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Abstract: In this study, the use of electrical resistivity tomography (ERT) as a tool to guide
ornamental stone extraction is investigated. ERT is not conventionally used in highly resistive
environments, such as on rock faces, due to the high contact resistances that can impede current
injection. Here, the challenges of conducting ERT in such environments are discussed and possible
solutions suggested. For this, an example of the application of ERT in a deep and narrow marble
quarry is used. The marble deposit is affected by fracturing and karstification. Due to the nature
of these features, they present a significant resistivity contrast to the background resistivity of the
marble and thus excellent targets to test the application of ERT. Their location was mapped using
field observations and complementary ground penetrating radar data. By using an appropriate
sensor deployment, a suitable resistivity meter, and advanced data processing routines, the derived
3D resistivity model is in good agreement with the independent observations. This shows that
despite the challenges, ERT can be used as a non-invasive tool to obtain information on the stone
properties prior to extraction. This will help in guiding quarry operations and will allow for a
targeted, safe, and efficient extraction of high quality stone, thereby increasing sustainability and
economical competitiveness.
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1. Introduction

Ornamental stone is a major industry with a value chain in excess of $47 billion per year [1].
Despite the value of the sector, exploration approaches are still heavily reliant on either surface
observations or intrusive investigations. Intrusive approaches, such as drilling, despite providing
a direct assessment, are limited in their volumetric representation of the rock mass, and assessing
discontinuities and quality variations away from the drill hole remains difficult [2,3]. This is a serious
issue because if stone quality variations cannot be adequately identified ahead of extraction, effective
quarry planning cannot be undertaken, thereby impacting the economic viability of the mining
operation. A related challenge faced by the industry is the large amount of waste that is produced by
these operations. For example, the European mining and quarrying industry produces an annual waste
volume of about 700 million tons, equal to 28% of the entire European waste production [4]. Waste
production can be exacerbated by inadequate exploration in which areas of uneconomic material are
not effectively characterised in advance of quarrying. To improve ornamental stone exploration and
quarry design, a number of novel approaches are beginning to be considered. This includes the use of
non-invasive geophysical imaging techniques [5], which have the potential to map subsurface property
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distributions that are linked to variations in density, porosity, moisture or mineralogy [6]. To-date,
the most commonly applied geophysical approach in hard rock exploration is ground penetrating
radar (GPR), which employs electromagnetic waves propagating through the rock that are reflected
at discontinuities in the electromagnetic properties of the rock, e.g., at fractures or joints [5,7–11].
Depending on the chosen operating frequency, GPR can achieve high resolution (a few cm) to a depth
of a few metres, as attenuation of the electromagnetic waves is comparably small in highly resistive hard
rock environments. Here we consider another potentially useful geophysical exploration technique,
electrical resistivity tomography (ERT). ERT is frequently used in imaging subsurface structures and
processes [12,13]. It has been successfully applied in soft rock exploration [14–16], where ERT data
allowed for a detailed characterization of the deposits, superior to what could have been achieved
using conventional tools, and hence improved resource estimates. However, its application in hard
rock exploration has been limited so far due to the difficulty of achieving good galvanic coupling
of electrodes with very resistive surface materials. Examples indicating that ERT electrode arrays
can operate effectively in resistive environments have been shown mainly in permafrost studies,
where ERT has been used to image permafrost degradation within rock masses [17–24], but also in
urban and tunnel engineering problems [25,26]. Similarly, Robinson et al. [27] used cross-borehole
electrical resistivity to image solute transport along fractures and bedding planes in a limestone quarry.
However, these studies usually employed drilling to place the ERT sensors, which has to be avoided in
the case of ornamental stone exploration, as it would have an undesirable impact on the stone resource.

The objective of this study is, for the first time, to develop ERT for hard rock ornamental stone
exploration using a test case from a quarry in northern Italy. The choice of measurement instrument,
sensor coupling, measurement error, and data processing are considered, along with possible solutions
on how to apply and improve ERT in hard rock environments. The ultimate goal of the study is to
validate and demonstrate the potential of ERT to provide detailed volumetric information of stone
properties, thereby providing a new tool to guide the design of mining operations, enabling better
exploitation of available resources and reducing the amount of quarry-waste.

2. Study Site

The study site, an operational narrow and deep open-pit dolomite quarry, is located in the
Lombardy region of Northern Italy (Figure 1). Geologically, it is situated within shallow marine
sediments of the Corna formation of the Lower Jurassic, comprising grey, brown to whitish limestone
and dolomite facies [28]. At the study site, the formation is heavily brecciated, giving it its commercial
name “breccia aurora”, which is marketed as a beige marble with unique and intense red to orange
veins. At the time of the survey, the active extraction area of the quarry was divided into an upper and
a lower floor.

The formation, and hence the quarry operation, are affected by faulting, which is opening
potential moisture pathways into the dolomite formation, which in turn causes karstification (Figure 2).
This causes dissolution features of different sizes and shapes, which can be observed in the quarry
faces and floor. The lower extraction floor showed a partly collapsed cave roof, which allowed visual
inspection of the void. This void, located off-centre on the lower floor was air-filled in the upper 4.2 m
and water-filled in the lower 2.8 m. The entrances to the cave were comparably small ( 1.8 × 0.5 m,
and 0.5 × 0.5 m), but the cave seemed to expand significantly at about 4 m depth from the surface.
A fault, developing into a clay-covered dissolution feature, was also observed east of the upper
floor (outlined in red in Figure 2). Observations on the quarry faces and floors suggested that these
features of the upper and lower floor were linked through a common fault. These dissolution features
pose potentially hazardous features for the quarry operation, as they could cause collapse and thus
fatalities and damage to excavators and other machinery. These features could also be economically
detrimental. Quarried blocks affected by such features may show increased weathering, and thus lower
stone quality, and a smaller exploitable area, thus only allowing for small scale tiles to be produced
from them.
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Figure 1. Geological map of Italy’s Lombardy region. The study site is located within Jurassic
deposits, comprised mainly of dolomites. Geological data published by Regione Lombardia through
CC-BY-NC-SA 3.0 Italia.

Figure 2. Photographs of the quarry showing (a) faults and associated karstification, and (b) the active
extraction area, including the electrical resistivity tomography (ERT) survey area and entrances to the
cave that were observed from the surface.

3. Methodology

The resistivity of rocks and soils depends on several parameters, such as porosity, saturation,
pore water conductivity, temperature, and clay content [29,30]. In clay-free rocks, electrical current
flows through electrolytic pathways in the pore fluid, as the rock matrix is usually assumed to be
electrically insulating. Hence, increasing pore space and saturation lowers the electrical resistivity of a
medium, while decreasing pore space and saturation increases its resistivity. An additional electrical
conductance mechanism is added if clay minerals are present. Due to their electrical double layer,
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next to electrolytic conduction, surface conduction is also possible, thereby significantly lowering the
electrical resistivity of a clayey rock. Ornamental stones, such as granites, limestones, or dolomites,
usually have a very small porosity and small amounts of clay and thus tend to have resistivities well
above 10 kΩ·m. However, alteration of this rock mass due to weathering, fracturing, or dissolution
can change these properties significantly [31–33].

The technique considered here, electrical resistivity tomography (ERT), is used to reconstruct the
subsurface electrical resistivity distribution through measurements of electrical potentials at discrete
locations caused by the application of electrical currents. This is usually realized using linear arrays of
electrodes, typically stainless-steel spikes driven into the subsurface, which are connected to a resistivity
meter via multi-core cables. Modern resistivity meters are computer/micro-controller controlled to
collect data autonomously at pre-defined pairs of current and potential electrodes. By using multiple
receiver channels, a number of potentials can be measured at the same time, reducing the measurement
time considerably. A subsurface resistivity model is then calculated through an inverse process, which
aims at minimizing the misfit between modelled and measured data [12].

Different measurement configurations are commonly used. The most frequently applied are
perhaps dipole-dipole and Wenner-Schlumberger configurations, which show different sensitivity to
lateral and vertical changes in the subsurface electrical resistivity. A detailed discussion about the
sensitivity of the most commonly applied measurement configurations can be found in [34]. In general,
Wenner-type measurements are more sensitive to vertical changes, while dipole-dipole measurements
provide better resolution of lateral changes. In addition, dipole-dipole configurations allow for an
efficient use of multi-channel resistivity meters and therefore can be used to sample the subsurface
more densely and in less time than Wenner-type configurations. In 3D, Chambers et al. (2002) [35] have
shown that dipole-dipole surveys achieve higher resolution than comparable Wenner-type surveys.
One common limitation of dipole-dipole surveys is the smaller signal-to-noise ratio, as receiver
voltages are smaller compared to Wenner-type measurements. However, when applied to a highly
resistive hardrock environment, voltages are high for both measurement types. Hence, in this study
we employed dipole-dipole configurations.

Due to the quarry topography, the survey was split into two 3D ERT acquisitions; one on the
upper floor and one on the lower floor (Figure 3). Each part was acquired with an electrode and line
spacing of 0.75 m. The upper part consisted of seven parallel lines employing 51 electrodes each, the
lower part of 11 parallel lines employing 40 electrodes each. Two additional lines were acquired on the
upper floor, employing the same electrode spacing, but with a 2.0 m line spacing. These additional
lines used 23 electrodes each. The survey comprised 843 unique electrode locations, each of which was
surveyed using high precision surveying equipment. Each line was measured independently using a
Geolog2000 GeoTom resistivity meter, employing dipole lengths a of 0.75, 1.5, 2.25, 3.0, and 3.75 m,
and dipole separations n of 1 to 8a. Other acquisition schemes exist that can further exploit the spatial
distribution of electrodes, such as cross-line or equatorial measurement schemes [33,36]. However,
Gharibi and Bentley (2005) [37] have shown that measurements along parallel lines can provide results
comparable to full 3D acquisition schemes. A full set of reciprocal data was acquired for each line,
where the reciprocal data set includes the same electrode positions as the forward measurement,
but with swapped current and potential dipoles. The measured data are defined as the mean of
these two measurements and the measurement error as the percentage standard error in the mean.
During the course of the survey, 37,146 measurements were made, equaling 18,573 reciprocal pairs
of measurements.
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Figure 3. Overview map of the study site, showing the elevation profile, location of major observed
faults, and ERT and ground penetrating radar (GPR) survey lines. The locations and directions of the
photographs of Figure 2 are also indicated.

This survey design was chosen in order to cover the majority of the active extraction area with a
resolution sufficient to image fractures observed at the quarry walls and to investigate the void that
was observed on the quarry floor. As these fractures and voids were clay and water covered, they were
expected to have resistivities orders of magnitude smaller than the surrounding host rock. Thus, it was
expected that features, which were significantly smaller than the electrode spacing, could be imaged.

Commonly, ERT employs stainless steel pins that are driven into the subsurface. In the case of
a marble environment, this would require shallow drilling and destroy a significant volume of an
economic resource, particularly considering the high density of electrode location. Hence, we followed
an approach commonly used in archaeology for non-invasively examining ancient constructions,
where instead of pins, steel plates are used [38]. As well as allowing non-destructive data acquisition,
plates also have a larger surface area than pins, which is advantageous for reducing contact resistances.
In this study, we used square, stainless steel plates with a size of 0.1 × 0.1 m, and improved their
ground coupling by applying bentonite slurry to each electrode location. Given their separation of
0.75 m, a point-pole approximation for the data analysis is valid [39].

Several ground penetrating radar (GPR) datasets were also collected to provide an additional
source of ground truth data for further validation of the ERT results. These data were acquired prior to
the ERT survey (before the extraction of the lower floor). The data were acquired using a GSSI SIR
3000 instrument with a 200 MHz antenna along three profiles (Figure 3). Processing of the data was
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limited and comprised system gain removal, background removal, band-pass filtering, and applying a
gain function.

4. Challenges

4.1. Contact Resistance

The electrically highly resistive environment makes electrical resistivity measurements
challenging. This is because to inject a stable current flow into the ground, the ground (RGround) and
contact resistances of the injection electrodes (RC1, RC2) have to be overcome. This is best explained
using Ohm’s law, modelling the resistances as being in series

Itx =
Vtx

RC1 + RGround + RC2
(1)

In environmental or engineering geophysical problems, the ground resistance is usually
significantly smaller than the contact resistance, and hence the current injection is mainly affected by
the contact resistances RC1 and RC2. In the case of a hard rock environment, the ground resistance is
likely to exceed the contact resistance, and hence both ground resistance and contact resistances will
determine the transmitter properties.

Conventional resistivity meters are limited in the voltage Vtx they can apply. Hence, to overcome
the resistance, the injection current Itx needs to be lowered. At the study site, contact resistances were
measured for each of the 843 electrode locations. Despite using sensors with a large surface area
and treating every single electrode location with bentonite slurry to lower contact resistance, they
ranged from about 1 kΩ to >100 kΩ, with a median of 15.7 kΩ, and followed a lognormal distribution
(Figure 4a). Split up into the two separate floors, the upper floor had a mean contact resistance of
35.27 kΩ, while the lower floor had a mean contact resistance of 12.37 kΩ. This was due to heavy rain
and thus wetter conditions during data acquisition of the lower floor data set. Assuming a resistivity of
the marble of about 50 kΩ·m [40], and a maximum transmitter voltage of 500 V, the median maximum
transmitter current would be 6.1 mA. However, significantly larger contact resistances were measured
and depending on its condition the marble could be of higher resistivity as well, maximum injection
currents of 0.1 mA were expected. This has adverse effects on the measured data in two ways: (1) small
injection currents are difficult to measure, and (2) the signal-to-noise ratio at the potential dipole
deteriorates causing additional measurement errors due to unstable current injection [41,42].

Figure 4. (a) Distribution of contact resistances measured at the study site. (b) Reciprocal error
distribution for two different resistivity meter architectures. Note that the data for this comparison
were acquired at a different study site, but under comparable contact and ground resistances.
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Recently, Parsekian et al. (2017) [41] compared data of different commercially available resistivity
meters. They focused on different makes and their performance regarding measurement error. More
important for this study is a comparison of different systems employing different measurement
principles, i.e., whether the source provides a constant current or a constant voltage. At a different
site, but within a comparably resistive environment, we repeated dipole–dipole measurements
using resistivity meters that employ the two different measurement approaches and analysed their
corresponding reciprocal errors (Figure 4b). Note that both systems have comparable maximum
transmitter voltages. In this highly resistive environment, we found that the constant current
architecture provides superior data quality, as reciprocal errors were consistently smaller than for
the constant voltage architecture. This is because the constant current architecture provides small
enough injection currents to overcome the ground and contact resistances without the need to explicitly
measure these currents. Hence, in such environments constant current resistivity meters are beneficial
as they eliminate one contribution to the total measurement error.

4.2. Topography

The topography of the survey area and the exact electrode location is usually included in the data
inversion, as they are known to have a significant impact on the measured data [43–48]. It has also
been shown that topographic features outside the actual survey area can impact upon the measured
resistivity data and can lead to misinterpretation, especially in the case of 2D data analysis [49,50].
In the study presented here, the survey area is located within a 30 × 40 m excavation that is 10–35 m
deep (Figure 3). Hence, in the immediate vicinity of the survey lines, rock walls of 10–35 m height are
present (Figure 2).

To account for the anticipated topographic effects, the entire quarry domain was modelled
and extended by about 130 m in each direction to avoid boundary effects. This required sampling
the digital elevation model (DEM, Figure 2) at 1 × 1 m resolution and using this point cloud to
mesh the surface topography and underlying subsurface volume. Due to the complex surface
topography, an unstructured mesh employing tetrahedral elements was used to discretize the quarry
domain. The domain was discretized using TetGen [51] and comprised 1,508,934 elements (Figure 5a).
To increase numerical accuracy, the mesh was refined around the electrode locations to have more
than four elements between adjacent electrode locations (Figure 5b). The maximum cell volume in
the actual imaging area was 0.5 m3 , while in the extended model domain element volumes of up to
9 × 104 m3 were allowed to reduce computational effort.

Figure 5. Discretization of the quarry domain. (a) View of the extended model showing the quarry
surroundings, including the access track and the quarry entrance. The excavation has dimensions
of 30 × 40 m. (b) Subset showing the discretization of within the imaging area, showing the mesh
refinement around the electrode locations and the modelling of the quarry interior.
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The necessity to model the entire quarry domain is highlighted in Figure 6, where the potential
resulting from a current injection close to the rock wall is shown. An injection current of 10 mA and a
marble resistivity of 50 kΩ·m were assumed for this simulation. The potential iso-surfaces follow the
topography and extent into the rock wall. The 0.5 V iso-surface propagates more than 15 m into the
rock wall away from the point of current injection. Hence, subsurface resistivity variations that are
away from the actual imaging area affect the potential distribution in the subsurface and have to be
modelled, otherwise artifacts in the inverted resistivity model of the actual area of interest have to be
expected.

This simulation highlights another challenge for the resistivity meter. Not only are small currents
required to overcome the contact and ground resistance, small currents are also necessary to avoid
overloading the receivers. In Figure 6, an injection current of only 10 mA was modelled, which results
in potential drops of more than 10 V in the vicinity of the injection dipole. Usually, resistivity meters
are designed to measure voltages in the mV range, and voltages that are orders of magnitude higher
than that cause the receiver to overload, making it impossible to acquire accurate data. To circumvent
receiver overloading, injection current is usually reduced. In the case of the Italian marble quarry,
6.99% of the data were measured using 10 mA, 40.29% using 1 mA, 48.93% using 0.1 mA, and 3.72%
using 0.01 mA, highlighting the need to use a resistivity meter than can provide an accurate measure
of very small injection currents [42].

Figure 6. Modelled potential for a current injection close to the quarry face, assuming an injection
current of 10 mA and a marble resistivity of 50 kΩ·m. Iso-surfaces are shown for 50, 10, 5, 1, and 0.5 V.
Note how the potential propagates well into the rock wall.
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4.3. Data Inversion

Accounting for the entire quarry topography increases the number of elements considerably.
Hence, an inversion code needs to be chosen that can efficiently solve the inverse problem on a large
mesh. This usually requires parallelization of the forward and inverse computations. Here, E4D
is employed, an open-source, fully parallelized inversion code, that is based on Fortran and can
be run on High Performance Computing (HPC) facilities [52]. This code was also chosen as it is
designed to perform computations on unstructured grids, which are required to model the complex
surface topography.

Limited pre-processing of the data is required before the inversion, which includes obtaining a
data error model from the measured reciprocal errors and filtering the data. To develop an error model,
an approach introduced by Koestel et al. (2008) [53] was followed, which requires binning the measured
reciprocal errors based on their corresponding measured transfer resistance (in a logarithmic domain),
estimating the standard deviation of each bin and fitting an equation to those points. During data
acquisition, environmental parameters changed significantly between the measurements on the upper
and the lower floor. While the upper floor was acquired on a comparably dry surface, heavy rain made
the surface of the lower floor wet. Hence, separate error models were determined for the data of the
two floors. Figure 7 shows the calculated data and fitted error models, where a linear relationship
between measured transfer resistance and data error seemed to fit the data best (R2 = 0.99 and 0.98 for
the data of the upper and lower floor, respectively). The contact resistance is known to have an effect
on the data quality, where increasing contact resistances usually leads to decreasing data quality [41].
Since lower contact resistances were measured for the lower floor, the relative resistance error is also
smaller than for the data of the upper floor (0.05 and 0.07, respectively). The absolute resistance error
was found to be 0.015 Ω for both floors.

Figure 7. Standard deviation of the reciprocal errors, which were binned according to their
corresponding measured transfer resistance. The fitted error model is shown as a grey line. The
error model parameters and goodness of fit are given for each data set.
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Before inversion, data were filtered on their measured reciprocal error. Data exceeding 10%
reciprocal error were removed from the data set. Despite the high contact resistances, data quality was
comparably good. Hence, this step removed only 3.8% of the data, reducing the data set to 17,870
unique data points.

The inversion uses an iteratively re-weighted least squares approach [52], where a L2-norm was
employed on the model roughness, which favours spatially smooth resistivity changes. We also tested
a L1-norm on the model roughness, which favours sharp resistivity contrasts and would perhaps
describe the local settings better. The results were comparable, but the L2-norm resistivity model
provided a superior data fit. The inversion converged well and fitted the data to their respective
errors (χ2 = 1.0). As the computational problem was large (>1.5 M cells, 17,870 data points; hence
the Jacobian matrix had 2.7 × 1010 float elements), the inversion was run on an HPC machine using
96 cores. The computation took about 4.5 h and required 18 iterations.

5. Results

Figure 8 shows the inverted resistivity model, for which the relative root-mean-squared (RMS)
misfit between modelled and measured data was RMS = 2.1%. For visualizing and interpreting the
resistivity models, all cells with sensitivities <5 × 10−3 were removed from the model. Using this
approach, the depth of investigation can be approximated to be about 10 m for the upper floor and
about 8 m for the lower floor. Hence, it should be possible to resolve the full extent of the cave as
measured in the field.

The model shows resistivities ranging between 100 and 580,000 Ω·m, thus spanning four orders
of magnitude. The location of the highest resistivity (ρ = 580 kΩ·m, lower floor at x = −16–−18 m,
y = −21–−22 m) corresponds to the location of the collapsed roof of the cave and hence to an air-filled
void. Other shallow high resistivity anomalies appear on the upper floor, but usually remain below
300 kΩ·m. Otherwise, the model shows reasonably homogeneous, highly resistive material (>20 kΩ·m,
Figure 8c) in the majority of the model, indicating compact marble with a limited occurrence of
clay-filled fractures. On the upper floor, this comparably homogeneous layer is intersected by two
linear features of reduced resistivity; a shallow medium resistive feature (ρ < 10 kΩ·m) at y = −14 m,
and a deep low resistive feature (ρ < 5 kΩ·m) at y = −24 m. Both features have a similar strike, and can
be identified in a horizontal section through the model at z = 245.5 m (Figure 8c). The deeper reaching
and lower resistive feature extends into the lower floor, where a similar linear low resistivity feature
can be observed. With greater depth, both increase in size considerably and become less resistive
(ρ < 1 kΩ·m).

At the surface, the different environmental conditions during data acquisition become apparent.
Generally, the upper floor shows higher resistivities at the surface than those observed in the lower
floor. This is due to heavy rainfall and hence increased surface moisture during the data acquisition on
the lower floor. Some very low resistivity (ρ < 0.5 kΩ·m), shallow features can be observed on the
surface (Figure 8a,b). One is located on the upper floor at y = −30–−35 m, and two on the lower floor
between y = −13–−16 m, and y = −18–−20 m. These features correspond to locations of surface water
accumulation present during data acquisition.
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Figure 8. Inverted resistivity model; the RMS misfit between modelled and measured data is
RMS = 2.1%. (a) Surface plot, (b) fence diagram, (c) horizontal slices; the model shows the resistivity
distribution in the actual survey areas. Cells with sensitivities <5 × 10−3 were removed. Note the
resistivity color range, which spans 100 to 100,000 Ω·m. The maximum resistivity in the model exceeds
this range at 580,000 Ω·m. Features representing surface water accumulation, the clay-lined fracture,
and cave outline are apparent; field observations of faults are shown as dashed lines.

6. Discussion

Ground-truth information for the site based on direct visual observations (see ’Study Site’ section)
provide a means of assessing and validating the resistivity model. These observations of discontinuities
recorded at the study site are shown in Figure 9, and show a remarkable agreement with low resistive
features of the resistivity model. The observed fracture in the rock wall continues in the subsurface
and extends in size with depth. In the lower floor, the location of the highest resistivities are located
in the surveyed location of the largest void observed on the quarry floor, which was air-filled in
the upper 4.2 m. The depth to the measured water table shows a very good agreement with the
ρ = 2.5 kΩ·m iso-surface (which is shown fully opaque in Figure 9). The shape of it is confirmed by
visual observations of the cave’s shape, which seemed to extend significantly just above the water
table. Similarly, the iso-surface gains elevation towards x = −10 m, which corresponds to a second,
smaller void that was observed on the lower floor. The low resistive features observed beneath the
upper and lower floor seem to be spatially connected, which is likely, as an expression of the fracture
of the adjacent rock wall could be followed through the quarry on both floors.
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Figure 9b shows the resistivity profile at the location of the observed collapsed cave roof, and the
indication of the air- and water filled parts of the cave. The field observations show good agreement
with the model resistivity profile. The resistivity model shows very high values in the upper part
of the air-filled cave, which reduce significantly towards the water-filled part. However, the low
resistive feature, which represents the water-filled part of the cave, seems to be overestimated in its
extent. This is likely to be an effect of the smoothness constraints of the inversion. They favour smooth
resistivity contrasts, thereby underestimating the true resistivity of the caves fill, while overestimating
its size. However, an indication of the lower boundary of the cave can be related to the change in the
resistivity gradient, which approaches zero at about 8 m depth, corresponding well with the measured
cave depth (7 m, Figure 9b). At 8.25 m depth, resistivities start to increase. However, the sensitivity
becomes very small in those depths, and hence resistivities remain at lower values compared to the
volumes of undisturbed marble found close to the surface.

Figure 9. Resistivity model and ground truth. (a) Iso-surface ρ = 2.5 kΩ·m (shown fully opaque)
representing the shape of the cave. For the lower floor, the depth correlates well with in-field
measurements of the water table in the cave, and the shape and location with observations from
the collapsed cave roof. On the upper floor, the low resistive feature aligns with a clay-filled fracture
observed next to the survey area in the adjacent rock wall (see Figure 2b). (b) Resistivity-depth profile at
the location of the collapsed cave roof, where cave depth and water table were measured (as indicated
in red and blue bars). Shown is also the resistivity gradient for the depths >4.5 m. At the measured
depth of the cave, the gradient approaches zero and eventually becomes positive, indicating increasing
resistivities at 8.25 m depth.

The results of the additional ground truthing using GPR are shown in Figure 10, together with the
2.5 kΩ·m iso-surface from the 3D ERT model and field observations. Generally, the data show some
weak reflections and diffraction hyperbolas that can be related to fractures or voids in the otherwise
homogeneous marble. At y = −20–−24 m the data show high amplitude hyperbolas that correspond
in their location with the mapped fracture and voids. The hyperbolas of profiles P1 and P2 seem to
originate from very shallow features, while on P3 the most pronounced hyperbola has its origin at
≈1.2 m depth (using a wave velocity of 0.117 m/ns for time-to-depth conversion, measured on an
adjacent marble block). This hyperbola has a negative amplitude. Hence, it is likely that it corresponds
to a contrast between marble and a water-filled void [54]. Note that this interface would be at a
higher level than imaged in the ERT results. However, between the two surveys, extraction advanced
significantly and the water table was lowered to allow for continuing extraction.
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Figure 10. 200 MHz GPR data acquired prior to the ERT survey, showing high amplitude reflections
at the location of the imaged void and related fracture. The processing flow comprised system gain
removal, background removal, band-pass filtering, and application of a gain function.

Although the data quality in the study presented here was excellent, performing ERT
measurements on rock faces remains challenging. This is mainly because of the very high contact
resistances that are encountered in such environments. These are known to be detrimental to data
quality [41]. Contact resistances can be lowered by employing electrodes with large surface areas and
by treating electrode locations with a low resistive material to improve the galvanic ground coupling.
Here, we used plate electrodes and a bentonite slurry to lower contact resistances. By doing so, contact
resistances remained high, but sufficient coupling to the ground could be established to inject current.
We have also shown that the resistivity meter has to be chosen carefully, as different measurement
principles associated with different meter models are likely to have an impact on the data quality.

This application also requires an accurate DEM of a potentially complex quarry topography.
Due to the high resistivities, potentials propagate far away from the current injection dipoles. Hence,
resistivity measurements are sensitive to subsurface resistivity anomalies outside the actual survey
area. While this has to be considered in the processing and interpretation of 3D data sets, it is even more
important for 2D ERT data sets, where the intrinsic assumption of a 2.5D subsurface is likely being
violated. As shown in the case study here, by modeling the entire quarry domain, these outer-space
sensitivities [55] can be accounted for and artifacts in the resulting resistivity model avoided. However,
this requires a fine discretization of the quarry domain, resulting in potentially large computational
meshes, which require sufficient computational power and storage. Recent work aims to reduce the
computational cost of ERT forward and inverse modelling [36,52,56], and will allow a wider application
of this geophysical technique, allowing the requirement of HPC technology to be overcome.
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7. Summary and Conclusions

Here, a case study is presented where electrical resistivity tomography (ERT) has been applied to
characterise the volumetric electrical properties of an operational marble quarry. This technique was
chosen as electrical resistivity is sensitive to changes in clay and water content, which are parameters
linked to weathering, karstification and fracturing. These processes may alter rock properties that will
impact the economic value of the quarried stone and its safe extraction.

Application of ERT within hard-rock environments is challenging. Contact resistances are very
high and potentials propagate far from the injection dipoles, requiring a careful decision of the
employed electrodes, measurement system, and data processing algorithms. We show how these
challenges can be overcome, and that despite the unfavourable conditions for conducting electrical
resistivity measurements, good quality data can be obtained. Comparing the derived resistivity
model with field observations and complementary ground penetrating radar (GPR) data highlights
the reliability of the resistivity data in imaging faults, and air- and water-filled voids. These results
show that ERT can be used as a non-invasive exploration technique to image stone properties before
excavation, and thus as a tool to aid the design of mining operations.

Future developments of the approach considered here could include the integrated interpretation
of geophysical models with laboratory data to define stone quality classes. By using geo-statistical
interpolation techniques, such as kriging or inverse distance interpolation, these integrated data
analyses could be used to further refine resource estimates, and optimize and guide extraction progress.
By targeting extraction of high quality material, quarries will be able to operate more economically, but
also more sustainably, as this will also lower the amount of quarry waste that is produced. Although
this paper focused on the application of ERT to ornamental stone quarrying, the challenges, solutions,
and results shown will be transferable to other highly resistive environments, such as investigation of
mountainous permafrost, rock slopes, or other mining problems.

Author Contributions: Data Acquisition, S.U., J.C., A.T.A., J.L.F.G. and A.E.d.G.; Methodology, S.U. and J.C.;
Validation, S.U., J.C. and J.L.F.G.; Formal Analysis, S.U.; Resources, J.C., W.E.F., A.T.A, and A E.d.G.; Data Curation,
S.U., J.C., A.T.A. and J.L.F.G.; Writing—Original Draft Preparation, S.U.; Writing—Review & Editing, J.C., W.E.F.,
A.T.A., J.L.F.G.; Visualization, S.U.; Supervision, J.C., W.E.F., A.T.A. and A.E.d.G.; Project Administration, A.E.d.G.,
J.C., W.E.F., and A.T.A.; Funding Acquisition, A.E.d.G., A.T.A. and W.E.F.

Funding: The research leading to these results has received funding from the European Union Seventh Framework
Programme [FP7/2007-2013] under grant agreement no. 314926 and forms a part of the SUSTAMINING project.

Acknowledgments: This paper is published with the permission of the Executive Director of the British Geological
Survey (NERC).

Conflicts of Interest: The authors declare no conflict of interest. The founding sponsors had no role in the design
of the study; in the collection, analyses, or interpretation of data; in the writing of the manuscript, and in the
decision to publish the results.

References

1. Dino, G.A.; Chiappino, C.; Rossetti, P.; Franchi, A.; Baccioli, G. Extractive Waste Management: A New
Territorial and Industrial Approach in Carrara Quarry Basin. Ital. J. Eng. Geol. Environ. 2017, 2, 47–55.
[CrossRef]

2. Ashmole, I.; Motloung, M. Dimension Stone: The Latest Trends In Exploration And Production Technology.
S. Afr. Inst. Min. Metall. 2008, 1, 35–70.

3. Cosi, M. The dimension stone sector: New perspectives on the global market and on the reporting of
international mining standards. Eur. Geol. 2015, 39, 24–30.

4. EUROSTAT. Generation of Waste by Economic Activity; EUROSTAT: Luxembourg, 2018.
5. Espín de Gea, A.; Reyes Urquiza, M.; Gil Abellán, A. Los métodos geofísicos como herramienta de mejora

para el conocimiento y aprovechamiento de los yacimientos de roca ornamental. Boletín Geológico Y Minero
2017, 128, 363–378,. [CrossRef]

6. Telford, W.; Geldart, L.; Sheriff, R. Applied Geophysics, 2nd ed.; Cambridge University Press: Cambridge, UK, 1990.

http://dx.doi.org/10.4408/IJEGE.2017-02.S-05
http://dx.doi.org/10.21701/bolgeomin.128.2.006


Minerals 2018, 8, 491 15 of 17

7. Luodes, H. Natural stone assessment with ground penetrating radar. Est. J. Earth Sci. 2008, 57, 149–155.
[CrossRef]

8. Luodes, H.; Sutinen, H.; Härmä, P.; Pirinen, H.; Selonen, O. Engineering Geology for Society and
Territory—Volume 5: Urban Geology, Sustainable Planning and Landscape Exploitation; Springer International
Publishing: Cham, Switzerland, 2015; Volume 5, pp. 243–246.

9. Rey, J.; Martínez, J.; Vera, P.; Ruiz, N.; Cañadas, F.; Montiel, V. Ground-penetrating radar method used for
the characterisation of ornamental stone quarries. Constr. Build. Mater. 2015, 77, 439–447. [CrossRef]

10. Rey, J.; Martinez, J.; Montiel, V.; Canadas, F.; Ruiz, N. Characterization of the sedimentary fabrics in
ornamental rocks by using GPR. Near Surf. Geophys. 2017, 15, 457–465. [CrossRef]

11. Elkarmoty, M.; Colla, C.; Gabrielli, E.; Bonduà, S.; Bruno, R. A Combination of GPR Survey and Laboratory
Rock Tests for Evaluating an Ornamental Stone Deposit in a Quarry Bench. Procedia Eng. 2017, 191, 999–1007.
[CrossRef]

12. Loke, M.H.; Chambers, J.E.; Rucker, D.F.; Kuras, O.; Wilkinson, P.B. Recent developments in the direct-current
geoelectrical imaging method. J. Appl. Geophys. 2013, 95, 135–156. [CrossRef]

13. Binley, A.; Hubbard, S.S.; Huisman, J.A.; Revil, A.; Robinson, D.A.; Singha, K.; Slater, L.D. The emergence of
hydrogeophysics for improved understanding of subsurface processes over multiple scales. Water Resour. Res.
2015, 51, 3837–3866. [CrossRef] [PubMed]

14. Magnusson, M.K.; Fernlund, J.M.; Dahlin, T. Geoelectrical imaging in the interpretation of geological
conditions affecting quarry operations. Bull. Eng. Geol. Environ. 2010, 69, 465–486. [CrossRef]

15. Chambers, J.E.; Wilkinson, P.B.; Wardrop, D.; Hameed, A.; Hill, I.; Jeffrey, C.; Loke, M.H.; Meldrum, P.I.;
Kuras, O.; Cave, M.; et al. Bedrock detection beneath river terrace deposits using three-dimensional electrical
resistivity tomography. Geomorphology 2012, 177–178, 17–25. [CrossRef]

16. Chambers, J.E.; Wilkinson, P.B.; Penn, S.; Meldrum, P.I.; Kuras, O.; Loke, M.H.; Gunn, D.A. River terrace
sand and gravel deposit reserve estimation using three-dimensional electrical resistivity tomography for
bedrock surface detection. J. Appl. Geophys. 2013, 93, 25–32. [CrossRef]

17. Hauck, C. Frozen ground monitoring using DC resistivity tomography. Geophys. Res. Lett. 2002, 29, 10–13.
[CrossRef]

18. Hauck, C.; Vonder Muhll, D.; Maurer, H. Using DC resistivity tomography to detect and characterize
mountain permafrost. Geophys. Prospect. 2003, 51, 273–284. [CrossRef]

19. Sass, O. Rock moisture fluctuations during freeze-thaw cycles: Preliminary results from electrical resistivity
measurements. Polar Geogr. 2004, 28, 13–31. [CrossRef]

20. Krautblatter, M.; Hauck, C. Electrical resistivity tomography monitoring of permafrost in solid rock walls.
J. Geophys. Res. 2007, 112, 1–14. [CrossRef]

21. Hilbich, C.; Hauck, C.; Hoelzle, M.; Scherler, M.; Schudel, L.; Völksch, I.; Vonder Mühll, D.; Mäusbacher, R.
Monitoring mountain permafrost evolution using electrical resistivity tomography: A 7-year study of
seasonal, annual, and long-term variations at Schilthorn, Swiss Alps. J. Geophys. Res. 2008, 113. [CrossRef]

22. Hilbich, C.; Fuss, C.; Hauck, C. Automated Time-lapse ERT for Improved Process Analysis and Monitoring
of Frozen Ground. Permafr. Periglac. Process. 2011, 22, 306–319, doi:10.1002/ppp.732. [CrossRef]

23. Krautblatter, M.; Verleysdonk, S.; Flores-Orozco, A.; Kemna, A. Temperature-calibrated imaging of
seasonal changes in permafrost rock walls by quantitative electrical resistivity tomography (Zugspitze,
German/Austrian Alps). J. Geophys. Res. 2010, 115, 1–15. [CrossRef]

24. Murton, J.B.; Kuras, O.; Krautblatter, M.; Cane, T.; Tschofen, D.; Uhlemann, S.; Schober, S.; Watson, P.
Monitoring rock freezing and thawing by novel geoelectrical and acoustic techniques. J. Geophys. Res.
Earth Surf. 2016, 121, 2309–2332. [CrossRef]

25. Lesparre, N.; Boyle, A.; Grychtol, B.; Cabrera, J.; Marteau, J.; Adler, A. Electrical resistivity imaging
in transmission between surface and underground tunnel for fault characterization. J. Appl. Geophys.
2016, 128, 163–178. [CrossRef]

26. Caterina, D.; Orozco, A.F.; Nguyen, F. Long-term ERT monitoring of biogeochemical changes of an aged
hydrocarbon contamination. J. Contam. Hydrol. 2017, 201, 19–29. [CrossRef] [PubMed]

27. Robinson, J.; Johnson, T.; Slater, L. Challenges and opportunities for fractured rock imaging using 3D
cross-borehole electrical resistivity. Geophysics 2015, 80, E49–E61. [CrossRef]

28. ISPRA. Corna. In Carta Geologica d’italia 1:50.000—Catalogo delle Formazioni; ISPRA: Roma, Italy, 1992;
pp. 71–105.

http://dx.doi.org/10.3176/earth.2008.3.03
http://dx.doi.org/10.1016/j.conbuildmat.2014.12.076
http://dx.doi.org/10.3997/1873-0604.2017015
http://dx.doi.org/10.1016/j.proeng.2017.05.272
http://dx.doi.org/10.1016/j.jappgeo.2013.02.017
http://dx.doi.org/10.1002/2015WR017016
http://www.ncbi.nlm.nih.gov/pubmed/26900183
http://dx.doi.org/10.1007/s10064-010-0286-y
http://dx.doi.org/10.1016/j.geomorph.2012.03.034
http://dx.doi.org/10.1016/j.jappgeo.2013.03.002
http://dx.doi.org/10.1029/2002GL014995
http://dx.doi.org/10.1046/j.1365-2478.2003.00375.x
http://dx.doi.org/10.1080/789610157
http://dx.doi.org/10.1029/2006JF000546
http://dx.doi.org/10.1029/2007JF000799
https://doi.org/10.1002/ppp.732
http://dx.doi.org/10.1002/ppp.732
http://dx.doi.org/10.1029/2008JF001209
http://dx.doi.org/10.1002/2016JF003948
http://dx.doi.org/10.1016/j.jappgeo.2016.03.004
http://dx.doi.org/10.1016/j.jconhyd.2017.04.003
http://www.ncbi.nlm.nih.gov/pubmed/28442237
http://dx.doi.org/10.1190/geo2014-0138.1


Minerals 2018, 8, 491 16 of 17

29. Archie, G.E. The electrical resistivity log as an aid in determining some reservoir characteristics.
Pet. Trans. AIME 1942, 146, 54–62. [CrossRef]

30. Waxman, M.H.; Smits, L.J.M. Electrical conductivities in oil-bearing shaly sands. Soc. Pet. Eng. J.
1968, 8, 107–122. [CrossRef]

31. Kaufmann, O.; Deceuster, J. Detection and mapping of ghost-rock features in the Tournaisis area through
geophysical methods—An overview. Geol. Belg. 2014, 17, 17–26.

32. Dubois, C.; Quinif, Y.; Baele, J.M.; Barriquand, L.; Bini, A.; Bruxelles, L.; Dandurand, G.; Havron, C.;
Kaufmann, O.; Lans, B.; et al. The process of ghost-rock karstification and its role in the formation of cave
systems. Earth-Sci. Rev. 2014, 131, 116–148. [CrossRef]

33. Van Hoorde, M.; Hermans, T.; Dumont, G.; Nguyen, F. 3D electrical resistivity tomography of karstified
formations using cross-line measurements. Eng. Geol. 2017, 220, 123–132. [CrossRef]

34. Loke, M.H. Tutorial: 2-D and 3-D Electrical Imaging Surveys. Available online: https://sites.ualberta.ca/
~unsworth/UA-classes/223/loke_course_notes.pdf (accessed on 26 July 2004).

35. Chambers, J.E.; Ogilvy, R.; Kuras, O. 3D electrical imaging of known targets at a controlled environmental
test site. Environ. Geol. 2002, 41, 690–704. [CrossRef]

36. Loke, M.H.; Wilkinson, P.B.; Uhlemann, S.S.; Chambers, J.E.; Oxby, L.S. Computation of optimized arrays for
3-D electrical imaging surveys. Geophys. J. Int. 2014, 199, 1751–1764. [CrossRef]

37. Gharibi, M.; Bentley, L.R. Resolution of 3-D Electrical Resistivity Images from Inversions of 2-D Orthogonal
Lines. J. Environ. Eng. Geophys. 2005, 10, 339–349. [CrossRef]

38. Athanasiou, E.; Tsourlos, P. Non-destructive DC resistivity surveying using flat-base electrodes. Near Surf.
Geophys. 2007, 5, 263–272. [CrossRef]

39. Rücker, C.; Günther, T. The simulation of finite ERT electrodes using the complete electrode model. Geophysics
2011, 76, F227–F238. [CrossRef]

40. Martínez-Moreno, F.J.; Galindo-Zaldívar, J.; Pedrera, A.; Teixido, T.; Ruano, P.; Peña, J.A.; González-Castillo, L.;
Ruiz-Constán, A.; López-Chicano, M.; Martín-Rosales, W. Integrated geophysical methods for studying the
karst system of Gruta de las Maravillas (Aracena, Southwest Spain). J. Appl. Geophys. 2014, 107, 149–162.
[CrossRef]

41. Parsekian, A.D.; Claes, N.; Singha, K.; Minsley, B.J.; Carr, B.; Voytek, E.; Harmon, R.; Kass, A.; Carey,
A.; Thayer, D.; et al. Comparing Measurement Response and Inverted Results of Electrical Resistivity
Tomography Instruments. J. Environ. Eng. Geophys. 2017, 22, 249–266. [CrossRef]

42. Supper, R.; Ottowitz, D.; Jochum, B.; Römer, A.; Pfeiler, S.; Gruber, S.; Keuschnig, M.; Ita, A. Geoelectrical
monitoring of frozen ground and permafrost in alpine areas: field studies and considerations towards an
improved measuring technology. Near Surf. Geophys. 2014, 12, 93–115. [CrossRef]

43. Tsourlos, P.I.; Szymanski, J.E.; Tsokas, G.N. The effect of terrain topography on commonly used resistivity
arrays. Geophysics 1999, 64, 1357–1363. [CrossRef]

44. Wilkinson, P.B.; Chambers, J.E.; Meldrum, P.I.; Gunn, D.A.; Ogilvy, R.D.; Kuras, O. Predicting the movements
of permanently installed electrodes on an active landslide using time-lapse geoelectrical resistivity data only.
Geophys. J. Int. 2010, 183, 543–556. [CrossRef]

45. Wilkinson, P.B.; Uhlemann, S.; Chambers, J.E.; Meldrum, P.I.; Loke, M.H. Development and testing of
displacement inversion to track electrode movements on 3-D electrical resistivity tomography monitoring
grids. Geophys. J. Int. 2014, 200, 1566–1581. [CrossRef]

46. Wilkinson, P.B.; Chambers, J.; Uhlemann, S.; Meldrum, P.; Smith, A.; Dixon, N.; Loke, M.H. Reconstruction of
landslide movements by inversion of 4-D electrical resistivity tomography monitoring data. Geophys. Res. Lett.
2016, 43, 1166–1174. [CrossRef]

47. Uhlemann, S.; Wilkinson, P.B.; Chambers, J.E.; Maurer, H.; Merritt, A.J.; Gunn, D.A.; Meldrum, P.I.
Interpolation of landslide movements to improve the accuracy of 4D geoelectrical monitoring.
J. Appl. Geophys. 2015, 121, 93–105. [CrossRef]

48. Boyle, A.; Wilkinson, P.B.; Chambers, J.E.; Meldrum, P.I.; Uhlemann, S.; Adler, A. Jointly reconstructing
ground motion and resistivity for ERT-based slope stability monitoring. Geophys. J. Int. 2018, 212, 1167–1182.
[CrossRef]

49. Udphuay, S.; Günther, T.; Everett, M.E.; Warden, R.R.; Briaud, J.L. Three-dimensional resistivity tomography
in extreme coastal terrain amidst dense cultural signals: application to cliff stability assessment at the historic
D-Day site. Geophys. J. Int. 2011, 185, 201–220. [CrossRef]

http://dx.doi.org/10.2118/942054-G
http://dx.doi.org/10.2118/1863-A
http://dx.doi.org/10.1016/j.earscirev.2014.01.006
http://dx.doi.org/10.1016/j.enggeo.2017.01.028
https://sites.ualberta.ca/~unsworth/UA-classes/223/loke_course_notes.pdf
https://sites.ualberta.ca/~unsworth/UA-classes/223/loke_course_notes.pdf
http://dx.doi.org/10.1007/s00254-001-0452-4
http://dx.doi.org/10.1093/gji/ggu357
http://dx.doi.org/10.2113/JEEG10.4.339
http://dx.doi.org/10.3997/1873-0604.2007008
http://dx.doi.org/10.1190/1.3581356
http://dx.doi.org/10.1016/j.jappgeo.2014.05.021
http://dx.doi.org/10.2113/JEEG22.3.249
http://dx.doi.org/10.3997/1873-0604.2013057
http://dx.doi.org/10.1190/1.1444640
http://dx.doi.org/10.1111/j.1365-246X.2010.04760.x
http://dx.doi.org/10.1093/gji/ggu483
http://dx.doi.org/10.1002/2015GL067494
http://dx.doi.org/10.1016/j.jappgeo.2015.07.003
http://dx.doi.org/10.1093/gji/ggx453
http://dx.doi.org/10.1111/j.1365-246X.2010.04915.x


Minerals 2018, 8, 491 17 of 17

50. Cho, I.; Ha, I.; Kim, K.; Ahn, H. 3D Effects on 2D Resistivity Monitoring in Earth-fill Dams. Near Surf. Geophys.
2013, 11, 1–10. [CrossRef]

51. Si, H. TetGen: A Quality Tetrahedral Mesh Generator and Three-Dimensional Delaunay Triangulator; WIAS:
Berlin, Germany, 2006.

52. Johnson, T.C.; Versteeg, R.J.; Ward, A.; Day-Lewis, F.D.; Revil, A. Improved hydrogeophysical
characterization and monitoring through parallel modeling and inversion of time-domain resistivity and
induced-polarization data. Geophysics 2010, 75, WA27–WA41. [CrossRef]

53. Koestel, J.; Kemna, A.; Javaux, M.; Binley, A.; Vereecken, H. Quantitative imaging of solute transport in an
unsaturated and undisturbed soil monolith with 3-D ERT and TDR. Water Resour. Res. 2008, 44. [CrossRef]

54. Takahashi, K.; Igel, J.; Preetz, H.; Kuro, S. Basics and Application of Ground-Penetrating Radar as a Tool
for Monitoring Irrigation Process. In Problems, Perspectives and Challenges of Agricultural Water Management;
InTech: Vienna, Austria, 2012.

55. Maurer, H.; Friedel, S. Outer-space sensitivities in geoelectrical tomography. Geophysics 2006, 71, G93–G96.
[CrossRef]

56. Loke, M.H.; Wilkinson, P.B.; Chambers, J.E. Parallel computation of optimized arrays for 2-D electrical
imaging surveys. Geophys. J. Int. 2010, 183, 1302–1315. [CrossRef]

c© 2018 by the authors. Licensee MDPI, Basel, Switzerland. This article is an open access
article distributed under the terms and conditions of the Creative Commons Attribution
(CC BY) license (http://creativecommons.org/licenses/by/4.0/).

http://dx.doi.org/10.3997/1873-0604.2013065
http://dx.doi.org/10.1190/1.3475513
http://dx.doi.org/10.1029/2007WR006755
http://dx.doi.org/10.1190/1.2194891
http://dx.doi.org/10.1111/j.1365-246X.2010.04796.x
http://creativecommons.org/
http://creativecommons.org/licenses/by/4.0/.

	Introduction
	Study Site
	Methodology
	Challenges
	Contact Resistance
	Topography
	Data Inversion

	Results
	Discussion
	Summary and Conclusions
	References

