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ABSTRACT

JANUS IT is aresearch systemto design and test compo-
nents of speech to speech translation systems as well as a
research prototype for such asystem We will focus on t wo
aspects of the system l)newfeatures and r
formance of the speech
and 2) t
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The recognizer used in the current JANUS I1 prototype
systemis a CDHMMbased recognizer. The exact configu-
ration varies fromtast to task. For the l ast VERBMOBI
eval uation on German scheduling di al

cessing on a 7 fran

fic
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O ;e two parsers have clear strengths and weaknesses.

{dR* tries to match input utterances to an interlingua
speci fication, so although words can be skipped with a
penal ty, the parser is less robust over disfluent i nput. Input
that 1s parsed, though, is generated in the target | anguage
using syntactic constraints; this neans that translations
through Q.R* are more likel y to be conpl ete gramatical
sentences than those translated through PHEN X whi ch
parses and generates only at the speech act level.
AR tends to break down when parsing 1 ong utterances
that are highly disfluent, or that significantl y deviate from
the grammar. In many such cases, .R* succeeds in pars-
ing only a snall fragnent of the entire utterance, and im
portant input segnents end up being ski pped. PHOEN X
is significantl y better in anal yzi ng such utterances. Because
PHOEN Xi s a chart parser that is capabl e of ski pping over
input segnents that do not correspond to any toplevel se-
mantic concept, it can recover fromout of domain segnents
inthe input, and “restart” itself on the in-donain segnent
that follows. Fowever, pre-breaki ng i nput to LRf based
on occurrences of human noi se and parsing the shorter sub-
utterances separately significantly reduced this problem
Pre-breaki ng benefits PHOEN X only slightly, mainly in
better resolution of tine expression attachnent anbi gui-
ties. A the current tine, PHOEN Xuses only very sinple
di sanbi guation heuristics, whereas a parse quality necl
ni smhel ps to decide betvween possible parses in AR
Conputational requirements of CLR*, which is |
nented in lisp, are far greater than those of [
inplenented in C PHEN Xis also much faster,
ing 16 ns per parse conpared to LR’ s 1-2 m nut
Because the two parsing architectures perfor
di fferent types of utterances, they may be .
wvay that takes advantage of the strengths

5. SPEBECHTRANSLAT ON RESUL

As the goal of the translationin JANISis to pre
content of an utterance, the recognition (SI
(MD) and end-to-end quality need to be :

of howwell the neaning is preserved.

choosen for eval uation, good, ok, a

Transcription: tuesday morni

if an inportant semantic concey
during recognition or transl
translationis judged :

bad (SR): you say
bad (MT): tuesday

if the neaning is ]
sonehow funny, 11
there is still

ok (SR)
ok (MT)

a 100%c
the



