2a(ac—|—1))1/2 {ﬁ(wO)y—x—l}ﬁ o

T*(D*. S* *) hated
c( ’ 7Q) ( 3 w

xrT

5 Neutrosophic Non-linear Programming

A non-linear programming problem can be written in the following general form:
Min f(x)
subjectto  g;(z) <c¢j, (j=1,2,...,n)
_ T
z = (x1,22,...,Zm)" > 0. ®)
Usually the constraint goals are taken as fixed. But in real life one can find that the constraint goals may be imprecise. So let us take the constraint goal
be at least c;jand the maximum allowable tolerance due to impreciseness be c1; for the 4" constraint. For this fact the constraint goals are converted

into neurosophic constraint goals.
Thus the non-linear programming problem reduces to the following Neutrosophic Non-linear Programming (NNP) Problem:

Min f(z)
subjectto  g;(x) = ¢; with maximum allowable tolerance c1;, (j =1,2,...,n)
x> 0. ©

6 Solution Procedure
6.1 Stepl:

To solve the NNP problem (9) following Werner’s Approach the problem is divided into two sub-problems; one sub-problem is considered without
maximum allowable tolerance and another sub-problem is considered with maximum allowable tolerance in the constraints. Therefore the two sub-
problems are as follows:

Sub-problem I:

Min f(x)
subjectto  gj(z) <c¢j, (1 =1,2,...,n)
z > 0. (10)
Sub-problem II:
Min f(z)
subjectto gj(z) <c¢j+c1j, (1=1,2,...,n)
z > 0. (11

Let the optimum solutions for the two sub-problems (10) and (11) be (z*, f(x'*)) and (x2*, f(22*)) respectively.

6.2 StepII:

For Neutrosophic Optimization Problem (NOP) problem we assume that U J‘f (2)’

bounds of the truth, indeterminacy and falsity functions for objective respectively.

n
Ut () Uf () and Lf(r), L% (2> L'f () be the upper and lower
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Now we define those upper and lower bounds as follows:

Ut = mar{ £, £}, LE . = min{fa), 1)},

o _TH © _TH a — M
Uf@) = L@y 700 Wiy = Liay)s Liw = Lf(I)’

v e v L
Uf@) = Uiy LYy = L@y + v Ufe) = L (ay)-

where 0, and §,, are predetermined real numbers in (0, 1).

Similarly, for the j th constraint let U ,ue L UY. and L* s , L be the upper and lower bounds of the truth, indeterminacy
(@) Tgj(x)’ 7 gj(x) gj(z) g;(z) ( )
and falsity functions respectively. Then let us define them as
W . ) w —
Ugj(z) =c¢j + c1j, ng(z) = ¢j,
o Y . o Y
Ugi@) = Lg; @) + €0 L@ = Ly
v _TTH v — T .
Ugi@ =Yg (a) Ly =Lg;@) T evi-

where €, and €, ; are predetermined real numbers in with 0 < €55, €, < c15, j=1,2,...,n

6.3 Step III:

According to the assumptions given in step II the truth, indeterminacy and falsity functions for the objective are defined as follows (See Fig. 2):

. Iz
1 if flo)<L¥
Vi =@
i (@) = U ey~ L) i L@ < (@) <Up,
0 if f( ) f(z)
and
L F@) < L,
_ flo) "I
Uf(-”)(m) - U}’,(m)—L‘;(m) Zf Lf( ) < f(.l‘) < Uf(ac)
0 if f(x)>Uf(x)
and
Of( )L 1) S L
_ )7 () . v v
v ) =< s—2> if L < f(x) <U
f(ac)( ) Uf(z)_Lf(z) f f(z) f( ) f(z)
1 if f( ) f(:c)

M (x).0, Fix) (x),v o0 (x)

1‘
=] ﬂf(x‘-(x)
Cre (®
[—] Vf[x;-(x)
0 o L U 9

Figure 2: Rough sketch of truth, indeterminacy and falsity functions for objective function

Similarly, according to the assumptions the truth, indeterminacy and falsity functions for the j** constraint are defined as follows (See Fig. 3):

1UH o if g( )<Lg (z)
g;(x) 99 .
Hg;(x) ($) = W if LZ](T) < g](:c) < U;‘J(z)
i) Fgj ()
0 if gj( x) > U; (z)
and
L if i) LY ()
= Ugj(z)igj(z) of L° < <U°
Ugj(m)(z) = m if gj(x) = g(z) 9;(x)
0 if gj(z) > Ug (x)
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and
0 3 7'f 9gj (w) S ng (z)
B Qj(E)*ng(x) i L < g;(x) < UV
Vo) () = Uy o Loymy 0 Toi(@) =99 = P
1 if gj(z) >UY

g5 (x)

#g_.(x;.(-’f)=gg__.(x;. (x)=1’g__.(x;.(x)

14

El .vug__ (x)(x)
=] Oen (x)
=] Ve (x)

Figure 3: Rough sketch of truth, indeterminacy and falsity functions for j th constraint

6.4 SteplIV:

In Neutrosophic Optimization Technique the decision maker wants to maximize the degree of truth and to minimize the degree of indeterminacy and
the degree of falsity of the objective and the constraints both. Therefore the NNP problem can be formulated in the following form:

Max B (2) (%), gy () (T)s by (2) (T, s gy, () (2),
min Of(x) (33), Og1(x) (I), Ogo(x) (I), 9 Ogn (x) (33),
min Vi) (@) Vgy (2) (), Vo (2) (T)5 0 Vg, (2) (T)

subject t0 fif(4)(T) 2 0 p() (T), Hig; () (T) 2 g )(@), (G=1,2,...,n)
2 Vi) (@) By (2) (@) 2 Vg @) (@), (
B @) (@) T5(2) (@), V() (@); Bg;(a) (), 0g;(2) (2); Vg (@) € [0,1], (5=1,2,...,n)
x> 0. (12)

K (z) (@)
()

Based on weighted sum approach with equal weights the above problem reduces to the following crisp non-linear programming problem:
Max VEA() = pipa) (@) + D brg; () (@) = 00y () = D 0,y (@) = V(o) (2) = D g (a) ()
j=1 j=1 j=1
subject to  pu (5 (x) 2> T f(a) (), ng(z)(w) > a'gj(z)(x), (Gj=1,2,...,n)
Hf(x) (LL‘) > Vf(x) (:L‘)7 :ugj (z) (x) > ng (z) (CC), (] =12, TL)
Hf(x) (@), Of(x) (), Vf(x) (z), Hg;(z) (z), Og;(x) (), Vg;(x) (z)€ [0,1), (G=12,..,n)

x> 0. (13)
The above problem is equivalent to
Max VFEys(z) = K — VFy1(x)
subjectto  f(x) € [Ly,Uy] and gj(x) € [Lg;,Uq;],(j =1,2,...,m) (14)
x> 0.
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where
H o _JJo M H v . o
1, = — e = Ve e vy = — @Y = Liw i
H _TH 770 o ’ - L _ M v — LY ’
U@ = L@y = Vfw) T L) U@ = L@ T Vs = L
1% o _J70 1% K v B a
Ul ~ Y@l @ U@ ~ Lo ;@) o
ng UM _L* _yUc° + Lo ’ Ugj Ut M T+ Uv _ v ’ (-7 - 1,2,“.,%)
g5 (z) g5 (z) g5 (z) g5 (z) g5 (z) g5 (z) g5 (z) g5 (z)
1% o v n I - v
ke Yo Yie i S Y0 U@ Yy
1 Tk o _ 7O v TV 1 T o _JoO v TV ’
Usw) “Li@y Vi) 5w Ufw ~Liw 55|V ~Louw  Ysw Lo Use ~ L@
and
VFAl(x) = Uﬂ f(m)LN - Ua f(m)La + Ul/ f(z)Lu + U# gj(xi# - Uo gj(ﬁia Uu gj(xz/u
@ " L@ Vi) @ Ufe ~Liwl) S| Yse Loyw Use " Lhe  Yse = Logw

Now it is sufficient to solve the following crisp minimization problem

f(x) f(z) f(=)
UF [P U? . —Le . Tuv . —rv
f@) " P @) ~ Fi@) f@) " Fi@)

subject to the same restrictions as given in (14)

MinV Fay (z) =

[U” gj(z) 9 (@) n g;(z)
J=1 g;j

_TH - o _JO v _ TV
i@ Lo Yghw @ Uge " Lee

15)
P r P; Ajkr
It f(z) =32, Cor [I7Ly 2r®" and gj(x) = Zk]:1+ijl Cik Iy "
where Cj, >0 for k=1,2,..,P;; j=0,1,2,...,n and ajp (k=1,2,..,1+P;_1,...,P;; j=0,1,2,...,n; r=1,2,...,m.) are
real numbers.
Then the problem can be taken as a crisp unconstrained posynomial PGPP with DD = Z?:D P; — m — 1, provided that the optimal solution of

f(z) € [Ly,Uy] and thatof gj(z) € [Lg;,Ug;], j =1,2,...,n.

7 Application of Neutrosophic Optimization Technique
7.1 An Inventory Model

Consider the inventory model (2) and assume that the storage area is flexible. Also assume that the maximum allowable tolerance be wy due to
impreciseness in the space constraint.
Therefore the inventory problem is converted into the NOP with flexible space constraint as given below:
SD  aQ? bD

Min TAC(D,S,Q)ZH"'@"FW

subjectto  we@ =X W with maximum allowable tolerance wy, (16)
D,S,Q > 0.
According to step I following Werner’s Approach we first have to solve the following two sub-problems.
Sub-problem I: ,
Min TAC(D, 5,Q) = %3 n % + %
subjectto  wp@ < W,
D,5,Q > 0. a7
Sub-problem II:
Min TAC(D, S,Q) = sD + ﬁ + oD

Q 6D SeQlty
subject to woQ < W 4 wp,
D,S,Q > 0. (18)

Solving (17) by GP method the optimum decision variables and the corresponding optimal objective T are obtained as:

1

1/2 z /W 3z+y+3] 2(1+=) 1 W

D*: ( - ) : ( ) ’ S* - [bx(w())y] 1+Z7 Q* = ’
6(x+1) b \wo 4% wo

and T = (M)l/z [ﬁ(ﬂ)yﬂ:fﬂ 2(1711)
(19)
Similarly, solving (18) by GP method the optimum decision variables and the corresponding optimal objective Tp are obtained as:
1
D — (L>1/2 ﬁ(u)mﬂm 3(1+7) o {bx($>y}ﬁ . Wi
6(-T + 1) b wo ) T o , - ’
1
2 AREN y—2-1] 2=
and Ty = (M) i (&) .
3 z* \W +wp
(20)
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According to step II assume the upper and the lower bounds for the truth, indeterminacy and falsity functions for the objective respectively as given
below:

UL = maz{To, 1} = T1, LY = min{Ty,T1} = To,
Uf =To + 6o (T1 — To), T = To,
U%:Th L%:To—‘r(s,/(Tl—To).

where 5 and d,, are predetermined real numbers in (0, 1).
Similarly, the upper and the lower bounds for the truth, indeterminacy and falsity functions for the constraint are as follows:

UL =W + wp, LE =W,
U =W +e5, =W,
Ul =W + wp, c=W+e.

where 0 < €5, €, < wp.
Now let us write the truth, indeterminacy and falsity functions for the objective with the help of step III (See Fig. 4).

1 if TAC(D,S,Q) < Ty
pr(TAC(D, 8,Q)) = § L=LAADSD i 1y < TAC(D,S,Q) < Th @n
0 if TAC(D,S,Q)>T
and
1 if TAC(D,S,Q) <To
or(TAC(D, S,Q)) = § Totlellth)ZACD8Q) it 1y < TAC(D, $,Q) < To + 84 (T1 — To) 22)
0 if TAC(D,S,)>To+ éo(Th —To)
and
0 it TAC(D,S,Q) < To +8,(Ty — Tp)
vr(TAC(D, 8,Q)) =  TACLE Mot M=T0)} i 7 4 5,(Ty — Ty) < TAC(D, S,Q) < Ty 23)
1 if TAC(D,S,Q)>T

%(TAC(D‘S‘Q))‘JT(TAC(D-S-QD-VT(TA(ID-S-Q))

=1 & (T44D.5.0))
(=) o-14dD,5.0)
=] v;(TAQD.5.0)

I
I
I
!
I
i
i
|
I
I
1
!
T,

o L+6@-p [+q-p L TAADSO)
Figure 4: Rough sketch of truth, indeterminacy and falsity functions for objective function

In the same way, the truth, indeterminacy and falsity functions for the constraint are respectively as follows (See Fig. 5):

1 it C(Q)<W
no(C(Q) = § HH=CE@ it W < C(Q) S W +w, 24)
0 if C(Q)>W +uw,
and
1 it C(Q)<wW
oc(C(Q)) = WEe=CD if W <CQ <W+e 25)
0 if C(Q) =W +e
and
0 if C(Q)<W+e,
vo(C(Q)) = § SL-ITEL) it Wt e, <CQ) S W +wy (26)
1 if C(Q)>W +uw,

where 0 < €1, €2 < wp.

According to step IV the NOP can be written as an equivalent crisp non-linear programming problem as follows:
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1(C@)). 0, (C(Q)).v,(C(O))

1f :
[=] 4. (C(O) i
=] -(C@) H
(=] v, (C(@) i
0 II?’ W+e, W+e, W+w, C(Q)

Figure 5: Rough sketch of truth, indeterminacy and falsity functions for constraint

Sub-model I:

Max VFa2(D,S,Q) = pr(TAC(D, S, Q)) + nc(C(Q) — o (TAC(D, §,Q)) — 0c(C(Q)) — vr(TAC(D, S,Q)) — vo(C(Q))
subjectto  ur(TAC(D, S,Q)) > or(TAC(D, S, Q)),

re(C(Q)) 2 oc(C(Q)),
wr(TAC(D, S,Q)) 2 vr(TAC(D, S, Q)),
re(C(Q)) 2 ve(C(Q)),
wr(TAC(D, S,Q)),or(TAC(D, 5, Q)), v (TAC(D, S, Q)),
1o (C(@Q)),0c(C(Q)),ve(C(Q)) € [0,1],
D, S,Q > 0. 27)
Above non-linear programming problem can be reduced into the following unconstrained non-linear programming problem.
. a@? bD
Min  VFa3(D,S,Q) = K1 (6+E+W)+KQQ
subject to D,S,Q > 0. (28)
provided that
T1+ (1—6,)T¢ wow 2
TAC(D, S,Q) € {To, M} and Q€ { L} . (29)
2—06, wp wp  (2wp — €)wp
To+8, (T1 =T, v
where VFar(D,8,Q) = (g ) (To - 2o+ TotefsTo) ) W W 4 Weker _ ypy(p, 5, Q),
K = TliTO |:17i+71715,/:| and Ko = [%27%4»711}:86”]
It is an unconstrained posynomial PGPP with DD = 0.
Therefore the DGPP of (28) is as follows:
K wo1 K wo2 bK wo3 K. wo4
oo = () (o) o) (i)
wo1 6wo2 wo3 wo4
subject to the normality and orthogonality conditions,
wo1 + wo2 + wo3 = 1,
wo1 — woz2 = 0,
wo1 — zwo3z = 0,
—wo1 + 2wo2 — ywo3 + wosa =0,
and the positivity conditions are wo1, W02, Wo3, wod = 0
where w = (wo1, wo2, W3, wo) L .
Solving the above equations we get the dual variables as,
1 1 —z—1
wy = L, wie = At wiyg = ————, and wi, = LA 30)
l1+z+y l1+z+y l+z+y l+z+y
Using the above values we get
1
14z y—z—1] TFaFy
o a 242z b Ks
d - _o ) germl (2 @1
n(w) =1 +zty) (6(1+I)) L g (yf:rfl
To find the decision variables, the primal dual relations are,
SDK; aQ?Ky bDK;
0 = wydy, (W), 6D woady, (W*), S0ty = wigdy (W), K2Q = wgydy, (w™). (32)
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By solving the above equations the optimum decision variables and the corresponding optimum objective function 775 (D*, S*, Q*) are obtained as:

1 .
p* = (7>++i(w>++ T e (M)“ (L)
61+2) a® K> ’ a Kily—z—1) :

Q*_ ( a )1+zi (Kl(yfwfl))22+2 ﬁ
T \6(1 + =) x® Ko ’

1
( a )Hz 2 (Kl(yi‘ = 1))1+$_y] B 33)

l1—z+y
d TX(D*,5%,Q") = |aTrety + (1 1
and Tu Q") [m T+t } 6(1+2) = K>

‘We know the fact that in case of neutrosophic set there is no restriction on truth function, indeterminacy function and falsity function other than they
are subsets of |07, 1 [, thus; 0~ < Inf p+ Inf o+ Infv < Sup p+ Supo + Supv < 3%

In the Sub-model I, the indeterminacy function is taken as monotonically non increasing function like truth function. But one can define it as
monotonically non decreasing function like falsity function also. In that case, the indeterminacy function for the objective and the constraint respectively
will be defined as follows (See Fig. 6 and 7):

0 if TAC(D,S,Q) §T0+(5U(T1 —To)
or(TAC(D, S,Q)) = TAC(vava?j;é)T(ﬂlt‘fi()Tl—Tfm if To+ (Ty — To)é1 < TAC(D,S,Q) < Ty (34)
1 if TAC(D,S,q)>T:
and
0 if C(Q)<W +er
oo (C(Q) = § Q=W tee) it w4, < O(Q) < W + 1wy (35)
1 it C(Q)>W +wp

where 65 € [0,1] and 0 < €5 < wp.

.nuf (TAC(D-S- QD‘J;'(TAC(D S- Q)):VT (TAqD-S- Q))

14
= 4 (T44D.S.Q)
(=] o/ (r4AD.5. Q)
=] v {T4dD.S.Q)

1+4GD) a6 T TAADSQO

Figure 6: Rough sketch of truth, indeterminacy and falsity functions for objective in Sub-model II

1(C(O)). o, (CO)). v, (C(O)

14
=] u.(cO)
(=] oLcO)

=1 v.(Cc(@)

0 w Wae, Wtg, g e ()
Figure 7: Rough sketch of truth, indeterminacy and falsity functions for constraint in Sub-model II

Now depending on the choice of indeterminacy function we can change the model formulation. If we take the indeterminacy functions as given in
(34) and (35) and the truth and falsity functions as they are in Sub-model I, then after applying Neutrosophic Optimization technique the problem (16)
reduces to the following crisp non-linear programming problem:
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Sub-model II:
Max VFarr(D,5,Q) = ur(TAC(D, 5,Q)) + pc(C(Q)) — op(TAC(D, 5,Q)) — 00 (C(Q)) — vr(TAC(D, S, Q) — vc(C(Q))
subjectto  pr(TAC(D, S,Q)) > opn(TAC(D, S, Q)),
pe(C(Q)) = 0 (C(Q)),
H‘T(TAC(D7 S? Q)) 2 VT(TAC(D7 Sv Q))7
pe(C(Q)) > ve(C(Q)),
pr(TAC(D, 8,Q)), or(TAC(D, 8,Q)), vr(TAC(D, 5,Q)),

1 (C(Q)),06(C(Q)),re(C(Q)) € [0,1],

D,S,Q > 0.
(36)

In this case also, required restrictions like (29) can be derived as before. Now this problem also can be solved by GP method as shown in Sub-model I.
In another case, one can take the indeterminacy function for the constraint as considered in (35) and consider the indeterminacy function for the
objective and the truth and falsity functions for the objective and constraints both as shown in Sub-model I. In this case, we have

Sub-model I1I:
Max VFar1(D, S, Q) = pr(TAC(D, $,Q)) + uc (C(Q)) — o (TAC(D, 5,Q)) - 00(C(Q)) — vr(TAC(D, 5, Q) - vo(C(Q))
subjectto pr(TAC(D,S,Q)) > or(TAC(D, S,Q)),

e (C(Q) > 06(C(Q)),

ur(TAC(D, S,Q)) > vr(TAC(D, S, Q)),

re(C(Q)) =2 ve(C(Q)),

(TA (D S Q)) JT(TAC(Dv S? Q))7 VT(TAC(Dv S? Q))7

1c(C(Q)),00(C(Q)), ve(C(Q)) € [0,1],

(@
D, 5,Q>0.
3N

Similarly, one can take the indeterminacy function for the objective as given in (34). Now assume that the indeterminacy function for the constraint
and the truth and falsity functions for objective and constraint both are same as in Sub-model I. In this case, the problem (16) reduces to
Sub-model IV:

Max  VFarv(D,8,Q) = pr(TAC(D, S, Q)) + uc(C(Q)) — op(TAC(D, 8,Q)) — 0c(C(Q)) — vr(TAC(D, S, Q) — v (C(Q))
subjectto pr(TAC(D,S,Q)) > UT(TAC(D, S,Q)),

ne(C(Q)) = oc(C(Q)),
,U‘T(TAC(Dz S: Q)) 2 VT(TAC(D7 57 Q))7

c(CQ)) > ve(CQ)),
pr(TAC(D, S,Q)), o7 (TAC(D, S,Q)), vp(TAC(D, 5, Q)),

1o (C(Q)),0c(C(Q)),ve(C(Q)) € [0,1],

D,S,Q > 0.
(38)

In Sub-models III and IV, appropriate restrictions like (29) can be derived and they can also be solved proceeding the same solution procedure as in
Sub-model I.

7.2 A Non-linear Problem

We consider the following non-linear problem with a constraint in neutrosophic environment:

Min  f(a,y2) = oty =2
subjectto  g(z,y,2) = 2 4+ y2 + z < 1 with maximum allowable tolerance 0.5,
z,y,z > 0. 39)

Now proceeding as in 7.1, we get the following four Sub-models.
Sub-model I:

Min  fr(z,y,2) = Ki(z~ly™227%) + K, (2® + % + 2)
subjectto  z,y,z > 0. (40)

where Ky =
Sub-model I1:

1 1 1 r_ 1 1 1
Fi—To [1 — T 1—@] and Kp= [ﬁ ot 7045_@] :

Min  frr(z,y,2) = Kir(ety™227%) + Ky (® 492 + 2)
subjectto  x,y,z > 0. 41)
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where  Kir=pto [l b+ o] and Kp=[gs+ 2+ st

Sub-model I1I:

Min  fror(z,y,2) = Kipr(z 7y ™2273) + Ky (2% + 92 + 2)

subjectto  x,y,z > 0. 42)
where  Kyrp = gk [14 2+ 2| and Kppp = [+ &+ ot |-
Sub-model IV:

. o . . ’
Min  frv(z,y,2) = Ky (e 'y 227) + Ky (28 + 92 + 2)
subjectto  z,y,z > 0. (43)

1 1 1 / 1 1 1
where Ky = 5= [1 -5, t 1761,] and K, = [ﬁ tos=, t 0.5751,] :

8 Numerical Experiments
8.1 For Inventory Model 7.1

A manufacturing company produces machines in lots. The company has a warehouse with total floor area (W)= 1000 sq. ft. which is flexible upto
(wp)=500 sq. ft. to store any excess spare parts, if necessary. The space area per unit quantity is (wo)= 216 sq. ft. The production cost of the machine
is related inversely with the set up (S) and the production quantity (Q). It is known from the past records that the production cost is 5S~1Q~3. The
holding cost per unit item is (H)= 21t.

The decision maker wants to determine the optimal values of demand (D), set-up cost (S), production quantity (Q) and the optimal total average cost
TAC(D, S, Q).
According to the input data, the problem (16) becomes

SD  21Q? 5D
Min TAC(D,S,Q) = 22 4 21 |

Q 6D SQ4
subjectto  216Q) < 1000 with maximum allowable tolerance 500,

D,S,Q > 0.

(44)

The values of pre-assigned real numbers on the indeterminacy and falsity functions for objective and constraints are given in Table 1. The optimum
results of the Sub-models i.e., Sub-model I, II, IIT and IV by Neutrosophic Optimization Technique are given in Table 2 and 3. Now we evaluate the
optimum solutions of Sub-model I by different optimization techniques; Fuzzy Optimization Technique, Intuitionistic Optimization Technique [80] and
Neutrosophic Optimization Technique and present the results in Table 4.

8.2 For Non-linear Problem 7.2

For this problem, the pre-assigned numbers for indeterminacy and falsity functions are assumed as shown in Table 1. The optimum solutions for
all the Sub-models (Sub-model I, II, III and IV) by Neutrosophic Optimization Technique are described in Table 2 and 3. In Table 4, we express the
optimum solutions of Sub-model I of problem 7.2 by different optimization techniques like Fuzzy Optimization Technique, Intuitionistic Optimization
Technique [80] and Neutrosophic Optimization Technique.

Indeterminacy functiuon Falsity function
Model/Problem Objective 6, | Constraint ¢, | Objective 9, | Constraint €,,
Inventory Model 7.1 0.6 250 0.4 240
Non-linear Problem 7.2 0.6 0.3 0.4 0.1

Table 1: Values of pre-assigned numbers in indeterminacy and falsity functions

Optimum dual variables Optimum decision variables Optimum objective
Model/Problem Sub-models o | wt, [ uts | e, | 57/ | Dy | O/ function
Sub-problemI | 0.25 | 0.50 | 0.25 0.25 0.22 27.81 4.3 Ty =5.39
Inventory Model 7.1 Sub-problem I | 0.25 | 0.50 | 0.25 0.25 0.11 69.26 6.94 To = 4.87
Sub-model I 020 | 040 | 0.20 0.20 0.15 51.22 6.07 T (D*,S*, Q%) =5.04
Sub-problemI | 1.00 | 0.33 | 1.00 3.00 0.46 0.55 0.60 f1=19.95
Non-linear Problem 7.2 | Sub-problem IT | 1.00 | 0.33 | 1.00 3.00 0.53 0.67 0.90 fo=5.16
Sub-model I 0.19 | 0.06 | 0.19 0.56 0.51 0.64 0.82 f*(x*,y*, z*) =8.60

Table 2: Optimal solution of Sub-model I

9 Discussion

9.1 Verification of restrictions

Here we verify the restrictions given in (29) using the result in Table 2.

Here T = 4.87, TAC(D*,5%,Q*) =5.04 and %—a‘im’ =5.20. ie, TAC;(D*, 5% Q*)=5.04¢c [4.87,5.20].
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ModelProblem | Sub-models | 0o dechion saiables [ Optimum objectve
Sub-model IT 0.15 48.41 5.93 5.07
Inventory Model 7.1 Sub-model IIT 1.13 2.52 1.59 7.04
Sub-model IV 0.21 948.46 22.59 3.63
Sub-model 1T 0.50 0.61 0.74 13.31
Non-linear Problem 7.2 | Sub-model III 0.44 0.50 0.51 1.66
Sub-model IV 0.58 0.77 1.20 69.91

Table 3: Optimum result of different Sub-models using Neutrosophic Optimization Technique

Model/Problem Technique Opimu deciion vatbles_] Optum obecive
Fuzzy Optimization 0.16 44.39 5.70 5.12
Inventory Model 7.1 Intuitionistic Optimization 0.15 48.67 5.94 5.07
Neutrosophic Optimization 0.15 51.22 6.07 5.04
Fuzzy Optimization 0.49 0.60 0.72 14.72
Non-linear Problem 7.2 | Intuitionistic Optimization 0.50 0.61 0.45 12.44
Neutrosophic Optimization 0.51 0.64 0.82 8.60

Table 4: Optimal solution of Model 7.1 and Problem 7.2 using different optimization techniques

2

w; .
Also Xlo — 4.63, Q* = 6.07 and wﬂo + @ tyey = 615 ie. QF=6.07 € [4.63,6.15].
Similarly for other Sub-models, this type of verifications can be performed.

9.2 Comparison by different methods

Though the fuzzy, intuitionistic fuzzy and neutrosophic fuzzy environments are different, still from the Table 4 it is concluded that Neutrosophic
Optimization Technique gives better optimum solution compared with the other techniques for these models.

9.3 Model with best optimum results

From Table 2 and 3, it is seen that, for the present model 7.1 and problem 7.2, the Sub-model I gives the best result. From this, it does not mean that
always Sub-model I will give the best one. In other models, any of the four Sub-models may give the best results.

10 Conclusions

The main objective of this work is to illustrate how Neutrosophic Geometric Programming Technique can be utilized to solve a non-linear pro-
gramming problem. The concept allows one to define the degree of truth, indeterminacy and falsity functions simultaneously. This research work also
presents how to convert NNP into a crisp PGPP with the help of the above mentioned degrees and solve the problem.

In this paper, we have considered two examples- (i) an inventory model and (ii) a non-linear problem with space constraint under neutrosophic
environment. From the numerical examples of these two problems, one can observe that Neutrosophic Optimization Technique has given better solution
than Fuzzy Optimization and Intuitionistic Optimization Technique. The positive advantages of this technique is that it allows to imitate the real life
situation more accurately and hence furnishes more useful solution to the management. This feature has been nicely illustrated in this paper. The
limitation of the present investigation is that for illustration, we have restricted ourselves to the problem of GP type. Obviously, it limits the scope of
modelling as GP problems demand posynomial expressions with zero degree of difficulty for less computation. However, the proposed method can be
applied to any type of linear and non-linear optimization problems in the areas of supply chain management, portfolio management, etc. In the present
problem, we have considered only one objective function. Present method can also be applied to multi-objective problems using any one of the available
methods to convert multi-objective problem to a single objective one.

Thus, in future, this research work can be extended to develop Neutrosophic Geometric Programming Technique for solving several types of single
objective and multi objective inventory models.
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