View metadata, citation and similar papers at core.ac.uk

brought to you by 4.

provided by idUS. Depésito de Investigacion Universidad de Sevilla

Hindawi

Mobile Information Systems

Volume 2018, Article ID 5047017, 11 pages
https://doi.org/10.1155/2018/5047017

Hindawi

Research Article

The Influence of Social Networks on the Development of
Recruitment Actions that Favor User Interface Design and
Conversions in Mobile Applications Powered by Linked Data

Pedro R. Palos-Sanchez ®,"? Jose Ramon Saura ®,’ and Felipe Debasa

"Department of Business Management, University of Extremadura, Av. Universidad, s/n, 10003 Cdceres, Spain
Department of Business Organization, Marketing and Market Research, International University of La Rioja, Av. de la Paz 137,
26006 Logrofio, Spain

’Department of Business and Economics, Rey Juan Carlos University, Madrid, Spain

*Department of Contemporary History and Actual World, Rey Juan Carlos University, Madrid, Spain

Correspondence should be addressed to Pedro R. Palos-Sanchez; ppalos@unex.es
Received 30 October 2017; Revised 12 December 2017; Accepted 24 December 2017; Published 19 February 2018
Academic Editor: José J. Pazos-Arias

Copyright © 2018 Pedro R. Palos-Sanchez et al. This is an open access article distributed under the Creative Commons
Attribution License, which permits unrestricted use, distribution, and reproduction in any medium, provided the original work
is properly cited.

This study analyzes the most important influence factors in the literature, which have the greatest influence on the conversions
obtained in a mobile application powered by linked data. With the study of user interface design and a small user survey
(n=101,053), we studied the influence of social networks, advertising, and promotional and recruitment actions in conversions for
mobile applications powered by linked data. The analysis of the users’ behavior and their application in the design of the actions to
promote and capture constitutes an important part of the current theories of digital marketing. However, this study shows that its
results may be contradictory and depend on other factors and circumstances when mobile applications powered by linked data are
considered. The predictive value, reached by the developed model, may be useful for professionals and researchers in the field of

digital marketing and the user interface design in mobile applications powered by linked data.

1. Introduction

The growing use of digital marketing strategies has led to
a great deal of research being published on this subject in the
first decade of the 21st century. Research such as that of [1],
“The marketing communication and the World Wide Web,”
gave rise to various studies of digital technologies and In-
ternet marketing.

Also, over the last few years, there has been a great deal of
academic research published in the field of digital mobile
marketing that helps us understand what the influencing
factors are in order to get conversions from the Internet and
mobile applications.

In the work of Saura et al. [2], the concept of conversion
in the field of digital marketing is explained in the following
way: “Conversion depends on the marketing objective. It

could be a sent form, a click on an ad, or a purchase. It is an
objective or goal.” This definition helps us to understand the
reasons why companies develop their strategies focusing on
obtaining conversions and investigating what influences
how conversions are achieved.

Research such as that in [2], comparing new forms of
Internet advertising versus off-line media, presents the new
digital paradigm and focuses on the relevance of the Internet
for mobile phones and mobile applications powered by
linked data to compare the objectives achieved both online
and off-line. In the work of Jarvinen and Karjaluoto [3], the
use of web analytics in digital marketing techniques in web
pages and mobile applications is studied, and it helps us to
understand which factors to measure to obtain conversions.
In the work of Jayaram et al. [4], the user’s behavior in
social media and the influence on mobile devices, digital
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campaigns like SEO, the acronym of Search Engine Opti-
mization, and SEM, known as Search Engine Marketing, and
mobile applications are analyzed and presented to give
a global view of the digital ecosystem. Using the mathe-
matical algorithm developed by Jarvinen et al. [5], the ef-
fectiveness of SEO and SEM strategies in the financial sector
is analyzed, and the algorithm also provides a relevant
theoretical framework for the material being studied.

Also, in the study of Kannan and Li [6], a reference
framework for digital marketing research that highlights
each part of the online strategy process for desktop and
mobile devices based on user interface design has been
developed with the aim of increasing conversions. The re-
sults of the research conclude that emerging mobile tech-
nologies, such as linked data, will prospectively be the
technologies that will have the greatest impact on the future
of mobile digital marketing as they offer ease of use and
accessibility and that, consequently, will be more effective in
achieving conversions. In addition, the digital marketing
strategies SEO and SEM are linked to social networks and user
interface design in the framework developed for mobile and
fixed devices, which is a fact that is linked to the objectives of
the company with the development of these strategies.

Like the work of Saura et al. [2], studies such as [7] focus
on the opportunities that digital marketing and the evolution
of ICTs (Singular Scientific and Technological In-
frastructures) offer to marketing in the mobile era [8] and
which could be the future of the techniques that influence
achieving conversions.

Likewise, Kireyev et al. [9] investigate the relevance of
the brand by analyzing the queries made in search engines.
This research reveals the relevance of the number of queries
made on search engines that contain the brand name. They
[9] also focus on the relationship between brand relevance
and queries on Google by users who allowed their search
behavior and search history to be monitored while speci-
fying that SEO is a traffic capture strategy and, therefore,
could influence the achievement of conversions on a web
page or an application powered by linked data.

Mathews et al. [10] analyze the impact of traffic coming
from queries in search engines. This research focuses on
organic product searches on SERPs (Search Engine Results
Pages) in Google and Bing search engines. In the research,
amodel for the prediction of search results in the retail sector
is developed which shows that the names of retailers in orga-
nic search results are potentially useful to control the promi-
nence and the impact on the traffic that comes from the
SERPs and which is relevant to the objectives of the
investigation.

Skiera et al. [11] present an analysis of the importance of
“longtail” in SEM, indicating that SEM advertising is one of
the most used strategies on the Internet. In the research,
three SEM campaigns in three countries are analyzed,
monitoring 4408 keywords in 36 weeks, covering a total of
10,014,015 searches and 492,735 clicks. The authors [11]
conclude that 20% of all keywords attract 98.16% of the
searches and that they also generate 97.21% of all the clicks
which the campaign receives, presenting large differences
compared to results from downloads by mobile devices
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and apps, allowing us to understand what the influence of
each type of campaign has on achieving conversions.

Like [4], the research of Roshan et al. [12] aims to analyze
the use of social networks in business. It also focuses on
companies in times of crisis. Communications from 17 Aus-
tralian organizations made on Facebook and Twitter are an-
alyzed, in which a total of 15,650 communications are
considered. The results of the research suggest that the com-
munications on social media of companies that are in crisis
lack the potential awareness to face a crisis using communi-
cation in social networks by making use of speed when using
mobile technologies powered by linked data, highlighting
social networks as a source of quality traffic.

Like [4, 13], the research of Peters et al. [14] defines good
practices for social network management in an organization
in which a framework is proposed with three main com-
ponents which define the main social media elements, based
on marketing, sociology, and psychology theories, and
baptize these terms as “motives,” “content,” “structure” and
“roles and interactions,” based on the theoretical framework.
The literature review suggests nine steps to evaluate and
design an appropriate framework in social media using
mobile traffic and applications. The results of this research
offer an interesting perspective for the structure of a strategy
based on obtaining and increasing the number of conver-
sions by organizing and structuring each of the analytical
indicators that influence conversions.

Also, few studies [5, 7, 10] carry out a thorough review of
the social networking sector in B2B companies revealing the
interest this type of businesses has in social networks. In
addition, the results of the investigation indicate that these
companies must update their knowledge regarding digital
marketing and how to measure and monitor their activity in
this area to increase the recruitment actions in mobile de-
vices based on the user interface design and how this affects
achieving conversions or goals.

Chunga et al. [15] follow the line of the research of Wang
et al. [16], in which an empirical model is developed so that
companies can make better decisions in social networks on
the management and objectives raised in the strategy of
social media marketing based on the interactions of the users
of mobile applications for social networks.

Lohtia et al. [17] evaluate the effectiveness of banners and
display advertisements on the Internet. The authors develop
a data analysis taking into account different inputs and
outputs to estimate and measure the efficiency of the ban-
ners. The conclusion is that the evaluation of how banners
work on the Internet is a complex task since each company
has different inputs and outputs when it comes to starting an
online advertising campaign. Each click on these banners
was considered a conversion.

Like [17, 18], the effects of the banners on the search
behavior of the users are investigated based on other in-
vestigations that suggest that banners have little or no impact
on user behavior and user experience with the interface design
of applications powered by linked data. Garcia-Alvarez et al.
[19] conclude that the observation and the observation fre-
quency on the banners increase with the perception that the
users have of this type of publicity in applications and mobile
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phones. This means that users’ perception affects the number
of conversions that are produced.

This research paper provides scientific evidence of in-
terest to consultants and researchers in digital marketing
and, in general, marketing managers and technicians in
mobile application development who will find contributions
that can help them to identify what the influencing factors
are to achieve conversions in mobile applications powered
by linked data and to determine a possible model of causal
relations that explains why conversions occur.

This research offers the research hypothesis first and then
presents and explains the methodology used, the sample, the
scales and measurement of variables that form the proposed
model of causal relationships, the method of data analysis,
the analysis of the measurement model, and finally, the
analysis of the results and conclusions.

2. Conceptual Framework and Hypothesis
Development

As we have shown, the interest of researchers in the cate-
gories and subcategories present in digital marketing has
been growing as a research topic during the last decade.

In this research, the study is based on the concepts of the
use of social networks, Internet advertising, and pro-
motional actions to achieve conversions in mobile appli-
cations powered by linked data.

The use of social networks is defined by [19] as an online
community that makes it easy to publish, share, and dis-
seminate information as an online collaboration to increase
interactions and links to dynamic content on web pages or
mobile applications powered by linked data.

Internet advertising is becoming a real fact. Aslam and
Karjaluoto [20] indicate that Internet advertising has radi-
cally transformed how companies do business, especially
with methodologies to increase sales of their products and
services on the Internet. The paradigm of advertising now is
not from the traditional to the digital but from the digital to
the mobile. New advertising formats adapted to new mobile
devices are highlighted.

Conversions are defined by Sumita and Zuo in their
research [21] on mobile Internet access as an online indicator
of particular interest, in which consumers perform a specific
action on a website or an application, such as clicking on
a button, making a call, or sending a form. Sumita and Zuo
[21] propose a model to quantify the impact of mobile ap-
plication access to the Internet and the conversions they make.

Promotional actions in the Internet are defined as different
types of tactics carried out on the Internet such as discounts,
coupons, or incentives. Crespo-Almendros and Barrio-Garcia
[22] analyze several investigations to determine, with respect to
a sector, the level of optimization of the experience of a website
or a mobile application—in this case for the sale of airline
tickets—to increase sales on the Internet.

Based on the research presented, we developed the re-
search hypotheses presented in this study:

H1I: the use of social networks by users influences (+)
Internet promotion actions.

Like [4, 12], the investigation of Wang et al. [16] analyzes
the communications made by companies of a particular
sector in social networks. The research develops a content
analysis of 390 companies to examine the impact of Internet
promotion actions on the Facebook social network, in-
cluding metrics such as the number of likes, number of
shares, and characteristics of posts and their links. The re-
sults of the research show that the tone and narrative used in
the promotional actions are directly associated with the
engagement of communications in social networks in mo-
bile applications powered by linked data.

In addition, the research carried out by Bernabé-Moreno
et al. [13] develops an enriched consumer recruitment
system to increase retention of users in campaigns on social
networks. The possibilities offered by the geolocation of
mobile applications in social media open the door to new
ways of listening to the consumer to improve promotional
actions on the Internet. The authors develop a system that
categorically extracts interactions in social networks
according to location and industry and quantifies the impact
over a period of time. Definitions for the capture and re-
tention of users on social media are shown as conclusions of
the research. These can improve the efficiency and profit-
ability of the promotional actions in the Internet.

Viasquez and Escamilla [23], in their research, carry out
a thorough analysis of the best practices for marketing on
social networks using SMEs. The objective of the research is
to propose the best practices in the use of social networks
with SMEs. An exploratory study of successful case studies is
carried out, providing, on one hand, the identification of best
practices in the use of social networks and, on the other
hand, developing a social media marketing strategy for the
promotion of SMEs on the Internet. Consequently, the
relationship between the use of social networks and pro-
motional actions on mobile Internet is studied.

H2: advertising influences (+) Internet acquisition
actions.

The research of Deane and Agarwal [24] in parallel to the
research of Nabout and Skiera [8] shows that 23% of digital
marketing strategies are based on online advertising. They
[24] also propose a model to make this investment more
effective by scheduling the appearance of ads at certain time
slots. Therefore, we can state, according to their research,
that advertising would indeed be related to the promotional
actions that companies make on the Internet.

Studies [26, 2] investigate whether the Banners (Display
Ads) on web pages, together with emails, have an influence
on the searches that users make in search engines. This
research develops a model of online advertising attribution,
in which reflections are made on how advertising increases
the number of clicks on search results and also on the cost of
the campaigns, thus modifying the following promotional
actions on the Internet.

H3: advertising influences (+) conversions on the
Internet.

Other authors focus their attention on web analytics and
the definition of KPIs for the optimal analysis of digital
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FIGURE 1: Structural model proposed for the development of hypotheses.

strategies. Condit [26] develops an investigation on the main
indicators for digital analytics focusing the study on a li-
brary. Also in [27], the definition of web analytics is con-
sidered as an improvement in Internet communication with
the measurement of conversions or leads achieved by the
company. The work of Lee [28] focuses on the acquisition of
users through the measurement of digital marketing actions
by analyzing each purchase as a conversion.

The research of Nabout et al. [29] examines the optimal
cost that companies as advertisers invest in SEM advertising,
demonstrating that agencies achieve higher results than
those demanded by advertisers by basing the analysis on the
number of conversions achieved. In addition, this research
provides insights on how to measure investment in SEM if
earnings per conversion are not clearly defined by the client
and agency.

H4: recruitment actions
conversions.

(+) Internet

influence

Royle and Laing [30] focus their research on developing
a measurement model for digital marketing techniques in
search engines, taking SEO as a recruitment action on the
Internet. The work of Nabout and Skiera [8] also focuses
attention on improving the investment made in search
engines and optimizing conversions, treating the SEO
technique as an action to attract users on the Internet.

The research of Marinova [25] on permission e-mail
marketing is focused on how companies use e-mail mar-
keting to capture customers on the Internet. The research
[25] also points out that it is common to create distribution
lists to analyze the e-mails that reach the consumers that
form the databases of the companies, indicating that it is
a fact that the users are connected for more time, thanks to
mobile devices, allowing the companies to acquire data on
the use of traffic arriving at web pages.

In addition, the research of Ahangar and Dastuyi [31]
provides solutions on the persuasive language that com-
panies use in their communications for user recruitment.
They [31] also identify and classify the types of persuasive
messages that e-mails must contain and categorize them into
ten types of e-mails and thirty-six steps to perform an ef-
fective e-mail marketing for recruitment of users by Internet
companies.

Kim and Tse [32] conduct research in which they analyze
the less popular search engines versus quality search services,
aiming to improve conversions and leads on the Internet.
Kim and Tse [32] conclude that the quality of the content
that gets conversions depends on two variables, namely, the
amount of content available on the Internet and the dif-
ference in search quality between a nonpopular search
engine and a popular search engine.

With the development of these hypotheses, this research
aims to identify what the influencing factors are in order to
achieve conversions in mobile applications powered by
linked data and find a model of causal relationships that
explains why conversions occur and what influences their
occurrence.

Figure 1 shows the structural model proposed for the
development of hypotheses.

3. Methodology

3.1. Sample. The chosen methodology has been used to find
the results of the user experience in 30 mobile applications
powered by linked data and the subsequent survey answered
by the users of those applications. To do this, the data were
gathered with an electronically administered survey to users
of 30 leading companies in mobile digital marketing which
invoiced more than 3 million euros through digital mar-
keting strategies, social media marketing, advertising, and
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actions of recruitment and loyalty with mobile applications
in the Internet in Spain during the last year.

The individuals surveyed were between the ages of 18 and
72 and were occasional users of the selected mobile appli-
cations. A simple probabilistic sampling was carried out on
users who made use of the mobile applications powered by
linked data. The study was conducted between January and
June 2017. The total volume of visits that made up the
population universe for the study was 2,010,535 million visits
that were studied as user experiences from the information
provided by Google Analytics. Of all those experiences based
on optimization of the user interface design, finally, the
representative sample consisted of 101,053 consumers who
answered a brief survey to assess the user experience in the
mobile applications powered by linked data that they accessed
to make their purchases, when leaving the mobile application.

Demographic characteristics such as age and gender have
been very significant in relation to the Internet and in the
adoption of mobile commerce. These have been examined by
different investigators, for example, those of [33-35].

It was observed that 60.35% of the respondents who
accessed mobile applications are men, while 39.65% are
women. The people who have accessed the most mobile
applications are between the ages of 29 and 39 corre-
sponding to women, followed by men ranging from 37 to 47
years. These data can be observed in Table 1.

The 30 companies from which 1,096,770 customer IDs
have been analyzed are from the sectors corresponding to
education (1), distribution (2), legal (3), health (4), leisure
(5), real estate (6), automobile (7), financial (8), services (9),
and logistics (10) and represent the best companies in terms
of results in the digital marketing sector in Spain.

Table 2 shows the number of user IDs that have been
analyzed in each sector.

The sample was reduced to 101,053 IDs because of the
quality required to perform the analysis based on metrics
such as rebound percentage or duration of the visit.

3.2. Scales and Measurement of Variables. The survey was
performed using the Likert 5-point scale, which allowed us
to measure attitudes and experiences on the degree of
adequacy of the respondent to any statement we proposed
(1: completely disagree; 5: completely agree) regarding the
design and user experience on each website.

Data related to the user experience were extracted with
web analytics measurement software on 2,010,535 customer
IDs corresponding to the companies under study. When
performing quality tests for each of the user IDs analyzed,
the sample was reduced to 101,053 unique user IDs, mainly
due to the high rebound count percentage of many of the
sessions analyzed (greater than 87%). The rebound per-
centage is an indicator that marks the interaction percentage
and the length of time the user has with the web page, and
this determines the quality of the visit [8].

Any survey can have measurement errors which ques-
tion the validity of the conclusions regarding the relation-
ship that might exist between the measurements, and it is
widely recognized that such errors have random as well as

TaBLE 1: Samples’ sex and average age.

Sex Percentage Average age
Women 39.65% 29-39 years
Men 60.35% 37-47 years
TaBLE 2: IDs of analyzed users.
Company sector User ID
Education (1) 134434
Distribution (2) 189201
Legal (3) 93043
Health (4) 217058
Leisure (5) 37997
Real estate (6) 17901
Automobile (7) 87867
Finance (8) 98160
Services (9) 201142
Logistics (10) 19967

systematic components. Therefore, it is important to take
measurements so that there is no so-called “common
method bias” associated with how to answer the various
questions in the questionnaire. Thus, as a preventive mea-
sure of these errors, a number of recommendations were
followed during the design of the questionnaire used in our
study [36, 37]. To this end, clear and concise questions were
formulated with terms that were very familiar to the users; the
answers were guaranteed confidential so that users could
answer as honestly as possible, and changes were also made in
the way the questions were written for the different scales.

The order of some of the questions and the problem that
this might entail was counteracted by changing them at
random. After data collection, the Harman single-factor test
was used as a measure of post hoc control of the common
method bias [38].

3.3. Method of Data Analysis. The hypotheses of the con-
ceptual model (Figure 1) were tested using the partial least
squares (PLS) technique to estimate the structural equation
models based on the variance. The SmartPLS 3 software [39]
was chosen to evaluate the reliability and validity of the
measurement model and to test the structural model, both
for its graphical resolution capability and for the set of
statistical methods applied. Structural equation models
based on the variance are a good methodology choice when
it comes to finding the simultaneous behavior of dependency
relationships and allow us to go beyond other multivariate
techniques, such as multiple regression and factor analysis.

4. Result Analysis

PLS is a specially recommended method for exploratory
research and allows the modeling of latent constructs with
both formative and reflective indicators [40]. In addition,
PLS is more appropriate when the objective is to predict and
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TasLE 3: AVE and CR.

Variable Cronbach’s alpha Composite reliability Average variance extracted (AVE)

Recruitment actions 0.949 0.961 0.833

Conversions 1000 1000 1000

Advertising 1000 1000 1000

Social networks 1000 1000 1000

TaBLE 4: Cross loads in PLS.

Recruitment actions Conversions Advertising Social networks
Conversions 0.292 1000 0.350 -0.018
Direct 0.879 0.439 0.202 0.335
Display 0.302 0.350 1000 0.060
Mailing 0.835 0.050 0.138 0.812
Referred 0.963 0.166 0.279 0.384
SEM 0.909 0.428 0.487 0.276
SEO 0.973 0.275 0.277 0.423
Social 0.511 -0.018 0.060 1000

investigate relatively new phenomena [41], such as the in-
fluence of social networks in obtaining conversions in digital
marketing with mobile applications powered by linked data.
PLS was chosen for several reasons: first, PLS does not
impose normality requirements on the data and is a technique
that is adequate for predicting dependent variables in small
samples, given a certain degree of quality in the measurement
model [42, 43]. Therefore, it is a good choice for our final
sample of 101,053 sample elements. In addition, PLS is more
appropriate when the objective is to predict and investigate
relatively new phenomena [44], as in the case of digital
marketing conversions and the influence of social networks.
Finally, PLS is an SEM evaluation method widely used in
commercial management research in information systems
[45-48], e-commerce [49], and cloud computing [49-52].

4.1. Analysis of the Measurement Model. The model was
constructed with items with a reflective character, since they
share concepts and, therefore, are interchangeable to be
equivalent manifestations of the same construct [37, 53].

First, we measured the individual reliability of the load
(A) for the indicator, where it is usual to establish the
minimum level for acceptance as part of the construct in
A>0.707 [54].

However, other authors diverge from this rule, con-
sidering it to be excessively rigid in the initial stages of scale
development and in little studied subjects, accepting in these
cases minimum values greater than 0.5 or 0.6 [46, 55]. The
commonality of a manifested variable (1) is the part of the
variable which can be explained by the factor or constructs
[56]. All values exceeded this minimum value [53].

To test the consistency of a construct, Cronbach’s alpha
and its composite reliability (CR) were used. These values
measure the consistency of a construct based on its in-
dicators [57], that is, the rigor with which these items are
measuring the same latent variable.

Cronbach’s alpha determines a consistency index for
each construct and presents values between 0 and 1 [53].

The lower limit to accept the reliability of the construct is
usually set between 0.6 and 0.7 [58].

The highest validity will be in values close to 1. As can be
seen in Table 3, all variables passed those minimum values
for validity.

AVE is defined as the average variance extracted and
reports how much variance a construct obtains from its
indicators in relation to the amount of variance due to the
measurement error [53, 59]. The recommendation of these
authors is that AVE is > 0.50, which we can interpret as more
than 50% of the variance of the construct is due to its
indicators.

Discriminate validity marks the extent to which a con-
struct is different from others. A high value would indicate
weak correlations between constructs. Two types of analysis
are used for this test [53]. On one hand, as can be seen in
Table 4 showing cross loads, no indicator shares more load
with any other than that of the construct itself.

On the other hand, as can be seen in Table 5, it has been
verified that the square root of the average variance extracted
(AVE) is greater than the relationship between the construct
and the rest of the model constructs [53, 59].

A construct should share more variance with its
measurements or indicators than with other constructs in
a given model [60]. To verify this, we must see if the square
root of the AVE (given in bold in Table 5) is greater than
the correlation between the construct and the rest of
constructs of the model. In our case, this condition is true
for all latent variables [53]. Therefore, we can affirm that
the constructs share more variance with their indicators
than with other constructs of the investigated model [60],
and discriminate validity is shown based on this first
analysis.

4.2. Structural Model Analysis. Standardized path coefficients
(B) provide the extent to which predictor variables contribute
to the explained variance of endogenous variables [53].
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TaBLE 5: Fornell and Larcker criteria (1981).

Recruitment actions Conversions Advertising Social networks
Recruitment actions 0.913
Conversions 0.292 1000
Advertising 0.302 0.350 1000
Social networks 0.511 -0.018 0.060 1000
TaBLE 6: Path coefficients and statistical significance.

Hypothesis Original sample T statistic P values Support
H1 Social networks — recruitment actions 0.495 1932 0.027 Yes*
H2 Advertising — recruitment actions 0.272 1091 0.138 Not
H3 Advertising — conversions 0.288 0.414 0.340 Not
H4 Recruitment actions — conversions 0.205 0.326 0.372 Not

The variance explained in an endogenous construct by an-
other latent variable can be measured from the absolute
value of the multiplication of the coeflicient path by the
correlation coefficient of the two variables [53, 61].

The analysis of these coefficients and their statistical
significance will allow us to contrast the proposed research
hypotheses. Several authors, for example, those of [46],
consider that a value of f is considered acceptable if it is
greater than or equal to 0.2, although it is desirable that it be
above 0.3 [53].

In any case, the calculation of the path coefficients must
be accompanied by some measure that reports its statistical
significance and, ultimately, the acceptability of the ad-
justment made. The acceptability of the fit has been mea-
sured based on the t-statistic resulting from applying the
bootstrap resampling test to 5000 subsamples. The single-
line t-distribution of Student has been used, since the di-
rection of relationships has been specified in the model [53].

From this, the following values are used as the reference
of statistical significance: ¢ = 1.64791345 for 95% confidence,
t=2.333843952 for 99%, and t =3.106644601 for 99.9%. The
values reached in this test, together with the standard re-
gression coefficients, have been collected in Table 6 and
allow for the contrast of the proposed structural model
hypotheses.

The influence of social networks on HI1 recruitment
actions is supported by their positive influence, although
only having a significance of 95% (8 =-0.495; t=1.932).

The influence of advertising on recruitment actions
reaches a minimum of 0.2, although not in terms of sig-
nificance (=0.272; t = 1.091), so H2 is not fulfilled. With the
influence of advertising on conversions, a very similar result
(8=0.288; t=0.413) is obtained, and H3 is not confirmed;
that is, advertising does not influence final conversions.

This structural analysis yields significant data that have
been analyzed with the  of each construct. Thus, the in-
fluence of recruitment actions on conversions yields
very low results ($=0.205; t=0.326), with H4 not being
met [53].

The coefficient of determination R* has been calculated
(Figure 2), since it is a widely used statistic with the main

purpose of predicting future results. This coefficient de-
termines the quality of the model to replicate the results and
the variation of the results that can be explained by the
model [62].

According to [44], the reference values of R?0f0.67,0.33,
and 0.19, are considered strong, moderate, and weak, re-
spectively. The research of Palos-Sanchez et al. [53] indicates
that when the values of R* are below 0.1, the relationships
formulated as hypotheses have a very low predictive level,
in spite of being statistically significant. This is the case of
the independent variable conversions and recruitment ac-
tions [61].

The obtained results indicate that the model explains
51.7% of the total variance (R* = 0.517), since this is the result
obtained by the dependent variable conversions (R%). On the
other hand, the other dependent variable recruitment ac-
tions explains 48.5% (R®=0.485). It can be seen that the
values widely exceed the minimum 0.1, which is the
threshold set by [53].

According to [53], the R? value for conversions dem-
onstrates the existence of a moderate predictive power, while
for recruitment or promotional actions (0.485) a lower
predictive power is obtained, but with a similar intensity. In
summary, although it is evident that there are additional
factors, the model can be declared highly predictive, and
a great part of the variance of the variables is explained by the
model itself [53].

Figure 2 shows the final structural model.

5. Conclusions

The interest of researchers in the categories and sub-
categories present in digital marketing is a solid fact that has
been growing as a topic for research during the last decade.
This research has centered the study on the concepts of the
use of social networks, Internet advertising, conversions and
recruitment from promotion actions for mobile applications
powered by linked data, and the optimization of the user
interface design.

The results obtained show that it is a model with pre-
dictive capacity and that the model can be replicated, given
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the results obtained by the determination coefficients of the
dependent variables: conversions and recruitment actions.
In this way, the results of the research serve to measure the
influence factor of the variables developed to achieve con-
versions in mobile applications powered by linked data.

The first of the contrasted hypotheses has been validated,
which is why we show that the use of social networks by users
has a positive influence on the promotion and recruitment
actions on the Internet for mobile applications powered by
linked data, and therefore, we can confirm previous studies
[4, 12, 16]. This result shows that communications made on
the social networks of companies in a given sector, including
positive metrics such as the number of likes, the number of
shares, and the characteristics of the posts and their links,
influence promotional actions. The confirmation of this hy-
pothesis also contributes to the positive results from other
studies [13, 23, 63]. Therefore, it seems imperative that actions
of promotion and recruitment are conditioned by social
networks in mobile applications powered by linked data.

However, the results obtained do not confirm that ad-
vertising positively influences the recruitment actions in the
Internet. This influence does not reach the minimum
threshold of significance, confirming the low degree of in-
fluence that other authors have found in previous studies
[64-66]. This may be due to the fact that advertising is still
not widely used in digital marketing strategies and consti-
tutes less than a quarter of the total investment.

These results have also been repeated for the case of the
influence of advertising on Internet conversions [67]. It seems
obvious that web analytics and, above all, their optimum
analysis improve conversions, but not with the direct influ-
ence of advertising [68]. The improvement in communication
as a result of a correct interpretation of these analyses is not

confirmed in this study. However, we find that the results
have been highly positive and confirm interest in these an-
alyses, as in previous studies [27, 69, 70]. Therefore, obtaining
better results does not confirm the existence of a causal re-
lationship between advertising and more conversions in
mobile applications powered by linked data.

Finally, this research focused on demonstrating that re-
cruitment actions have a positive influence on Internet con-
versions [71-73]. The existence of measurement models for
the different techniques of digital marketing has frequently
been seen in the literature over the last few years [14, 74-76],
especially as regards the improvement of the investment
made in search engines and the optimization of conversions,
treating the SEO technique as a way to attract users on the
Internet to achieve the objectives or conversions raised by the
digital strategy of the company. Other studies studied e-mail
marketing to capture customers on the Internet [25, 77-79].
However, the results obtained do not confirm that these
recruitment actions have a significant influence on the
conversions in mobile applications powered by linked data,
which contradicts the results of these authors. Reasons for this
could be that incorrect language causes confusion, and above
all the design of the user interface of the mobile applications
powered by linked data. Other studies explain the data in
a similar way 32, 82, 83] and also identify the concern for user
privacy as another possibility. These users find a real invasion
of their privacy in some recruitment actions [53].

It therefore appears that the quality of the use of these
actions is crucial, confirming previous studies [32], although
the results have been very unequal depending on the re-
cruitment technique that has been used.

The limitations of this study are linked to the size of the
sample that could be expanded in the future to obtain results
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with different statistical efficiency and representative mar-
gins. In addition, the possibility exists for the use of this
model in different devices and mobile applications powered
by linked data in different areas according to the target
market and type of business using A/B testing for the dif-
ferent user interfaces used in different mobile applications
powered by linked data.
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